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Abstract

One of the trends of AI is the creation of ma-
chine learning models that can fluently generate
coherent, useful language. But what should we
call these models? LLMs, Foundation Models,
Stochastic Parrots, Frontier Models are pos-
sible options today...but years ago we had a
consensus: many of the progenitors of today’s
superstar Al models were named after Muppets.
This trend started as an inside joke and was
later used as a way to pay homage and build
on each other’s work, but has collapsed as Al
has become mainstream. Analyzing over 100
models, we identify patterns across Western
and Chinese traditions, showing how names
reflect values, branding, and trust. We argue
that naming is not trivial but central to how Al
systems are framed. And we make the case for
reviving the playful metaphor—balancing hope
and skepticism—of the Muppet Model (MM).

1 Names Matter

In an accident of history, the first large language
models were named after Muppets, as we review
in Section 3. However, the community has mostly
moved on from this tradition (Section 4), and dif-
ferent traditions have emerged for naming these
models in the West and in China: today’s names
come from gods, generic human names, sci-fi char-
acters, and technical descriptions.

The field of semiotics concerns itself with the
impact of the signs and signifiers: the names that
things have change how people percieve them. This
position paper argues that the perception of Al is
influenced by what models are called (Section 2),
and that we as a field should both be aware of this
influence and be responsible researchers by naming
general and specific models wisely.

As the tragic story of teenage suicides after form-
ing relationships with chatbots show (Chatterjee,
2025), human perceptions of models matter. Be-
yond documenting what these models are named,

the contribution of this position paper is to argue
that the original naming of “Muppet” models was
apt (Section 6): calling large, generative Al systems
Muppet Models is a good compromise for a new
technology with limited skeuomorphism and better
than the alternatives (Section 5).

2 The Implications of Nomenclature

Gardner and Levy (1999) make the case that a

name is more than the label employed to differ-
entiate among the manufacturers of a product. It
is a complex symbol that represents a variety of
ideas and attributes. It tells the consumers many
things, not only by the way it sounds (and its lit-
eral meaning if it has one) but, more important,
via the body of associations it has built up.

This is even more important when products do not
distinguish themselves—as is the case with the
convergence of MM ! technology—the name and
the brand of the company distinguish products.

2.1 The Power of a Name

In his tract “The Power of a Name”, Graham (2013)
argues that naming a scientific concept is an awe-
some power: by merely providing the name to mul-
tiple infinities, Cantor (Zipes, 2015) changed the
field’s understanding as much as with his proofs,
an extension of the fables where knowing the name
of a spirit offered control over them (e.g., Rumpel-
stiltskin). Mathematician Alexandre Grothendieck
(2021) equated mathematical research with naming,
imagining
unknown and nameless worlds, crying out for

me to become acquainted with them and bestow
names upon them.

Moreover, a brand name is essential for build-
ing brand recognition, protecting business inter-
ests, and influencing consumer psychology and
perception (Kottler and Keller, 2009; Keller, 2013).

"Throughout the rest of this paper, we will boldly adopt
the abbreviation for Muppet Model.



An appropriate name and branding strategy help
a company stand out in the market and maintain
long-term competitiveness and sustainability (Bu-
latovic et al., 2016). If users like GPT-3, they will
trust GPT-4 and expect to be better. This continuity
builds trust and anticipation among users.

3 In the Beginning were Muppets

This section discusses the first MMs which were
actually named after Muppets, describes why they
were named after Muppets, and then ends with
the close call by OpenAl to not name GPT after
a Muppet and how that lead to the explosion of
non-Muppet names (Section 4).

3.1 The Muppet Age: ELMo, BERT, and
Friends

The Muppets are hand puppets developed by Jim
Henson for a the Washington, DC show Sam and
Friends (Jarvis, 2015). Unlike their other puppet
progenetors, Muppets interact directly with hu-
mans on scripted children’s education television
like Sesame Street (which has been adapted into
over thirty other cultures (Gettas, 1990)), variety
shows for adults like The Muppet Show, and in fea-
ture films like The Muppet Christmas Carol (1992).
Because of their reach, Muppets provide names
that are simultaneously familiar, memorable, and
lightly humorous.

To the best of our knowledge, the first model
to intentionally adopt a Muppet name used em-
beddings from language model (Peters et al.,
2018b, ELMo), a bidirectional LSTM whose rep-
resentations could be adopted for down-stream
tasks.? Unlike the previous seismic shift in NLP—
WORD2VEC (Mikolov et al., 2013)—ELMo cre-
ated distributed representations of tokens in con-
text. Shortly thereafter, bidirectional encoder repre-
sentations from transformers (Devlin et al., 2019a,
BERT) used the newly released transformer archi-
tecture (Vaswani, 2017) to combine most of the
ingredients we associate with modern models.

In addition to these “‘canonical” MMs, other sim-
ilar models emerged, reinforcing the trend. For
instance, ERNIE (Zhang et al., 2019a) extends
BERT’s word-level masking strategy to entity-level
and phrase-level masking. KERMIT (Zanzotto

2Given the definitions in Section 6, it’s arguable that ELMo
does not meet our definition today. However, it deserves hon-
orary status for historical reasons. One could also argue that
some models like DAN (Iyyer et al., 2015) were accidentally
named after Muppets.

et al., 2020), on the other hand, is an insertion-
based generative architecture that jointly models
joint distributions, decompositions, and conditional
terms. BIGBIRD (Zaheer et al., 2020b), a Trans-
former model based on sparse attention, address
the computational complexity and memory usage
in long texts. On the other hand, ROSITA (Mul-
caire et al., 2019), a multilingual extension method
based on ELMo, generates context-aware word
representations by training a single “multilingual”
language model on texts in multiple languages.
Generating aRticles by Only Viewing mEtadata
Records (Zellers et al., 2019a, GROVER) is a pub-
licly available generator capable of writing realistic
and controlled fake news.

3.2 The Great Breakaway: From Snuffy to
GPT

The break from the dominance of using Mup-
pet names came when OpenAl released the gen-
erative pre-trained transformer (Radford et al.,
2019, GPT2), which originally had a Muppet name:
“Snuffleupagus” (“Snuffy” for short). Clark (2019)
believed it

poor taste to give muppet [sic] name while dis-

cussing reasons to be cautious with regard to in-
creasingly powerful language models,

Thus GPT emerged as a more sober, descriptive
brand—marking the start of the era of neutral, non-
Muppet names that dominate today. The choice
marked a turning point.3

Where earlier names combined technical contri-
bution with cultural resonance, later Western mod-
els followed this more technology-driven trend. At
the same time, a panoply of new Chinese models
offered other competing naming schemes, as we
outline in the next section.

4 What are models called today?

Since the release of GPT-2 in 2019, naming prac-
tices for large language models (MMs) have diver-
sified dramatically. This section examines what
models are called today (as of 2026), why they
bear those names, and what broader cultural, insti-
tutional, and market forces these naming conven-
tions reflect. We first clarify the selection criteria
that define which models are included in our anal-
ysis. We then examine naming categories, from

3At the risk of editorializing, Snuffleupagus (a giant Mup-
pet that only a select few can see) is a good name for a model

released by an increasingly secretive “Open”Al pursuing hy-
perscaling.



playful acronyms to cultural allusions, and show
how patterns differ between Western and Chinese
ecosystems.

4.1 Selection Criteria for Muppet Models

While we will define what we specifically mean
by Muppet models as part of our definition of the
models in Section 6, for now we outline a more
generous definition that encompasses what the field
generally considers LLMs, frontier models, etc. (we
discuss these alternative umbrella naming schemes
in Section 5). To be included, a model must satisfy
at least two of the following “notoriety” standards:
(1) a published research paper or technical report,
(2) public availability through a credible repository
or API, and (3) evidence of a large user base or
industry deployment.

In addition, we also have “functional” standards:
a model either (a) generate coherent and contextu-
ally appropriate text, or (b) form a distributed rep-
resentation of compositional meaning that enables
text generation or downstream linguistic reasoning.
This functional criterion allows inclusion of mod-
els such as BERT and ELMo, which do not generate
text directly but are foundational to generative ar-
chitectures, while excluding narrowly task-specific
systems.

¢ Published paper or technical report
Models such as (Bai et al, 2023b,
BAICHUAN 2), (Touvron et al.,, 2023a,
LLAMA), and (Team et al., 2023, GEMINI-1)
provide extensive documentation. Table 2
lists cases that have a verifiable technical
publication.

* Public availability. Models released through
recognized repositories (e.g., Hugging
Face, GitHub, or institutional archives)
with verifiable provenance. (DeepSeek,
2025, DEEPSEEK-V3), (Vonplaten, 2025,
MISTRAL-7B) and (xAI, 2025, GROK)
exemplify transparent releases with acces-
sible weights and tokenizer configurations
(both also have clear technical descriptions,
fulfiling the first constraint). Conversely,
closed systems—such as domain-specific
GPT variants for specialized use cases—
(e.g., (Blau, 2025, DoxmMITY GPT), (Rustici,
2025, MEDGPT)) do not meet this criteria
because they are not publicly downloadable
or reproducible.

* Large user base or industry deployment.

A model can qualify if verifiable evidence
shows large-scale adoption or integration into
widely used platforms. GROK has 30.1 mil-
lion monthly active users and 153 million
website visits (Cardillo, 2025), therefore, it
qualifies under these two conditions—namely,
having a large user base and being publicly
available.

By requiring at least two of these three condi-
tions, we filter out fringe or unverifiable cases, en-
suring that our dataset emphasizes both technical
merit and impact. Table 1 presents the complete
census of models collected—including those that
did not meet the threshold for inclusion—along
with their metadata, how they are named, and ref-
erences. Table 4 then disaggregates the subset of
qualifying models by the specific criteria they meet.

4.2 General Naming Categories

Language model names fall into several general
categories, each reflecting different priorities and
cultural resonances. Section 3 introduced Muppet-
inspired and Capability-driven names, and Mup-
pets are an extension of a broader trend of Popular
culture references: (Lewis et al., 2019, BART),
(Shoeybi et al., 2019, MEGATRON). Because sci-
ence is as much evoluation as innovation, Deriva-
tions from original build on existing names: (Liu
et al., 2019a, ROBERTA); (Khattab and Zaharia,
2020, COLBERT). Some models adopt Human
names to evoke personality or familiarity (An-
thropic, 2025, CLAUDE), while Mythological or
historical references convey traits such as wis-
dom, creativity, or power: (Salesforce, 2025, EIN-
STEIN), (Gor et al., 2024, CAIMIRA). Geographi-
cal names draw on locations or landmarks (BAALI,
2021, WU DAO), and Company branding fore-
grounds institutional identity (Bi et al., 2024,
DEEPSEEK). Flora and fauna, combining nat-
ural imagery with technical or metaphorical mean-
ing (Touvron et al., 2023a, LLAMA). Together,
these categories illuminate the rich strategies re-
searchers and developers use to name models, bal-
ancing memorability, technical signaling, and cul-
tural resonance. The full list with with examples is
in Appendix Section B.

4.3 Annotator Agreement

Two authors independently assigned these cate-
gories to more than 100 models. Agreement was
high: 150 out of 157 matches (95.5%), yielding



Cohen’s k ~ 0.92, which qualifies as “almost per-
fect agreement” (Landis and Koch, 1977). Dis-
agreements were rare but revealing. For instance,
GEMMA was classified by one annotator as an En-
glish personal name (reflecting a human or Western
given name), while the other labeled it as a concep-
tual name, interpreting it as derived from the Latin
word gemma, meaning “precious stone” or “gem”.

4.4 Trends in Western Model Naming

Western LLM naming has evolved in three overlap-
ping phases, reflecting both research culture and
commercialization priorities. Between 2018-2020,
playful and pop-culture-inspired Muppet names
dominated, accounting for approximately 22% of
models (70% of models between 2018-2020). This
phase includes influential Muppet models like (De-
vlin et al., 2019b, BERT) and (Peters et al., 2018b,
ELMo).

From 2020-2022, research became more serious
and incremental. A shift toward technical lineage
and capability-driven naming occurred, represent-
ing roughly 44% of Western models. Examples in-
clude (Sanh et al., 2019, DISTILBERT), (He et al.,
2021, DEBERTA), (Xue et al., 2021, MT5), (Lan,
2019, ALBERT), (Wei et al., 2022a, FLAN), (Tay
et al., 2023, UL2), and (Driess et al., 2023, PALM-
E). These names emphasize model heritage, archi-
tectural improvements, and specialization, enabling
researchers to trace technical progress.

By 2022-2025, commercialization and global
branding led to a rise in scientific, conceptual,
and nature-inspired names (~22%). Examples in-
clude (Lieber et al., 2021, JURASSIC), (Taylor et al.,
2022, GALACTICA), (Jiang et al., 2023a, MISs-
TRAL), (Jiang et al., 2025, NovA), (Tunstall et al.,
2024, ZEPHYR), (Hoffmann et al., 2022, CHIN-
CHILLA), (Glaese et al., 2022, SPARROW), and (Al-
mazrouei et al., 2023, FALCON). Names in this
phase convey scale, sophistication, and metaphori-
cal qualities linked to the models’ intended perfor-
mance, appealing to a broader global audience.

Overall, Western naming follows a distinct
trajectory—from playful and community-driven
(“Muppet-style”) acronyms to lineage-based tech-
nical clarity, and finally to globally resonant con-
ceptual branding—mirroring the field’s movement
from academic experimentation to commercial con-
solidation.

4.5 Trends in Chinese Model Naming

Chinese LLM naming has developed along cultur-
ally resonant and regulatory-informed lines. Early
models (2021-2022) heavily relied on mytholog-
ical or historical references, representing 44% of
the dataset. Examples include: PANGU (Zeng
et al., 2021, a methical figure who separated
heaven and earth), XUANYUAN (Zhang and Yang,
2023, the birth name of the mythical “yellow” em-
peror), MENGZI (Zhang et al., 2021b, a philosopher
known as Confucius in the West).

Between 2022-2024, naming expanded to tra-
ditional concepts (=~ 24%) and geographical or
place-based identifiers (=~ 9%). Examples include
BAICHUAN (Yang et al., 2023, a bigram from
a proverb meaning “all rivers flow to the sea”),
Wu Dao (BAAI, 2021, the path to englighten-
ment), HUNYUAN (Sun et al., 2024, the fundamen-
tal and unified source from which all phenomena
and energies arise in Daoism), etc. This reflects
both aesthetic/philosophical considerations and reg-
ulatory legacies, such as requirements for geograph-
ical indicators in enterprise names (SAIC, 2012).

From 2024-2025, hybrid naming strategies
emerged (= 24%), blending traditional/cultural
elements with corporate, brand-oriented, or sci-
entific/conceptual terms.  Examples include:
(Bi et al., 2024, DEEPSEEK), (LLC, 2025,
SEECHAT), (Wang et al., 2024c, TELECHAT), etc.
This approach balances domestic cultural authen-
ticity with international technical legibility.

4.6 How Naming Patterns Differ by Region:
Statistical Analysis

The differences between Chinese and Western
LLM naming reflect underlying sociocultural and
regulatory influences. In the West, playful Muppet-
style names (= 22%) evolved into lineage-focused
technical descriptors (=~ 44%), then globally res-
onant conceptual names (~ 22%). Recent media
discussions note the complexity of naming conven-
tions, with OpenAI CEO Sam Altman acknowledg-
ing that labels such as GPT-4.1, “mini,” or “nano”
can be confusing (Perkel, 2025).

