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1 State-of-the-art Weakly-supervised Video Anomaly
Detection Methods Architectural Framework
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Fig.1: MGFN. [1] Framework
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Fig.2: OECTST [2| Framework
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Fig. 3: RTFM |[3] Framework
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ws 2 Additional Qualitative Results
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Fig. 5: Visualization of Ground truth vs. prediction heatmaps for SoTAs in withe
different feature mpas obtained from feature Transformation block (FTB). We portray
such visualization for three challenging videos. More visualization can be found in
appendix.
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