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Abstract. Large Language Models are increasingly used to create generative 

agents for behavioral simulations and multi-agent systems, as they allow re-

searchers to build entities that exhibit seemingly human-like behavior with rela-

tively low effort. Although generative agents are frequently parameterized using 

empirical data, systematic empirical validation remains scarce: there is no estab-

lished practice of benchmarking agent behavior against human reference data, 

nor a common standard for reporting validation in a way that allows comparison 

across studies. No dedicated infrastructure exists to support the collection, docu-

mentation, and reuse of validated agents. As a result, generative agents are diffi-

cult to transfer across studies, hard to reproduce, and lack comparable validation 

– ultimately limiting cumulative scientific progress. In response, we present Val-

idAgent, a prototype of an open, web-based repository that provides a common 

interface for researchers to browse, compare, and select from a curated collection 

of generative agent profiles. The platform emphasizes empirical validation, trans-

parency, and reproducibility by requiring each agent profile to include structured 

documentation covering its design rationale, behavioral traits, underlying as-

sumptions, intended scope of application, and validation results against human 

reference data. To demonstrate the platform’s utility, we provide an initial set of 

empirically validated agents grounded in the die-roll honesty paradigm, a widely 

used experimental setup for studying dishonest behavior. Building on this, we 

aim to foster a researcher-driven ecosystem in which generative agents can be 

contributed, peer-reviewed, and benchmarked – ultimately establishing citable 

generative agent sets. In doing so, this initiative contributes to a more transparent 

and cumulative multi-agent simulation practice. 
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1 Introduction 

With the emergence of Large Language Models (LLMs), researchers have increasingly 

begun to develop generative agents – autonomous entities designed to simulate human-

like behavior with a level of flexibility that goes beyond many traditional agent archi-

tectures.1 Unlike conventional agents, which typically rely on explicitly defined rules 

and fixed decision logic, generative agents leverage LLMs to enable contextual reason-

ing and adaptive decision-making [6, 7]. Their behavioral identity is typically defined 

through structured persona descriptions that guide the model’s responses. Recent work 

emphasizes grounding this “homo silicus” [8] in empirical data such as interviews and 

experimental findings, thereby moving beyond purely synthetic modeling towards 

more behaviorally validated simulations [7]. As a result, generative agents hold consid-

erable promise for simulating complex social interactions [6, 7, 9, 10], including legal 

reasoning [11, 12], economic decision-making [13], political negotiation [14, 15], or 

consumer behavior [8, 16]. 

Despite this potential, the development and application of generative agents remain 

highly fragmented. Most agents are created in isolation for specific projects. Conse-

quently, it remains unclear to what extent agent configurations and behavioral outcomes 

can be replicated or transferred across studies. Recent literature recognizes the need for 

greater consistency in agent design and evaluation practices. Amin et al. [1] emphasize 

the multitude of design choices – from model family and version to hyperparameters 

and prompting strategies – and argue for standardized prompt templates to ensure con-

sistency while maintaining flexibility. In terms of behavioral validity, Tseng et al. [17] 

highlight the need for expanded datasets and behavioral benchmarks grounded in real 

human data. However, approaches to empirically grounding generative agents vary 

considerably across studies and are often not documented in comparable ways. Without 

shared standards and a common infrastructure to address both design consistency and 

empirical grounding, generative agents remain difficult to compare, reproduce, and sys-

tematically build upon, ultimately limiting cumulative scientific progress in generative 

agent research. 

Several tools and infrastructures address individual aspects of generative agent de-

velopment, yet none provides a comprehensive solution for validated, reusable agent 

profiles. For instance, persona collections such as PersonaHub [18] offer large-scale, 

synthetically generated profiles at unprecedented scale, while DeepPersona [19] ex-

tends this approach with a more extensive attribute taxonomy, greater demographic di-

versity, and customizable profile generation. However, these resources focus on scala-

ble synthetic persona generation rather than directly collected individual-level human 

datasets. At the same time, agent-oriented frameworks such as the GenAgents architec-

ture [6], Concordia [20], or EDSL – commercially implemented as Polly by Expected 

Parrot [21] – provide powerful environments for constructing, simulating, and in some 

 
1  There is no standardized terminology for these agents. We use “generative agents” as a work-

ing label, but note that terms such as “LLM-based agents,” “generative AI,” “AI agents,” or 

“agentic AI” are also in use and may partially overlap [see, e.g., 1–5]. We conceptualize 

generative agent behavioral simulations as part of the broader multi-agent systems field. 
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cases benchmarking generative agents against human responses. Yet they are primarily 

designed for agent execution and experimentation rather than for sharing and reuse of 

validated agent profiles across studies. Dedicated repository infrastructures in other re-

search domains demonstrate the value of structured sharing for cumulative and compa-

rable research [22]. For example, platforms such as CoMSES Net [23], 

AGENTBLOCKS [24], OpenAI Gym [25], or Sotopia [26] demonstrate how curated 

repositories and benchmarking ecosystems advance research in their respective fields. 

