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A Contributions440

Figure 4: Author contributions to the Common Pile and Comma. Large squares indicate a major
contribution and small squares indicate a supporting contribution.

B Detailed Description of Sources441

Below, we give a more in-depth overview of the sources that make up the Common Pile, including442

specific license decisions and tools used during collection.443

B.1 Scientific and Scholarly Text444

Scientific and scholarly texts are a staple of modern LLM pretraining corpora, appearing in nearly all445

large-scale datasets [e.g. 56, 183, 167] since they expose models to technical terminology, formal446

reasoning, and long-range document structure—skills that are essential for downstream tasks in447

science, education, and question answering. Thanks to open access mandates and academic cultural448

norms, many scholarly texts are either in the public domain or distributed under open licenses.449

peS2o To ensure broad coverage across many scientific disciplines, we include a version of450

peS2o [166] restricted to openly licensed articles. pes2o is derived from S2ORC [102], a cor-451

pus of openly licensed abstract and full-text papers that have been converted to a structured format452

using Grobid [1]. Starting from Grobid’s XML output, peS2o filters papers that are too short, have453

incorrect metadata, are in languages other than English, and contain OCR errors using a combination454

of heuristic- and model-based filtering steps. We refer the reader to the datasheet and code for more455

details on this processing pipeline.456

The subset of peS2o included in the Common Pile starts from v3 of the corpus, which contains457

documents from January 1, 1970 to October 6, 2024. We retain full-text papers with CC BY,458

CC BY-SA, or CC0 licenses, or that have been labeled as public domain; metadata is provided459

by the Semantic Scholar APIs [85]. After filtering, this set contains 6.3 million papers, or 35.7460

billion whitespace-separated segments. We provide more details on the composition of this subset in461

Appendix I.462
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PubMed PubMed Central (PMC) is an open-access archive of biomedical and life sciences research463

papers maintained by the U.S. National Institutes of Health’s National Library of Medicine. We464

collected papers from PMC whose metadata indicated that the publishing journal had designated a465

CC BY, CC BY-SA, or CC0 license. PMC stores the text content of each article as a single nXML466

file, which we convert to markdown using pandoc.467

ArXiv Papers ArXiv is an online open-access repository of over 2.4 million scholarly papers468

covering fields such as computer science, mathematics, physics, quantitative biology, economics,469

and more. When uploading papers, authors can choose from a variety of licenses. We included470

text from all papers uploaded under CC BY, CC BY-SA, and CC0 licenses in the Common Pile471

through a three-step pipeline: first, the latex source files for openly licensed papers were downloaded472

from ArXiv’s bulk-access S3 bucket; next, the LATEXML conversion tool was used to convert these473

source files into a single HTML document; finally, the HTML was converted to plaintext using the474

Trafilatura [11] HTML-processing library.475

ArXiv Abstracts Each paper uploaded to ArXiv includes structured metadata fields, including an476

abstract summarizing the paper’s findings and contributions. According to ArXiv’s licensing policy,477

the metadata for any paper submitted to ArXiv is distributed under the CC0 license, regardless of478

the license of the paper itself. Thus, we include as an additional source the abstracts for every paper479

submitted to ArXiv. We source the abstracts from ArXiv’s API via the Open Archives Initiative480

Protocol for Metadata Harvesting endpoint and reproduce them as-is.481

B.2 Online Discussions and Forums482

Online forums are a rich source of multi-turn, user-generated dialogue covering a wide range of483

topics. These platforms often feature question–answer pairs, problem-solving discussions, and484

informal explanations of technical and non-technical concepts. The Common Pile incorporates online485

discussions from sources that distribute content under an open license.486

StackExchange While StackExchange formerly provided structured dumps of all of their content,487

since July of 2024, StackExchange has stopped publishing XML dumps to the Internet Archive.488

Instead, each site can provide a logged in user with a custom url to download the dump for that site.489

This means that dumps for defunct sites like windowsphone.stackexchange.com are inaccessible.490

Additionally, in dumps produced by the new export tool, many questions that are available in past491

dumps (and accessible on the site) are not present. We therefore extract all questions and answers492

from community uploaded dumps from December of 2024 from the internet archive and additionally493

extract missing questions and answers from the last official dumps in July of 2024 to account for the494

deficiencies listed above. We use a question, its comments, its answers and the comments on each495

answer as a single document. Following the display order on StackExchange, answers are ordered by496

the number of votes they received, with the exception that the “accepted answer” always appears first.497

PyMarkdown was used to convert each comment into plain text.498

GitHub Archive According to GitHub’s terms of service, issues and pull request descriptions—499

along with the their comments—inherit the license of their associated repository. To collect this data,500

we used the GitHub Archive’s public BigQuery table of events to extracted all issue, pull request,501

and comment events since 2011 and aggregated them into threads. The table appeared to be missing502

“edit” events so the text from each comment is the original from when it was first posted. We filtered503

out comments from bots. This resulted in approximately 177 million threads across 19 million504

repositories. We then removed threads whose repositories did not have a Blue Oak Council-approved505

license. License information for each repository comes from either 1) the “public-data:github_repos”506

BigQuery Table, 2) metadata from the StackV2, or 3) the GitHub API. License filtering left 10 million507

repositories. PyMarkdown was used to convert from GitHub-flavored markdown to plain text. When508

parsing failed, the raw markdown was kept.509

Ubuntu IRC Logs of all discussions on the Ubuntu-hosted Internet Relay Chat (IRC) since 2004510

have been archived and released into the Public Domain. We downloaded all chats from all channels511

up until March of 2025. We consider all messages for given channel on a given day as a single512

document. We removed system messages as well as those from known bots.513
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B.3 Government and Legal Texts514

Governments produce a vast amount of informational text, ranging from legislation and legal opinions515

to scientific reports, public communications, and regulatory notices. This content is explicitly intended516

to inform the public, and as such, in many jurisdictions it is published directly into the public domain517

or under open licenses. In the United States, for example, works authored by federal employees as518

part of their official duties are not subject to copyright. Government and legal texts offer language519

models exposure to formal argumentation, legal reasoning, and procedural language.520

US Government Publishing Office The United States Government Publishing Office (USGPO) is a521

federal agency responsible for disseminating official documents authored by the U.S. government. The522

Common Pile includes all plain-text documents made available through the USGPO’s GovInfo.gov523

developer API. This collection comprises over 2.7 million documents, spanning issues of the Federal524

Register, congressional hearing transcripts, budget reports, economic indicators, and other federal525

publications.526

US Patents and Trademark Office In the US, patent documents are released into the public527

domain as government works. Parents follow a highly standardized format with distinct required528

sections for background, detailed description, and claims. We include parents from the US Patents529

and Trademark Office (USPTO) as provided by the Google Patents Public Data dataset [75], which530

includes millions of granted patents and published patent applications dating back to 1782. We531

processed these documents to extract clean text while preserving this structured format. Mathematical532

expressions and equations were converted into LATEX.533

Caselaw Access Project and Court Listener The Common Pile contains 6.7 million cases from534

the Caselaw Access Project and Court Listener. The Caselaw Access Project consists of nearly 40535

million pages of U.S. federal and state court decisions and judges’ opinions from the last 365 years.536

In addition, Court Listener adds over 900 thousand cases scraped from 479 courts. The Caselaw537

Access Project and Court Listener source legal data from a wide variety of resources such as the538

Harvard Law Library, the Law Library of Congress, and the Supreme Court Database. From these539

sources, we only included documents that were in the public domain. Erroneous OCR errors were540

further corrected after digitization, and additional post-processing was done to fix formatting and541

parsing.542

UK Hansard Hansard represents the official record of parliamentary proceedings across the543

United Kingdom’s legislative bodies. The Common Pile incorporates records from multiple sources,544

including debates and written answers from the UK Commons and Lords, devolved legislatures545

(Scottish Parliament, Senedd in both English and Welsh, Northern Ireland Assembly), London546

Mayor’s Questions, and ministerial statements. Data was sourced from ParlParse [130], covering547

