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https://github.com/opendilab/LightZero/blob/main/zoo/classic_control/cartpole/config/cartpole_muzero_config.py
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4 from lzero.entry import train_muzero

5 train_muzero([main_config, create_config], seed=0, max_env_step=int(le5))
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from lzero.entry dimport train_muzero_with_gym_env
train_muzero_with_gym_env([main_config, create_config], seed=0,
max_env_step=int(le5))
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Continuous Intergration (CI) Settings
algo_overview The framework overview figure of algorithms
assets A benchmark  The visualization figures of all the benchmarks
Benchmark, visualization and documents | paper notes  The detailed d of all the impl d algorithms
’_ config The Meta information for LightZero package
\ entry The training and evaluation entry of each algorithm
LightZero | ~
__________________________ H envs The env wrapper and related utilities
lzero = mets The procedure of Monte Carlo Tree Search and the way it interacts with the Policy
Algorithm Implementation model The structure of neural network used in LightZero
policy The core of LightZero algorithm, including the learn/collect/eval part of policy
e worker The worker for runtime execution, including evaluator and collector
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https://aicarrier.feishu.cn/wiki/YHjwwGZlCi15Ufkdz9ec861BnMh#part-CWGBdVghPobmP3x4q9vcHqVDnjh
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MuZero
EfficientZero
Algorithm Integration

Sampled MuZero

AlphaZero

Gumbel MuZero

Algorithm Integration Stochastic MuZero

MuZero Unplugged

LightZero Roadmap

2048 ( a puzzle game)
Applications Gomoku

Go ( Dagger mode )
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