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models can be tamed into a flow prediction procedure that generalizes to videos in the wild.
s A Counterfactual World Model (CWM)
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Figure 1: Flow extraction procedure for the Counterfactual World Model [1]
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Videos with Tracks The attached video file of zero-shot predicted point tracks demonstrates the
effectiveness of our method, KL-LRAS, on challenging, real-world scenes. These videos, sampled
from YouTube and TAP-Vid DAVIS, feature rapid and complex object and camera motion. We show
that with the right model properties and extraction method, large, self-supervised generative world

Figure 2: All evaluation settings for Cosmos [2] (Section 3.4) result in poor flow extractions. See

Section 4.2 in the main text for a more detailed explanation of each result.

TAP-Vid DAVIS Subset (3%)

Model Endpoint Error (EPE)
LRAS KL (5SMM, 8MS, 2STD) (ours) 5.0762
Cosmos (top 10% raster) (SMM, 2STD, 512x512) [2] 35.4338
Cosmos (overwrite 10% during rollout) (SMM, 2STD, 512x512) 37.7552
Cosmos (provide full second frame) (5MM, 2STD, 512x512) [2] 66.2190

Table 1: Cosmos achieves poor optical flow results on benchmarks. Evaluations here are reported

as endpoint error (EPE) on a TAP-Vid DAVIS subset. MM = multi-mask, MS = multi-scale.
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