Benchmark results

Our preliminary results has been presented in (Rajda et al. 2022) and finally presented in (Augustyniak et al.
2023) review at NeurlPS’23.
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* mUSE models were used in TensorFlow implementation in contrast to others in torch

a Base model is either monolingual version on which it was based or another multilingual model which
was used and adopted

b Colossal Clean Crawled Corpus in multilingual version (mC4)
c multiple datasets from OPUS website (https://opus.nlpl.eu)

d bilingual dictionaries from MUSE (https://github.com/facebookresearch/MUSE)
e just titles from wiki articles in multiple languages
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