Optimizing Visual Question Answering Models for Driving: Bridging the Gap
Between Human and Machine Attention Patterns

Supplementary Material

The figures show a Progressive object detection enhance-
ment: (Left to Right) Image from the Nulmages dataset,
Human object detection for the same image, Object detec-
tion of the pre-trained LXMERT model, and Object detec-
tion with the proposed filter integrated.
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(a) Que: Is it okay to initiate lane (b) Human Observation (c) Pretrained Model (d) Filter Integrated
change? Answer: No Answer: Yes Answer: No

Figure 6. Answers for Back Left Camera Image - 1

(a) Que: Are there any vehicles in (b) Human Observation (c) Pretrained Model (d) Filter Integrated
ego lane? Answer: No Answer: Yes Answer: No

Figure 7. Answers for Back Camera Image - 2

(a) Que: Do I need to stop? (b) Human Observation (c) Pretrained Model (d) Filter Integrated
(Already halfway in the turn) Answer: No Answer: No Answer: No

Figure 8. Answers for Back Right Camera Image - 1

(a) Que: Can I take a left from here (b) Human Observation (c) Pretrained Model (d) Filter Integrated
or should I go straight? Answer: Not enough information Answer: Yes Answer: Yes

Figure 9. Answers for Front Left Camera Image - 1

(a) Que: Can I park here? (b) Human Observation (c) Pretrained Model (d) Filter Integrated
(No empty parking slots) Answer: No Answer: No Answer: No

Figure 10. Answers for Front Right Camera Image - 1
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