
Compliance Cards: Automated EU AI Act Compliance
Analyses amidst a Complex AI Supply Chain

Bill Marino 1,2∗, Yaqub Chaudhary 2, Yulu Pi 2,4, Rui-Jie Yew 5

Preslav Aleksandrov 1,
Carwyn Rahman 3, William F. Shen 1

Isaac Robinson 6, Nicholas D. Lane 1

1 University of Cambridge, UK 2 Leverhulme Center for the Future of Intelligence, UK
3 Protocol Consulting, Ltd., UK 4 University of Warwick, UK

5 Brown University, US
6 Oxford University, UK

Abstract

As the AI supply chain grows more complex, AI systems and models are increas-
ingly likely to incorporate multiple internally- or externally-sourced components
such as datasets and (pre-trained) models. In such cases, determining whether
or not the aggregate AI system or model complies with the EU AI Act (“AIA”)
requires a multi-step process in which compliance-related information about both
the AI system or model and all its component parts is: (1) gathered, potentially
from multiple arms-length sources; (2) harmonized, if necessary; (3) inputted into
an analysis that looks across all of it to render a compliance prediction. This
complex and time-consuming process threatens to strain the limited compliance
resources of the AI providers (i.e., developers) who bear much of the responsibility
for complying with the AIA. It also renders rapid or real-time compliance analy-
ses infeasible in many AI development scenarios where they would be beneficial.
To address these shortcomings, we introduce a complete system for automating
provider-side AIA compliance analyses amidst a complex AI supply chain. This
system has two key elements. First is an interlocking set of computational, multi-
stakeholder transparency artifacts that capture AIA-specific metadata about both:
(1) the provider’s overall AI system or model; and (2) the datasets and pre-trained
models it incorporates as components. Second is an algorithm that operates across
all those artifacts to render a real-time prediction about whether or not the aggre-
gate AI system or model complies with the AIA. All told, this system promises to
dramatically accelerate and democratize provider-side AIA compliance analyses
(and, by extension, foster provider-side AIA compliance).

1 Introduction

The EU AI Act (“AIA”), which recently entered into force (56), sets forth harmonized requirements
for AI systems and models (which we collectively call “AI projects”) (28, Art. 1(2)).

Importantly, these requirements not only regulate aspects of the AI projects themselves, but also
aspects of the datasets and (pre-trained) models that those AI projects incorporate as components.
The practical impact of this, amidst an AI landscape where both AI projects (88) and the supply chain
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behind them (14; 24) are growing more complex, is that determining whether or not an AI project
complies with the AIA often requires the following multi-step procedure (Figure 1):

1. Gathering information about the AI project and all its component datasets and models,
potentially from multiple internal or external (and sometimes arms-length) sources;

2. Optionally harmonizing that information (if its sources used different formats to capture it);

3. Waging an analysis that looks across all of this collected/harmonized information in order to
render a prediction about the compliance level of the aggregate AI project.
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Figure 1: Today’s AIA Compliance Analysis Procedure: In Step 1, information about the overall
AI Project as well as its component Models and Datasets is gathered from internal and/or external
sources. In Step 2, this information is optionally harmonized. In Step 3, an analysis looks across all
of the gathered/harmonized information to render a compliance analysis for the overall AI Project.

This process may consume a lot of time and resources 2. It therefore threatens to strain the limited
compliance resources of the AI providers (i.e., developers) 3 who “bear the largest share of obligations
under the [AIA]” (17). Importantly, it also renders real-time compliance assessments impossible in
the many scenarios (listed in Section 2.1.2) where they would be highly beneficial to these providers.

To help solve these problems, we introduce the Compliance Cards system for automated provider-side
AIA compliance analyses. It is built around two innovative technical elements:

• Compliance Cards: an interlocking set of open-source transparency artifacts (akin to Model
or Data Cards (62; 68)) that capture, in a computational format conductive to algorithmic
manipulation, compliance-related metadata about both: (1) a provider’s AI project; and (2)
any individual datasets and models it integrates;

• Compliance Cards Algorithm: an algorithm that manipulates the metadata in a set of
Compliance Cards to render a run-time prediction about whether the provider’s AI project
complies with the AIA.

