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Abstract
We study the group strategic behaviors in Bayesian games. Equi-

libria in previous work do not consider group strategic behaviors

with bounded sizes and are too “strong” to exist in many scenar-

ios. We propose the ex-ante Bayesian 𝑘-strong equilibrium and

the Bayesian 𝑘-strong equilibrium, where no group of at most 𝑘

agents can benefit from deviation. The two solution concepts differ

in how agents calculate their utilities when contemplating whether

a deviation is beneficial. Intuitively, agents are more risk-averse

in the Bayesian 𝑘-strong equilibrium than in the ex-ante Bayesian

𝑘-strong equilibrium. With our solution concepts, we study collu-

sion in the peer prediction mechanisms, as a representative of the

Bayesian games with group strategic behaviors. We characterize

the thresholds of the group size 𝑘 so that truthful reporting in the

peer prediction mechanism is an equilibrium for each solution con-

cept, respectively. Our solution concepts can serve as criteria to

evaluate the robustness of a peer prediction mechanism against

collusion. Besides the peer prediction problem, we also discuss two

other potential applications of our new solution concepts, voting

and Blotto games, where introducing bounded group sizes provides

more fine-grained insights into the behavior of strategic agents.

CCS Concepts
•Theory of computation→ Solution concepts in game theory;
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1 Introduction
The Bayesian game model [30] is a powerful theoretical tool for

analyzing agents’ strategic behavior with incomplete information. It

has been applied to a wide range of real-world scenarios, including

auctions, eliciting information, marketing, and collective decision-

making, just to name a few. In a Bayesian game, rational agents

receive private information (named types) and act strategically to

optimize the outcome in expectations conditioned on their types.
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In Bayesian games, rational and self-interested agents may be-

have strategically and deviate from the intentions of the mecha-

nisms. Moreover, in many real-world scenarios, agents may coordi-

nate their strategic behavior to collectively benefit. For example,

bidders may coordinate to place low bids in the auction and drive

down prices, voters may collaborate to cast votes strategically, and

agents may conspire to gain a higher payment in peer prediction

systems.

Example 1 (Group strategic behavior in peer prediction). Con-
sider an online crowdsourcing (for example, image labeling) group.
A peer prediction mechanism is applied to evaluate the quality of
worker reports and calculate their rewards. The reward of a worker is
calculated by comparing his/her report with another worker’s (called
a peer) report.

In a peer prediction mechanism, a worker usually gets a higher
reward when his/her report has higher agreement with the peer’s
report. Therefore, a group of workers can benefit by colluding in
advance and reporting the same answer to receive higher payments.
However, the information collector desires to design a mechanism to
prevent collusion and collect truthful reports from agents.

Therefore, the importance lies in answering the following re-

search question:

How can we predict the outcome of Bayesian games with
group strategic behavior?

Previous literature [26, 33, 53] have developed “strong” or “coali-

tional” equilibria, in an analogy of strong Nash equilibrium [5],

to predict group strategic behaviors in the Bayesian game model,

in which no group of agents shall benefit from strategic devia-

tion. However, most solution concepts allow an arbitrary size of

the strategic group and fall into the same criticism of “being too

strong” as the strong Nash equilibrium. For example, Gao et al. [24]

show that truth-telling cannot be a strong equilibrium in many

peer prediction mechanisms, and Han et al. [28] show that a strong

equilibrium may not exist in majority voting with incomplete in-

formation.

On the other hand, group strategic behaviors usually happen

with a bounded size in real life. For example, a player will only

collude with his/her friends or trusted players, and a mechanism

that prevents deviations from a bounded size of groups is sufficient

to collect truthful reports in most cases [57]. Moreover, instead

of the “all-or-nothing” characterizations, studying equilibria with

coalitions of a bounded size provides richer structures that enable

more constructive solutions to many economic problems. However,

whether a bounded size of group deviation exists is not character-

ized by the “strong” equilibria in the previous work.

1.1 Our Contribution
We propose two solution concepts in which group strategic behav-

iors with a bounded number of agents are considered. In an ex-ante

Bayesian 𝑘-strong equilibrium, no group with at most 𝑘 agents can

deviate from the equilibrium strategy so that every group member

1
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gets a higher ex-ante expected utility, i.e., the expected utility be-

fore agents know their types. In a Bayesian 𝑘-strong equilibrium,

no group with at most 𝑘 agents can deviate from the equilibrium

strategy so that every group member gets a higher expected utility

conditioned on every type.

The difference between the two solution concepts is how agents

calculated their expected utilities when contemplating whether

a deviation is beneficial. We interpret this difference as different

attitudes of agents towards deviations. In the ex-ante Bayesian 𝑘-

strong equilibrium, a group of agents deviates once the deviation

is profitable in the ex-ante expectation. In the Bayesian 𝑘-strong

equilibrium, an agent is assumed to be more risk-averse towards

deviation and will deviate only when the deviation is profitable

conditioned on every possible type. Proposition 1 shows that an

ex-ante Bayesian 𝑘-strong equilibrium implies a Bayesian 𝑘-strong

equilibrium.

Our technical contributions lie in the study of the collusion

problem in peer prediction mechanisms, as a representative of

group strategic behavior in Bayesian games, with our solution

concepts. We exactly characterize the group sizes 𝑘 where the

truthful reporting in the peer prediction mechanism by [45] is an

ex-ante Bayesian 𝑘-strong equilibrium (Theorem 1) and a Bayesian

𝑘-strong equilibrium (Theorem 2), respectively. In each case, we

show a threshold so that group sizes below this threshold cannot

benefit by deviating while group sizes above this threshold can. In

general, these thresholds are different for the two types of equilibria

we consider. Our thresholds are characterized by the parameters

of the game, including the number of agents, common prior, and

the scoring adopted by the mechanism. Our result implies that

our equilibria parameterized by 𝑘 are natural criteria to evaluate

the robustness against collusion for a peer prediction mechanism.

If truth-telling is an equilibrium with a larger 𝑘 , the mechanism

is more robust against collusion. In the application of the peer

prediction mechanism, the scoring rule and the mechanism that

maximizes the threshold could be chosen to prevent a wider range

of collusion.

We also discuss two other possible scenarios where our solution

concept may apply. In the voting scenario where voters only have

partial information about the alternatives, it is known that strong

equilibria with unlimited coalition sizes may fail to exist when there

is a sufficiently large group of voters whose preferences are not

aligned with the rest of the voters [17]. However, the sizes of the

deviating groups are typically large in those non-equilibria. Given

that it is unlikely for large numbers of voters to collaborate in large

elections, it is therefore appealing to study equilibria with bounded

deviating groups and obtain more informative results. In the private

Blotto game [19], social media users with noisy information choose

to annotate for/against one of the multiple posts. Agents aim to

maximize the overall influence of their type on the posts. Our

notion interpolates the centralized Colonel Blotto game and the

decentralized private Blotto game. The parameter 𝑘 becomes an

evaluation to characterize scenarios where agents have different

centralization levels, where a higher 𝑘 represents a higher ability

for agents to coordinate and for their type.

1.2 Related Work
Previous work studies group strategic behavior in Bayesian games

under different scenarios. Hahn and Yannelis [27] and Safronov

[52] study coalitional implementation problems under an exchange

economy with a strong equilibrium. Ichiishi and Idzik [33] and Ichi-

ishi and Yamazaki [34] propose the Bayesian strong equilibrium and

study its relationship with cooperative game theory. Schoenebeck

and Tao [53], Han et al. [28], and Deng et al. [17] adopt an ap-

proximated version of strong equilibrium to study information

aggregation and voting with incomplete information. Nevertheless,

none of these works characterizes group strategic behaviors with a

bounded size of the group. Guo and Yannelis [26] proposed a coali-

tional interim equilibrium in which the set of admissible coalitions

can be arbitrarily exogenously given. Their solution concept covers

a wider range of admissible coalitions than our paper. However,

truthful reporting is such an equilibrium only when agents are also

coalitionally truthful when they know the report of all other agents,

which does not hold for most peer prediction mechanisms. In our

setting, truthful reporting fails to be such an equilibrium even with

a constant coalition size under mild assumptions (Appendix E).

Abraham et al. [2] proposes a 𝑘-coalitional equilibrium where the

deviators are allowed to arbitrarily share private information, which

may not be applied to many real-world scenarios. For example, the

organizer can randomly assign tasks or set limited response peri-

ods to prevent agents from arbitrary communication. Moreover,

truthful reporting also fails to be such an equilibrium even with

a constant coalition size, as signal sharing updates the deviators’

beliefs and drives them to different strategies. Our ex-ante Bayesian

𝑘-strong equilibrium is related to the equilibrium in [17, 28, 53], and

our Bayesian 𝑘-strong equilibrium is an extension of the Bayesian

strong equilibrium in [33]. In the game with complete informa-

tion, Aumann [5] propose the strong Nash equilibrium in which no

group of agents has an incentive to deviate. The strong Nash equi-

librium (and its variants) has been applied to study group strategic

behavior in many scenarios such as congesting game [29, 32, 62],

voting [7, 18, 50], and Markov game [12, 13]. Abraham et al. [1]

studies 𝑘-coalitional strategic behavior under games with complete

information. However, a strong Nash equilibrium does not apply

to Bayesian games where the information is incomplete.

Our paper is also related to studying the collusion problem in

peer prediction mechanisms. Because the appropriate theoretical

definitions have not been available, collusion has not been stud-

ied explicitly in theoretical peer prediction work. However, many

works touch on related concepts. Intuitively, equilibrium selection

is related to collusion because agents can coordinate to choose an

equilibrium that is bad for the mechanism. Gao et al. [23] empiri-

cally showed this to be a problem, while Gao et al. [24] shows that

agents may also coordinate on a low-effort signal. The problem of

equilibrium selection is exacerbated by the inevitable existence of

uninformative equilibria [35, 36, 58]. Many papers address the prob-

lem by developing mechanisms where truthful reporting is more

profitable than uninformative collusions [16, 35, 36, 39, 48, 51, 60].

More powerfully, works have shown that the truthful equilibrium

has the highest possible payments either among all equilibrium [38]

or even among all strategies profiles [40, 55, 63]. However, all the
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latter results consider multi-task peer prediction, while no single-

task peer prediction mechanisms have been discovered to have the

same merit. Moreover, none of these works study the collusion

problem from the perspective of strong equilibrium. Schoenebeck

et al. [54] studied a more extreme case where the goal was to design

peer prediction mechanisms that are robust against an adversary

that controls a constant fraction of the nodes. The present work is

different because the deviating groups are required to be strategic

and not purely malicious.

Several works study collusion using simulations and measuring

how many agents must deviate before truth-telling fails to be the

best response for the remaining agents [11, 57] or so that certain

dynamics fail to converge back to truth-telling [56]. This shows

that while the problem is interesting, the theoretical tools available

for prior work were insufficient.

2 Preliminaries
For an integer 𝑛, let [𝑛] denote the set {1, 2, · · · , 𝑛}. For a finite set
𝐴, let |𝐴| be the number of elements in 𝐴, and Δ𝐴 denote the set of

all distributions on 𝐴.

Proper Scoring Rule. Given a finite set S, a scoring rule 𝑃𝑆 :

S × ΔS → R maps an element 𝑠 ∈ S and a distribution q on S
to a score. A scoring rule 𝑃𝑆 is proper if for any distributions q1

and q2, E𝑠∼q1
[𝑃𝑆 (𝑠, q1)] ≥ E𝑠∼q1

[𝑃𝑆 (𝑠, q2)] and strictly proper if
the equality holds only at q1 = q2.

Example 2. Given a distribution q on a finite set S, let 𝑞(𝑠) be the
probability of 𝑠 ∈ S in q. The log score rule 𝑃𝑆𝐿 (𝑠, q) = log(𝑞(𝑠)).
The Brier/quadratic scoring rule 𝑃𝑆𝐵 (𝑠, q) = 2 · 𝑞(𝑠) − q · q. Both the
log scoring rule and the Brier scoring rule are strictly proper.

2.1 Bayesian Game Model
A Bayesian game I = ( [𝑛], (A𝑖 )𝑖∈[𝑛] , (S𝑖 )𝑖∈[𝑛] , (𝑣𝑖 )𝑖∈[𝑛] , q) is
defined by the following components.

• The set of agents [𝑛].
• For each agent 𝑖 , A𝑖 is the set of available actions of 𝑖 . The

action profile 𝐴 = (𝑎1, 𝑎2, · · · , 𝑎𝑛) is the vector of actions
of all the agents.

• For each agent 𝑖 , S𝑖 is the set of possible types of agent

𝑖 . The type characterizes the private information agent 𝑖

holds, and the agent can only observe his/her type in the

game. The type vector 𝑆 = (𝑠1, 𝑠2, · · · , 𝑠𝑛) is the vector of
types of all agents.

• For each agent 𝑖 , 𝑣𝑖 : S𝑖 × A1 × · · · × A𝑛 → R is 𝑖’s utility

function that maps 𝑖’s type and the action of all the agents

to 𝑖’s utility.

• A common prior that the types of the agents follow is a joint

distribution q. For a signal 𝑠𝑖 of agent 𝑖 , we use 𝑞(𝑠𝑖 ) to
denote the marginal prior probability that 𝑖’s signal is 𝑠𝑖 .

We assume that 𝑞(𝑠𝑖 ) > 0 for any 𝑖 and any 𝑠𝑖 ∈ S𝑖 .
For each agent 𝑖 , a (mixed) strategy 𝜎𝑖 : S𝑖 → ΔA𝑖

maps 𝑖

private signal to a distribution on his/her actions. A strategy profile

Σ = (𝜎𝑖 )𝑖∈[𝑛] is a vector of the strategies of all the agents.
Given a strategy profile Σ, the ex-ante expected utility of agent 𝑖

is

𝑢𝑖 (Σ) = E𝑆∼q E𝐴 [𝑣𝑖 (𝑠𝑖 , 𝑎1, · · · , 𝑎𝑛) | Σ] .

Similarly, given a strategy profile Σ and a type 𝑠𝑖 , the interim
expected utility of agent 𝑖 conditioned on his/her type being 𝑠𝑖 is

𝑢𝑖 (Σ | 𝑠𝑖 ) = E𝑆−𝑖∼q−𝑖 |𝑠𝑖 E𝐴 [𝑣𝑖 (𝑠𝑖 , 𝑎1, · · · , 𝑎𝑛) | Σ],
where 𝑆−𝑖 is the type vector of all agents except for agent 𝑖 , and
q−𝑖 |𝑠𝑖 is the joint distribution on 𝑆−𝑖 conditioned on agent 𝑖’s signal

being 𝑠𝑖 .

2.2 (Ex-ante) Bayesian k-Strong Equilibrium
In this paper, we focus on agents that coordinate for strategic be-

haviors before they know their types. This assumption relates to

various constraints in real-world scenarios that prevent agents from

discussions after knowing their types.

Example 3. Consider the online crowdsourcing group in Example 1.
The website requires workers to make an immediate report after seeing
the task so that workers cannot communicate with each other after
they know their types. (For example, workers have to submit the report
in 30 seconds to reflect their intuition.) However, workers may collude
on the same report before seeing the task.

Both equilibria share the same high-level form: there does not

exist a group of 𝑘 agents and a deviating strategy such that all

the deviators’ expected utility in the deviation is as good as the

equilibrium strategy profile and at least one deviator’s expected

utility strictly increases. The difference lies in the expected utility.

Ex-ante Bayesian 𝑘-strong equilibrium adopts ex-ante expected

utility, while Bayesian𝑘-strong equilibrium adopts interim expected

utility on every type.

Definition 1 (ex-ante Bayesian 𝑘-strong equilibrium). Given an

integer 𝑘 ≥ 1, a strategy profile Σ is an ex-ante Bayesian 𝑘-strong

equilibrium (𝑘-EBSE) if there does not exist a group of agent𝐷 with

|𝐷 | ≤ 𝑘 and a different strategy profile Σ′ = (𝜎′
𝑖
) such that

(1) for all agent 𝑖 ∉ 𝐷 , 𝜎′
𝑖
= 𝜎𝑖 ;

(2) for all 𝑖 ∈ 𝐷 , 𝑢𝑖 (Σ′) ≥ 𝑢𝑖 (Σ);
(3) there exists an 𝑖 ∈ 𝐷 such that 𝑢𝑖 (Σ′) > 𝑢𝑖 (Σ).

Definition 2 (Bayesian 𝑘-strong equilibrium). Given an integer

𝑘 ≥ 1, a strategy profile Σ is a Bayesian 𝑘-strong equilibrium (𝑘-

BSE) if there does not exist a group of agent 𝐷 with |𝐷 | ≤ 𝑘 and a

different strategy profile Σ′ = (𝜎′
𝑖
) such that

(1) for all agent 𝑖 ∉ 𝐷 , 𝜎′
𝑖
= 𝜎𝑖 ;

(2) for every 𝑖 ∈ 𝐷 and every 𝑠𝑖 ∈ S𝑖 , 𝑢𝑖 (Σ′ | 𝑠𝑖 ) ≥ 𝑢𝑖 (Σ | 𝑠𝑖 );
(3) there exist an 𝑖 ∈ 𝐷 and an 𝑠𝑖 ∈ S𝑖 such that 𝑢𝑖 (Σ′ | 𝑠𝑖 ) >

𝑢𝑖 (Σ | 𝑠𝑖 ).

In both solution concepts, if such a deviating group 𝐷 and a

strategy profile Σ′ exist, we say that the deviation succeeds.

When 𝑘 = 1, both ex-ante Bayesian 1-strong equilibrium and

Bayesian 1-strong equilibrium are equivalent to the Bayesian Nash

equilibrium [30]. (See Appendix B.) However, the two solution con-

cepts are not equivalent for larger 𝑘 . Example 5 illustrates a scenario

in the peer prediction mechanism where the same deviation suc-

ceeds under the ex-ante Bayesian 𝑘-strong equilibrium but fails

under the Bayesian 𝑘-strong equilibrium.

We interpret the difference between the two solution concepts

as different attitudes of agents towards deviations. Agents are as-

sumed to be more risk-averse towards deviations under Bayesian

3



349

350

351

352

353

354

355

356

357

358

359

360

361

362

363

364

365

366

367

368

369

370

371

372

373

374

375

376

377

378

379

380

381

382

383

384

385

386

387

388

389

390

391

392

393

394

395

396

397

398

399

400

401

402

403

404

405

406

WebConf ’25, 28 April - 2 May, 2025, Sydney, Australia Anon.

407

408

409

410

411

412

413

414

415

416

417

418

419

420

421

422

423

424

425

426

427

428

429

430

431

432

433

434

435

436

437

438

439

440

441

442

443

444

445

446

447

448

449

450

451

452

453

454

455

456

457

458

459

460

461

462

463

464

𝑘-strong equilibrium, as they will deviate only when the devia-

tion brings them higher interim expected utility conditioned on

every type. On the other hand, agents under the ex-ante Bayesian

𝑘-strong equilibrium will deviate once their ex-ante expected utility

increases. Proposition 1 supports our interpretation by revealing

that an ex-ante Bayesian 𝑘-strong equilibrium implies a Bayesian

𝑘-strong equilibrium.

Proposition 1. For every strategy profile Σ and every 1 ≤ 𝑘 ≤ 𝑛, if
Σ is an ex-ante Bayesian 𝑘-strong equilibrium, then Σ is a Bayesian
𝑘-strong equilibrium.

