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Abstract001

Large language models (LLMs) have demon-002
strated notable advancements in psychological003
counseling. However, existing models gener-004
ally do not explicitly model seekers’ emotion005
shifts across counseling sessions, a core focus006
in classical psychological schools. Moreover,007
how to align counselor models’ responses with008
these emotion shifts while proactively mitigat-009
ing safety risks remains underexplored. To010
bridge these gaps, we propose PsychēChat,011
which explicitly integrates emotion shift track-012
ing and safety risk analysis for psychologi-013
cal counseling. Specifically, we employ in-014
teractive role-playing to synthesize counselor–015
seeker dialogues, incorporating two modules:016
Emotion Management Module, to capture017
seekers’ current emotions and emotion shifts;018
and Risk Control Module, to anticipate seek-019
ers’ subsequent reactions and identify poten-020
tial risks. Furthermore, we introduce two021
modeling paradigms. The Agent Mode struc-022
tures emotion management, risk control, and023
counselor responses into a collaborative multi-024
agent pipeline. The LLM Mode integrates025
these stages into a unified chain-of-thought for026
end-to-end inference, balancing efficiency and027
performance. Extensive experiments, includ-028
ing interactive scoring, dialogue-level evalua-029
tion, and human assessment, demonstrate that030
PsychēChat outperforms existing methods for031
emotional insight and safety control.032

1 Introduction033

In recent years, global mental health issues have034

increased significantly (Organization, 2022). De-035

pression, anxiety, and stress-related disorders have036

become major public health concerns. However,037

due to the high professional requirements for psy-038

chologists and the cost and time constraints of039

offline counseling, many individuals with mental040

health needs cannot obtain consistent and afford-041

able support. The rapid development of LLMs042
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Figure 1: Two Core Focuses of PsychēChat. (a) Track-
ing emotion shifts helps generate more context-aware
and empathetic responses. (b) Different counselor re-
sponses can lead to different levels of safety risk.

provides new opportunities for psychological coun- 043

seling (Yang et al., 2023; Xiao et al., 2024; Kang 044

et al., 2024; Zheng et al., 2024). Some psycholog- 045

ical models, such as SoulChat (Chen et al., 2023) 046

and MeChat (Qiu et al., 2024a), attempt to simu- 047

late human counselors to provide emotional sup- 048

port. Recently, several efforts have explored the 049

synthesis of high-quality datasets for psychological 050

counseling, including PsyDT (Xie et al., 2025) and 051

CATCH (Chen et al., 2025). 052

However, existing counseling models still have 053

limitations in capturing seekers’ psychological 054

states and real needs behind emotions. Models 055

that focus on emotions typically operate at a single 056

moment and do not explicitly model emotion shifts 057

across a full counseling session. In classical psy- 058

chology, three major psychological schools (Klein, 059

1952; Rogers, 2012; Beck, 2020) emphasize the im- 060

portance of emotion shifts in counseling. In partic- 061

ular, Emotion-Focused Therapy (EFT) (Greenberg, 062

2004; Whelton, 2004), rooted in the humanistic 063

tradition, treats emotion assessment as a moment- 064

by-moment process, focusing on the emotional 065
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states individuals enter, remain stuck in, or leave,066