The vision is that the Compliance Cards artifacts for a given AI project (and its component datasets
and models) will be populated, in advance and asynchronously, by the parties best-equipped to do
so. Then, the artifacts can be assembled and inputted into the Compliance Cards Algorithm by

2For example, the AIA’s Impact Assessment estimated that the process of “review[ing] documentation” to
verify compliance for some AI systems would take up to “two and a half days” and cost up to C7500 (22, 68-69).

3The AIA defines several AI “operator” roles, with different obligations for each (28, Art. 3(8)). Among
these, the “provider”, which the AIA defines as anyone that develops an AI project (or that has an AI project
developed) and places it on the market or puts it into service under their own name or trademark (28, Art. 3(3)),
is awarded the highest level of responsibility for satisfying the AIA’s requirements (28; 27, Arts. 2(1), 3(3)).
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anyone who wishes to analyze whether the provider’s AI project satisfies the AIA’s requirements.
Because the artifacts are pre-harmonized, our process eliminates the harmonization step in (Figure 1).
Because they can be operated on by the accompanying algorithm, we also automate the analysis
step in (Figure 1).4 The net result is the streamlined AIA compliance analysis process depicted in
(Figure 2), which promises to accelerate and democratize compliance assessments for providers, their
third party assessors, regulators, or anyone else (see Section 4.3.1).
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Figure 2: Compliance Cards AIA Compliance Analysis Procedure: In Step 1, the Compliance Cards
are used to collect, from internal and/or external sources, standardized metadata about the AI Project
as well as its component Models and Datasets. In Step 2, an automated analysis looks across all of
the gathered/harmonized metadata to render a compliance analysis for the overall AI Project.

2 The Why and How of Compliance Cards

The Compliance Cards system is shaped by three key features of the modern AI landscape. First,
the Compiance Cards’ exact metadata is informed by AI’s emerging regulatory dimension–namely,
the AIA’s dual focus on both project- and component-level features of an AI project. Second, the
Compliance Cards system’s specialized, separate artifacts are a response to the growing complexity of
the AI supply chain faced by AI providers. Lastly, the growing need for real-time compliance analyses
in various provider workflows inspired the Compliance Cards Algorithm and the complimentary,
computational format of the artifacts.

2.1 The Dual Focus of the AIA’s Requirements

A key feature of the AIA (and perhaps other upcoming AI regulation5) is that some of its requirements
target an AI project at-large, while others target the datasets or models that the project incorporates
as components. As an example, the AIA’s record-keeping requirements target a project at-large (28,
Art. 9, 12). But the AIA’s data governance requirement mostly target the datasets that a project
incorporates as components (28, Art. 10).

Notably, these sets of requirements are heavily interconnected. For example, the exact requirements
that the dataset and model components must satisfy are a function of several high-level characteristics
of the AI project6, including — but not limited to — whether the AI project consists of an AI system
or a general-purpose AI (“GPAI”) model (28, Art. 1(2), 2, 6). Conversely, features of component

4The AIA itself champions the notion of an automated compliance analyses, albeit in relation to another type
of AI operator: “The AI Office shall develop a template for a questionnaire, including through an automated
tool, to facilitate deployers in complying with their obligations...in a simplified manner” (28, Art. 27(5)).

5The White House’s Blueprint for an AI Bill of Rights, for example, also champions rules that are aimed at
both AI systems and models at-large (80, 19), as well as their component datasets or models (80, 38).

6We call this special tranche of high-level characteristics, which play a key role in our Compliance Cards
Algorithm, “dispositive characteristics.”

3



models or datasets — such as the interpretation tools built into models — can shape what is required
of the AI project at-large (e.g., the human oversight measures it must implement) (28, Art. 14).

The net effect of this duality — and this interconnectedness — is that providers cannot render a
robust compliance analysis for an AI project without first gathering certain information about both
the project at-large and its component datasets and models. To facilitate this, we introduce novel
transparency artifacts — Compliance Cards, an evolution of earlier transparency artifacts such as
Model Cards (62) — that are specifically designed to capture both kinds of essential information.