Commons debates from 1918 forward and Lords proceedings from the 1999 reform. Each document548

was processed to preserve complete parliamentary sessions as cohesive units, maintaining the natural549

flow of debate. All content is published under the Open Parliament License [179].550

Regulations.gov Regulations.gov is an online platform operated by the U.S. General Services551

Administration that collates newly proposed rules and regulations from federal agencies along with552

comments and feedback from the general public. The Common Pile includes all plain-text regulatory553

documents published by U.S. federal agencies on this platform, acquired via the bulk download554

interface provided by Regulations.gov.555

B.4 Curated Task Data556

Curated datasets that cover specific tasks such as question answering, summarization, or text classifi-557

cation are often released via open licenses to the research community. While not traditionally part558

of pretraining corpora, including a small amount of task-oriented data during pretraining can help559

models acquire early familiarity with task formats and prompt–completion structures.560

Data Provenance Initiative The Data Provenance Initiative is a digital library of supervised561

datasets that have been manually annotated with their source and license information [104, 107].562

We leverage their tooling to filter HuggingFace datasets, based on a range of criteria, including563

their licenses, which may be particularly relevant for supervised datasets [112]. Specifically, we564

filter the data according to these criteria: contains English language or code data, the text is not565

model-generated, the dataset’s audit yielded a open license and the original sources of the data are566

only from recognized public domain sources.567
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B.5 Books in the Public Domain568

Books represent a time-tested resource for language model pretraining, offering carefully edited,569

long-form prose that supports learning of narrative coherence and long-range dependency modeling.570

For these reasons, many large-scale pretraining corpora—including the Pile [56], Dolma [167], and571

RedPajama [183]—include content from books. In the United States, books published prior to 1929572

are in the public domain since 2024 due to copyright expiration. Thus, the Common Pile includes573

public domain books drawn from curated collections, covering topics such as literature, science, and574

history.575

Biodiversity Heritage Library The Biodiversity Heritage Library (BHL) is an open-access digital576

library for biodiversity literature and archives. The Common Pile contains over 42 million public577

domain books and documents from the BHL collection. These works were collected using the bulk578

data download interface provided by the BHL and were filtered based on their associated license579

metadata. We use the optical character recognition (OCR)-generated text distributed by BHL.580

Pre-1929 Books Books published in the US before 1929 passed into the public domain on January581

1, 2024. We used the bibliographic catalog Hathifiles produced by HathiTrust to identify digitized582

books which were published in the US before 1929. The collection contains over 130,000 books583

digitized and processed by the Internet Archive on behalf of HathiTrust member libraries. The OCR584

plain text files were downloaded directly from the Internet Archive website.585

Library of Congress The Library of Congress (LoC) curates a collection of public domain books586

called "Selected Digitized Books". We have downloaded over 130,000 English-language books from587

this public domain collection as OCR plain text files using the LoC APIs.588

Project Gutenberg Project Gutenberg is an online collection of over 75,000 digitized books589

available as plain text. We use all books that are 1) English and 2) marked as in the Public Domain590

according to the provided metadata. Additionally, we include any books that are part of the pg19![140]591

dataset, which only includes books that are over 100 years old. Minimal preprocessing is applied592

to remove the Project Gutenberg header and footers, but many scanned books include preamble593

information about who digitized them.594

B.6 Open Educational Resources595

Open Educational Resources (OERs) are educational materials, typically published under open596

licenses, to support free and equitable access to education. These resources include educational597

artifacts such as textbooks, lecture notes, lesson plans, syllabi, and problem sets. For language598

models, OERs offer exposure to instructional formatting and domain-specific information, making599

them valuable for improving performance on knowledge-based downstream tasks. The Common Pile600

includes a range of such materials sourced from major OER repositories, including collections of601

open-access books and structured teaching resources.602

Directory of Open Access Books The Directory of Open Access Books (DOAB) is an online603

index of over 94,000 peer-reviewed books curated from trusted open-access publishers. To collect604

the openly licensed content from DOAB, we retrieve metadata using their official metadata feed.605

We then filter the collection to include only English-language books released under CC BY and CC606

BY-SA licenses. The filtered books are downloaded in PDF format and converted to plaintext using607

the Marker PDF-to-text converter. As an additional validation step, we manually create a whitelist of608

open license statements and retain only texts explicitly containing one of these statements in their609

front- or back-matter.610

PressBooks PressBooks is a searchable catalog of over 8,000 open access books. To collect openly611

licensed content from PressBooks we construct a search query to retrieve URLs for all books written612

in English and listed as public domain or under CC BY or CC BY-SA licenses. For each matched613

book, we collect its contents directly from the publicly available web version provided by PressBooks.614

OERCommons OERCommons is an online platform where educators share open-access instruc-615

tional materials—such as textbooks, lesson plans, problem sets, course syllabi, and worksheets—with616

the goal of expanding access to affordable education. To collect the openly licensed content available617

on OERCommons, we construct a search query to retrieve English-language content released into the618

public domain or under CC BY or CC BY-SA licenses. The resulting documents are converted to619

plain text directly from the HTML pages hosted on the OERCommons website.620
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LibreTexts LibreTexts is an online platform that provides a catalog of over 3,000 open-access621

textbooks. To collect openly licensed content from LibreTexts we gather links to all textbooks in the622

catalog and check each each textbook section for a license statement indicating that it is in the public623

domain or under a CC BY, CC BY-SA, or the GNU Free Documentation License. We extract plain624

text from these textbook sections directly from the HTML pages hosted on the LibreTexts website.625

B.7 Wikis626

Wikis are collaboratively maintained websites that organize information around specific topics or627

domains. Their crowd-sourced nature, coupled with community moderation and citation requirements,628

often results in text that is both informative and well-structured. Prominent examples such as629

Wikipedia have become staples in large-scale language model pretraining corpora due to their breadth630

of coverage and high quality. In addition, most major wikis are distributed under open licenses such631

as CC BY and CC BY-SA. The Common Pile includes content from a range of openly licensed wikis632

to provide models with structured and well-researched informational text.633

Wikimedia We downloaded the official database dumps from March 2025 of the English-language634

wikis that are directly managed by the Wikimedia foundation (see Appendix G for a complete635

list). These database dumps include the wikitext—Mediawiki’s custom markup language—for each636

page as well as talk pages, where editors discuss changes made for a page. We only use the most637

recent version of each page. We converted wikitext to plain text using wtf_wikipedia after light638

adjustments in formatting to avoid errors in section ordering caused by a bug. Before parsing, we639

converted wikitext math into LATEX math using our custom code. Finally, any remaining HTML tags640

were removed via regexs.641

Wikiteam There are many wikis on the internet that are not managed by the Wikimedia foundation,642

but do use their MediaWiki software to power their wiki. Many of these wikis have been archived643

by wikiteam, a collection of volunteers that create unofficial database dumps of wikis and upload644

them to the Internet Archive. We download all dumps made by wikiteam when the metadata indicates645

the wiki was licensed under CC BY, CC BY-SA, or released into the public domain on the Internet646

Archive in September of 2024. This results in downloading approximately 330,000 wikis. When647

multiple dumps of the same wiki exists, we use the most recent dump. The wikitext was converted648

to plain text following the same steps as with Wikimedia wikis. After preprocessing, we removed649

documents from wikis that appeared to contain large amounts of license laundering, e.g. those that650

were collections of song lyrics or transcripts.651

B.8 Source Code652

Source code has become an increasingly important component of large-scale language model pretrain-653

ing corpora, as it enables models to learn syntax, program structure, and problem solving strategies654

useful for both code generation and reasoning tasks. Thanks to the Free and Open Source Software655

(FOSS) movement, code also happens to be one of the most openly licensed forms of text, with656

many software repositories distributed under open licenses such as MIT, BSD, Apache 2.0, and the657

