
Training a Scientific Reasoning Model for Chemistry

1 Code and data availability1

All code necessary to reproduce the results of this study is available at: https://anonymous.4open.2

science/r/molr1-BB6B. Data is hosted on the HuggingFace Hub at [redacted for double-blind3

review].4

2 Chemistry RL Dataset Details5

2.1 Dataset Provenance6

The dataset was constructed by aggregating data from 12 distinct sources, detailed in Table 1.7

All selected references exclusively involved experimental measurements of synthesized molecules,8

excluding any hypothetical or computationally generated structures.9

The source datasets had a variety of representations, like CAS numbers, so we first relied on Leurli1,10

PubChem, and RDKit to convert all molecules to SMILES. Unless otherwise specified, all SMILES11

were randomized, isomeric SMILES. Also, generally molecules were filtered out that were fewer12

than 4 heavy atoms, more than 100 heavy atoms, or had less than 20% carbon atoms. The exceptions13

were when it was an exact match problem (like the outcome of a reaction). We did not filter out14

disconnected molecules, so many examples did have counterions (although our model was excluded15

from answering with non-counterion mixtures).16

For reaction prediction tasks, data was sourced the organic reaction database (ORD) with filtering to17

remove contamination. Namely, some deposited reactions in ORD are parsings of USPTO, so that care18

must be taken to not let test problems end up in the training data. Reaction strings were systematically19

parsed to standardize reactants, reagents, and products into reaction SMILES (SMARTS). Trivial20

reactions, defined by product-reactant identity, were filtered out. Named reactions, such as the21

"Diels-Alder reaction," were resampled to better class balance reaction types.22

The SMILES Completion task used data from COCONUT. Tasks were generated by randomizing23

their SMILES representations and truncating these strings to create incomplete molecular fragments -24

namely a fragment that cannot be parsed into a valid molecule by RDKit. The same COCONUT data25

was used for the IUPAC task, meaning the compounds are relatively complex for naming.26

Solubility Edit tasks drew from Chembl compounds that are small molecules and had some assay27

conducted on them. Tasks required modifying original SMILES strings to achieve specified increases28

or decreases in predicted solubility (e.g., by one logS unit). Additional constraints included maintain-29

ing high structural similarity to the original molecule, preserving the Murcko scaffold, or retaining30

specific functional groups. We used exmol’s list of functional groups for choosing these.31

Retrosynthesis tasks used a curated list of experimentally synthesizable molecules. The goal was to32

propose viable single-step syntheses for these targets. To generate these, we took the fragments from33

the mcule catalog2 and predicted products using the reaction templates from Hartenfeller et al. [1].34

Thus, we expected these to be synthesizable. A much larger catalog was used for checking proposed35

solutions (ZINC20), so that more potential reactions could lead to the products.36

1Leruli.com
2https://mcule.com/
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Multiple Choice Questions (MCQs) formed a significant dataset component, designed around molecu-37

lar properties challenging to predict computationally or intended to test nuanced chemical discernment.38

Properties included safety profiles (e.g., LD50 values, GHS classifications), pKa values, scent at-39

tributes, and ADME properties from specialized datasets. The MCQ generation algorithm began with40

calculating molecular fingerprints (ECFP4) for each molecule. Structural similarity using Tanimoto41

indices identified candidate distractors. These distractors were categorized based on their property42

similarity or dissimilarity to the target molecule — within 0.25 (0.35 for pka problems). MCQs were43

formatted either as outlier detection tasks—identifying the structurally or property-wise inconsistent44

molecule from a set—or as identification tasks pinpointing a specific property within a group of45

similar molecules. To detect dissimilar compound, like "which of the following has a higher pKa46

then X", we required a change in 10 percintile points of the given refernce compound.47

To prevent leakage, all compounds used in a question type together were excluded between train and48

test. Namely, we made a graph where each edge is when two molecules appeared in the same MCQ.49

Then ensured that the train and test subgraphs had no connections, but that we could group similar50

molecules densely enough to make questions with distractors. The smell, EveBio, and GHS tasks had51

enough compounds that this wasn’t necessary, and we just randomly split. The categorical receptor,52

GHS, and smell data MCQs were treated as multi-label. Namely, the questions were all about single53

possible labels (e.g., does it smell like fresh cut grass) and no multi-class/combination questions were54

added.55

The formula questions are generally under-specified (e.g., make a compound with formula C3H10O2),56

but they were created from real molecules (from CheMBL) to ensure they are answerable.57