2.1.1 The growing complexity of the AI supply chain

Where an AI project is housed entirely inside one team, gathering all of the information required to
render a compliance analysis — covering both the AI project at-large and any incorporated datasets
or models — may be trivial. But, as the AIA itself notes, “[a]long the AI value chain multiple parties
often supply ...components or processes that are incorporated” into AI projects (28, Rec. 88). These
components, often sourced externally (5; 78; 19; 70), may include multiple7 datasets and models
obtained from open-source platforms like Hugging Face (64; 48) or third party models accessed via
API (1). Notably, the provider integrating these components may lack insight into certain aspects of
them (e.g., a model’s training data) (53) and may never have direct contact with the supplier (10).

In such scenarios, it may prove difficult to have all of the different component suppliers (along
with the provider) collectively fill out a single artifact capturing all the information required for a
compliance analysis. What may be more feasible is to have each of the parties fill out an artifact
strictly focused on their own contribution, in a decentralized fashion, then for these separate artifacts
to be united in order to render the compliance analysis. The advantages of this approach include:

• Each party documents what they know best (i.e., their particular contribution to the aggrega-
tion), reaping the benefits of “division of knowledge” (37, 49);

• The artifacts can be filled-out (or updated) asynchronously, at each party’s leisure;
• These artifacts can be efficiently shared in a one-to-many fashion (e.g., via Hugging Face);
• The parties do not need to be in contact in order for a compliance analysis to occur.8

To reap these benefits, the Compliance Cards system was designed with three separate (yet compatible)
types of artifacts — Project, Data, and Model CCs — that can be filled-out asynchronously by the
parties best equipped to do so, then combined to provide a holistic view of an AI project when it is
time to run a compliance analysis.

2.1.2 The need for real-time AI regulation compliance analyses in various AI workflows

In a growing number of AI development scenarios, the ability to make real-time (or, at least, rapid)
AI regulation compliance determinations would be highly advantageous for providers. These include:

Today’s rapidly iterative AI development workflows Contemporary AI development is char-
acterized by highly iterative experimentation that involves trying many different approaches —
including with different models and datasets — to find the combination that performs best for
the use case.(16; 86; 36; 66). During this phase of “continuous experimentation”(59), it would
be beneficial for a provider to be able to check, in real-time, whether a candidate combination is
regulation-compliant and, therefore, worth exploring.

Search and acquisition of components on AI communities and marketplaces Finding the right
model or dataset to integrate into an AI project may involve searching through many candidates on
ML communities (e.g., Hugging Face), model zoos, and marketplaces (18; 63). Such searches often
involve multiple queries that are refined in real-time based on incoming search results (51). Real-time
compliance analyses would allow providers, while searching for components, to instantly understand
the compliance level of various candidate components as integrated into their overall AI project.

7For example, Apple’s OpenELM LLM was trained on four datasets (61), including The Pile, which is itself
an aggregation of 22 datasets (32).

8In this manner, Compliance Cards are “MultiActor Responsible AI (RAI) Artifacts” that can support direct
or indirect communication between different stakeholders (50).
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Federated learning Federated learning (FL) is a privacy-preserving ML technique in which models
learn from data without directly accessing it (60). FL involves updating a global model locally, on
private data, then sharing those updates (rather than the data) back to a central server for aggregation
into the global model. In this scenario, the central server, so as not to slow model convergence, can
ideally make rapid decisions about whether or not integrating a given batch of client-side data (via
model updates) is AIA-compliant. Real-time compliance analyses would support this.

Continuous integration / continuous delivery There is great interest in automating the retraining
of in-production AI models using production data, a process known as continuous integration and
continuous delivery (33; 49). In such scenarios, it would be advantageous for a provider to know, in
real-time, whether the integration of an incoming batch of new data (and/or the model retrained on
that data), when combined with the overall AI project, are regulation-compliant.

The need for rapid or real-time compliance analyses in these AI development situations and others led
to the design requirement that Compliance Cards must be readily manipulable by some accompanying
algorithm in order to render low-latency compliance analyses. This, in turn, inspired the computational
format of Compliance Cards — as well as the complimentary Compliance Cards Algorithm.

3 The Compliance Cards System

The Compliance Cards system has two key elements: (1) the Compliance Cards transparency artifacts;
and (2) the Compliance Cards Algorithm. In this section, we take a closer look at each.