GNU Free Documentation License (GFDL). The Common Pile includes high-quality, openly licensed658

source code from large-scale public code datasets and documentation standards, enabling models659

trained on it to perform better on coding and technical writing tasks.660

The Stack V2 We filter the Stack V2 [111] to only include code from openly licensed repositories,661

based on the license detection performed by the creators of Stack V2. When multiple licenses are662

detected in a single repository, we make sure that all of them meet our definition of “openly licensed”.663

Python Enhancement Proposals Python Enhancement Proposals, or PEPs, are design documents664

that generally provide a technical specification and rationale for new features of the Python program-665

ming language. There are been 661 PEPs published. The majority of PEPs are published in the Public666

Domain, but 5 were published under the “Open Publication License” and omitted. PEPs are long,667

highly-polished, and technical in nature and often include code examples paired with their prose.668

PEPs are authored in ReStructured Text; we used pandoc, version 3.5, to convert them to plain text.669
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B.9 Transcribed Audio Content670

A historically underutilized source of text data is speech transcribed from audio and video content.671

Spoken language in educational videos, speeches, and interviews provide an opportunity for models672

to learn conversational speech patterns.673

Creative Commons YouTube YouTube is large-scale video-sharing platform where users have the674

option of uploading content under a CC BY license. To collect high-quality speech-based textual675

content and combat the rampant license laundering on YouTube, we manually curated a set of over676

2,000 YouTube channels that consistently release original openly licensed content containing speech.677

The resulting collection spans a wide range of genres, including lectures, tutorials, reviews, video678

essays, speeches, and vlogs. From these channels, we retrieved over 1.1 million openly licensed679

videos comprising more than 470,000 hours content. Finally, each video was transcribed to text using680

the Whisper speech recognition model [138].681

B.10 Web Text682

The success of modern LLM pre-training relies on text scraped indiscriminately from the web, as683

web text covers an extremely diverse range of textual domains. In the Common Pile, we restrict this684

approach to only include web content with clear public domain status or open license statements.685

Creative Commons Common Crawl We sourced text from 52 Common Crawl snapshots, covering686

about half of Common Crawl snapshots available to date and covering all years of operations of687

Common Crawl up to 2024. We found a higher level of duplication across this collection, suggesting688

that including more snapshots would lead to a modest increase in total token yield. From these689

snapshots, we extract HTML content using FastWarc [16]. Then, using a regular expression adapted690

from the C4Corpus project [66], we retain only those pages where a CC BY, CC BY-SA, or CC0691

license appears. To ensure license accuracy, we manually verified the top 1000 domains by content692

volume, retaining only the 537 domains with confirmed licenses where the Creative Commons693

designation applied to the all text content rather than embedded media or a subset of the text on the694

domain. We extract the main content of these documents and remove boilerplate using Resiliparse [15].695

We perform URL-level exact deduplication and use Bloom filters to remove near-duplicates with696

80% ngram overlap. We also employ rule-based filters matching Dolma [167]; namely, we use697

C4-derived heuristics [142] to filter pages containing Javascript, Lorem Ipsum, and curly braces {}.698

We also apply all Gopher rules [141] to remove low-quality pages. We provide more details on the699

composition of this subset in Appendix H.700

Foodista Foodista is a community-maintained site with recipes, food-related news, and nutrition701

information. All content is licensed under CC BY. Plain text is extracted from the HTML using a702

custom pipeline that includes extracting title and author information to include at the beginning of703

the text. Additionally, comments on the page are appended to the article after we filter automatically704

generated comments.705

News We scrape the news sites that publish content under CC BY or CC BY-SA according to706

opennewswire. A full list of sites can be found in Appendix F. Plain text was extracted from the707

HTML using our custom pipeline, including extraction of the title and byline to include at the708

beginning of each article.709

Public Domain Review The Public Domain Review is an online journal dedicated to exploration710

of works of art and literature that have aged into the public domain. We collect all articles published711

in the Public Domain Review under a CC BY-SA license.712

C List of Data Provenance Initiative Sources713

The openly-licensed supervised datasets included in the Common Pile are listed in Table 1. These714

datasets were identified and collected using metadata from the Data Provenance Initiative. For more715

information on these datasets, consult the Data Provenance Initiative Dataset Explorer.716
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Supervised datasets included in the Common Pile from the Data Provenance Initiative collection.

Collection Dataset Identifier Licenses

AgentInstruct AgentInstruct-alfworld[164] MIT License

HelpSteer HelpSteer[182] CC BY 4.0

Aya Dataset aya-english[165] Apache License 2.0

CommitPackFT commitpackft-abap[165] MIT License

CommitPackFT commitpackft-agda[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-apl[165] MIT License, ISC License

CommitPackFT commitpackft-arc[165] MIT License

CommitPackFT commitpackft-aspectj[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-ats[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-blitzmax[165] MIT License

CommitPackFT commitpackft-bluespec[165] MIT License

CommitPackFT commitpackft-boo[165] MIT License

CommitPackFT commitpackft-brainfuck[165] Apache License 2.0, BSD 2-Clause
License, MIT License

CommitPackFT commitpackft-bro[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-cartocss[165] MIT License

CommitPackFT commitpackft-chapel[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-clean[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-coldfusion[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-creole[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-crystal[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-dns-zone[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-dylan[165] MIT License

CommitPackFT commitpackft-eiffel[165] MIT License

CommitPackFT commitpackft-emberscript[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-fancy[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-flux[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-forth[165] MIT License

CommitPackFT commitpackft-g-code[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-gdscript[165] Apache License 2.0, CC0 1.0, MIT
License

CommitPackFT commitpackft-genshi[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-graphql[165] Apache License 2.0, BSD 3-Clause
License, CC0 1.0, MIT License

CommitPackFT commitpackft-harbour[165] MIT License

CommitPackFT commitpackft-hlsl[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-http[165] Apache License 2.0, MIT License

Continued on next page
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Collection Dataset Identifier Licenses

CommitPackFT commitpackft-idris[165] MIT License, BSD 3-Clause
License, BSD 2-Clause License

CommitPackFT commitpackft-igor-pro[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-inform-7[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-ioke[165] MIT License

CommitPackFT commitpackft-isabelle[165] MIT License, BSD 2-Clause License

CommitPackFT commitpackft-jflex[165] MIT License

CommitPackFT commitpackft-json5[165] MIT License, BSD 3-Clause
License, BSD 2-Clause License

CommitPackFT commitpackft-jsonld[165] Apache License 2.0, BSD 3-Clause
License, CC0 1.0, MIT License

CommitPackFT commitpackft-krl[165] MIT License

CommitPackFT commitpackft-latte[165] MIT License

CommitPackFT commitpackft-lean[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-lfe[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-lilypond[165] MIT License

CommitPackFT commitpackft-liquid[165] Apache License 2.0, CC0 1.0, MIT
License

CommitPackFT commitpackft-literate-agda[165] MIT License

CommitPackFT commitpackft-literate-
coffeescript[165]

MIT License

CommitPackFT commitpackft-literate-haskell[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-llvm[165] Apache License 2.0, BSD 3-Clause
License, BSD 2-Clause License,
MIT License

CommitPackFT commitpackft-logos[165] Apache License 2.0, BSD 3-Clause
License, BSD 2-Clause License,
MIT License, ISC License

CommitPackFT commitpackft-lsl[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-maple[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-mathematica[165] MIT License, CC0 1.0

CommitPackFT commitpackft-metal[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-mirah[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-monkey[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-moonscript[165] MIT License

CommitPackFT commitpackft-mtml[165] MIT License

CommitPackFT commitpackft-mupad[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-nesc[165] MIT License

CommitPackFT commitpackft-netlinx[165] MIT License

CommitPackFT commitpackft-ninja[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-nit[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-nu[165] Apache License 2.0, MIT License
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Collection Dataset Identifier Licenses

CommitPackFT commitpackft-ooc[165] MIT License

CommitPackFT commitpackft-openscad[165] MIT License, CC0 1.0, BSD
2-Clause License

