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Figure 9: More images generated by ResNet50/Imagenet

14



756
757
758
759
760
761
762
763
764
765
766
767
768
769
770
771
772
773
774
775
776
777
778
779
780
781
782
783
784
785
786
787
788
789
790
791
792
793
794
795
796
797
798
799
800
801
802
803
804
805
806
807
808
809

Under review as a conference paper at ICLR 2025

Figure 10: More images generated by DINOv2/LVD-124M



810
811
812
813
814
815
816
817
818
819
820
821
822
823
824
825
826
827
828
829
830
831
832
833
834
835
836
837
838
839
840
81
842
843
844
845
846
847
848
849
850
851
852
853
854
855
856
857
858
859
860
861
862
863

Under review as a conference paper at ICLR 2025

Method Quality sco

MTT
ResNet18
TinylmageNet
Dataset distillation
CVPR 2022

0.00097

JEM
WideResNEt 28-10
CIFAR10
Energy-Based
Neurips 2020

0.00376

Robust Classifier
WideResNet 28-10
CIFAR10
Discriminative
generation
Neurips 2019

0.02398

DFG
vIT
LvVD-142M

0.0678

Figure 11: Comparison between other benchmarks and DFG (ours). The quality metric is derived
from Q-align, which allows for a unified quality score to be measured across different datasets.
In the second row, JEM represents a generative model, while the remaining rows correspond to
discriminative models.

Ay 4 Ay Ary
Diffusion model Vi log / K (o, u) du Vi, log /\4 K(ar,u) du V., log / d(z,u) du Vi, log /M K(xr_1,u)du
M i M
X0 —p X1 Y X2 ———mpmmmm=====- —_ XT
A A A A
pFa V., / d(zo,u) du Ve /M dler,u)du V“/Md(“'“) du Ver, /,Md('r"'fl-“)du
M

Figure 12: comparison between diffusion model and DFG. Both methods actually solves same pro-
cedure. As the probability can be seen as the limite case of Kernel Density estimation, in can be
write as V., log [, K (z,u)du
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seed

Without seed

With seed &.
4

Figure 13: In-depth analysis of robust classifier (neurips 2019). (Top) examples of seed, an initial-
ization point generated by GMM (middle) examples generated without seed, resulting only noise

(Bottom) examples generated with seed.

Figure 14: An example of different weighting function. The photos are generated by cross-entropy

weighting function.

-
Concept 8 (Importance 39%)

\.

J

-
Concept 1 (Importance 24%)

Concept 9 (Importance 5%)

Figure 15: An example of Feature Visualization. The figure is from https://serre-lab.github.io/Lens/
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