
Reviewer 3s8L 

Weaknesses: 

• Fig. 1 is difficult to understand. Due to multiple reasons: 

1. Several symbols are used but not introduced, e.g. G, S 

2. Fire emoji usually means that certain layers are trainable. Do you have frozen parameters? What does 

the emoji mean in your Figure? 

3. ImageNet, Audio Spectogram, Kinetics400v1 indicates that the layers were pre-trained? If so, I would 

probably leave it away as this is too detailed. 

4. In the left (a, b), you use boxes to highlight specific parts, but in the right (c, d), you use curly braces. I 

suggest standardizing it. 

• I do not understand the lead and pairwise attention parts. Are the inputs condensed to just 4 values?  

• What is the time frame of each sample? 

Feedback: 

• Shorten the running title 

“”” 

1. Figure 1 Editing 

 

<Left: before editing; Right: after editing> 

 

2. I do not understand the lead and pairwise attention parts. Are the inputs condensed to just 4 values?  
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3. What is the time frame of each sample? 
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3. Shorten the running title 
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4. I am not sure if this is a common concept in EEG, but I am missing some introduction into why lead symmetry is 

so important. Also, the occlusion sensitivity experiment falls a bit short. 
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Reviewer aivr 

Weaknesses: 

1. The Method section emphasizes the strengths of ESCAViT but lacks rigorous explanation of how the proposed 

components concretely address the stated problems. Rather than clearly linking AES-Mix and LIGCL to their 

corresponding challenges (e.g., class imbalance, data ambiguity), the paper presents an all-encompassing claim 

that ESCAViT addresses class imbalance, OOD, and data ambiguity. These should be explained in a one-to-one 

manner. 

2. The claim that ESCAViT handles OOD scenarios is unsubstantiated. There is no definition of what constitutes 

“out-of-distribution” in the context of EEG in this study. In medical imaging, OOD typically refers to differences 

in data distribution arising from scanner variation or shifts in patient demographics—none of which are 

discussed or tested in this work. 
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1. The Method section emphasizes the strengths of ESCAViT but lacks rigorous explanation of how the proposed 

components concretely address the stated problems. Rather than clearly linking AES-Mix and LIGCL to their 

corresponding challenges (e.g., class imbalance, data ambiguity), the paper presents an all-encompassing claim that 

ESCAViT addresses class imbalance, OOD, and data ambiguity. These should be explained in a one-to-one manner. 

 

<Left : before editing; Right: after editing> 



2. The claim that ESCAViT handles OOD scenarios is unsubstantiated. There is no definition of what constitutes “out-

of-distribution” in the context of EEG in this study. In medical imaging, OOD typically refers to differences in data 

distribution arising from scanner variation or shifts in patient demographics—none of which are discussed or tested 

in this work. 

out-of-distribution (OOD) → heterogeneous Other class (HOC)  

 

 

Reviewer 5Xq9 

Weaknesses: 

 Unclear presentation of class imbalance: The abstract and introduction mention class imbalance, but details on 

its extent and impact are missing upfront. Key statistics only appear later in Section 4.1, weakening the early 

motivation. 

 Unclear architectural specifications and contributions: The paper provides little justification for architectural 

choices such as the use of ViViT, its depth, patch size, or input dimensions. Beyond the ablation of AES-Mix 

and LIGCL, the impact of other components is not clearly isolated or systematically assessed. 
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1. Unclear presentation of class imbalance: The abstract and introduction mention class imbalance, but details on its 

extent and impact are missing upfront. Key statistics only appear later in Section 4.1, weakening the early 

motivation. 
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2. (2) Several important implementation details are either omitted or unclear - specify architectural parameters - 

examples: ViViT layers, patch size, input resolution, positional encoding type, etc. 
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