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(a) 8 solutions
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(b) 12 solutions
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(c) 20 solutions
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(d) 30 solutions

Figure 1: Results of using different number of K.
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(a) Das-Dennis initialization
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(b) Half-space preference initialization
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(c) Truncated Normal Preference
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(d) Truncated Normal distribution

Figure 2: Comparison of using different initialization.

0.0
0.1

0.2
0.3

0.4
0.50.60.7

f1

0.0
0.1

0.2
0.3

0.4
0.5

0.6
0.7

f2

0.0

0.2

0.4

0.6

0.8

1.0

f 3

(a) UMOD
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(b) AWA
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(c) MOEA/D
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(d) NSGA3
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(e) SMS-EMOA

Figure 3: Comparison of using different methods on DTLZ5.
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(a) UMOD
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(b) AWA
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(c) MOEA/D

0.0
0.1

0.2
0.3

0.4
0.5

0.6
0.7

0.8

f 1

0.0

0.2

0.4

0.6

0.8

f2

0.0

0.2

0.4

0.6

0.8

1.0

f3

(d) NSGA3
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Figure 4: Comparison of using different methods on DTLZ6.
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Figure 5: Results on F1.
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(a) Preference opt. (ZDT1)

0 100 200 300 400 500 600 700 800
Epoch

0.00

0.05

0.10

0.15

0.20

0.25

PF
L 

Lo
ss

(b) PF fitting on ZDT1.
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(c) Preference opt. (DTLZ2).
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(d) PF fitting on DTLZ2.

1