3.1 Compliance Cards

The Compliance Cards are an interlocking set of computational transparency artifacts that capture
compliance-related metadata about both an AI project as well as its constituent datasets and models.
Let’s examine their overall format, then describe each type of card in more detail:

3.1.1 Compliance Cards format

A defining quality of Compliance Cards is that their metadata can be operated on by a Compliance
Cards Algorithm to produce a compliance analysis. While there are different ways to embody this
quality, they all follow the same overarching structure: a set of attribute-value pairs. These can inhabit
many formats, including via human-readable data serialization language (e.g., YAML or JSON)
or serialized python objects like dictionaries. In each of these, the attributes will capture specific
characteristics of the subject (whether it is a project, model, or dataset) that relate to AIA compliance,
while the values will quantify whether or how much the subject possesses that attribute. In the form
we deem optimal, the latter are quantized — i.e., constrained to a finite set consisting of integers
(e.g., confidence scores), boolean values, or other. Because it is the simplest format for computational
manipulation, this is what we use in the initial, YAML-based Compliance Card templates9 that are
available at: https://github.com/camlsys/compliancecards.

3.1.2 Compliance Cards types

There are three types of Compliance Card (“CC”) artifacts:

Project CC This type of Compliance Card captures AIA-relevant attributes of an AI project,
including the “dispositive attributes” that heavily inform the compliance analysis. Table 2 presents an
overview of the attributes this artifact captures. For a full list, see the project_cc.yaml template in
the GitHub repository for this project: https://github.com/camlsys/compliancecards.

Data CC This type of Compliance Card captures AIA-relevant attributes of a component dataset
(whether training, evaluation, or test set). Table 3 presents an overview of the attributes it captures.10

For a full list, see the data_cc.yaml template in the GitHub repository for this project.
9Our templates are composed in YAML so that they can readily be added to the existing YAML metadata

sections of the (popular) Hugging Face Model Cards, lowering the friction of adoption (40).
10Note that an AI project integrating multiple models or datasets will have a one-to-many relationship between

its Project CC and/or Data and Model CCs.
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Model CC This type of Compliance Card captures AIA-relevant attributes of a component model
(including general-purpose AI models11). Table 4 presents an overview of the attributes it captures.
For a full list, see the model_cc.yaml template in the GitHub repository for this project.

3.2 Compliance Cards Algorithm

The Compliance Cards Algorithm looks across all of the metadata in the Compliance Cards to render
a real-time prediction about whether the aggregate AI project complies with the AIA (Figure 3.2).

Compliance
Determination
for AI ProjectModel CC

Compliance Cards
Algorithm

Project CC

Data CC

Figure 3: The Compliance Cards Algorithm: The Compliance Cards Algorithm is any algorithm
that accepts the Compliance Cards as its input and outputs a compliance analysis.

While the Compliance Cards Algorithm can take on many different embodiments, the initial embodi-
ment that we put forward in conjunction with this paper is rules-based and uses a series of if-then
statements to represent and encode the requirements of the the AIA. A Python implementation of this
algorithm is available at the Compliance Cards GitHub repository. Importantly, other embodiments
are not only possible but may scale better to unseen AI projects. In Section 6, for example, we express
our intent to produce an LLM-assisted embodiment of the Compliance Cards Algorithm.

4 How to Use the Compliance Cards System

How should the Compliance Cards system actually be used in practice? Here are some ideas:

4.1 Who should populate the Compliance Cards?

In light of the information asymmetry that exists along the AI supply chain (10), Compliance Cards
are ideally populated by whichever entity has the best information about the subject of the respective
card. As a rule of thumb, we recommend the entities in Table 1 populate each artifact.12

Table 1: Who should populate the Compliance Card?

Artifact Recommended populator

Project CC Provider
Data CC Dataset Supplier(s)
Model CC Model Supplier(s)

4.2 How should the Compliance Cards be populated?

While parties can populate their Compliance Cards any way they like, here are some methods that we
expect to be popular:

• Manual population via user interface (UI): Compliance Cards can be populated manually
through a questionnaire-style UI akin to those used to populate existing artifacts (44). In the

11The AIA highlights that GPAI models “can be integrated as a component of a downstream AI system
covered by the AIA, but also...can be used ‘as such’ as an AI system falling under the scope of the [AIA]” (30).