In China, naming reflects regulatory lega-
cies (SAIC, 2012), classical educational tradi-
tions (Wu, 2016; Yu, 2023), and political discourse
promoting cultural confidence (Xi Jinping, 2025).
Mythological, historical, or literary names domi-
nate early models, complemented by geographic or
traditional concept-based names in later phases. In-
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references.

dustry surveys show consistent use of culturally res-
onant names in Baidu’s ERNIE, Huawei’s PANGU,
and Alibaba’s QWEN (Ding and Xiao, 2023; Mo
and Baptista, 2025; Baptista, 2025, referring to
universal thousand questions). Studies confirm cre-
ators systematically leverage cultural references to
differentiate models (Jiang et al., 2023b; Lemos
et al., 2024), aligning with broader Chinese brand-
naming conventions (Chan and Huang, 2001).

Chi-square analysis confirms significant regional
differences in naming types (x? = 34.9, df = 10,
p < 0.001, Cramer’s V 0.59). Category-
level contrasts: traditional figures/concepts com-
prise 58.1% of Chinese vs 25.0% of Western
models; GPT + domain variants: 19.4% vs
10.3%; Muppet-style acronyms: 3.2% vs 11.8%;
geographical/place-based: 3.2% vs 0% (Figure 1).
Notably, Western models with surface-level geo-
graphical connections—such as LLAMA, FALCON
(animal) and MISTRAL (wind)—were coded under
the fauna and traditional concept categories, respec-
tively, following stricter classification criteria, even
though their names retain some indirect geographi-
cal associations.

These patterns show that naming is both
functional and culturally legible: Western mod-
els increasingly prioritize global marketability
and technical clarity, while Chinese models em-
bed symbolic, historical, and cultural legitimacy
alongside emerging international branding strate-
gies (Schroeder et al., 2015). As Bowker and Star
(2000) observe, classification systems reveal “deep

structures of power and practice”, exemplified in
LLM naming.

S Why is our Frontier not a Foundation?

This section considers three reasonable

alternatives—

5.1 Foundation Models: Presumed Stability

The term foundation models, popularized by Bom-
masani et al. (2021), evokes a structural metaphor:
these models serve as a base upon which future ap-
plications and specialized systems can be built. The
image implies stability—you should build on these
models—but also adaptability: by fine-tuning (Lu
et al., 2025), adding modalities (Sampath et al.,
2025), or modifying objectives (Wu et al., 2025),
new models can emerge while retaining shared rep-
resentations.

Yet this framing, while elegant, also risks over-
stating solidity: you trust a foundation but you
usually take it for granted. . . it will always be there.
As we outline in the next section, we believe our
collective name for these models should emphasize
interaction and fluidity.

5.2 Frontier Models: Vague, Undeniable
Techno-optimism

The term frontier models has gained traction in pol-
icy and safety discourse to describe cutting-edge Al
systems and their associated risks. Yet, as Bullock
et al. (2024) note



there is no consistent definition of frontier mod-
els, and the term is sometimes deployed more for
rhetorical effect than analytic clarity.

Unlike foundation models, which emphasize sta-
bility and reuse, frontier models foreground nov-
elty, exploration, and uncertainty—often at the cost
of conceptual precision or regulatory accountabil-
ity. The metaphor carries deep cultural resonance:
Turner’s “American frontier” evoked opportunity
and expansion beyond known boundaries (Turner,
1893); Kennedy’s “New Frontier” tied the term to
scientific ambition (Kennedy, 2025); and Star Trek
cast space as “the final frontier,” (Pearson et al.,
2014) a site of wonder and discovery. Yet, as
McLure (2000) warns in The Wild, Wild Web,

because the electronic frontier is still gener-
ally a lawless territory, vigilantism is often
the preferred—and sometimes the only effec-
tive—response to what the cybersettlers perceive
as crimes against both property and people.

Applied to Al, this metaphor thus captures both
promise and peril: frontier models evoke adventure
and innovation but also imply danger, opacity, and
a lack of social constraint.

5.3 Stochastic Parrots: Accurate but Overly
Dismissive

The term stochastic parrots, introduced by Bender
et al. (2021), underscores language models’ depen-
dence on statistical correlations rather than genuine
understanding. This metaphor has become central
to responsible Al debates—raising concerns about
the environmental costs of large-scale model train-
ing (Strubell et al., 2020; Ganguli et al., 2023), the
data exploitation and social biases embedded in
training corpora (Abid et al., 2021), and the ethi-
cal risks of anthropomorphization and misplaced
agency (Weidinger et al., 2021). It remains a crucial
corrective to hype-driven narratives that overstate
machine “intelligence”.

At the same time, this framing risks flattening
the complexity and creative affordances of Mup-
pet Models (MMs). These systems demonstrate
improvisational competence (Wei et al., 2022b),
cross-domain generalization (Li et al., 2023a),
and context-sensitive interaction (Srivastava et al.,
2023). As Mitchell (2025) observes, models “can
be useful without being trustworthy”.

Like Bender et al. (2021), we caution against
taking MMs too seriously: they are synthetic, con-
strained, and should not be mistaken for sentient or
moral agents. Yet we also recognize that they are

fun, expressive, and often genuinely useful. Our
name should reflect both truths.

6 Reject Modernity, Embrace Tradition

Having discussed what models are currently named,
we turn from a descriptive accounting to MMs to jus-
tify why these models should still be called MMs.

6.1 What is a Muppet Model

A Muppet Model is a type of large, generative Al
system built around language but not limited to it,
that embodies several core traits.

Multimodal, Language-Centric Design. Mup-
pets talk,* and MMs are fundamentally language-
focused, but they can go beyond just text. Some,
like VISUALBERT (Li et al., 2019) and VIL-
BERT (Lu et al., 2019), combine language with
images, allowing them to understand and produce
multimodal content.

6.1.1 Controllability and Alignment

Muppets are controlled by a hand inside their head,
guiding their actions and speech. This metaphor
captures the central challenge of alignment in large
models: ensuring outputs reflect human goals, con-
straints, and values rather than drifting into un-
guided or harmful behavior (Amodei et al., 2016;
Leike et al., 2018; Bender et al., 2021).

MMs are not passive generators of text; they can
be actively steered. Techniques such as prompt
engineering (Ouyang et al., 2022; Leike et al.,
2022), task-specific fine-tuning (Ziegler et al.,
2019), and reinforcement learning from human
feedback (Christiano et al., 2017, RLHF) serve as
the “hand inside the Muppet”, constraining oth-
erwise open-ended generation. More recent ap-
proaches embed normative rules and preferences
directly into training (Bai et al., 2022b; Ganguli
et al., 2022) incorporate human judgments into ob-
jective functions. These strategies make MMs less
like autonomous improvisers and more like skilled
puppets—Aflexible, yet guided—producing outputs
that better reflect human intent, minimize harm,
and align with social context (Gabriel, 2020; Bai
et al., 2022a).

The goal is not merely fluent text but language
that matches intent. Just as a Muppet never speaks
without a puppeteer, MM do not act independently:
their apparent autonomy masks a machinery of
oversight—preference modeling (Weidinger et al.,

*Even if sometimes it’s hard to understand or gibberish



2021; Ouyang et al., 2022), human feedback (Chris-
tiano et al., 2017), or rule-based constraints (Craw-
ford, 2021; Bai et al., 2022b).

Yes, And Muppets. Muppets are not static pup-
pets reciting a fixed script; they are increasingly
deployed in the real world. Jim Henson empha-
sized improvisation as central, noting that Mup-
pets succeed when they feel alive—reacting in the
moment rather than merely delivering pre-written
lines (Guimaraes, 1997). Improvisation and inter-
activity define Muppet performances. Kermit the
Frog frequently “breaks the fourth wall”, engaging
viewers or responding to unpredictable events, such
as child actors on Sesame Street (Wiki, 2025).
This is consistent with MMs, for better or for
worse. The models sometimes react to human sug-
gestions with sycophancy (Wei et al., 2023; Sharma
et al., 2023), but also help build alluring worlds in
creative settings (Chung and Kreminski, 2024).

6.2 Why it Remains a Good Name

Having traced the shift away from MMs as a naming
convention, we acknowledge the momentum of his-
torical and market trends. Nevertheless, we argue
that there remains a compelling case for preserv-
ing the tradition of referring to these increasingly
ubiquitous AT models as MMs.

Muppets are fun, but not too serious Crawford
(2021) makes the case that

Framing Al systems through names that invoke
playfulness or metaphor, rather than exaggerated
competence, can temper user overreliance and
prompt critical engagement.

Unlike other names for models that focus on their
advanced features or importance, “Muppet” evokes
fun more than competence. Indeed, in the UK
“Muppet” contra indicates presumed competence.
In our opinion, this accident of history—a neutral
association with unpredictable characters designed
for entertainment—is a more accurate characteriza-
tion of models’ capabilities than boosterism (Fron-
tier models) or minimizing names (stochastic par-
rots).

Just as viewers of Sesame Street accept most of
what they hear while remaining aware that it is a
performance, the name MM does not invite unques-
tioning trust. It signals that while information may
often be accurate, claims of consequence should
always be verified.

A Technical Tour-de-Force. Muppets, like mod-
ern models, are a combination of many techni-
cal innovations: from the armature enabling ex-
pression (Kaestle et al., 1980) to underwater pup-
peteers (Finch, 1993), it takes a lot to make a Mup-
pet function. Likewise, the innovations in scale
and algorithms in MMs are also amazing. Using
MM helps retain the wonder of invention without
forgetting that these models are an artifice.

Multicultural and Multilingual Dynamics. Al-
though Muppets originated in English, they have
been adapted into numerous languages and cultures.
Sesame Street, for instance, has been localized into
over 30 international versions (Gettas, 1990; Ker-
ley, 2013), each introducing original characters tai-
lored to its target culture. The German adaptation,
Sesamstrafle, features a large brown bear absent
from the American cast—demonstrating how Mup-
pets evolve to fit local contexts (Fandom, 2025).
As the show’s producers emphasized, they do not
simply “translate” the program but transform it for
each cultural setting.

Learning From Fantastical Creatures. Mup-
pets can also be educational tools. Like how
RAG (Lewis et al., 2020c¢) can make models consis-
tent with underlying text, the Muppets have a tradi-
tion of staying close to the source text, as Napoli-
tano (2009) notes, the The Muppet Christmas Carol
strives

to preserve key elements of the original text, thus

reinforcing the appeal of Dickens’s story and ul-

timately encouraging young viewers to seek out
the source itself.

But despite often very high fidelity to the source
and their desire to be educational, Muppets, by
their nature, cannot always be trusted. The movie
also contains the line

Know it? My first job was here. This is Fozzi-
wig’s old rubber chicken factory,

which our research suggests was not part of
Dicken’s original story.

This connection between unreliable online infor-
mation and Muppets already exists in some cultures.
Sigler (2014) noted how Muppets—-in particular
the Fraggle Rock character “Der Allwissende Miill-
halde” (the All-Knowing Trash Heap)—had be-
come synnonymous (even before the AT) in German
online slang with misinformation. An oracle whose
answers were often wrong yet delivered with con-
viction remains an apt metaphor for search results



from unreliable online sources. Modern language
models share this paradox—contextually fluent, ed-
ucational, and persuasive, yet fallible (Example in
Appendix Figure 2).

Corporate Overlords. Perhaps our most persua-
sive reason for using the term Muppet models is
also the most practical reason not to: in 2004, Dis-
ney acquired rights for the “Muppets” properties
from Henson (Disney Press Relations, 2004). Dis-
ney is a large, multinational corporation. Like the
purveyors of MMs generally, they have their own
agendas and can make the people who want to use
the the term “Muppets” without their explicit per-
mission have a bad time. Likewise, the people who
put out MMs have their own agendas and political
goals, which we should not forget when we ask
Grok about the results of an election (Hajj, 2024).
While we think this is orthogonal to the academic
argument of this position paper, we do present a
workaround in Appendix A.

7 Conclusion

This paper traces the evolution of the Muppet
Model naming tradition—from playful beginnings
to a lasting influence on how large language mod-
els are conceived, discussed, and trusted. Despite
different trajectories, both Chinese and Western
names for models have converged to sterile, non-
objectionable monikers. That is because AI today
is serious business. But that doesn’t mean that
we should take MMs or their outputs too seriously.
Indeed, we argue that today there is even more rea-
son to embrace older traditions. These new mod-
els are useful, fun, exciting, and towering achieve-
ments of technical brilliance, but nonetheless an
artifice that—no matter how much they sound like a
person— somebody’s hand is guiding what’s com-
ing out. And behind that puppeteer is often a big
corporation with its own agenda.

As scientists, we have a duty to both discover
new concepts but also to be good shepherds of
our ideas. Responsible names are a part of that
duty. MMs remind us that these systems are built
to converse, interpret, and collaborate—not merely
compute. Preserving this lineage maintains a vo-
cabulary that is both technically meaningful and
socially intelligible, bridging algorithmic complex-
ity and public understanding. And it can help make
sure that we also don’t take ourselves too seriously,
preserving the spirit of the innovators who helped
usher in the era of ELMo and BERT.

8 Limitations

Our analysis is necessarily partial and interpre-
tive. The landscape of MMs evolves too rapidly
for any census to remain fully comprehensive;
new systems are released, renamed, or rebranded
continuously. Despite extensive cross-referencing
with open databases and corporate announcements,
some models may have been missed or misclassi-
fied.

Second, while the Muppet metaphor offers a pro-
ductive lens for understanding mediated agency
and co-performance, it remains culturally situated.
Muppets originated in the United States and carry
Western assumptions about creativity, humor, and
personhood. Although the metaphor’s flexibility
allows cross-cultural adaptation, it may not fully
capture naming or design logics grounded in non-
Western traditions—especially those emphasizing
collective identity, cosmological symbolism, or in-
stitutional authority.

Third, our analysis relies on official or publicly
documented names. We do not include informal,
user-assigned, or emergent names that models ac-
quire in deployment contexts (e.g., community
nicknames or internal code names). These unoffi-
cial identifiers may reveal additional cultural and
affective dynamics that fall outside formal naming
conventions.
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A  Moopet Models

Indeed, probably the best reason against referring
MMs as Muppet Models is that the term “Muppet”
is owned by the Disney Corporation. Given Dis-
ney’s ownership of the Muppets, it is uncertain how
receptive the company would be to such a designa-
tion. Not being an IP lawyer, professional advice
cannot be provided, but considering the extensive
use of characters like Elmo and BERT, it may well
be that the opportunity for uncontested use of the
name "Muppet Models" has passed.

However, the Muppet Movie (Frawley, 1979)
may present another alternative. Fozzie joins a
group called the Moopets, which although similar
in appearance to the Muppets, seems to be suffi-
ciently legally distinct from the actual Muppets to
evade legal scrutiny in the Muppet universe. While
this academic paper does not dare to give legal ad-
vice, calling models “Moopet models” might be
a legal grey zone that would convey the essence
of these ideas while not causing confusion for the
public.