Proof. Suppose Σ′ is an arbitrary deviating profile from Σ with

no more than 𝑘 deviators, and 𝑖 is an arbitrary deviator in Σ′. Since
Σ is an ex-ante Bayesian 𝑘-strong equilibrium, then 𝑢𝑖 (Σ′) ≤ 𝑢𝑖 (Σ).
By the law of total probability, 𝑢𝑖 (Σ) =

∑
𝑠𝑖 ∈S𝑖

q(𝑠𝑖 ) · 𝑢𝑖 (Σ | 𝑠𝑖 ).
Therefore, one of the following must hold: (1) for all 𝑠 ∈ S𝑖 , 𝑢𝑖 (Σ′ |
𝑠𝑖 ) = 𝑢𝑖 (Σ | 𝑠𝑖 ), or (2) there exists a 𝑠 ∈ S𝑖 , 𝑢𝑖 (Σ′ | 𝑠𝑖 ) < 𝑢𝑖 (Σ | 𝑠𝑖 ).
In either case, the deviation fails. Therefore, Σ is a Bayesian𝑘-strong

equilibrium. □

2.3 Peer Prediction Mechanism
In a peer prediction mechanism, each agent receives a private signal

in S = {ℓ, ℎ} and reports it to the mechanism. All the agents share

the same type set S𝑖 = S and action set A𝑖 = S.
q is the common prior joint distribution of the signals. Let Ψ𝑖

denote the random variable of agent 𝑖’s private signal. We assume

that the common prior q is symmetric — for any permutation 𝜋

on [𝑛], q(Ψ1 = 𝑠1,Ψ2 = 𝑠2, · · · ,Ψ𝑛 = 𝑠𝑛) = 𝑞(Ψ1 = 𝑠𝜋 (1) ,Ψ2 =

𝑠𝜋 (2) , · · · ,Ψ𝑛 = 𝑠𝜋 (𝑛) ).
𝑞(𝑠) is the prior marginal belief that an agent has signal 𝑠 , and

𝑞(𝑠 | 𝑠′) be the posterior belief of an agent with private signal

𝑠′ on another agent having signal 𝑠 . We also define q𝑠 = 𝑞(· | 𝑠)
be the marginal distribution on S conditioned on 𝑠 . We assume

that an agent with ℎ signal has a higher estimation than an agent

with ℓ signal on the probability that another agent has ℎ signal, i.e.,

𝑞(ℎ | ℎ) > 𝑞(ℎ | ℓ). We also assume that any pair of signals is not

fully correlated, which is 𝑞(ℎ | ℓ) > 0 and 𝑞(ℓ | ℎ) > 0.

We adopt a modified version of the peer prediction mecha-

nism [45] characterized by a (strictly) proper scoring rule 𝑃𝑆 . The

mechanism compares the report of agent 𝑖 , denoted by 𝑎𝑖 , with

the reports of all other agents. For each agent 𝑗 with report 𝑎 𝑗 ,

the reward 𝑖 gains from comparison with 𝑗 ’s report is 𝑅𝑖 (𝑎 𝑗 ) =

𝑃𝑆 (𝑎 𝑗 , q𝑎𝑖 ) . The utility of agent 𝑖 is the average reward from each

𝑗 .

𝑣𝑖 (𝑠𝑖 , 𝐴) =
1

𝑛 − 1

∑︁
𝑗∈[𝑛], 𝑗≠𝑖

𝑅𝑖 (𝑎 𝑗 ) .

Remark 1. In the original mechanism in [45], the reward of an
agent 𝑖 is 𝑅𝑖 (𝑎 𝑗 ), where 𝑗 is chosen uniformly at random from all
other agents. We derandomize the mechanism so that it fits better into
the Bayesian game framework while the expected utility of an agent
is unchanged.

Example 4. Suppose 𝑛 = 100. For the common prior, the prior belief
𝑞(ℎ) = 2/3, and 𝑞(ℓ) = 1/3. The posterior belief 𝑞(ℎ | ℎ) = 0.8 and
𝑞(ℓ | ℓ) = 0.6. Suppose the Brier scoring rule is applied to the peer
prediction mechanism. Consider an agent 𝑖 with report 𝑎𝑖 = ℎ. Then,

𝑖’s reward from a peer 𝑗 with report 𝑎 𝑗 = ℎ is 𝑅𝑖 (𝑎 𝑗 ) = 𝑃𝑆𝐵 (ℎ, qℎ) =
2 · 𝑞(ℎ | ℎ) − 𝑞(ℎ | ℎ)2 − 𝑞(ℓ | ℎ)2 = 0.92. Similarly, 𝑖’ reward from
another peer 𝑗 ′ with report 𝑎 𝑗 ′ = ℓ is 𝑃𝑆𝐵 (ℓ, qℎ) = −0.28.

A (mixed) strategy 𝜎 : S𝑖 → ΔA𝑖
maps an agent’s type to a

distribution on his/her action. A strategy profile Σ = (𝜎𝑖 )𝑖∈[𝑛] is
a vector of the strategies of all the agents. An agent is truthful if
he/she always truthfully reports his/her private signal. Let 𝜎∗ be
the truthful strategy and Σ∗ be the strategy profile where all agents
are truthful. We also represent a strategy in the form 𝜎 = (𝛽ℓ , 𝛽ℎ) ∈
[0, 1]2

, where 𝛽ℓ and 𝛽ℎ are the probability that an agent playing 𝜎

reports ℎ conditioned on his/her signal begin ℓ and ℎ, respectively.

The truthful strategy 𝜎∗ = (0, 1).
Given the strategy profile Σ, the ex-ante expected utility of an

agent 𝑖 is

𝑢𝑖 (Σ) =
1

𝑛 − 1

∑︁
𝑗∈[𝑛], 𝑗≠𝑖

E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠 𝑗∼q𝑠𝑖 ,𝑎 𝑗∼𝜎 𝑗 (𝑠 𝑗 )𝑅𝑖 (𝑎 𝑗 ) .

Given a strategy profile Σ and a type 𝑠𝑖 , the interim expected

utility of an agent 𝑖 conditioned on his/her type being 𝑠𝑖 is

𝑢𝑖 (Σ | 𝑠𝑖 ) =
1

𝑛 − 1

∑︁
𝑗∈[𝑛], 𝑗≠𝑖

E𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠 𝑗∼q𝑠𝑖 ,𝑎 𝑗∼𝜎 𝑗 (𝑠 𝑗 )𝑅𝑖 (𝑎 𝑗 ).

Example 5. We follow the setting in example 4. Let Σ∗ be the profile
where all agents report truthfully. Let 𝐷 be a group containing 𝑘 = 40

agents and Σ′ be the profile where all deviators report ℎ.
For truthful reporting, consider an agent 𝑖 and his/her peer 𝑗 . The

probability that both 𝑖 and 𝑗 receive (and report) signalℎ is 𝑞(ℎ) ·𝑞(ℎ |
ℎ) = 2/3∗0.8 = 0.533, and 𝑖 will be rewarded 𝑃𝑆 (ℎ, qℎ) = 0.92. Other
probabilities can be calculated similarly. Adding on the expectation
of different pairs of signals, we can calculate the ex-ante expected
utility of 𝑖 in truthful reporting: 𝑢𝑖 (Σ∗) =

∑
𝑠𝑖 ,𝑠 𝑗 ∈{ℓ,ℎ} 𝑞(𝑠𝑖 ) · 𝑞(𝑠 𝑗 |

𝑠𝑖 ) · 𝑃𝑆 (𝑠 𝑗 , q𝑠𝑖 ) = 0.627.
Nowwe consider the expected utility of a deviator 𝑖 deviating profile

Σ′. Since all the deviators always report ℎ, the expected reward 𝑖 gets
from a deviator is 𝑃𝑆 (ℎ, qℎ) = 0.92. For the rewards from a truthful
reporter, 𝑖’s expected reward is𝑞(ℎ) ·𝑃𝑆 (ℎ, qℎ)+𝑞(ℓ) ·𝑃𝑆 (ℓ, qℎ) = 0.52.
Among all the other agents, 𝑘 − 1 = 39 agents are deviators, and
𝑛 −𝑘 = 60 agents are truthful reporters. Therefore, 𝑖’s expected utility
on Σ′ is 𝑢𝑖 (Σ′) = 0.682 > 𝑢𝑖 (Σ∗). Therefore, the deviation succeeds
under the ex-ante Bayesian 𝑘-strong equilibrium.

However, the deviation fails under the Bayesian 𝑘-strong equilib-
rium. The truthful expected utility conditioned on 𝑖’s signal is ℓ is
𝑢𝑖 (Σ∗ | ℓ) =

∑
𝑠 𝑗 ∈{ℓ,ℎ} 𝑞(𝑠 𝑗 | ℓ) · 𝑃𝑆 (𝑠 𝑗 , qℓ ) = 0.52. On the other

hand, when agents deviate to Σ′, 𝑖’s reward from a truthful agents
becomes

∑
𝑠 𝑗 ∈{ℓ,ℎ} 𝑞(𝑠 𝑗 | ℓ) · 𝑃𝑆 (𝑠 𝑗 , qℎ) = 0.2. Therefore, 𝑖’s interim

expected utility 𝑢𝑖 (Σ′ | ℓ) = 0.484 < 𝑢𝑖 (Σ∗ | ℓ) .

3 Dichotomies on Equilibria
Our theoretical results focus on the collusive behavior in the peer

prediction mechanisms. While the mechanism is known to be prone

to collusions, Shnayder and Parkes [57] empirically shows that there

is a lower bound for collusion to be profitable. With our new solu-

tion concepts, our theoretical results specify the exact threshold.

For both equilibria, we find the largest group size 𝑘𝐸 (𝑘𝐵 , respec-

tively) such that truthful reporting is an equilibrium. Moreover, for

any 𝑘 larger than 𝑘𝐸 (𝑘𝐵 , respectively), truthful reporting fails to be
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an equilibrium. We first present the result of the ex-ante Bayesian

𝑘-strong equilibrium.

Theorem 1. In the peer prediction mechanism, for any 𝑛 ≥ 2 and
any strictly proper scoring rule 𝑃𝑆 , truthful reporting Σ∗ is an ex-ante
Bayesian 𝑘𝐸 -strong equilibrium, where

𝑘ℎ𝐸 =

{⌊ (𝑛−1) ·E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑃𝑆 (𝑠,qℎ ) ]
𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ )

⌋
+ 1 if 𝑃𝑆 (ℎ, qℎ ) > 𝑃𝑆 (ℓ, qℎ )

𝑛 otherwise

𝑘ℓ𝐸 =


⌊ (𝑛−1) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑃𝑆 (𝑠,qℓ ) ]

𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ )

⌋
+ 1 if 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ )

𝑛 otherwise

𝑘𝐸 =min(𝑘ℎ𝐸 , 𝑘
ℓ
𝐸 , 𝑛) .

For all 𝑛 ≥ 𝑘 > 𝑘𝐸 , truthful reporting is NOT an ex-ante Bayesian
𝑘-strong equilibrium.

While a proof sketch is presented below, here we give a brief

explanation of the thresholds. 𝑘ℎ
𝐸
and 𝑘ℓ

𝐸
are characterized by com-

paring the ex-ante expected utility of a deviator between truthful

reporting and all the deviators always report ℎ (ℓ , respectively).

Take 𝑘ℎ
𝐸
as an example. The numerator E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) −𝑃𝑆 (𝑠, qℎ)]

is proportional to the loss that the deviator suffers in his expected re-

wards from the truthful reporters in switching from truthful report-

ing to always reporting ℎ. The denominator 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)
is proportional to the amount that, for a deviator, the expected

reward gain from other deviators exceeds the expected reward loss

from truthful reporting. If 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) < 0, the extra gain

never compensates for the loss, so the deviation cannot succeed for

any 𝑘 ≤ 𝑛. Otherwise, a group size of 𝑘 > 𝑘ℎ
𝐸
is required for the

deviation to succeed.

Example 6. We calculate the threshold for ex-ante Bayesian 𝑘-strong
equilibrium for the instance in Example 4. For 𝑘ℎ

𝐸
, the numerator

equals to 𝑞(ℎ | ℓ) · (0.28 − 0.92) + 𝑞(ℓ | ℓ) · (0.68 + 0.28) = 0.32. The
denominator, according to the Brier scoring rule, equals to 𝑃𝑆 (ℎ, qℎ) −
𝑃𝑆 (ℓ, qℎ) = 2 · (𝑞(ℎ | ℎ) −𝑞(ℓ | ℎ)) = 1.2. Therefore, 𝑘ℎ

𝐸
= ⌊ 4

15
· (𝑛 −

1)⌋ + 1. Similarly, we calculate that 𝑘ℓ
𝐸
= ⌊ 4

5
· (𝑛 − 1)⌋ + 1. Therefore,

when 𝑛 = 100, a deviation group needs at least ⌊ 4

15
× 99⌋ + 1 = 27

deviators to succeed. This aligns with Example 5, where a 40-agent
group succeeds.

Similarly, Theorem 2 characterizes the threshold under Bayesian

𝑘-strong equilibrium.

Theorem2. In the peer predictionmechanism, there exists an𝑛0 such
that for every 𝑛 ≥ 𝑛0 and any strictly proper scoring rule 𝑃𝑆 , truthful
reporting Σ∗ is a Bayesian 𝑘-strong equilibrium in peer prediction,
where

𝑘ℎ𝐵 =

{⌈ (𝑛−1) ·E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑃𝑆 (𝑠,qℎ ) ]
𝑞 (ℓ |ℓ ) · (𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) )

⌉
if 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ)

𝑛 otherwise

𝑘ℓ𝐵 =


⌈ (𝑛−1) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑃𝑆 (𝑠,qℓ ) ]

𝑞 (ℎ |ℎ) · (𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) )

⌉
if 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ )

𝑛 otherwise

𝑘𝐵 = min(𝑘ℎ𝐵, 𝑘
ℓ
𝐵, 𝑛) .

For all 𝑛 ≥ 𝑘 > 𝑘𝐵 , truthful reporting is NOT a Bayesian 𝑘-strong
equilibrium.

The lower bound 𝑛0 on 𝑛 is characterized by the common prior

𝑞 and the scoring rule 𝑃𝑆 and is independent of 𝑛. The explicit

expression on 𝑛0 is in Appendix D.

The thresholds for the Bayesian 𝑘-strong equilibrium 𝑘ℎ
𝐵
and 𝑘ℓ

𝐵
are larger than those for the ex-ante Bayesian 𝑘-strong equilibrium

𝑘ℎ
𝐸
and 𝑘ℓ

𝐸
respectively. This is because, for example, 𝑘ℎ

𝐵
is charac-

terized by comparing the interim utility of a deviator conditioned

on signal ℓ between truthful reporting and all deviators report-

ing ℎ. In ex-ante, the deviator 𝑖 has a probability of 𝑞(ℓ) to report

untruthfully and suffer a loss on expected reward from truthful

reporters. When 𝑖 has a private signal ℓ , such probability becomes

1. Therefore, the deviator suffers more loss in the interim expected

utility than in the ex-ante expected utility in the expected reward

from truthful reporters. On the other hand, 𝑖 gets the same extra

gain in the reward from other deviators as in the ex-ante expected

utility. Therefore, a larger group is needed to make the deviation

succeed.

Example 7. We calculate the threshold for Bayesian 𝑘-strong equi-
librium for the instance in Example 4. For 𝑘ℎ

𝐵
, the numerator equals

to 0.32. The denominator is multiplied by 𝑞(ℓ | ℓ) = 0.6 compared
with 𝑘ℎ

𝐸
and equals to 1.2 × 0.6 = 0.72. Therefore, 𝑘ℎ

𝐸
= ⌈ 4

9
· (𝑛 − 1)⌉.

Similarly, we calculate that 𝑘ℓ
𝐸
= ⌈𝑛 − 1⌉. Therefore, when 𝑛 = 100, a

deviation group needs at least 45 deviators to succeed. This also aligns
with Example 5, where a 40-agent group fails in deviation.

Theorem 1 and 2 imply that the ex-ante Bayesian 𝑘-strong equi-

librium and the Bayesian 𝑘-strong equilibrium are natural criteria

to evaluate the robustness against collusion for a peer prediction

mechanism. If truth-telling is an equilibrium with a larger 𝑘 , the

mechanism is more robust against collusion. If an information col-

lector aims to prevent collusion in a peer prediction task, he/she

could carefully select the mechanism and the scoring rule to maxi-

mize the threshold 𝑘 under which truth-telling becomes an equilib-

rium.

Example 8. If we change the scoring rule from the Brier scoring
rule Example 4 to the log scoring rule with base 𝑒 in and follow the
calculation in Example 6, we have 𝑘𝐸 = ⌊0.275(𝑛 − 1)⌋ + 1. When
𝑛 = 100, a group of at least 28 agents is needed to perform a successful
deviation. Therefore, the log scoring rule is more robust than the Brier
scoring rule in this instance.

3.1 Proof Sketch of Theorem 1
The proof consists of two steps. In Step 1, 𝑘𝐸 is characterized by

comparing the ex-ante expected utility of a deviator when every

agent reports truthfully and when all 𝑘 deviators always report

ℎ (and always report ℓ , respectively). The two deviations bring a

deviator higher expected utility if and only if 𝑘 > 𝑘𝐸 . In Step 2,

we show that for any 𝑘 ≤ 𝑘𝐸 and any deviating strategy profile

Σ′, the average expected utility among all the deviators when Σ′ is
playedwill not exceed the expected utility when every agent reports

truthfully. Therefore, either no deviators have strictly increasing

expected utility or some deviators have strictly decreasing utility

after deviation, and the deviation cannot succeed. The full proof is

in Appendix C.

Step 1: determine 𝑘𝐸 . We show how 𝑘ℎ
𝐸
is determined by compar-

ing truthful reporting strategy profile Σ∗ and the deviating strategy
5
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profile Σ where all 𝑘 deviators always report ℎ, i.e., 𝜎 = (1, 1). The
reasoning for 𝑘ℓ

𝐸
is similar. The condition that a deviator 𝑖 is willing

to deviate is𝑢𝑖 (Σ) > 𝑢𝑖 (Σ∗). The inequality should be strict because
all deviators have equal expected utility in Σ.

𝑢𝑖 (Σ) can be viewed as a linear combination of the expected

utility 𝑖 gets from the truthful agents, denoted by 𝑢𝑖 (Σ | truthful),
and the expected utility 𝑖 gets from other deviators, denoted by

𝑢𝑖 (Σ | deviator). In Σ, there are 𝑛 − 𝑘 truthful reporters and 𝑘 − 1

deviators other than 𝑖 . Therefore, 𝑢𝑖 (Σ) = 𝑛−𝑘
𝑛−1

· 𝑢𝑖 (Σ | truthful) +
𝑘−1

𝑛−1
· 𝑢𝑖 (Σ | deviator). Let Δ𝑢𝑑 = 𝑢𝑖 (Σ∗) − 𝑢𝑖 (Σ | deviator), and

Δ𝑢𝑡 = 𝑢𝑖 (Σ∗) −𝑢𝑖 (Σ | truthful). Then 𝑢𝑖 (Σ) > 𝑢𝑖 (Σ∗) is equivalent
to

𝑘−1

𝑛−1
· Δ𝑢𝑑 + 𝑛−𝑘

𝑛−1
· Δ𝑢𝑡 < 0.

The ex-ante expected reward of deviator 𝑖 from truthful reporters

can be divided into two parts, one conditioned on 𝑖’s private signal

beingℎ, the other on 𝑖’s signal being ℓ . When 𝑖’s signal isℎ, 𝑖 reports

ℎ both in Σ∗ and in Σ, and the expected rewards from truthful

reporters in this part are the same. When 𝑖’s signal is ℓ , 𝑖 reports

ℓ in Σ∗ and ℎ in Σ, and the expected rewards make a difference.

Therefore, Δ𝑢𝑡 = 𝑞(ℓ) · E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)] . According
to the properness of 𝑃𝑆 , Δ𝑢𝑡 > 0. Therefore, when Δ𝑢𝑡 > Δ𝑢𝑑 ,
𝑢𝑖 (Σ) > 𝑢𝑖 (Σ∗) is equivalent to

𝑘 >
Δ𝑢𝑡

Δ𝑢𝑡 − Δ𝑢𝑑
· (𝑛 − 1) + 1.

When Δ𝑢𝑡 ≤ Δ𝑢𝑑 , the condition does not hold for any 𝑘 , and the

deviation will never succeed.

From the calculation, Δ𝑢𝑡 −Δ𝑢𝑑 = 𝑞(ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)).
Therefore, when 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), Δ𝑢𝑡 > Δ𝑢𝑑 , and 𝑢𝑖 (Σ) >

𝑢𝑖 (Σ∗) is equivalent to

𝑘 >
E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)]

𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ)
· (𝑛 − 1) + 1.

And when 𝑃𝑆 (ℎ, qℎ) ≤ 𝑃𝑆 (ℓ, qℎ), Δ𝑢𝑡 ≤ Δ𝑢𝑑 , and 𝑢𝑖 (Σ) >

𝑢𝑖 (Σ∗) does not hold for any 𝑘 . This is how 𝑘ℎ
𝐸
is determined. 𝑘ℓ

𝐸
is

determined in a similar reasoning.

Step 2: Deviations cannot succeed for 𝑘 ≤ 𝑘𝐸 . For 𝑘 = 1, the

statement holds from the truthfulness of the mechanism. Suppose

2 ≤ 𝑘 ≤ 𝑘𝐸 , and Σ be an arbitrary deviating strategy. Let 𝑢 (Σ∗)
be the expected utility of truthful reporting, which is equal for all

agents. For each deviator 𝑖 , let 𝜎𝑖 = (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
) denote 𝑖’s strategy in Σ.

