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Abstract

Around the world, policies are being developed to address privacy, economic,
intellectual property, energy, and other risks that AI technologies pose. Simultane-
ously, institutions are creating standards and best practices to further the use of AI.
The development of standards and policies involves many well-resourced actors
and opaque development processes, often sidelining the needs of marginalized
populations, who often lack extensive networks, lobbying capabilities, and other
forms of power. In this paper, we present the participatory development of AI
policies that meet the needs of queer people through grassroots advocacy. We use
collaborative autoethnography to surface granular challenges our organization has
faced in doing so, along with factors that assisted us. We conclude with action-
able recommendations for empowering marginalized communities to participate in
policy development and insights for other marginalized communities working to
develop policy to mitigate harms.

1 Introduction

In the United States, there have been numerous AI governance bills introduced at national and local
levels within the past two years (50; 82; 41; 8). However, forms of data and technology governance
have existed well before the introduction of LLMs to combat data breaches and data misuse (54; 27).
These related conversations on data protection, as well as internet use and free speech, have heavily
informed newer AI governance approaches. In this work, we present an analysis and critique of
our organization’s approach to engaging with AI policy and consider future directions to strengthen
participation from marginalized communities in large-scale governance efforts.

AI systems cause harm through bias, misinformation, misrepresentation, and privacy infringement
(3; 77). Queer and marginalized groups experience AI harms in different forms (3) which may be
ill-addressed through universal governance approaches. Throughout history, laws, policies, and court
decisions have been enacted that have harmed queer and marginalized communities (76; 46; 68).
This precedent necessitates the need for proactive rather than reactive measures in AI governance to
minimize the negative impact of AI systems on queer and marginalized communities.

The public plays an important role in addressing AI harms, as they both interact with and feel the
impact of these systems. However, the public’s direct participation in AI governance is challenging,
as policy advancements are a non-linear, complex combination of informal interactions, timing,
and people creating a “perfect storm” where policy advancements occur. Organizations that are
decentralized, volunteer-led, or directly involved in translating technical jargon and policy can
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act as a proxy between communities and governance bodies. The successes of large-scale private
participation,2 offer insight into how to scale participatory governance in practice.

With the recent “participatory turn in AI design” (22), calls for empowering data and AI subjects,
especially those from marginalized communities, have grown as a means of addressing issues of bias,
stereotyping, and other AI harms. Within participatory AI (PAI), there is an ever-evolving effort to
align AI to users needs, reduce power imbalances, and reduce harm from AI systems (5; 19). Further,
we echo PAI scholars’ assertion that communities have essential expertise – and as in PAI, this
expertise is essential to AI governance. Achieving large-scale PAI remains challenging, as attempts
to broaden participation in AI development frequently risk being shallow and extractive (44; 5; 66).
We discuss the importance of participation in governance in Appendix C.

In this paper, we describe the motivations, structure, and outputs of our organization Queer in AI
– a queer nonprofit that has spent the past two years engaging in U.S. AI policy3. We then use
collaborative autoethnography (43; 34) to explore how our attempts at implementing participatory
methods in AI policy – both within our organization and in broader policy processes we participated in
– succeeded and failed. Beyond the policy contributions of our work, we use the tools of collaborative
autoethnography to critically reflect on our experiences to give the broader AI ethics community
a grounded look at what participatory AI governance looks like in practice and suggestions to
make these methods more practical. We also provide other marginalized communities working in
technology and AI spaces with lessons and reflections to aid in their advocacy.

2 AI Policy that Considers Queer People

Understanding the development and deployment of AI technologies requires a sociotechnical per-
spective that recognizes how these systems affect the people interacting with or subject to them (62).
Although significant progress has been made in addressing the negative impacts of AI, involvement
from marginalized communities is often absent from these discussions (74).

In particular, a lack of queer perspectives in AI research leads to inherent biases that undermine
the inclusivity of these technologies (59; 23). These biases create systems that not only fail to
serve queer individuals adequately but can actively enable the weaponization of AI to perpetuate
oppression, censorship, and stigmatization, further marginalizing this already vulnerable community
(30; 40; 73). Without a more inclusive approach to AI development, these harms will likely continue
and proliferate (45). Local groups such as the Detroit Community Technology Project4 and San Jose
(U.S.) Government AI Coalition5 use participation to develop safeguards and increase access. Civil
society organizations and academic research groups also contribute to community data advocacy
and AI governance inclusive of marginalized groups. Local legislative efforts have recently created
provisions for “AI advisory councils,” which offer a mechanism to increase community involvement,
though often without input from marginalized, non-expert groups. Similar are efforts to expand
consent and privacy power (24). Federally, AI governance efforts have shifted away from regulatory
efforts around job protection, civil and data rights, to pro-business growth. We examine this gap in
research and advocacy through our organization’s involvement in the National Institute for Standards
and Technology (NIST) AI Safety Artificial Intelligence Safety Institute Consortium (AISIC) and
resultant policy report.