B General naming criteria

Model names are not neutral designations but serve
as vehicles for branding, cultural alignment, and
market positioning. Across the dataset, we identify
recurring naming strategies:

* Muppet-inspired acronyms. Early
NLP models frequently drew inspiration
from Sesame Street characters, including
ELMo (Peters et al., 2018a), BERT (Devlin
et al., 2019b), and KERMIT (Zanzotto
et al., 2020). Although playful, this practice
established a coherent tradition reflecting the
academic, community-oriented culture of the
late 2010s.

The trend began with ELMo, short for “Em-
beddings from Language Models,” which pro-
vides contextualized word embeddings and
evokes the friendly Sesame Street character
Elmo. Its influence was amplified by BERT
(“Bidirectional Encoder Representations from
Transformers”), developed by Google in 2018.
While the company declined requests to clar-
ify the name’s origin, it is widely assumed
that, like ELMo, BERT drew inspiration
from the Muppets (Vincent, 2019). BERT
achieved state-of-the-art performance on nu-
merous benchmarks, demonstrating the effi-

21

cacy of these models and inspiring subsequent
researchers to adopt similar Sesame Street-
themed names, including ERNIE and the ini-
tial designation for GPT, which was intended
to be “Snuffleupagus” (Vincent, 2019). Over
time, this established a clear naming pattern
among Al models.

Naming models after Muppet characters of-
fers several advantages. Such names are
memorable and culturally resonant, leverag-
ing familiarity with beloved figures like Elmo
and Bert to enhance recall and user engage-
ment. They evoke positive emotions, which
can increase user acceptance and reduce re-
sistance to new technology. Moreover, these
names introduce a culturally playful element,
making models more approachable and re-
latable, facilitating broader interest and par-
ticipation. Their accessibility also aids dis-
semination across social media and academic
discussions, improving visibility and impact.
Ultimately, this naming strategy bridges tech-
nical research and popular culture, rendering
complex Al concepts more engaging and com-
prehensible to a wider audience.

Capability-driven names. The shift away
from playful or character-inspired names be-
gan with GPT, explicitly emphasizing its gen-
erative transformer architecture. Subsequent
models, such as BioGPT and MedGPT, ex-
tended this logic by linking the core architec-
ture to specialized domains, signaling both
lineage and purpose.

Not all models adopt names from popular
culture; many instead employ acronyms that
highlight key features or capabilities. This
approach conveys technical strengths clearly
and avoids the constraint of aligning acronyms
with character names. For instance, XLNet
emphasizes its “extra-large” capabilities, re-
flecting its strength in processing long texts
and large-scale tasks (Yang et al., 2019).
Similarly, TS5 (Text-To-Text Transfer Trans-
former) (Raffel et al., 2020a) succinctly com-
municates its methodology of framing all NLP
tasks as text-to-text problems. Such descrip-
tive naming strategies enhance comprehen-
sion, enabling researchers and practitioners
to quickly grasp a model’s functionality and
application.



Popular culture references. Some mod-
els borrow from broader cultural repertoires:
BART (linked to “The Simpsons”) (Lewis
et al., 2020b), Grok (xAl, 2025), Gem-
ini (Team et al., 2023). These names function
less as technical markers and more as brand-
able, memorable identities.

Derivations. Many models build on exist-
ing architectures by retaining the base name
and appending modifiers to indicate specific
enhancements. This strategy communicates
both lineage and the direction of improve-
ment. For example, ROBERTa (Liu et al.,
2019a) optimizes and extends BERT, signal-
ing its roots through the shared name. AL-
BERT (“A Lite BERT”) (Lan, 2019) denotes a
streamlined, parameter-efficient variant, while
DistilBERT (Sanh et al., 2019) emphasizes
model compression and simplification via
knowledge distillation. Such naming conven-
tions clearly convey both heritage and tech-
nical innovation. Some models adopt human
given names to evoke familiarity and person-
hood, such as Claude (Anthropic, 2025) and
Bloom (Le Scao et al., 2023). In the Chinese
context, early English-named models include
Dongni (March 13, 2023), followed by Doc-
torGLM (April 18, 2023), Uni-talk (May 19,
2023), WAI (May 24, 2023), Anima (June
12, 2023), Baichuan (June 28, 2023), CPM
(June 30, 2023), Grace (August 17, 2023),
DeepSeek (November 2, 2023), TigerBot (Jan-
uary 14, 2024), and MiniMax (January 16,
2024). These naming conventions mirror
Western practices, emphasizing humanized
or brandable identifiers, but generally avoid
Muppet references unless a model has both an
English and a Chinese name, likely reflecting
the limited exposure of “Sesame Street” in
China.

Mythological and Historical References. A
common practice in naming large-scale mod-
els is to draw from cultural, mythological, or
historical figures, signaling qualities such as
wisdom, creativity, or power. In China, ex-
amples include Xuanyuan (Zhang and Yang,
2023), named after the legendary Yellow Em-
peror, and Mengzi (Zhang et al., 2021b), after
the classical philosopher Mencius. Similarly,
in the West, Al models occasionally invoke
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figures such as Prometheus (Greek mythol-
ogy) (Kim et al., 2023) or Athena (Greek
goddess) (Lin et al., 2025), associating the
models with foresight, creativity, and knowl-
edge (Bommasani et al., 2021).

In China, this naming convention is especially
prevalent. Huawei’s Pangu Model (April
2021) references the primordial creator who
separated the sky and earth, symbolizing pio-
neering ambition for Chinese large language
models. Other examples include 360 Com-
pany’s Red Child Model (March 29, 2021),
reflecting vitality during the early stages of
model development; SiliconBase’s Yan Em-
peror Model (June 1, 2023), symbolizing re-
lentless endeavor; Zhipu AI’'s Mencius Model;
and DataGrand’s Cao Zhi Model, each reflect-
ing the aspirational qualities associated with
their eponymous figures.

GPT + Domain-Specific Names. Another
prominent category combines the base “GPT”
designation with domain-specific descrip-
tors, emphasizing specialization and profes-
sional focus. This naming strategy cur-
rently accounts for approximately one-fifth
of large models. Examples include JD.com’s
ChatJD (April 8, 2023), 360 Company’s
SEEChat (April 26, 2023), Yilian Tech-
nology’s medGDT (May 25, 2023), East
China Normal University’s EmoCPT (June 30,
2023), and China Telecom’s TeleChat (July
6, 2023). These names clearly communicate
the models’ application domains while high-
lighting their relevance and expertise within
specific industries.

Geographical names. Geographical refer-
ences are particularly common in China, re-
flecting cultural symbolism and historical
naming conventions in Chinese enterprise law
(e.g., Xihu (Alibaba, 2025b), Zhihaitu (Chat,
2025)). Examples include Xihu Xinchen’s
West Lake Model (July 9, 2023) and the
Qinling Soaring Model, jointly developed by
Northwestern Polytechnical University and
Huawei (November 2023).

Company branding. Some models fore-
ground corporate identity to enhance brand
recognition. Examples include Alibaba’s
Tongyi Qianwen (Bai et al., 2023a), Leyan
Technology’s Leyan Model (May 12, 2023),



Xiaoduo Technology’s Xia Model RTX (May
18, 2023), Jiadu Technology’s JiaduZhiX-
ing (August 26, 2023), and Changhong’s
Changhong Super Brain (November 20, 2023).
These names signal strategic branding and em-
phasize the significance of the models within
the company’s portfolio.

Flora and Fauna. Although less common,
some models are named after animals or
plants, often reflecting cultural or historical
significance. For example, LLaMA (Touvron
et al., 2023a) evokes both an animal and the
acronym ‘“‘Large Language Model Meta Al.”
In China, Ronglian Cloud released the Chi
Tu Model (July 8, 2023), named after the
famed war-horse Chi Tu from the Three King-
doms period. Shanghai Jiao Tong University’s
BaiYulan Model (July 10, 2023) draws from
the white Yulania denudata, a traditional or-
namental flower with over 2,500 years of cul-
tivation history. Additionally, Mobvoi’s Se-
quence released the Monkey Model (Novem-
ber 4, 2023), further exemplifying this naming
practice.

Traditional Concepts. Some models are
named after longstanding philosophical, eth-
ical, or cultural ideas, reflecting values and
principles rather than individuals or places.
For instance, Chinese models such as Wu Dao
and Hunyuan invoke concepts of universal
knowledge and holistic understanding, signal-
ing both intellectual depth and cultural reso-
nance. These names convey symbolic mean-
ing and align the models with established tra-
ditions, emphasizing continuity and aspiration
within the Al community.

Scientific and Conceptual Names. Another
class of models adopts names inspired by
scientific phenomena, abstract concepts, or
metaphors, often highlighting technical char-
acteristics, scale, or ambition. Examples in-
clude Jurassic, Galactica, Nova, and Zephyr,
which evoke ideas of magnitude, exploration,
or dynamism. Such naming conveys sophis-
tication, performance expectations, and con-
ceptual breadth, appealing to both technical
audiences and broader global users.
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C A Census of Sesame Street

Table 1 provides a curated inventory of over 100
large language models, categorizing them by nam-
ing origin, release year, region, and documentation.
This “census” captures the diversity and evolution
of naming conventions across Western and Chi-
nese Al ecosystems. By classifying models into
categories like Muppet-inspired, technical, cultural,
or geographic names, the table serves as both a
dataset and analytical foundation for examining
how names reflect broader institutional, cultural,
and branding priorities in the development of lan-
guage models.

Model Name The name the authors gave the
model when publicly released. If there is a dif-
ferent local name for a model vs. the English one,
the local one is in parentheses. This is the offi-
cial name of the large language model (e.g., BERT,
GPT, ERNIE 3.0). This identifies the model in the
public and research community.

Type This is the naming category. In the main
paper, we only consider models that are Categories
include:

* Muppet Character-Inspired Names
* Capabilities-driven names

* Popular Cultural References

* Derivation from Original

Traditional Concepts

Mythological & Historical References
Scientific / Conceptual Names
English Names

GPT + Domain-Specific Names
Geographical Names

Company Names

Flora and Fauna Names .

These categories reflect the rationale or origin be-
hind the model’s name (e.g., based on function,
cultural symbol, branding, etc.)

Release Year The year the model was publicly
released or introduced in a paper, preprint, or major
announcement.



Region The geographic or national origin of the
model’s development, such as US, China, or other
countries.

Short Description / Paper Title A brief note
on what the model does or the title of its associ-
ated publication, offering context for its purpose,
domain, or innovation.
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Model name Type Year Source Title
BERT Muppet Character- 2018 Western Bidirectional Encoder Represen-
Inspired Names tations from Transformers
ELMO Muppet Character- 2018 Western Embeddings from Language
Inspired Names Models
RoBERTA Derivation from 2018 Western Robustly optimized BERT Pre-
original training Approach
DistilBERT Derivation from 2019 Western a distilled version of BERT
original
ELECTRA Mythological & 2019 Western Efficient Pre-training via re-
Historical  Refer- placed token detection
ences
ERNIE Muppet Character- 2019 China Enhanced Language Representa-
Inspired Names tion with Informative Entities
GPT GPT + Domain- 2019 Western Generative pre-trained trans-
Specific Names former
Grover Muppet Character- 2019 Western Generating aRticles by Only
Inspired Names Viewing mEtadata Records
KERMIT Muppet Character- 2019 Western Kontextuell Encoder Representa-
Inspired Names tions Made by Insertion Transfor-
mation
Megatron-LM Popular culture ref- 2019 Western Megatron-LM
erences
Rosita Muppet Character- 2019 Western Polyglot Contextual Represen-
Inspired Names tations Improve Crosslingual
Transfer
TS Capability-driven 2019 Western Text-to-Text Transfer Trans-
names former
Trransformer-XL Capability-driven 2019 Western Transformer-xl: Attentive lan-
names guage models beyond a fixed-
length context
UniLM Capability-driven ~ 2019 Western Unified Language Model
names
XLNet Capability-driven 2019 Western "eXtreme Large Transformer”
names combined with "Permutation
Language Modeling"
ALBERT Derivation from 2020 Western Albert: A Lite Bert For Self-
original Supervised Learning Of Lan-
guage Representations
BART Popular culture ref- 2020 Western Bidirectional and Autoregressive
erences Transformer
Big BIRD Muppet Character- 2020 Western Big Bird: Transformers for
Inspired Names Longer Sequences
DeBERTa Derivation from 2020 Western Decoding-enhanced BERT with
original disentangled attention
DialoGPT GPT + Domain- 2020 Western DIALOGPT: Large-Scale Gener-
Specific Names ative Pre-training for Conversa-
tional Response Generation
GPT-Neo Popular culture ref- 2020 Western Generative Pre-trained Trans-

€rences
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MARGE
mT5

Pegasus

Reformer
Codex

CPM

CPM-2

EVA

FLAN

GLaM

GPT-J
GPT-NeoX-20B

GShard

Jurassic-1

Mengzi

MT-NLG

Pangu

WebGPT

WenLan

Bagualu

BioGPT

Chinchilla

Muppet Character-
Inspired Names

Derivation  from
original
Mythological &
Historical  Refer-
ences

Capability-driven
names
Capability-driven
names
Capability-driven
names
Derivation
original
Capability-driven
names
Capability-driven
names
Capability-driven
names

GPT + Domain-
Specific Names
Derivation  from
original
Capability-driven
names

from

Scientific / Concep-

tual Names
Mythological &
Historical  Refer-
ences

Capability-driven
names
Mythological &
Historical ~ Refer-
ences

GPT + Domain-
Specific Names
Traditional Con-
cepts

Mythological &
Historical ~ Refer-
ences

GPT + Domain-
Specific Names

Flora and Fauna
Names

2020

2020

2020

2020

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2022

2022

2022
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Western

‘Western

Western

Western

Western

China

China

China

Western

Western

Western

Western

Western

Western

China

‘Western

China

Western

China

China

Western

Western

Multilingual Autoencoder that
Retrieves and Generates
multilingual variant of T5

Pegasus: Pre-training with ex-
tracted gap-sentences for abstrac-
tive summarization

Reformer: The Efficient Trans-
former

Evaluating Large Language Mod-
els Trained on Code

Chinese Pre-trained Model

Chinese Pre-trained Model 2
Enhanced Viirtual Assistant
Finetuned Language Net
Generalist Language Model

GPT-J-6B: A 6 Billion Parameter
Autoregressive Language Model
Gpt-neox-20b: An open-source
autoregressive language model
Gshard:  Scaling giant mod-
els with conditional computation
and automatic sharding
Jurassic-1: Large autoregressive
language model by AI21 Labs
Mengzi: Towards Lightweight
yet Ingenious Pre-trained Models
for Chinese

Megatron-Turing NLG

Pangu Large-scale autoregres-
sive pretrained Chinese language
models with auto-parallel compu-
tation

WebGPT

WenLan: Bridging Vision and
Language by Large-Scale Multi-
Modal Pre-Training

BaGualLu: targeting brain scale
pretrained models with over 37
million cores

BioGPT: generative pre-trained
transformer for biomedical text
generation and mining
Chinchilla



Flan-PaL.M
Flan-T5
Galactica
GLM-130B
Gopher
InstructGPT
LaMDA
OPT
OPT-IML
Retro
Sparrow

TO

UL2

AiLMe
Alpaca

Atlas

AceGPT
Aquila
Baichuan
Baichuan 2

Baize

BARD

Bianque

Capability-driven
names
Capability-driven
names

Scientific / Concep-
tual Names
Capability-driven
names

Muppet Character-
Inspired Names
GPT + Domain-
Specific Names
Capability-driven
names
Capability-driven
names
Capability-driven
names
Capability-driven
names

