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Figure 6: Monthly Gini index for tags on the number of art-
works associated with the tag.

A ETHICS

This study is approved by the institutional review board (IRB). All
the data used in this paper is publicly available to any ordinary Pixiv
user. Personal information may be present in user profiles, but it is
important to note that it is the user who voluntarily provided and
chose to make it public. We do not analyze any specified user nor do
we attempt to link these Pixiv accounts to real personal identities.
Instead, we aggregate the data to gain a high-level understanding.

Furthermore, it is worth noting that our analysis does not in-
volve using artwork (images) created by Pixiv users for either data
analysis or machine learning model training. Instead, we rely on
metadata such as tags, views, and bookmarks. Again, we emphasize
that we do not perform analysis on any specific artwork, and only
aggregate the data to gain an overall understanding. This approach
ensures that we do not prejudice the interests of creators.

B TAGS
B.1 Excluded Tags

When analyzing tags, we exclude two types of tags that contain
meta-information, which can affect our analysis. The first type is
Al-generated related tags, and the excluded tags are listed in Table
1. The second type includes tags that explicitly display the number
of bookmarks, such as "10000users A ) ", indicating that the tagged
artwork has more than 10000 bookmarks. Therefore, we exclude
all tags with "users A ") ". In Section §6.2, our focus is on popular
themes. Recall, tags are free-text. To eliminate the impact of tags
that are seldom used, we only consider tags that are associated with
at least 0.01% of the Al-generated or human-generated artworks.

Al Al-generated Alart Alartist
Alartwork Aldrawing A7 — bk A4 5 A b
A7 T AIfERK AT{F(H] AVERR
AT[E{RAE R AT ATfAH & AT[H]

Ai AiArt Aif 5 A Ailf]

NOVELAI NovelAl NovelAlDiffusion  Novel Aldiffusion
NovelAi NovelAiDiffusion  StableDiffusion WaifuDiffusion
discodiffusion novelAl novelaidiffusion stable-diffusion
stable_diffusion  stablediffusion waifudiffusion

1) {54 BRAT TAEEMEEISIEJF 2 AT

Table 1: Excluded Al-related Tags

B.2 Tag Rankings

We calculate monthly rankings for tags. Table 2 displays the top 90
tags for 2022-04, 2022-07, 2022-10, 2023-01, and 2023-04. The
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Figure 7: Rrmale V- RTfemale for the top 1000 tags.

numbers in parentheses indicate the change of the rank.
Caution: The table contains explicit sexual words.
For transparency, we decide to present the tags in their original
form.

B.3 Tag Classification

(1) Choose two sets of ground truth tags, labeled as S; and Sj.

(2) Calculate the percentage of artworks that have tags in S;
and Sy, respectively, out of all artworks. These percentages
are denoted as Py and P».

(3) For each individual tag T, calculate the percentage of art-
works that have tags in S; and S, respectively, out of all
artworks that have T. These percentages are denoted as
PT] and PT2.

(4) Calculate the ratios Ry = Pr1/P1 and Rry = Pry/Ps.
Intuitively, if Rrqy > 1, this means that tags in S; appear more
frequently in artworks with tag T than average, indicating a higher
likelihood of similarity in type. The same applies for Rr,. Now we
classify tags into male-tags and female-tags. We choose

® Smale = {’%Oj?’, TRy, A boy’,’> 3 7%}

° Sfemale = {’ﬁ‘@jﬁ—’, wUHEA, Y, “girl’}
We then calculate Ry, q1e and Ry female for each tag in the top 1000
tags. For a tag T, if Rrmate > 1 and Ry femate < 1, we classify it
into male-tags. If Rrpmqje < 1and Ry female > 1, we classify it into
female-tags. The result is plotted in Figure 7.
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2022-04 2022-07 2022-10 2023-01 2023-04
Rank

1 RIS R-18 (=) R-18 (=) R-18 (=) R-18 (=)

2 AUV F T F (=) F T F (=) DT (+1) DT (=)

3 KOT DT (=) DT (=) F L (1) FU (=)

4 i I (<) I (<) Bo i (+1) 3L (+1)