CommitPackFT commitpackft-oz[165] MIT License, BSD 2-Clause License

CommitPackFT commitpackft-pan[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-piglatin[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-pony[165] MIT License, BSD 2-Clause License

CommitPackFT commitpackft-propeller-spin[165] MIT License

CommitPackFT commitpackft-pure-data[165] MIT License

CommitPackFT commitpackft-purebasic[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-purescript[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-ragel-in-ruby-
host[165]

MIT License

CommitPackFT commitpackft-rebol[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-red[165] MIT License, BSD 2-Clause License

CommitPackFT commitpackft-rouge[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-sage[165] MIT License

CommitPackFT commitpackft-sas[165] MIT License

CommitPackFT commitpackft-scaml[165] MIT License, BSD 2-Clause License

CommitPackFT commitpackft-scilab[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-slash[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-smt[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-solidity[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-sourcepawn[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-squirrel[165] MIT License

CommitPackFT commitpackft-ston[165] MIT License

CommitPackFT commitpackft-systemverilog[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-unity3d-asset[165] Apache License 2.0, BSD 3-Clause
License, BSD 2-Clause License,
MIT License, ISC License, CC0 1.0

CommitPackFT commitpackft-uno[165] MIT License

CommitPackFT commitpackft-unrealscript[165] MIT License

CommitPackFT commitpackft-urweb[165] MIT License, BSD 3-Clause License

CommitPackFT commitpackft-vcl[165] Apache License 2.0, BSD 3-Clause
License, MIT License

CommitPackFT commitpackft-xbase[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-xpages[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-xproc[165] Apache License 2.0, MIT License

CommitPackFT commitpackft-yacc[165] MIT License, ISC License, BSD
2-Clause License

CommitPackFT commitpackft-zephir[165] MIT License
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Collection Dataset Identifier Licenses

CommitPackFT commitpackft-zig[165] MIT License

Dolly 15k dolly-brainstorming[165] CC BY-SA 3.0

Dolly 15k dolly-classification[165] CC BY-SA 3.0

Dolly 15k dolly-closedqa[165] CC BY-SA 3.0

Dolly 15k dolly-creative_writing[165] CC BY-SA 3.0

Dolly 15k dolly-infoextract[165] CC BY-SA 3.0

Dolly 15k dolly-openqa[165] CC BY-SA 3.0

Dolly 15k dolly-summarization[165] CC BY-SA 3.0

DialogStudio ds-ABCD[165] Apache License 2.0, MIT License

DialogStudio ds-ATIS[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-ATIS-NER[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-AirDialogue[165] Apache License 2.0

DialogStudio ds-AntiScam[165] Apache License 2.0, CC0 1.0

DialogStudio ds-BANKING77[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-BANKING77-OOS[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-BiTOD[165] Apache License 2.0

DialogStudio ds-CLINC-Single-Domain-OOS-
banking[165]

Apache License 2.0, CC BY 3.0

DialogStudio ds-CLINC-Single-Domain-OOS-
credit_cards[165]

Apache License 2.0, CC BY 3.0

DialogStudio ds-CLINC150[165] Apache License 2.0, CC BY-SA 3.0

DialogStudio ds-CaSiNo[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-CoQA[165] Apache License 2.0, MIT License

DialogStudio ds-CoSQL[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-ConvAI2[165] Apache License 2.0

DialogStudio ds-CraigslistBargains[165] Apache License 2.0, MIT License

DialogStudio ds-DART[165] Apache License 2.0, MIT License

DialogStudio ds-DSTC8-SGD[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-DialogSum[165] Apache License 2.0, MIT License

DialogStudio ds-Disambiguation[165] Apache License 2.0, MIT License

DialogStudio ds-FeTaQA[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-GECOR[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-GrailQA[165] Apache License 2.0

DialogStudio ds-HDSA-Dialog[165] Apache License 2.0, MIT License

DialogStudio ds-HH-RLHF[165] Apache License 2.0, MIT License

DialogStudio ds-HWU64[165] Apache License 2.0, CC BY-SA 3.0

DialogStudio ds-HybridQA[165] Apache License 2.0, MIT License

DialogStudio ds-KETOD[165] Apache License 2.0, MIT License

DialogStudio ds-MTOP[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-MULTIWOZ2_2[165] Apache License 2.0, MIT License
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https://github.com/HLTCHKUST/BiToD
https://github.com/jianguoz/Few-Shot-Intent-Detection
https://github.com/jianguoz/Few-Shot-Intent-Detection
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https://github.com/clinc/oos-eval
https://github.com/kushalchawla/CaSiNo
https://github.com/stanfordnlp/coqa-baselines
https://yale-lily.github.io/cosql
https://github.com/DeepPavlovAdmin/convai/tree/master/2017
https://github.com/stanfordnlp/cocoa/tree/master/craigslistbargain
https://huggingface.co/datasets/dart
https://github.com/google-research-datasets/dstc8-schema-guided-dialogue
https://huggingface.co/datasets/knkarthick/dialogsum
https://github.com/qbetterk/ParlAI/tree/disambiguation
https://github.com/Yale-LILY/FeTaQA
https://multinlp.github.io/GECOR/
https://dki-lab.github.io/GrailQA/
https://github.com/wenhuchen/HDSA-Dialog
https://huggingface.co/datasets/Anthropic/hh-rlhf
https://github.com/alexa/dialoglue
https://hybridqa.github.io/
https://github.com/facebookresearch/ketod
https://github.com/awslabs/multilingual-top
https://github.com/budzianowski/multiwoz


Collection Dataset Identifier Licenses

DialogStudio ds-MulDoGO[165] Apache License 2.0, CDLA
Permissive 1.0

DialogStudio ds-MultiWOZ_2.1[165] Apache License 2.0, MIT License

DialogStudio ds-Prosocial[165] Apache License 2.0, MIT License

DialogStudio ds-RESTAURANTS8K[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-SGD[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-SNIPS[165] Apache License 2.0

DialogStudio ds-SNIPS-NER[165] Apache License 2.0

DialogStudio ds-SParC[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-SQA[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-STAR[165] Apache License 2.0, MIT License

DialogStudio ds-Spider[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-TOP[165] Apache License 2.0, CC BY-SA

DialogStudio ds-TOP-NER[165] Apache License 2.0, CC BY-SA

DialogStudio ds-Taskmaster1[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-Taskmaster2[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-Taskmaster3[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-ToTTo[165] Apache License 2.0, CC BY-SA 3.0

DialogStudio ds-TweetSumm[165] Apache License 2.0, CC0 1.0

DialogStudio ds-WOZ2_0[165] Apache License 2.0

DialogStudio ds-WebQSP[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-WikiSQL[165] Apache License 2.0, BSD 3-Clause
License

DialogStudio ds-WikiTQ[165] Apache License 2.0, CC BY-SA 4.0

DialogStudio ds-chitchat-dataset[165] Apache License 2.0, MIT License

DialogStudio ds-wizard_of_internet[165] Apache License 2.0, CC BY 4.0

DialogStudio ds-wizard_of_wikipedia[165] Apache License 2.0, CC BY 4.0

Flan Collection (Chain-of-Thought) fc-cot-cot_gsm8k[34] MIT License

Flan Collection (Chain-of-Thought) fc-cot-cot_strategyqa[58] CC BY-SA 3.0

Flan Collection (Chain-of-Thought) fc-cot-stream_creak[122] MIT License, CC BY-SA 4.0

Flan Collection (Chain-of-Thought) fc-cot-stream_esnli[21] MIT License, CC BY-SA 4.0

Flan Collection (Flan 2021) fc-flan-drop[45] CC BY 4.0

Flan Collection (Flan 2021) fc-flan-e2e_nlg[120] CC BY-SA 4.0

Flan Collection (Flan 2021) fc-flan-natural_questions[87] Apache License 2.0, CC BY-SA 3.0