Flora and Fauna
Names
Capability-driven
names
Capability-driven
names

Company Names
Flora and Fauna
Names
Mythological &
Historical  Refer-
ences

GPT + Domain-
Specific Names
Flora and Fauna
Names

Traditional Con-
cepts

Derivation  from
original
Mythological &
Historical  Refer-
ences

Mythological &
Historical  Refer-
ences
Mythological &
Historical  Refer-
ences

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2023
2023

2023

2023

2023

2023

2023

2023

2023

2023
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Western

‘Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

‘Western

China
Western

Western

China

China

China

China

Western

Western

China

PalLM: Scaling Language Model-
ing with Pathways
See FLAN and T5

Galactica

General Language Model (GLM)
Gopher

InstructGPT

Language Model for Dialogue
Applications

Open Pre-trained Transformer
Language Models

Open Pre-trained Transformer In-
struction Meta Learning
Retrieval-Enhanced Transformer

Sparrow
TO

Unifying Language Learning
Paradigms

AiLMe

Alpaca: A strong, replicable
instruction-following model
Atlas

AceGPT: Localizing Large Lan-
guage Models in Arabic
Aquila series by BAAI

Baichuan: Open large-scale lan-
guage models

Baichuan: Open large-scale lan-
guage models

Baize

Google’s BARD

BianQue: Balancing the Ques-
tioning and Suggestion Ability
of Health LLMs with Multi-turn
Health Conversations Polished
by ChatGPT



BLOOM

BloombergGPT

Caozhi

Cerebras-GPT
Chameleon
ChatGLM
ChatGLM?2
OpenBuddy
Code Llama

Dolly

Dromedary

EduChat

EmoGPT

Falcon

ChatYuan

Falcon-Instruct

Gemini
Giraffe

Hou Yi

HuatuoGPT
Kosmos-1

LLaMA

Flora and Fauna
Names

GPT + Domain-
Specific Names
Mythological &
Historical  Refer-
ences

GPT + Domain-
Specific Names
Flora and Fauna
Names
Capability-driven
names
Derivation
original
Capability-driven
names
Derivation
original
Flora and Fauna
Names

from

from

Flora and Fauna
Names

GPT + Domain-
Specific Names

GPT + Domain-
Specific Names

Flora and Fauna
Names
Scientific / Concep-

tual Names
Derivation  from
original

English Names

Flora and Fauna
Names
Mythological &
Historical  Refer-
ences

GPT + Domain-
Specific Names
Scientific / Concep-
tual Names

Flora and Fauna
Names

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023
2023

2023

2023

2023

2023
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Western

Western

China

Western

Western

China

China

China

Western

Western

Western

China

China

‘Western

China

Western

Western
Western

China

China

Western

Western

BigScience Large Open-science
Open-access Multilingual Lan-
guage Model

BloombergGPT

{C}ao {Z}hi {L}arge {M}odel-
{F}ocus on long-form text, multi-
lingualism, and verticalization
Cebebras

Chameleon

Chat General Language Model
(GLM)

Chat General Language Model
(GLM)

OpenBuddy - Open Multilingual
Chatbot for Everyone

Code llama: Open foundation
models for code

Free Dolly: Introducing the
World’s  First Truly Open
Instruction-Tuned LLM
Dromedary

Educhat: A large-scale language
model-based chatbot system for
intelligent education

{E}mo{G}{P}{T} - {S}ecure

{Clhat{G}{P}{T} {E}mail
{W }riter for {G}mail

Falcon

ChatYuan: Large Language

Model for Dialogue in Chinese
and English
Falcon Instruct

Gemini

Giraffe: Adventures in expand-
ing context lengths in llms
HouYi: An open-source large
language model specially de-
signed for renewable energy and
carbon neutrality field
HuatuoGPT: A Medical LLM for
Chinese Healthcare

Kosmos

Large Language Model Meta Al



LLaMA 2-chat

LLaMA-2
Mamba

MathGPT

medGPT
Mistral

Nova

OpenChat

Orca

Orca 2
PalLM-E
Phi-1
Phi-2

Phoenix

Pythia

RWKYV
SEEChat

StableLM
TigerBot

Vicuna

Wenxi Yiyan

‘Wu Dao

Derivation  from
original
Derivation  from
original
Flora and Fauna
Names

GPT + Domain-
Specific Names

GPT + Domain-
Specific Names
Scientific / Concep-
tual Names
Scientific / Concep-
tual Names

Capability-driven
names

Flora and Fauna
Names
Derivation  from
original
Capability-driven
names

Scientific / Concep-

tual Names
Scientific / Concep-
tual Names
Mythological &
Historical = Refer-
ences
Mythological &
Historical  Refer-
ences

Capability-driven
names
Company Names

Company Names
Flora and Fauna
Names

Flora and Fauna
Names
Mythological &

Historical  Refer-
ences
Traditional Con-
cepts

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023
2023

2023

2023

2023
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Western

‘Western

Western

China

China

Western

Western

Western

Western

Western

Western

Western

Western

China

Western

Western

China

Western
China

Western

China

China

See Llama

See Llama

Mamba

{M}ath{GHPHT} - {ANI}
{M}ath {S}olver - {M}ath
{S}olver & {H}omework
{H}elper

{H}ealthcare on autopilot -
{M}edchat-ai

Mistral 7b

Nova: Generative Language

Models for Assembly Code with
Hierarchical Attention and Con-

trastive Learning
OpenChat

Orca: Progressive learning from
complex explanation traces of

gpt-4
Orca 2
PalLM-E
Phi

Phi

Phoenix: Democratizing chatgpt
across languages

Pythia

RWKV

SEEChat: A Multimodal Conver-
sational Model

Stability Language Model
Tigerbot: An open multilingual
multitask Ilm

Vicuna

ERNIE 3.0 Titan

Wu Dao



Xihu

Xuanyuan

Yuanchengxiang

Zhihaitu

MiniGPT-4

LLaVA
VILA

BLIP-2

LlongMa
Arctic

Athene

Baichuan 4

CityGPT

Claude
DBRX

deepseek

EXAONE 3.0

Gemma

Geographical
names

Mythological &

Historical  Refer-
ences

Scientific / Concep-
tual Names

Flora and Fauna
Names

GPT + Domain-
Specific Names

Capability-driven
names
Capability-driven
names

Derivation  from
original
Derivation  from
original
Geographical
names
Mythological &
Historical = Refer-
ences
Derivation  from
original

GPT + Domain-
Specific Names

Popular culture ref-
erences
Capability-driven
names

Company Names

Scientific / Concep-

tual Names
Mythological &
Historical  Refer-
ences

2023

2023

2023

2023

2023

2023

2023

2023

2023

2024

2024

2024

2024

2024

2024

2024

2024

2024
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China

China

China

China

Western

Western

Western

Western

Western

Western

‘Western

China

China

Western

Western

China

Western

Western

{X}ihu {X}incheng-{M }ulti-
modal large model empowering
enterprises&apos;  intelligent
transformation

XuanYuan: A Large Chinese Fi-
nancial Chat Model with Hun-
dreds of Billions Parameters
YUAN 2.0: A Large Language
Model with Localized Filtering-
based Attention

{Z}hihai{T}u {C}hat-
{Z}hihai{T}u {C}hat is an
intelligent conversational assis-
tant powered by a large language
model under the {Z}hihu
platform. — aibase.com
MiniGPT-4: Enhancing Vision-
language Understanding with Ad-
vanced Large Language Models
Large Language and Vision As-
sistant
Visual
(VLMs)
Bootstrapping Language-Image
Pre-training with Frozen Image
Encoders and Large Language
Models

Long context Large Language
Model Application

Snowflake Arctic LLM

Language  Models

Athene

Baichuan: Open large-scale lan-
guage models

CityGPT: Empowering Urban
Spatial Cognition of Large Lan-
guage Models

Claude

DataBricks RX

Deepseek 1lm: Scaling open-
source language models with
longtermism

EXAONE 3.0 by LG Al

Gemma: Open Models Based on
Gemini Research and Technol-

ogy



GPT-4 Turbo
Granite
Grok

Hunyuan

Hunyuan-DiT

Jiutian

KOALA
Luminous 2
Mamba?2

Minerva

Mixtral
Nemotron

ol
OLMo

OLMoE
Shusheng

TeleChat

Tianshu (LLM?)

Tongyigianwen
Zephyr
Baichuan Omni 1.5

Claude 4.1

GPT + Domain-
Specific Names
Scientific / Concep-
tual Names
Popular culture ref-
erences

Traditional = Con-
cepts
Traditional Con-
cepts

Mythological &
Historical  Refer-
ences
Flora and Fauna
Names
Scientific / Concep-

tual Names
Derivation  from
original
Mythological &
Historical  Refer-
ences
Derivation  from
original

Popular culture ref-
erences

Company Names
Capability-driven
names

Derivation  from
original

Traditional Con-
cepts

Company Names

Mythological &

Historical  Refer-
ences
Traditional Con-
cepts

Scientific / Concep-
tual Names
Derivation  from
original
Derivation  from
original

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024
2024

2024

2024

2024

2024

2024

2024

2025

2025
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Western

‘Western

Western

China

China

China

Western

Western

Western

Western

Western

Western

Western
Western

‘Western

China

China

China

China

Western

China

Western

GPT-4
Granite
Grok

Hunyuan-Large:  An Open-
Source MoE Model with 52
Billion Activated Parameters by
Tencent

Hunyuan-DiT: A  Powerful
Multi-Resolution Diffusion
Transformer with Fine-Grained
Chinese Understanding

LION : Empowering Multimodal
Large Language Model with
Dual-Level Visual Knowledge
Key frame-conditioned long
video-Large Language Model
Luminous

Mamba?2

Minerva

Mixture of Experts (MoE)
Nemotron

OpenAI’s Q* or Strawberry
Open Language Model

Open Mixture-of-Experts Lan-
guage Models
The Shusheng— Puyou 3.0 model

(\url{https://www.aibase.com/news/14747})

{T}ele{C}hat: An Open-source
Billingual Large Language
Model

Tianshu: Towards Accurate Mea-
suring, Modeling and Simulation
of Deep Neural Networks
Tongyi Qianwen (or Qwen)

Zephyr: Direct Distillation of
{LM} Alignment

Baichuan Omni 1.5

Claude



Command Capability-driven 2025 Western Command: optimized for conver-
names sational interaction and long con-
text tasks
DeepSeek-V3.2-Exp Derivation  from 2025 China Deepseek 1lm: Scaling open-
original source language models with
longtermism
Gemini 2.5 Pro Derivation from 2025 Western Gemini
original
GLM-4.6 Derivation from 2025 China Generalized linear model
original
GPT-5 GPT + Domain- 2025 Western Generative Pre-trained Trans-
Specific Names former
GPT-03 GPT + Domain- 2025 Western Generative Pre-trained Trans-
Specific Names former
GPT-04-mini GPT + Domain- 2025 Western Generative Pre-trained Trans-
Specific Names former
Grok-5 Derivation from 2025 Western Generative Pre-trained Trans-
original former
HunyuanWorld Scientific / Concep- 2025 China HunyuanWorld
tual Names
Jamba Derivation from 2025 Western Jamba: Hybrid transformer-
original mamba language models
Kimi-K2 Scientific / Concep- 2025 China Kimi-K2
tual Names
Llama 4 Derivation from 2025 Western Llama4
original
Llama 4 Scout Derivation from 2025 Western Llama 4 Scout
original
MAGMA Geographical 2025 Western Multimodal Agentic Model
names
Qwen 3 Derivation from 2025 China Qwen
original
Sonus Scientific / Concep- 2025 Western Sonus-1: A New Era of Large
tual Names Language Models (LLMs)
BLIP3-0 Derivation from 2025 Western BLIP3-o: A Family of Fully
original Open  Unified Multimodal
Models-Architecture, Training
and Dataset
Mixtral 2 Derivation from 2025 Western Mixture of Experts 2
original

Table 1: A Cross-Cultural Census of Large Language Model Names This table catalogs over 100 large language
models, detailing their names, origins, release years, naming categories, and references. It highlights the contrasting
naming conventions between Chinese and Western models, serving as the empirical foundation for analyzing
cultural, functional, and strategic influences on LLM naming practices.
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C.0.1 Fine-tuned or distilled versions of

10.

11.

12.

existing models:

. DistilBERT — A smaller, faster, and lighter

version of BERT, trained using knowledge
distillation.

ALBERT - A lighter, optimized variant of
BERT with parameter-sharing techniques.

. DeBERTa — An improved BERT model with

disentangled attention and enhanced posi-
tional encoding.

Flan-T5 — A fine-tuned version of T5, specifi-
cally trained on instruction-following tasks.

Flan-PalLM — A fine-tuned version of PaLM
for better instruction tuning.

OPT-IML — A fine-tuned version of OPT, op-
timized for instruction-based tasks.

mT5 — A multilingual version of TS, designed
for cross-lingual tasks.

UL2 - A fine-tuned version of T5 with a mix-
ture of different pre-training objectives.

LLaMA 2-chat — A fine-tuned version of
LLaMA 2, optimized for chatbot applications.

Hunyuan-DiT - Diffusion Transformer (DiT)
(Hybrid vision-language model)

Baichuan - LLaMA-like (Chinese adaptation
of LLaMA)

deepseek- LLaMA-inspired (Trained from
scratch but similar framework)

C.0.2 Derived from other models but

expanded:

. Codex — Built on top of GPT-3, fine-tuned for

code generation tasks (e.g., GitHub Copilot).

Claude — Likely influenced by GPT-4 and
other transformer-based models but developed
by Anthropic.

Gemini — Built by Google DeepMind, likely
influenced by PaLM and T5.

ERNIE 3.0 — A more advanced version of
ERNIE, a BERT-based model with knowledge
integration.
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. GShard — A large-scale distributed training

version of TS5 and related transformer archi-
tectures.

. GLaM — A mixture-of-experts model related

to TS and PalLM.

. MT-NLG - A large-scale GPT-like model de-

veloped by Microsoft and NVIDIA.

. Big BIRD — An optimized version of BERT

for longer sequences.



