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Introduction and motivation The framework: Regularised Multi-View VAE A motivating example

« Large quantity of heterogeneous high throughput data RMV-VAE

« Different data types provide different information View 1 VAE RMV-VAE
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stratification L. = MSE(tanh(D,) — sgn(D,))
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Proteomics gene can help scientists better

understand the data

EHR = Electronic Health Records

Case study 1: Breast cancer (only showing transcriptomics here) Case study 1: can we predict

(Example: Integrating transcriptomics + methylomics)
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