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Abstract001

This study examines a widely circulated par-002
enting maxim in contemporary China—“poor003
parenting for sons, rich parenting for daugh-004
ters”—to provide an up-to-date account of how005
gendered parenting norms are debated on social006
media. We combine LLM-assisted annotation,007
topic modeling, and semantic co-occurrence008
network analysis to trace the structure and evo-009
lution of discourse across 331,737 posts from010
Sina Weibo, Zhihu, and RedNote (2010–2025).011
Our analyses surface layered asymmetries in012
attention and evaluation, including the domi-013
nance of daughter-focused discussion, the dura-014
bility of aspirational “Rich Parenting” frames,015
and a temporal convergence toward endorsing016
Rich Parenting for both genders. We further017
identify an emergent theme of “Self-Indulgent018
Rich Parenting,” indicating a shift from child-019
centered prescriptions toward individual self-020
investment.021

1 Introduction022

Gendered parenting, raising sons and daughters ac-023

cording to different expectations, remains a salient024

feature of Chinese family life. Understanding how025

the public discusses, endorses, or challenges such026

norms offers a window into the reproduction and027

negotiation of gender ideologies in contemporary028

China. “Poor parenting for sons, rich parenting029

for daughters” (qiongyang er, fuyang nü) is one of030

the most widely circulated expressions of this gen-031

dered logic, and has generated extensive debate on032

social media in recent years. Yet how this discourse033

is structured, which targets receive more attention,034

and which stances attract support or opposition, has035

not been systematically examined.036

This study makes three contributions. First, we037

provide a large-scale computational analysis of gen-038

dered parenting discourse in China, a domain previ-039

ously examined primarily through qualitative meth-040

ods or small-scale surveys. Second, our findings041

challenge the surface symmetry of the phrase “Poor 042

parenting for sons, rich parenting for daughters,” re- 043

vealing that public discourse centers disproportion- 044

ately on daughters, with a particular anxiety about 045

“Rich Parenting for daughters.” Third, we docu- 046

ment the semantic migration of “Self-Indulgent 047

Rich Parenting” from a parenting prescription to 048

a discourse of female self-empowerment, offering 049

empirical evidence for understanding how tradi- 050

tional gender norms are contested and repurposed 051

in digital spaces. 052

2 Background 053

“Poor parenting for sons, rich parenting for daugh- 054

ters” is a widely circulated parenting maxim in Chi- 055

nese society that prescribes gender-differentiated 056

child-rearing strategies. The literal logic suggests 057

that sons should be raised with material restraint 058

and mental toughening, while daughters should be 059

cultivated with broader horizons and refined tastes. 060

Underlying this norm is an implicit assumption 061

about divergent life trajectories for the two genders: 062

sons are expected to bear economic responsibilities 063

and endure social competition, whereas daughters 064

are presumed to need the ability to “discern charac- 065

ter” and resist material temptation (e.g., the endur- 066

ing “talent-and-virtue” ideal that evaluates men by 067

talent and women by virtue; Liu, 2024). In recent 068

years,traditional gender norms has sparked consid- 069

erable debate on social media, with some endors- 070

ing it as traditional wisdom and others critiquing 071

it from a gender-egalitarian perspective (Shen & 072

Jiao, 2024). Understanding the structure and evolu- 073

tion of this discourse can shed light on how gender 074

norms are reproduced and negotiated in contempo- 075

rary Chinese society. 076

Existing research on gender preferences in China 077

has predominantly focused on quantifiable behav- 078

ioral indicators. Demographic studies have doc- 079

umented the imbalanced sex ratio at birth and its 080
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social consequences (Ebenstein, 2010; Edlund et081