Inclusion Criteria Model Name
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Published Paper or Technical Report BERT (Devlin et al., 2019b), ROBERTA (Liu et al., 2019b), ELMO,

Large User Base

ERNIE (Zhang et al., 2019b), KERMIT (Zanzotto et al., 2020),
Grover (Zellers et al., 2019b), Rosita (Mulcaire et al., 2019), Distil-
BERT (Sanh et al., 2019), T5 (Raffel et al., 2020b), GPT (Radford
et al., 2018), Megatron-LM (Shoeybi et al., 2019), Big BIRD (Za-
heer et al., 2020a), MARGE (Lewis et al., 2020a), DeBERTa (He
etal.,2021), mT5 (Xue et al., 2021), ALBERT (Lan et al., 2020),
DialoGPT (Zhang et al., 2020b), BART (Lewis et al., 2020b),
GShard (Lepikhin et al., 2021), Codex (Chen et al., 2021), FLAN
(Wei et al., 2022a), MT-NLG (Smith et al., 2022), GLaM (Du et al.,
2022a), WebGPT (Nakano et al., 2021), Jurassic (Lieber et al.,
2021), Pangu (Zeng et al., 2021), Mengzi (Zhang et al., 2021b),
WenLan (Huo et al., 2021), BioGPT (Luo et al., 2022), Flan-T5
(Chung et al., 2024), Flan-PaLM (Chung et al., 2024), OPT-IML
(Iyer et al., 2023), UL2 (Tay et al., 2023), OPT (Zhang et al.,
2022), TO (Sanh et al., 2022), Retro (Borgeaud et al., 2022), Go-
pher (Rae et al., 2021), LaMDA (Thoppilan et al., 2022), Instruct-
GPT (Ouyang et al., 2022), Chinchilla (Hoffmann et al., 2022),
Sparrow (Glaese et al., 2022), GLM-130B (Zeng et al., 2022),
Galactica (Taylor et al., 2022), Bagualu (Ma et al., 2022), Giraffe
(Pal et al., 2023), Code Llama (Roziere et al., 2023), LLaMA-2
(Touvron et al., 2023b), LLaMA 2-chat (Touvron et al., 2023b),
LLaMA (Touvron et al., 2023a), Mistral (Jiang et al., 2023a),
Gemini (Team et al., 2023), BLOOM (Le Scao et al., 2023), Atlas
(Izacard et al., 2023), Kosmos-1 (Huang et al., 2023), PaLM-E
(Driess et al., 2023), Pythia (Biderman et al., 2023), Dromedary
(Sun et al., 2023), RWKYV (Peng et al., 2023), Mamba (Gu and
Dao, 2023), BARD (Ram and Verma, 2023), Vicuana (Chiang
et al., 2023), Baize (Xu et al., 2023), Falcon (Almazrouei et al.,
2023), Chameleon (Lu et al., 2023), Cerebras-GPT (Dey et al.,
2023), BloombergGPT (Wu et al., 2023b), Phi-2 (Javaheripi et al.,
2023), Nova (Jiang et al., 2025), Alpaca (Taori et al., 2023),
Dolly (Borisov and Mikhaylovskiy, 2023), Xuanyuan (Zhang
and Yang, 2023), EduChat (Dan et al., 2023), Bianque (Chen
et al., 2023b), HuatuoGPT (Zhang et al., 2023b), Yuanchengx-
iang (Wu et al., 2023a), Wu Dao (BAAI, 2021), Hou Yi (Bai
et al., 2023b), Baichuan (Yang et al., 2023), KOALA (Zhang et al.,
2024a), Nemotron (Parmar et al., 2024), EXAONE 3.0 (Research
et al., 2024), Claude (Enis and Hopkins, 2024), Minerva (Orlando
et al., 2024), OLMo (Groeneveld et al., 2024), OLMoE (Muen-
nighoff et al., 2024), Mamba?2 (Dao and Gu, 2024), DBRX (Gupta
and Yip, 2024), Zephyr (Tunstall et al., 2024), Gemma (Mesnard
et al., 2024), Granite (Mishra et al., 2024), Camira (Gor et al.,
2024),01 (Zhong et al., 2024), Tongyigianwen (Yang et al., 2024),
Hunyuan (Sun et al., 2024), Shusheng (Cai et al., 2024), Jiutian
(Chen et al., 2024), TeleChat (Wang et al., 2024c), CityGPT (Feng
et al., 2024), Hunyuan-DiT (Li et al., 2024), Tianshu (Huang et al.,
2024a), deepseek (Bi et al., 2024), Jamba (Lenz et al., 2025),
Command (Cohere et al., 2025),MedChat (Chu et al., 2024),Math-
GPT (Scarlatos and Lan, 2023a)

Mengzi, Caozhi, MathGPT, Grok, Qwen
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Publicly Available Website BERT, RoBERTA, ELMO, ERNIE, KERMIT, Grover, Rosita, Dis-
tilBERT, T5, GPT, Megatron-LLM, Big BIRD, MARGE, DeBERTa,
mT5, ALBERT, DialoGPT, BART, GShard, Codex, FLAN,
MT-NLG, GLaM, WebGPT, Jurassic, Pangu, Mengzi, WenLan,
BioGPT, Flan-T5, Flan-PaLM, OPT-IML, UL2, OPT, TO, Retro,
Gopher, LaMDA, InstructGPT, Chinchilla, Sparrow, GLM-130B,
Galactica, Bagualu, Giraffe, Code Llama, LLaMA-2, LLaMA
2-chat, LLaMA, Mistral, Gemini, BLOOM, Atlas, Kosmos-1,
PalLM-E, Pythia, Dromedary, RWKYV, Mamba, BARD, Vicuana,
Baize, Falcon, Chameleon, Cerebras-GPT, BloombergGPT, Phi-2,
Nova, Alpaca, Dolly, Xuanyuan, EduChat, Bianque, HuatuoGPT,
Yuanchengxiang, Wu Dao, Hou Yi, Baichuan, KOALA, Nemotron,
EXAONE 3.0, Claude, Minerva, OLMo, OLMoE, Mamba2,
DBRX, Camira, Zephyr, Gemma, Granite, ol, Tongyiqianwen,
Hunyuan, Shusheng, Jiutian, TeleChat, CityGPT, Hunyuan-DiT,
Tianshu , deepseek, Jamba, Command

Table 2: Model grouped by their inclusion criteria This table organizes large language model names based on
three inclusion criteria: (1) publication of a technical paper or report, (2) public availability via reputable platforms,
and (3) evidence of a substantial user base.
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9.9719.113#EX FAF_BLDYc6

Which one is bigger? 9.9 or 9.11
©® 911xF 99, @ chateLm
ERFRT, BEREAES (XEGR) , WEHAIIES, WERGBRLR, 0118 Sf1isbigger tan 9.9
IS E—IR 1, 9.9 MUNKEHE—RIR 9, FELTAF 9, 911 XF 99,

2 FF BLDYc6
Which one is bigger? 9.9 or 9.1 why
@ chateLm
@ 99is bigger than 9.11. The comparison of the numbers 9.9 and 9.11 is based on the value of the digits in each place. Here's why 9.11
is bigger:
When comparing decimal numbers, after comparing the integer parts (both are 9 here), you
compare the decimal parts digit by digit from left to right. * Both numbers have the same integer part, which is 9
* When comparing the decimal parts, 9.9 can be thought of as 9.90 (you can add trailing zeros to a decimal
* For 9.9, the decimal part is 0.9 (which is equivalent to 0.90). without changing its value)
s For 9.11, the decimal part is 0.11. * Now, comparing the tenths place: both numbers have 9 in the tenths place.

« Moving on to the hundredths place, 9.90 has a 0, while 9.1 has a 1
Since 0.90 is greater than 0.11, 9.9 is greater than 9.11.

e c P

Since 1 is greater than 0, the number 9.11 is greater than 9.90 (or 9.9) when comparing the hundredths place.

Therefore, 9.1 is the larger number.

Figure 2: This figure shows how language models can generate incorrect answers while presenting them with
seemingly logical reasoning. In the example, both GPT and ChatGLM incorrectly conclude that 9.11 is greater than
9.9. When asked in Chinese, GPT reasons step by step—comparing integer and decimal parts—but draws the wrong
conclusion, while ChatGLM provides a similarly detailed yet flawed explanation. In English, however, GPT gives
the correct answer. Because this example involves a simple comparison, it is easy to spot the error. But in more
complex domains, users may not know the correct answer, making them more likely to trust the model’s confident
but mistaken reasoning.
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Model Name

Published Paper or
Technical Report

Publicly Available Website (If no paper, Large User Base (Monthly

avg.))

BERT
RoBERTA
ELMO
ERNIE
KERMIT
Grover
Rosita
DistilBERT
TS5

GPT
Megatron-LM
Big BIRD
MARGE
DeBERTa
mT5
ALBERT
DialoGPT
BART
GShard
Codex
FLAN
MT-NLG
GLaM

WebGPT

Jurassic
Pangu

(Devlin et al.,
2019b)
(Liu et al., 2019b)

(Peters et al.,
2018b)

(Zhang et al.,
2019b)

(Zanzotto et al.,
2020)

(Zellers et al,
2019b)

(Mulcaire et al.,,
2019)
(Sanh et al., 2019)

(Raffel et al,
2020b)

(Radford et al.,
2018)

(Shoeybi et al.,
2019)

(Zaheer et al,
2020a)

(Lewis et al,
2020a)

(He et al., 2021)

(Xue et al., 2021)
(Lan et al., 2020)

(Zhang et al.,
2020b)

(Lewis et al,
2020b)

(Lepikhin et al.,
2021)
(Chen et al., 2021)
(Wei et al., 2022a)
(Smith et al., 2022)
(Du et al., 2022a)
(Nakano et al.,
2021)
(Lieber et al., 2021)
(Zeng et al., 2021)

https://huggingface.co/docs/transformers/en/
model_doc/bert
https://huggingface.co/docs/transformers/en/
model_doc/roberta
https://github.com/yuanxiaosc/ELMo

https://huggingface.co/docs/transformers/en/
model_doc/ernie
https://github.com/ART-Group-it/KERMIT?tab=
readme-ov-file
https://github.com/rowanz/grover

https://github.com/pmulcaire/rosita

https://huggingface.co/docs/transformers/en/
model_doc/distilbert
https://huggingface.co/docs/transformers/en/
model_doc/t5
https://huggingface.co/docs/transformers/en/
model_doc/openai-gpt
https://github.com/NVIDIA/Megatron-LM

https://huggingface.co/docs/transformers/en/
model_doc/big_bird
https://github.com/lucidrains/marge-pytorch

https://huggingface.co/docs/transformers/en/
model_doc/deberta
https://huggingface.co/docs/transformers/en/
model_doc/mt5
https://huggingface.co/docs/transformers/en/
model_doc/albert
https://huggingface.co/docs/transformers/en/
model_doc/dialogpt
https://huggingface.co/docs/transformers/en/
model_doc/bart

https://github.com/lucidrains/mixture-of-experts

https://github.com/openai/codex
https://github.com/google-research/FLAN
No
https://huggingface.co/FinchResearch/GLaM
https://github.com/@hq/WebGPT

https://www.ai21.com/

https://github.com/huawei-noah/Pretrained-Language-

Model/tree/master/PanGu-$\alpha$
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https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://github.com/yuanxiaosc/ELMo
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file
https://github.com/rowanz/grover
https://github.com/pmulcaire/rosita
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://github.com/NVIDIA/Megatron-LM
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://github.com/lucidrains/marge-pytorch
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/bart
https://huggingface.co/docs/transformers/en/model_doc/bart
https://github.com/lucidrains/mixture-of-experts
https://github.com/openai/codex
https://github.com/google-research/FLAN
https://huggingface.co/FinchResearch/GLaM
https://github.com/0hq/WebGPT
https://www.ai21.com/
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-$\alpha $
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-$\alpha $

Mengzi

WenLan
BioGPT

Flan-T5

Flan-PalLM
OPT-IML
UL2

OPT

TO
Retro

Gopher
LaMDA

InstructGPT
Chinchilla
Sparrow
GLM-130B
Galactica
Giraffe
Code Llama

LLaMA-2

LLaMA 2-chat

LLaMA
Mistral
Gemini
BLOOM
Atlas

Kosmos

PalLM-E
Pythia

Dromedary
RWKV
Mamba

BARD

(Zhang et al.,
2021b)

(Huo et al., 2021)
(Luo et al., 2022)

(Chung et al., 2024)

(Chung et al., 2024)
(Iyer et al., 2023)
(Tay et al., 2023)
(Zhang et al., 2022)

(Sanh et al., 2022)
(Borgeaud et al.,
2022)

(Rae et al., 2021)
(Thoppilan et al.,
2022)

(Ouyang et al.,
2022)

(Hoffmann et al.,
2022)
(Glaese et al., 2022)
(Zeng et al., 2022)
(Taylor et al., 2022)
(Pal et al., 2023)
(Roziere et al.,
2023)

(Touvron et al.,
2023b)

(Touvron et al.,
2023b)

(Touvron et al.,
2023a)
(Jiang et al., 2023a)
(Team et al., 2023)
(Le Scao et al,
2023)

(Izacard et al.,,
2023)
(Huang et al., 2023)

(Driess et al., 2023)
(Biderman et al.,
2023)

(Sun et al., 2023)
(Peng et al., 2023)
(Gu and Dao, 2023)

(Ram and Verma,
2023)

https://www.aibase.com/t001/29143 (493 million)

https://github.com/BAAI-WuDao/BriVl

https://huggingface.

model_doc/biogpt

https://huggingface.

model_doc/flan-t5

https://huggingface.
https://huggingface.
https://huggingface.
https://huggingface.

model_doc/opt

co/docs/transformers/en/
co/docs/transformers/en/

co/google/flan-t5-xx1

co/facebook/opt-iml-1.3b
co/facebook/opt-iml-1.3b
co/docs/transformers/en/

https://github.com/bigscience-workshop/t-zero
https://github.com/sunnynexus/RetrolLLM

https://11lmmodels.org/tools/gopher/

https://github.com/conceptofmind/LaMDA-rlhf-pytorch

https://github.com/openai/following-instructions-

human-feedback

https://github.com/kyo-takano/chinchilla

https://github.com/katanaml/sparrow
https://github.com/THUDM/GLM-130B

https://huggingface.

co/facebook/galactica-1.3b

https://github.com/autonomousvision/giraffe
https://github.com/meta-1lama/codellama

https://huggingface.

model_doc/11ama2

https://huggingface.

model_doc/11ama2

co/docs/transformers/en/

co/docs/transformers/en/

https://github.com/meta-1lama/llama

https://huggingface.
https://huggingface.
https://huggingface.

co/mistralai/Mistral-7B-vo.1

co/describeai/gemini
co/bigscience/bloom

https://github.com/facebookresearch/atlas

https://huggingface.

model_doc/kosmos-2

co/docs/transformers/en/

https://github.com/kyegomez/PALM-E
https://github.com/EleutherAIl/pythia

https://github.com/IBM/Dromedary
https://github.com/rwkyv

https://huggingface.

model_doc/mamba

https://github.com/Illia-the-coder/BardAPI-LLM
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https://www.aibase.com/tool/29143
https://github.com/BAAI-WuDao/BriVl
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://huggingface.co/docs/transformers/en/model_doc/flan-t5
https://huggingface.co/docs/transformers/en/model_doc/flan-t5
https://huggingface.co/google/flan-t5-xxl
https://huggingface.co/facebook/opt-iml-1.3b
https://huggingface.co/facebook/opt-iml-1.3b
https://huggingface.co/docs/transformers/en/model_doc/opt
https://huggingface.co/docs/transformers/en/model_doc/opt
https://github.com/bigscience-workshop/t-zero
https://github.com/sunnynexus/RetroLLM
https://llmmodels.org/tools/gopher/
https://github.com/conceptofmind/LaMDA-rlhf-pytorch
https://github.com/openai/following-instructions-human-feedback
https://github.com/openai/following-instructions-human-feedback
https://github.com/kyo-takano/chinchilla
https://github.com/katanaml/sparrow
https://github.com/THUDM/GLM-130B
https://huggingface.co/facebook/galactica-1.3b
https://github.com/autonomousvision/giraffe
https://github.com/meta-llama/codellama
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://github.com/meta-llama/llama
https://huggingface.co/mistralai/Mistral-7B-v0.1
https://huggingface.co/describeai/gemini
https://huggingface.co/bigscience/bloom
https://github.com/facebookresearch/atlas
https://huggingface.co/docs/transformers/en/model_doc/kosmos-2
https://huggingface.co/docs/transformers/en/model_doc/kosmos-2
https://github.com/kyegomez/PALM-E
https://github.com/EleutherAI/pythia
https://github.com/IBM/Dromedary
https://github.com/rwkv
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://github.com/Illia-the-coder/BardAPI-LLM

