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Table 1. Comparison with state-of-the-art works by 1-shot.

Methods backbone FT Mark Crop. Euro. ISIC. Ches. Ave.
MN+AFA ResNet10 x ECCV-22  80.07 69.63 39.88 23.18 53.19
GNN+FT ResNet10 X ICLR-20  87.07 78.02 40.87 2428 57.06
GNN+ATA ResNet10 x DCAI-21  90.59 83.75 4491 2432 60.39
LDP-net ResNet10 x CVPR-23  89.40 82.01 4806 26.67 6129
GNN+AFA ResNet10 X ECCV-22  88.06 85.58 46.01 2502 61.67
SDT ResNet10 X NN-24 90.27 82.02 48.66 27.20 62.04
FLoR ResNet10 3 CVPR-24 9125 80.87 51.44 2670 62.32
MEM-FS ViT-S 3 TIP-23 93.74 86.49 4738 26.67 63.57
StyleAdv ViT-S 3 CVPR-23 9485 88.57 47.73 2697 64.53
MICM ViT-S 3 MM-24 94.61 90.08 46.85 27.11 64.66
SDT ViT-S X NN-24 95.00 89.60 47.64 2672 64.75
FLoR ViT-S X CVPR-24 9528 90.41 4952 2671 6548
Ours ViT-S X Ours 95.68 91.04 5046 27.23 66.10
Fine-tuning ResNet10 v ECCV-20 89.84 81.59 49.51 2537 61.58
FLoR ResNet10 v CVPR-24  92.33 83.06 56.74 26.77 64.73
TACDFSL WideResNet v SB-22 9342 85.19 4539 2532 6233
PMF ViT-S v CVPR-22 9296 8598 50.12 2727 64.08
StyleAdv ViT-S v CVPR-23 9599 90.12 5123 2697 66.08
FLoR ViT-S v CVPR-24 9647 90.75 53.06 27.02 66.83
Ours ViT-S v Ours 96.27 91.53 54.69 27.66 67.54
ConFess” ResNet10 v ICLR-2022 88.88 84.65 48.85 27.09 6237
LDP-net” ResNet10 v CVPR-23  91.89 84.05 4844 2688 62.82
RDC" ResNet10 v CVPR-22 9330 8429 4991 2507 63.14
TPN+ATA” ResNet10 v IICAI-21 9356 8547 49.83 2474 63.40
FLoR" ResNet10 v CVPR-24  93.60 83.76 57.54 2689 6545
MEM-FS+RDA" ViT-S v TIP-23 95.04 8877 51.02 2798 6570
Ours” ViT-S v Ours 96.62 91.68 55.66 28.25 68.05

Table 2. Comparison with state-of-the-art works by 5-shot.

Method backbone FT Mark Crop. Euro. ISIC. Ches. Ave.
GNN+FT ResNet10 X ICLR-20 60.74 5553 3022 22.00 42.12
MN+AFA ResNet10 X ECCV-22 60.71 61.28 3232 22.11 44.10
GNN+ATA ResNet10 X TICAI-21 6747 6135 3321 22.10 46.53
GNN+AFA ResNet10 X ECCV-22 67.61 63.12 3321 2292 4697
LDP-net ResNet10 X CVPR-23 69.64 65.11 3397 23.01 47.18
FLoR ResNet10 X CVPR-24 73.64 6290 3811 23.11 49.69
SDT ResNet10 X NN-24 7392 6587 3645 2322 4997
MEM-FS ViT-S X TIP-23  81.11 68.11 3297 2276 5124
StyleAdv ViT-S X CVPR-23 8122 72.15 33.05 2292 5234
SDT ViT-S X NN-24  81.03 7271 3340 2279 5248
FLoR ViT-S X CVPR-24 8181 7239 3420 2278 52.80
Ours ViT-S X Ours 83.51 74.08 3421 2293 53.68
Fine-tuning ResNet10 v ECCV-20 7343 66.17 34.60 22.13 49.08
FLoR ResNet10 v CVPR-24 84.04 69.13 38.81 23.12 53.78
PMF ViT-S v CVPR-22 80.79 70.74 3036 21.73 5091
FLoR VIiT-S v CVPR-24 8355 73.09 3549 2326 5385
StyleAdv ViT-S v CVPR-23 84.11 7493 3399 2292 53.99
Ours ViT-S v Ours 84.54 7497 3556 2339 54.62
LDP-net” ResNet10 v CVPR-23 8124 7325 3344 2221 5254
TPN+ATA" ResNet10 v DCAI-21 8247 70.84 3555 2245 52.83
RDC" ResNet10 v CVPR-22 8579 7051 3628 2232 53.73
FLoR" ResNet10 v CVPR-24 8630 71.38 41.67 23.12 5562
MEM-FS+RDA" ViT-S v TIP-23 8374 7591 37.07 2385 5514
Ours” ViT-S v Ours 87.39 7841 3720 23.88 56.72

