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Why Model Editing?

How language model store the knowledge?
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U How language model store the knowledge?
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Transformer Feed Forward Layers Are KeyValue Memories. (EMNLP 2021) NLp
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U FFNstoresthe fact knowledge

Feed Forward

computation e . L
p \ y = softmax(Ex;").
/ 0, 0 p! = softmax(Ex‘f)
o, = FFN'(x;) '-'~ g
—0 ¢ ¢ pt = softmax(E%;").
X; = X; +0;

— Ex‘ = FEx! +

Residual Network \

an additive update in the vocabulary space

(ML 2
NLP

,f'«,%ffz(:fﬁ Transformer Feed Forward Layers Build Predictions by Promoting Concepts in the Vocabulary Space. (EMNLP 2022)
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U FFNstoresthe fact knowledge
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Sub-update top-scoring tokens

vigis Measurement semantic
GPT2 vi900 WH-relativizers syntactic

Vaio1 Food and drinks semantic

kg, percent, spread, total, yards, pounds, hours
which, whose, Which, whom, where, who, wherein

drinks, coffee, tea, soda, burgers, bar, sushi

vi  Pronouns syntactic

WIKILM 6 -~ Adverbs syntactic

Her, She, Their, her, she, They, their, they, His

largely, rapidly, effectively, previously, normally

Visie Groups of people semantic policymakers, geneticists, ancestries, Ohioans

j},(;ﬁ Transformer Feed Forward Layers Build Predictions by Promoting Concepts in the Vocabulary Space. (EMNLP 2022)
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(:Ue, ye). Edit sample . '
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0. — .
fg (ﬂ;) lf S O(ﬂ;e, yE) r Donald Trump Donald Trump
Joe Biden x Joe Biden \/
A In-scope Input “Oo X with the same semantics as the edit description
E.g..© - Whois the president of United States ?
A Out-scope Input 0 ® ¥ unrelated to the edit description
E.g..© - Why is the sky blue? m
NLP
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71

U Evaluation Metric

144

Reliability:
Who is the current president of the US?

Emé,yéw{(me,ye)}ﬂ {argmaxy fee (y | xg) = y::!}

Generalization:

Who currently holds the office of President of the United States?
’ /
Em’e,yng(we,ye) 1 {argmaxy fee (y | .276) = ye}

Locality:

Why is the sky blue?

Eot yinOene) L {fo. (| e) = fo (y | zt) }
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U A simple classification

of current methods



