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Table 1: Evaluation results of different evaluators on real motions in the EmotionalT2M dataset. -’ denotes can not evaluate.
“P(‘)’) indicates that the values are better if the metric is larger (smaller).

R PrecisionT

Evalutors FID| MM Dist] Diversity?] MultiModalityT WF17 NN-WF1T
Top 1 Top 2 Top 3
Guo et al. [2] 0.205%:002 9 372%.003 () 484%.003 050%-000 4 449%007 g 29g+.041 - - -
Zhang et al. [5]  0.218%095 0.356%006 (.455%:009  ( 09*-001  3,944+013 7 gg3*-164 - - -
Ours 0.365%:003 5721002 ¢ 7097%:002 05+000 4 134%.001 g 519+.055 - 0.509%:000 o 523+.000
1 THE DETAILED PROMPT s
70 = Question 1 = Question 2 Question 3

The detailed prompt example used during in-context learning is
shown in Figure 2. The detailed prompt consists of three parts,
a task description (Instruction), a few input-output examples (in-
context examples), and a test input (Test). In addition, as shown in
Figure 2, in this paper, we set 3 as the shot number, i.e., the number
of in-context examples is 3.

2 THE RESULTS OF DIFFERENT EVALUATORS

To validate the effectiveness of the evaluator we trained, we com-
pare the evaluation results of different evaluators on real motions
in the EmotionalT2M dataset. Table 1 shows the comparison results.
From Table 1, we can observe that 1) for the quality, condition
matching, and diversity of generated motions, our evaluator
achieves the best performance, enabling a more accurate evaluation
compared to other evaluators. 2) for the emotion performance
(i.e., WF1 and NN-WF1) of generated motions, previous evalu-
ators [2, 5] don’t evaluator the emotional performance. For the
first time, we use emotion classification metrics (i.e., weighted av-
erage f1-score) to assess the emotional performance. Our evaluator
achieve WF1 and NN-WF1 scores of 0.509 and 0.523, respectively,
which are quite high. This justifies that our trained evaluator is
capable of effectively assessing the emotional performance of gen-
erated motions.

3 USER STUDY

In order to evaluate the effectiveness of our approach, we conduct a
user study as shown in Figure 1. Specifically, we design three ques-
tions to evaluate the realism, the text matching, and the emotional
performance of the generated motions, respectively. Question 1:
Which of these two motions is more realistic? Question 2: Which of
these two motions better matches the text description? Question 3:
Which of these two motions better matches the emotions in the text
description? For each question, followed by Tevet et al. [3], we ask
the user to choose between our approach and another approach
in a side-by-side view. We randomly sample 50 samples from our
EmotionalT2M dataset for this process. Besides, we invite 30 users
and provide four comparisons, ours and T2M-GPT[4], ours and
MLD[1], ours and ReMoDiffuse[5], ours and real motions. Figure
1 shows the results of the comparison. From Figure 1, we can see
that our L3EM is preferred over the compared methods and even
preferred over ground truth samples in 42.3% of the cases.

62
60

L

45

30 —

L*EM vs MLD L*EM vs ReMoDiffuse L*EM vs Ground Truth

)
@
=
=

&

e}
IS
=
&
]
3

Figure 1: User Study: Each bar indicates the preference rate
of L3EM over other methods. The red line indicates the 50%.

4 MORE EXAMPLES

In this section, in order to better demonstrate the effectiveness
of our L3EM approach, we provide more samples from our L3EM
approach as shown in Figure 3. From Figure 3, we can see that the
motions generated by our L3EM approach can not only match the
text descriptions but also exhibit rich emotional expressions, which
encourages us to integrate limb emotional guidance from LLM and
limb relation graph for high-quality emotional motion generation.
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Instructions

Now you are an emotional text-to-motion motion generation assistant. | give you a text description of the
emotion motion. You give me some limb emotional guidance about the emotional motion. These limbs includes
head, shoulders (including left shoulder and right shoulder), arms (including left arm and right arm), torso, legs
(including left leg and right leg), feet (including left foot and right foot). Important: You should pay attention to
the emotional information of the text description and generate the corresponding limb movement description
based on the corresponding emotion. Next, | will give you several examples for you to understand this task.

input: a person sadly holds right arm in pain.

output:

Head: Lowering the head, tilting to the right; : Slightly sinking, contracting; Right shoulder: Tense,
raised; Left arm: Moving towards the right side, then holding the right arm; Right arm: Being held;