al., 2013). Economic research has found that fam-082

ilies with sons exhibit higher savings rates and083

lower consumption rates compared to families with084

daughters, attributing this pattern to competitive085

pressures in the marriage market (Wei & Zhang,086

2011; Li & Wu, 2017; Tani et al., 2023). Edu-087

cational sociology has examined gender dispari-088

ties in parental investment in children’s education089

(Buchmann et al., 2008; Liu et al., 2021). How-090

ever, the discursive dimension,how the public dis-091

cusses, evaluates, and contests gendered parenting092

norms,lacks large-scale data analysis. This dimen-093

sion is related to but irreducible to behavioral indi-094

cators: discourse both reflects and constitutes atti-095

tudes (Phillips & Hardy, 2002; Potter & Wetherell,096

1987).097

This traditional discourse faces multiple tensions098

in contemporary China. First, the intensification099

of educational competition,often characterized as100

involution, has reshaped parenting into a highly101

instrumental endeavor, placing immense pressure102

on parents to accumulate various forms of capital103

for their children (Kipnis, 2011; Zhang & Bray,104

2017; Lin, 2018; Deng et al., 2024). Second,105

the widespread dissemination of gender-egalitarian106

ideas on digital platforms has posed direct chal-107

lenges to the logic of gender-differentiated parent-108

ing (Li & Li, 2017; Wu & Dong, 2019; Gan, 2021;109

Mao, 2020). These tensions are not static but un-110

fold dynamically at specific historical junctures;111

tracing the temporal evolution of discourse helps112

identify critical moments of attitudinal transforma-113

tion. How do these tensions manifest in public114

discourse? Is the actual discursive structure of this115

seemingly symmetrical phrase also symmetrical?116

What patterns of attitudes emerge across different117

stances? These questions drive the present analysis.118

3 Methods119

3.1 Data Collection120

We collected Chinese social media posts from three121

major platforms — Sina Weibo, Zhihu and Red-122

Note — via a crawler-based pipeline. The keyword123

queries Poor Parenting and Rich Parenting were124

used to retrieve the posts. The collection period125

spanned from 2010 to September 2025, resulting126

in 331,737 posts after data was aggregated across127

platforms.128

3.2 Data Preprocessing 129

We applied a unified preprocessing workflow to 130

all posts: This involved: (i) removing noise (e.g. 131

spam, boilerplate and irrelevant artefacts); (ii) nor- 132

malising text (e.g. punctuation and character nor- 133

malisation); (iii) filtering stopwords using a curated 134

stopword list; and (iv) segmenting Chinese words 135

with Jieba. The processed corpus was then used for 136

annotation and analysis. 137

3.3 Data Annotation 138

To enable structured analyses, we annotated each 139

post with a three-level, hierarchical label set. This 140

set captured topic type, stance, and target. First, we 141

determined whether each post primarily discussed 142

Poor Parenting, Rich Parenting, or was unclear. 143

Based on this classification, we labelled the attitu- 144

dinal stance towards the focal parenting practice 145

as support, opposition, or unclear. Finally, we an- 146

notated the intended target group — whether the 147

post framed the practice as directed towards boys, 148

girls, or neither — so that stance and target were 149

interpreted with respect to the identified parent- 150

ing frame. We implemented this procedure using 151

an LLM-assisted annotation pipeline with human 152

verification. We designed prompt templates and 153

invoked GPT-5-Nano-2025-08-07 via the API to 154

assign labels. 155

Previous studies have shown that LLMs can 156

effectively support annotation in computational 157

social science, with LLM-generated labels of- 158

ten demonstrating reasonable agreement with hu- 159

man judgements (Ziems et al., 2024; Pangakis & 160

Wolken, 2024). Our stance labelling follows the 161

established stance detection paradigm in NLP (Mo- 162

hammad et al., 2016; ALDayel & Magdy, 2021), 163

adapted for use in parenting discourse. To assess 164

reliability in our setting, we manually inspected a 165

sample of posts and compared human judgements 166

with LLM-generated labels. The label definitions, 167

prompt design and validation protocol are sum- 168

marised in Table 1. 169

3.4 Semantic Co-occurrence Network 170

Analysis 171

Semantic co-occurrence network analysis was first 172

performed to characterise evaluative language sur- 173

rounding Poor Parenting and Rich Parenting. We 174

operationalised discourse contexts along two di- 175

mensions: stance (support versus oppose) and tar- 176

get (boys versus girls). Within each stance–target 177
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Component Accuracy Macro-F1 Label F1 Support (n)
Topic type 0.743 0.652 Unclear 0.810 173

