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Figure 1: Demonstration of some generated methods (a, b, c) and the performance changes during
the evolution process (d).

Table 1: Accuracy (%) on CIFAR-100-LT dataset.

Method IR = 50 IR = 100

Head Medium Tail All Head Medium Tail All

CE-DRW 60.6 39.0 22.9 45.0 (+0.0) 63.4 41.2 15.7 41.4 (+0.0)
CE-DRW + CMO[2] 60.8 48.1 39.1 51.9 (+6.9) 56.3 45.4 34.2 46.0 (+4.6)
CE-DRW + H2T[1] 63.3 55.9 34.5 52.4 (+7.4) 61.0 51.2 25.3 47.2 (+5.8)
CE-DRW + SimpleLLM 62.3 49.4 38.8 52.7 (+7.7) 62.1 49.6 27.9 47.5 (+6.1)
CE-DRW + LLM-AutoDA 63.1 48.4 39.3 52.8 (+7.8) 62.9 50.7 29.9 48.7 (+7.3)

BS 60.3 41.3 34.3 47.9 (+0.0) 59.6 42.3 23.7 42.8 (+0.0)
BS + CMO 64.0 46.5 27.4 50.4 (+2.5) 63.1 48.8 26.7 47.2 (+4.4)
BS + H2T 65.2 54.0 35.8 52.8 (+4.9) 63.5 50.0 26.6 48.1 (+5.3)
BS + SimpleLLM 62.4 48.8 37.7 52.4 (+4.5) 62.4 48.8 30.6 48.1 (+5.3)
BS + LLM-AutoDA 63.3 50.5 40.2 53.9 (+6.0) 63.3 50.0 31.0 49.0 (+6.2)
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