We show that
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ) ≤ 𝑢 (Σ∗). Therefore, either there exists

some deviator 𝑖 such that 𝑢𝑖 (Σ) < 𝑢 (Σ∗), or for all the deviator 𝑖
there is 𝑢𝑖 (Σ) = 𝑢 (Σ∗). In either case, the deviation fails.

Now let 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) = 1

𝑘

∑
𝑖∈𝐷 𝜎𝑖 be the average of the devi-

ator’s strategies, and Σ̄ be the strategy profile where all agents

in 𝐷 plays 𝜎 and all other agents report truthfully. 𝑢𝑖 (Σ̄) is equal
among all the deviators 𝑖 due to symmetricity (and denoted by

𝑢 (Σ̄)). We first show that
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ) ≤ 𝑢 (Σ̄) (the average ex-

pected utility of deviators playing Σ will not exceed the expected

utility when each deviator plays 𝜎) and then that 𝑢 (Σ̄) ≤ 𝑢 (Σ∗)
(the expected utility that each deviator play 𝜎 will not exceed the

truthful expected utility).

To show
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ) ≤ 𝑢 (Σ̄), we compare the expected reward

from truthful agents and deviators separately. For a deviator 𝑖 ,

𝑢𝑖 (Σ | truthful) is independent of the strategy of other deviators

and is linear on 𝛽ℓ and 𝛽ℎ . Therefore,
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ | truthful) =

𝑢 (Σ̄ | truthful).

For the deviator’s part, 𝑢𝑖 (Σ | deviator) is the average of 𝑖’s

expected reward from comparing the report with all other deviators

𝑗 ∈ 𝐷 . Such expected reward is linear on 𝑗 ’s strategy given a fixed

𝑖’s strategy and linear on 𝑖’s strategy given a fixed 𝑗 ’s strategy.

Therefore, the average expected reward from agents with different

strategies equals to the reward from a peer playing the average

strategy, and𝑢𝑖 (Σ | deviator) equals to 𝑖’s expected reward from an

agent playing the average strategy 𝜎 minus a share of 𝑖’s expected

reward from an agent playing 𝜎𝑖 . Given a strategy 𝜎 = (𝛽ℓ , 𝛽ℎ),
let 𝑓 (𝛽ℓ , 𝛽ℎ) be the expected reward of an agent playing 𝜎 from

another agents also playing 𝜎 . Then

1

𝑘

∑︁
𝑖∈𝐷

𝑢𝑖 (Σ | deviator) = 𝑘

𝑘 − 1

𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ) −
1

(𝑘 − 1)𝑘
∑︁
𝑖∈𝐷

𝑓 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
).

It turns out that 𝑓 is a convex function. Therefore, 1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ |

deviator) ≤ 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ) = 𝑢 (Σ̄ | deviator). Combining the truthful

part and the deviator part, we show that
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ) ≤ 𝑢 (Σ̄).

Finally, we show that 𝑢 (Σ̄) ≤ 𝑢 (Σ∗). Note that 𝑢 (Σ̄) can be

viewed as a convex function on
¯𝛽ℓ and ¯𝛽ℎ . This is because 𝑢 (Σ̄ |

truthful) is linear on 𝜎 , and 𝑢 (Σ̄ | deviator) = 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ) is convex
on

¯𝛽ℓ and ¯𝛽ℎ . Therefore, it is sufficient to show that 𝑢 (Σ̄) ≤ 𝑢 (Σ∗)
on the four corner cases of 𝜎 : truthful reporting: 𝜎 = (0, 1), always
reporting ℎ: 𝜎 (1, 1), always reporting ℓ : 𝜎 = (0, 0), and always tell a
lie 𝜎 = (1, 0). When 𝜎 = (0, 1), all the deviator also report truthfully,
and Σ̄ = Σ∗. For 𝜎 = (0, 0) and 𝜎 = (1, 1), 𝑘 ≤ 𝑘𝐸 guarantees that

𝑢 (Σ̄) ≤ 𝑢 (Σ∗). Finally, when 𝜎 = (1, 0), similar reasoning to Step 1

shows that such deviation cannot succeed. □

3.2 Proof Sketch of Theorem 2.
The steps of the proof resemble the steps of the proof of Theorem 1,

yet the techniques are different. In Step 1, we determine 𝑘𝐵 by

comparing the interim expected utilities of a deviator when every

agent reports truthfully and when all 𝑘 deviators always report ℎ

(ℓ , respectively). In Step 2, we show that for any 𝑘 ≤ 𝑘𝐸 and any

deviating strategy profile Σ̄ where all the deviators play the same

strategy 𝜎 , the expected utility of a deviator on Σ̄ will not exceed

the expected utility when every agent reports truthfully. In Step 3,

we show that for sufficiently large 𝑛, any 𝑘 ≤ 𝑘𝐵 , and any deviating

strategy profile Σ, there exists a deviator whose expected utility is

strictly smaller than the expected utility when every agent reports

truthfully. The full proof is in Appendix D.

Themain technical difficulty lies in Step 2 and Step 3. Let𝑢 (Σ̄ | ℎ)
and𝑢 (Σ̄ | ℓ) be the interim expected utility of a deviator conditioned

on his/her signal being ℎ and ℓ , respectively, when Σ̄ is played.

𝑢 (Σ̄ | ℎ) and 𝑢 (Σ̄ | ℓ) can still be viewed as functions on
¯𝛽ℓ and ¯𝛽ℎ .

However, unlike the ex-ante 𝑢 (Σ̄), they are not convex. Therefore,

we cannot get
1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ | ℎ) ≤ 𝑢 (Σ̄ | ℎ) or 𝑢 (Σ̄ | ℎ) ≤ 𝑢 (Σ∗ |

ℎ) (or the ℓ side) directly from similar reasoning with those in

Theorem 1.

In Step 2, we instead show that for any Σ̄, either 𝑢 (Σ̄ | ℎ) ≤
𝑢 (Σ∗ | ℎ) or 𝑢 (Σ̄ | ℓ) ≤ 𝑢 (Σ∗ | ℓ) holds. Although 𝑢 (Σ̄ | ℎ) is not
convex, the convexity (or linearity) still holds in certain directions.

Herewe slightly abuse the notation towrite𝑢 (Σ̄ | ℎ) as𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ).
The following properties hold. (1) When

¯𝛽ℓ is fixed, 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ)
is convex on

¯𝛽ℎ . (2) When
¯𝛽ℎ is fixed, 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) is linear on ¯𝛽ℓ .

(3) When
¯𝛽ℓ =

𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · (1 − ¯𝛽ℎ), 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) is linear on ¯𝛽ℎ and
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increases when
¯𝛽ℎ increases. With these properties, we show that

𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ) holds in a triangle area as the following

lemma indicates.

Lemma 1. For any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ R2 satisfying (1) ¯𝛽ℓ ≥ 0, (2) ¯𝛽ℎ ≥ 0,
and (3) ¯𝛽ℎ + 𝑞 (ℓ |ℎ)

𝑞 (ℎ |ℎ) · ¯𝛽ℓ ≤ 1, it always holds that 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤
𝑢 (Σ∗ | ℎ), and the equality holds only when ¯𝛽ℓ = 0 and ¯𝛽ℎ = 1.

A similar triangle characterization also applies to the |ℓ side.

Lemma 2. For any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ R2 satisfying (1) ¯𝛽ℓ ≤ 1, (2) ¯𝛽ℎ ≤ 1,
and (3) ¯𝛽ℎ + 𝑞 (ℓ |ℓ )

𝑞 (ℎ |ℓ ) · ¯𝛽ℓ ≥ 1, it always holds that 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) ≤
𝑢 (Σ∗ | ℓ), and the equality holds only when ¯𝛽ℓ = 0 and ¯𝛽ℎ = 1.

The union of the two triangles covers [0, 1]2
, as

𝑞 (ℓ |ℎ)
𝑞 (ℎ |ℎ) <

𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) .

Therefore, for any 𝜎 ≠ (0, 1), the interim expected utility of the

deviators will be strictly lower than that of truthful reporting con-

ditioned on at least one of the signals.

0, 0
Always report ℓ

1, 1
Always report ℎ

0, 1
Report informatively

�̅� 
𝑞 ℓ ℎ
𝑞 ℎ ℎ ⋅ �̅�ℓ ൌ 1. 

below this line, agents with  
signal ℎ don’t want to deviate. �̅�

�̅�ℓ

�̅� 
𝑞 ℓ ℓ
𝑞 ℎ ℓ ⋅ �̅�ℓ ൌ 1. 

above this line, agents with 
signal ℓ don’t’ want to deviate.

Figure 1: The illustration of Lemma 1 and 2. The X-axis and
Y-axis denote ¯𝛽ℓ and ¯𝛽ℎ respectively. The two half-planes
characterized by two lines cover the [0, 1]2 area, so there
always exists agents with a certain signal that do not wish to
deviate. Two lines are not necessarily located above/below
point (1, 0).

Step 3 consists of three parts. Here we present the reasoning

conditioned on private signal being ℎ. The reasoning of the ℓ side

is similar. Given a deviating strategy Σ, let Σ̄ be the strategy where

all the deviators play the average strategy 𝜎 = 1

𝑘

∑
𝑖∈𝐷 𝜎𝑖 in Σ. 𝜎

will be located in the area characterized by Lemma 1. In the first

part, we show that when the deviators switch from Σ̄ to Σ, there
exists some agent 𝑖 whose expected utility will not increase by

𝐶
𝑛−1

, where 𝐶 is a constant related to the scoring rule. Formally,

𝑢𝑖 (Σ | ℎ) ≤ 𝑢 (Σ̄ | ℎ) + 𝐶
𝑛−1

. This comes from the fact that 𝑢𝑖 (Σ |
ℎ) − 𝑢 (Σ̄ | ℎ) can be written in the form of 𝑢𝑖 (Σ | ℎ) − 𝑢 (Σ̄ | ℎ) =
𝑀 (Σ̄) · (𝛽𝑖

ℎ
− ¯𝛽ℎ) +𝑂 ( 1

𝑛−1
), where𝑀 is a function of Σ̄. Therefore,

for any fixed Σ̄, either an agent 𝑖 with 𝛽𝑖
ℎ
≤ ¯𝛽ℎ or with 𝑏𝑝ℎ𝑖 ≥ ¯𝛽ℎ

satisfies 𝑢𝑖 (Σ | ℎ) ≤ 𝑢 (Σ̄ | ℎ) + 𝐶
𝑛−1

. In the second part, with similar

reasoning for Lemma 1, we show that for sufficiently large 𝑛 and

any 𝜎 in the triangle range, 𝑢 (Σ̄ | ℎ) ≥ 𝑢 (Σ∗ | ℎ) − 𝐶
𝑛−1

only if 𝜎 is

close to (0, 1) or (0, 0). In all other cases, the upper bound of the gain
from switching from Σ̄ to Σ is insufficient to fill the gap between

Σ̄ and truth-telling Σ∗ (𝑢𝑖 (Σ | ℎ) ≤ 𝑢 (Σ̄ | ℎ) + 𝐶
𝑛−1

< 𝑢 (Σ∗ | ℎ)).

Finally, we show that in the corner cases, there is a deviator 𝑖 such

that 𝑢𝑖 (Σ | ℎ) < 𝑢 (Σ∗ | ℎ). □

4 Other Applications and Future Directions
Although our theoretical results focus on peer prediction, we believe

that our solution concept of (ex-ante) Bayesian𝑘-strong equilibrium

is a powerful tool to characterize coalitional strategic behaviors

(with bounded group size) and predict the outcome in a wide range

of real-world scenarios. Here we give two more scenarios in which

our solution can be applied: voting with partially informed voters

and the Private Blotto game.

4.1 Voting with Partially Informed Voters
Starting from the Condorcet Jury Theorem [14], voting with par-

tially informed voters has been extensively studied in the past

literature [3, 4, 6, 8, 9, 15, 20–22, 25, 28, 37, 41–43, 46, 47, 59]. In the

voting setting where voters are partially informed, each voter only

has partial information about the alternatives and his/her prefer-

ence over the alternatives is not immediately clear. This happens in

myriad scenarios such as presidential elections (where the perfor-

mance of each president candidate is not fully known) and voting

for or against a certain policy or a certain decision (where the ef-

fect of the policy/decision is unclear at the moment of the voting).

The goal of a voting scheme is to aggregate the information of the

voters and uncover the alternative favored by the majority ex-post.
This is already a non-trivial task in the information aggregation

aspect [49], and the situation is even more complex with strategic

agents. In fact, this problem is highly non-trivial even with two

alternatives.

Consider the following typical model. A set of 𝑛 voters are voting

between two alternatives {A,B}. There are twoworld states {𝑋,𝑌 }.
One of them is the actual world, but this is unknown to the voters.

A voter’s preference over {A,B} may or may not depend on the

world state. For example, a voter may prefer A over B if the actual

world is 𝑋 and B over A if the actual world is 𝑌 , while another

voter may always prefer A over B regardless of the world state.

The goal of a voting mechanism is to identify the alternative that

is favored by the majority if the actual world state were revealed.

Although voters do not know the actual world state, each voter

receives a signal that is correlated to the world states. A voter,

after receiving the signal, forms beliefs over the likelihood of each

world state, infers the signals received by other voters, and casts

a vote according to these pieces of information. This naturally

formulates the problem as a Bayesian game. In addition, when the

number of voters 𝑛 is large, an individual voter’s change of strategy

is unlikely to affect the outcome of the election, and thus his/her

expected utility is almost unrelated to his/her strategy. On the other

hand, voters form coalitions and jointly decide their votes in many

practical scenarios. This motivates the study of strong Bayes-Nash

equilibria.

The celebrated result from Han et al. [28] shows that, when

voters’ preferences are aligned, under the majority vote mechanism
(each voter votes for either A or B; the alternative voted by more

than half of the voters wins), the alternative favored by the majority

(in ex-post) is almost surely identified if and only if the strategy

profile is a strong Bayes Nash equilibrium. Here, by saying aligned
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preferences, we mean that all voters’ utilities for alternative A are

higher in world state 𝑋 than in world state 𝑌 and their utilities

for alternative B are higher in world state 𝑌 than in world state

𝑋 . That is, all voters’ preferences are aligned in that they agree 𝑋

“corresponds to” A and 𝑌 “corresponds to” B, although the extent

the voters’ preferences are aligned with this correspondence can be

different and due to which voters can be classified into three types:

• the “left-wing voters” who always prefer A: 𝑣 (A, 𝑋 ) >

𝑣 (A, 𝑌 ) > 𝑣 (B, 𝑌 ) > 𝑣 (B, 𝑋 )
• the “right-wing voters” who always prefer B: 𝑣 (B, 𝑌 ) >

𝑣 (B, 𝑋 ) > 𝑣 (A, 𝑋 ) > 𝑣 (A, 𝑌 )
• “swing voters” who prefer the alternative corresponding to

the world state: 𝑣 (A, 𝑋 ) > 𝑣 (B, 𝑋 ) and 𝑣 (B, 𝑌 ) > 𝑣 (A, 𝑌 )
where 𝑣 (𝑎, 𝑠) denotes the utility for alternative 𝑎 ∈ {A,B} given
the actual world state 𝑠 ∈ {𝑋,𝑌 }.

The story is much more complicated with general utilities 𝑣 (·, ·)
that are not necessarily aligned. In Deng et al. [17], it is proved

that strong Bayes Nash equilibria may not exist even with only two

types of voters with antagonistic preferences. In particular, “good”

equilibria that identify the majority-favored alternative only exist

when the voters from one type significantly outnumber the voters

from the other type. When the population sizes of the two types of

voters are close, Deng et al. [17] show that no strong Bayes Nash

equilibrium exists.

However, only strong equilibria with unrestrictive group sizes

are considered in the above-mentioned work. A typical deviation

group in a strategy profile consists of all voters of the same type,

and the existence of this kind of large deviation group prevents

many strategy profiles from being equilibria. When considering

more practical scenarios with bounded coalition sizes, more “good”

equilibria are attainable. Given the large size of deviation groups

in the non-equilibria found in Deng et al. [17], it is likely there is

an interpolation between the deviation group size 𝑘 and the distri-

bution of voters from different types where “good” equilibria exist.

This provides a fine-grained structure to the problem compared

with the “all-or-nothing” result in Deng et al. [17].

Strong equilibria are even less likely to exist for more general

utilities. It is appealing to apply our new equilibrium concepts

with bounded deviating group sizes to characterize voters’ strategic

behaviors and obtain more positive and fine-grained results. We

believe this is a challenging yet exciting future research direction.

4.2 Private Blotto Game
Private Blotto game [19] is a decentralized variation of the classic

Colonel Blotto game [10]. It is proposed in order to model the

conflict in the crowdsourcing social media annotation. For example,

the CommunityNotes onX.com [61] allows users to vote for/against

posts to identify misinformation and toxic speech with the wisdom

of the crowd.

Example 9. Suppose there are 𝑛 platform users and 𝑚 posts on
a topic (for example, whether restrictions should be made for the
COVID pandemic). Users obtain different private information from
different sources, which can be generally categorized into two types,
pros and cons. Each user simultaneously chooses and labels one post
based on their type. The labels on each post will eventually determine
the influence on the readers. A post with more supporters spreads

more widely, and a post with more opponents will be announced as
misinformation. Each user aims to maximize the influence of their
type and plays the game strategically. What will be a stable status in
such a scenario?

The traditional Colonel Blotto game models this scenario as

a centralized game, where two opposite “colonels” (for example,

campaign groups) control all the users. In the Private Blotto game,

on the other hand, users make their own decisions on where to

deploy. This better simulates the modern social media environment

where a central coordinator is generally lacking.

Definition 3 (Private Blotto game.). 𝑛 agents are competing over

𝑚 items. Each agent has a type (𝑝𝑟𝑜 or 𝑐𝑜𝑛). Every agent (simultane-

ously) chooses exactly one item to label. The outcome of each item

is determined by some outcome function. The disutility of each

agent is the distance from the agent’s type to each item’s outcome.

The results in the Private Blotto game [19] appear to heavily

rely on the complete lack of coordination, which is also not entirely

realistic. While a central coordinator is lacking, an agent can still

locally coordinate with a few others. This allows (small) strategic

groups and local campaigns to emerge in real-world scenarios.

Moreover, these settings nearly always lack complete information

and might be more faithfully modeled by agents receiving different

information about various topics.

In this setting, our new solution concept of (ex-ante) Bayesian

𝑘-strong equilibrium seamlessly interpolates between these two

extremes of complete centralization and complete decentralization.

The bound 𝑘 can characterize how well-organized the agents are.

When 𝑘 = 1, agents are fully decentralized. A larger 𝑘 characterizes

scenarios where agents coordinate with friends, neighborhoods,

or campaigns on relevant issues. Finally, when 𝑘 is large enough,

agents can be viewed as commanded by two opposite centralized

“colonels”, and the game becomes closer to the traditional Colonel

Blotto game. Moreover, our definition will also naturally extend to

the setting where agents have more than two sides (for example,

different political factions that are more or less aligned) and the

scenario where the agent’s utilities are related to an underlying

ground truth rather than peer partisanship.

References
[1] Ittai Abraham, Danny Dolev, Rica Gonen, and Joe Halpern. 2006. Distributed

computing meets game theory: robust mechanisms for rational secret sharing

and multiparty computation. In Proceedings of the Twenty-Fifth Annual ACM
Symposium on Principles of Distributed Computing (Denver, Colorado, USA).

Association for Computing Machinery, New York, NY, USA, 53–62.

[2] Ittai Abraham, Danny Dolev, and Joseph Y. Halpern. 2008. Lower Bounds on

Implementing Robust and Resilient Mediators. In Theory of Cryptography, Ran
Canetti (Ed.). Springer Berlin Heidelberg, Berlin, Heidelberg, 302–319.

[3] Avidit Acharya. 2016. Information aggregation failure in a model of social

mobility. Games and Economic Behavior 100 (2016), 257–272.
[4] S Nageeb Ali, Maximilian Mihm, and Lucas Siga. 2018. Adverse selection in

distributive politics. Available at SSRN 3579095 (2018).
[5] Robert J. Aumann. 1959. Acceptable points in general cooperative n-person

games. In Annals of Mathematics Study 40. Contributions to the Theory of

Games, Vol. IV. Princeton University Press, 287–324.

[6] David Austen-Smith and Jeffrey S Banks. 1996. Information aggregation, ratio-

nality, and the Condorcet jury theorem. American political science review 90, 1

(1996), 34–45.

