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Low- and medium-resource language scenarios pose significant challenges for the development and 

evaluation of neural language models (LMs), particularly in capturing syntactic generalizations beyond surface-

level regularities. Specifically, training corpora are predominantly in English, and existing evaluation methods 

may be biased towards English, potentially overlooking limitations in multilingual linguistic knowledge of 

models. This work proposes an evaluation framework inspired by [1, 2] to systematically assess syntactic 
competence in French, a morphosyntactically rich and medium-resource language in the context of large-scale 

model pretraining. Building on targeted syntactic evaluation methodologies [3, 4], I develop diagnostic test 

suites that assess models’ sensitivity to morphosyntactic and syntactic phenomena in French, extending 

existing English-focused resources. 

 

My research aims to answer the following questions: (1) To what extent do multilingual and French-specific 

language models acquire abstract syntactic representations in a medium-resource training context? (2) How 

consistent are these representations across morphosyntactic and syntactic features? (3) Does 
morphosyntactic competence primarily depend on model size or training data? 

 

I constructed a benchmark of 500 minimal pairs based on representative examples in grammar books 

specifically targeted towards English-speaking L2 learners of French. These minimal pairs contrast 

grammatical and ungrammatical sentences and cover multiple syntactic phenomena such as agreement 

(within verb and noun phrases), argument structure (e.g., direct vs. indirect object), tense and mood, question 

formation, negation and preposition use. For example, in the subject-verb agreement suite, verbs are varied 
to match or mismatch with the subject in person and number (e.g., Tu travailles vs. *Tu travaillent). Each test 

item appears in controlled conditions that isolate syntactic dependencies. Surprisal values, calculated as the 

negative log probability of a token given the preceding context, are computed at the sentence-level. The 

syntactic sensitivity of the model is quantified by the extent to which predicted surprisal differences match 

theoretical expectations: grammatical sentences should be less surprising than ungrammatical ones. 

 

Results show that CroissantLLMBase [5], a smaller bilingual model trained on balanced English-French 

datasets, outperforms larger multilingual models such as Llama-2 (7B and 13B) [6] on several syntactic 
dimensions, particularly argument structure, negation and preposition usage. This demonstrates that 

linguistically accurate behavior in LMs is not solely determined by model size or architecture but rather 

depends on the quantity and linguistic diversity of the training data. 
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