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1 MORE VISUAL RESULTS

In this section, we bring more visual results and comparisons with
state-of-the-art methods on the ISTD+ dataset [7] (Please see Fig. 1,
Fig. 2) and SRD dataset [8] (Please see Fig. 3).

2 DISCUSSION ON LOSSES

The loss function of our model turns out to be:
L= al-ﬁper + a2 Lconts (1)

where L¢on is Charbonnier Loss [6], and Lper is VGG perceptual
loss. To verify the necessity of the loss terms, we conducted abla-
tion studies on the ISTD+ dataset [7] by removing Lygg term. As
depicted in Tab. 1, the VGG perceptual loss boosts the performance
by 0.38 dB PSNR in shadow region and 0.21 dB PSNR in all image.

3 VISUALIZATION OF REGIONAL ATTENTION

To validate whether our proposed regional attention mechanism
truly enables shadow areas to interact with their adjacent non-
shadow areas, we selected several points on the image and visu-
alized their attention weight allocation. As shown in Fig. 4, we
can see that in completely illuminated areas or shadow areas, the
attention weights of these points are relatively low and even, while
points in shadows have a much larger attention weight when the
attention area can encompass the surrounding non-shadow areas.
Moreover, the second case and the third case of Fig. 4 show that
not all non-shadowed regions are assigned high attention weights.
Rather, non-shadowed region information which is similar to the
selected points receives higher weights. This further illustrates that
our regional attention mechanism enables each area in the shadow
to select the surrounding non-shadowed region information that is
helpful for its reconstruction.

4 SELECTIVE SHADOW REMOVAL

We also tested our model with human interaction. As shown in Fig.5,
with the help of Segment Anything [5], the model permits the user
to select the areas requiring shadow removal by simple straightfor-
ward clicks. It then generates high-quality shadow removal results
for the specified shadow mask. This capability enables our model
to respond effectively to selective shadow removal requirements.
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(b) DC [3] (c) BMNet [9] (d) SF [1] (e) SD [2] () Ours

Figure 1: A qualitive comparison on ISTD+ [7] dataset. Please zoom in to see the details.
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(a) Input (b) DC [3] (c) BMNet [9] (d) SF [1] (e) SD [2] (f) Ours

Figure 2: A qualitive comparison on ISTD+ [7] dataset. Please zoom in to see the details.
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(a) Input

(b) DC [3] (c) BMNet [9] (d)SD [2] (¢) DeS3 [4] () Ours (€) GT

Figure 3: A qualitive comparison on SRD [8] dataset. Please zoom in to see the details.
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Figure 4: Visualization of our regional attention. The original image is on the first row, and the star marks the selected points.
The heatmaps indicate the regional attention weight of the marked tokens. Brighter colors indicate a larger attention score.

(a) Input (b) Shadow Area Selection (c) Mask (d) Output
Figure 5: Selective shadow removal. In the second column of images, the green dots represent the areas we want to select, while

the red dots represent the areas we wish to exclude from the selection. By selecting the shadow areas to be removed, our model
can flexibly generate corresponding high-quality shadow removal results.

2024-04-20 08:44. Page 5 of 1-7.

523
524
525

526

528
529
530
531
532
533
534
535
536
537
538
539
540
541
542
543
544
545
546
547
548
549
550
551
552
553
554
555
556
557
558
559
560
561
562
563
564
565
566
567
568
569
570
571
572
573
574
575
576
577
578
579
580



581
582
583
584
585
586
587
588
589
590
591
592
593
594
595
596
597
598
599
600
601
602
603
604
605
606
607
608
609
610
611
612
613
614
615
616
617
618
619
620
621
622
623
624
625
626
627
628
629
630
631
632
633
634
635
636
637
638

Conference’17, July 2017, Washington, DC, USA

Anonymous Authors

2024-04-20 08:44. Page 6 of 1-7.

639
640
641
642
643
644
645
646
647
648
649
650
651
652
653
654
655
656
657
658
659
660
661
662
663
664
665
666
667
668
669
670
671
672
673
674
675
676
677
678
679
680
681
682
683
684
685
686
687
688
689
690
691
692
693
694
695
696



697
698
699
700
701
702
703
704
705
706
707
708
709
710
711
712
713
714
715
716
717
718
719
720
721
722
723
724
725
726
727
728
729
730
731
732
733
734
735
736
737
738
739
740
741
742
743
744
745
746
747
748
749
750
751
752
753
754

Supplementary Materials: Reginal Attention For Shadow Removal

2024-04-20 08:44. Page 7 of 1-7.

Conference’17, July 2017, Washington, DC, USA

755
756
757
758
759
760
761
762
763
764
765
766
767
768
769
770
771
772
773
774
775
776
777
778
779
780
781
782
783
784
785
786
787
788
789
790
791
792
793
794
795
796
797
798
799
800
801
802
803
804
805
806
807
808
809
810
811

812



	1 More Visual Results
	2 Discussion on Losses
	3 Visualization of Regional Attention
	4 Selective Shadow Removal
	References