2.2 Reward Function Implementation58

The reward functions were implemented using a combination of python code, remote calls, and59

database look-ups. Tasks that had an exact match, like reaction prediction or multiple choice60

prediction, the comparison was done via canonicalizing the molecule (with stereo chemistry retained)61

and string comparison. For open answer questions, like solubility edits, after checking for constraints62

and actually hitting the property target, we also tested that the molecule is plausible.63

In tasks that involve submitting a molecule that satisfies constraints, we also do a check on the64

plausibility of the molecule. See Table 1 for a list of tasks with this check. Aside from assessing if65

a molecule has valid valence, we check the ring structures and atom fragments. We first take the66

source molecules for our datasets, which is larger than 577,790 because we did not utilize 100% of67

ChEMBL or COCONUT. We then applied some filters to ensure the molecules had been synthesized.68

For example, we required 1 or more assays reported in ChEMBL or a GHS3 categorization being69

present for molecules from PubChem. The rings from these molecules were isolated using the ring70

cut method from Pat Walters [2, 3, 4]. The rings were then stored as canonical SMILES in a bloom71

filter [5]. We then isolated all molecular fragments with radius 2 (2 bonds away) from the molecules72

and converted them into bit strings similar to ECFP4 fingerprints [6]. These bit strings encode an73

atom plus its local neighborhood. The bit strings were then stored in a bloom filter. At test time74

we apply the same ring cuts and fingerprint generation to a proposed molecule. If its rings and75

fingerprints are all present in the derived bloom filters, we consider the molecule to be reasonable.76

Otherwise, it is not a reasonable molecule. We use bloom filters because they are highly memory77

efficient and fast for checking set membership.78

This approach is relatively conservative, because it requires the rings and molecular groups to have79

been present at least once in a molecule reported in our source datasets. We did experiment with hand-80

constructed rules, machine learning models, and scores like QED [7], and found them susceptible to81

reward hacks such as inserting peroxides to satisfy oxygen counts, or hydrazines to increase solubility.82

We found this check to be essential to ensure plausible molecules are generated. This check is applied83

at evaluation time as well, and is responsible for rejecting many answers when training the molecule84

completion and molecular formula tasks.85

3Globally Harmonized System of Classification and Labeling of Chemicals
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Figure 1: Science0-c reasoning trace evaluations by experts.

3 Human evaluation86

We conducted two sets of expert evaluations: 1) human baselines on a set of held-out open-ended and87

multiple-choice type questions, 2) Science0-c trace evaluations.88

For the first set of evaluations (human baselines), we recruited four expert evaluators: two with PhDs89

in organic chemistry, one with a PhD in chemical engineering, and one PhD candidate in organic90

chemistry. Evaluators were instructed to respond using only the SMILES representation of the target91

molecule, without relying on external tools for assistance in answering. However, tools for visualizing92

SMILES as chemical structures were allowed. Tasks considered impossible to accomplish without the93

use of tools were flagged by the evaluators and excluded from the final analysis. Each evaluator was94

given a set of 200 open-ended and multiple-choice questions from our held-out evaluation set, and95

was compensated $10 per question completed. Their performance is compared with Science0-c96

and other frontier models in Figure 2b.97

For the second set of evaluations, we recruited five expert evaluators: three with PhDs in organic98

chemistry, one with a PhD in chemical engineering, and one PhD candidate in organic chemistry.99

The evaluators were provided with a rubric to assess the reasoning traces generated by Science0-c100

(see Figure 1a). Each evaluator was given 15 reasoning traces and was compensated $10 per trace101

evaluation.102
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NeurIPS Paper Checklist122

1. Claims123

Question: Do the main claims made in the abstract and introduction accurately reflect the124

paper’s contributions and scope?125

Answer: [Yes]126

Justification: We claim to be contributing a reasoning model trained for chemistry on various127

common chemistry tasks that outperforms specific deep-learning models on such tasks. This128

is extensively shown and supported by our results.129

Guidelines:130

• The answer NA means that the abstract and introduction do not include the claims131

made in the paper.132

• The abstract and/or introduction should clearly state the claims made, including the133

contributions made in the paper and important assumptions and limitations. A No or134

