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In this appendix, we provide more qualitative and quantitative results.1

Table 1 extends our main results by comparing Self-DPO with the latest state-of-the-art DPO variant,2

DSPO Zhu et al. (2025). Despite being trained on substantially less data, Self-DPO consistently3

outperforms DSPO on most quantitative metrics, underscoring the efficiency and effectiveness of our4

self-supervised approach.5

Dataset Method Pick Score Aesthetics CLIP HPS Image Award

Pick-a-Pic
V2

Base 20.57 53.15 32.58 26.17 -14.81
DPO 20.91 54.07 33.19 26.46 4.13

DSPO 21.08 56.15 33.75 26.98 43.54
Self-DPO 21.23 56.35 34.79 27.33 71.00

Table 1: Quantitative comparison between Self-DPO and the recent DPO variant (DSPO Zhu et al.
(2025)). DSPO follows the same data regime as the original DPO Wallace et al. (2024), whereas
Self-DPO attains higher scores on most metrics while using substantially less training data.

Furthermore, more qualitative examples for Stable Diffusion 1.5 and Stable Diffusion XL are6

presented in Figures 1 and 2, respectively.7
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Figure 1: Extra qualitative comparisons with the SD1.5 base model.
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Figure 2: Extra qualitative comparisons with the SDXL base model.
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