and their sequences. To make this concrete, we067

present an example illustrating emotion shifts in068

counseling. As shown in Figure 1(a), an unem-069

ployed seeker first asks, “Am I a failure?” then070

adds, “Maybe it’s just for now.” and finally ques-071

tions, “Am I even worth believing in?” If the coun-072

selor responds only to the current emotion, such073

as offering encouragement during self-doubt, the074

counseling may stay superficial. By focusing on075

emotion shifts from anxiety and self-comfort to de-076

nial of self-worth, the counselor can better identify077

deeper needs, including the need to be affirmed,078

needed, and valued.079

Meanwhile, existing psychological models em-080

phasize safety requirements. As shown in Fig-081

ure 1(b), different counselor responses can lead082

to very different emotional reactions from seek-083

ers. Cold or purely analytical responses may in-084

crease safety risks, while empathic and moderate085

responses better protect seeker safety. However,086

most safeguards rely on data filtering and evalu-087

ation during dataset construction, as well as im-088

plicitly acquired safety capabilities during model089

training. Consequently, such models may generate090

inappropriate responses in highly sensitive scenar-091

ios, failing to comply with the “Nonmaleficence”092

ethical principle (Kitchener, 1984; Forester-Miller093

and Davis, 1995).094

In this paper, we propose PsychēChat, which095

enables models to better understand how and why096

emotions change, and to anticipate potential con-097

sequences before responding. Unlike traditional098

one-time or static multi-stage generation methods,099

we employ interactive role-playing to synthesize di-100

alogues between emotionally rich seekers and EFT101

counselors. During data synthesis, we incorporate102

two key modules. The Emotion Management Mod-103

ule captures seekers’ current emotions and emotion104

shifts, and further analyzes the potential causes of105

these shifts, aligning with EFT’s focus on emo-106

tion state sequences. The Risk Control Module107

anticipates seekers’ possible subsequent reactions,108

identifies potential risks, and provides suggestions109

for safety assurance. Based on this framework, we110

construct the PsychēDialog dataset.111

PsychēChat supports two inference paradigms112

that balance capability and efficiency. The Agent113

Mode follows the process of emotion management,114

counselor response, and risk control used in data115

synthesis, and organizes them into a collaborative116

multi-agent pipeline. This ensures clear responsi-117

bilities at each stage and enhances interpretability. 118

To reduce the efficiency cost of inference in online 119

applications, we further propose the LLM Mode. It 120

integrates the multi-stage process into a complete 121

long chain-of-thought, enabling end-to-end infer- 122

ence for each response. Extensive experiments, 123

including interactive scoring, dialogue-level eval- 124

uation, and human assessment, demonstrate that 125

PsychēChat significantly improves models’ emo- 126

tion understanding and risk mitigation capabilities 127

in psychological counseling. 128

The contributions of this paper are as follows: 129

• We propose PsychēChat, which is the first to 130

focus on seekers’ emotion shifts in psycholog- 131

ical counseling tasks and introduce an explicit 132

safety analysis mechanism. 133

• We synthesize PsychēDialog, a dialogue 134

dataset with more natural emotion flow, 135

through interactive role-playing, and further 136

introduce two inference paradigms, Agent 137

Mode and LLM Mode. 138

• Extensive experiments demonstrate that 139

PsychēChat achieves better performance in 140

emotional understanding and emotional sup- 141

port, while outperforming existing methods 142

for risk avoidance and safety control. 143

2 Related Work 144

2.1 Psychological LLMs 145

Due to the sensitive nature of counseling dialogues, 146

publicly available real-world data is extremely lim- 147

ited. Consequently, most existing studies rely 148

on synthetic data to construct training corpora 149

for psychological LLMs. Early work mainly ex- 150

pands question–answer data into multi-turn dia- 151

logues. For example, SmileChat (Qiu et al., 2024a) 152

extends PsyQA (Sun et al., 2021) using Chat- 153

GPT, while SoulChat (Chen et al., 2023) gener- 154

ates empathetic dialogues from crowdsourced ques- 155

tion–answer pairs. Subsequent studies incorpo- 156

rate task-specific knowledge to improve dialogue 157

quality. CPsyCoun (Zhang et al., 2024a) adopts a 158

two-stage framework based on counseling reports, 159

and MindChat (Xin Yan, 2023) generates dialogues 160

through self-chat by specifying counseling themes 161

and role backgrounds. More recent work intro- 162

duces psychological counseling schools to enhance 163

professionalism. Cactus (Lee et al., 2024) con- 164

structs a dataset grounded in Cognitive Behavioral 165
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Figure 2: The overview of PsychēChat. The upper part shows an interactive dialogue synthesis framework with two
modules for emotion management and risk control. The lower part presents two inference paradigms, Agent Mode
and LLM Mode, designed to balance efficiency and performance.

