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Figure 1: Empirical analyses on Hazard-World-Grid with varying text encoders. We choose three
different models, transformer-25M [3], gpt2-137M [2], and bert-base-uncased-110M [1].
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Figure 2: Evaluation results of different trajectory lengths for Hazard-World-Grid. Sets of trajecto-
ries with varying lengths shared the same set of textual constraints.
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Figure 3: Inference time of different trajectory lengths for Hazard-World-Grid on the V100-32G
hardware device. Batch size is 64.
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