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1 CLASSIFIER ARCHITECTURE AND
TRAINING DETAILS

The overview of the time-dependent classifier is displayed in Fig.
1, and is also constructed upon the point-voxel CNN [1]. Tab. 1
shows the specific classifier parameters, where SA represents the
set abstraction (SA) module utilized in point-voxel CNN. We com-
pute the cross-entropy loss between the ground truth label and the
output. We set𝑇 = 100 instead of using the same range of the diffu-
sion model, as the DDPM implementation results in convergence
to noise in the early time steps. To optimize, we used the Adam
optimizer with a fixed learning rate of 1 × 10−4.

Maxpooling

MLP x 3

Softmax

output

Figure 1: The details of the architecture of our proposed time-
dependent classifier.

Input Feature Size: 2048 × 3
Input Time Embedding Size: 64
Output Feature Size: 2048 × 3

Time Embedding
Sinusoidal Embedding dim = 64

MLP(64, 64)
LeakyRelU(0.1)
MLP(64, 64)

SA 1 SA 2 SA 3 SA 4
𝐿 2 3 3 0

𝐶input 3 32 64 -
𝐸𝑡 64 64 64 -

𝐶output 32 64 128 -
D 32 16 8 -

use_attn False True False -
𝑁 −
center 1024 256 64 16
𝑟 0.1 0.2 0.4 0.8

𝑁neighbor 32 32 32 32
MLP (512, 128, 64, 2)

Softmax
Table 1: Architectue details of the classifier guidance.

2 MORE VISUALIZATION RESULTS
We provide additional visualization comparisons on the 3DEPN,
CRN, and real-scanned datasets in Fig. 2.
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Figure 2: More visual comparison on 3DEPN, CRN and real-
scanned datasets.
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