Rich Parenting 0.689 65
Poor Parenting 0.458 23

Stance 0.766 0.716 Unclear 0.823 181
Support 0.691 65

Opposition 0.634 15
Target 0.866 0.716 Unclear 0.913 208

Boys 0.412 16
Girls 0.824 37

Table 1: LLM-assisted annotation reliability on a human-validated sample (n = 261). We report component-level
Accuracy and Macro-F1, and per-label F1 with support.

condition, we identified the top co-occurring ad-178

jectives associated with poor parenting and rich179

parenting. The selection of adjectives considered180

the following three factors: (i) semantic relevance181

to the focal concept; (ii) TF–IDF values to empha-182

sise condition-specific salience; and (iii) frequency183

to ensure robustness. These adjectives were then184

used to construct condition-specific co-occurrence185

networks, enabling us to compare association pat-186

terns across stances and gendered targets.187

3.5 Topic Analysis188

We conducted a topic analysis using the BERTopic189

model. The model was configured to automati-190

cally infer the number of topics from the corpus.191

Following topic induction, we performed manual192

clustering to merge semantically similar topics into193

higher-level thematic groups, applying the group-194

ing criteria summarised in Table 2. We report195

the semantic content of the resulting topic clusters196

(based on representative terms and exemplar posts)197

and analyse shifts in temporal distribution across198

2010–2025/09, highlighting how the prevalence of199

major themes evolves over time.200

4 Findings and Discussion201

4.1 Temporal Trends in Stance and Gendered202

Targets203

During the period from 2016 to 2025, clear tem-204

poral patterns emerged in the way Chinese social205

media users discussed poor and rich parenting in206

relation to stance and gender. Figure 1 shows that207

discourse in favour of rich parenting remained con-208

sistently dominant throughout the decade, with209

support for Poor Parenting typically forming the210

second-largest stream. However, the relative order-211

ing changes towards the end of the timeline: since212

September 2024, opposition to Poor Parenting has 213

overtaken support for it, indicating a recent shift 214

towards explicitly rejecting Poor Parenting rather 215

than merely endorsing Rich Parenting. Collectively, 216

these stance trajectories suggest an overall norma- 217

tive shift in public discourse towards endorsing 218

affluent parenting as the preferred approach. 219

The gender-specific trends shown in Figure 2 220

support this interpretation. Discussions of Rich 221

Parenting for girls are the most salient and persis- 222

tent topic throughout the period, whereas Poor Par- 223

enting for girls remains consistently marginal. For 224

boys, the discourse shows an interleaving pattern: 225

the early years are characterised by a stronger em- 226

phasis on poor parenting, but this advantage erodes 227

over time, with Rich Parenting becoming more 228

prominent by 2025. Therefore, the decade-long 229

dynamics point to a broad convergence: regardless 230

of whether the target is boys or girls, the discourse 231

increasingly shifts towards Rich Parenting. 232

4.2 Semantic Co-occurrence Network 233

Analysis Results 234

Across stance-conditioned networks, we observe a 235

sharp lexical asymmetry in the ways in which users 236

justify or reject Poor Parenting. There is also a com- 237

paratively aspirational — and more lexically stable 238

— framing of Rich Parenting (see Figure 3). In the 239

“Support Poor Parenting panel”, the most promi- 240

nent adjectives emphasise frugality and character 241

building, such as cherish, healthy, thrifty, positive, 242

and gentle. This suggests a moralised defence that 243

frames poor parenting as disciplined and beneficial. 244

In contrast, the “Oppose Poor Parenting” panel 245

is dominated by stigmatising descriptors such as 246

cheap, vulgar, and withered, as well as references 247

to poverty. 248

This indicates that opposition is often expressed 249
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Figure 1: Temporal distribution of stance toward poor
parenting vs. rich parenting (2016–2025).