Throughout this work, we refer to “harms” caused by AI systems, which we mean to refer broadly to
outputs by AI systems that result in discrimination against or misrepresentation of a social group.

2In the U.S., corporate unionization efforts are an example of the success of large-scale private participation
(42).

3See Appendix A for a limited overview of the U.S. AI policy landscape.
4Examples of the projects the Detroit Community Technology Project engages in can be found here:

https://detroitcommunitytech.org/?q=projects.
5Templates and resources developed by the San Jose Goverment AI Coalition can be found

here: https://www.sanjoseca.gov/your-government/departments-offices/information-technology/ai-reviews-
algorithm-register/govai-coalition.
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3 Engaging in AI Policy as a Grassroots Organization

In this section, we present our organization’s experiences engaging in policy work as a grassroots
organization, discussing challenges faced and factors that helped. A detailed explanation of our
organization’s engagement with AI policy and timeline is located in Appendix B.

3.1 Organization Policy Goals

Our organization, Queer in AI, is a 501(c)(3) non-profit professional association that aims to raise
awareness of queer issues in artificial intelligence and machine learning. By fostering a supportive and
decentralized community of queer researchers, the group champions principles of intersectionality,
participatory inclusion, and community-led initiatives (59). We also advocate for AI, data, and digital
technology that ensure privacy, cannot be used for surveillance, can represent fluid and complex
queer identities, and do not degrade the environment or undermine creative economies. We fight
for positive uses of these technologies for queer people, particularly in protecting and improving
the online spaces where many queer people find community and knowledge while fighting against
the usage of these technologies for surveillance, including facial recognition (64; 14). Our policy
approach arose from these beliefs and took shape in the forms of (i) inclusive AI policy development;
and (ii) inclusive design and application of AI systems.

3.2 Organization Structure

Our organization has a flat organizational structure, with only three formal roles: members, those
who are in the Slack workspace or email list; organizers, those who have or are helping organize
an event or initiative; core organizers, people who have been organizers for several years. In our
Slack workspace, the majority of channels are public, excluding a channel where core organizers
occasionally discuss issues involving personally identifiable information (PII) or topics that have
a high likelihood of negatively impacting individuals or the organization should they be widely
publicized. This structure embodies our organization’s stated values of decentralization, allowing any
member a high degree of transparency into the organization and a swift path to becoming involved in
organizing. In 2022, a policy action group within Queer in AI launched in response to increasing
requests for our organization to take policy positions. The policy action group existed as a public
Slack channel, a weekly stand-up meeting, and several in-person events. Both the Slack channel and
the stand-up meetings were open to all members, leading many members to join the initiative.

3.3 Organization Challenges

Our organization faced several practical challenges in organizing and doing policy advocacy work.

AI policy work is often in-person in a few select geographical centers. Although our members
and volunteers are spread throughout the world, with particular concentrations of members in the
United States, no member of the policy team was based in cities hosting major AI policymaking
institutions or events. These institutions and events were most often held in Washington D.C., London,
Brussels, or San Francisco. Our organization could not afford to hire full-time staff or pay for policy
team members to travel to AI policy events, which prevented us from attending almost all AI summits,
workshops, and other events. Crucially, this also prevented us from engaging in activities surrounding
such events (e.g., dinners, side meetings, other networking) that could help us meet allies, improve
our policy knowledge, and build our organization’s “inside game” (47) (cf. (9)).

AI policy is often opaque. Such physical distances amplified another commonly reported issue:
difficulty understanding relevant discussions and ideas within AI policy. Our organizers often reported
feeling confused and surprised by developments in AI policy. Specifically, organizers working with
the NIST AISIC often felt blindsided by releases of documents for public comments, changes in
directions of working groups, and responses to (or lack of response to) their feedback. Organizers
discussed feeling uncertain about the purpose and intent of different policy documents: whether a
bill was intended to be passed or meant for signaling, or whether a policy document would ever
be meaningfully enforced. This uncertainty led to organizers being unsure of where to spend their
limited time, and feeling that meaningful and critical conversations were had in meetings and spaces
they were not a part of, and that their efforts may have thus been wasted.
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Many of Queer in AI’s policy team members faced barriers to participating in unpaid policy
work. The policy team consisted primarily of students and junior academics, required to balance
coursework and pressure to publish with contributing their expertise. Some organizers reported
institutional targeting for their activism and organizing work, pressure to simultaneously contribute
to multiple organizations advocating for marginalized communities, illnesses, and institutions, and
supervisors who were unsupportive of work in AI outside of narrow technical domains. In addition,
most recently within the United States, a changing funding landscape has made it extremely difficult
to support work focusing on the impact of AI on marginalized communities.