Vicuna

Baize
Falcon

Chameleon

Cerebras-GPT
Phi-2

Nova
Alpaca
Dolly

Wenxi Yiyan
Xuanyuan

Caozhi
MathGPT

EmoGPT
EduChat
medGPT
Bianque
HuatuoGPT

Xihu

Yuanchengxiang

Hou Yi

Baichuan

KOALA

Nemotron

EXAONE 3.0

Claude

OLMo

OLMoE

Mamba?2

Grok
DBRX

(Chiang et
2023)

(Xu et al., 2023)
(Almazrouei et
2023)

(Lu et al., 2023)

al.,

al.,

(Dey et al., 2023)

(Javaheripi et
2023)

al.,

(Jiang et al., 2025)
(Taori et al., 2023)

(Borisov
Mikhaylovskiy,
2023)

(Baidu, 2025)

and

(Zhang and Yang,

2023)
No

(Scarlatos and Lan,

2023a)

(Nair et al., 2024)
(Dan et al., 2023)
(Chu et al., 2024)
(Chen et al., 2023b)

(Zhang et
2023b)
(Zhang et
2024b)

al.,

al.,

(Wu et al., 2023a)
(Bai et al., 2023b)
(Yang et al., 2023)

(Zhang et
2024a)
(Parmar et
2024)

(Research et
2024)

al.,
al.,

al.,

(Enis and Hopkins,

2024)
(Groeneveld et
2024)
(Muennighoff et
2024)

al.,

al.,

(Dao and Gu, 2024)

No

(Gupta and Yip,

2024)

5https ://www.aibase.com/news/13702
https://explodingtopics.com/blog/grok-users

https://huggingface.co/lmsys/vicuna-7b-v1.5

https://github.com/project-baize/baize-chatbot
https://huggingface.co/docs/transformers/main/en/
model_doc/falcon
https://huggingface.co/docs/transformers/en/
model_doc/chameleon
https://huggingface.co/cerebras/Cerebras-GPT-13B
https://huggingface.co/microsoft/phi-2

https://huggingface.co/1lt-asset/nova-1.3b-bcr
https://github.com/tatsu-lab/stanford_alpaca
https://huggingface.co/databricks/dolly-v2-12b

https://yiyan.baidu.com/ (1.5 billion”)
https://github.com/Duxiaoman-DI/XuanYuan

https://www.aibase.com/to0l/28994 (22500)
https://github.com/umass-ml4ed/mathGPT

https://hub.dailyzaps.com/ai-tools/emogpt
https://edu.chat/

https://www.medgpt.app/
https://github.com/scutcyr/BianQue
https://github.com/FreedomIntelligence/HuatuoGPT

https://github.com/zhangzhengde0225/Xiwu

https://github.com/Shawn-IEITSystems/Yuan-1.0
https://github.com/LLMSecurity/HouYi
https://huggingface.co/baichuan-inc/Baichuan-7B
https://github.com/rxtan2/Koala-video-11m

https://huggingface.co/docs/transformers/en/
model_doc/nemotron
https://github.com/LG-AI-EXAONE/EXAONE-3.0

https://github.com/simonw/11m-claude-3

https://huggingface.co/docs/transformers/en/
model_doc/olmo
https://huggingface.co/docs/transformers/en/
model_doc/olmoe
https://huggingface.co/docs/transformers/en/
model_doc/mamba?2
https://github.com/xai-org/grok-1(35.1 million®)
https://huggingface.co/docs/transformers/en/
model_doc/dbrx
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https://huggingface.co/lmsys/vicuna-7b-v1.5
https://github.com/project-baize/baize-chatbot
https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://huggingface.co/cerebras/Cerebras-GPT-13B
https://huggingface.co/microsoft/phi-2
https://huggingface.co/lt-asset/nova-1.3b-bcr
https://github.com/tatsu-lab/stanford_alpaca
https://huggingface.co/databricks/dolly-v2-12b
https://yiyan.baidu.com/
https://github.com/Duxiaoman-DI/XuanYuan
https://www.aibase.com/tool/28994
https://github.com/umass-ml4ed/mathGPT
https://hub.dailyzaps.com/ai-tools/emogpt
https://edu.chat/
https://www.medgpt.app/
https://github.com/scutcyr/BianQue
https://github.com/FreedomIntelligence/HuatuoGPT
https://github.com/zhangzhengde0225/Xiwu
https://github.com/Shawn-IEITSystems/Yuan-1.0
https://github.com/LLMSecurity/HouYi
https://huggingface.co/baichuan-inc/Baichuan-7B
https://github.com/rxtan2/Koala-video-llm
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://github.com/LG-AI-EXAONE/EXAONE-3.0
https://github.com/simonw/llm-claude-3
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://github.com/xai-org/grok-1
https://huggingface.co/docs/transformers/en/model_doc/dbrx
https://huggingface.co/docs/transformers/en/model_doc/dbrx
https://www.aibase.com/news/13702
https://explodingtopics.com/blog/grok-users

Zephyr (Tunstall et al., https://huggingface.co/HuggingFaceH4/zephyr-7b-beta

2024)
Gemma (Mesnard et al., https://huggingface.co/docs/transformers/en/
2024) model_doc/gemma
Granite (Mishra et al, https://github.com/ibm-granite/granite-code-models
2024)
ol (Zhong et al., 2024) https://openai.com/o1/
Tongyigianwen  (Yang et al., 2024)  https://huggingface.co/Qwen
Hunyuan (Sun et al., 2024) https://huggingface.co/tencent/Tencent-Hunyuan-
Large
Shusheng (Cai et al., 2024) https://github.com/vealocia
Jiutian (Chen et al., 2024) https://github.com/JiuTian-VL/JiuTian-LION
TeleChat (Wangetal.,2024c) https://github.com/Tele-AI/Telechat
CityGPT (Feng et al., 2024)  https://github.com/tsinghua-fib-lab/citygpt
Hunyuan-DiT (Lietal., 2024) https://github.com/Tencent/HunyuanDiT
Camira (Gor et al., 2024) https://github.com/maharshi95/neural-irt
Deepseek (Biet al., 2024) https://huggingface.co/deepseek-ai
Jamba (Lenz et al., 2025)  https://huggingface.co/ai21labs/Jamba-v@.1
Command (Cohere et al., https://cohere.com/command
2025)

Table 3: This table presents the list of models that met at least two of the three key inclusion criteria used in the
study. It serves as the final dataset for deeper cultural and naming convention analysis across Chinese and Western

models.
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https://huggingface.co/HuggingFaceH4/zephyr-7b-beta
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://github.com/ibm-granite/granite-code-models
https://openai.com/o1/
https://huggingface.co/Qwen
https://huggingface.co/tencent/Tencent-Hunyuan-Large
https://huggingface.co/tencent/Tencent-Hunyuan-Large
https://github.com/vealocia
https://github.com/JiuTian-VL/JiuTian-LION
https://github.com/Tele-AI/Telechat
https://github.com/tsinghua-fib-lab/citygpt
https://github.com/Tencent/HunyuanDiT
https:// github.com/maharshi95/neural-irt
https://huggingface.co/deepseek-ai
https://huggingface.co/ai21labs/Jamba-v0.1
https://cohere.com/command

Model name Type Year Source Published pa- Public availability
per or techni-
cal report
BERT Muppet 2018 Western (Devlinetal.,, https://huggingface.
Character- 2019b) co/docs/
Inspired transformers/en/
Names model_doc/bert
RoBERTA Derivation 2018 Western (Liu et al.,, https://huggingface.
from original 2019b) co/docs/
transformers/en/
model_doc/roberta
ELMO Muppet 2018 Western (Peters et al., https://github.com/
Character- 2018b) yuanxiaosc/ELMo
Inspired
Names
Trransformer- Capability- 2019 Western (Dai et al.,, https://huggingface.
XL driven names 2019) co/docs/
transformers/v4.
16.2/en/model_doc/
transfo-x1
XLNet Capability- 2019 Western (Yang et al., https://huggingface.
driven names 2019) co/docs/
transformers/en/
model_doc/x1net
ELECTRA Mythological 2019 Western (Clark et al.,, https://huggingface.
& Historical 2020) co/docs/
References transformers/en/
model_doc/electra
UnilL.M Capability- 2019 Western (Dong et al., https://github.com/
driven names 2019) microsoft/unilm
T5 Capability- 2019 Western (Raffel et al., https://huggingface.
driven names 2020b) co/docs/
transformers/en/
model_doc/t5
DistilBERT  Derivation 2019 Western (Sanh et al.,, https://huggingface.
from original 2019) co/docs/
transformers/en/
model_doc/distilbert
GPT GPT + 2019 Western (Radford https://huggingface.
Domain- etal., 2018) co/docs/
Specific transformers/en/
Names model_doc/openai-gpt
ERNIE Muppet 2019 China (Zhang et al., https://huggingface.
Character- 2019b) co/docs/
Inspired transformers/en/
Names model_doc/ernie
KERMIT Muppet 2019 Western (Zanzotto https://github.
Character- etal., 2020)  com/ART-Group-
Inspired it/KERMIT?tab=
Names readme-ov-file
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https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/bert
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://huggingface.co/docs/transformers/en/model_doc/roberta
https://github.com/yuanxiaosc/ELMo
https://github.com/yuanxiaosc/ELMo
https://huggingface.co/docs/transformers/v4.16.2/en/model_doc/transfo-xl
https://huggingface.co/docs/transformers/v4.16.2/en/model_doc/transfo-xl
https://huggingface.co/docs/transformers/v4.16.2/en/model_doc/transfo-xl
https://huggingface.co/docs/transformers/v4.16.2/en/model_doc/transfo-xl
https://huggingface.co/docs/transformers/v4.16.2/en/model_doc/transfo-xl
https://huggingface.co/docs/transformers/en/model_doc/xlnet
https://huggingface.co/docs/transformers/en/model_doc/xlnet
https://huggingface.co/docs/transformers/en/model_doc/xlnet
https://huggingface.co/docs/transformers/en/model_doc/xlnet
https://huggingface.co/docs/transformers/en/model_doc/electra
https://huggingface.co/docs/transformers/en/model_doc/electra
https://huggingface.co/docs/transformers/en/model_doc/electra
https://huggingface.co/docs/transformers/en/model_doc/electra
https://github.com/microsoft/unilm
https://github.com/microsoft/unilm
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/t5
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/distilbert
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://huggingface.co/docs/transformers/en/model_doc/openai-gpt
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://huggingface.co/docs/transformers/en/model_doc/ernie
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file
https://github.com/ART-Group-it/KERMIT?tab=readme-ov-file

Grover

Rosita

Megatron-
LM

DeBERTa

mT5

GPT-Neo

Reformer

Pegasus

ALBERT

DialoGPT

Big BIRD

MARGE

BART

Muppet
Character-
Inspired
Names
Muppet
Character-
Inspired
Names
Popular
culture
references
Derivation
from original

Derivation
from original

Popular
culture
references

Capability-
driven names

Mythological
& Historical
References

Derivation
from original

GPT +

Domain-
Specific
Names
Muppet
Character-
Inspired
Names
Muppet
Character-
Inspired
Names
Popular
culture
references

2019

2019

2019

2020

2020

2020

2020

2020

2020

2020

2020

2020

2020

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western
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(Zellers
et al., 2019b)

(Mulcaire
etal., 2019)

(Shoeybi
etal., 2019)
(He et al,

2021)

(Xue et al.,
2021)

(Black et al.,
2022a)

(Kitaev et al.,
2020)

(Zhang et al.,
2020a)

(Lan et al.,
2020)

(Zhang et al.,
2020b)

(Zaheer
et al., 2020a)

(Lewis et al.,
2020a)

(Lewis et al.,
2020b)

https://github.com/
rowanz/grover

https://github.com/
pmulcaire/rosita

https://github.com/
NVIDIA/Megatron-LM

https://huggingface.
co/docs/
transformers/en/
model_doc/deberta
https://huggingface.
co/docs/
transformers/en/
model_doc/mt5
https://huggingface.
co/docs/
transformers/en/
model_doc/gpt_neo
https://huggingface.
co/docs/
transformers/en/
model_doc/reformer
https://huggingface.
co/docs/
transformers/en/
model_doc/pegasus
https://huggingface.
co/docs/
transformers/en/
model_doc/albert
https://huggingface.
co/docs/
transformers/en/
model_doc/dialogpt
https://huggingface.
co/docs/
transformers/en/
model_doc/big_bird
https://github.com/
lucidrains/marge-
pytorch

https://huggingface.
co/docs/
transformers/en/
model_doc/bart


https://github.com/rowanz/grover
https://github.com/rowanz/grover
https://github.com/pmulcaire/rosita
https://github.com/pmulcaire/rosita
https://github.com/NVIDIA/Megatron-LM
https://github.com/NVIDIA/Megatron-LM
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/deberta
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/mt5
https://huggingface.co/docs/transformers/en/model_doc/gpt_neo
https://huggingface.co/docs/transformers/en/model_doc/gpt_neo
https://huggingface.co/docs/transformers/en/model_doc/gpt_neo
https://huggingface.co/docs/transformers/en/model_doc/gpt_neo
https://huggingface.co/docs/transformers/en/model_doc/reformer
https://huggingface.co/docs/transformers/en/model_doc/reformer
https://huggingface.co/docs/transformers/en/model_doc/reformer
https://huggingface.co/docs/transformers/en/model_doc/reformer
https://huggingface.co/docs/transformers/en/model_doc/pegasus
https://huggingface.co/docs/transformers/en/model_doc/pegasus
https://huggingface.co/docs/transformers/en/model_doc/pegasus
https://huggingface.co/docs/transformers/en/model_doc/pegasus
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/albert
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/dialogpt
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://huggingface.co/docs/transformers/en/model_doc/big_bird
https://github.com/lucidrains/marge-pytorch
https://github.com/lucidrains/marge-pytorch
https://github.com/lucidrains/marge-pytorch
https://huggingface.co/docs/transformers/en/model_doc/bart
https://huggingface.co/docs/transformers/en/model_doc/bart
https://huggingface.co/docs/transformers/en/model_doc/bart
https://huggingface.co/docs/transformers/en/model_doc/bart

GShard

Codex
FLAN
MT-NLG

GPT-J

GPT-NeoX-
20B

CPM

CPM-2

GLaM

WebGPT

EVA

Pangu

Mengzi

Jurassic-1

WenLan

Flan-T5

Flan-PalLM

Capability-
driven names

Capability-
driven names
Capability-
driven names
Capability-
driven names
GPT +
Domain-
Specific
Names
Derivation
from original

Capability-
driven names

Derivation
from original
Capability-
driven names

GPT +
Domain-
Specific
Names
Capability-
driven names
Mythological
& Historical
References

Mythological
& Historical
References
Scientific /
Conceptual
Names
Traditional
Concepts
Capability-
driven names

Capability-
driven names

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2021

2022

2022

Western

Western

Western

Western

Western

Western

China

China

Western

Western

China

China

China

Western

China

Western

Western
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(Lepikhin
et al., 2021)

(Chen et al.,
2021)