Figure 2: Temporal distribution of gender targets in poor
parenting vs. rich parenting discourse (2016–2025).

through class-coded and derogatory imagery rather250

than neutral disagreement. This rhetorical pattern251

aligns with the temporal shift in Figure 1, where252

opposition to Poor Parenting overtakes support af-253

ter September 2024. This is consistent with a shift254

from less endorsement to more explicit delegitimi-255

sation. Meanwhile, both the support and opposi-256

tion networks for Rich Parenting remain centred257

on broadly aspirational attributes, such as happy,258

healthy, elegant, happiness, and effort, with anx-259

ious appearing prominently as well. This suggests260

that even critiques often operate within the same261

achievement-and-wellbeing vocabulary, rather than262

rejecting the desirability of Rich Parenting outright263

(see Figure 3).264

Further analysis of gender-conditioned networks265

reveals that the decade-long convergence towards266

Rich Parenting (Figure 2) is underpinned by dis-267

tinct evaluative vocabularies for girls and boys (Fig-268

ure 4). The Rich Parenting network for girls is269

densely organised around refinement and wellbe-270

ing, with the most salient terms being meticulous,271

beautiful, happy, healthy, and happiness. In con-272

trast, Poor Parenting for girls is anchored in hard-273

ship and constraint (e.g. hard, not easy, cheap, and274

poverty). This lexical contrast aligns with Figure275

Figure 3: Adjective co-occurrence networks conditioned
on stance.The four panels correspond to: top-left Sup-
port Poor Parenting, top-right Oppose Poor Parenting,
bottom-left Support Rich Parenting, and bottom-right
Oppose Rich Parenting.

2, where discussion of Poor Parenting for girls re- 276

mains consistently marginal, while Rich Parenting 277

for girls is the most persistent hotspot. For boys, the 278

networks are comparatively closer: Poor Parenting 279

for boys foregrounds endurance and toughness cues 280

(e.g. bitterness, bravery, strictness), while Rich Par- 281

enting for boys emphasises happiness, effort and 282

affluence/sudden wealth, mirroring the interleaving 283

temporal pattern in Figure 2, where the early em- 284

phasis on Poor Parenting for boys gradually gives 285

way to richer forms of parenting by 2025. 286

Taken together, the semantic networks suggest 287

that the aggregate trend documented in Figures 1–2 288

— a normative drift towards endorsing rich parent- 289

ing regardless of the child’s gender — is supported 290

not only by shifting volumes over time, but also by 291

a robust association between Rich Parenting and as- 292

pirational descriptors. There is also an increasingly 293

stigmatising lexicon that frames Poor Parenting, es- 294

pecially for girls, as socially undesirable (Figures 295

3–4). 296

4.3 Topic Modeling Results 297

Our BERTopic pipeline initially produced 402 fine- 298

grained topics, which we then consolidated into 299

eight interpretable macro-topics (T1–T8; see Ta- 300

ble 2). Figure 5 plots the cosine similarity ma- 301

trix among these macro-topics and shows mod- 302

erate semantic overlap overall (most cells in the 303

4



ID Topic name Initial topics Posts
T1 Girls’ Gender Socialization 8;12;24;26;35;42;46;50;52;56;

68;71;83;84;89 91;99;107;109;
114;123;124;128;136;141;145;
146;151;159;161;170;171;187;
195;202;206;210;226;233;236;
239;242;246;259;260;264;273;
297;307;331;332;336;342;350;
355;359;364;366;381;383;394;
400;10;69;119;335;55;178;374

61,411

T2 Self-Indulgent Rich Parenting 11;133;186;18;53;72;118;188;
235;262;320;337;340;362;34
127;238;37;96;315;395

16,645

T3 Children’s Intimate-Relationship Concerns 22;28;32;101;102;104;116;122;
138;192;211;243;279;326;334
353;38;148;173;271;371;49;318;
74;108;176;387

13,531

T4 Traditional Gendered Parenting Roles 2;111;115;285;296;360;376;385 11,696
T5 Boys’ Gender Socialization 4;39 9,158
T6 Warm Parenting 16;36;88;167;168;312;379;94;152;157;224;344 6,045
T7 Rich Parenting & Moral Decline 25;64;175;60;135;208;249;286;393 4,522
T8 Father Absence 27 2,755

Table 2: Manual clustering summary of BERTopic topics (initial topics = 402).