Leaning to the right; Left leg: Supporting the body, maintaining balance; Right leg: Supporting the body,
maintaining balance; Left foot: Supporting the body, maintaining balance; Right foot: Supporting the body,
maintaining balance.

input: A person squatting, raises their arms, and shaking in fear, wonders how to overcome their anxiety.

output:

Head: Tilted slightly downward, with a worried expression; : Hunched forward, with both shoulders
raised and tensed, indicating the weight of fear; Right shoulder: Hunched forward, with both shoulders raised and
tensed, indicating the weight of fear; Left arm: Raised overhead, elbows slightly bent, hands trembling visibly,
expressing vulnerability; Right arm: Raised overhead, elbows slightly bent, hands trembling visibly, expressing
vulnerability; : Bent forward, chest slightly collapsed, showing the heaviness of anxiety; Left leg: Squatting
position, knees bent, thighs parallel to the ground, indicating a sense of vulnerability and insecurity; Right leg:
Squatting position, knees bent, thighs parallel to the ground, indicating a sense of vulnerability and insecurity;
Left foot: Resting flat on the ground, toes gripping the surface; Right foot: Resting flat on the ground, toes
gripping the surface.

input: A person is aggressively kneeing and kicking, displaying their anger.

output:

Head: Held upright, chin slightly raised, with a fierce glare in the eyes, eyebrows furrowed,;

Tensed and squared, with both shoulders pulled back, ready to unleash force; Right shoulder: Tensed and squared
with both shoulders pulled back, ready to unleash force; Left arm: Bent at the elbows, fists clenched tightly, arms
swinging forcefully with each knee and kick; Right arm: Bent at the elbows, fists clenched tightly, arms swinging
forcefully with each knee and kick; : Slightly leaning forward, chest thrust outward, showing determination
and power; Left leg: Alternating between aggressive knee strikes and kicks, with legs extending forcefully; Right
leg: Alternating between aggressive knee strikes and kicks, with legs extending forcefully; Left foot: Stomping
and kicking with intensity, heels driving into the ground with each strike, expressing pent-up anger and
aggression; Right foot: Stomping and kicking with intensity, heels driving into the ground with each strike,
expressing pent-up anger and aggression.

Text
input: The person is angrily punching the wall.
ChatGLM

output:

Head: Snapping back and forth, reflecting the punching motion; : Raised, tense, and vibrating with
each punch; Right shoulder: Raised, tense, and vibrating with each punch; Left arm: Bent at the elbow, fist
clenched, punching the wall; Right arm: Bent at the elbow, fist clenched, punching the wall; : Leaning
forward, tense, and contracting with each punch; Left leg: Supporting the body, slightly bent; Right leg:
Supporting the body, slightly bent; Left foot: Stationary, gripping the ground; Right foot: Stationary, gripping the
ground.

Figure 2: The detailed prompt example used during in-context learning,.
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A man waves both of his arms up in the
air, expressing his happiness.

This person walks backwards then turns
to walk forward, creating a scary illusion,
causing fear.

Torso: bend back unnaturally

The man angrily throws his hands up,
possibly enticing a reaction or attempting
to induce a reaction to produce a fight.

Figure 3: More qualitative results generated by our L>EM approach, and the red boxes indicate the emotional expressions of

some limbs.

Feet: move slo

The person walks backwards and bumps into
something behind them, looking surprised as
they seem unfocussed.

The person walks slowly, like it pains
them, and uses a cane to help keep their
balance, filled with sadness.

oo

Head: lowered

heavily

A child attempts to do a handstand while
kicking their legs to show off their balance,

The person is happily jumping up and
down, full of energy and joy.
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I Arms: spread outi
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Someone is angrily slamming something on
the ground, expressing their intense anger.

(===

Arms bent and right angles, knees brought
up to hip height with each step, walking
happily towards the situation.

Head: raised - -~
1 "

rms: strike forcefully,

Arms: swing with the ease
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A person is sadly doubled over in pain
while holding their lower back with their
left hand and their right hand on their knee.

‘Torso: bend stiffly
and slowly

The angry person stands forward, raises
| their arm above their head, and darts it
| forward in an aggressive motion.

Torso: move forward
vigorously

oo

[
¥
1

1
S Arms: pushing out
suddenly

A person throws their hands up in the air,
cheerfully walking forward.
Arms: cheerful waving
e
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