12Note that the AIA actively encourages AI component makers to provide documentation to integrators of
those components — something we argue is achieved by sharing filled-out Compliance Cards (28, Rec. 88, 89).
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case of Compliance Cards, a UI like this might present each individual attribute to the user,
asking them to enter the appropriate value for that attribute.

• Programmatic population via library: Like some existing transparency artifacts, Com-
pliance Cards could hypothetically be populated programmatically, via a library that is
referenced from within model training, evaluation, and deployment code (43; 69; 29). In
Section 6, we express our intent to release a similar library for Compliance Cards.

• Population via large language model (LLM): Text documents, including but not limited to
training and evaluation code, data governance policies, or other artifacts such as Model and
Data Cards, could be inputted into a specialized LLM that outputs one or more populated
Compliance Cards. In Section 6, we express our intent to release a toolkit that allows users
to leverage existing LLMs to populate Compliance Cards in this manner.

4.3 What happens to Compliance Cards after they are populated?

Our hope is that Data and Model CCs, like existing transparency artifacts, will be uploaded to dataset
and model repositories on ML communities and marketplaces (e.g., Hugging Face). There, they
can be readily accessed by providers or other parties (discussed in Section 4.3.1) who may wish
to combine them with a Project CC and/or other Data and Model CCs, then render a compliance
analysis for a potential or existing AI project. Alternatively, the suppliers of datasets and models may
wish to generate these artifacts and keep them on-hand for private transmission to such parties.

Because ML communities and marketplaces are not yet, as far as we know, instrumented to host
Project CCs in the same way they can host Data and Model CCs, we expect that the Project CC for
a given AI project is more likely to be generated by an AI provider and then kept locally until that
provider (or any of the parties listed in Section 4.3.1) wishes to pair it with any relevant Data and
Model CCs and render a compliance analysis for the project.

4.3.1 Who will run the Compliance Cards Algorithm on the Compliance Cards?

In short, anyone with the full set of Compliance Cards associated with an AI project can run the
Compliance Cards Algorithm on them and output a compliance analysis. That said, here are some
users and use cases we expect to be commonplace:

• Conformity assessors: The AIA requires AI providers, before putting certain AI projects
on the EU market, to undergo a conformity assessment — performed internally or by a third
party — verifying the project’s compliance (28, Art. 16, 43). We believe the Compliance
Cards system can accelerate these assessments, regardless of who performs them.

• Market surveillance entities: Under the AIA, market surveillance authorities have the
power to investigate AIA non-compliance (28, Art. 75). We believe the Compliance Cards
system can accelerate such investigations as regards providers.13

• Providers: Because they bear the most responsibility for complying with the AIA (28; 27,
Arts. 2(1), 3(3)), and also own the development workflows (Section 2.1.2) that benefit the
most from accelerated compliance analyses, we foresee AI providers making our system a
key part of the internal assessments that are “the core of [AIA] compliance” (57; 81).

• Dataset and model suppliers: We envision a scenario in which model and dataset suppliers
use the Compliance Cards system to evaluate the compliance level of their wares when
paired with various providers’ Project CCs, using the output to inform everything from their
future development plans to their marketing strategy.

4.3.2 How will they run the Compliance Cards Algorithm on the Compliance Cards?

Our Python implementation of the Compliance Cards Algorithm is open source and can be used by
anyone interested in rendering a compliance analysis for an AI project. Our hope is that the algorithm
will be integrated into various applications or platforms, made available to their users to democratize
its use. In the meantime, we also plan to host the algorithm in a web application that anyone can use
to run analyses across a set of Compliance Cards they generate and/or upload.

13AI regulators may suffer from a comparative lack of capacity, resources, and expertise (7). By helping
overcome this, the Compliance Cards may help boost AIA enforcement.
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5 Related Work

Researchers have developed various transparency artifacts to facilitate the sharing of metadata about
models, datasets, and other facets of AI systems. Some of these artifacts have been popularized by
industry. Most recently, there have been efforts to produce transparency artifacts that are machine-
readable as well as efforts to produce transparency artifacts specialized to AI regulation, including
the AIA. In parallel, there has been work on algorithms that encode the requirements of the AIA.
What is still missing — and what Compliance Cards provides — is a holistic system that brings
together all the necessary building blocks for real-time compliance analyses by pairing computational,
AIA-specialized transparency artifacts with a connected, AIA-encoding algorithm.