Figure 4: Adjective co-occurrence networks conditioned
on gender target.The four panels correspond to: top-left
Poor Parenting for Boys, top-right Rich Parenting for
Boys, bottom-left Poor Parenting for Girls, and bottom-
right Rich Parenting for Girls.

off-diagonal range are mid-to-high), suggesting a 304

shared lexical backbone across otherwise distinct 305

strands of the parenting debate. Notably, T1 (Girls’ 306

Gender Socialization) is among the most centrally 307

connected themes (i.e., relatively high similarity 308

with multiple topics), indicating that girl-focused 309

socialization talk co-occurs with broader discus- 310

sions of parenting rationales and perceived down- 311

stream outcomes. In contrast, T4 (Traditional Gen- 312

dered Parenting Roles) shows weaker similarity 313

with several other topics, implying that it is a more 314

ideologically specific cluster rather than primarily 315

a discourse about practice. 316

Temporal patterns further clarify shifting dis- 317

course priorities. Figure 6 (100 % stacked pro- 318

portions) shows that T1 (Girls’ Gender Socializa- 319

tion) remains dominant over time, consistent with 320

earlier time-series evidence that Rich Parenting 321

discourse especially when gendered toward girls 322

occupies a persistent central position (Figures 1–2). 323

Meanwhile, T5 (Boys’ Gender Socialization) ap- 324

pears more intermittently and gradually declines 325

in relative prominence as Rich Parenting related 326

talk expands, aligning with the decade-long trend 327

to support Rich Parenting regardless of child’s 328

gender. Figure 7 reveals additional late-period 329
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Figure 5: Topic similarity heatmap (cosine similarity).

Figure 6: Temporal evolution of macro-topics

changes in absolute volume: T2 (Self-Indulgent330

Rich Parenting) becomes more visible in later years,331

while episodic spikes in T3 (Children’s Intimate-332

Relationship Concerns) and T7 (Rich Parenting &333

Moral Decline) indicate recurring anxiety about334

relational and moral spillovers. Taken together,335

these topic trajectories reflect the stance-level shift336

that has occurred since late 2024 (Figure 1): Rich337

Parenting is increasingly functioning as the default338

reference point, while concerns about moral de-339

cline and relationship risks are emerging as salient340

counter-narratives within an overall discourse land-341

scape that leans towards Rich Parenting.342

4.4 Discussion343

This study provides a large-scale empirical test344

of the popular maxim “raise sons frugally, raise345

daughters affluently” and demonstrates that it op-346

erates asymmetrically and dynamically throughout347

history. Firstly, the discourse’s centre of gravity348

is clearly on affluent parenting for girls, which re-349

mains the most persistent and salient focus through-350

out the observation period. However, longitudinal351

evidence also suggests an important shift: over352

time, Rich Parenting for boys increases and even-353

tually surpasses Poor Parenting, resulting in an354

Figure 7: Temporal evolution of macro-topics

emerging, gender-neutral norm that can be sum- 355

marised as Rich Parenting for both boys and girls. 356

In other words, rather than sustaining a stable, 357

gender-differentiated prescription, the maxim in- 358

creasingly functions as a discursive entry point into 359

a broader moral economy of parenting, in which 360

Rich Parenting becomes normalised as the desir- 361

able default strategy. This shift is consistent with 362

the temporal patterns documented in Figures 1–2, 363

suggesting that the slogan’s apparent symmetry 364

conceals an evolving trend towards convergence 365

rather than balance (Westrupp et al., 2022). 366

Secondly, examining the intersection of the par- 367

enting frame, stance and gender target clarifies 368

how this convergence is produced rhetorically. In 369

the parenting–stance intersection, discourse around 370

rich parenting — whether supportive or critical — 371

tends to unfold as a vision-oriented narrative cen- 372

tred on desirable end states, such as happiness and 373

well-being. This discourse simultaneously incor- 374

porates anxiety about the feasibility and cost of 375

achieving these ideals. In contrast, Poor Parent- 376

ing exhibits a much sharper split between support 377

and opposition. Supportive discourse is largely 378

moralised, emphasising virtues such as thrift, dis- 379

cipline, and character building (Kalil, 2014). In 380

contrast, oppositional discourse disproportionately 381

uses class-coded stigma, employing degrading and 382

stratified language to mark poor parenting as so- 383

cially unacceptable. In the parenting–gender inter- 384

section, boys and girls are embedded in different 385

evaluative regimes. For boys, Poor Parenting is 386

justified through masculine-coded cultivation (e.g. 387

diligence, toughness and perseverance), whereas 388

Rich Parenting more often foregrounds positive 389

emotions and quality of experience. For girls, dis- 390

course overwhelmingly focuses on rich parenting, 391

framing it in terms of health, refinement and del- 392
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icate cultivation. In contrast, Poor Parenting for393

