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In this supplementary material, we elaborate on the MLLMs prompting details in Section 1. We1

further illustrate the annotation instructions in Section 2. Then, some visualization examples are2

provided in Section 3. Limitations and social impact are introduced in Section 4.3

1 MLLMs Prompting Details4

The evaluation prompts for MLLMs are listed in Table 1 and 2. Although we attempted to maintain5

consistency across models, slight variations were necessary due to differing prompting requirements.6

The proprietary models (GPT-4o and Gemini-2.0-Flash) were accessed on April 25, 2025.7

2 Annotation Instructions8

The instructions provided to annotators are included below. We take the relationship annotation of9

the News partition as an example, while other partitions have different visual correspondences.10

3 Visualization11

Figure 1, 2, 3, 4 and 5 provide several relevant examples of different partitions from MUVR, with a12

text description of the query video and the tag of each video.13

4 Limitations and Social Impact14

Limitations. MUVR relies on human annotators to annotate videos with rich semantics. Despite15

strict guidance for annotators and multiple rounds of validation during the annotation process, there16

may still be minor annotation errors. Besides, MUVR focuses on visual and textual modalities,17

leaving out other potential modalities such as audio, which could further enrich the retrieval task.18

Despite these limitations, we believe MUVR offers a robust foundation for advancing research in19

video retrieval, and its design allows for future extensions to address these gaps.20

Social Impact. The development of MUVR has potential positive implications for improving21

video search and recommendation systems, enhancing user experience on video-sharing platforms.22

By enabling more accurate and fine-grained retrieval, our work could facilitate better access to23

educational, informational, and entertainment content.24
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Table 1: Format of the text prompts used by MLLMs for one-stage text query-only comparison.
<Target Video>: format as ‘Frame1: <image>\nFrame2: <image>\n...Frame6: <image>\n’.

Model Text Prompt

InternVL2[1] I will give you a text query and a video: [Query] and [Target]. Please determine
whether any part of [Target] is slightly relevant to any part of [Query]. I will
also provide [Tag] that [Target] (if relevant) must feature it.\n[Query]:\n{Text
Description}\n[Target]:\n<Target Video>\n[Tag]:\n{Tag Prompt}\n[Output]:\n
If slightly relevant, return Yes. If not, return No.

InternVL2.5[2] I will give you a text query and a video: [Query] and [Target]. Please determine
whether any part of [Target] is slightly relevant to any part of [Query]. I will
also provide [Tag] that [Target] (if relevant) must feature it.\n[Query]:\n{Text
Description}\n[Target]:\n<Target Video>\n[Tag]:\n{Tag Prompt}\n[Output]:\n
If slightly relevant, return Yes. If not, return No.

MiniCPM-o 2.6[3] Please determine whether any part of the video is slightly relevant to any part
of [Query]. I will also provide [Tag] that the video (if relevant) must feature
it. [Query]: {Text Description}\n[Tag]: {Tag Prompt}\n If slightly relevant,
return Yes. If not, return No.

MiniCPM-V 2.6[4] Please determine whether any part of the video is slightly relevant to any part
of [Query]. I will also provide [Tag] that the video (if relevant) must feature
it. [Query]: {Text Description}\n[Tag]: {Tag Prompt}\n If slightly relevant,
return Yes. If not, return No.

LLaVA-NeXT-Video[5] Please determine whether any part of the video is slightly relevant to any part
of [Query]. I will also provide [Tag] that the video (if relevant) must feature
it. [Query]: {Text Description}\n[Tag]: {Tag Prompt}\n If slightly relevant,
return Yes. If not, return No.

LLaVA-OV[6] Please determine whether any part of the video is slightly relevant to any part
of [Query]. I will also provide [Tag] that the video (if relevant) must feature
it. [Query]: {Text Description}\n[Tag]: {Tag Prompt}\n If slightly relevant,
return Yes. If not, return No.

LLaVA-Video[7] Please determine whether any part of the video is slightly relevant to any part
of [Query]. I will also provide [Tag] that the video (if relevant) must feature
it. [Query]: {Text Description}\n[Tag]: {Tag Prompt}\n If slightly relevant,
return Yes. If not, return No.
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Table 2: Format of the text prompts used by MLLMs for one-stage multi-image comparison. <Query
Video>/<Target Video>: format as ‘Frame1: <image>\nFrame2: <image>\n...Frame6: <image>\n’.
†: using additional mask prompt.

Model Text Prompt

InternVL2[1] I will give you a video query and a video target: [Query] and [Target]. Please
determine whether any part of [Target] is slightly relevant to any part of [Query]
or [Focus]. I will also provide [Tag] that [Target] (if relevant) must feature
it.\n[Query]:\n<Query Video>\n[Target]:\n<Target Video>\n[Focus]\n{Text
Description}\n[Tag]:\n{Tag Prompt}\n[Output]:\n If slightly relevant, return
Yes. If not, return No.

InternVL2.5[2] I will give you a video query and a video target: [Query] and [Target]. Please
determine whether any part of [Target] is slightly relevant to any part of [Query]
or [Focus]. I will also provide [Tag] that [Target] (if relevant) must feature
it.\n[Query]:\n<Query Video>\n[Target]:\n<Target Video>\n[Focus]\n{Text
Description}\n[Tag]:\n{Tag Prompt}\n[Output]:\n If slightly relevant, return
Yes. If not, return No.

MiniCPM-o 2.6[3] Please determine whether any part of <Target Video> is slightly relevant to
any part of <Query Video> and [Focus]. I will also provide [Tag] that <Target
Video> (if relevant) must feature it. [Focus]: {Text Description}\n[Tag]: {Tag
Prompt}\n If slightly relevant, return Yes. If not, return No.

MiniCPM-V 2.6[4] Please determine whether any part of <Target Video> is slightly relevant to
any part of <Query Video> and [Focus]. I will also provide [Tag] that <Target
Video> (if relevant) must feature it. [Focus]: {Text Description}\n[Tag]: {Tag
Prompt}\n If slightly relevant, return Yes. If not, return No.

VideoRefer[8] Here are two videos with same length. Is any part of the first video query
slightly relevant to any part of the second video? {Text Description}\n If true
and {Tag Prompt}, return Yes. Else, return No.

VideoRefer†[8] Here are two videos with same length. Is any part of the first video query
slightly relevant to any part of the second video? {Text Description}\n If true
and {Tag Prompt}, return Yes. Else, return No.

Gemini-2.0-Flash[9] Is any part of the first video query slightly relevant to any part of the second
video? {Text Description}\n If true and {Tag Prompt}, return Yes. Else, return
No.

GPT-4o[10] Here are two videos with same length. Is any part of the first video query
slightly relevant to any part of the second video? {Text Description}\n If true
and {Tag Prompt}, return Yes. Else, return No.
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Figure 1: Visualization of three relevant videos on the News partition.

Figure 2: Visualization of three relevant videos on the Region partition. The third video comes from
a computer game and brings more challenges.
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Figure 3: Visualization of three relevant videos on the Instance partition. The different forms of
mobile phones and their small proportion on the screen pose challenges.

Figure 4: Visualization of three relevant videos on the Dance partition. The interference of back-
ground, characters, and the number of people poses a huge challenge to action-level retrieval.
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Figure 5: Visualization of three relevant videos on the Others partition. This type of video is created
based on common popular elements and video styles, with rich semantic information.
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