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1 MORE VISUAL RESULTS
In this section, we bring more visual results and comparisons with
state-of-the-art methods on the ISTD+ dataset [7] (Please see Fig. 1,
Fig. 2) and SRD dataset [8] (Please see Fig. 3).

2 DISCUSSION ON LOSSES
The loss function of our model turns out to be:

L = 𝛼1L𝑝𝑒𝑟 + 𝛼2L𝑐𝑜𝑛𝑡 , (1)

where L𝑐𝑜𝑛𝑡 is Charbonnier Loss [6], and L𝑝𝑒𝑟 is VGG perceptual
loss. To verify the necessity of the loss terms, we conducted abla-
tion studies on the ISTD+ dataset [7] by removing L𝑣𝑔𝑔 term. As
depicted in Tab. 1, the VGG perceptual loss boosts the performance
by 0.38 dB PSNR in shadow region and 0.21 dB PSNR in all image.

3 VISUALIZATION OF REGIONAL ATTENTION
To validate whether our proposed regional attention mechanism
truly enables shadow areas to interact with their adjacent non-
shadow areas, we selected several points on the image and visu-
alized their attention weight allocation. As shown in Fig. 4, we
can see that in completely illuminated areas or shadow areas, the
attention weights of these points are relatively low and even, while
points in shadows have a much larger attention weight when the
attention area can encompass the surrounding non-shadow areas.
Moreover, the second case and the third case of Fig. 4 show that
not all non-shadowed regions are assigned high attention weights.
Rather, non-shadowed region information which is similar to the
selected points receives higher weights. This further illustrates that
our regional attention mechanism enables each area in the shadow
to select the surrounding non-shadowed region information that is
helpful for its reconstruction.

4 SELECTIVE SHADOW REMOVAL
We also tested our model with human interaction. As shown in Fig.5,
with the help of Segment Anything [5], the model permits the user
to select the areas requiring shadow removal by simple straightfor-
ward clicks. It then generates high-quality shadow removal results
for the specified shadow mask. This capability enables our model
to respond effectively to selective shadow removal requirements.
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(a) Input (b) DC [3] (c) BMNet [9] (d) SF [1] (e) SD [2] (f) Ours (g) GT

Figure 1: A qualitive comparison on ISTD+ [7] dataset. Please zoom in to see the details.
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Figure 2: A qualitive comparison on ISTD+ [7] dataset. Please zoom in to see the details.
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Figure 3: A qualitive comparison on SRD [8] dataset. Please zoom in to see the details.
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Figure 4: Visualization of our regional attention. The original image is on the first row, and the star marks the selected points.
The heatmaps indicate the regional attention weight of the marked tokens. Brighter colors indicate a larger attention score.

(a) Input (b) Shadow Area Selection (c) Mask (d) Output

Figure 5: Selective shadow removal. In the second column of images, the green dots represent the areas we want to select, while
the red dots represent the areas we wish to exclude from the selection. By selecting the shadow areas to be removed, our model
can flexibly generate corresponding high-quality shadow removal results.
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