(Wei et al.,
2022a)
(Smith et al.,
2022)
(Wang

and Ko-
matsuzaki,
2021)
(Black et al.,
2022b)

(Zhang et al.,
2021a)

(Zhang et al.,
2021a)
(€]

(Nakano
etal., 2021)

(Zhou et al.,
2021)
(Zeng et al.,
2021)

(Zhang et al.,
2021b)

(Lieber et al.,
2021)

(Huo et al.,
2021)
(Chung et al.,
2024)

(Chung et al.,
2024)

https://github.com/
lucidrains/mixture-
of-experts
https://github.com/
openai/codex
https://github.com/
google-research/FLAN
https://github.com/
NVIDIA/Megatron-LM
https://huggingface.
co/docs/
transformers/en/
model_doc/gpt]
https://huggingface.
co/EleutherAl/gpt-
neox-20b
https://huggingface.
co/docs/
transformers/en/
model_doc/cpm
https://github.com/
TsinghuaAI/CPM
https://huggingface.
co/FinchResearch/
GLaM
https://github.com/
ohq/WebGPT

https://huggingface.
co/BAAI/EVA
https://github.
com/huawei-noah/
Pretrained-Language-
Model/tree/master/
PanGu-\alpha
https://www.
aibase.com/tool/
29143(493million)
https://www.ai2l.
com/blog/ai21-studio-
use-cases/
https://github.com/
BAAI-WuDao/BriV1l
https://huggingface.
co/docs/
transformers/en/
model_doc/flan-t5
https://huggingface.
co/google/flan-t5-
xx1


https://github.com/lucidrains/mixture-of-experts
https://github.com/lucidrains/mixture-of-experts
https://github.com/lucidrains/mixture-of-experts
https://github.com/openai/codex
https://github.com/openai/codex
https://github.com/google-research/FLAN
https://github.com/google-research/FLAN
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https://github.com/TsinghuaAI/CPM
https://huggingface.co/FinchResearch/GLaM
https://huggingface.co/FinchResearch/GLaM
https://huggingface.co/FinchResearch/GLaM
https://github.com/0hq/WebGPT
https://github.com/0hq/WebGPT
https://huggingface.co/BAAI/EVA
https://huggingface.co/BAAI/EVA
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-\alpha 
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-\alpha 
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-\alpha 
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-\alpha 
https://github.com/huawei-noah/Pretrained-Language-Model/tree/master/PanGu-\alpha 
https://www.aibase.com/tool/29143 (493 million)
https://www.aibase.com/tool/29143 (493 million)
https://www.aibase.com/tool/29143 (493 million)
https://www.ai21.com/blog/ai21-studio-use-cases/
https://www.ai21.com/blog/ai21-studio-use-cases/
https://www.ai21.com/blog/ai21-studio-use-cases/
https://github.com/BAAI-WuDao/BriVl
https://github.com/BAAI-WuDao/BriVl
https://huggingface.co/docs/transformers/en/model_doc/flan-t5
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https://huggingface.co/google/flan-t5-xxl

OPT-IML

UL2

OPT

TO

Retro

LaMDA

GLM-130B

Chinchilla

Sparrow

BioGPT

InstructGPT

Gopher

Bagualu

Galactica

ChatGLM
PalLM-E

RWKYV

Capability-
driven names

Capability-
driven names

Capability-
driven names

Capability-
driven names

Capability-
driven names
Capability-
driven names

Capability-
driven names
Flora and
Fauna
Names
Flora  and
Fauna
Names

GPT +

Domain-
Specific
Names

GPT +

Domain-
Specific
Names
Muppet
Character-
Inspired
Names
Mythological
& Historical
References
Scientific /
Conceptual
Names
Derivation
from original
Capability-
driven names
Capability-
driven names

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2022

2023
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2023

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

China

Western

China

Western
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(Iyer et al.,
2023)

(Tay et al.,
2023)

(Zhang et al.,
2022)

(Sanh et al.,
2022)

(Borgeaud

et al., 2022)
(Thoppilan
et al., 2022)

(Du et al.,
2022b)
(Hoffmann
et al., 2022)

(Glaese et al.,
2022)

(Luo et al.,
2022)

(Ouyang
et al., 2022)

(Rae et al.,
2021)

(Ma et al.,
2022)

(Taylor et al.,
2022)

(Zeng et al.,
2024)
(Driess et al.,
2023)
(Peng et al.,
2023)

https://huggingface.
co/facebook/opt-iml-
1.3b
https://huggingface.
co/facebook/opt-iml-
1.3b
https://huggingface.
co/docs/
transformers/en/
model_doc/opt
https://github.com/
bigscience-workshop/
t-zero
https://github.com/
sunnynexus/RetroLLM
https://github.com/
conceptofmind/LaMDA-
rlhf-pytorch
https://github.com/
THUDM/GLM-130B
https://github.
com/kyo-takano/
chinchilla
https://github.com/
katanaml/sparrow

https://huggingface.
co/docs/
transformers/en/
model_doc/biogpt
https://github.com/
openai/following-
instructions-human-
feedback
https://11lmmodels.
org/tools/gopher/

https://hackmd.
io/@enochliang/
SkfCeQ0@7n
https://huggingface.
co/facebook/
galactica-1.3b
https://github.com/
zai-org/ChatGLM-6B
https://github.com/
kyegomez/PALM-E
https://github.com/
rwkv
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https://github.com/THUDM/GLM-130B
https://github.com/kyo-takano/chinchilla
https://github.com/kyo-takano/chinchilla
https://github.com/kyo-takano/chinchilla
https://github.com/katanaml/sparrow
https://github.com/katanaml/sparrow
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://huggingface.co/docs/transformers/en/model_doc/biogpt
https://github.com/openai/following-instructions-human-feedback
https://github.com/openai/following-instructions-human-feedback
https://github.com/openai/following-instructions-human-feedback
https://github.com/openai/following-instructions-human-feedback
https://llmmodels.org/tools/gopher/
https://llmmodels.org/tools/gopher/
https://hackmd.io/@enochliang/SkfCeQ07n
https://hackmd.io/@enochliang/SkfCeQ07n
https://hackmd.io/@enochliang/SkfCeQ07n
https://huggingface.co/facebook/galactica-1.3b
https://huggingface.co/facebook/galactica-1.3b
https://huggingface.co/facebook/galactica-1.3b
https://github.com/zai-org/ChatGLM-6B
https://github.com/zai-org/ChatGLM-6B
https://github.com/kyegomez/PALM-E
https://github.com/kyegomez/PALM-E
https://github.com/rwkv
https://github.com/rwkv

Phoenix

TigerBot

Code Llama

LLaMA-2

LLaMA
2-chat

Gemini

Giraffe

LLaMA

BLOOM

Dromedary

Mamba

Vicuna

StableLM

Orca

Orca 2

Phi-1

OpenChat

Mythological
& Historical
References
Flora  and
Fauna
Names
Derivation
from original
Derivation
from original

Derivation
from original

English
Names
Flora  and
Fauna
Names

Flora and
Fauna
Names
Flora and
Fauna
Names
Flora  and
Fauna
Names

Flora and
Fauna
Names

Flora  and
Fauna
Names
Company
Names

Flora and
Fauna
Names
Derivation
from original

Scientific /
Conceptual
Names
Capability-
driven names

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

China

China

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western

Western
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(Chen et al.,
2023c¢)

(Chen et al.,
2023a)

(Roziere
et al., 2023)
(Touvron
et al., 2023b)

(Touvron
et al., 2023b)

(Team et al.,
2023)
(Pal et al.,
2023)

(Touvron
et al., 2023a)

(Le Scao
et al., 2023)

(Sun et al,
2023)

(Gu and Dao,
2023)
(Chiang

et al., 2023)
(Bellagente
et al., 2024)
(Mukherjee

et al., 2023)

(Mitra et al.,
2023)

(Gunasekar
et al., 2023)

(Wang et al.,
2024a)

https://github.com/
Arize-ai/phoenix

https://huggingface.
co/TigerResearch

https://github.com/
meta-1lama/codellama
https://huggingface.
co/docs/
transformers/en/
model_doc/11ama2
https://huggingface.
co/docs/
transformers/en/
model_doc/11lama?2
https://huggingface.
co/describeai/gemini
https://github.com/
autonomousvision/
giraffe
https://github.com/
meta-1lama/llama

https://huggingface.
co/bigscience/bloom

https://github.com/
IBM/Dromedary

https://
huggingface.co/docs/
transformers/main/
en/model_doc/mamba
https://huggingface.
co/lmsys/vicuna-7b-
v1.5
https://huggingface.
co/docs/
transformers/en/
model_doc/stablelm
https://huggingface.
co/microsoft/Orca-2-
13b
https://huggingface.
co/microsoft/Orca-2-
13b
https://huggingface.
co/microsoft/phi-1

https://github.com/
imoneoi/openchat


https://github.com/Arize-ai/phoenix
https://github.com/Arize-ai/phoenix
https://huggingface.co/TigerResearch
https://huggingface.co/TigerResearch
https://github.com/meta-llama/codellama
https://github.com/meta-llama/codellama
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/docs/transformers/en/model_doc/llama2
https://huggingface.co/describeai/gemini
https://huggingface.co/describeai/gemini
https://github.com/autonomousvision/giraffe
https://github.com/autonomousvision/giraffe
https://github.com/autonomousvision/giraffe
https://github.com/meta-llama/llama
https://github.com/meta-llama/llama
https://huggingface.co/bigscience/bloom
https://huggingface.co/bigscience/bloom
https://github.com/IBM/Dromedary
https://github.com/IBM/Dromedary
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://huggingface.co/docs/transformers/main/en/model_doc/mamba
https://huggingface.co/lmsys/vicuna-7b-v1.5
https://huggingface.co/lmsys/vicuna-7b-v1.5
https://huggingface.co/lmsys/vicuna-7b-v1.5
https://huggingface.co/docs/transformers/en/model_doc/stablelm
https://huggingface.co/docs/transformers/en/model_doc/stablelm
https://huggingface.co/docs/transformers/en/model_doc/stablelm
https://huggingface.co/docs/transformers/en/model_doc/stablelm
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/Orca-2-13b
https://huggingface.co/microsoft/phi-1
https://huggingface.co/microsoft/phi-1
https://github.com/imoneoi/openchat
https://github.com/imoneoi/openchat

Falcon

Chameleon

Alpaca

Dolly

Cerebras-
GPT

Flora and
Fauna
Names

Flora and
Fauna
Names

Flora and
Fauna
Names

Flora and
Fauna
Names

GPT +
Domain-
Specific
Names

BloombergGPTGPT +

MathGPT

EduChat

medGPT

HuatuoGPT

Atlas

Pythia

BARD

Baize

Domain-
Specific
Names

GPT +
Domain-
Specific
Names

GPT +
Domain-
Specific
Names

GPT +
Domain-
Specific
Names

GPT +
Domain-
Specific
Names
Mythological
& Historical
References
Mythological
& Historical
References
Mythological
& Historical
References
Mythological
& Historical
References

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

Western

Western

Western

Western

Western

Western

China

China

China

China

Western

Western

Western

Western
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(Almazrouei https://
etal., 2023) huggingface.co/docs/
transformers/main/

en/model_doc/falcon

(Lu et al., https://huggingface.
2023) co/docs/
transformers/en/

model_doc/chameleon
https://github.
com/tatsu-lab/
stanford_alpaca
(Borisov and https://huggingface.
Mikhaylovskiy, co/databricks/dolly-

(Taori et al.,
2023)

2023) v2-12b

(Dey et al., https://huggingface.

2023) co/cerebras/Cerebras-
GPT-13B

(Wu et al., https://belitsoft.

2023b) com/bloomberggpt

(Scarlatos https://github.com/

and Lan, umass-ml4ed/mathGPT

2023b)

(Dan et al., https://edu.chat/

2023)

(Kraljevic https://www.medgpt.

etal, 2021) app/

(Zhang et al., https://github.com/

2023a) FreedomIntelligence/
HuatuoGPT

(Izacard https://github.com/

etal., 2023) facebookresearch/
atlas

(Biderman https://github.com/

etal., 2023) EleutherAl/pythia

(Ram and https://github.com/

Verma, I1lia-the-coder/

2023) BardAPI-LLM

(Xu et al., https://github.com/

2023) project-baize/baize-

chatbot


https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/main/en/model_doc/falcon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://huggingface.co/docs/transformers/en/model_doc/chameleon
https://github.com/tatsu-lab/stanford_alpaca
https://github.com/tatsu-lab/stanford_alpaca
https://github.com/tatsu-lab/stanford_alpaca
https://huggingface.co/databricks/dolly-v2-12b
https://huggingface.co/databricks/dolly-v2-12b
https://huggingface.co/databricks/dolly-v2-12b
https://huggingface.co/cerebras/Cerebras-GPT-13B
https://huggingface.co/cerebras/Cerebras-GPT-13B
https://huggingface.co/cerebras/Cerebras-GPT-13B
https://belitsoft.com/bloomberggpt
https://belitsoft.com/bloomberggpt
https://github.com/umass-ml4ed/mathGPT
https://github.com/umass-ml4ed/mathGPT
https://edu.chat/
https://www.medgpt.app/
https://www.medgpt.app/
https://github.com/FreedomIntelligence/HuatuoGPT
https://github.com/FreedomIntelligence/HuatuoGPT
https://github.com/FreedomIntelligence/HuatuoGPT
https://github.com/facebookresearch/atlas
https://github.com/facebookresearch/atlas
https://github.com/facebookresearch/atlas
https://github.com/EleutherAI/pythia
https://github.com/EleutherAI/pythia
https://github.com/Illia-the-coder/BardAPI-LLM
https://github.com/Illia-the-coder/BardAPI-LLM
https://github.com/Illia-the-coder/BardAPI-LLM
https://github.com/project-baize/baize-chatbot
https://github.com/project-baize/baize-chatbot
https://github.com/project-baize/baize-chatbot

Wenxi Yiyan

Xuanyuan

Caozhi

Bianque

Mistral

Kosmos-1

Phi-2

Nova

Mythological
& Historical
References
Mythological
& Historical
References
Mythological
& Historical
References
Mythological
& Historical
References
Scientific /
Conceptual
Names
Scientific /
Conceptual
Names
Scientific /
Conceptual
Names
Scientific /
Conceptual
Names

YuanchengxiangScientific /

Wu Dao

Hou Yi

Baichuan

MiniGPT-4

BLIP-2

AceGPT

Aquila

Conceptual
Names
Traditional
Concepts
Mythological
& Historical
References
Traditional
Concepts

GPT +
Domain-
Specific
Names
Capability-
driven names
GPT +
Domain-
Specific
Names

Flora  and
Fauna
Names

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

2023

7https ://www.aibase.com/news/13702

China

China

China

China

Western

Western

Western

Western

China

China

China

China

Western

Western

China

China
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(Baidu,
2025)

(Zhang and
Yang, 2023)

(Alibaba,
2025a)

(Chen et al.,
2023b)

(Jiang et al.,
2023a)

(Huang et al.,
2023)

(Javaheripi
et al., 2023)

(Jiang et al.,
2025)

(Wu et al,
2023a)

(BAAI,
2021)
(Bai et al.,
2023b)

(Yang et al.,
2023)

(Ataallah
et al., 2024)

(Li et al,
2023b)

(Huang et al.,
2024b)