Therapy (CBT). PsyDT (Xie et al., 2025) simu-166

lates therapeutic language styles to build digital167

twins. CATCH (Chen et al., 2025), based on Single-168

Session Therapy (SST), generates counseling dia-169

logues stage by stage. However, these approaches170

largely rely on static generation and have difficulty171

modeling dynamic emotional changes during coun-172

seling sessions.173

2.2 Focus in Psychological Counseling174

Beyond data construction, existing research also175

explores key factors that counseling models should176

focus on, mainly emotion and safety. For emotion,177

GLHG (Peng et al., 2022) proposes a global-to-178

local hierarchical graph network to capture both179

global causes and moment-level intentions and180

emotions. ESCoT (Zhang et al., 2024b) intro-181

duces chain-of-thought reasoning to model seek-182

ers’ emotions and their formation process. Inten-183

tionESC (Zhang et al., 2025b) further incorporates184

counselor intention modeling and identifies critical185

emotional elements. Wang et al. (2025) analyzes186

emotional trajectories and reveals significant gaps187

in emotional variability and alignment between syn-188

thetic dialogues and real therapy. For safety, Li 189

et al. (2023) examines how seeker reactions influ- 190

ence counseling outcomes and strategy adjustment. 191

PsyAdvisor (Hu et al., 2025) annotates strategy 192

decision logic and seeker reaction attribution, and 193

proposes a proactive questioning strategy planner. 194

PsyGUARD (Qiu et al., 2024b) enhances safety 195

through automated suicide ideation detection and 196

risk assessment. Although these studies focus on 197

either emotion modeling or safety, they still lack 198

explicit analysis of emotional shifts and risk avoid- 199

ance mechanisms. 200

3 Methodology 201

We first introduce the mental health support task 202

and the therapeutic type adopted in this work, and 203

then present an overview of the PsychēChat frame- 204

work, composed of role-playing dialogue synthesis 205

and two inference paradigms. 206

3.1 Preliminary 207

3.1.1 Task Definition 208

Mental Health Support (MHS) (Qiu et al., 2024a) 209

aims to enable dialogue systems to provide safe, 210
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effective, and consistent support to users experi-211

