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1 USER STUDIES

Different init + LucidDreamer | Preference Percentage
Sphere 3.2%
Point-E 4.0%
Shap-E 4.8%
Ours 88.0%

Table 1: Preferences for different initialization + Lucid-
Dreamer [2].

Our init + rendering optimization | Preference Percentage
DreamGaussian 2.8%
GaussianDreamer 31.6%
LucidDreamer 65.6%

Table 2: Preferences for our initialization + different render-
ing optimization methods.

We conduct the user studies based on a survey involving 50 partici-
pants, and 20 prompts with their corresponding 3D scene options.
These scenes are generated using four initialization methods based
on LucidDreamer [2], including Sphere, Point-E [3], Shap-E [1], and
Ours. As shown in Tab. 1, 3.2% of the participants preferred scenes
generated by Sphere initialization, 4% preferred those by Point-E
initialization, 4.8% preferred Shap-E initialization, and a significant
majority of 88% preferred scenes generated by Our initialization.
Most participants think our initialization methods can provide the
best generation results.

Furthermore, we also compare the different rendering optimiza-
tion methods based on our initialization methods with DreamGaus-
sian [4], GaussianDreamer [5], or LucidDreamer [2]. As demon-
strated in Tab. 2, 2.8% of the participants favored scenes generated
by DreamGaussian, 31.6% preferred GaussianDreamer, and 65.6%
favored LucidDreamer. In conclusion, in most scenes, the users
preferred our initialization with LucidDreamer.

2 MORE VISUAL RESULTS

From Fig. 1 to Fig. 8, we provide more visual comparisons of differ-
ent initialization methods based on LucidDreamer [2].

From Fig. 9 to Fig. 12, we provide more visual comparisons of dif-
ferent rendering optimization methods based on our initialization,
including DreamGaussian [4], GaussianDreamer [5], and Lucid-
Dreamer [2].
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Sphere
+LucidDreamer

Shap-E Point-E
+LucidDreamer

+LucidDreamer

Ours
+LucidDreamer

= |
S

“a humanoid banana sitting at a desk doing homework.”

“A knight is setting up a campfire.”

Figure 1: Visual comparison of different initialization methods based on LucidDremer [2].
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smartphone.”

Figure 2: Visual comparison of different initialization methods based on LucidDremer [2].
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“Two owls playing tic-tac-toe with sticks and stones.” “A stylish fox typing on a vintage typewriter.”

Figure 4: Visual comparison of different initialization methods based on LucidDremer [2].
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“A robot single-handedly lifting a basketball.” “a koala wearing a party hat and blowing out candles.’

Figure 5: Visual comparison of different initialization methods based on LucidDremer [2].
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Sphere
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“a squirrel gesturing in front of an easel showing colorful pie
charts.”

“Two llamas wearing bow ties and playing chess.’

Figure 6: Visual comparison of different initialization methods based on LucidDremer [2].
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sitting on a giant book.”

Figure 7: Visual comparison of different initialization methods based on LucidDremer [2].
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down.”

Figure 8: Visual comparison of different initialization methods based on LucidDremer [2].
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“a humanoid banana sitting at a desk doing homework.
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Figure 9: Visual comparison of different rendering optimization methods based on our initialization, including DreamGaus-
sian [4], GaussianDreamer [5], and LucidDreamer [2].
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“A stylish fox typing on a vintage typewriter..’
Figure 10: Visual comparison of different rendering optimization methods based on our initialization, including DreamGaus-
sian [4], GaussianDreamer [5], and LucidDreamer [2].
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Figure 11: Visual comparison of different rendering optimization methods based on our initialization, including DreamGaus-
sian [4], GaussianDreamer [5], and LucidDreamer [2].
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Figure 12: Visual comparison of different rendering optimization methods based on our initialization, including DreamGaus-
sian [4], GaussianDreamer [5], and LucidDreamer [2].
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