AI, data, and digital technology have vast impacts on queer people, making the scope of focus
challenging. While our initial focus was on AI policy, we quickly realized we would be unable
to meet our policy goals without considering the full development pipeline. Broadly, AI used
for surveillance (37), censorship (16), and other harms can disproportionately impact the queer
community. In particular, “lower tech” algorithms such as developing an algorithm to classify images
(31; 81) or through gendered algorithms (2; 28) propagate harms early through data collection,
use-case definition, and system architecture. We draw a distinction between narrow and strong AI
(i.e., GPT and foundation models) to highlight that narrow AI systems are well studied and often
have clear pathways to redressal. Foundation models introduce a broader set of explicit and potential
harms and knowledge of their effect on queer people is still evolving (32). Together, this creates a
broad focus of harms, including innumerable technologies and policy directions (e.g., proliferation of
censorship and bias in social media algorithms, online hate speech and targeting, discrimination in
algorithmically mediated decisions) through a variety of AI-enabled modalities and techniques. We
initially found this broad set of topics too much for our team to effectively cover, and we struggled
to prioritize which topics to advocate for. Ultimately, we decided to focus on general values and
principles that would be applicable to a variety of policy decisions rather than develop detailed and
actionable positions on each issue. We also chose this strategy because of the opaque and rapidly
changing nature of AI policy; new policy documents or issues would be raised often and without
warning, hindering the ability to provide detailed responses or specific proposals.

Formal communication structures allow limited stakeholder participation. Executive frame-
works, which regulate the development of, deployment of, and ethical considerations around AI
technologies, often fail to prioritize the concerns of marginalized communities (55). One of the
mechanisms intended to address this gap is the Request for Information (RFI) process, used by
organizations to solicit feedback from various stakeholders. RFIs are intended to democratize policy
development, offering stakeholders, including marginalized communities, a platform to influence
decisions that affect them. In theory, RFIs are an essential tool for fostering inclusive dialogue and en-
suring that a wide range of perspectives are considered in the regulatory process. Research highlights
that when RFIs function as intended, they can help incorporate a variety of voices, leading to more
comprehensive and balanced policy outcomes (21). In reality, the RFI process often falls short of
achieving genuine inclusion. RFI mechanisms can be opaque and difficult to navigate, especially for
marginalized communities that lack the resources or institutional knowledge to effectively participate.
Furthermore, while RFIs invite public feedback, they can lack the transparency and accountability
needed to ensure that this input leads to real policy change. In a meeting with NIST AISIC leadership,
we were informed that our RFC/RFI responses had not been considered in their discussions. Our
organization understood the communication norms to be through responses to NIST requests and
participation in NIST AISIC activities, though they appeared to have limited impact on NIST AISIC
outcomes. Recognizing these limitations, our organization identified the need for more effective way
to ensure marginalized voices could drive tangible change. For example, we produced a policy report
to fill this gap, offering a clear, accessible framework to further empower public participation in AI
governance.6

Queer in AI was typically the only queer-focused and one of few civil society organizations in the
room, which created high expectations, pressure, and feelings of extraction. Our organization
was the only queer-focused organization to be invited to testify in front of the National AI Advisory
Committee, and the only queer-focused organization and one of the few civil society members of
the 280 members of the NIST AISIC. As an organization, we felt pressure to be both excellent
advocates for queer people and to represent all queer people and perspectives. This is analogous

6Our policy document is available here: https://www.queerinai.com/policy-research
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to what individuals can feel as the only members of a marginalized community in a group (56).
This additional pressure contributed to stress and burnout among our organizers. Being the only
queer-focused organization also “pigeon-holed” policy discussions. Our organization’s positions
were interpreted as representative of all queer people, rather than a productive discussion occurring
between multiple queer organizations, leading to more nuanced positions representative of more queer
people. Our group also struggled with how to relate to others: as the only queer-focused organization,
we felt pressure to both boldly and uncompromisingly represent policy stances that would lead to
good futures for queer people and simultaneously develop relationships with other organizations and
make compromises to be invited to the table.

Our organizers often described worrying about why policymakers were including our organization in
meetings and programs, citing concerns that they were included to superficially boost the diversity
of participants without challenging the underlying power structures and that our positions and
expertise had not been taken seriously. These concerns validate ongoing discussions of the pitfalls
of participation within AI ethics literature (e.g. (66; 5)). Our organizers continued to participate in
policy efforts even when they had concerns about the intentions of engagement because they knew
they were the only group invited to represent the needs of queer people, and refusing to participate
would mean queer people would not have any voice.

Figure 1: 30 entities that commented the most
frequently on NIST documents with the keyword
“Artificial Intelligence”.

Furthermore, our organizers often reported feel-
ing that civil society and marginalized com-
munities were sidelined in U.S. policymak-
ing. They frequently referenced the mem-
bership of the NIST AISIC (52), where for-
profit corporations comprise the majority of
the membership. They also cited the industry-
heavy compositions of high-profile AI pol-
icy events (4), and the industry backgrounds
of key AI appointees (20) as evidence for
this belief. We collected all documents from
regulations.gov posted by NIST with the
keyword Artificial Intelligence, and all
comments on those documents, finding that the
top commentors have been mostly industry and
lobbying groups (see Figure 1). There were a
few civil society and academic organizations,
including our organization, among the most fre-
quent of the over 500 organizations commenting
on NIST AI policy. Our organizers also noted
that NIST and other organizations seemed eager to form deep partnerships with industry AI developers
(60), but the role of civil society was much less clearly defined.