5 Boldu Foldw (=) Bo i (=) B3 (+1) B v 1)

6 A3k 452k (=) EA (+2) =1l (-2) 21l (=)

7 AIE Jtil (+2) Jtil =) 49 A (+1) Yl (+5)

s Hi EENO] 19 A (2) J (1) Jtl (=)

9 JEM K (+27) B A2 (new) AIF (+2) girl (+5)

0 THers AlfF (-3) o) (+13) v (=) = (=)

11 7X—F % 1L YouTuber 73— F L YouTuber (=) AfF (1) GenshinImpact (+7) 15 A (-4

12 IRETITF 4= —E— KB T 4T (+1) Yz (+10) iz (=) 2B (+26)

13 L= T 7 (-3) I (+2) INZ—=H =L (+74) T =T —=H47 (+3)
14 Rrey RIRT YT A== —(-2) T (1) girl (+5) GenshinImpact (-3)
15 Hg H5 (=) 7X—F 1L YouTuber (-4) A7 E (+6) BIF (-6)

16 e VTuber (+2) TN =T =917 (+9) TL—=T—H47 (=) RO 1] (+6)
17 fanart GenshinImpact (+7) AB T 47 (-5) ¥—F % )L YouTuber (-2) RO 5 2B D (+14)
18 VTuber KT ED (4) GenshinImpact (-1) HT (-5) KA (+5)

19 Ll ) *UFEYI (=) girl (+5) Ae 47 (-2) JEFL (+1)
20 i fanart (-3) UTIT ) T 4= = —(6) I (+2) IR (+22)
21 =] ™2l (-5) RrEY (3) VTuber (+2) i Lo FL (+16)
22 girl Pz (-2) 151 (+8) SRR 711 (+55) TN T (+17)
23 R-18G w (-2) VTuber (-7) KE (+4) 73— )L YouTuber (-6)
24 Genshinlmpact girl (-2) X T (-5) TFa 7 (-10) AE S5 AT (-5)
25 illustration TN =T =47 (+4) R-18G (+1) FU %I (1) R-18G (+1)
26  a4HY R-18G (-3) fanart (-6) R-18G (-1) VTuber (-5)
27 3DCG 247 (1) KT (-18) 1255 &+ %5 <! (new) o (-9
28 illustration (-3) 7 H(-7) RRT YT A== —(-8) VR T VT A= == (=)
29 3DCG (-2) illustration (-1) fanart (-3) R EL (14)
30 135 (+1) 47 (-3) L /jProject (+1) 3DCG (+5)
31 TE ) (3) T /i Project (+2) JREED 5 2 D D (+44) T+ )
32 SEBY (+118) TE ) (1) ™ U (-4) 52 (+26)
33 40 }Project (=) 3DCG (-4) illustration (-4) ™2 (1)
34 I2C AL (+6) Fate/GrandOrder (+1) A (4) fanart (-5)
35 Fate/GrandOrder (+4) FGO (+2) 3DCG (-2) + % w5 (-10)
36 EEX (49) OC (+3) TE ) (-4) Hie oAzt (+47)
37 FGO (+1) loli (+48) i FoogL (+22) L (+6)
38 original (-8) HE (+13) FhAr (+26) T (+22)
39 Fate/GrandOrder OC (-2) FHE (+9) T T I (+1) BlueArchive (+66)
40 IZL3Ac hololive (+2) T T Ay (+15) Fate/GrandOrder (-6) illustration (-7)
41 HoT 32457 3249 () F 5 (3) loli (+13)
42 hololive BT (-7) hololive (-2) HIHR (+12) HEZ (+431)
43 faHR W& 2 7 (+8) original (-5) L (+3) sexy (+55)
44 fon anime (+3) FT =T (+78) FGO (-9) anime (+9)
45 HH 75 1 Y= (+133) anime (-1) hololive (-3) /5 Project (-15)
46 T=UFAY WA E F5 5 (-1) i L (+21) BT (+2) 7 E ) (-10)
47 anime HEHOT (-6) WE2 7 (49 original (-4) SEBY (+32)
48 furry F7 (-5) HOT (1) 0C (-12) H&(7)
49 SPYXFAMILY i 21 (-5) HHE (13) i (-10) fi9 (=)