Similarly, general-purpose repositories such as Zenodo [27] or OSF [28, 29] could tech-

nically host agent artifacts, yet lack domain-specific standards, structured documenta-

tion requirements, and community-driven quality control mechanisms. Platforms such 

as GitHub [30] or Hugging Face [31] provide versioned hosting for code, models, and 

datasets, but are not designed to curate generative agent profiles according to domain-

specific validation standards or to treat them as structured, reviewable research objects. 

In response, we propose a web-based, open-access repository dedicated to empiri-

cally validated generative agents – ValidAgent.2 This platform offers a common inter-

face for researchers to share, browse, compare, and select from a curated collection of 

agent profiles. Each profile integrates detailed documentation encompassing design ra-

tionale, behavioral characteristics, underlying assumptions, intended application scope, 

and validation outcomes against human reference data. Our approach prioritizes trans-

parency, reproducibility, and reusability to foster a research ecosystem where genera-

tive agents can be contributed, peer-reviewed, benchmarked, and cited [32] – laying the 

foundation for cumulative scientific progress in multi-agent behavioral simulations. As 

a first application, we provide an initial set of agents validated within the well-estab-

lished die-roll honesty paradigm [33], a widely used experimental framework for stud-

ying dishonest behavior. 

2 A New Repository Design and Architecture – ValidAgent 

The ValidAgent repository is implemented as a web-based, open-access platform that 

enables researchers to discover, evaluate, and export validated generative agents with 

minimal technical knowledge. Its design is structured around two core entities: Agent 

Sets and Agent Cards. 

Agent Sets constitute the primary unit of organization. Each set represents a curated 

collection of agents that were jointly validated against, e.g., a shared human reference 

dataset or experimental paradigm. The repository allows users to browse and filter 

Agent Sets by application context, agent characteristics, or empirical support. Each en-

try provides a structured overview of the collection, including the number of agents, 

key persona attributes (e.g., demographic attributes or Big Five dimensions), intended 

application scope, validation outcomes, provenance, versioning, and licensing infor-

mation (see Figure 1 in the Supplemental Material). 

Within each Agent Set, Agent Cards provide detailed access to individual agent pro-

files – the structured persona configurations that define agent behavior in simulations. 

 
2  https://tuhh-maccs.github.io/validagent/ 
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Each Agent Card contains two sections: persona modules and validation. The modules 

section displays the agent’s persona configuration as modular components that can be 

toggled on or off, allowing the user to tailor the exported agent configuration to their 

needs. The interface dynamically updates both the generated persona text and token 

count estimates, making the trade-off between behavioral alignment and computational 

cost and efficiency transparent. The validation section visualizes how closely the se-

lected agent’s behavior aligns with human reference data, updating live as modules are 

adjusted. This enables informed decisions about the appropriate level of detail for dif-

ferent simulation contexts (see Figure 2 in the Supplemental Material). 

Configured agent profiles can be exported in structured formats such as JSON and 

YAML, ready to be instantiated as agents within simulation environments. To ensure 

interoperability, the export layer adapts configurations to the input requirements of es-

tablished frameworks, including GenAgents [6], Concordia [20], EDSL [21], and So-

topia [26]. In these frameworks, agent behavior emerges from the combination of a 

statically initialized agent profile defining personality, behavioral traits, or background, 

and the dynamic interaction and coordination logic provided by the framework itself. 

ValidAgent focuses on the former: providing empirically validated agent profiles that 

can be directly imported into existing environments. To this end, internal representa-

tions of profiles are mapped to framework-specific import formats, ensuring that vali-

dated configurations are readily deployable across established simulation environments 

(see Table 1 in the Supplemental Material). 

New Agent Sets can be contributed through a structured submission interface requir-

ing a standardized format of agent data, documentation, and accompanying metadata 

on validation procedures and human reference datasets. Each submission undergoes a 

community review process to ensure completeness of documentation, traceability of 

the validation process, and technical functionality. Integrated version control guaran-

tees that each published set remains citable, while subsequent updates are handled 

through a transparent re-review process, ensuring long-term reproducibility [32]. 

3 Conclusion 

Generative agents hold significant promise for advancing behavioral multi-agent sim-

ulations, yet their current development landscape is fragmented, lacking shared stand-

ards for validation, documentation, and reuse. In this paper, we introduce ValidAgent, 

a web-based, open-access repository for empirically validated generative agents that 

treats agent profiles as structured, versioned, and reviewable research objects. By or-

ganizing agents into validated sets, providing modular and transparent documentation, 

enabling interoperability with existing agent frameworks, and establishing quality as-

surance mechanisms, the platform lays the groundwork for reproducible, comparable, 

and citable generative agent resources. In doing so, we aim to shift generative agents 

from isolated project-specific implementations toward a sustainable research infra-

structure that supports cumulative scientific progress. 

Disclosure of Interests. The authors have no competing interests to declare that are relevant to 

the content of this article. 
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