3.4 Factors that Helped Organization Amid Challenges

Mentorship and collaboration from larger, more experienced organizations. Our organizers
have built a relationship with a larger civil society organization that provided them with extensive
mentorship and collaboration. Staff from this organization met frequently with us and provided
feedback on document drafts and advice in shared Slack spaces. At the start of our policy work, we
had very limited policy experience. The mentorship from this organization provided crucial help in
understanding norms in policy spaces, including how to format different responses, what to expect
of and how to engage with different government entities, and how AI policymaking compares to
previous successful and unsuccessful policy initiatives. This mentorship also helped build trust and
solidarity between us, the organization mentoring us, and other organizations associated with the
mentor organization. This helped build our policy network, aiding us in overcoming barriers we
faced as an organization not physically located near government centers and composed of people
unfamiliar with policy spaces.

Many volunteers, open meetings. Our organizers also cited the large number of volunteers they
were able to involve in policy efforts, and the underlying values and structures that enabled this, as
a key factor that enabled them to engage in many policy efforts. As of writing, our policy Slack
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channel had 78 members, including dozens of people with or pursuing advanced degrees in computer
science, law, or other relevant fields, showing we had a multidisciplinary team. We used several
strategies to effectively engage with this team. Our organization has established a large, active Slack
space with over 1,500 members, and by repeatedly advertising the policy team and its meetings,
particularly when members organically brought up policy concerns, many people joined. Barriers to
joining our policy team were also minimized; the Slack channel was kept public and anyone could
join the meetings. Our meeting time was frequently spent orienting people joining for the first time,
or rejoining after absences due to work, school, or other reasons. Although this took away from time
spent on direct policy work, this structure ensured there were enough active volunteers. We hosted
a policy workshop co-located with NeurIPS in 2024 that helped us engage with more community
members, and all workshop participants were invited to join the Slack channel and policy team. Many
organizers noted that this openness is in unresolved tension with another key value of online queer
spaces: privacy and security. Organizers worried that the openness of the policy team could lead
to malicious actors joining and disrupting proceedings or doxxing participants, mirroring frequent
concern for online queer communities (1).

4 Recommendations

We offer several recommendations for policymakers, funders, and civil society organizations to
increase the participation and impact of marginalized communities in AI policymaking.

Moving away from scarcity mindsets in AI policy programs. Mentorship by a larger and more
experienced organization was vital to our efforts. However, obtaining this mentorship required
years of building our organization’s reputation and network, which in turn relied on many of our
members having the privilege of being inside academia. Our members applied for many formal policy
workshops, fellowships, and mentorship programs, but they were space-limited, and we were rejected
from all of them. If we had relied on being accepted by larger organizations or labs to which we
lacked deep connections, our policy work would have never occurred. The scarcity model many
AI policy mentorship opportunities are built on excludes marginalized communities and stands in
contrast to our demonstrated values of welcoming and mentoring anyone and everyone we can.

Organizing and mobilizing for power. We observed that civil society groups were already disem-
powered, and we believe that coming together and building collective power is the best way to counter
the vast interests opposing effective AI regulation. Nonetheless, we frequently heard about other
meetings and groups similar to ours, generally all opaque, secret, and invite-only. While there are
reasons for some discussions to be private, we believe the default opacity of AI policymaking need-
lessly impedes mobilizing people and organizations, building solidarity, and taking collective actions.
Our organization again demonstrates the possibility of being highly transparent, and welcoming,
mentoring, and empowering each person who wishes to join.

All gatherings should be virtual or strong hybrid. Physical distance from important policy
meetings and centers consistently excluded our organization from advocating for our positions,
networking, and gathering information. Making all gatherings either entirely virtual or strong hybrid
would greatly reduce this barrier. Here strong means that virtual participation does not play second
fiddle to the in-person components and that adequate infrastructures (e.g., internet, virtual meeting,
A/V) are in place. Allowing public participation will prevent these events from becoming exclusive
gatherings of elite academics, top government officials, and industry, as would providing public
meeting notes or recordings.