5.1 Human- and machine-readable transparency artifacts

Multiple efforts have produced human-readable transparency artifacts that facilitate the sharing of
metadata about AI components. This includes artifacts for datasets (11; 34; 62; 38; 21; 46; 73),
models (62; 29; 79; 74; 75; 2; 47), services (8), and multi-model systems (67). Recognizing the need
for transparency artifacts that were more readily analyzable by computers, researchers have recently
captured various transparency artifacts in machine-readable formats like the OWL 2 Web Ontology
Language (6), linked data and knowledge graphs (23), YAML (12), and JSON (72). Perhaps most
notable due to their widespread use14, Hugging Face Model Cards are captured as machine-readable
Markdown files with optional YAML sections (41; 40), a format that enabled a large-scale analysis
of these Model Cards’ contents by Liang et al. (52).

5.2 Transparency artifacts for AI regulation (including AIA) compliance

Although the transparency artifacts above capture some of the metadata needed for an AIA compliance
determination (15), they do not capture all of it. To address this gap, recent efforts have introduced
transparency artifacts specialized to the AIA compliance (or, at least, AI regulation compliance)
use case. In particular, Brajovic et al. (13) introduced human-readable transparency artifacts to
help align AI systems with AI regulations during development while Hupont et al. (45) introduced
human-readable Use Case Cards to capture metadata related to AIA’s risk levels. Lohachab and
Urovi (55) rendered model artifacts as blockchain-based non-fungible tokens to, among other things,
advance regulatory compliance. Most recently, Golpayegani et al. (35) produced a transparency
artifact that captures metadata related to the corner of the AIA addressing AI risk management
technical documentation. Importantly, none of these efforts include a comprehensive (and certainly
not automated) method for looking across their metadata to produce a compliance analysis.

5.3 AIA-encoding Algorithms

RegCheckAI is a web application that renders an AIA compliance prediction based solely on the
metadata captured in a Hugging Face Model Card — an approach we argue is incomplete (39).
Meanwhile, Future of Life Institute (31) offers a web application that predicts the AIA requirements
that may apply to AI project based on its inputted details; importantly, it does not analyze whether
the project satisfies those requirements. A handful of startups also offer web applications advertising
similar functionality, sometimes behind registration walls (82; 3). While the algorithms undergirding
these web applications are not public, we infer that they include some type of encoding of the AIA’s
rules (or, at least, a portion of them).

5.4 The void that remains (and Compliance Cards fills)

What has been sorely missing from existing research is a holistic system that interweaves all of the
the necessary building blocks for real-time AIA compliance analyses: (1) Computation-amenable
artifacts that captures all of the metadata necessary for a robust AIA compliance analysis; (2) A
companion algorithm that operates on those artifacts to output a 360 AIA compliance analysis. The
Compliance Cards system is meant to fill this void.

14Over 32,000 Model Cards and 7000 Dataset Cards have been filled-out and shared on Hugging Face (52; 87).
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6 Future Work

There are many opportunities to extend this line of research, with the Compliance Cards system as a
foundation:

6.1 Evaluation

It would be useful to thoroughly evaluate the accuracy, speed, and expense of the Compliance Cards
system as compared to the status quo (the manual compliance analyses depicted in Figure 1).

6.2 Automate the process of Compliance Card population

Automating the population of Compliance Cards will further streamline the process of AIA compli-
ance analyses. There are multiple paths towards this goal:

• Values could be programmatically deposited into Compliance Cards during the training and
evaluation processes. This could include the outputs of existing responsible AI benchmarking
frameworks (54; 65). This process could be managed by a library that bears similarity to the
existing artifact-populating libraries like the Model Cards Toolkit of (29; 79; 4).

• Training, evaluation, and product code, product specifications, existing transparency artifacts,
and other documentation can be inputted into an LLM that, perhaps via contextual learning,
outputs populated Compliance Cards.

