DRUG

Model cop} CAD] CHDJ CLD] IND{ KL|
GCNgr, 0.2204.025  9.2094 740 0.2454 031 1.9634 134 0.6764 020 0.4841 o75
HANg, 02794023 100841 5235 0.2681 027 2.1551 145 0.6324 025 0.5794 055
SeHGNNk;, 0.2864 018 101781 751 02674020 2.1664 143 0.6404 016  0.6004 059
GLDL 0.199% 051 8887253 0232101 18917  0.699:0m 0.409. 105
HINormer 0.3654 028 105631571 03084029 2.2274 99 0.5754 023 0.7424 102
HGDL 0.168+ 019 9.1794 574 0217+ 017 195741114 07104 020  0.392 gag
HGDL _gansformer 01994 014 9.3714 679 0.235: 017 2.0044 137  0.6871 021 0.4924 59
HGDL_; 02124 023 9.5104 02 02404 018 2.0294 110 0.67141020 0.4624 050
HGDL.4 0.2044 026 9.602 g3 0.2394 gos  2.040+ 162 0.6814 030 0.5741 85
DBLP

Model cop} CADJ CHDJ CLD] INDT KL|
GCNgy, 0.0314.004 285241 009 0.0914+.006 1.6471002 0908+ 006 0.1144 011
HANgL 0.0254 002 2.8194 012 0.071+004 1.6331007 09294 g0a 0.08241 gos
SeHGNNk;, 0.0864 140 2.8871.170 0.1554 908 1.6244 049 0.8424 914  0.2524 397
GLDL 0.0194 001 2.8+.009 0.056 002 1.6331.004 0.9431003  0.064 003
HINormer 0.0534 008 29364 013 0.1464 019  1.669+ 00s  0.8531 019 0.221 025
HGDL 0.0194 g2 2.7964 014 0.057+.005 1.63341005 09431005 0.0571 011
HGDL _pansformer 00251 002 2.828+ 04 0.074+ 005 1.6421 001 0.9255 g5  0.090 gos
HGDL-; 0.0204 002 2.8084 013 0.0624+ 005 1.637+.005 09371005 0.0704 011
HGDL.4 0.0234+ 001 28191005  0.070+003 1.639+003 0.929+ o3 0.082+ o6

Table 1: Experimental results of HINormer and GLDL on the Drug
and DBLP datasets, where HINormer is a recent heterogenous graph
learning baseline and GLDL is for LDL in homogenous graphs.

100 epochs (s) DRUG (894) URBAN (604) ACM (5810) YELP (3001) DBLP (4057)

GCNyp 251 2.77 10.97 1.8569 23
HANg, 1.73 0.979 75 12.53 23.63
SeHGNN, 2.0592 1.16 75.25 12.45 23.45
HGDLy 1.19 1.05 8.81 8.75 26.57

Table 2: Runtime results for 100 training epochs. The numbers of
target nodes are labeled beside their corresponding dataset names.
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Figure 1: Sensitive analysis of v, ranging from 0, le-5, le-4, le-3,
le-2, and 0.1, converted to the values of log(7) as -6, -5, -4, -3, -2,
and -1 along the X-axis.
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Figure 2: KL and CLD tradeoff function example. The estimated
probability distribution is [x1, 2, 0.9] and true probability distribu-
tion is [0.05,0.05,0.9], with 1 + x2 = 0.1. Horizontal axis is the
x1 value and vertical axis is the loss for both CLD and KL diver-
gence. Green dashed lines cover the tradeoff region where the CLD
loss monotonically increases and KL-divergence decreases.
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Figure 3: The revised illustration of HGDL framework, which shall replace Figure 2 in the original manuscript.



