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The effectiveness of protein-ligand complex prediction methods depends largely on the quality of the training and evaluation dataset

To create a high quality and reliable dataset, one needs to consider:

- Training set size and diversity to learn the underlying patterns instead of simple memorization

- Low information leakage between train and test to assess generalization and avoid overfitting
Test set quality to avoid comparing prediction results to unreliable ground truth

- Test set diversity to showcase performance across a range of complex types and use-cases

- Realistic inference scenarios to move beyond “re-docking”
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