NA answer to this question will not be perceived well by the reviewers.135

• The claims made should match theoretical and experimental results, and reflect how136

much the results can be expected to generalize to other settings.137

• It is fine to include aspirational goals as motivation as long as it is clear that these goals138

are not attained by the paper.139

2. Limitations140

Question: Does the paper discuss the limitations of the work performed by the authors?141

Answer: [Yes]142

Justification: We included Section 7 to discuss the limitations of our method and Section 6143

is clear about tasks our model does not perform too well.144

Guidelines:145

• The answer NA means that the paper has no limitation while the answer No means that146

the paper has limitations, but those are not discussed in the paper.147

• The authors are encouraged to create a separate "Limitations" section in their paper.148

• The paper should point out any strong assumptions and how robust the results are to149

violations of these assumptions (e.g., independence assumptions, noiseless settings,150

model well-specification, asymptotic approximations only holding locally). The authors151

should reflect on how these assumptions might be violated in practice and what the152

implications would be.153

• The authors should reflect on the scope of the claims made, e.g., if the approach was154

only tested on a few datasets or with a few runs. In general, empirical results often155

depend on implicit assumptions, which should be articulated.156

• The authors should reflect on the factors that influence the performance of the approach.157

For example, a facial recognition algorithm may perform poorly when image resolution158

is low or images are taken in low lighting. Or a speech-to-text system might not be159

used reliably to provide closed captions for online lectures because it fails to handle160

technical jargon.161

• The authors should discuss the computational efficiency of the proposed algorithms162

and how they scale with dataset size.163

• If applicable, the authors should discuss possible limitations of their approach to164

address problems of privacy and fairness.165

• While the authors might fear that complete honesty about limitations might be used by166

reviewers as grounds for rejection, a worse outcome might be that reviewers discover167

limitations that aren’t acknowledged in the paper. The authors should use their best168

judgment and recognize that individual actions in favor of transparency play an impor-169

tant role in developing norms that preserve the integrity of the community. Reviewers170

will be specifically instructed to not penalize honesty concerning limitations.171

3. Theory assumptions and proofs172

Question: For each theoretical result, does the paper provide the full set of assumptions and173

a complete (and correct) proof?174
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Answer: [NA] .175

Justification: Our work does not include theoretical proofs. However, the needed background176

to understand the model training is included in this manuscript.177

Guidelines:178

• The answer NA means that the paper does not include theoretical results.179

• All the theorems, formulas, and proofs in the paper should be numbered and cross-180

referenced.181

• All assumptions should be clearly stated or referenced in the statement of any theorems.182

• The proofs can either appear in the main paper or the supplemental material, but if183

they appear in the supplemental material, the authors are encouraged to provide a short184

proof sketch to provide intuition.185

• Inversely, any informal proof provided in the core of the paper should be complemented186

by formal proofs provided in appendix or supplemental material.187

• Theorems and Lemmas that the proof relies upon should be properly referenced.188

4. Experimental result reproducibility189

Question: Does the paper fully disclose all the information needed to reproduce the main ex-190

perimental results of the paper to the extent that it affects the main claims and/or conclusions191

of the paper (regardless of whether the code and data are provided or not)?192

Answer: [Yes]193

Justification: All the hyperparameters and training method are extensively described and194

included in this paper. In addition, the dataset with the data split will be available in the195

HuggingFace repository.196

Guidelines:197

• The answer NA means that the paper does not include experiments.198

• If the paper includes experiments, a No answer to this question will not be perceived199

well by the reviewers: Making the paper reproducible is important, regardless of200

whether the code and data are provided or not.201

• If the contribution is a dataset and/or model, the authors should describe the steps taken202

to make their results reproducible or verifiable.203

• Depending on the contribution, reproducibility can be accomplished in various ways.204

