........................... os N EN EN EN EN EN BN BN B By

- R S
Hypernet Inputs ‘1 Hypernet \I
8 o |
. Context - emssssssssas . I
: o . Output o
: .:.‘Cl:': : :@ e .E: E V,)\,Q,B,O[,R _:l
E E [ e =<
. 1o ' Parameters for g2 1
. Filtered | | . We, I
: predictions! ! -1 l 1
: 1 : o |
u(r), () L .
’.,-.“’ 1 “ . ou 7] gs (/J,(tl), E(tl); WC1) I
:-l‘ ------- : : E I
:_ Dynamics : t: . ) .I\ !
» update times 1 2 Time RIS Y
s s s mEEEEEEEEEEEEEEEEEEEEEE .* - e e o o Em o o =m mm

Figure 1: Hypernet module. The DNN g; is parametrized by a learnable pa-
rameter O, and maps each context C; to W, a parametrization for go. When
a dynamics update is required, the DNN go maps the current state prediction
(after filtration) to a new set of dynamics parameters, using We,. As depicted,
the dynamics parameters may update more often than the context.