Flan Collection (Flan 2021) fc-flan-quac[29] CC BY-SA 4.0

Flan Collection (Flan 2021) fc-flan-squad_v1[147] CC BY-SA 4.0

Flan Collection (Flan 2021) fc-flan-squad_v2[147] CC BY-SA 4.0

Flan Collection (Flan 2021) fc-flan-trec[98] CC0 1.0

Flan Collection (Flan 2021) fc-flan-true_case[98] CC0 1.0

Flan Collection (Flan 2021) fc-flan-wiki_lingua_english_en[88] CC BY 3.0

Flan Collection (Flan 2021) fc-flan-winogrande[158] Apache License 2.0, CC BY 4.0
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https://github.com/snipsco/snips-nlu
https://yale-lily.github.io/sparc
https://www.microsoft.com/en-us/download/details.aspx?id=54253
https://github.com/RasaHQ/STAR
https://github.com/taoyds/spider
https://github.com/alexa/dialoglue
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https://github.com/google-research-datasets/ToTTo
https://github.com/guyfe/Tweetsumm
https://github.com/nmrksic/neural-belief-tracker
https://www.microsoft.com/en-us/research/publication/the-value-of-semantic-parse-labeling-for-knowledge-base-question-answering-2/
https://github.com/salesforce/WikiSQL
https://github.com/ppasupat/WikiTableQuestions
https://github.com/BYU-PCCL/chitchat-dataset
https://parl.ai/projects/sea/
https://parl.ai/projects/wizard_of_wikipedia/
https://huggingface.co/datasets/gsm8k
https://huggingface.co/datasets/metaeval/strategy-qa
https://huggingface.co/datasets/amydeng2000/CREAK
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Collection Dataset Identifier Licenses

Flan Collection (Flan 2021) fc-flan-wnli[96] CC BY 4.0

Flan Collection (Flan 2021) fc-flan-word_segment[96] CC0 1.0

Flan Collection (Flan 2021) fc-flan-wsc[96] CC BY 4.0

Flan Collection (P3) fc-p3-adversarial_qa[12] CC BY-SA 3.0

Flan Collection (P3) fc-p3-cos_e[144] BSD 3-Clause License

Flan Collection (P3) fc-p3-dbpedia_14[95] CC BY-SA 3.0

Flan Collection (P3) fc-p3-hotpotqa[188] Apache License 2.0, CC BY-SA 4.0

Flan Collection (P3) fc-p3-quarel[153] CC BY 4.0

Flan Collection (P3) fc-p3-quartz[169] CC BY 4.0

Flan Collection (P3) fc-p3-quoref[43] CC BY 4.0

Flan Collection (P3) fc-p3-web_questions[14] CC BY 4.0

Flan Collection (P3) fc-p3-wiki_bio[91] CC BY-SA 3.0

Flan Collection (P3) fc-p3-wiki_hop[91] CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-adversarial_qa[12] CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-adverserial_qa[12] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-air_dialogue[185] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-ancora_ca_ner[185] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-anem[121] MIT License, CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-argkp Apache License 2.0, CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-asian_language_-
treebank[151]

CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-atomic[73] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-bard[53] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-cedr[161] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-circa[110] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-clue_cmrc2018[41] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-coached_conv_pref[139] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-copa_hr BSD 2-Clause License

Flan Collection
(Super-NaturalInstructions)

fc-sni-crows_pairs[119] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-cuad[69] CC BY 4.0
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https://github.com/NancyFulda/BYU-Analogical-Reasoning-Dataset
https://huggingface.co/datasets/cedr
https://huggingface.co/datasets/circa
https://huggingface.co/datasets/cmrc2018
https://huggingface.co/datasets/coached_conv_pref
https://huggingface.co/datasets/classla/copa_hr
https://huggingface.co/datasets/crows_pairs
https://huggingface.co/datasets/cuad


Collection Dataset Identifier Licenses

Flan Collection
(Super-NaturalInstructions)

fc-sni-defeasible_nli_atomic[155] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-disfl_qa[65] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-e_snli[21] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-gap[184] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-hotpotqa[188] Apache License 2.0, CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-human_ratings_of_natural_-
language_generation_outputs[188]

CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-hybridqa[26] CC BY 4.0, MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-iirc[52] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-jigsaw[52] CC0 1.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-librispeech_asr[126] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-logic2text[27] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-numeric_fused_head[48] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-offenseval_dravidian[48] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-open_pi[171] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-paper_reviews_data_set[171] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-poem_sentiment[163] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-propara[42] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-quarel[153] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-quartz[169] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-quoref[43] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-ro_sts_parallel[47] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-schema_guided_dstc8[148] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-scitail[84] Apache License 2.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-scitailv1.1[84] Apache License 2.0
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https://huggingface.co/datasets/metaeval/defeasible-nli
https://huggingface.co/datasets/disfl_qa
https://huggingface.co/datasets/esnli
https://huggingface.co/datasets/gap
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https://researchportal.hw.ac.uk/en/datasets/human-ratings-of-natural-language-generation-outputs
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https://huggingface.co/datasets/voidful/IIRC
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https://arxiv.org/abs/1805.06975
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https://huggingface.co/datasets/scitail
https://huggingface.co/datasets/scitail


Collection Dataset Identifier Licenses

Flan Collection
(Super-NaturalInstructions)

fc-sni-semeval_2020_task4[84] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-sms_spam_collection_v.1[84] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-splash[84] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-squad2.0[147] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-squad_1.1[146] CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-strategyqa[58] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-universal_dependencies___-
english_dependency_treebank[58]

CC BY-SA 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-web_questions[14] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-wiki_hop[91] CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-wikitext[114] CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-winograd_wsc[96] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-winomt[168] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-winowhy[192] MIT License

Flan Collection
(Super-NaturalInstructions)

fc-sni-wsc; enhanced_wsc[192] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-wsc_fiexed[192] CC BY-SA 3.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-xcopa[134] CC BY 4.0

Flan Collection
(Super-NaturalInstructions)

fc-sni-xquad[7] CC BY-SA 4.0

Open Assistant oasst-en[86] Apache License 2.0, CC BY 4.0

Open Assistant OctoPack oasst-en-octopack[86] Apache License 2.0, CC BY 4.0

Open Assistant v2 oasst2-en[86] Apache License 2.0

OIG oig-unified_canadian_-
parliament[86]

Apache License 2.0

OIG oig-unified_cuad[86] Apache License 2.0, CC BY 4.0

OIG oig-unified_grade_school_math_-
instructions[86]

Apache License 2.0, MIT License

OIG oig-unified_nq[86] Apache License 2.0, CC BY-SA 3.0

OIG oig-unified_sqlv1[86] Apache License 2.0, CC BY-SA 4.0

OIG oig-unified_sqlv2[86] Apache License 2.0, CC BY-SA 4.0

OIG oig-unified_squad_v2_more_-
neg[86]

Apache License 2.0, CC BY-SA 4.0
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https://huggingface.co/datasets/laion/OIG
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https://huggingface.co/datasets/squad_v2
https://huggingface.co/datasets/squad_v2


Collection Dataset Identifier Licenses

Tasksource Instruct tsi-balanced_copa[83] BSD 2-Clause License

Tasksource Instruct tsi-breaking_nli[59] CC BY-SA 4.0

Tasksource Instruct tsi-cladder[59] MIT License

Tasksource Instruct tsi-condaqa[149] Apache License 2.0

Tasksource Instruct tsi-conj_nli[157] MIT License

Tasksource Instruct tsi-defeasible_nli-atomic[155] MIT License

Tasksource Instruct tsi-defeasible_nli-snli[155] MIT License

Tasksource Instruct tsi-dynasent-
dynabench.dynasent.r1.all-r1[135]

CC BY 4.0

Tasksource Instruct tsi-dynasent-
dynabench.dynasent.r2.all-r2[135]

CC BY 4.0

Tasksource Instruct tsi-fever_evidence_related-mwong_-
_fever_related[176]