[7] Salvador Barbera, Michael Maschler, and Jonathan Shalev. 2001. Voting for voters:

a model of electoral evolution. Games and Economic Behavior 37, 1 (2001), 40–78.
[8] Sourav Bhattacharya. 2013. Preference monotonicity and information aggrega-

tion in elections. Econometrica 81, 3 (2013), 1229–1247.

8



929

930

931

932

933

934

935

936

937

938

939

940

941

942

943

944

945

946

947

948

949

950

951

952

953

954

955

956

957

958

959

960

961

962

963

964

965

966

967

968

969

970

971

972

973

974

975

976

977

978

979

980

981

982

983

984

985

986

Strong Equilibria in Bayesian Games with Bounded Group Size WebConf ’25, 28 April - 2 May, 2025, Sydney, Australia

987

988

989

990

991

992

993

994

995

996

997

998

999

1000

1001

1002

1003

1004

1005

1006

1007

1008

1009

1010

1011

1012

1013

1014

1015

1016

1017

1018

1019

1020

1021

1022

1023

1024

1025

1026

1027

1028

1029

1030

1031

1032

1033

1034

1035

1036

1037

1038

1039

1040

1041

1042

1043

1044

[9] Sourav Bhattacharya. 2023. Condorcet Jury Theorem in a Spatial Model of Elections.
Ph. D. Dissertation. Indian Institute of Management Calcutta.

[10] Emile Borel. 1953. The Theory of Play and Integral Equations with Skew Sym-

metric Kernels. Econometrica 21, 1 (1953), 97–100. http://www.jstor.org/stable/

1906946

[11] Noah Burrell and Grant Schoenebeck. 2023. Measurement Integrity in Peer Pre-

diction: A Peer Assessment Case Study. In Proceedings of the 24th ACM Conference
on Economics and Computation (EC 2023).

[12] Julio B Clempner and Alexander S Poznyak. 2015. Computing the strong Nash

equilibrium for Markov chains games. Appl. Math. Comput. 265 (2015), 911–927.
[13] Julio B Clempner and Alexander S Poznyak. 2020. Finding the strong nash

equilibrium: Computation, existence and characterization for markov games.

Journal of Optimization Theory and Applications 186 (2020), 1029–1052.
[14] Marquis de Condorcet. 1785. Essai sur l’application de l’analyse à la probabilité

des décisions rendues à la pluralité des voix. Paris: L’Imprimerie Royale.

[15] Peter J Coughlan. 2000. In defense of unanimous jury verdicts: Mistrials, com-

munication, and strategic voting. American Political science review 94, 2 (2000),

375–393.

[16] Anirban Dasgupta and Arpita Ghosh. 2013. Crowdsourced judgement elicitation

with endogenous proficiency. In Proceedings of the 22nd International Conference
on World Wide Web. Association for Computing Machinery, New York, NY, USA,

319–330.

[17] Xiaotie Deng, Biaoshuai Tao, and Ying Wang. 2024. Aggregation of An-

tagonistic Contingent Preferences: When Is It Possible?. In International
Conference on Web and Internet Economics. Springer, Forthcoming. See also

https://arxiv.org/abs/2410.08127.

[18] Yvo Desmedt and Edith Elkind. 2010. Equilibria of plurality voting with ab-

stentions. In Proceedings of the 11th ACM conference on Electronic commerce.
347–356.

[19] Kate Donahue and Jon Kleinberg. 2023. Private Blotto: Viewpoint Competition

with Polarized Agents. arXiv preprint arXiv:2302.14123 (2023).
[20] John Duggan and César Martinelli. 2001. A Bayesian model of voting in juries.

Games and Economic Behavior 37, 2 (2001), 259–294.
[21] Timothy Feddersen and Wolfgang Pesendorfer. 1997. Voting behavior and infor-

mation aggregation in elections with private information. Econometrica: Journal
of the Econometric Society (1997), 1029–1058.

[22] Timothy Feddersen and Wolfgang Pesendorfer. 1998. Convicting the innocent:

The inferiority of unanimous jury verdicts under strategic voting. American
Political science review 92, 1 (1998), 23–35.

[23] Xi Alice Gao, AndrewMao, Yiling Chen, and Ryan Prescott Adams. 2014. Trick or

treat: putting peer prediction to the test. In Proceedings of the Fifteenth ACM Con-
ference on Economics and Computation. Association for Computing Machinery,

New York, NY, USA, 507–524.

[24] Xi Alice Gao, James R. Wright, and Kevin Leyton-Brown. 2019. Incentivizing

evaluation with peer prediction and limited access to ground truth. Artificial
Intelligence 275 (2019), 618–638.

[25] Dino Gerardi. 2000. Jury verdicts and preference diversity. American Political
Science Review 94, 2 (2000), 395–406.

[26] Huiyi Guo and Nicholas C Yannelis. 2022. Robust coalitional implementation.

Games and economic behavior 132 (2022), 553–575.
[27] Guangsug Hahn and Nicholas C Yannelis. 2001. Coalitional Bayesian Nash

implementation in differential information economies. Economic Theory 18

(2001), 485–509.

[28] Qishen Han, Grant Schoenebeck, Biaoshuai Tao, and Lirong Xia. 2023. The

Wisdom of Strategic Voting. In Proceedings of the 24th ACM Conference on Eco-
nomics and Computation (London, United Kingdom). Association for Computing

Machinery, New York, NY, USA, 885–905.

[29] Tobias Harks and Max Klimm. 2012. On the existence of pure Nash equilibria

in weighted congestion games. Mathematics of Operations Research 37, 3 (2012),

419–436.

[30] John Harsanyi. 1967–1968. Game with incomplete information played by

Bayesian players. Management Science 14 (1967–1968), 159–182; 320–334; 486–
502.

[31] Arlo D. Hendrickson and Robert J. Buehler. 1971. Proper Scores for Probability

Forecasters. The Annals of Mathematical Statistics 42, 6 (1971), 1916 – 1921.

https://doi.org/10.1214/aoms/1177693057

[32] Ron Holzman and Nissan Law-Yone. 1997. Strong equilibrium in congestion

games. Games and economic behavior 21, 1-2 (1997), 85–101.
[33] Tatsuro Ichiishi and Adam Idzik. 1996. Bayesian cooperative choice of strategies.

International Journal of Game Theory 25 (1996), 455–473.

[34] Tatsuro Ichiishi and Akira Yamazaki. 2006. Cooperative extensions of the Bayesian
game. Springer Japan, Tokyo, 273–296.

[35] Radu Jurca and Boi Faltings. 2007. Collusion Resistant, Incentive Compatible

Feedback Payments. In Proceedings of the ACMConference on Electronic Commerce
(EC). San Diego, CA, USA.

[36] Radu Jurca and Boi Faltings. 2009. Mechanisms for making crowds truthful.

Journal of Artificial Intelligence Research 34, 1 (mar 2009), 209–253.

[37] Jaehoon Kim and Mark Fey. 2007. The swing voter’s curse with adversarial

preferences. Journal of Economic Theory 135, 1 (2007), 236–252.

[38] Yuqing Kong, Katrina Ligett, and Grant Schoenebeck. 2016. Putting Peer Pre-

diction Under the Micro(economic)scope and Making Truth-Telling Focal. In

Web and Internet Economics, Yang Cai and Adrian Vetta (Eds.). Springer Berlin

Heidelberg, Berlin, Heidelberg, 251–264.

[39] Yuqing Kong and Grant Schoenebeck. 2018. Equilibrium Selection in Information

Elicitation without Verification via Information Monotonicity. In 9th Innovations
in Theoretical Computer Science Conference (Leibniz International Proceedings in
Informatics (LIPIcs), Vol. 94), Anna R. Karlin (Ed.). Schloss Dagstuhl – Leibniz-

Zentrum für Informatik, Dagstuhl, Germany, 13:1–13:20.

[40] Yuqing Kong and Grant Schoenebeck. 2019. An Information Theoretic Frame-

work For Designing Information Elicitation Mechanisms That Reward Truth-

telling. ACM Transactions on Economics and Computation (TEAC) 7, 1 (February
2019), 2:1–2:33. https://doi.org/10.1145/3296670

[41] Cesar Martinelli. 2002. Convergence results for unanimous voting. Journal of
Economic Theory 105, 2 (2002), 278–297.

[42] Andrew McLennan. 1998. Consequences of the Condorcet jury theorem for

beneficial information aggregation by rational agents. American political science
review 92, 2 (1998), 413–418.

[43] Adam Meirowitz. 2002. Informative voting and Condorcet jury theorems with a

continuum of types. Social Choice and Welfare 19, 1 (2002), 219–236.
[44] Carl D. Meyer. 2000. Matrix analysis and applied linear algebra. SIAM.

[45] Nolan Miller, Paul Resnick, and Richard Zeckhauser. 2005. Eliciting Informative

Feedback: The Peer-Prediction Method. Management Science 51, 9 (2005), 1359–
1373.

[46] Roger BMyerson. 1998. Extended Poisson games and the Condorcet jury theorem.

Games and Economic Behavior 25, 1 (1998), 111–131.
[47] Wolfgang Pesendorfer and Timothy Feddersen. 1996. The swing voter’s curse.

American Economic Review 86, 3 (1996), 408–424.

[48] Drazen Prelec. 2004. A Bayesian Truth Serum for Subjective Data. Sci-
ence 306, 5695 (2004), 462–466. https://doi.org/10.1126/science.1102081

arXiv:https://www.science.org/doi/pdf/10.1126/science.1102081

[49] Dražen Prelec, H Sebastian Seung, and John McCoy. 2017. A solution to the

single-question crowd wisdom problem. Nature 541, 7638 (2017), 532–535.
[50] Zinovi Rabinovich, Svetlana Obraztsova, Omer Lev, Evangelos Markakis, and

Jeffrey Rosenschein. 2015. Analysis of equilibria in iterative voting schemes. In

Proceedings of the AAAI conference on artificial intelligence, Vol. 29.
[51] Goran Radanovic and Boi Faltings. 2015. Incentive schemes for participatory

sensing. In Proceedings of AAMAS.
[52] Mikhail Safronov. 2018. Coalition-proof full efficient implementation. Journal of

Economic Theory 177 (2018), 659–677.

[53] Grant Schoenebeck and Biaoshuai Tao. 2021. Wisdom of the Crowd Voting:

Truthful Aggregation of Voter Information and Preferences. In Advances in
Neural Information Processing Systems, Vol. 34. Curran Associates, Inc., 1872–

1883.

[54] Grant Schoenebeck, Fang-Yi Yu, and Yichi Zhang. 2021. Information Elicitation

from Rowdy Crowds. In Proceedings of the 30th The Web Conference (WWW
2021).

[55] Victor Shnayder, Arpit Agarwal, Rafael Frongillo, and David C. Parkes. 2016.

Informed Truthfulness in Multi-Task Peer Prediction. In Proceedings of the 2016
ACM Conference on Economics and Computation (Maastricht, The Netherlands).

Association for Computing Machinery, New York, NY, USA, 179–196.

[56] Victor Shnayder, Rafael M. Frongillo, and David C. Parkes. 2016. Measuring

Performance of Peer Prediction Mechanisms Using Replicator Dynamics. In 25th
International Joint Conference on Artificial Intelligence (IJCAI 2016). New York,

NY. http://nrs.harvard.edu/urn-3:HUL.InstRepos:32220916

[57] Victor Shnayder and David Parkes. 2016. Practical Peer Prediction for Peer

Assessment. Proceedings of the AAAI Conference on Human Computation and
Crowdsourcing 4, 1 (Sep. 2016), 199–208.

[58] Bo Waggoner and Yiling Chen. 2014. Output Agreement Mechanisms and

Common Knowledge. Proceedings of the AAAI Conference on Human Computation
and Crowdsourcing 2, 1 (Sep. 2014), 220–226.

[59] Jörgen Wit. 1998. Rational choice and the Condorcet jury theorem. Games and
Economic Behavior 22, 2 (1998), 364–376.

[60] Jens Witkowski and David C Parkes. 2013. Learning the prior in minimal peer

prediction. In Proceedings of the 3rd Workshop on Social Computing and User
Generated Content at the ACM Conference on Electronic Commerce, Vol. 14. 5.

[61] Stefan Wojcik, Sophie Hilgard, Nick Judd, Delia Mocanu, Stephen Ragain, MB

Hunzaker, Keith Coleman, and Jay Baxter. 2022. Birdwatch: Crowd wisdom

and bridging algorithms can inform understanding and reduce the spread of

misinformation. arXiv preprint arXiv:2210.15723 (2022).
[62] Huibing Yin, Uday V Shanbhag, and Prashant G Mehta. 2011. Nash equilibrium

problems with scaled congestion costs and shared constraints. IEEE transactions
on automatic control 56, 7 (2011), 1702–1708.

[63] Yichi Zhang and Grant Schoenebeck. 2023. Multitask Peer Prediction With Task-

dependent Strategies. In Proceedings of the 32nd The Web Conference (WWW
2023).

9

http://www.jstor.org/stable/1906946
http://www.jstor.org/stable/1906946
https://doi.org/10.1214/aoms/1177693057
https://doi.org/10.1145/3296670
https://doi.org/10.1126/science.1102081
https://arxiv.org/abs/https://www.science.org/doi/pdf/10.1126/science.1102081
http://nrs.harvard.edu/urn-3:HUL.InstRepos:32220916


1045

1046

1047

1048

1049

1050

1051

1052

1053

1054

1055

1056

1057

1058

1059

1060

1061

1062

1063

1064

1065

1066

1067

1068

1069

1070

1071

1072

1073

1074

1075

1076

1077

1078

1079

1080

1081

1082

1083

1084

1085

1086

1087

1088

1089

1090

1091

1092

1093

1094

1095

1096

1097

1098

1099

1100

1101

1102

WebConf ’25, 28 April - 2 May, 2025, Sydney, Australia Anon.

1103

1104

1105

1106

1107

1108

1109

1110

1111

1112

1113

1114

1115

1116

1117

1118

1119

1120

1121

1122

1123

1124

1125

1126

1127

1128

1129

1130

1131

1132

1133

1134

1135

1136

1137

1138

1139

1140

1141

1142

1143

1144

1145

1146

1147

1148

1149

1150

1151

1152

1153

1154

1155

1156

1157

1158

1159

1160

A Properties of proper scoring rule.
For a scoring rule 𝑃𝑆 , we define 𝑃𝑆 : ΔS × ΔS → R such that for two distributions q1 and q2, 𝑃𝑆 (q1; q2) = E𝑠∼q1

[𝑃𝑆 (𝑠, q2)].
Proper scoring rules have the following properties.

Theorem 3. [[31]] A scoring rule 𝑃𝑆 is (strictly) proper if and only if there exists a (strictly) convex function 𝐺 : ΔS → R, such that for any q,
𝐺 (q) = 𝑃𝑆 (q; q), and 𝑃𝑆 (𝑠, q) = 𝐺 (q) + 𝑑𝐺 (q) (𝛿𝑠 − q), where 𝑑𝐺 is a subgradient of𝐺 , and 𝛿𝑠 is the distribution that putting probability 1 on 𝑠 .

We use this property to prove the following Lemma.

Lemma 3. Given the assumptions, the following inequalities hold. (1) 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℎ, qℓ ). (2) 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℓ, qℎ).

Proof of Lemma 3. Suppose 𝐺 and 𝑑𝐺 are the convex function and the subgradient satisfying Theorem 3 regarding 𝑃𝑆 . Then we have

𝑃𝑆 (ℎ, qℎ) = 𝐺 (qℎ) + 𝑑𝐺 (qℎ) · (𝛿ℎ − qℎ) .
𝑃𝑆 (ℎ, qℓ ) = 𝐺 (qℓ ) + 𝑑𝐺 (qℓ ) · (𝛿ℎ − qℓ ).

𝛿ℎ is the distribution on S that putting probability 1 on ℎ.

Since 𝑑𝐺 is a subgradient of𝐺 , it satisfies𝐺 (𝑦) ≥ 𝐺 (𝑥) + 𝑑𝐺 (𝑥) · (𝑦 − 𝑥) for any 𝑥,𝑦 ∈ ΔS . Consequently, (𝑑𝐺 (𝑦) − 𝑑𝐺 (𝑥)) · (𝑦 − 𝑥) ≥ 0

for any 𝑥,𝑦 ∈ ΔS . Then we have

𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ) = 𝐺 (qℎ) −𝐺 (qℓ ) + 𝑑𝐺 (qℎ) · (𝛿ℎ − qℎ) − 𝑑𝐺 (qℓ ) · (𝛿ℎ − qℓ )
≥ 𝑑𝐺 (qℓ ) · (qℎ − qℓ ) + 𝑑𝐺 (qℎ) · (𝛿ℎ − qℎ) − 𝑑𝐺 (qℓ ) · (𝛿ℎ − qℓ )
= (𝑑𝐺 (qℎ) − 𝑑𝐺 (qℓ )) · (𝛿ℎ − qℎ).

Note that (𝛿ℎ − qℎ) (ℎ) = 1 − 𝑞(ℎ | ℎ) = 𝑞(ℓ | ℎ), and (𝛿ℎ − qℎ) (ℓ) = −𝑞(ℓ | ℎ). On the other hand, (qℎ − qℓ ) (ℎ) = −(qℎ − qℓ ) (ℓ) = 𝑞(ℎ |
ℎ) − 𝑞(ℎ | ℓ) > 0. Therefore,

𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ) = (𝑑𝐺 (qℎ) − 𝑑𝐺 (qℓ )) · (𝛿ℎ − qℎ)

=
𝑞(ℓ | ℎ)

𝑞(ℎ | ℎ) − 𝑞(ℎ | ℓ) · (𝑑𝐺 (qℎ) − 𝑑𝐺 (qℓ )) · (qℎ − qℓ )

≥ 0,

With similar reasoning we have 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℓ, qℎ) ≥ 0. Then note that since 𝑃𝑆 is a strictly proper scoring rule,

𝑃𝑆 (qℎ ; qℎ) − 𝑃𝑆 (qℎ, qℓ )
= 𝑞(ℎ | ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ )) + 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℓ, qℓ ))
> 0.

Therefore, 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ) > 0. The proof of (2) follows a similar reasoning as (1). □

B Equivalence with Bayesian Nash Equilibrium
In this section, we show that when 𝑘 = 1, both ex-ante Bayesian 𝑘-strong equilibrium and Bayesian 𝑘-strong equilibrium are equivalent to

the classical Bayesian Nash Equilibrium [30].

Definition 4 (Bayesian Nash equilibrium). A strategy profile Σ = (𝜎𝑖 )𝑖∈[𝑛] is a Bayesian Nash equilibrium (BNE) if for every agent 𝑖 , every

𝑖’s strategy 𝜎′
𝑖
, and every type 𝑠𝑖 ∈ S𝑖 , 𝑢𝑖 (Σ | 𝑠𝑖 ) ≥ 𝑢𝑖 ((𝜎′𝑖 , Σ−𝑖 ) | 𝑠𝑖 ), where Σ−𝑖 is the strategies all other agents play in Σ.

The following propositions shows the equivalence among solution concepts.

Proposition 2. If a strategy profile Σ is a Bayesian Nash equilibrium, then Σ is an ex-ante Bayesian 1-strong equilibrium.

Proof. Suppose Σ is a Bayesian Nash equilibrium, then for every agent 𝑖 , every 𝑖’s strategy 𝜎′
𝑖
, and every type 𝑠𝑖 ∈ S𝑖 , 𝑢𝑖 (Σ | 𝑠𝑖 ) ≥

𝑢𝑖 ((𝜎′𝑖 , Σ−𝑖 ) | 𝑠𝑖 ). Then from the law of total probability, adding up all the types in S, 𝑢𝑖 (Σ) ≥ 𝑢𝑖 ((𝜎′𝑖 , Σ−𝑖 )). This implies that Σ is an ex-ante

Bayesian 1-strong equilibrium. □

Proposition 3. If a strategy profile Σ is a Bayesian 1-strong equilibrium, then Σ is a Bayesian Nash equilibrium.

