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1 MORE STYLIZATION RESULTS
Figure 2 displays additional examples of portrait stylization. The
experimental results illustrate that our method successfully trans-
fer various styles onto the target face, demonstrating its practical
applicability.

2 STYLIZATION RESULTS OF NON-PORTRAIT
IMAGES

Figure 3 presents the results of applying our method to non-portrait
images. Our method can effectively transfer various art styles to
different animal images, realizing realistic and high-quality style
transfer effects. The experiment results demonstrate the effective-
ness of our approach for general style transfer tasks across various
styles.

3 OTHER BASE MODELS
To demonstrate the effectiveness of our method, we present the
results of stylization using different base models in Figure 1, in-
cluding the latent Consistency Models (LCMs) [1], SD-Turbo [3],
and SD-v1.5 [2]. SD-Turbo is a version accelerated by distillation
from SD-v2.1 [2]. The experimental results indicate that the un-
distilled model, SD-v1.5, synthesizes results consistent with our
observations in Figure 3, exhibiting issues with blurriness and a lack
of high-frequency details. The model accelerated through distilla-
tion is capable of extracting more representative features, thereby
achieving better stylization results. Although both LCMs and SD-
Turbo can synthesize excellent stylized results, we find that LCMs,
using consistency loss for distillation, captures higher frequency
details better than SD-Turbo, which utilizes Adversarial Diffusion
Distillation [3]. This further demonstrates the effectiveness of using
LCMs to extract consistency features.

Style Content LCM SD-Turbo SD-v1.5

Figure 1: Portrait stylization results with different models.
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Figure 2: The results of portrait stylization with various content and reference style images. The first row displays the input
content images, while the first column presents the input style images.
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Figure 3: Stylization results for different subjects (animals). The first row features the input content images, and the first
column contains the input style images.
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