5 Conclusion

In this work, we provide an analysis of organizational challenges resulting from our participation
with the U.S. NIST AI Safety Institute and Consortium and creation of a policy report detailing
inclusive AI practices and public participation. To the former, we find the highly centralized, opaque,
and frenetic nature of federal governance a barrier to increased participation by academics and civil
society organizations advocating for marginalized groups. Further, the federal policy landscape can
be diversified through mentorship and support – especially from large, well-funded organizations
– aimed at smaller advocacy groups, coalition building, and less emphasis on geographic locality
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to policy hubs. In this work, we also provide the catalyst for creating a policy report. While we
were initially invited to participate in NIST AISI, as the only queer-focused organization and one
of few civil society participants, we noticed a sharp early shift away from civil and data rights-
based approaches. This felt especially at odds with stances taken within the Biden administration
(i.e., Blueprint for an AI Bill of Rights). The policy report was our organization’s response to that
dissonance and a way to draw importance to (i) what inclusive AI stances must be considered; and
(ii) why participation in AI development and governance is essential. Our findings offer insight into
how participation and PD theory can interact with the existing mechanisms of federal governance.
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Positionality Statement

The authors of this paper have formal training as researchers and practitioners in machine learning,
natural language processing, privacy, security, fairness, ethics, and legal research. Many authors also
identify as members of marginalized communities and have expertise in other areas. The authors also
have varying levels of experience in policy design, participatory governance, participatory AI design,
advocacy, unionizing, and activism. Our shared experiences heavily influence how we write about
our policy work. The focus of this paper is on policy conversations in the U.S. though, the authors
are from North America, Asia, and Europe and are knowledgeable about related policy conversations
in these locations.
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A AI Policy in the United States

We offer a brief context of AI governance efforts around 2024. AI policy in the U.S. is not necessarily
reflective of the rest of the world, but it is relevant to understanding the scope of policy landscapes
we engaged in.

U.S. public AI governance efforts have led to a few significant trends (see Figure 2). In late 2022, the
White House Office of Science and Technology released the Blueprint for an AI Bill of Rights (79),
signaling a desire to establish rights for individuals who directly use AI systems or whose personal
data is collected for use in AI systems. It was met with varying criticism, but was quickly followed by
congressional bills (8) and the establishment of the National Institute for Standards and Technology
(NIST) AI Safety Institute (AISI) and Consortium (AISIC) in 2024. Three approaches emerged
during this time: rights-based, risk-based, and evidence-based.

Rights-based approaches appear explicitly in the Blueprint for an AI Bill of Rights, though their
adoption across executive agencies remains inconsistent. This approach is also supported by the U.S.
alignment with the intergovernmental Organization for Economic Cooperation and Development’s
AI Principles for Trustworthy AI (29) and previous Biden executive orders on AI use in the Federal
government (69) and civil rights (70; 71).

Risk-based approaches are introduced in the Biden Executive Order on Safe, Secure, and Trustworthy
Development and Use of Artificial Intelligence and the resultant creation of a National AI Advisory
Council, NIST AISI, and AISIC. Each of these entities works in tandem to codify risk in the
NIST Risk Management Framework (RMF) and respond to mandates within the executive order.
These mandates explicitly apply to executive agencies, with wider adoption by private entities being
voluntary. The NIST AISIC members came from academia, civil society, and private companies.
NIST AISIC members participated in working groups designed to codify risks and harm, as well as
in red-teaming activities (i.e., empirical risk exploration) and guidance creation.

A wider coalition forms among academia and government for evidence-based approaches (13; 6; 51).
Calls for empirical approaches appear to be in reaction to existential-risk conversations that were
gaining traction at the time (33). Supporters of evidence-based approaches desired that empirical
evidence be shown regarding AI risk and harm prior to policy considerations.
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Figure 2: Brief overview of U.S. AI Governance efforts between 2021 and 2025.

B Methodology

Our organization’s policy work is young in that our involvement in executive-level policy work
came after the introduction of Biden-era executive orders on preventing discrimination on the basis
of gender identity or sexual orientation (71); safe, secure, and trustworthy AI (72); and resultant
creation of the NIST AI Safety Institute (NIST AISI) and Consortium (AISIC). Biden Executive
Order (EO) 13988, was introduced in early 2021 and instructed executive agencies to extend Title
VII of the 1964 Civil Rights Act to include sexual orientation and gender identity as protected classes
(71). This had far reaching effects for anyone accepting federal funding and was also accompanied
by a toolkit to codify equality efforts for transgender and LGBTQIA+ individuals (75). Biden EO
14110 was introduced in late 2023 to start AI governance conversations and announce long-term
goals for the administration (72). The scope of the EO was noticeably wide and resulted in the
creation of two groups, the NIST AI Safety Institute (NIST AISI) and AI Safety Institute Consortium
(AISIC), with mandates to produce policy guidance for executive agencies and those receiving
executive-level funding. Biden EO 14110 was introduced after the AI Bill of Rights (79) by the Office
of Science and Technology Policy (OSTP), which broadly defined individual “rights” of Americans
to be protected when using AI. These documents show a tension in the previous U.S. administration
between rights-based and risk-management approaches.
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Figure 3: Timeline of Policy Work

1 June 20, 2023
2023 invitation for NAIAC

2July 11, 2024
2024 invitation for NAIAC testimony

3 Aug–Dec 2024
Meeting with other civil societies

4
Aug–Sep 2024
Invited with other civil societies and re-
searchers to our stand-up meetings

5 Oct 2024
One member attended NIST policy meeting

6Aug 29, 2024
Policy Draft 1 shared

7 Nov 2024
Reaching out to other policy people

8Dec 2024
RFI period and NeurIPS workshops

9
Jan 2–Jun 3, 2024
Responses to RFIs/RFCs, incl. IST AI
600/100, EO Sections 4.1, 4.5, 11

10April 22, 2024
Joined NIST AISIC Working Groups

11 Feb 2025
Draft 2 of policy report

12March 15, 2025
Development of AI Action Plan
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B.1 National AI Advisory Committee (NAIAC) Briefings