Proof. Suppose Σ is NOT a Bayesian Nash equilibrium, and for agent 𝑖 , strategy 𝜎′
𝑖
, and type 𝑠𝑖 . 𝑢𝑖 (Σ | 𝑠𝑖 ) < 𝑢𝑖 ((𝜎′𝑖 , Σ−𝑖 ) | 𝑠𝑖 ). Now

consider the strategy 𝜎′′
𝑖
such that for all 𝑠′

𝑖
∈ S𝑖 and 𝑠′𝑖 ≠ 𝑠𝑖 , 𝜎

′′
𝑖
(𝑠′) = 𝜎𝑖 (𝑠′), and 𝜎′′𝑖 (𝑠𝑖 ) = 𝜎′

𝑖
(𝑠). Then we have𝑢𝑖 (Σ | 𝑠𝑖 ) < 𝑢𝑖 ((𝜎′′𝑖 , Σ−𝑖 ) | 𝑠𝑖 )

and 𝑢𝑖 (Σ | 𝑠𝑖 ) = 𝑢𝑖 ((𝜎′𝑖 , Σ−𝑖 ) | 𝑠𝑖 ) for all 𝑠
′
𝑖
∈ S𝑖 and 𝑠′𝑖 ≠ 𝑠𝑖 . This implies that Σ is a Bayesian 1-strong equilibrium. □

Proposition 2, Proposition 3, and Proposition 1 when 𝑘 = 1 form a cycle of equivalence.
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C Proof of Theorem 1
The proof consists of two steps. In Step 1, we characterize 𝑘𝐸 by comparing the ex-ante expected utility of a deviator when every agent

reports truthfully and when all 𝑘 deviators always report ℎ (and always report ℓ , respectively). At least one of the two deviations brings

a deviator higher expected utility if and only if 𝑘 > 𝑘𝐸 . In Step 2, we show that for any 𝑘 ≤ 𝑘𝐸 and any deviating strategy profile Σ′, the
average expected utility among all the deviators when Σ′ is played will not exceed the expected utility when every agent reports truthfully.

Therefore, there exists a deviator whose expected utility will decrease after the deviation, and the deviation cannot succeed.

Step 1: characterizing 𝑘𝐸 .
Consider a deviating group 𝐷 of 𝑘 agents. In the deviating strategy profile Σ, all the deviators always report ℎ, i.e. 𝜎 = (1, 1). (The

reasoning for all deviators reporting ℓ will be similar.) We fix an arbitrary deviator 𝑖 ∈ 𝐷 and characterize the condition of 𝑘 such that

𝑢𝑖 (Σ) > 𝑢𝑖 (Σ∗). Due to the symmetricity of the strategy profile, this implies that the expected utility of every deviator is higher in deviation

than in truth-telling, and the deviation is successful.

To compare the expected utilities, we divide 𝑢𝑖 (Σ). One part is the average expected utility from all other deviators 𝑗 ∈ 𝐷 \ 𝑖 , denoted by

𝑢𝑖 (Σ | deviator). The other part is the average expected utility from all truthful agents 𝑗 ∈ [𝑛] \ 𝐷 , denoted by 𝑢𝑖 (Σ | truthful).

𝑢𝑖 (Σ) =
1

𝑛 − 1

©«
∑︁
𝑗∈𝐷\𝑖

E[𝑅𝑖 (𝑎 𝑗 )] +
∑︁

𝑗∈[𝑛]\𝐷
E[𝑅𝑖 (𝑎 𝑗 )]ª®¬

=
𝑘 − 1

𝑛 − 1

· 𝑢𝑖 (Σ | deviator) + 𝑛 − 𝑘

𝑛 − 1

· 𝑢𝑖 (Σ | truthful) .

With the truthfulness of the peer prediction mechanism, 𝑢𝑖 (Σ | truthful) is maximized when 𝑖 reports truthfully, and 𝑖 cannot increase

his/her expected utility by deviation in this part. Therefore, agent 𝑖 should gain a higher expected utility in the deviation part.

Let Δ𝑢𝑑 = 𝑢𝑖 (Σ∗) − 𝑢𝑖 (Σ | deviator), and Δ𝑢𝑡 = 𝑢𝑖 (Σ∗) − 𝑢𝑖 (Σ | truthful). Our goal is to find the condition on 𝑘 such that

𝑘 − 1

𝑛 − 1

· Δ𝑢𝑑 + 𝑛 − 𝑘

𝑛 − 1

· Δ𝑢𝑡 < 0.

Note that when in Σ all agents 𝑖 have equal expected utility. Therefore, the inequality should be strict. When Δ𝑢𝑡 > Δ𝑢𝑑 , this is equivalent to

𝑘 >
Δ𝑢𝑡

Δ𝑢𝑡 − Δ𝑢𝑑
· (𝑛 − 1) + 1.

And when Δ𝑢𝑡 ≤ Δ𝑢𝑑 , the condition does not hold for any 𝑘 , and the deviation will never succeed.

We first calculate the truthful expected utility. Note that when everyone plays the same strategy, the expected utility equals the expectation

on 𝑅𝑖 (𝑎 𝑗 ).
𝑢𝑖 (Σ∗) = 𝑞(ℎ) · (𝑞(ℎ | ℎ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℎ) · 𝑃𝑆 (ℓ, qℎ))

+ 𝑞(ℓ) · (𝑞(ℎ | ℓ) · 𝑃𝑆 (ℎ, qℓ ) + 𝑞(ℓ | ℓ) · 𝑃𝑆 (ℓ, qℓ )) .
Then we calculate 𝑢𝑖 (Σ | truthful).

𝑢𝑖 (Σ | truthful) = 𝑞(ℎ) · (𝑞(ℎ | ℎ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℎ) · 𝑃𝑆 (ℓ, qℎ))
+ 𝑞(ℓ) · (𝑞(ℎ | ℓ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℓ) · 𝑃𝑆 (ℓ, qℎ)) .

Therefore, the first part of the difference is

Δ𝑢𝑡 = 𝑞(ℓ) · (𝑞(ℎ | ℓ) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℎ, qℎ)) + 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)))
= 𝑞(ℓ) · E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)]

From the property of the strict proper scoring rule, we know that Δ𝑢𝑡 > 0.

And when 𝑗 is a deviator always reporting ℎ, the utility of 𝑖 will always be 𝑃𝑆 (ℎ, qℎ). Therefore, the second part of the difference is

Δ𝑢𝑑 =𝑞(ℓ) · (𝑞(ℎ | ℓ) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℎ, qℎ)) + 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℎ)))
+ 𝑞(ℎ) · 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℎ, qℎ)).

And

Δ𝑢𝑡 − Δ𝑢𝑑 = 𝑞(ℓ) · 𝑞(ℓ | ℓ) (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) − 𝑞(ℎ) · 𝑞(ℓ | ℎ) (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℎ, qℎ))
=𝑞(ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) .

Therefore, when 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) > 0, the condition for the deviation to succeed is 𝑘 >
E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑃𝑆 (𝑠,qℎ ) ]

𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) · (𝑛 − 1) + 1. And

when 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) ≤ 0, the deviation will never succeed. This is how 𝑘ℎ
𝐸
is defined.

Similarly, for deviation where all deviators always report ℓ , the condition for the deviation to succeed is 𝑘 >
E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑃𝑆 (𝑠,qℓ ) ]

𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) ·
(𝑛 − 1) + 1 when 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) > 0, and the deviation can never succeed when 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≤ 0. This is how 𝑘ℓ

𝐸
is defined.

Also, note that by Lemma 3, at least one of 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) > 0 and 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) > 0 holds.
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Therefore, for all 𝑘 ≤ 𝑘𝐸 , both deviations cannot succeed.

Step 2: Equlibrium holds for 𝑘 ≤ 𝑘𝐸 .

We fix an arbitrary 2 ≤ 𝑘 ≤ 𝑘𝐸 . (For 𝑘 = 1, the ex-ante Bayesian 1-strong equilibrium is equivalent to BNE, which is guaranteed by

the truthfulness of the peer prediction mechanism.) Let Σ be the deviating strategy and 𝜎𝑖 = (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
) be the strategy agent 𝑖 plays in Σ.

𝑢𝑖 (Σ | truthful) and 𝑢𝑖 (Σ | deviator) still denote the expected utility 𝑖 gain from truthful agents and deviators, respectively. In this part, we

consider the average on the expected utility of all agents 𝑖 ∈ 𝐷 . Let 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) = 1

𝑘

∑
𝑖∈𝐷 𝜎𝑖 be the average strategy on all deviators.

For the truthful side, we have

𝑢𝑖 (Σ | truthful) = 1

𝑛 − 𝑘

∑︁
𝑗∈[𝑛]\𝐷

E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠 𝑗∼q𝑠𝑖 𝑃𝑆 (𝑠 𝑗 , q𝑎𝑖 )

= E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠 𝑗∼q𝑠𝑖 𝑃𝑆 (𝑠 𝑗 , q𝑎𝑖 )

Let

𝑢 (Σ | truthful) = 1

𝑘

∑︁
𝑖∈𝐷

𝑢𝑖 (Σ | truthful)

= E𝑠∼q,𝑎∼�̄� (𝑠 )E𝑠 𝑗∼q𝑠𝑃𝑆 (𝑠 𝑗 , q𝑎) .

The equation comes from the fact that 𝛽
𝑗

ℎ
and 𝛽

𝑗
ℓ
are linear in the expected utility. Note that when everyone reports truthfully, everyone has

equal expected utility, i.e. 𝑢 (Σ∗) = 𝑢𝑖 (Σ∗). Then the difference between truthful reporting and deviation is a function of
¯𝛽ℓ and ¯𝛽ℎ .

Δ𝑢𝑡 ( ¯𝛽ℓ , ¯𝛽ℎ)
= 𝑢 (Σ∗) − 𝑢 (Σ | truthful)
= 𝑞(ℎ) · (1 − ¯𝛽ℎ) · (𝑞(ℎ | ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ )) + 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℓ, qℓ )))

+ 𝑞(ℓ) · ¯𝛽ℓ · (𝑞(ℎ | ℓ) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℎ, qℎ)) + 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℓ, qℎ))) .

Δ𝑢𝑡 ( ¯𝛽ℓ , ¯𝛽ℎ) ≥ 0 and the equation holds when
¯𝛽ℎ = 1 and

¯𝛽ℓ = 0 is guaranteed by the property of the strict proper scoring rule.

For the deviator side, we have

𝑢𝑖 (Σ | deviator) = 1

𝑘 − 1

∑︁
𝑗∈𝐷\{𝑖 }

E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠 𝑗∼q𝑠𝑖 ,𝑎 𝑗∼𝜎 𝑗 (𝑠 𝑗 )𝑃𝑆 (𝑎 𝑗 , q𝑎𝑖 ).

And 𝑢 (Σ | deviator) = 1

𝑘

∑
𝑖∈𝐷 𝑢𝑖 (Σ | deviator).

To better characterize 𝑢 (Σ | deviator), we find an upper bound parameterized only by 𝜎 . Note that

𝑢𝑖 (Σ | deviator) = 𝑘

𝑘 − 1

E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠∼q𝑠𝑖 ,𝑎∼�̄� (𝑠 )𝑃𝑆 (𝑎, q𝑎𝑖 )

− 1

𝑘 − 1

E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠∼q𝑠𝑖 ,𝑎∼𝜎𝑖 (𝑠 )𝑃𝑆 (𝑎, q𝑎𝑖 ) .

The first term can be viewed as adding an independent deviator that plays the same strategy 𝜎𝑖 as 𝑖 into the deviator set 𝐷 . Then the average

can be represented as

𝑢 (Σ | deviator) = 𝑘

𝑘 − 1

E𝑠′∼q,𝑎′∼�̄� (𝑠′ )E𝑠∼q𝑠′ ,𝑎∼�̄� (𝑠 )𝑃𝑆 (𝑎, q𝑎′ )

− 1

(𝑘 − 1)𝑘
∑︁
𝑖∈𝐷
E𝑠𝑖∼q,𝑎𝑖∼𝜎𝑖 (𝑠𝑖 )E𝑠∼q𝑠𝑖 ,𝑎∼𝜎𝑖 (𝑠 )𝑃𝑆 (𝑎, q𝑎𝑖 ).

Let 𝑓 : [0, 1]2 → R. For a strategy 𝜎 = (𝛽ℓ , 𝛽ℎ), let

𝑓 (𝛽ℓ , 𝛽ℎ) = E𝑠′∼q,𝑎′∼𝜎 (𝑠′ )E𝑠∼qℎ,𝑎∼𝜎 (𝑠 )𝑃𝑆 (𝑎, q𝑎′ ) .

Then we can represent 𝑢 (Σ | deviator) in the form of 𝑓 .

𝑢 (Σ | deviator) = 𝑘

𝑘 − 1

𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ) −
1

(𝑘 − 1)𝑘
∑︁
𝑖∈𝐷

𝑓 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
) .

Claim 1. 𝑓 (𝛽ℓ , 𝛽ℎ) is convex on [0, 1]2.
12
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Proof. Note that

𝜕2 𝑓

𝜕𝛽2

ℓ

= 2𝑞(ℓ) · 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)),

𝜕2 𝑓

𝜕𝛽2

ℎ

= 2𝑞(ℎ) · 𝑞(ℎ | ℎ) · (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)),

𝜕2 𝑓

𝜕𝛽ℓ 𝜕𝛽ℎ
= (𝑞(ℓ) · 𝑞(ℎ | ℓ) + 𝑞(ℎ) · 𝑞(ℓ | ℎ)) (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)),

𝜕2 𝑓

𝜕𝛽ℎ𝜕𝛽ℓ
= (𝑞(ℓ) · 𝑞(ℎ | ℓ) + 𝑞(ℎ) · 𝑞(ℓ | ℎ)) (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)).

Let

𝐻 =

[
2𝑞(ℓ) · 𝑞(ℓ | ℓ) 𝑞(ℓ) · 𝑞(ℎ | ℓ) + 𝑞(ℎ) · 𝑞(ℓ | ℎ)

𝑞(ℓ) · 𝑞(ℎ | ℓ) + 𝑞(ℎ) · 𝑞(ℓ | ℎ) 2𝑞(ℎ) · 𝑞(ℎ | ℎ)

]
.

Then the Hermitian matrix of 𝑓 is

𝐻 (𝑓 ) = (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)) · 𝐻.

To show the convexity of 𝑓 , it is sufficient to show that 𝐻 (𝑓 ) is positive semi-definite. From Lemma 3 we know that (𝑃𝑆 (ℎ, qℎ) + 𝑃𝑆 (ℓ, qℓ ) −
𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)) > 0. Therefore, it is sufficient to show that 𝐻 is positive semidefinite. We leverage the following lemma.

Lemma 4. [44, (7.6.12)]. A real symmetric matrix 𝐴 is positive semidefinite if and only if all principal minors of 𝐴 are non-negative.

Therefore, it is sufficient to show that all principal minors of 𝐻 are non-negative.

First, |𝐻1×1 | = 2𝑞(ℓ) · 𝑞(ℓ | ℓ) > 0, and |𝐻2×2 | = 2𝑞(ℎ) · 𝑞(ℎ | ℎ) > 0. Note that 𝑞(ℓ) · 𝑞(ℎ | ℓ) = 𝑞(ℎ) · 𝑞(ℓ | ℎ). Therefore,
|𝐻 | = 4𝑞(ℎ) · 𝑞(ℓ) · (𝑞(ℓ | ℓ) · 𝑞(ℎ | ℎ) − 𝑞(ℎ | ℓ) · 𝑞(ℓ | ℎ)) > 0.

Therefore, the Hessian matrix of 𝑓 is positive semidefinite. Consequently, 𝑓 is convex. □

By the convexity,
1

𝑘

∑
𝑖∈𝐷 𝑓 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
) ≥ 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ). Therefore, 𝑢 (Σ | deviator) ≤ 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ), and the equality holds if all the agents 𝑖 ∈ 𝐷

plays the same strategy.

We use 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ) as an upper bound of 𝑢 (Σ | deviator). Let Δ𝑢𝑑 ( ¯𝛽ℓ , ¯𝛽ℎ) = 𝑢 (Σ∗) − 𝑢 (Σ | deviator), and Δ𝑢′
𝑑
( ¯𝛽ℓ , ¯𝛽ℎ) = 𝑢 (Σ∗) − 𝑓 ( ¯𝛽ℓ , ¯𝛽ℎ).

Then Δ𝑢𝑑 ( ¯𝛽ℓ , ¯𝛽ℎ) ≥ Δ𝑢′
𝑑
( ¯𝛽ℓ , ¯𝛽ℎ) always holds.

Now we are ready to show that truthful reporting Σ∗ is more profitable than any deviation Σ for 𝑘 ≤ 𝑘𝐸 .

Let Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ) = 𝑘−1

𝑛−1
· Δ𝑢′

𝑑
( ¯𝛽ℓ , ¯𝛽ℎ) + 𝑛−𝑘

𝑛−1
· Δ𝑢𝑡 ( ¯𝛽ℓ , ¯𝛽ℎ). Then it’s sufficient to show that Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ) ≥ 0 on any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ [0, 1]2

.

First, notice that Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ) is a concave function. This is because Δ𝑢𝑡 ( ¯𝛽ℓ , ¯𝛽ℎ) is linear on ¯𝛽ℓ and ¯𝛽ℎ , and Δ𝑢
′
𝑑
( ¯𝛽ℓ , ¯𝛽ℎ) is a concave function

according to Claim 1. Therefore, it is sufficient to show that Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ) ≥ 0 on any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ {0, 1}2
, i.e. the corner points. Note that

𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) is the average strategy of all the deviators.
¯𝛽ℓ ( ¯𝛽ℎ , respectively) equals to 0 (or 1) means that for all 𝑖 ∈ 𝐷 , 𝛽𝑖

ℓ
(𝛽𝑖
ℎ
, respectively)

equals to 0 (or 1, respectively). Therefore, in the corner points, Δ𝑢′
𝑑
= Δ𝑢𝑑 .

When
¯𝛽ℓ = 0 and

¯𝛽ℎ = 1, Σ = Σ∗, and all the deviators also report truthfully. In this case, Δ𝑢𝑡 = Δ𝑢′
𝑑
= 0 since the two strategies are the

same. Therefore, Δ𝑢 (0, 1) = 0.

When
¯𝛽ℓ = ¯𝛽ℎ = 1, all the deviators always report ℎ. In Step 1 we have shown that such deviation cannot succeed for any 𝑘 ≤ 𝑘𝐸 .

Therefore, Δ𝑢 (1, 1) ≥ 0.

When
¯𝛽ℓ = ¯𝛽ℎ = 0, all the deviators always report ℓ . In Step 1 we have shown that such deviation cannot succeed for any 𝑘 ≤ 𝑘𝐸 .

Therefore, Δ𝑢 (0, 0) ≥ 0.

And when
¯𝛽ℓ = 1 and

¯𝛽ℎ = 0, all the deviators always tell a lie. We follow a similar reasoning as in step 1. First, we have

Δ𝑢𝑡 (1, 0) = 𝑞(ℎ) · (𝑞(ℎ | ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ )) + 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℓ, qℓ )))
+ 𝑞(ℓ) · (𝑞(ℎ | ℓ) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℎ, qℎ)) + 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℓ, qℎ)))

=𝑞(ℎ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )] + 𝑞(ℓ) · E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)] .
Δ𝑢𝑡 (1, 0) ≥ 0 is guaranteed by the property of the proper scoring rule.

And

Δ𝑢𝑡 (1, 0) − Δ𝑢′
𝑑
(1, 0)

= 𝑞(ℎ) · (𝑞(ℎ | ℎ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ )) + 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℓ )))
+ 𝑞(ℓ) · (𝑞(ℎ | ℓ) · (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℎ, qℎ)) + 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)))

= 𝑞(ℎ) · (𝑞(ℎ | ℎ) − 𝑞(ℓ | ℎ)) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
+ 𝑞(ℓ) · (𝑞(ℓ | ℓ) − 𝑞(ℎ | ℓ)) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ))) .
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If Δ𝑢𝑡 (1, 0) − Δ𝑢′
𝑑
(1, 0) ≤ 0, Δ𝑢 (1, 0) ≥ 0 for every 𝑘 . If Δ𝑢𝑡 (1, 0) − Δ𝑢′

𝑑
(1, 0) > 0, Δ𝑢 (1, 0) < 0 if and only if

𝑘 >
𝑞 (ℎ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ ) − 𝑃𝑆 (𝑠, qℓ ) ] + 𝑞 (ℓ ) · E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ ) ]

𝑞 (ℎ) · (𝑞 (ℎ | ℎ) − 𝑞 (ℓ | ℎ) ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ) + 𝑞 (ℓ ) · (𝑞 (ℓ | ℓ ) − 𝑞 (ℎ | ℓ ) ) · (𝑃𝑆 (ℎ, qℎ ) − 𝑃𝑆 (ℓ, qℎ ) )
+ 1.