50 AR T—=7F 4 (-4) JETT (-8) 9 3 & (new) hololive (-5)

51 &7 HE (+1) N (-2) 945 (-10) ¥ = (+38)

52 A furry (-4) pixiv7 7> ¥ ¥ 7SOZ (new) A4 E SV (new) original (-5)

53 BNt ] 9 BT (+3) KEDBELL (new) anime (-8) Fate/GrandOrder (-13)

TARLZAY— . N

S L ox sy % VOCALOID (+13) HIHR (+2) loli (-17) a4 A (-20)

55 art T T 77 (+33) furry (-3) AEER (new) JK (+46)

56 IBOT HIAR -6) Jilt (+2) furry (-1) cute (+18)

57 It UL (+3) W H #57 (-11) W H 574 (=) FGO (-13)

58 >3y JiE (1) I (+45) £5Z (+20) Realistic (new)

59 L Vtuber (+4) fie Lo (+19) LHb (+8) INZ =TI =L (-46)
60 L ST (7) 239 (+6) LT (+36) HOT (14)

61 RS nL XA BT (+32) BTN (1) 2 (+2) pixiv4H o> 51 (+32)
62 commission TA=LL = (+6) T=7+ 4 (12) 239 (2) i (+20)

63 Vtuber art (-8) 2 (+12) fEoh (12) 945 (12)

64 JH : j LA_'LL : ;}Z s (100  FED A (+47) T—=7F+ 4 (2) 2 3)

65  nsfw  (new) I HDT (-12) T 7YY= (+20) HHH (+20)

66 AAHV! 237 (8 2L AL (32) EHE 17) JiFE (+10)

67  VOCALOID Hii L (-8) LHLbH (v24) I HDT(-2) Trr Y= (2)
68 TA=LL = RN L XA (7) art (-5) JEEET (-18) A5l (+9)

© D commission (7) TIE T ) EEVED ew) BBES (10)
70k TRt (+7) ONEPIECE (+83) ISLBAL (4 WIE A5 (-13)

7 ANAT I — 3D (-2) VOCALOID (-17) 27 (+1)

72 N=—F—i nsfw (-7) BAZ (1) OC (-24)

73 407 a4 AT ik (+3) [ (+22)

74 cute T T — b (+4) B CNL XA (-6) cute (+8) furry (-18)

75 [T R2E R L (+7) HEED 3. & D (+38) S 727N (-14) A AR (+24)

76  oc Wi (+7) T A= L =2 (-14) i\ (-20) JEIET (-8)

77 Tuted SPYXFAMILY (-28) JEEE D 131 (+10) Al (+13) 3D (+3)

78 TrrT—hk fi L. (-3) 452 (+60) VOCALOID (-7) BNZ (+10)

79 i TN FLF T T — (+6) filtF (+40) S e (+5) LT (new)
80 SRk A oc (-4) commission (-11) 3D (+20) Breasts (new)

81 57547 drawing (+3) T E— A (+88) B (+37) T (+3)

82 & NTR (+16) cute (+15) Wi (+31) S T2BN (1)

83 iy sexy (+21) 2L vY - T—%=2)—(mew) koK (new) 237 (-21)

84  drawing URAINE (+5) SEDY (52 UL (+2) SRS (+49)

85 ANV FLFYIII— loli (+11) T Y= (+4) 1 (-27) F152 (+18)

86 DEES EERS) WL (-29) T A= L = (-10) 2 (-23)

87 ¥k k& 1 (+22) IR=—=H— L (+61) art (-19) T— 734 (-23)
88 TLTH 4737 (-15) JE (+7) BT (-16) FBHLE7)

89 ZURAIE Ty Y= (+8) G (+39) ¥ = (+26) IX2Y (+20)

90 Lbhih JRLHEE (+9) AL (new) Fr =7 (-46) ICL @A L (20

Table 2: Monthly ranking of the top 90 tags.
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