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»  Motivation »  Robotic Clothing Grasping System
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»  Real-World Robotic Grasping

Baxter, please give me Baxter, please give me Baxter, please give me
at a pair of trousers. a hat. a towel.
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Baxter, please give me Baxter, please give me Baxter, please give me
Humans are accustomed to a T-shirt. a scarf. a pair of shorts.
('“’ looking for raised wrinkles
> on the clothing surface to
P
achieve suitable grasping.
The core of our method is to
® Depth-Image Protrusion Filtering . X v Our dataset includes 7 categories and 38 different clothing items.
search for suitable wrinkles
® Max-Square Grasp Point Lock-on . v’ This system enables the Baxter to grasp any clothing item based on user
on the clothing surface.

instructions while demonstrating strong generalization to unseen targets.
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