CC BY-SA 4.0

Tasksource Instruct tsi-few_nerd-supervised[44] CC BY-SA 4.0

Tasksource Instruct tsi-fig_qa[100] MIT License

Tasksource Instruct tsi-fracas[55] MIT License

Tasksource Instruct tsi-hyperpartisan_news[55] CC BY 4.0

Tasksource Instruct tsi-lex_glue-case_hold[23] Apache License 2.0

Tasksource Instruct tsi-lonli[173] MIT License

Tasksource Instruct tsi-moral_stories-full[50] MIT License

Tasksource Instruct tsi-neqa[50] CC BY 4.0

Tasksource Instruct tsi-prost Apache License 2.0

Tasksource Instruct tsi-quote_repetition CC BY 4.0

Tasksource Instruct tsi-recast-recast_factuality CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_megaveridicality CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_ner CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_puns CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_sentiment CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_verbcorner CC BY-SA 4.0

Tasksource Instruct tsi-recast-recast_verbnet CC BY-SA 4.0

Tasksource Instruct tsi-redefine_math CC BY 4.0

Tasksource Instruct tsi-tracie[194] Apache License 2.0

Tasksource Instruct tsi-truthful_qa-multiple_choice[99] Apache License 2.0

Tasksource Instruct tsi-vitaminc-tals__vitaminc[162] MIT License

Tasksource Instruct tsi-winowhy[192] MIT License

Tasksource Symbol-Tuning tsy-breaking_nli[59] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-cladder[59] MIT License

Tasksource Symbol-Tuning tsy-condaqa[149] Apache License 2.0

Tasksource Symbol-Tuning tsy-conj_nli[157] MIT License

Tasksource Symbol-Tuning tsy-defeasible_nli-atomic[155] MIT License

Tasksource Symbol-Tuning tsy-defeasible_nli-snli[155] MIT License
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https://huggingface.co/datasets/pkavumba/balanced-copa
https://huggingface.co/datasets/pietrolesci/breaking_nli
https://huggingface.co/datasets/tasksource/cladder
https://huggingface.co/datasets/lasha-nlp/CONDAQA
https://huggingface.co/datasets/pietrolesci/conj_nli
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https://huggingface.co/datasets/corypaik/prost
https://huggingface.co/datasets/inverse-scaling/quote-repetition
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/metaeval/recast
https://huggingface.co/datasets/inverse-scaling/redefine-math
https://huggingface.co/datasets/tasksource/tracie
https://huggingface.co/datasets/truthful_qa
https://huggingface.co/datasets/tals/vitaminc
https://huggingface.co/datasets/tasksource/winowhy
https://huggingface.co/datasets/pietrolesci/breaking_nli
https://huggingface.co/datasets/tasksource/cladder
https://huggingface.co/datasets/lasha-nlp/CONDAQA
https://huggingface.co/datasets/pietrolesci/conj_nli
https://huggingface.co/datasets/metaeval/defeasible-nli
https://huggingface.co/datasets/metaeval/defeasible-nli


Collection Dataset Identifier Licenses

Tasksource Symbol-Tuning tsy-dynasent-
dynabench.dynasent.r1.all-r1[135]

CC BY 4.0

Tasksource Symbol-Tuning tsy-dynasent-
dynabench.dynasent.r2.all-r2[135]

CC BY 4.0

Tasksource Symbol-Tuning tsy-fever_evidence_related-
mwong__fever_related[176]

CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-fracas[55] MIT License

Tasksource Symbol-Tuning tsy-hyperpartisan_news[55] CC BY 4.0

Tasksource Symbol-Tuning tsy-lonli[173] MIT License

Tasksource Symbol-Tuning tsy-recast-recast_factuality[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_-
megaveridicality[173]

CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_ner[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_puns[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_sentiment[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_verbcorner[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-recast-recast_verbnet[173] CC BY-SA 4.0

Tasksource Symbol-Tuning tsy-tracie[194] Apache License 2.0

Tasksource Symbol-Tuning tsy-vitaminc-tals__vitaminc[162] MIT License

Tasksource Symbol-Tuning tsy-winowhy[192] MIT License

717

D Additional Filtering Details718

In Section 4.1, we detail the steps used to produce the Comma training dataset from the raw text in the719

Common Pile. These include applying filters based on language, text quality, length, likelihood, and720

toxicity; removing various forms of PII; and removal of source-specific boilerplate text using regular721

expressions. The Common Pile contains a diverse range of sources and we therefore design separate722

filtering thresholds for each source. The exact source-specific thresholds used to post-process the723

Common Pile can be found in Table 1. Additionally, statistics on the pre- and post-filtered sizes of724

each source can be found in Table 2.725

Table 1: Pre-processing pipelines applied to each source in the Common Pile to construct the Comma
7B pre-training dataset.

Source Language Text Quality Doc Length Log-Likelihood Toxicity PII Regex Filter

ArXiv Abstracts – – – – – Y N

ArXiv Papers > 0.5 – – – – Y N

Biodiversity
Heritage Library

> 0.5 – > 100 > -20 – N Y

Caselaw Access
Project

– – > 100 – > 0.1 Y N

CC Common
Crawl

> 0.5 > 0.0001 > 100 – > 0.1 Y N
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Source Language Text Quality Doc Length Log-Likelihood Toxicity PII Regex Filter

Data Provenance
Initiative

– – – – – N N

Database of
Open Access
Books

> 0.5 – > 200 – > 0.1 Y N

Foodista > 0.5 – > 100 – – N N

GitHub Archive > 0.5 – > 100 – > 0.1 Y N

Library of
Congress

– – – > -20 > 0.1 N Y

LibreTexts > 0.5 – > 700 – > 0.1 Y N

News > 0.5 – > 100 – – Y N

OERCommons > 0.5 – > 300 – > 0.1 Y N

peS2o – – – – – Y N

Pre-1929 Books – – – > -20 > 0.1 N Y

PressBooks > 0.5 – > 600 – > 0.1 Y N

Project
Gutenberg

> 0.5 – – > -20 – N N

Public Domain
Review

– – > 100 – – Y N

PubMed > 0.5 – > 100 – – Y N

PEPs – – – – – Y N

Regulations.gov – – > 100 – – Y Y

StackExchange > 0.5 – – – – Y N

Ubuntu IRC > 0.5 – > 100 – > 0.1 Y N

UK Hansard > 0.5 – – – – Y N

USGPO – – – – – N Y

USPTO – – > 100 > -20 – Y N

Wikimedia > 0.5 – > 100 – – Y N

Wikiteam > 0.5 – > 700 – > 0.1 Y N

CC YouTube > 0.5 – > 100 – > 0.1 Y N

726

Table 2: Raw and filtered sizes of the Common Pile’s constituent datasets.

Document Count Size (GB)
Source Raw Filtered Raw Filtered

ArXiv Abstracts 2,538,935 2,504,679 2.4 2.4

ArXiv Papers 321,336 304,048 21 19

Biodiversity Heritage
Library

42,418,498 15,111,313 96 35

Caselaw Access Project 6,919,240 6,735,525 78 77
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Document Count Size (GB)
Source Raw Filtered Raw Filtered

CC Common Crawl 51,054,412 6,852,137 260 58

Data Provenance Initiative 9,688,211 3,508,518 7 3

Database of Open Access
Books

474,445 403,992 12.5 12

Foodista 72,090 65,640 0.09 0.08

GitHub Archive 30,318,774 23,358,580 54.7 40.4

Library of Congress 135,500 129,052 47.8 35.6

LibreTexts 62,269 40,049 5.3 3.6

News 172,308 126,673 0.4 0.3

OERCommons 9,339 5,249 0.1 0.05

peS2o 6,294,020 6,117,280 188.2 182.6

Pre-1929 Books 137,127 124,898 73.8 46.3

PressBooks 106,881 54,455 1.5 0.6

Project Gutenberg 71,810 55,454 26.2 20.1

Public Domain Review 1,412 1,406 0.007 0.007

PubMed 4,068,867 3,829,689 158.9 147.1

PEPs 656 655 0.01 0.01

Regulations.gov 225,196 208,301 6.1 5.1

StackExchange 33,415,400 30,987,814 103.7 89.7

Stack V2 218,364,133 69,588,607 4774.7 259.9

Ubuntu IRC 329,115 234,982 6.3 5.3

UK Hansard 51,552 47,909 10 9.6

USGPO 2,732,677 2,148,548 74.5 36.1

USPTO 20,294,152 17,030,231 1003.4 661.1

Wikimedia 63,969,938 16,311,574 90.5 57.4

Wikiteam 219,139,368 26,931,807 437.5 13.7

CC YouTube 1,129,692 998,104 21.5 18.6

Total 692,854,953 233,817,169 7557.9 1838.3

727

E Details on Comma Training Data Mixture728

Inspired by the MixMin algorithm [177], we estimated the quality of each source in the Common729