In 2023 and 2024, our organization was invited by members of the National AI Advisory Committee
(NAIAC) to give testimony on harms caused by AI systems to queer people and related topics (e.g.,
company data use policies, scope of pre- and post-deployment evaluation). Our group’s initial 2023
testimony was given with a group of similarly focused research-based, AI affinity organizations
and civil-society organizations, ranging in AI expertise. The 2023 session allowed each group two
minutes for an initial statement and limited discussion after. The 2024 session allowed five minutes
for an initial statement and a longer discussion. Discussion in both sessions were limited to members
of the NAIAC and invited organization, and NAIAC committee attendance appeared optional. The
NAIAC reported to the Secretary of Commerce, and some of our organization’s appeals do appear
in the year 1 and 2 reports (17; 18), as well as resultant recommendations to NIST RMF. Of note is
that the NAIAC’s power was limited in scope and largely focused on supporting the NIST RMF and
AI implementation in executive agencies. Much of the communication structures described above
appeared to our organization’s members to hinder open discussion of policy, but can also be described
as policy norms unknown to the group.

In crafting our 2023 and 2024 testimonies to NAIAC, our organization gathered initial stances
internally and from the ethics research community. These initial stances largely considered AI harms
towards queer people, as detailed within the academic community, and did little to engage the broader
queer community. The compilation of this research work was done by members in our organization,
who often identified as members of queer and other marginalized communities. This heavily dictated
our organization’s stance towards intersectional approaches that situate civil rights. There were also
discussions with researchers-turned policy advisors in efforts to further validate these stances and
better communicate their work to the NAIAC. As the only queer-focused group to provide a testimony
to the NAIAC, the scope of our testimonies often did not show a clear plan for describing the needs of
queer people in the U.S. The practical reason for this is that doing so exceeded the scope of what our
volunteer policy team could accomplish. We believe that more concrete plans for our organization to
facilitate larger engagement should have been considered. Finally, the NAIAC briefings are delivered
to an audience composed primarily of academics, industry, and civil society. The group appeared to
have many members coming from policy backgrounds. As our expertise largely was not in policy, we
needed to shift our language to match our audience. Often, this meant translating our research in the
context of agency-specific applications and cognizable claims.

Our organization’s policy stances in these two briefs remained similar, with some progress made in
the interim. In both 2023 and 2024, our briefs highlighted that AI models produced queer-focused
hate speech, misrepresented and misgendered gender minorities, and was currently being used to give
legitimacy to ill-defined tasks (e.g., gender and sexual orientation prediction (40; 78)). We asked for
increased funding for queer scientists, more accurate statistics of the number of queer-identifying
scientists, stronger consent practices before using AI on personal information, increased training
for those using AI, and increased engagement with other queer-focused organizations. Some of our
calls were answered as executive agencies began collecting statistics on queer scientists to facilitate
research on systemic discrimination in science (38).

B.2 NIST AI Safety Institute Consortium

Our organization was also invited to join the NIST AI Safety Institute Consortium (AISIC), a group
with members from academia, industry, government, and civil society, contributing to working groups
on practical AI research expansion, guidelines creation, robust design and evaluation framework
design, and other topics. We joined AISIC to implement the calls in our 2023 and 2024 NAIAC
testimonies. We held many internal meetings to gather initial thoughts and develop strategies focused
on advancing rights-based governance strategies. As the only queer-focused organization, the group
decided to be vocal about queer-specific problems such as forced “outing” of queer people in unsafe
or malicious contexts, misgendering, consent, and excessive or insufficient data collection and use.
To further amplify our points, our organization planned to partner with more established policy
groups and large queer-focused organizations outside of AI and technology spaces. There were
discussions on the disconnect between the classification of harms in ethics research (65) and in the
NIST RMF (49), which chose to focus on issues such as bio-warfare and not prioritize model bias and
discrimination against queer people. There were also discussions on the general focus towards harms
perpetuated by generative AI design and deployment, and a lesser focus on harms from “narrow AI”
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with specific use cases. More broadly, the dominant conversations with NIST AISIC focused on a
version of AI safety that did not fully reflect the range of harms known by the queer and AI ethics
communities.

This realization was reflected in our organization’s responses to NIST in formal meetings and in
responses to requests for comments or information. We felt we engaged consistently and critically,
but without signals to gauge whether our concerns were being considered. This can be viewed as
a shortcoming of existing policy communication structures with executive agencies, of which our
organization may have been unaware of. Our organization met with AISIC leadership and discovered
that, while their participation had been consistent, our comments had not necessarily been read by
current NIST staff. Our organization noted that our involvement with NIST felt “opaque” at many
points. We did however continue to submit responses to requests for information.