Table 3. Verification of re-initializing the CLS token.

Method Crop. Euro. ISIC. Ches. Ave.
Baseline 05.62 88.62 46.08 26.25 63.89
Ours 9555 90.48 49.58 27.03 65.66
Ours + Re-Init 9520 89.60 50.23 26.79 65.31

Table 4. Implementing our method with meta-learning baseline.

Method

Crop.

Euro.

ISIC. Ches.

Ave.

ProtoNet
ProtoNet + Ours

9359 86.92 46.15 25.68 63.09
95.03 89.42 48.67 27.15 65.07

Table 5. Verification of low-frequency images.

Maintained Frequency ~ 75%  50%  25% 12.5% 6.25% 3.13% 2% 1%

Random Token (0.1) 929 929 929 9.29 8.67 4.69 3.67 1.63
CLS Token (0.1) 945 971 1251 1417 1429 1485 1507 15.14
Random Token (0.2) 19.08 1837 1796 1776 17.14 14.69 1153 9.90
CLS Token (0.2) 19.68 2036 2471 2743 2878 29.73 29.93 30.17

Table 6. Verification of other pretraining method.

Method Crop. Euro. ISIC. Ches. Ave.
DINO 81.19 7206 32.85 2283 5223
DINO not load CLS 82.14 73.01 3279 2291 5271
DINO + Ours 83.51 74.08 3421 2293 53.68
iBot 81.17 7271 3144 2256 5197
iBot not load CLS 8220 7322 3146 2278 5241
iBot + Ours 82.47 73.83 32.87 22.88 53.01
CLIP 77.33 6330 29.84 21.11 47.89
CLIP not load CLS 7740 6451 2996 2145 48.08
CLIP + Ours 78.55 64.88 30.95 22.25 49.16
ImageNet Supervision ~ 52.71 47.59 27.55 21.04 3722
ImageNet not load CLS  52.75 47.73 2845 21.07 37.50

Table 7. Training with datasets of 5 constructed domains.

Method Crop. Euro. ISIC. Ches. Ave.
Baseline 93.85 89.72 49.74 26.07 64.77
320 classes as domain token  95.03 9049 49.10 26.81 65.35
64 classes as domain token  95.16  90.61 47.86 26.77 65.10
5 domains as domain token ~ 95.52  90.62 50.77 27.00 65.98
Table 8. Add confidence intervals to Tab.]1.

Method Crop. Euro. ISIC. Ches. Ave.
(a.l) 81.22+0.06 72.08+0.05 32.75+0.04 22.84+0.05 52.22+0.03
(a.2) 8250+ 0.05 7258 +£0.05 32.69+0.06 2294+0.05 52.68+0.03
(a.3) 82.54+0.05 73.02+0.06 32.76+0.04 22.90+0.04 52.81+0.03
(b.1) 83.14 £ 0.06 72.81+0.03 33.82+0.05 23.09+0.02 53.22+0.04
(b.2) 83.32+0.06 73.80+0.03 3337+0.05 23.19+0.03 53.42+0.04
(c.1) 83.15+0.04 73.26+0.04 33.84+0.03 23.07+0.04 53.33+0.03
(c.2) 83.37+0.04 73.63+0.05 3426+0.03 23.13+0.03 53.60+ 0.04

Figure 1. The random CLS token shows much lower similarity
with patch tokens, but can capture a coarse contour at each domain.
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