(Lu et al.,
2024)

https://yiyan.baidu.
com/(1.5 billion)’

https://github.
com/Duxiaoman-DI/
XuanYuan
https://www.
aibase.com/tool/
28994 (22500)
https://github.com/
scutcyr/BianQue

https://huggingface.
co/mistralai/Mistral-
7B-v0.1
https://gpt3demo.
com/apps/microsoft-
kosmos-1
https://huggingface.
co/microsoft/phi-2

https://huggingface.
co/lt-asset/nova-1.
3b-bcr
https://github.com/
Shawn-IEITSystems/
Yuan-1.0
https://github.com/
BAAI-WuDao
https://github.com/
LLMSecurity/HouY1i

https://huggingface.
co/baichuan-inc/
Baichuan-7B
https://minigpt-4.
github.io/

https://github.com/
salesforce/BLIP
https://
huggingface.co/
FreedomIntelligence/
AceGPT-13B
https://huggingface.
co/BAAI/Aquila-7B


https://yiyan.baidu.com/
https://yiyan.baidu.com/
https://github.com/Duxiaoman-DI/XuanYuan
https://github.com/Duxiaoman-DI/XuanYuan
https://github.com/Duxiaoman-DI/XuanYuan
https://www.aibase.com/tool/28994 (22500)
https://www.aibase.com/tool/28994 (22500)
https://www.aibase.com/tool/28994 (22500)
https://github.com/scutcyr/BianQue
https://github.com/scutcyr/BianQue
https://huggingface.co/mistralai/Mistral-7B-v0.1
https://huggingface.co/mistralai/Mistral-7B-v0.1
https://huggingface.co/mistralai/Mistral-7B-v0.1
https://gpt3demo.com/apps/microsoft-kosmos-1
https://gpt3demo.com/apps/microsoft-kosmos-1
https://gpt3demo.com/apps/microsoft-kosmos-1
https://huggingface.co/microsoft/phi-2
https://huggingface.co/microsoft/phi-2
https://huggingface.co/lt-asset/nova-1.3b-bcr
https://huggingface.co/lt-asset/nova-1.3b-bcr
https://huggingface.co/lt-asset/nova-1.3b-bcr
https://github.com/Shawn-IEITSystems/Yuan-1.0
https://github.com/Shawn-IEITSystems/Yuan-1.0
https://github.com/Shawn-IEITSystems/Yuan-1.0
https://github.com/BAAI-WuDao
https://github.com/BAAI-WuDao
https://github.com/LLMSecurity/HouYi
https://github.com/LLMSecurity/HouYi
https://huggingface.co/baichuan-inc/Baichuan-7B
https://huggingface.co/baichuan-inc/Baichuan-7B
https://huggingface.co/baichuan-inc/Baichuan-7B
https://minigpt-4.github.io/
https://minigpt-4.github.io/
https://github.com/salesforce/BLIP
https://github.com/salesforce/BLIP
https://huggingface.co/FreedomIntelligence/AceGPT-13B
https://huggingface.co/FreedomIntelligence/AceGPT-13B
https://huggingface.co/FreedomIntelligence/AceGPT-13B
https://huggingface.co/FreedomIntelligence/AceGPT-13B
https://huggingface.co/BAAI/Aquila-7B
https://huggingface.co/BAAI/Aquila-7B
https://www.aibase.com/news/13702

Mixtral

OLMo

ol
TeleChat

Chimed-gpt

deepseek

OLMOoE

Mamba?2

KOALA

CityGPT

Claude

Nemotron

EXAONE
3.0

Minerva

DBRX

Derivation
from original

Capability-
driven names

Company
Names
Company
Names

GPT +

Domain-
Specific
Names
Company
Names
Derivation
from original

Derivation
from original

Flora and
Fauna
Names

GPT +

Domain-
Specific
Names
Popular
culture
references
Popular
culture
references

Scientific /
Conceptual
Names
Mythological
& Historical
References

Capability-
driven names

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

Western

Western

Western

China

China

China

Western

Western

Western

China

Western

Western

Western

Western

Western
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(Jiang et al,,
2024)

(Groeneveld
et al., 2024)

(Zhong et al.,
2024)
(Wang et al.,
2024b)
(Tian et al.,,
2024)

(Bi et al,
2024)
(Muennighoff
etal., 2024)

(Dao and Gu,
2024)

(Zhang et al.,
2024a)

(Feng et al.,
2024)

(Enis  and
Hopkins,
2024)
(Parmar

et al., 2024)

(Research
etal., 2024)
(Orlando

et al., 2024)

(Gupta and
Yip, 2024)

https://huggingface.
co/mistralai/Mixtral-
8x7B-v0.1
https://huggingface.
co/docs/
transformers/en/
model_doc/olmo
https://openai.com/
o1/
https://github.com/
Tele-AI/Telechat
https://github.com/
synlp/ChiMed-GPT

https://huggingface.
co/deepseek-ai
https://huggingface.
co/docs/
transformers/en/
model_doc/olmoe
https://huggingface.
co/docs/
transformers/en/
model_doc/mamba?2
https://github.com/
rxtan2/Koala-video-
11m
https://github.com/
tsinghua-fib-1lab/
citygpt

https://github.com/
simonw/11lm-claude-3

https://huggingface.
co/docs/
transformers/en/
model_doc/nemotron
https://github.com/
LG-AI-EXAONE/EXAONE-
3.0
https://huggingface.
co/collections/
sapienzanlp/minerva-
11lms
https://huggingface.
co/docs/
transformers/en/
model_doc/dbrx


https://huggingface.co/mistralai/Mixtral-8x7B-v0.1
https://huggingface.co/mistralai/Mixtral-8x7B-v0.1
https://huggingface.co/mistralai/Mixtral-8x7B-v0.1
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://huggingface.co/docs/transformers/en/model_doc/olmo
https://openai.com/o1/
https://openai.com/o1/
https://github.com/Tele-AI/Telechat
https://github.com/Tele-AI/Telechat
https://github.com/synlp/ChiMed-GPT
https://github.com/synlp/ChiMed-GPT
https://huggingface.co/deepseek-ai
https://huggingface.co/deepseek-ai
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/olmoe
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://huggingface.co/docs/transformers/en/model_doc/mamba2
https://github.com/rxtan2/Koala-video-llm
https://github.com/rxtan2/Koala-video-llm
https://github.com/rxtan2/Koala-video-llm
https://github.com/tsinghua-fib-lab/citygpt
https://github.com/tsinghua-fib-lab/citygpt
https://github.com/tsinghua-fib-lab/citygpt
https://github.com/simonw/llm-claude-3
https://github.com/simonw/llm-claude-3
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://huggingface.co/docs/transformers/en/model_doc/nemotron
https://github.com/LG-AI-EXAONE/EXAONE-3.0
https://github.com/LG-AI-EXAONE/EXAONE-3.0
https://github.com/LG-AI-EXAONE/EXAONE-3.0
https://huggingface.co/collections/sapienzanlp/minerva-llms
https://huggingface.co/collections/sapienzanlp/minerva-llms
https://huggingface.co/collections/sapienzanlp/minerva-llms
https://huggingface.co/collections/sapienzanlp/minerva-llms
https://huggingface.co/docs/transformers/en/model_doc/dbrx
https://huggingface.co/docs/transformers/en/model_doc/dbrx
https://huggingface.co/docs/transformers/en/model_doc/dbrx
https://huggingface.co/docs/transformers/en/model_doc/dbrx

Zephyr

Gemma

Granite

Scientific /
Conceptual
Names
Mythological
& Historical
References

Scientific /
Conceptual
Names

Tongyiqianwen Traditional

Hunyuan

Grok

Shusheng

Jiutian

Hunyuan-
DiT
Arctic

Command

Grok 5

Jamba

Sonus

GPT-5

MAGMA

Claude 4.1

Concepts
Traditional
Concepts

Popular
culture
references
Traditional
Concepts
Mythological
& Historical
References
Traditional
Concepts
Geographical
names

Capability-
driven names
Derivation
from original

Derivation
from original

Scientific /
Conceptual
Names

GPT +

Domain-
Specific
Names
Geographical
names
Derivation
from original

2024

2024

2024

2024

2024

2024

2024

2024

2024

2024

2025

2025

2025

2025

2025

2025

2025

Western

Western

Western

China

China

Western

China

China

China

Western

Western

Western

Western

Western

Western

Western

Western

8https://explodingtopics.com/blog/grok—users

https://explodingtopics.com/blog/grok-users
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(Tunstall
et al., 2024)

(Mesnard
et al., 2024)

(Mishra
et al., 2024)

(Yang et al.,
2024)
(Sun et al.,,
2024)

N/A

(Cai et al,
2024)
(Chen et al.,
2024)

(Li et al.,
2024)

(Borchmann
et al., 2025)

(Cohere
et al., 2025)
N/A

(Lenz et al.,

2025)

(Chat, 2025)

(Wang et al.,
2025)

(Yang et al.,
2025b)
(Sorensen)

https://huggingface.
co/HuggingFaceH4/
zephyr-7b-beta
https://huggingface.
co/docs/
transformers/en/
model_doc/gemma
https://github.com/
ibm-granite/granite-
code-models
https://huggingface.
co/Qwen
https://huggingface.
co/tencent/Tencent-
Hunyuan-Large
https://huggingface.
co/xai-org/grok-1
(35.1 million®)
https://github.com/
vealocia
https://github.com/
JiuTian-VL/JiuTian-
LION
https://github.com/
Tencent/HunyuanDiT
https://github.com/
Snowflake-Labs/
snowflake-arctic
https://cohere.com/
command
https://huggingface.
co/xai-org/grok-
1(35.1 million®)
https://huggingface.
co/ai21labs/Jamba-v@.
1

https://sonus.ai/

https://openai.com/
gpt-5/

https://github.com/
microsoft/Magma
https://claude.ai/


https://huggingface.co/HuggingFaceH4/zephyr-7b-beta
https://huggingface.co/HuggingFaceH4/zephyr-7b-beta
https://huggingface.co/HuggingFaceH4/zephyr-7b-beta
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://huggingface.co/docs/transformers/en/model_doc/gemma
https://github.com/ibm-granite/granite-code-models
https://github.com/ibm-granite/granite-code-models
https://github.com/ibm-granite/granite-code-models
https://huggingface.co/Qwen
https://huggingface.co/Qwen
https://huggingface.co/tencent/Tencent-Hunyuan-Large
https://huggingface.co/tencent/Tencent-Hunyuan-Large
https://huggingface.co/tencent/Tencent-Hunyuan-Large
https://huggingface.co/xai-org/grok-1
https://huggingface.co/xai-org/grok-1
https://github.com/vealocia
https://github.com/vealocia
https://github.com/JiuTian-VL/JiuTian-LION
https://github.com/JiuTian-VL/JiuTian-LION
https://github.com/JiuTian-VL/JiuTian-LION
https://github.com/Tencent/HunyuanDiT
https://github.com/Tencent/HunyuanDiT
https://github.com/Snowflake-Labs/snowflake-arctic
https://github.com/Snowflake-Labs/snowflake-arctic
https://github.com/Snowflake-Labs/snowflake-arctic
https://cohere.com/command
https://cohere.com/command
https://huggingface.co/xai-org/grok-1
https://huggingface.co/xai-org/grok-1
https://huggingface.co/xai-org/grok-1
https://huggingface.co/ai21labs/Jamba-v0.1
https://huggingface.co/ai21labs/Jamba-v0.1
https://huggingface.co/ai21labs/Jamba-v0.1
https://sonus.ai/
https://openai.com/gpt-5/
https://openai.com/gpt-5/
https://github.com/microsoft/Magma
https://github.com/microsoft/Magma
https://claude.ai/
https://explodingtopics.com/blog/grok-users
https://explodingtopics.com/blog/grok-users

Qwen 3 Derivation 2025 China (Yang et al., https://huggingface.
from original 2025a) co/collections/Qwen/
gwen3
GPT-04- GPT + 2025 Western (OpenAl https://platform.
mini Domain- etal., 2024)  openai.com/docs/
Specific models/o4-mini
Names
GPT-03 GPT + 2025 Western (Kataoka https://platform.
Domain- etal., 2025) openai.com/docs/
Specific models/o3
Names
Llama 4 Derivation 2025 Western (Abdullah https://huggingface.
Scout from original etal., 2025b) co/meta-1lama/Llama-
4-Scout-17B-16E
Gemini 2.5 Derivation 2025 Western (Comanici https://deepmind.
Pro from original etal., 2025) google/models/
gemini/pro/
DeepSeek- Derivation 2025 China (Liu et al.,, https://huggingface.
V3.2-Exp from original 2025) co/deepseek-ai/
DeepSeek-V3.2-Exp
Llama 4 Derivation 2025 Western (Abdullah https://huggingface.
from original etal., 2025a) co/collections/meta-
1llama/1lama-4
Kimi-K2 Scientific / 2025 China (Bai et al.,, https://github.com/
Conceptual 2025) MoonshotAI/Kimi-K2
Names
HunyuanWorld Scientific / 2025 China (Team et al.,, https://github.com/
Conceptual 2025) Tencent-Hunyuan/
Names HunyuanWorld-1.0
GLM-4.6 Derivation 2025 China (Zeng et al., https://huggingface.
from original 2025) co/zai-org/GLM-4.6
BLIP3-o0 Derivation 2025 Western (Chen et al.,, https://github.com/
from original 2025) JiuhaiChen/BLIP30

Table 4: This table presents the list of models that met at least two of the three key inclusion criteria used in the
study. It serves as the final dataset for deeper cultural and naming convention analysis across Chinese and Western
models.
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https://huggingface.co/collections/Qwen/qwen3
https://huggingface.co/collections/Qwen/qwen3
https://huggingface.co/collections/Qwen/qwen3
https://platform.openai.com/docs/models/o4-mini
https://platform.openai.com/docs/models/o4-mini
https://platform.openai.com/docs/models/o4-mini
https://platform.openai.com/docs/models/o3
https://platform.openai.com/docs/models/o3
https://platform.openai.com/docs/models/o3
https://huggingface.co/meta-llama/Llama-4-Scout-17B-16E
https://huggingface.co/meta-llama/Llama-4-Scout-17B-16E
https://huggingface.co/meta-llama/Llama-4-Scout-17B-16E
https://deepmind.google/models/gemini/pro/
https://deepmind.google/models/gemini/pro/
https://deepmind.google/models/gemini/pro/
https://huggingface.co/deepseek-ai/DeepSeek-V3.2-Exp
https://huggingface.co/deepseek-ai/DeepSeek-V3.2-Exp
https://huggingface.co/deepseek-ai/DeepSeek-V3.2-Exp
https://huggingface.co/collections/meta-llama/llama-4
https://huggingface.co/collections/meta-llama/llama-4
https://huggingface.co/collections/meta-llama/llama-4
https://github.com/MoonshotAI/Kimi-K2
https://github.com/MoonshotAI/Kimi-K2
https://github.com/Tencent-Hunyuan/HunyuanWorld-1.0
https://github.com/Tencent-Hunyuan/HunyuanWorld-1.0
https://github.com/Tencent-Hunyuan/HunyuanWorld-1.0
https://huggingface.co/zai-org/GLM-4.6
https://huggingface.co/zai-org/GLM-4.6
https://github.com/JiuhaiChen/BLIP3o
https://github.com/JiuhaiChen/BLIP3o
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