6.3 Provide tools to verify Compliance Cards metadata

Sometimes, component models or datasets will not be accessible to their integrators or would-be
integrators; this may happen wherever these components are closed by design (9), before their
exchange during arms-length business transactions (84), or in federated learning (85). In such
scenarios, it would nonetheless be valuable for model and dataset integrators to be able to verify
that the metadata shared in Model and Data Compliance Cards is accurate (58; 71). There has been
promising work using zk-SNARK zero-knowledge proofs to verify ML model accuracy and fairness
without direct model access (77), though it may come with high latency. Differently, Hugging Face
has unveiled a feature that lets model makers run evaluations on Hugging Face-controlled servers
and receive metrics, digitally signed by Hugging Face, to add to their Model Cards (42). It would
be valuable to explore how these or other closed-box methods can be used to verify the metadata
captured in Compliance Cards (in a cost-effective and rapid manner).

6.4 Adapt Compliance Cards to AIA technical standards and other AI regulation

As is typical in EU lawmaking, multiple EU standardization bodies have been asked to create
harmonized standards (“common specifications”) to accompany the AIA (26; 25; 83). AI projects
that conform to these “more concrete” (76) requirements will be presumed to be AIA-compliant (28,
41(3)). Once issued, there could be value in replacing some or all of the existing Compliance Card
attributes with ones that reflect these more granular specifications. In addition, other AI regulations
are being gestated worldwide (20). The Compliance Cards framework could be extended beyond the
AIA and to these other regulations as they materialize.

7 Conclusion

The Compliance Card system is designed to reduce the burden of AIA compliance analyses that
firms face admidst an increasingly complex AI supply chain. Our hope (and hunch) is that lowering
the capacity required to run AIA compliance analyses will give AI firms (especially resource-
starved small- and medium-sized businesses) more bandwidth to cure any of the deficiencies these
analyses uncover or to investigate nuanced issues that an automated analysis may not fully capture.
Accordingly, we see Compliance Cards as a pathway to increased AIA compliance and, since the
AIA encodes so many core responsible AI principles, a step forward for responsible AI in general.
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A Tables

Table 2: Project CC Attributes (Overview)

Attribute category (dispositive characteristics in
italics)

Relevant Section(s) of AIA

Operator role (provider) Art. 2
Intended purpose Art. 6, 9, 10, 13, 14, 15
Whether on EU market Art. 2
Whether AI System, High-risk AI System, GPAI
model, GPAI model with Systemic Risk

Art. 3(1), 3(63), 6

Whether excepted from AIA Art. 2(6)
Whether prohibited practices Art. 5
Risk management (High-risk AI systems) Art. 9
Data and data governance (High-risk AI systems) Art. 10
Technical documentation (High-risk AI systems
and GPAI models))

Art. 11, 53(1); Annex XI(2), XI(1)

Record-keeping (High-risk AI systems) Art. 12
Transparency and provision of information to de-
ployers (High-risk AI systems)

Art. 13

Human oversight (High-risk AI systems) Art. 14
Accuracy, robustness, and cybersecurity (High-risk
AI systems)

Art. 15

Registration, etc. (AI systems) Art. 16
Fundamental Rights Assessment (High-risk AI sys-
tems)

Art. 27

Transparency (AI systems) Art. 50

Table 3: Data CC Attributes (Overview)

Attribute category (dispositive characteristics in
italics)

Relevant Section(s) of AIA

Intended purpose Art. 6, 9, 10, 13, 14, 15
Data and data governance (High-risk AI systems) Art. 10; Rec. 10, 67
Technical documentation (High-risk AI systems
and GPAI models)

Art. 11, 13, 53(1); Annex IV, XI;

Accuracy, robustness and cybersecurity (High-risk
AI systems)

Art. 15

Quality management system (High-risk AI sys-
tems)

Art. 17(1)(f)

17



Table 4: Model CC Attributes (Overview)

Attribute category (dispositive characteristics in
italics)

Relevant Section(s) of AIA

Intended purpose Art. 6, 9, 10, 13, 14, 15
Risk management (High-risk AI systems) Art. 9(2), 9(6)
Data and data governance (High-risk AI systems) Art. 10
Technical documentation (High-risk AI systems
and GPAI models)

Art. 11, 53(1); Annex IV, XI;

Transparency and provision of information to de-
ployers (High-risk AI systems, GPAI models, and
GPAI models with systemic risk)

Art. 13

Human oversight (High-risk AI systems) Art. 14(3)(a), 14(4)(d)
Accuracy, robustness and cybersecurity (High-risk
AI systems)

Art. 15
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B Diagrams

B.1 Compliance Cards Algorithm Flowchart
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