Pile by training a 1.7B-parameter model for 28B tokens on each source individually and evaluating730

the resulting models on the set of “early signal” tasks from [131]. In doing so, we found that the731

amount of text in each source was poorly correlated text quality, motivating the use of heuristic732

mixing weights to up-/down-weight different sources in our pre-training mix. In Table 3 we list the733

pre-training mixture weights for each of the sources in the Common Pile.734
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Table 3: Overview of the data mixing used to up/down-weight individual sources in the Common
Pile to construct the Comma pre-training dataset.

Source Size (GB) Repeats Effective Size
(GB)

Tokens
(Billions)

Percentage

ArXiv
Abstracts

2.4 6 14.4 3.6 0.360%

ArXiv Papers 19.5 6 117 29.3 2.932%

Biodiversity
Heritage
Library

35.5 0.25 8.9 2.2 0.220%

Caselaw
Access Project

77.5 1 77.5 19.4 1.941%

CC Common
Crawl

58.1 6 348.6 87.1 8.716%

Data
Provenance
Initiative

3.4 6 20.4 5.1 0.510%

Database of
Open Access
Books

12 6 72 18 1.801%

Foodista 0.08 6 0.48 0.12 0.012%

GitHub
Archive

40.4 6 242.4 60.6 6.064%

Library of
Congress

35.6 0.25 8.9 2.2 0.220%

LibreTexts 3.6 6 21.6 5.4 0.540%

News 0.25 6 1.5 0.38 0.038%

OERCommons 0.05 6 0.3 0.08 0.008%

peS2o 182.6 6 1,095.6 273.9 27.409%

Pre-1929
Books

46.3 1 46.3 11.6 1.161%

PressBooks 0.6 6 3.6 0.9 0.090%

Project
Gutenberg

20.1 1 20.1 5 0.500%

Public Domain
Review

0.007 6 0.04 0.01 0.001%

PubMed 147.1 1 147.1 36.8 3.683%

PEPs 0.01 6 0.06 0.02 0.002%

Regulations.gov 5.1 6 30.6 7.6 0.761%

StackExchange 89.7 6 538.2 134.6 13.469%

Stack V2 259.9 2 519.8 130 13.009%

Ubuntu IRC 5.3 6 31.8 7.9 0.791%
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Source Size (GB) Repeats Effective Size
(GB)

Tokens
(Billions)

Percentage

UK Hansard 9.6 6 57.6 14.4 1.441%

USGPO 36.1 0.25 9 2.3 0.230%

USPTO 661.1 0.25 165.3 41.3 4.133%

Wikimedia 57.4 6 344.4 86.1 8.616%

Wikiteam 13.7 4 54.8 13.7 1.371%

CC YouTube 18.6 1 18.6 4.7 0.470%

Total 1838.3 – 3997.4 999.3 100%

735

F List of News Sources736

The Common Pile contains a variety of openly licensed news sources released under CC BY and737

CC BY-SA licenses. The sources licensed under CC BY include: 360info, Africa is a Country, Alt738

News, Balkan Diskurs, Factly, Freedom of the Press Foundation, Agenzia Fides, Global Voices,739

Meduza, Mekong Eye, Milwaukee Neighborhood News Service, Minority Africa, New Canadian740

Media, SciDev.Net, The Solutions Journalism Exchange, Tasnim News Agency, and ZimFact. The741

sources licensed under CC BY-SA include: Oxpeckers, Propastop, and The Public Record.742

G List of WikiMedia wikis743

Official Wikimedia wikis are released under a CC BY-SA license. The Common Pile includes the744

following Wikimedia wikis: Wikipedia, Wikinews, Wikibooks, Wikiquote, Wikisource, Wikiversity,745

Wikivoyage, and Wiktionary.746

H CCCC Source Statistics747

We provide additional statistics on the CCCC subset of the Common Pile, including the number of748

unicode words and documents sourced from each Common Crawl snapshot, in Table 4.749

Table 4: Counts of words and documents extracted from 52 snapshots after filtering with our pipeline.

Snapshot Unicode Words Documents

CC-MAIN-2013-20 3,851,018,197 5,529,294

CC-MAIN-2013-48 4,544,197,252 6,997,831

CC-MAIN-2014-10 4,429,217,941 6,682,672

CC-MAIN-2014-15 4,059,132,873 5,912,779

CC-MAIN-2014-23 5,193,195,765 8,253,690

CC-MAIN-2014-35 4,254,690,945 6,551,673

CC-MAIN-2014-41 4,289,814,449 6,558,170

CC-MAIN-2014-42 3,986,284,741 6,144,797

CC-MAIN-2014-49 3,316,075,452 4,699,472
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Snapshot Unicode Words Documents

CC-MAIN-2014-52 4,307,765,289 6,338,983

CC-MAIN-2015-06 3,675,982,679 5,181,955

CC-MAIN-2015-11 3,932,442,900 5,438,533

CC-MAIN-2015-14 3,658,107,765 4,954,273

CC-MAIN-2015-18 4,451,734,946 6,319,757

CC-MAIN-2015-22 4,285,945,319 5,949,267

CC-MAIN-2015-27 3,639,904,128 4,975,152

CC-MAIN-2016-07 1,588,496,703 3,798,207

CC-MAIN-2016-18 3,228,754,200 4,446,815

CC-MAIN-2016-22 3,217,827,676 4,242,762

CC-MAIN-2017-04 3,852,699,213 5,239,605

CC-MAIN-2017-09 4,186,915,498 5,119,171

CC-MAIN-2017-13 4,950,110,931 5,923,670

CC-MAIN-2017-17 4,684,050,830 5,645,725

CC-MAIN-2017-22 4,683,569,278 5,514,717

CC-MAIN-2017-26 4,744,689,137 5,514,047

CC-MAIN-2017-51 1,981,004,306 2,529,289

CC-MAIN-2018-13 4,816,417,930 5,520,099

CC-MAIN-2018-22 3,921,533,251 4,401,956

CC-MAIN-2018-26 4,506,583,931 4,916,546

CC-MAIN-2018-30 4,936,722,403 5,282,886

CC-MAIN-2018-34 3,865,953,978 3,808,725

CC-MAIN-2018-47 3,933,439,841 3,637,947

CC-MAIN-2018-51 4,745,124,422 4,616,832

CC-MAIN-2019-04 4,475,679,190 4,140,277

CC-MAIN-2019-09 4,287,868,800 4,142,190

CC-MAIN-2019-13 3,966,330,348 3,849,631

CC-MAIN-2019-30 4,179,526,188 4,430,572

CC-MAIN-2019-35 5,144,426,270 5,048,106

CC-MAIN-2019-39 4,572,972,457 4,527,430

CC-MAIN-2020-29 5,200,565,501 4,984,248

CC-MAIN-2020-34 4,458,827,947 4,297,009

CC-MAIN-2021-17 1,768,757,386 1,824,942

CC-MAIN-2021-39 4,599,961,675 4,287,356

CC-MAIN-2021-43 5,337,349,331 5,304,846

CC-MAIN-2021-49 3,980,018,773 4,050,641

CC-MAIN-2022-05 4,517,850,019 4,503,863

CC-MAIN-2023-06 5,135,614,227 4,959,915

CC-MAIN-2023-14 5,117,143,765 4,675,097

CC-MAIN-2023-23 5,461,486,807 4,869,627

Continued on next page
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Snapshot Unicode Words Documents

CC-MAIN-2023-50 5,881,860,014 4,901,306

CC-MAIN-2024-10 5,164,171,562 4,335,071

CC-MAIN-2024-18 4,745,457,054 3,949,186

Total 221,715,271,483 259,728,610

750

I PeS2o Source Statistics751

Additional statistics on the composition of the peS2o subset of the Common Pile can be found in752

Tables 5 to 7.753

Table 5: Distribution of words, unicode characters, and tokens over train and validation splits in the
peS2o subset.

