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Prompi On a beautiful white tcbletop, a clear glass vase filled with bright sunflowers is positioned to the back right of a clussm white
ceramic teapot. To their right, a |arge, slightly antique mirror with a 5|mp|e frame leans against a softly lit, neutral-toned wall.

Promp| A cozy winter nlght scene in a snowy forest. Wurm yellow lights glow from a cabin sitting in the center. To the front-left of the cabin's
main entrance, a child is busy building a snowman under the falling snow. Near a large snow-covered pine tree to the back-right of the cabin,
a deer stands watching quietly. Smoke gently rises from the chimney, and in the sky, the northern lights shimmer above the treetops.

Figure 1: More visualization results of challenging spatial scenarios.

A More Visualization Results of challenging spatial scenarios

Figure 1 shows more visualization examples of challenging spatial scenarios. For each scenario, we
display the 3D layout planned by CoT-Diff alongside five results generated using different random
seeds, demonstrating the precise spatial control capabilities of our method.

B Further Visualization

Figure 2 displays images generated by CoT-Diff on 3DSceneBench. We randomly selected 8 prompts
from 3DSceneBench and generated images using 5 different random seeds. Overall, the generated
images show strong alignment with the input prompts while maintaining naturalness and high quality.



Prompt:

Prompt: A plate behind of a bowl in the library.

Prompt: A cat at the front left of a backpack ion the road.

Prompt: A bowl at the front right of a wallet in the apartment.

Prompt: A bench at the back Ieﬁ of a chicken in the desert.
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Prompt: A phone at the back right of a cup in the room.

Prompt:

Loh 4
Prompt: An elegant vase holding fresh flowers brightens the art studio, while a travel-worn suitcase sits waiting to its back right.

Figure 2: CoT-Diff visualizations on 3DSceneBench: 3D layout depth maps (left) and corresponding
generated images (right), from 8 random prompts with 5 random seeds each.
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