girls is characterised by negative evaluations and394

hardship narratives (e.g. suffering and poverty),395

consistent with the broader asymmetry that treats396

Poor Parenting for girls as normatively suspect397

(Lin, 2018). Together, these interactional patterns398

help to explain why the trends in stance and vol-399

ume (Figure 1–2) tilt towards rich parenting: the400

pro-rich frame is stabilised by aspirational vocab-401

ulary that remains persuasive even under critique,402

while the anti-poor frame is reinforced by stigma403

that increases the social cost of endorsement.404

Finally, topic modelling contextualises these pat-405

terns within broader thematic dynamics. Echoing406

the overall stance and gender trajectories, the topic407

structure reveals a broad shift towards themes cen-408

tred on Rich Parenting, but also shows periodic409

waves of Rich Parenting anxiety — recurring con-410

cerns about moral consequences, relational risks,411

and the pressures of doing Rich Parenting correctly.412

Importantly, the rise of Rich Parenting for oneself413

as a prominent theme in the later period is also414

observed. This arguably signals a reorientation415

of life-course priorities in a low-fertility context,416

as parenting children is no longer treated as the417

central life project. Individuals are increasingly418

articulating a claim to the legitimacy of directing419

time, money and emotional resources towards self-420

investment (Zhang et al., 2025). Consequently, the421

discourse not only reproduces traditional gendered422

parenting norms, but also documents how parenting423

language is being repurposed to negotiate contem-424

porary pressures, such as intensified competition,425

shifting gender ideologies and emerging individual-426

centred narratives of value and agency.427

Limitations428

Our study has several limitations that qualify the429

scope of the evidence and suggest directions for430

future work. First, the corpus is collected via key-431

word queries and restricted to three major plat-432

forms (Sina Weibo, Zhihu, and RedNote). As a433

result, our dataset may under-represent relevant434

discussion that uses indirect phrasing, sarcasm, im-435

ages/memes, or platform-specific euphemisms, as436

well as discourse occurring in private channels or437

offline settings. In addition, platform governance438

and moderation practices can shape visibility and439

survivorship of posts over time, which may affect440

observed temporal trends.441

Second, although we adopt LLM-assisted anno-442

tation with human validation, label noise remains 443

possible—especially for implicitly stated stances, 444

mixed evaluations, and posts where the target (boys 445

vs. girls) is only weakly implied. The validation 446

sample is modest relative to the full corpus, and 447

class imbalance (e.g., many Unclear cases and 448

small minority labels) likely depresses per-label 449

performance for rarer categories. These constraints 450

mean that fine-grained estimates (e.g., for less fre- 451

quent stance–target combinations) should be inter- 452

preted cautiously. 453

Third, our semantic co-occurrence networks and 454

topic modeling involve methodological choices that 455

can influence results. Adjective extraction and 456

segmentation (via Jieba) may miss multiword ex- 457

pressions, slang, or context-dependent meanings, 458

and co-occurrence links cannot distinguish endorse- 459

ment from quotation or irony without deeper prag- 460

matics modeling. Similarly, BERTopic outputs de- 461

pend on embedding and clustering settings, and 462

our manual clustering of topics into macro-topics, 463

while transparent and interpretable, introduces sub- 464

jectivity (Liu & Wei, 2023). Replications using 465

alternative tokenizers, embedding models, and sta- 466

bility analyses would strengthen confidence in the 467

robustness of the thematic structure. 468

Finally, our analyses are descriptive rather than 469

causal. We identify systematic asymmetries and 470

temporal convergence in discourse, but we do 471

not attribute these changes to specific exogenous 472

events or mechanisms. Future work could incor- 473

porate event-centered designs, richer multimodal 474

signals (images and memes), and cross-platform 475

comparisons with additional sources to better iso- 476

late drivers of change and evaluate the generaliz- 477

ability of the observed patterns. 478
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