
Pipeline Stage Model Statistic Result Used
OCR EffOCR-Word (Small) (3) CER 0.015 *

Tesseract OCR CER 0.106 *
EasyOCR CER 0.170
PaddleOCR CER 0.304

Deduplication Locally Sensitive Hashing ARI 73.7
N-gram Overlap ARI 75.0
Neural biencoder (7) ARI 91.5 *
Biencoder + crossencoder ARI 93.7

Georeferencing N-gram matching Accuracy 94.9 *
GPT-4o-mini Accuracy 85.3

NER Custom NER (6) F1 90.4 *
Roberta-Large tuned on CoNLL03 (4) F1 77.8

Entity disambiguation LinkNewsWikipedia (1) Accuracy 78.3 *
BLINK (8) Accuracy 59.9
GENRE (5) Accuracy 63.4
ReFinED (2) Accuracy 65.4

Table 1: Models considered for each stage of the pipeline and comparisons of their performance on
the test set for each stage. Starred models are those used. For CER, smaller values are better, while
for the other statistics, bigger numbers are better. CER = Character Error Rate, ARI = Adjusted Rand
Index.

Figure 1: Sensitivity of disambiguation results to choice of no-match threshold.
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