For example, if the contribution is a novel architecture, describing the architecture fully205

might suffice, or if the contribution is a specific model and empirical evaluation, it may206

be necessary to either make it possible for others to replicate the model with the same207

dataset, or provide access to the model. In general. releasing code and data is often208

one good way to accomplish this, but reproducibility can also be provided via detailed209

instructions for how to replicate the results, access to a hosted model (e.g., in the case210

of a large language model), releasing of a model checkpoint, or other means that are211

appropriate to the research performed.212

• While NeurIPS does not require releasing code, the conference does require all submis-213

sions to provide some reasonable avenue for reproducibility, which may depend on the214

nature of the contribution. For example215

(a) If the contribution is primarily a new algorithm, the paper should make it clear how216

to reproduce that algorithm.217

(b) If the contribution is primarily a new model architecture, the paper should describe218

the architecture clearly and fully.219

(c) If the contribution is a new model (e.g., a large language model), then there should220

either be a way to access this model for reproducing the results or a way to reproduce221

the model (e.g., with an open-source dataset or instructions for how to construct222

the dataset).223

(d) We recognize that reproducibility may be tricky in some cases, in which case224

authors are welcome to describe the particular way they provide for reproducibility.225

In the case of closed-source models, it may be that access to the model is limited in226

some way (e.g., to registered users), but it should be possible for other researchers227

to have some path to reproducing or verifying the results.228
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5. Open access to data and code229

Question: Does the paper provide open access to the data and code, with sufficient instruc-230

tions to faithfully reproduce the main experimental results, as described in supplemental231

material?232

Answer: [Yes]233

Justification: The public GitHub repository with the training and evaluation code and the234

dataset HuggingFace repository will both be made public. An anonymized code repository235

is provided in the SI.236

Guidelines:237

• The answer NA means that paper does not include experiments requiring code.238

• Please see the NeurIPS code and data submission guidelines (https://nips.cc/239

public/guides/CodeSubmissionPolicy) for more details.240

• While we encourage the release of code and data, we understand that this might not be241

possible, so “No” is an acceptable answer. Papers cannot be rejected simply for not242

including code, unless this is central to the contribution (e.g., for a new open-source243

benchmark).244

• The instructions should contain the exact command and environment needed to run to245

reproduce the results. See the NeurIPS code and data submission guidelines (https:246

//nips.cc/public/guides/CodeSubmissionPolicy) for more details.247

• The authors should provide instructions on data access and preparation, including how248

to access the raw data, preprocessed data, intermediate data, and generated data, etc.249

• The authors should provide scripts to reproduce all experimental results for the new250

proposed method and baselines. If only a subset of experiments are reproducible, they251

should state which ones are omitted from the script and why.252

• At submission time, to preserve anonymity, the authors should release anonymized253

versions (if applicable).254

• Providing as much information as possible in supplemental material (appended to the255

paper) is recommended, but including URLs to data and code is permitted.256

6. Experimental setting/details257

Question: Does the paper specify all the training and test details (e.g., data splits, hyper-258

parameters, how they were chosen, type of optimizer, etc.) necessary to understand the259

results?260

Answer: [Yes]261

Justification: Section 3 and SI Section 2.1 are transparent on how the data was obtained262

and Section 5 discusses the training procedure in detail. The dataset will be available in a263

HuggingFace repository with the used data split.264

Guidelines:265

• The answer NA means that the paper does not include experiments.266

• The experimental setting should be presented in the core of the paper to a level of detail267

that is necessary to appreciate the results and make sense of them.268

• The full details can be provided either with the code, in appendix, or as supplemental269

material.270

7. Experiment statistical significance271

Question: Does the paper report error bars suitably and correctly defined or other appropriate272

information about the statistical significance of the experiments?273

Answer: [No]274

Justification: Training LLMs is very cost-intensive, and API calls to frontier LLMs are275

expensive. We considered a large evaluation set, but did not run replicates of each task.276

Guidelines:277

• The answer NA means that the paper does not include experiments.278
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• The authors should answer "Yes" if the results are accompanied by error bars, confi-279

dence intervals, or statistical significance tests, at least for the experiments that support280

the main claims of the paper.281

• The factors of variability that the error bars are capturing should be clearly stated (for282

example, train/test split, initialization, random drawing of some parameter, or overall283

run with given experimental conditions).284

• The method for calculating the error bars should be explained (closed form formula,285

call to a library function, bootstrap, etc.)286

• The assumptions made should be given (e.g., Normally distributed errors).287

• It should be clear whether the error bar is the standard deviation or the standard error288

of the mean.289

• It is OK to report 1-sigma error bars, but one should state it. The authors should290

preferably report a 2-sigma error bar than state that they have a 96% CI, if the hypothesis291

of Normality of errors is not verified.292

• For asymmetric distributions, the authors should be careful not to show in tables or293

figures symmetric error bars that would yield results that are out of range (e.g. negative294

error rates).295

• If error bars are reported in tables or plots, The authors should explain in the text how296

they were calculated and reference the corresponding figures or tables in the text.297