B.3 Meeting with Other Civil Society Groups

In policy conversations, our organization sought to employ learnings from our existing work in
community engagement and inclusive AI research. In crafting policy directions, we had discussions
with long-established civil society organizations and technology policy experts. We detail some of
the directions from these conversations here.

While our organization was the only queer-focused group in AISIC, there were other AI ethics, civil
society groups, and similarly-focused academics in AISIC. Our organization also reached out to other
civil society and ethics-focused groups active in AI ethics and sociotechnical policy spaces. Our
organization was able to meet with some of them and participate in regular group meetings. We note
that the members in this coalition maintained regular contact with NIST AISI leadership, AISIC
working group activities, and NIST AISI requests for information and comment. Coalition building
with civil society organizations in AISIC allowed us to consolidate policy asks. Our meetings were
multi-purpose, serving as a place to vent and openly discuss problems each group was facing and
actively connect thoughts that each group had into shared stances to communicate in our responses to
RFCs. Retrospectively, a third theme can be seen in this coalition’s desire to create a “counter-power”
– working to shift the power dynamics within AISIC and prioritize sociotechnical approaches in AI
policy. There was also a focus in this coalition on advocating for transparency from the NIST AISI to
combat frustrations many in the group had communicating with AISI leadership.

The makeup of the group was interdisciplinary, with a mix of policy and research-focused people
in each meeting. A sort of “language” translation resulted from our organization shifting its focus
towards sharing why sociotechnical approaches should be considered in NIST AISIC work. The
coalition pointed to the large body of research on the positive effect of sociotechnical approaches in
design, deployment, and evaluation of AI models (36; 61). The coalition meetings also inspired our
organization’s work on a policy report.

B.4 Policy Report

Due to the lack of influence we were able to exert through established channels like RFIs, our
organization decided to draft a policy report to reach and inform lawmakers sympathetic to our
cause. We highlight that the decision to publish a policy report involved many participatory-minded
frameworks throughout. Ideally, we would want direct community involvement in policy creation; a
core complication arises in how to capture differences along varying geopolitical and social contexts.

We released the first version of the policy report in August 2024. The policy positions presented
in the report were inspired by our 2023 and 2024 briefings to the National AI Advisory Council
(NAIAC), recent responses by our organization to federal information requests, and research on
participatory governance, fairness, ethics, and privacy (58; 59). A common frustration by our or-
ganization and civil society organizations at the time was that sociotechnical and civil concerns
were very narrowly considered in the NIST Risk Management Framework (RMF). We detailed the
importance of sociotechnical approaches, providing concrete examples of queer harms, and sharing
existing sociotechnical considerations in research and policy. Our policy report outlined the risks that
algorithms, data, and AI systems pose to queer people and other marginalized groups, highlighting
both historical and ongoing harms such as discrimination, violence, and erasure, advocating for a
rights-based approach to AI development and emphasizing the need for diverse participation and
oversight throughout the AI lifecycle. In addition, we called for greater transparency, consent, and pri-
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vacy protections, as well as the restriction of pseudo-scientific uses like gender recognition, stressing
the importance of including queer perspectives in AI design, limiting AI’s role in law enforcement,
and ensuring strict audits for existing AI systems. The document sought to protect marginalized
communities by promoting autonomy, safety, and inclusive policy interventions. Specifically, our
policy stances were the following:

Support algorithmic and dataset transparency. Our organization calls for some form of algo-
rithmic and dataset transparency in all application, noting its ability to advance fairness towards
marginalized groups through open collaboration between the public and AI developers.

Support consent, privacy, and data rights over data collection. Privacy needs can vary within
marginalized communities. A core concern in the queer community is the “doxing” or outing of queer
individuals. Policy provisions that allow for informed consent over automatic opt-in encourages
autonomy. Transparent design and deployment practices can create trust.

Restrict use of AI for pseudo-scientific purposes. Queer people have been historically harmed by
ill-designed and pseudo-scientific AI models (53; 67; 63; 15). Queer people are also disproportion-
ately surveilled in efforts to ostensibly increase efficiency or empirical objectivity. As an example,
Facebook implemented a real name policy in 2014 which adversely affected trans individuals and
drag queens to be blocked. We note that these applications threaten the civil rights of queer people.
Biometrics may also be used for ill-defined purposes. Existing regulation prohibits discriminatory
biometric systems in the EU (i.e., Article 5 of the EU AI Act) but not in all jurisdictions in the U.S.
(26).

Limit AI use within law enforcement. Require strict third-party audits where AI is already in
use. Our organization takes a stance against AI use by law enforcement and immigration authorities.
The use of AI in these spaces vary greatly and can lead to discriminatory outcomes, further opaqueness
in policing, and weakened public trust (48).