Train Split Validation Split
Whitespace words 35.4 B 0.25 B
UTF-8 characters 188 B 1.3 B
Documents 6.25 M 39.1 K

Table 6: Distribution of licenses in the peS2o subset.
License Train Split Validation Split
CC BY 6,088,325 37,754
CC BY-SA 120,150 1,231
CC0 36,373 121
Public domain 10,060 6

Table 7: Distribution of papers across 23 fields of study, as identified by the Semantic Scholar
API [85]. A paper may belong to one or more fields of study.

Field of Study Train Split Validation Split

Medicine 2,435,244 23,734

Biology 1,518,478 8,879

Environmental
Science

993,499 7,601

Engineering 656,021 5,005

Computer Science 462,320 3,003

Materials Science 416,045 3,166

Physics 413,461 1,285

Chemistry 406,429 2,781

Psychology 364,441 2,126

Education 220,014 1,532

Continued on next page
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Field of Study Train Split Validation Split

Business 193,536 946

Economics 185,716 921

Agricultural and Food
Sciences

333,776 2,013

Sociology 137,257 1,535

Mathematics 135,676 199

Political Science 106,748 378

Geology 67,258 217

Geography 44,269 257

Linguistics 41,737 228

History 36,848 192

Law 30,888 251

Philosophy 27,518 148

Art 26,658 75

754

J Details on Small-Scale Data Ablations755

In Section 4.3 we report results from a series of small-scale data ablations where we identically756

trained 1.7B parameter models on various openly licensed and unlicensed datasets and evaluate their757

performance on the “early signal” tasks from Penedo et al. [131] to compare their data quality against758

the Common Pile. In Figure 5 we show how the performance of these models evolve over the course759

of their training run, highlighting that differences in data quality become apparent very early in760

training. Additionally, we provide exact numerical results for each model in Table 8, showing that761

the Common Pile has higher data quality than any previously released openly licensed datasets and762

the Pile, and nearly matches the data quality of the OSCAR dataset. To validate that this is not purely763

due to the presence of high-quality supervised fine-tuning data from the Data Provenance Initiative764

(DPI) data source, we also perform an ablation on the Common Pile excluding the DPI data and find765

that the final performance of this model is largely unchanged.766

Table 8: Comma’s training dataset has higher quality than previous openly-licensed datasets
and unlicensed datasets like the Pile. In the small-scale (1.7B parameter) data ablation setting,
we find that Comma’s training dataset yields better models than previous openly licensed datasets
and the Pile, and nearly matches the performance of models trained on OSCAR. Additionally, we
find that removing the high-quality supervised data from the Data Provenance Initiative has marginal
affect on the Comma dataset’s overall quality.

Dataset ARC MMLU HS OBQA CSQA PIQA SIQA Avg.

KL3M 31.8 26.3 29.9 28.4 26.8 58.2 38.0 36.2
OLC 33.1 27.5 33.8 27.4 27.7 59.4 38.5 37.3
Common Corpus 34.2 27.0 33.6 30.2 26.4 61.0 37.7 37.6
Comma (no DPI) 37.7 28.7 37.6 31.0 30.8 63.8 39.8 40.0
Comma 38.0 29.5 39.9 32.4 29.6 65.8 39.4 40.8

The Pile 37.0 27.8 35.8 28.6 31.5 66.8 38.2 39.6
OSCAR 35.4 27.6 40.8 30.4 32.1 69.7 39.7 40.9
FineWeb 38.0 29.1 48.2 34.2 33.6 73.4 40.3 43.7
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Figure 5: Comma consistently outperforms models trained on other corpora of openly licensed
text and outperforms the Pile on all but two tasks. We train 1.7B parameter models on 28B tokens
following Penedo et al. [131].

K Details on Comma’s Cool-Down Data Mixture767

Following Hu et al. [71], we end training with a “cool-down” where we train on 37.5B tokens of768

high-quality data while linearly decaying the learning rate to 0. We provide the source mixture769

weights for this cool-down phase in Table 9.770

Table 9: Overview of the data mixing used to up/down-weight individual sources in the Common
Pile to construct the training distribution for Comma’s cool-down phase.

Source Size (GB) Repeats Effective Size
(GB)

Tokens
(Billions)

Percentage

ArXiv Papers 19.5 0.5 9.8 2.4 6.50%

CC Common
Crawl

58.1 0.3 17.4 4.4 11.63%

Data
Provenance
Initiative

3.4 2 6.8 1.7 4.55%

Database of
Open Access
Books

12 2 24 6 16.04%

Foodista 0.08 2 0.16 0.04 0.11%

LibreTexts 3.6 2 7.2 1.8 0.48%

News 0.25 2 0.5 0.13 0.33%

OERCommons 0.05 2 0.1 0.03 0.07%

peS2o 182.6 0.1 18.3 4.6 12.18%

Continued on next page
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Source Size (GB) Repeats Effective Size
(GB)

Tokens
(Billions)

Percentage

PressBooks 0.6 2 1.2 0.3 0.77%

Public Domain
Review

0.007 2 0.014 0.004 0.01%

PEPs 0.01 2 0.02 0.005 0.02%

StackExchange 89.7 0.25 22.4 5.6 14.96%

Stack V2 259.9 0.1 26.0 6.5 17.04%

Wikimedia 57.4 0.4 23 5.7 15.32%

Total 679.4 – 149.9 37.5 100%

771

L Additional Comma Results772

We provide exact numerical results for Comma and baseline models across a variety of knowledge773

and reasoning tasks (Table 10) and coding benchmarks (Table 11). We find that particularly on774

knowledge-based benchmarks, such as ARC-C and MMLU, and coding benchmarks, Comma775

outperforms baseline models trained on an equivalent amount (1T tokens) of unlicensed text.776

Table 10: Comparison between Comma and baseline models trained with similar resources (7 billion
parameters, 1 trillion tokens) across a variety of knowledge and reasoning benchmarks.

Model ARC-C ARC-E MMLU BoolQ HS OBQA CSQA PIQA SIQA Avg.

RPJ-INCITE 42.8 68.4 27.8 68.6 70.3 49.4 57.7 76.0 46.9 56.4
Comma 52.8 68.4 42.4 75.7 62.6 47.0 59.4 70.8 50.8 58.9
MPT 46.5 70.5 30.2 74.2 77.6 48.6 63.3 77.3 49.1 59.7
OpenLLaMA 44.5 67.2 40.3 72.6 72.6 50.8 62.8 78.0 49.7 59.8
LLaMA 44.5 67.9 34.8 75.4 76.2 51.2 61.8 77.2 50.3 59.9
StableLM 50.8 65.4 45.2 71.7 75.6 48.2 57.2 77.0 48.2 59.9

Qwen3 57.2 74.5 77.0 86.1 77.0 50.8 66.4 78.2 55.0 69.1

Table 11: Comparison between Comma and baseline models trained with similar resources (7 billion
parameters, 1 trillion tokens) on two coding benchmarks.

Model HumanEval MBPP Avg.

RPJ-INCITE 11.1 15.9 13.5
LLaMA 19.9 27.9 23.9
StableLM 23.1 32.0 27.6
MPT 27.3 33.2 30.3
Open LLaMA 27.6 33.9 30.8
Comma 36.5 35.5 36.0

Qwen3 94.5 67.5 81
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