8. Experiments compute resources298

Question: For each experiment, does the paper provide sufficient information on the com-299

puter resources (type of compute workers, memory, time of execution) needed to reproduce300

the experiments?301

Answer: [Yes]302

Justification: The first paragraph of our “Results” section explicitly tells the compute303

resources used to train each step of our training pipeline.304

Guidelines:305

• The answer NA means that the paper does not include experiments.306

• The paper should indicate the type of compute workers CPU or GPU, internal cluster,307

or cloud provider, including relevant memory and storage.308

• The paper should provide the amount of compute required for each of the individual309

experimental runs as well as estimate the total compute.310

• The paper should disclose whether the full research project required more compute311

than the experiments reported in the paper (e.g., preliminary or failed experiments that312

didn’t make it into the paper).313

9. Code of ethics314

Question: Does the research conducted in the paper conform, in every respect, with the315

NeurIPS Code of Ethics https://neurips.cc/public/EthicsGuidelines?316

Answer: [Yes]317

Justification: Our study does not have human subjects; all the data used is publicly available,318

and our model is being trained to mitigate safety and misuse concerns.319

Guidelines:320

• The answer NA means that the authors have not reviewed the NeurIPS Code of Ethics.321

• If the authors answer No, they should explain the special circumstances that require a322

deviation from the Code of Ethics.323

• The authors should make sure to preserve anonymity (e.g., if there is a special consid-324

eration due to laws or regulations in their jurisdiction).325

10. Broader impacts326

Question: Does the paper discuss both potential positive societal impacts and negative327

societal impacts of the work performed?328

Answer: [No]329
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Justification: We show that reasoning models are data efficient to learn chemistry-related330

tasks, which can be used to train a new model using our code for harmful purposes on a331

different dataset. This is not addressed in the main text. However, we address the potential332

negative impact of our trained model by including mitigation for safety and misuse concerns333

in our dataset.334

Guidelines:335

• The answer NA means that there is no societal impact of the work performed.336

• If the authors answer NA or No, they should explain why their work has no societal337

impact or why the paper does not address societal impact.338

• Examples of negative societal impacts include potential malicious or unintended uses339

(e.g., disinformation, generating fake profiles, surveillance), fairness considerations340

(e.g., deployment of technologies that could make decisions that unfairly impact specific341

groups), privacy considerations, and security considerations.342

• The conference expects that many papers will be foundational research and not tied343

to particular applications, let alone deployments. However, if there is a direct path to344

any negative applications, the authors should point it out. For example, it is legitimate345

to point out that an improvement in the quality of generative models could be used to346

generate deepfakes for disinformation. On the other hand, it is not needed to point out347

that a generic algorithm for optimizing neural networks could enable people to train348

models that generate Deepfakes faster.349

• The authors should consider possible harms that could arise when the technology is350

being used as intended and functioning correctly, harms that could arise when the351

technology is being used as intended but gives incorrect results, and harms following352

from (intentional or unintentional) misuse of the technology.353

• If there are negative societal impacts, the authors could also discuss possible mitigation354

strategies (e.g., gated release of models, providing defenses in addition to attacks,355

mechanisms for monitoring misuse, mechanisms to monitor how a system learns from356

feedback over time, improving the efficiency and accessibility of ML).357

11. Safeguards358

Question: Does the paper describe safeguards that have been put in place for responsible359

release of data or models that have a high risk for misuse (e.g., pretrained language models,360

image generators, or scraped datasets)?361

Answer: [No]362

Justification: The main manuscript does not discusses the safeguards used in our method.363

However, Table 1 shows that one of our tasks considers making the model safe-to-use.364

Guidelines:365

• The answer NA means that the paper poses no such risks.366

• Released models that have a high risk for misuse or dual-use should be released with367

necessary safeguards to allow for controlled use of the model, for example by requiring368

that users adhere to usage guidelines or restrictions to access the model or implementing369

safety filters.370

• Datasets that have been scraped from the Internet could pose safety risks. The authors371

should describe how they avoided releasing unsafe images.372

• We recognize that providing effective safeguards is challenging, and many papers do373

not require this, but we encourage authors to take this into account and make a best374

faith effort.375

12. Licenses for existing assets376

Question: Are the creators or original owners of assets (e.g., code, data, models), used in377

the paper, properly credited and are the license and terms of use explicitly mentioned and378

properly respected?379

Answer: [Yes]380

Justification: Every source was thoroughly referenced, and a datasheet for the dataset is381

provided below.382
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Guidelines:383