Include queer perspectives when designing and deploying AI systems, protect the identities of
these groups when applicable. Increased engagement from queer and marginalized groups at all
stages of the AI lifecycle allow existing concerns to be addressed before deployment (5). They allow
for more robust evaluation of AI systems by developers and can temper expectations of end-users.

The report was critiqued internally by our organization’s policy team (n = 77), then made available
to the entire organization’s community (n = 1518). Finally, it was released publicly on our website
(57).

B.5 NeurIPS Workshop

To engage more queer people in the development of our policy report, a public information request
period was advertised in December 2024 and focus groups were held during a NeurIPS7 workshop
the same month. First, a panel discussion was held with members of the AI governance and research
community to discuss what practical participatory governance efforts should be considered. The
panel was a mix of policy and AI researchers, practitioners, and lawyers, with the goal of giving
the audience an understanding of active policy participation efforts at the corporate and government
levels in the U.S., Canada, Italy, and Brazil. This panel discussion also served as a primer to describe
current AI governance efforts internationally and the approaches being considered.

Workshop participants came from many backgrounds and varying levels of AI expertise and par-
ticipated in two focus groups aimed at measuring alignment with positions in the document and
areas for improvement. The first working group session focused on the existing policy report by
our organization. The second working group session was more open-ended, inviting participants to
envision what rights, rules or regulations in regards to data and AI would meet their needs. Each
working group session followed Chatham House Rules stating that information shared is free to
share publicly but may not be attributed to a particular person. This was done to protect sensitive
information around sexual orientation and gender identity, and allow workshop members to share
independent of any respective organization they might belong to. Workshop organizers described

7https://neurips.cc/
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the sections of the policy report and motivating reasons behind each policy stance. The audience
members were then divided into groups with policy report authors to read and discuss each stance .

An early critique during these discussions was the heavy U.S. focus of this document in a geograph-
ically diverse community. The interplay between technology governance and civil protections for
queer people varied greatly across participants’ home countries, where queer people could face legal,
safety, and societal challenges. At the same time, participants emphasized elevating the voices of
queer folks directly harmed by AI technologies, as well as the need for community building in AI
development.

C Participatory Design (PD) and Governance

The idea of community participation in governance is fundamental to the democratic process. Par-
ticipation in governance does not apply exclusively to governmental organizations but rather to any
system requiring governance (e.g., online forums, companies, municipalities, etc.). In this work, AI
governance refers generally to policy creation at any level, private corporations and governments alike.
An organization’s structural characteristics also influence practical participation. For instance, our
members identify as artists, practitioners, researchers, lawyers, and ethicists. Our involvement, along
with that of other diverse groups, signals a shifting policy approach to AI governance (6; 12). These
conversations are numerous and break norms of policy advocacy in a central geographic location or
by traditional advocacy groups.

History and Definitions. PD can be traced back to the 1970s workplace democracy movement
in Scandinavian countries, with the fundamental political ideal of emancipation by shifting and
reclaiming power by those who lack it (11, §2) — a constant refrain as PD enters into its fourth era
now with special emphasis on feminist, queer, indigenous and/or decolonial frame, among others.
Reflecting on the history of PD, (39) proposed six guiding principles: equalising power relations,
democratic practices, situation-based actions, mutual learning, tools and techniques, and alternative
visions. Similarly, according to (10), PD has the following four strong commitments (§2.1, p. 7):
(a) democracy at the workplace and beyond; (b) empowerment of people through the processes of
design; (c) emancipatory practices rooted in mutual learning between designers and people; and
(d) seeing humans as skillful and resourceful in the development of their future practices.

Scaling. While PD seems to have a reputation of mostly being conducted in small-scale projects,
since its inception, PD has been envisaged across a multiplicity of scales, up to multi-year, multina-
tional settings. In this context, the concept of “scaling” PD, although often seen as a desideratum, is
not always explicitly and precisely defined. Recently, (7) identified three aspects of scaling in PD:
socio-spatial, temporal, and – most notably – onto-epistemological. While the first two aspects are
no doubt important for PD projects in information technology (IT), it is the onto-epistemological,
inspired by Arturo Escobar’s conception of our shared world as a pluriverse — “a world where
many worlds fit” (25, p. xvi) — that has proven most relevant and fruitful to our policy efforts. In
this context, onto-epistemological aims at incorporating diverse lived experiences from global queer
communities and empowering individuals and communities that have historically been oppressed.
Meanwhile, (80) represents the most recent comprehensive survey on scaling PD, revealing the
tensions of maintaining PD’s democratic and emancipatory ideals vis-à-vis increased scale, especially
for projects involving distributed IT systems.

Infrastructure The scaling(-up) of PD crucially depends both on the technological infrastructure,
such as software and online platforms, and on social infrastructure such as communities, collectives,
and relationality (35). Scholars have spoken of “infrastructuring” as the ongoing process of building
and adapting infrastructures for sustainable large-scale PD projects. An important account was
given in (9) where the notion of a spectrum between relatively stable networks and more fluid and
transient knotworks was mobilized to illustrate the importance of backstage activities in participatory
infrastructuring.
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