Denote this threshold as 𝑘′. We claim that 𝑘′ ≥ 𝑘𝐸 , and therefore Δ𝑢 (1, 0) ≥ 0 for all 𝑘 ≤ 𝑘𝐸 . We consider the following three cases.

(1) 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) > 0 and 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) > 0. In this case, 𝑘′ is between 𝑘ℎ
𝐸
and 𝑘ℓ

𝐸
, and cannot be smaller than 𝑘𝐸 .

(2) 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≤ 0 but 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) > 0. If 𝑞(ℎ | ℎ) ≥ 𝑞(ℓ | ℎ), the first term in the denominator is non-positive, and

it’s not hard to verify that 𝑘′ > 𝑘𝐸 . If 𝑞(ℎ | ℎ) < 𝑞(ℓ | ℎ), note that we have 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℎ, qℓ ) ≥ 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℓ, qℎ) according
to Lemma 3. Therefore, the denominator is no more than (𝑞(ℓ) · 𝑞(ℓ | ℓ) − 𝑞(ℎ) · 𝑞(ℎ | ℎ)) · 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)), which is smaller

than 𝑞(ℓ) times the denominator in the 𝑘ℎ
𝐸
. On the other hand, the nominator in 𝑘′ is larger than 𝑞(ℓ) times the nominator in 𝑘𝐸 .

Therefore, 𝑘′ ≥ 𝑘𝐸 .

(3) 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) > 0 but 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ) ≤ 0. This case follows the second case due to symmetricity.

Therefore, Δ𝑢 (1, 0) ≥ 0 for all 𝑘 ≤ 𝑘𝐸 .

Therefore, we prove that for any 𝑘 ≤ 𝑘𝐸 and any strategy profile, the average (ex-ante) expected utility of the deviators will not exceed

the expected utility when all the agents report truthfully. Therefore, one of the following cases occurs.

(1) There exists an agent 𝑖 such that 𝑖’s expected utility in deviation is strictly lower than in Σ∗. Therefore, the second condition of the

deviating group is violated.

(2) All the agents have exactly the same expected utility in deviation and Σ∗. The third condition of a deviating group to have an agent

strictly better off is violated.

Therefore, any deviation cannot succeed, and truth-telling Σ∗ is an ex-ante Bayesian 𝑘𝐸 -strong equilibrium.

D Proof of Theorem 2
The steps of the proof resemble the steps of the proof of Theorem 1, yet the techniques are different. In Step 1, we determine 𝑘𝐵 by comparing

the interim expected utility of a deviator conditioned on his/her signal being ℎ and ℓ respectively when every agent reports truthfully

and when all 𝑘 deviators always report ℎ (and always report ℓ , respectively). In Step 2, we show that for any 𝑘 ≤ 𝑘𝐸 and any deviating

strategy profile Σ̄ where all the deviators play the same strategy 𝜎 , the average expected utility among all the deviators when Σ̄ is played

will not exceed the expected utility when every agent reports truthfully. In Step 3, we show that for sufficiently large 𝑛, any 𝑘 ≤ 𝑘𝐵 , and any

deviating strategy profile Σ, there exists a deviator whose expected utility is strictly smaller than the expected utility when every agent

reports truthfully.

Let Δ𝑃𝑆 be the largest difference in the positional scoring rule. Let Δℎ = 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ), and Δℓ = 𝑃𝑆 (ℓ, qℓ ) − 𝑞(ℓ, qℎ). From
Lemma 3, we have Δℎ > 0 and Δℓ > 0. We first explicitly give the lower bound of 𝑛:

(1)
¯𝑏ℎ =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

< 1

4
,

(2) If 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ )
Δℎ+Δℓ ,

(3)
¯𝑏ℎ ≤ E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

𝑞 (ℎ |ℎ) · (Δℎ+Δℓ ) ,

(4)
¯𝑏𝑙 =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

< 1

4
,

(5) If 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ )
Δℎ+Δℓ ,

(6)
¯𝑏ℎ ≤ E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

𝑞 (ℓ |ℓ ) · (Δℎ+Δℓ ) .

Step 1: characterizing 𝑘𝐵 .
Consider a deviating group 𝐷 of 𝑘 agents. In the deviating strategy profile Σ, all the deviators always report ℎ, i.e. 𝜎 = (1, 1). We fix an

arbitrary deviator 𝑖 ∈ 𝐷 . In the interim setting, the condition for the deviation is successful is𝑢𝑖 (Σ | ℎ) ≥ 𝑢𝑖 (Σ∗ | ℎ) and𝑢𝑖 (Σ | ℓ) ≥ 𝑢𝑖 (Σ∗ | ℓ)
hold, and at least one of the inequality is strict.

Similar to the ex-ante’s proof, let 𝑢𝑖 (Σ | 𝑠𝑖 , deviator) 𝑢𝑖 (Σ | 𝑠𝑖 , truthful) be the average expected utility from all other deviators (truthful

agents, respectively) conditioned on 𝑖’s signal being 𝑠𝑖 . And let Δ𝑢𝑑 |𝑠𝑖 = 𝑢𝑖 (Σ∗ | 𝑠𝑖 ) − 𝑢𝑖 (Σ | 𝑠𝑖 , deviator) and Δ𝑢𝑡 |𝑠𝑖 = 𝑢𝑖 (Σ∗ | 𝑠𝑖 ) − 𝑢𝑖 (Σ |
𝑠𝑖 , truthful).

For expected utility on Σ∗, we have

𝑢𝑖 (Σ∗ | ℎ) = 𝑞(ℎ | ℎ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℎ) · 𝑃𝑆 (ℓ, qℎ),
𝑢𝑖 (Σ∗ | ℓ) = 𝑞(ℎ | ℓ) · 𝑃𝑆 (ℎ, qℓ ) + 𝑞(ℓ | ℓ) · 𝑃𝑆 (ℓ, qℓ ) .

And for expected utility of Σ, we have

𝑢𝑖 (Σ | ℎ, truthful) = 𝑞(ℎ | ℎ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℎ) · 𝑃𝑆 (ℓ, qℎ)
𝑢𝑖 (Σ | ℓ, truthful) = 𝑞(ℎ | ℓ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | ℓ) · 𝑃𝑆 (ℓ, qℎ) .

Therefore, 𝑢𝑖 (Σ∗ | ℎ) = 𝑢𝑖 (Σ | ℎ, truthful), and Δ𝑢𝑡 |ℎ = 0. Also for the ℓ side, Δ𝑢𝑡 |ℓ = E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)] > 0.
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For the deviator’s part, we have 𝑢𝑖 (Σ | ℎ, deviator) = 𝑢𝑖 (Σ | ℓ, deviator) = 𝑃𝑆 (ℎ, qℎ).
Then we have

Δ𝑢𝑡 |ℎ − Δ𝑢𝑑 |ℎ = 𝑞(ℓ | ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) .
Δ𝑢𝑡 |ℓ − Δ𝑢𝑑 |ℓ = 𝑞(ℓ | ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) .

When 𝑃𝑆 (ℎ, qℎ) ≤ 𝑃𝑆 (ℓ, qℎ), neither agents with private signal ℎ nor those with ℓ can get strictly positive expected utility via deviation,

and the deviation cannot succeed. When 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), for the ℎ side, the condition for deviation to achieve non-negative expected

utility (not strictly positive!) is

𝑘 ≥
Δ𝑢𝑡 |ℎ

Δ𝑢𝑡 |ℎ − Δ𝑢𝑑 |ℎ
· (𝑛 − 1) + 1 = 1,

and for the ℓ side, the condition is

𝑘 ≥
Δ𝑢𝑡 |ℓ

Δ𝑢𝑡 |ℓ − Δ𝑢𝑑 |ℓ
· (𝑛 − 1) + 1 =

E𝑠∼qℓ [𝑃𝑆 (𝑠, qℓ ) − 𝑃𝑆 (𝑠, qℎ)]
𝑞(ℓ | ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ))

· (𝑛 − 1) + 1 > 1.

When 𝑘 ≥ E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑃𝑆 (𝑠,qℎ ) ]
𝑞 (ℓ |ℓ ) · (𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) ) · (𝑛 − 1) + 1, deviators with signal ℎ get strictly higher expected utility, and deviators with ℓ get

non-decreasing expected utility. Therefore, the deviation will succeed. This is how 𝑘ℎ
𝐵
is defined. 𝑘ℓ

𝐵
is defined similarly by consider strategy

(0, 0). Therefore, for all 𝑘 ≤ 𝑘𝐵 , both deviations of always reporting ℎ and always reporting ℓ cannot succeed.

Step 2: Symmetric deviaton cannot succeed for 𝑘 ≤ 𝑘𝐵 .

We first introduce a function that will be widely applied in Step 2 and 3. Let 𝑓 ℎ (𝛽′
ℎ
, (𝛽ℓ , 𝛽ℎ)) : R × R2 → R be the expected reward of an

agent 𝑖 who has signal ℎ and will report ℎ with probability 𝛽′
ℎ
, given that 𝑖’s peer 𝑗 plays the strategy 𝜎 = (𝛽ℓ , 𝛽ℎ).

𝑓 ℎ (𝛽′
ℎ
, (𝛽ℓ , 𝛽ℎ)) = E𝑎𝑖∼𝛽 ′

ℎ
E𝑠 𝑗∼qℎ,𝑎 𝑗∼(𝛽ℓ ,𝛽ℎ )𝑃𝑆 (𝑎 𝑗 , q𝑎𝑖 )

= 𝛽′
ℎ
((𝑞(ℎ | ℎ) · 𝛽ℎ + 𝑞(ℓ | ℎ) · 𝛽ℓ ) · 𝑃𝑆 (ℎ, qℎ)

+ (1 − 𝑞(ℎ | ℎ) · 𝛽ℎ − 𝑞(ℓ | ℎ) · 𝛽ℓ ) · 𝑃𝑆 (ℓ, qℎ))
+ (1 − 𝛽′

ℎ
) · ((𝑞(ℎ | ℎ) · 𝛽ℎ + 𝑞(ℓ | ℎ) · 𝛽ℓ ) · 𝑃𝑆 (ℎ, qℓ )

+ (1 − 𝑞(ℎ | ℎ) · 𝛽ℎ − 𝑞(ℓ | ℎ) · 𝛽ℓ ) · 𝑃𝑆 (ℓ, qℓ )).

Similarly, we define 𝑓 ℓ .

𝑓 ℓ (𝛽′ℓ , (𝛽ℓ , 𝛽ℎ)) = E𝑎𝑖∼𝛽 ′
ℓ
E𝑠 𝑗∼qℓ ,𝑎 𝑗∼(𝛽ℓ ,𝛽ℎ )𝑃𝑆 (𝑎 𝑗 , q𝑎𝑖 )

= 𝛽′ℓ ((𝑞(ℎ | ℓ) · 𝛽ℎ + 𝑞(ℓ | ℓ) · 𝛽ℓ ) · 𝑃𝑆 (ℎ, qℎ)
+ (1 − 𝑞(ℎ | ℓ) · 𝛽ℎ − 𝑞(ℓ | ℓ) · 𝛽ℓ ) · 𝑃𝑆 (ℓ, qℎ))

+ (1 − 𝛽′ℓ ) · ((𝑞(ℎ | ℓ) · 𝛽ℎ + 𝑞(ℓ | ℓ) · 𝛽ℓ ) · 𝑃𝑆 (ℎ, qℓ )
+ (1 − 𝑞(ℎ | ℓ) · 𝛽ℎ − 𝑞(ℓ | ℓ) · 𝛽ℓ ) · 𝑃𝑆 (ℓ, qℓ )) .

Moreover, let 𝑔ℎ (𝛽ℓ , 𝛽ℎ) = 𝑓 ℎ (𝛽ℎ, (𝛽ℓ , 𝛽ℎ)), and 𝑔ℓ (𝛽ℓ , 𝛽ℎ) = 𝑓 ℓ (𝛽ℓ , (𝛽ℓ , 𝛽ℎ)). 𝑔ℎ and 𝑔ℓ cover the special case where 𝑖 and 𝑗 play the same

strategy and will be largely applied in Step 2.

Claim 2. We claim that 𝑓 ℎ and 𝑔ℎ has the following properties.

(1)
𝜕2𝑔ℎ

𝜕𝛽2

ℎ

= 2𝑞(ℎ | ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ) + 𝑃𝑆 (ℓ, qℓ )) > 0.

(2)
𝜕2𝑔ℎ

𝜕𝛽2

ℓ

= 0.

(3) Let 𝛼ℎ =
𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) , and let 𝑏ℎ ≥ 0 be a constant. When fixing 𝛽ℓ = 𝛼ℎ · (𝑏ℎ − 𝛽ℎ), then

𝜕𝑔ℎ (𝛼ℎ (𝑏ℎ − 𝛽ℎ), 𝛽ℎ)
𝜕𝛽ℎ

=
𝜕𝑓 ℎ (𝛽′

ℎ
, (𝛼ℎ (𝑏ℎ − 𝛽ℎ), 𝛽ℎ))

𝜕𝛽′
ℎ

= 𝑏ℎ · 𝑞(ℎ | ℎ) (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ )) + (1 − 𝑏ℎ · 𝑞(ℎ | ℎ)) (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℓ, qℓ )) .

Specifically, when 𝑏ℎ = 1,
𝜕𝑓 ℎ (𝛽 ′

ℎ
,(𝛼ℎ (𝑏ℎ−𝛽ℎ ),𝛽ℎ ) )

𝜕𝛽 ′
ℎ

= E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )] > 0.

Claim 3. We claim that 𝑓 ℓ and 𝑔ℓ has the following properties.

(1)
𝜕2𝑔ℓ

𝜕𝛽2

ℓ

= 2𝑞(ℓ | ℓ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℎ) + 𝑃𝑆 (ℓ, qℓ )) > 0.

(2)
𝜕2𝑔ℓ

𝜕𝛽2

ℎ

= 0.
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(3) Let 𝛼ℓ =
𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) , and let 𝑏ℓ ≥ 0 be a constant. When fixing 𝛽ℎ = (𝑏ℓ − 𝛼ℓ · 𝛽ℓ ), then

𝜕𝑔ℓ (𝛽ℓ , (𝑏ℓ − 𝛼ℓ · 𝛽ℓ ))
𝜕𝛽ℓ

=
𝜕𝑓 ℓ (𝛽′

ℓ
, (𝛽ℓ , (𝑏ℓ − 𝛼ℓ · 𝛽ℓ )))

𝜕𝛽′
ℓ

=𝑏ℓ · 𝑞(ℎ | ℓ) (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ )) + (1 − 𝑏ℓ · 𝑞(ℎ | ℓ)) (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℓ, qℓ )).

Specifically, when 𝑏ℓ = 1,
𝜕𝑓 ℓ (𝛽 ′

ℓ ,(𝛽ℓ ,(𝑏ℓ−𝛼ℓ ·𝛽ℓ ) ) )
𝜕𝛽 ′

ℓ
= E𝑠∼qℓ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )] < 0.

Now we start to characterize the deviation. We fix an arbitrary 𝑘 . Let 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) be the strategy on all deviators. Since all the deviators

play the same strategy, they receive the same expected utility conditioned on the same signal.

The expected utility of deviator with private signal ℎ conditioned on his/her peer 𝑗 is a truthful agent is 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, truthful) =

𝑓 ℎ ( ¯𝛽ℎ, (0, 1)), and that conditioned on 𝑗 is also a deviator is 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, deviator) = 𝑓 ℎ ( ¯𝛽ℎ, ( ¯𝛽ℓ , ¯𝛽ℎ)) = 𝑔ℎ ( ¯𝛽ℓ , ¯𝛽ℎ). Similarly, for the ℓ side

we have 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ, truthful) = 𝑓 ℓ ( ¯𝛽ℓ , (0, 1)) and 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ, deviator) = 𝑓 ℓ ( ¯𝛽ℓ , ( ¯𝛽ℓ , ¯𝛽ℎ)) = 𝑔𝑙 ( ¯𝛽ℓ , ¯𝛽ℎ). Therefore, the expected reward of

deviation can be represented by the following function.

𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) = 𝑛 − 𝑘

𝑛 − 1

· 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, truthful) + 𝑘 − 1

𝑛 − 1

· 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, deviator),

𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) = 𝑛 − 𝑘

𝑛 − 1

· 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ, truthful) + 𝑘 − 1

𝑛 − 1

· 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ, deviator) .

Now we show that for any 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ [0, 1]2
, either 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ) or 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) ≤ 𝑢 (Σ∗ | ℓ).

Lemma 1. For any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ R2 satisfying (1) ¯𝛽ℓ ≥ 0, (2) ¯𝛽ℎ ≥ 0, and (3) ¯𝛽ℎ + 𝑞 (ℓ |ℎ)
𝑞 (ℎ |ℎ) · ¯𝛽ℓ ≤ 1, it always holds that 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ),

and the equality holds only when ¯𝛽ℓ = 0 and ¯𝛽ℎ = 1.

Proof of Lemma 1. The proof proceeds in three steps.

First, we show that 𝑢 (0, ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ) for any ¯𝛽ℎ . This holds for the following three reasons. First, 𝑢 (0, 1 | ℎ) = 𝑢 (Σ∗ | ℎ), as in this

case all the deviators report truthfully and no deviation happens. Second, 𝑢 (0, 0 | ℎ) < 𝑢 (Σ∗ | ℎ) is guaranteed by 𝑘 ≤ 𝑘𝐵 . Finally, since

𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, truthful) is linear and 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ, deviator) is strictly convex on
¯𝛽ℎ , 𝑢 (0, ¯𝛽ℎ | ℎ) is also convex on

¯𝛽ℎ . The convexity bound the

expected utility for every 0 < ¯𝛽ℎ < 1.

Second, we show that 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ) when ¯𝛽ℓ =
𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ) for any ¯𝛽ℎ ∈ [0, 1]. This is because the derivative

𝜕𝑢 ( 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ)

𝜕 ¯𝛽ℎ
=
𝑛 − 𝑘

𝑛 − 1

· 𝜕𝑓
ℎ ( ¯𝛽ℎ, (0, 1))

𝜕 ¯𝛽ℎ
+ 𝑘 − 1

𝑛 − 1

·
𝜕𝑔ℎ ( 𝑞 (ℎ |ℎ)

𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ), ¯𝛽ℎ))

𝜕 ¯𝛽ℎ

= E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]
> 0.

Therefore, For any ( ¯𝛽ℓ , ¯𝛽ℎ) with ¯𝛽ℎ < 1 and
¯𝛽ℓ =

𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ), 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) < 𝑢 (0, 1 | ℎ) = 𝑢 (Σ∗ | ℎ).

Finally, we extend the result to any ( ¯𝛽ℓ , ¯𝛽ℎ) in the area. For any
¯𝛽ℎ ∈ [0, 1), we have shown that 𝑢 (0, ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ) and

𝑢 ( 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ) < 𝑢 (Σ∗ | ℎ). Then by the linearity of 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) on ¯𝛽ℓ , 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) < 𝑢 (Σ∗ | ℎ) for any ¯𝛽ℓ ∈ (0, 𝑞 (ℎ |ℎ)

𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ)),
which finishes the proof. □

Similarly, for ℓ side, we have

Lemma 2. For any ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ R2 satisfying (1) ¯𝛽ℓ ≤ 1, (2) ¯𝛽ℎ ≤ 1, and (3) ¯𝛽ℎ + 𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) · ¯𝛽ℓ ≥ 1, it always holds that 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) ≤ 𝑢 (Σ∗ | ℓ),

and the equality holds only when ¯𝛽ℓ = 0 and ¯𝛽ℎ = 1.

Proof of Lemma 2. The proof follows the proof of Lemma 1. First, 𝑢 ( ¯𝛽ℓ , 1 | ℓ) < 𝑢 (Σ∗ | ℓ) for any ¯𝛽ℓ ∈ [0, 1] due to the convexity of

𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) on ¯𝛽ℓ . Secondly, 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) < 𝑢 (Σ∗ | ℓ) when ¯𝛽ℎ + 𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) · ¯𝛽ℓ = 1 and

¯𝛽ℓ > 0, the derivative

𝜕𝑢 ( ¯𝛽ℓ , 1 − 𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) · ¯𝛽ℓ | ℓ)

𝜕 ¯𝛽ℓ
=
𝑛 − 𝑘

𝑛 − 1

· 𝜕𝑓
ℓ ( ¯𝛽ℓ , (0, 1))

𝜕 ¯𝛽ℓ
+ 𝑘 − 1

𝑛 − 1

·
𝜕𝑔ℓ ( ¯𝛽ℓ , 1 − 𝑞 (ℓ |ℓ )

𝑞 (ℎ |ℓ ) · ¯𝛽ℓ )

𝜕 ¯𝛽ℓ

= E𝑠∼qℓ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]
< 0.

