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In this supplementary material, we provide more ablation studies
and visualizations omitted in our main paper due to limits on paper
length, including

e Section 1: Additional ablation studies.

e Section 2: Qualitative results.

As in the main paper, all ablation studies and visualization results
in this supplementary file are conducted on the domain adaption
case of Waymo — KITTIL, using SECOND-IoU as the 3D detection
backbone.

1 ADDITIONAL ABLATION STUDIES.

Sensitivity Analysis of pseudo labels’ confidence threshold.
As shown in Table 1, we investigate the effect of different confidence
thresholds c;j, on pseudo-label generation, as described in Equation
(2) of our main paper. Our results indicate that the proposed method
achieves optimal performance when c;j, is around 0.6. Notably, if
c;p, is even larger, the performance decreases significantly. This
is because a larger c;j;, reduces the number of positive examples
available for self-training. Conversely, decreasing c;j, leads to an
excess of positive examples, which can introduce more errors into
the training process and ultimately harm model performance.
Extend CMT to Multiple Categories. For autonomous driv-
ing vehicles, detecting cyclists on the road is crucial. Fortunately,
CMT can be easily and effectively extended to other classes. As
shown in Table 1, CMT improves cyclist detection performance
to 54.38% in AP3p, surpassing previous state-of-the-art methods.
Compared to ST3D++, our approach achieves a 0.97% gain. These

improvements demonstrate the consistent effectiveness of CMT for
cyclist detection.

2 QUALITATIVE RESULTS

Figure 1 presents qualitative results of cross-domain adaptation,
demonstrating the effectiveness of our CMT in improving adap-
tation performance. Compared to Source Only and ST3D, which
produce some negative predictions, CMT generates clean and more
accurate predictions. This improvement is attributed to the stable
and adaptive pseudo supervision provided by CMT to the detector.

Table 1: Performance under different confidence thresholds
Cth

¢;:n | APgey  AP3p

0.4 | 83.18 68.78
0.5 | 8347  66.53
0.6 | 85.19 72.07
0.7 | 80.95 65.32
0.8 | 71.18  56.25

Table 2: Performance under different confidence thresholds
Cth

Methods ‘ Source Only SN
AP3p ‘ 43.84 4143  46.09 53.43 54.38

ST3D ST3D++ Ours

59
60

61

63

64

65

66

67

69

70

71

72

73

74

75

77

78

79

80

81

82

83

84

85

86

87

88

89

90

92

93

94

95

96

97

98

99

100

101

102

103

104

106

107

108

109

110

111

112

113

114

115

116



117
118
119
120
121
122
123
124
125
126
127
128
129
130
131
132
133
134
135
136
137
138
139
140
141
142
143
144
145
146
147
148
149
150
151
152
153
154
155
156
157
158
159
160
161
162
163
164
165
166
167
168
169
170
171
172
173
174

ACM MM, 2024, Melbourne, Australia

Source Only

ST3D++

Figure 1: Qualitative results of Waymo — KITTI adaptation task.
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