• The answer NA means that the paper does not use existing assets.384

• The authors should cite the original paper that produced the code package or dataset.385

• The authors should state which version of the asset is used and, if possible, include a386

URL.387

• The name of the license (e.g., CC-BY 4.0) should be included for each asset.388

• For scraped data from a particular source (e.g., website), the copyright and terms of389

service of that source should be provided.390

• If assets are released, the license, copyright information, and terms of use in the391

package should be provided. For popular datasets, paperswithcode.com/datasets392

has curated licenses for some datasets. Their licensing guide can help determine the393

license of a dataset.394

• For existing datasets that are re-packaged, both the original license and the license of395

the derived asset (if it has changed) should be provided.396

• If this information is not available online, the authors are encouraged to reach out to397

the asset’s creators.398

13. New assets399

Question: Are new assets introduced in the paper well documented and is the documentation400

provided alongside the assets?401

Answer: [Yes]402

Justification: Our code is open source and well-documented and our dataset and its dataset403

card are available.404

Guidelines:405

• The answer NA means that the paper does not release new assets.406

• Researchers should communicate the details of the dataset/code/model as part of their407

submissions via structured templates. This includes details about training, license,408

limitations, etc.409

• The paper should discuss whether and how consent was obtained from people whose410

asset is used.411

• At submission time, remember to anonymize your assets (if applicable). You can either412

create an anonymized URL or include an anonymized zip file.413

14. Crowdsourcing and research with human subjects414

Question: For crowdsourcing experiments and research with human subjects, does the paper415

include the full text of instructions given to participants and screenshots, if applicable, as416

well as details about compensation (if any)?417

Answer: [Yes]418

Justification: Our study does not primarily involve crowdsourcing nor research with human419

subjects, but does pay a small number of human chemists to determine baseline accuracy on420

the problems being considered. Details on their compensation and instructions are included421

in SI Section 3.422

Guidelines:423

• The answer NA means that the paper does not involve crowdsourcing nor research with424

human subjects.425

• Including this information in the supplemental material is fine, but if the main contribu-426

tion of the paper involves human subjects, then as much detail as possible should be427

included in the main paper.428

• According to the NeurIPS Code of Ethics, workers involved in data collection, curation,429

or other labor should be paid at least the minimum wage in the country of the data430

collector.431

15. Institutional review board (IRB) approvals or equivalent for research with human432

subjects433
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Question: Does the paper describe potential risks incurred by study participants, whether434

such risks were disclosed to the subjects, and whether Institutional Review Board (IRB)435

approvals (or an equivalent approval/review based on the requirements of your country or436

institution) were obtained?437

Answer: [NA]438

Justification: Our study does not involve crowdsourcing nor research with human subjects.439

Guidelines:440

• The answer NA means that the paper does not involve crowdsourcing nor research with441

human subjects.442

• Depending on the country in which research is conducted, IRB approval (or equivalent)443

may be required for any human subjects research. If you obtained IRB approval, you444

should clearly state this in the paper.445

• We recognize that the procedures for this may vary significantly between institutions446

and locations, and we expect authors to adhere to the NeurIPS Code of Ethics and the447

guidelines for their institution.448

• For initial submissions, do not include any information that would break anonymity (if449

applicable), such as the institution conducting the review.450

16. Declaration of LLM usage451

Question: Does the paper describe the usage of LLMs if it is an important, original, or452

non-standard component of the core methods in this research? Note that if the LLM is used453

only for writing, editing, or formatting purposes and does not impact the core methodology,454

scientific rigorousness, or originality of the research, declaration is not required.455

Answer: [Yes]456

Justification: Our study involves training LLMs, and LLMs were used in important steps of457

our method. All LLM used is well-described in Section 5.458

Guidelines:459

• The answer NA means that the core method development in this research does not460

involve LLMs as any important, original, or non-standard components.461

• Please refer to our LLM policy (https://neurips.cc/Conferences/2025/LLM)462

for what should or should not be described.463
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