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Figure 1: Few-shot fine-tuning results. UniMTS consistently outperforms BioBank SSL (Yuan et al

2024). We repeat 3 runs and report both mean and standard deviation

Table 1: We compare the zero-shot performance of IMU2CLIP with a variant of continual training on
our synthetic dataset (denoted as IMU2CLIP*). We bold the best. The last column shows the average

performance across 18 datasets with standard deviation
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Table 2: We compare the zero-shot performance of UniMTS with an ablation of incorporating
Capture-24 dataset into pre-training (denoted as UniMTS*). We bold the best. The last column

shows the average performance across 18 datasets with standard deviation
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UniMTS | F1 [422 220 337 429 57.2
Table 3: Full-shot performance. We bold the best. UniMTS performs better compared with BioBank

SSL (Yuan et al. 2024). The last column shows the average performance across 18 datasets with
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standard deviation.

% | UTComprey

S | Mheaj,
5 | Harey

Avg

OPPOITum'ty

o Rea] WOrI d

o TNDA_ HA R
| PAMap,
5| USC-HAp

Me[rics
o Motionsen se

~ W‘HAR
< | Shoajp
< HAR70+

Medium
87.3 65.8 95.1 98.0 964 814 83.3 65.8
89.3 72.6 94.0 68.1 96.4 62.7 82.9 83.1
98.0 58.3 97.0 98.0 99.1 82.7 81.3 94.3|85.6 77.1|90.6(,0¢
98.1 63.1 97.3 86.7 99.2 51.7 809 94.2|83.2 71.7|87.5:134)

Dataset
Number of Classes |
Level

= UCI‘HAR

Easy

|
85.9 92.7 994 934 99.1 932 755 89.4
86.1 92,9 99.2 81.3 99.1 859 68.0 89.6

88.2 92.1 99.8 98.4 99.7 96.9 84.0 99.6
89.1 92.2 99.8 98.8 99.7 87.9 81.2 99.6

Acc
Fl1

Acc
F1

BioBank SSL ‘

UniMTS ‘




	Appendix / supplemental material
	Pre-training Datasets
	Downstream Evaluation Datasets
	Baselines
	Few-Shot Fine-tuning
	Simulated Data