Therefore, for any
¯𝛽ℓ ≥ 0 on the line, the expected reward does not exceed 𝑢 (Σ∗ | ℓ). Finally, for any other ( ¯𝛽ℓ , ¯𝛽ℎ) in the area, we apply the

linearity of 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℓ) on ¯𝛽ℎ . □
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Note that for any pair of ( ¯𝛽ℓ , ¯𝛽ℎ) ∈ [0, 1]2
, at least one of

¯𝛽ℎ + 𝑞 (ℓ |ℎ)
𝑞 (ℎ |ℎ) · ¯𝛽ℓ ≤ 1 and

¯𝛽ℎ + 𝑞 (ℓ |ℓ )
𝑞 (ℎ |ℓ ) · ¯𝛽ℓ ≥ 1 holds. This comes from

𝑞(ℎ | ℎ) > 𝑞(ℎ | ℓ) and 𝑞(ℓ | ℓ) > 𝑞(ℓ | ℎ). Therefore, the two triangle areas cover the whole [0, 1]2
, and we can apply either Lemma 1 or 2 to

show that the deviation cannot succeed for any Σ̄.
Step 3: General deviation cannot succeed for 𝑘 ≤ 𝑘𝐵 .

Let Δ𝑃𝑆 be the largest difference in the positional scoring rule. Let Δℎ = 𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℎ, qℓ ), and Δℓ = 𝑃𝑆 (ℓ, qℓ ) − 𝑞(ℓ, qℎ). From
Lemma 3, we have Δℎ > 0 and Δℓ > 0. Then we explicitly give the lower bound of 𝑛:

(1)
¯𝑏ℎ =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

< 1

4
,

(2) If 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ )
Δℎ+Δℓ ,

(3)
¯𝑏ℎ ≤ E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

𝑞 (ℎ |ℎ) · (Δℎ+Δℓ ) ,

(4)
¯𝑏𝑙 =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

< 1

4
,

(5) If 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ )
Δℎ+Δℓ ,

(6)
¯𝑏ℎ ≤ E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

𝑞 (ℓ |ℓ ) · (Δℎ+Δℓ ) .

Step 3 proceeds as follows. First, when deviators play asymmetrically, we compare the worst expected utility among the agent with the

expected utility when all deviators play their "average" strategy 𝜎 =
∑
𝑖∈𝐷

1

𝑘
𝜎𝑖 . We show that the reward of the worst agent cannot be better

than the reward of the average strategy by𝑂 ( Δ𝑃𝑆𝑛−1
). Then we show that the reward of the average strategy is no less than the truthful reward

by Θ( Δ𝑃𝑆𝑛−1
) only when 𝜎 is close to (0, 1) or (0, 0). Finally, we deal with the corner cases and show that in this case, the worst agent cannot

be better than the truthful reward. We will give the proof on the ℎ side (or specifically, conditioned on an agent having private signal ℎ). The

ℓ side follows similar reasoning.

Now let 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ) be the average strategy of all the deviators, i.e. 𝜎 = 1

𝑘

∑
𝑗∈𝐷 𝜎 𝑗 . And 𝜎𝑖 = (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
) be the strategy of a deviator 𝑖 ∈ 𝐷 .

We represent the expected utility of 𝑖 with 𝑓 ℎ , 𝑓 ℓ , 𝑔ℎ , and 𝑔ℓ .

The expected utility of 𝑖 conditioned on his/her peer 𝑗 is a truthful agent is 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ, truthful) = 𝑓 ℎ (𝛽𝑖

ℎ
, (0, 1)). and that conditioned on

𝑗 is also a deviator is

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, deviator) = 1

𝑘 − 1

∑︁
𝑗∈𝐷,𝑗≠𝑖

𝑓 (𝛽𝑖
ℎ
, (𝛽 𝑗

ℓ
, 𝛽

𝑗

ℎ
)) .

An important observation is that for a fixed 𝛽′
ℎ
, 𝑓 ℎ (𝛽′

ℎ
, (𝛽ℓ , 𝛽ℎ)) is linear on 𝛽ℓ and 𝛽ℎ . Therefore,

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, deviator) = 𝑘

𝑘 − 1

𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) −

1

𝑘 − 1

𝑓 (𝛽𝑖
ℎ
, (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
))

= 𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) +

1

𝑘 − 1

(𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 (𝛽𝑖

ℎ
, (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
))) .

Adding two parts together, we have

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ) = 𝑛 − 𝑘

𝑛 − 1

· 𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, truthful) + 𝑘 − 1

𝑛 − 1

· 𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, deviator).

Then we consider the difference of agent 𝑖’s utility between when all the deviators play the average strategy 𝜎 and when the deviators

play differently with 𝑖 playing 𝜎𝑖 .

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) =𝑛 − 𝑘

𝑛 − 1

· (𝑓 ℎ (𝛽𝑖
ℎ
, (0, 1)) − 𝑓 ℎ ( ¯𝛽ℎ, (0, 1)))

+ 𝑘 − 1

𝑛 − 1

(𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 ( ¯𝛽ℎ, ( ¯𝛽ℓ , ¯𝛽ℎ)))

+ 𝑘 − 1

𝑛 − 1

· 1

𝑘 − 1

(𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 (𝛽𝑖

ℎ
, (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
)))

=
𝑛 − 𝑘

𝑛 − 1

· 𝑓 ℎ (𝛽𝑖
ℎ
− ¯𝛽ℎ, (0, 1)) +

𝑘 − 1

𝑛 − 1

𝑓 (𝛽𝑖
ℎ
− ¯𝛽ℎ, ( ¯𝛽ℓ , ¯𝛽ℎ))

+ 1

𝑛 − 1

(𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 (𝛽𝑖

ℎ
, (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
))) .

The second equality comes from the fact that 𝑓 ℎ (𝛽′
ℎ
, (𝛽ℓ , 𝛽ℎ)) is linear on 𝛽′

ℎ
for any fixed (𝛽ℓ , 𝛽ℎ). Given a fixed 𝜎 = ( ¯𝛽ℓ , ¯𝛽ℎ), the term

𝑛 − 𝑘

𝑛 − 1

· 𝑓 ℎ (𝛽𝑖
ℎ
− ¯𝛽ℎ, (0, 1)) +

𝑘 − 1

𝑛 − 1

𝑓 (𝛽𝑖
ℎ
− ¯𝛽ℎ, ( ¯𝛽ℓ , ¯𝛽ℎ))
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equals to 0 when 𝛽𝑖
ℎ
= ¯𝛽ℎ and is linear on 𝛽𝑖

ℎ
. Therefore, in at least on of 𝛽𝑖

ℎ
≤ ¯𝛽ℎ or 𝛽𝑖

ℓ
≤ ¯𝛽ℓ , the term will be no larger than zero.

On the other hand, the third term
1

𝑛−1
(𝑓 (𝛽𝑖

ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 (𝛽𝑖

ℎ
, (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
))) ≤ Δ𝑃𝑆

𝑛−1
. Therefore, there exists a deviator 𝑖 such that 𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
|

ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ Δ𝑃𝑆
𝑛−1

.

Then we show that for sufficiently large 𝑛, for all ( ¯𝛽ℓ , ¯𝛽ℎ) not close to (0, 1) or (0, 0), 𝑢 (Σ∗ | ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

.

Lemma 5. Let Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) = 𝑢 (Σ∗ | ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ). Then for any ¯𝛽ℎ ∈ [0, 1] and ¯𝛽ℓ ∈ [0, 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · (1 − ¯𝛽ℎ)] (i.e., the range in Lemma 1),

Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ Δ𝑃𝑆
𝑛−1

only if one of the following two holds: (1) ¯𝛽ℎ ≥ 1 − ¯𝑏ℎ , or (2) ¯𝛽ℎ ≤ ¯𝑏ℎ and ¯𝛽ℓ ≤ 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · ¯𝑏ℎ , where

¯𝑏ℎ =
4Δ𝑃𝑆 · (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))

(𝑛 − 1) · (Δℎ + Δℓ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]
.

We first consider the case when
¯𝛽ℓ = 0. Note that Δ𝑢 (0, ¯𝛽ℎ | ℎ) is a quadratic function of

¯𝛽ℎ satisfying (1) Δ𝑢 (0, 1 | ℎ) = 0, (2)

𝜕2Δ𝑢 ( ¯𝛽ℎ,0 |ℎ)
𝜕 ¯𝛽ℎ

2
= − 2(𝑘−1)

𝑛−1
· 𝑞(ℎ | ℎ) · (Δℎ + Δℓ) < 0, and (3) another root other than 1, denoted by 𝛽′′

ℎ
, satisfies 𝛽′′

ℎ
≤ 0. If (3) does not hold, we

will have Δ𝑢 (0, 0 | ℎ) < 0, which is a contradiction.

According to the property of the quadratic function, Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) is maximized at

1+𝛽 ′′
ℎ

2
=

(𝑘 − 1) · (Δℓ + 𝑞(ℎ | ℎ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ )) + (𝑛 − 𝑘) · (𝑞(ℎ | ℎ) · (−Δℎ) + 𝑞(ℓ | ℎ) · Δℓ)
2(𝑘 − 1) · (𝑞(ℎ | ℎ) · (Δℎ + Δℓ))

with value

𝑘 − 1

4(𝑛 − 1) · 𝑞(ℎ | ℎ) · (Δℎ + Δℓ) · (1 − 𝛽′′
ℎ
)2

≥ 𝑘 − 1

4(𝑛 − 1) · 𝑞(ℎ | ℎ) · (Δℎ + Δℓ).

We consider three different cases

Firstly, when 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≤ 0. In this case, we show that 𝑢 (0, 0 | ℎ) is faraway from 𝑢 (Σ∗ | ℎ). Therefore, 𝑢 (Σ∗ | ℎ) − 𝑢 (0, ¯𝛽ℎ |
ℎ) ≤ Δ𝑃𝑆

𝑛−1
only if

¯𝛽ℎ is close to 1. Note that in this case,

𝑢 (0, 0 | ℎ, deviator) = 𝑃𝑆 (ℓ, qℓ )
≤ 𝑞(ℎ | ℎ) · 𝑞(ℓ, qℎ) + 𝑞(ℓ | ℎ) · 𝑃𝑆 (ℓ, qℓ ).

Therefore,

Δ𝑢 (0, 0 | ℎ) = 𝑢 (Σ∗ | ℎ) − 𝑢 (0, 0 | ℎ)
≥ 𝑞(ℎ | ℎ) · Δℎ − 𝑞(ℓ | ℎ) · Δℓ
= E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]
> 0.

Then, give that Δ𝑢 (0, ¯𝛽ℎ | ℎ) is convex on ¯𝛽ℎ , for all
¯𝛽ℎ ∈ [0, 1],

Δ𝑢 (0, ¯𝛽ℎ | ℎ) ≥ (1 − ¯𝛽ℎ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] .

Therefore, Δ𝑢 (0, ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

for any 0 ≤ ¯𝛽ℎ < 1 − Δ𝑃𝑆
(𝑛−1) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

.

Secondly, when 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≥ 0 and

1+𝛽 ′′
ℎ

2
≤ 0, we still prove that 𝑢 (0, 0 | ℎ) is faraway from 𝑢 (Σ∗ | ℎ). Note that when 1+𝛽 ′′

ℎ

2
≤ 0,

the deviating group size 𝑘 must satisfy

𝑘 ≤
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]

𝑞(ℎ | ℎ) · (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
· (𝑛 − 1) + 1.
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Then,

Δ𝑢 (0, 0 | ℎ) = 1

𝑛 − 1

((𝑘 − 1) · (𝑢 (0, 0 | ℎ, truthful) − 𝑢 (0, 0 | ℎ, deviator))

+ (𝑛 − 1) · (𝑢 (Σ∗ | ℎ) − 𝑢 (0, 0 | ℎ, truthful)))

≥ 1

𝑞(ℎ | ℎ) (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
· (−E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · 𝑞(ℎ | ℎ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
+ 𝑞(ℎ | ℎ) · (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ )) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )])

=
(Δℎ + Δℓ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]

(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
> 0.

Therefore, Δ𝑢 (0, ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

for any 0 ≤ ¯𝛽ℎ < 1 − Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

.

Thirdly, when 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≥ 0 and

1+𝛽 ′′
ℎ

2
> 0, the group size 𝑘 must satisfy

𝑘 >
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]

𝑞(ℎ | ℎ) · (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
· (𝑛 − 1) + 1.

Therefore, For any 𝛽ℎ ∈ [ 1+𝛽 ′′
ℎ

2
, 1],

Δ𝑢 (0, ¯𝛽ℎ | ℎ) ≥ (1 − ¯𝛽ℎ) ·
𝑘 − 1

4(𝑛 − 1) · 𝑞(ℎ | ℎ) · (Δℎ + Δℓ)

≥ (1 − ¯𝛽ℎ) ·
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)

4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))

Similarly, for any 𝛽ℎ ∈ [0, 1+𝛽 ′′
ℎ

2
],

Δ𝑢 (0, ¯𝛽ℎ | ℎ) ≥ ¯𝛽ℎ ·
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)

4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
.

Therefore, Δ𝑢 (0, ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

for any
¯𝑏ℎ < ¯𝛽ℎ < 1 − ¯𝑏ℎ , where

¯𝑏ℎ =
4Δ𝑃𝑆 · (Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))

(𝑛 − 1) · (Δℎ + Δℓ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )]
.

Then we consider when
¯𝛽ℓ =

𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · (1 − ¯𝛽ℎ). From Lemma 1,

𝜕𝑢 ( 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ)

𝜕 ¯𝛽ℎ
= E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )] > 0.

Therefore, for any 0 ≤ ¯𝛽ℎ < 1 − Δ𝑃𝑆
(𝑛−1) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

, Δ𝑢 ( 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ) > Δ𝑃𝑆

𝑛−1
.

Then, by the linearity ofΔ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) on ¯𝛽ℓ , we know that for any
¯𝑏ℎ < ¯𝛽ℎ < 1−¯𝑏ℎ and any 0 ≤ ¯𝛽ℓ <

𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) ·(1− ¯𝛽ℎ),Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) > Δ𝑃𝑆

𝑛−1
,

the threshold comes out that
¯𝑏ℎ is the largest among all the threshold.

Then we consider 0 ≤ ¯𝛽ℎ ≤ ¯𝑏ℎ . We have

Δ𝑢 (0, ¯𝛽ℎ | ℎ) ≥ ¯𝛽ℎ ·
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)

4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
and

Δ𝑢 (𝑞(ℎ | ℎ)
𝑞(ℓ | ℎ) · (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ) = (1 − ¯𝛽ℎ) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]

≥ (1 − ¯𝛽ℎ) ·
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)

4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
.

Therefore, for any 0 ≤ ¯𝛽ℓ ≤ 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · (1 − ¯𝛽ℎ),
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Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) =
(
1 −

¯𝛽ℓ · 𝑞(ℓ | ℎ)
𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ)

)
· Δ𝑢 (0, ¯𝛽ℎ | ℎ)

+
¯𝛽ℓ · 𝑞(ℓ | ℎ)

𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ)
· Δ𝑢 (𝑞(ℎ | ℎ)

𝑞(ℓ | ℎ) · (1 − ¯𝛽ℎ), ¯𝛽ℎ | ℎ)

≥
(

¯𝛽ℎ + ¯𝛽ℓ ·
𝑞(ℓ | ℎ) · (1 − 2

¯𝛽ℎ)
𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ)

)
·
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)

4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))

≥ ( ¯𝛽ℎ + 𝑞(ℓ | ℎ)
𝑞(ℎ | ℎ) ·

¯𝛽ℓ · (1 − 2
¯𝛽ℎ)) ·

E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑞(𝑠, qℓ )] · (Δℎ + Δℓ)
4(Δℎ + Δℓ + 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))

.

Therefore, for

¯𝛽ℓ >
𝑞(ℎ | ℎ)

𝑞(ℓ | ℎ) · (1 − 2
¯𝛽ℎ)

· ( ¯𝑏ℎ − ¯𝛽ℎ),

Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

. Given that
¯𝑏ℎ < 1

2
, the RHS is maximized at

¯𝛽ℎ = 0. Therefore, for any 0 ≤ ¯𝛽ℎ ≤ ¯𝑏ℎ and any
¯𝛽ℓ >

𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · ¯𝑏ℎ ,

Δ𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) > Δ𝑃𝑆
𝑛−1

.

So far we have proved Lemma 5, which ends the second part.

In the third part, for the area close to (0, 0) or (0, 1), i.e. (1) ¯𝛽ℎ ≥ 1− ¯𝑏ℎ , and (2)
¯𝛽ℎ ≤ ¯𝑏ℎ and

¯𝛽ℓ ≤ 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · ¯𝑏ℎ , we show that we can always

find a deviator 𝑖 such that 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ) < 𝑢 (Σ∗ | ℎ). Let

ˆ𝛽ℎ =
1

𝑘 − 1

∑︁
𝑗∈𝐷,𝑗≠𝑖

𝛽
𝑗

ℎ
= ¯𝛽ℎ + 1

𝑘 − 1

( ¯𝛽ℎ − 𝛽𝑖
ℎ
)

ˆ𝛽ℓ =
1

𝑘 − 1

∑︁
𝑗∈𝐷,𝑗≠𝑖

𝛽
𝑗
ℓ
= ¯𝛽ℓ +

1

𝑘 − 1

( ¯𝛽ℓ − 𝛽𝑖ℓ )

be the average strategy of all the deviators other than 𝑖 . It is satisfied that ( ˆ𝛽ℓ , ˆ𝛽ℎ) ∈ [0, 1]2
.

We pick a deviator 𝑖 and characterize the 𝑘 such that 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ) ≥ 𝑢 (Σ∗ | ℎ). More precisely,

𝑘 ≥
𝑢 (Σ∗ | ℎ) − 𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ, truthful)

(𝑢 (Σ∗ | ℎ) − 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ, truthful)) − (𝑢 (Σ∗ | ℎ) − 𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ, deviator))

· (𝑛 − 1) + 1

when the denominator (𝑢 (Σ∗ | ℎ)−𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ, truthful))− (𝑢 (Σ∗ | ℎ)−𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ, deviator)) > 0 or 𝑘 does not exist when the denominator

equals to or is less than 0. We will show that this 𝑘 > 𝑘𝐵 in both corner cases.

The numerator of RHS is

𝑢 (Σ∗ | ℎ) − 𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, truthful) = (1 − 𝛽𝑖

ℎ
) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )] .

The denominator is

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ, deviator) − 𝑢 (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
| ℎ, truthful)

= 𝛽𝑖
ℎ
· ((𝑞(ℎ | ℎ) · ( ˆ𝛽ℎ − 1) + 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) · 𝑃𝑆 (ℎ, qℎ)

+ (𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) · 𝑃𝑆 (ℓ, qℎ))

= (1 − 𝛽𝑖
ℎ
) · ((𝑞(ℎ | ℎ) · ( ˆ𝛽ℎ − 1) + 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) · 𝑃𝑆 (ℎ, qℓ )

+ (𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) · 𝑃𝑆 (ℓ, qℓ ))

= (𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ )
· (𝛽𝑖

ℎ
· (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℎ, qℎ)) + (1 − 𝛽𝑖

ℎ
) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))).

We first consider
¯𝛽ℎ ≤ ¯𝑏ℎ and

¯𝛽ℓ ≤ 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · ¯𝑏ℎ . In this case, we pick a deviator 𝑖 such that 𝛽𝑖

ℎ
≤ ¯𝛽ℎ .

Firstly, there must be (𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) > 0 for all sufficiently large 𝑛. This is because ¯𝛽ℎ ≤ ¯𝑏ℎ = Θ( Δ𝑃𝑆𝑛−1
) and

¯𝛽ℓ ≤ 𝑞 (ℎ |ℎ)
𝑞 (ℓ |ℎ) · ¯𝑏ℎ . Moreover,

ˆ𝛽ℎ ≤ 2
¯𝛽ℎ and

ˆ𝛽ℓ ≤ 2
¯𝛽ℓ by the property of the average. Therefore, for sufficiently large 𝑛 such that

¯𝑏ℎ < 1

4
,

(𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) > 0.

