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(1) original(SD), SDS(CFG=100) ~ (2) + LCM, SDS (CFG=7.5)
Strategy

L

(3) + Decreasing Timestep

(4) + Two-phase
Strategy

(5) + Guidance Calibration (6) + Fixed Noise(full)

J

|

Dual Timestep Strategy

Figure 1: Ablation experiments. Comparing column (1) to column (2), a significant enhancement in generating more details
is demonstrated by incorporating LCM into DreamLCM. Furthermore, compared to columns (2) and (3), an improvement in
generating fine details, such as the robot’s eyes, is observed. Subsequently, when comparing column (3) to column (4), geometric
improvements are evident. Furthermore, comparing column (4) to column (5), a better generation quality is observed. Finally,
comparing column (5) to column (6), it can be observed that in column (6) DreamLCM focuses on generating specific objects,
thereby reducing the occurrence of the "feature-average" outcome, as shown in green. For instance, while the robot in column
(5) exhibits blemishes on its head and chest due to the "feature-average" phenomenon, this issue is mitigated in column (6).
Furthermore, the shoes in the astronaut example are generated with improved quality.

We conduct more experiments to further illustrate the superior-
ity of DreamLCM. Initially, we present additional ablation studies,
explaining the specific contributions of each component within
DreamLCM towards enhancing generation quality. Subsequently,
we showcase additional generated samples, demonstrating the abil-
ity of DreamLCM to produce diverse 3D objects with fine details.
Finally, we provide further comparisons with existing works, where
DreamLCM generates more photo-realistic objects, thus substan-
tiating that it achieves state-of-the-art results. The settings of the
experiments are the same as in the body of the paper.

1 MORE ABLATION STUDIES

We conduct more ablation studies, as shown in Fig. 1.

2 MORE GENERATED SAMPLES

As shown in Fig 2 and 3, We present more generated samples,
indicating that our works can produce high-quality 3D objects with
fine details.

3 MORE COMPARISONS WITH BASELINES

We conduct further comparisons with current works, e.g., Dreamfu-
sion [5] ProlificDreamer [6] and LucidDreamer [3], corresponding
to the Discussion section in the body of the paper. We obtain some

results of Dreamfusion and ProlificDreamer from previous stud-
ies [2, 4], while the other results are sourced from threestudio [1].
As shown in Fig. 4, our work achieves comparable, and in some
cases superior, generation quality and finer details compared to
these baselines. Notably, ProlificDreamer requires approximately
10 hours of training per sample. Therefore, we illustrate that our
approach is more efficient than ProlificDreamer.
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A blue poison-dart frog sitting on a water lily.

@

A metal sculpture of a lion head, highly detailed. A portrait of Batman, head, HDR, photorealistic, 8K.

A portrait of Deadpool, head, HDR, photorealistic, 8K.

A red panda, HDR, photorealistic, 8K. A puffin standing on a rock.

Figure 2: Generated 3D models of the proposed DreamLCM method.
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A cat with azure eyes, HDR, photorealistic, 8K. A DSLR photo of a sitting panda holding coco
cola, photorealistic.

v W
A cute hamster. A border collie, photorealistic, 8K.

A sloth on a tree.

A snail on a leaf.

A beautiful suit made out of moss, on a mannequin. A baby dragon hatching out of a stone egg.
Studio lighting, high quality, high resolution.

Figure 3: Generated 3D models of the proposed DreamLCM method.
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DreamFusion

ProlificDreamer LucidDreamer  DreamLCM(ours) DreamFusion  ProlificDreamer LucidDreamer

cap.

A chow chow puppy.

&*

A peacock.

A cute baby penguin. A human skull.

Figure 4: Comparisons with the current SoTA methods given the same text prompts.
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