If 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ≤ 0, there must be (𝑃𝑆 (ℓ, qℎ) − 𝑃𝑆 (ℎ, qℎ)) < 0. In this case 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ, deviator) −𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ, truthful) < 0, and

for any 𝑘 ≥ 2, 𝑖’s reward will be strictly lower than the truthful reward.
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Suppose 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) > 0. In this case, the condition for 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ) ≥ 𝑢 (Σ∗ | ℎ) is equivalent to 𝑘 − 1 ≥

(1 − 𝛽𝑖
ℎ
) · E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ ) − 𝑃𝑆 (𝑠, qℓ ) ]

(𝑞 (ℎ | ℎ) · (1 − ˆ𝛽ℎ ) − 𝑞 (ℓ | ℎ) · ˆ𝛽ℓ ) · (𝛽𝑖ℎ · (𝑃𝑆 (ℓ, qℎ ) − 𝑃𝑆 (ℎ, qℎ ) ) + (1 − 𝛽𝑖
ℎ
) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ) )

· (𝑛 − 1) .

We show this lower bound is larger than 𝑘𝐵 . Recall that

𝑘𝐵 ≤
E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]

𝑞(ℎ | ℎ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ))
· (𝑛 − 1) + 1

Therefore, it is sufficient to show that

(1 − 𝛽𝑖
ℎ
) · 𝑞 (ℎ | ℎ) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) )

(𝑞 (ℎ | ℎ) · (1 − ˆ𝛽ℎ ) − 𝑞 (ℓ | ℎ) · ˆ𝛽ℓ ) · (𝛽𝑖ℎ · (𝑃𝑆 (ℓ, qℎ ) − 𝑃𝑆 (ℎ, qℎ ) ) + (1 − 𝛽𝑖
ℎ
) · (𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ) ) )

> 1.

Firstly, given that 𝛽𝑖
ℎ
≤ ¯𝛽ℎ , there is 𝛽

𝑖
ℎ
≤ ˆ𝛽ℎ . Therefore,

(𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ ) ≤ 𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ)
≤ (1 − 𝛽𝑖

ℎ
) · 𝑞(ℎ | ℎ).

Secondly, by Lemma 3 we have 𝑃𝑆 (ℓ, qℎ) −𝑃𝑆 (ℎ, qℎ) < 𝑃𝑆 (ℓ, qℓ ) −𝑃𝑆 (ℎ, qℓ ). Therefore, 𝛽𝑖ℎ · (𝑃𝑆 (ℓ, qℎ) −𝑃𝑆 (ℎ, qℎ)) + (1− 𝛽𝑖
ℎ
) · (𝑃𝑆 (ℓ, qℓ ) −

𝑃𝑆 (ℎ, qℓ )) ≤ 𝑃𝑆 (ℓ, qℓ ) − 𝑃𝑆 (ℎ, qℓ ).
By combining two parts, we show that every part in the denominator is smaller than the corresponding part in the nominator. Therefore,

the threshold for 𝑖’s reward exceeds the truthful reward 𝑘 ≥ 𝑘𝐵 , and the equality holds only when 𝛽𝑖
ℎ
= ˆ𝛽ℎ = ˆ𝛽ℓ = 0. When the equality

holds, all other deviators play (0, 0). If 𝛽𝑖
ℓ
= 0, the case is covered by Step 2. Otherwise, we consider a different deviator 𝑖 . Then the threshold

for the new 𝑖 will be strictly larger than 𝑘𝐵 . Therefore, for all 𝑘 ≤ 𝑘𝐵 , 𝑖’s reward is strictly lower than the truthful reward.

We then consider the second area
¯𝛽ℎ ≥ 1 − ¯𝑏ℎ . When 𝑃𝑆 (ℎ, qℎ) ≤ 𝑃𝑆 (ℓ, qℎ), we we pick an 𝑖 such that 𝛽𝑖

ℎ
≤ ¯𝛽ℎ and compare 𝑖’s reward

with the truthful reward. In this case, 0 ≤ 𝑃𝑆 (ℓ, qℎ) −𝑃𝑆 (ℎ, qℎ) < 𝑃𝑆 (ℓ, qℓ ) −𝑃𝑆 (ℎ, qℓ ). If 𝑞(ℎ | ℎ) · (1− ˆ𝛽ℎ) −𝑞(ℓ | ℎ) · ˆ𝛽ℓ ≤ 0, the denominator

is non-positive, and for any 𝑘 ≥ 2, 𝑖’s reward cannot exceed the truthful reward. If 𝑞(ℎ | ℎ) · (1 − ˆ𝛽ℎ) − 𝑞(ℓ | ℎ) · ˆ𝛽ℓ > 0, the denominator is

positive. Following similar reasoning for ( ¯𝛽ℓ , ¯𝛽ℎ) close to (0, 0) shows that the threshold 𝑘 > 𝑘𝐵 .

Otherwise, when 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), we compare 𝑖’s reward with the reward of average strategy ( ¯𝛽ℓ , ¯𝛽ℎ). Recall that

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ)

=
𝑛 − 𝑘

𝑛 − 1

· 𝑓 ℎ (𝛽𝑖
ℎ
− ¯𝛽ℎ, (0, 1)) +

𝑘 − 1

𝑛 − 1

𝑓 (𝛽𝑖
ℎ
− ¯𝛽ℎ, ( ¯𝛽ℓ , ¯𝛽ℎ))

+ 1

𝑛 − 1

(𝑓 (𝛽𝑖
ℎ
, ( ¯𝛽ℓ , ¯𝛽ℎ)) − 𝑓 (𝛽𝑖

ℎ
, (𝛽𝑖ℓ , 𝛽

𝑖
ℎ
)))

= (𝛽𝑖
ℎ
− ¯𝛽ℎ) · (E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]

− 𝑘 − 1

𝑛 − 1

· (𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ) − 𝑞(ℓ | ℎ) · ¯𝛽ℓ ) · (Δℎ + Δℓ))

+ 1

𝑛 − 1

· (𝑞(ℎ | ℎ) · ( ¯𝛽ℎ − 𝛽𝑖
ℎ
) + 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ ))

· (𝛽𝑖
ℎ
· (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) + (1 − 𝛽𝑖

ℎ
) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℓ ))) .

We will assume that 𝑛 is sufficiently large so that ((1 − ¯𝑏ℎ) · (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) + ¯𝑏ℎ · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℓ )) > 0. (Recall that

¯𝑏ℎ = Θ( 1

𝑛−1
)).

Note that for the second line, (𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ) − 𝑞(ℓ | ℎ) · ¯𝛽ℓ ) · (Δℎ + Δℓ) ≤ 𝑞(ℎ | ℎ) · ¯𝑏ℎ · (Δℎ + Δℓ) . Therefore, for sufficiently large 𝑛,

(𝛽𝑖
ℎ
− ¯𝛽ℎ) · (E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]

− 𝑘 − 1

𝑛 − 1

· (𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ) − 𝑞(ℓ | ℎ) · ¯𝛽ℓ ) · (Δℎ + Δℓ)) ≥ 0.

Let

𝑚1 = (E𝑠∼qℎ [𝑃𝑆 (𝑠, qℎ) − 𝑃𝑆 (𝑠, qℓ )]

− 𝑘 − 1

𝑛 − 1

· (𝑞(ℎ | ℎ) · (1 − ¯𝛽ℎ) − 𝑞(ℓ | ℎ) · ¯𝛽ℓ ) · (Δℎ + Δℓ))

𝑚2 (𝛽𝑖ℎ) = (𝛽𝑖
ℎ
· (𝑃𝑆 (ℎ, qℎ) − 𝑃𝑆 (ℓ, qℎ)) + (1 − 𝛽𝑖

ℎ
) · (𝑃𝑆 (ℎ, qℓ ) − 𝑃𝑆 (ℓ, qℓ ))) .
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Then

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ)

= (𝛽𝑖
ℎ
− ¯𝛽ℎ) ·𝑚1 +

1

𝑛 − 1

· (𝑞(ℎ | ℎ) · ( ¯𝛽ℎ − 𝛽𝑖
ℎ
) + 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ )) ·𝑚2 (𝛽𝑖ℎ)

= (𝛽𝑖
ℎ
− ¯𝛽ℎ) · (𝑚1 −

1

𝑛 − 1

· 𝑞(ℎ | ℎ) ·𝑚2 (𝛽𝑖ℎ)) +
1

𝑛 − 1

· 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ ) ·𝑚2 (𝛽𝑖ℎ) .

Note that𝑚1 > 0 and
𝜕𝑚2

𝜕𝛽𝑖
ℎ

= Δℎ + Δℓ > 0.

If there exists a deviator 𝑖 such that 𝛽𝑖
ℎ
≤ ¯𝛽ℎ and 𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) < 0, we just pick this 𝑖 . Otherwise, if all deviators 𝑗 with

𝛽
𝑗

ℎ
≤ ¯𝛽ℎ has 𝑢 (𝛽𝑖

ℓ
, 𝛽𝑖

ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≥ 0, then the range of 𝑗 ’s strategy (𝛽 𝑗

ℓ
, 𝛽

𝑗

ℎ
) satisfies

(𝛽 𝑗
ℎ
− ¯𝛽ℎ) · (𝑚1 −

1

𝑛 − 1

· 𝑞(ℎ | ℎ) ·𝑚2 (𝛽 𝑗ℎ)) +
1

𝑛 − 1

· 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽
𝑗
ℓ
) ·𝑚2 (𝛽 𝑗ℎ) ≥ 0

This directly implies that 𝛽
𝑗
ℓ
< ¯𝛽ℓ for any 𝑗 with 𝛽

𝑗

ℎ
≤ ¯𝛽ℎ .

Now we pick another deviator 𝑖 such that (1) 𝛽𝑖
ℎ
≥ ¯𝛽ℎ and (2) for some deviator 𝑗 with 𝛽

𝑗

ℎ
< ¯𝛽ℎ , (𝛽𝑖ℎ − ¯𝛽ℎ) ( ¯𝛽ℓ − 𝛽

𝑗
ℓ
) ≤ (𝛽𝑖

ℓ
− ¯𝛽ℓ ) ( ¯𝛽ℎ − 𝛽

𝑗

ℎ
) .

If such 𝑖 does not exist, then for any 𝑖 with 𝛽𝑖
ℎ
> ¯𝛽ℎ and any 𝑗 with 𝛽

𝑗

ℎ
≤ ¯𝛽ℎ , there is (𝛽𝑖ℎ − ¯𝛽ℎ) ( ¯𝛽ℓ − 𝛽

𝑗
ℓ
) > (𝛽𝑖

ℓ
− ¯𝛽ℓ ) ( ¯𝛽ℎ − 𝛽

𝑗

ℎ
). Then,

0 =
∑︁

𝑖∈𝐷,𝛽𝑖
ℎ
> ¯𝛽ℎ

(𝛽𝑖
ℎ
− ¯𝛽ℎ) +

∑︁
𝑗∈𝐷,𝛽𝑖

ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℎ
− ¯𝛽ℎ)

>
∑︁

𝑖∈𝐷,𝛽𝑖
ℎ
> ¯𝛽ℎ

𝛽𝑖
ℓ
− ¯𝛽ℓ∑

𝑗∈𝐷,𝛽𝑖
ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℓ
− ¯𝛽ℓ )

·
∑︁

𝑗∈𝐷,𝛽𝑖
ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℎ
− ¯𝛽ℎ) +

∑︁
𝑗∈𝐷,𝛽𝑖

ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℎ
− ¯𝛽ℎ)

=

∑
𝑗∈𝐷,𝛽𝑖

ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℎ
− ¯𝛽ℎ)∑

𝑗∈𝐷,𝛽𝑖
ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℓ
− ¯𝛽ℓ )

·
©«

∑︁
𝑖∈𝐷,𝛽𝑖

ℎ
> ¯𝛽ℎ

(𝛽𝑖ℓ − ¯𝛽ℓ ) +
∑︁

𝑗∈𝐷,𝛽𝑖
ℎ
≤ ¯𝛽ℎ

(𝛽 𝑗
ℓ
− ¯𝛽ℓ )

ª®®¬
= 0,

which is a contradiction. Therefore, the deviator 𝑖 we pick always exists.

Now we compare 𝑖’s reward with the reward of the average strategy. Note that since 𝛽𝑖
ℎ
> ¯𝛽ℎ ≥ 𝛽

𝑗

ℎ
,𝑚2 (𝛽𝑖ℎ) > 𝑚2 (𝛽 𝑗ℎ).

𝑢 (𝛽𝑖ℓ , 𝛽
𝑖
ℎ
| ℎ) − 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ)

= (𝛽𝑖
ℎ
− ¯𝛽ℎ) · (𝑚1 −

1

𝑛 − 1

· 𝑞(ℎ | ℎ) ·𝑚2 (𝛽𝑖ℎ)) +
1

𝑛 − 1

· 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ ) ·𝑚2 (𝛽𝑖ℎ)

< (𝛽𝑖
ℎ
− ¯𝛽ℎ) · (𝑚1 −

1

𝑛 − 1

· 𝑞(ℎ | ℎ) ·𝑚2 (𝛽 𝑗ℎ)) +
1

𝑛 − 1

· 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ ) ·𝑚2 (𝛽 𝑗ℎ)

≤
𝛽𝑖
ℓ
− ¯𝛽ℓ

¯𝛽ℓ − 𝛽
𝑗
ℓ

( ¯𝛽ℎ − 𝛽
𝑗

ℎ
) · (𝑚1 −

1

𝑛 − 1

· 𝑞(ℎ | ℎ) ·𝑚2 (𝛽 𝑗ℎ)) +
1

𝑛 − 1

· 𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽𝑖ℓ ) ·𝑚2 (𝛽 𝑗ℎ)

= −
𝛽𝑖
ℓ
− ¯𝛽ℓ

¯𝛽ℓ − 𝛽
𝑗
ℓ

(
(𝛽 𝑗

ℎ
− ¯𝛽ℎ) (𝑚1 −

1

𝑛 − 1

𝑞(ℎ | ℎ) ·𝑚2 (𝛽 𝑗ℎ)) +
1

𝑛 − 1

𝑞(ℓ | ℎ) · ( ¯𝛽ℓ − 𝛽
𝑗
ℓ
) ·𝑚2 (𝛽 𝑗ℎ)

)
≤ 0.

Therefore, we find an 𝑖 such that 𝑢 (𝛽𝑖
ℓ
, 𝛽𝑖

ℎ
| ℎ) < 𝑢 ( ¯𝛽ℓ , ¯𝛽ℎ | ℎ) ≤ 𝑢 (Σ∗ | ℎ).

Consequently, for any 𝑛 satisfying:

(1)
¯𝑏ℎ =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

< 1

4
,

(2) If 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ )
Δℎ+Δℓ ,

(3)
¯𝑏ℎ ≤ E𝑠∼qℎ [𝑃𝑆 (𝑠,qℎ )−𝑞 (𝑠,qℓ ) ]

𝑞 (ℎ |ℎ) · (Δℎ+Δℓ ) ,

for any deviation with no more than 𝑘𝐵 deviators and the average strategy in the area of Lemma 1, there exists a deviator 𝑖 with private

signal ℎ whose reward is strictly worse than the truthful reward. Therefore, such deviation cannot succeed.

Similarly, for the ℓ side, for any 𝑛 such that

(1)
¯𝑏𝑙 =

4Δ𝑃𝑆 · (Δℎ+Δℓ+𝑃𝑆 (ℎ,qℎ )−𝑃𝑆 (ℓ,qℎ ) )
(𝑛−1) · (Δℎ+Δℓ ) ·E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

< 1

4
,

(2) If 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ ), then ¯𝑏ℎ ≤ 𝑃𝑆 (ℓ,qℓ )−𝑃𝑆 (ℎ,qℓ )
Δℎ+Δℓ ,
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(3)
¯𝑏ℎ ≤ E𝑠∼qℓ [𝑃𝑆 (𝑠,qℓ )−𝑞 (𝑠,qℎ ) ]

𝑞 (ℓ |ℓ ) · (Δℎ+Δℓ ) ,

for any deviation with no more than 𝑘𝐵 deviators and the average strategy in the area of Lemma 2, there exists a deviator 𝑖 with private

signal ℓ whose reward is strictly worse than the truthful reward. Therefore, such deviation cannot succeed.

Therefore, truthful reporting is an Bayesian 𝑘𝐵-strong equilibrium.

E Truthful Reporting is not a coalitional interim equilibrium
In this section, we introduce the coalitional interim equilibrium in [26].

Definition 5. Given the set of all admissible deviating groups D, a strategy profile Σ is an interim D equilibrium if there does not exist a

group of agent 𝐷 ∈ D, a set of types 𝑠𝐷 = (𝑠𝑖 )𝑖∈𝐷 , and a different strategy profile Σ′ = (𝜎′
𝑖
) such that

(1) for all agent 𝑖 ∉ 𝐷 , 𝜎′
𝑖
= 𝜎𝑖 ;

(2) for all 𝑖 ∈ 𝐷 , 𝑢𝑖 (Σ′ | 𝑠𝐷 ) > 𝑢𝑖 (Σ | 𝑠𝐷 ),
where 𝑢𝑖 (Σ | 𝑠𝐷 ) is 𝑖’s expected utility conditioned on he/she knows the types of all the deviators in 𝐷 .

When D = {{𝑖} | 𝑖 ∈ [𝑛]} contains only singletons, interim D equilibrium is exactly the Bayesian Nash equilibrium. On the other hand,

we show that for any D containing a group of at least two agents, truthful reporting fails to be an interim D equilibrium.

Proposition 4. In the peer prediction mechanism, assume 𝑃𝑆 (ℎ, qℎ) > 𝑃𝑆 (ℓ, qℎ) and 𝑃𝑆 (ℓ, qℓ ) > 𝑃𝑆 (ℎ, qℓ ). Then for any constant 𝑑 ≥ 2 any
D such that there exists a 𝐷 ∈ D with |𝐷 | = 𝑑 , and for all sufficiently large 𝑛, truthful reporting is NOT an interim D equilibrium.

Proof. Let 𝐷 ∈ D such that |𝐷 | = 𝑑 be a deviate group. Suppose there are 𝑑1 > 0 agents with signal ℎ and 𝑑2 > 0 agents with signal ℓ .

𝑑1 + 𝑑2 = |𝐷 |.
Now consider the expected utility when every agent reports truthfully. For agent 𝑖 with signal ℎ, 𝑖’s reward from other deviators is

𝑑1−1

𝑛−1
· 𝑃𝑆 (ℎ, qℎ) + 𝑑2

𝑛−1
· 𝑃𝑆 (ℓ, qℎ). And 𝑖’s reward from truthful reporter is

𝑛−|𝐷 |
𝑛−1

· (𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ)). Similarly,

with agent 𝑖 with signal ℓ , 𝑖’s reward from other deviators is
𝑑1

𝑛−1
· 𝑃𝑆 (ℎ, qℓ ) + 𝑑2−1

𝑛−1
· 𝑃𝑆 (ℓ, qℓ ). And 𝑖’s reward from truthful reporter is

𝑛−|𝐷 |
𝑛−1

· (𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ )).
Now we consider the deviating strategy. If 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ) > 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ ), then all

the deviators report ℎ. If 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ) < 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ ), then all the deviators report

ℓ . If 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ) = 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) +𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ ), all the deviators report ℎ if 𝑃𝑆 (ℎ, qℎ) ≥ 𝑃𝑆 (ℓ, qℓ )
and report ℓ otherwise. We show that in this case, the deviation succeeds.

Case 1. Suppose 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ) > 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ ). We consider the changes on the

expected utility after the deviators switch from truthful reporting to the deviating strategy. Then for agents with signal ℎ, the expected

utility from the truthful reporters is unchanged, and the expected utility from other deviators becomes
𝑑−1

𝑛−1
𝑃𝑆 (ℎ, qℎ), which has been strictly

increased. For agents with signal ℓ , the expected utility from the truthful reporters strictly increases by a constant factor, while the changes

in expected utility from other deviators is Θ( 𝑑𝑛 ) =
1

𝑛 ). Therefore, the sufficiently large 𝑛, the expected utility for agents with signal ℓ also

strictly increases.

Case 2 follows similar reasoning to Case 1.

Case 3. Suppose 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℎ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℎ) = 𝑞(ℎ | 𝑠𝐷 ) · 𝑃𝑆 (ℎ, qℓ ) + 𝑞(ℓ | 𝑠𝐷 ) · 𝑃𝑆 (ℓ, qℓ ) In this case, for both type of agents,

the expected utility from truthful reporters is unchanged, and the expected utility from other deviators strictly increases.

Therefore, we show that in all cases, there exists a group of agents in D wish to deviate. Therefore, truthful reporting is not an interim D
equilibrium. □
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