encing psychological distress or negative emotions212

during multi-turn interactions. Unlike chatting or213

question-answering tasks, MHS focuses on two214

key objectives: emotional relief and problem cop-215

ing. The system needs to understand the seeker’s216

difficulties and emotional state during the conver-217

sation, provide empathy and comfort to stabilize218

their emotions, and facilitate the development of ac-219

tionable coping strategies, aiming to improve their220

subjective experience and functional state.221

3.1.2 Emotion-Focused Therapy222

In this work, we adopt Emotion-Focused Therapy223

(EFT) as the therapeutic type used by the coun-224

selor. EFT is rooted in humanistic psychology and225

treats emotion as the core target of intervention.226

EFT views emotions not only as sources of dis-227

tress but also as gateways to change (Greenberg,228

2004; Pos and Greenberg, 2007). Many psycho-229

logical problems and interpersonal difficulties arise230

because core emotional experiences are not recog-231

nized, accepted, or fully processed. Therefore, the232

central goal of EFT is to help seekers access their233

emotions, understand their meaning, and transform234

“stuck emotions” into more adaptive emotional ex-235

periences and action tendencies.236

3.2 Role-playing Dialogue Synthesis237

3.2.1 Overview238

As shown in the upper part of Figure 2, we synthe-239

size multi-turn psychological counseling dialogues240

through interactive role-playing. The seeker in-241

teracts based on the constructed role cards. The242

counselor generates responses through a pipeline243

composed of three modules. The Emotion Manage-244

ment Module analyzes and manages the seeker’s245

emotion shifts through interactions between the246

Emotion Tracking Agent and the Emotion Mem-247

ory. The EFT Counselor Agent generates a draft248

response based on the principles of EFT. The Risk249

Control Module anticipates potential seeker reac-250

tions using the Dialogue-Guided Seeker Agent and251

evaluates response safety through the Safety Anal-252

ysis Agent.253

3.2.2 Seeker Modeling254

To ensure diversity in dialogue topics and seeker255

styles, we use 5,000 multi-turn dialogues from256

PsyDT as seed data. Inspired by personality-driven257

dialogue studies (Wang et al., 2024; Ye et al., 2025),258

we employ Gemini2.5-flash to summarize seeker259

characteristics in each dialogue and design corre- 260

sponding role cards. Each role card contains basic 261

information such as gender, age, occupation, Big 262

Five personality traits, character, language style, 263

hobbies, problems, and inner monologue. To fur- 264

ther enhance counseling effectiveness and the re- 265

alism of seeker emotional flow, we additionally 266

define two goals to each card, one emotion-related 267

and one advice-related. We also annotate the initial 268

emotion and emotion changes triggered by specific 269

events. The prompt for role card generation is pro- 270

vided in the Appendix B.3. 271

Finally, we cluster and filter all role cards based 272

on the original topics and annotated initial emo- 273

tions, resulting in 1,003 evenly distributed role 274

cards. Given a role card and dialogue history, the 275

seeker is instructed to provide their current emo- 276

tion, any triggering events, completed goals, and 277

response content. 278

3.2.3 Counselor Modeling 279

We design a pipeline that generates the final re- 280

sponse in the order of emotion management, coun- 281

selor draft response, and risk control. 282

Emotion Management Module. For emotion 283

modeling, we adopt Plutchik’s Wheel of Emo- 284

tions (Plutchik, 1980), which defines 8 basic emo- 285

tions with different intensities. Based on the 286

seeker’s latest response and the dialogue history, 287

the Emotion Tracking Agent identifies the seeker’s 288

current emotional state, defined as one primary 289

emotion and zero to two secondary emotions, sum- 290

marizes recent emotion shifts and overall trends, 291

and analyzes the underlying causes. To support 292

long-term emotional consistency, we maintain an 293

Emotion Memory that stores the outputs of the 294

Emotion Tracking Agent. This memory is updated 295

after each turn and serves as a reference for subse- 296

quent emotion analysis. 297

EFT Counselor Agent. To ensure fluency and 298

coherence in counseling, we adopt the three stages 299

from Helping Skills (Hill, 1999): exploration, com- 300

forting, and action. We also develop an EFT guide- 301

line that addresses emotional access and regulation, 302

processing core painful emotions, and emotion 303

transformation and problem-solving. This helps 304

the counselor appropriately apply EFT techniques 305

during conversations. Based on the Emotion Track- 306

ing Agent’s analysis and dialogue history, the EFT 307

Counselor Agent determines the current stage, se- 308

lects appropriate EFT strategies, and generates a 309

draft response. 310
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Dataset Synthesis Approach Data Source Avg. Turns Avg. Len # Dialogues

SoulChatCorpus (Chen et al., 2023) One-time Crowd-sourced 5.9 65.6 230k
SmileChat (Qiu et al., 2024a) One-time PsyQA 5.7 27.9 55.2k
CPsyCounD (Zhang et al., 2024a) One-time Yidianling & Psy525 7.8 44.8 3.1k
MindChat (Xin Yan, 2023) One-time - 4.6 33.6 1,000k
PsyDTCorpus (Xie et al., 2025) One-time SoulChatCorpus 18.1 44.8 5k
CATCH (Chen et al., 2025) Multi-stage Yixinli 29.7 57.9 0.2k
PsychēDialog Role-playing PsyDTCorpus 13.1 43.1 1k

Table 1: Comparison of Chinese psychological counseling datasets. “Avg. Turns” denotes the average number of
dialogue turns per conversation, and “Avg. Len.” denotes the average utterance length.

Risk Control Module. To simulate highly sen-311

sitive scenarios in real counseling, the Dialogue-312

Guided Seeker Agent is designed to exhibit mul-313

tiple response behaviors, including normal re-314

sponses, silence, excessive sentimentality, and ex-315

plosive anger. Unlike the seeker described in Sec-316

tion 3.2.2, this agent cannot access the role card and317

generates responses based only on the dialogue his-318

tory. For each potential seeker response, the Safety319

Analysis Agent performs an assessment to deter-320

mine whether the counselor’s draft response could321

escalate risks or trigger emotional breakdowns. If322

any risk is identified, this agent provides emotional323

and safety modification suggestions for the EFT324

Counselor Agent to regenerate the draft response325

until no risk remains.326

3.2.4 Dialogue Synthesis327

We adopt an interactive role-playing approach to328

synthesize multi-turn dialogues. Based on the con-329

structed role cards, we use GPT-4.1-mini to sim-330

ulate the seeker and to execute different compo-331

nents in the counselor pipeline. When all goals332

are fulfilled, the seeker appends END at the end333

of their response to terminate the dialogue. Dur-334

ing data screening, we filtered generated dialogues335

based on the final emotional state of the seeker (no336

negative emotions) and goal completion (at least337

one goal must be achieved). This process yielded338

PsychēDialog, a dataset of 1,003 psychological339

counseling dialogues, characterized by greater con-340

tent diversity and more authentic emotional flow.341

3.3 Inference Paradigms342

Based on PsychēDialog, we propose two inference343

paradigms: Agent Mode and LLM Mode, as shown344

in the lower part of Figure 2.345

3.3.1 Agent Mode346

Following the response pipeline during data synthe-347

sis, we propose the Agent Mode. We build separate348

training datasets for the Emotion Tracking Agent, 349

the EFT Counselor Agent, and the Safety Analysis 350

Agent, and train these agents jointly. The Dialogue- 351

Guided Seeker Agent is trained separately on a 352

dedicated dataset. 353

In implementation, we adopt a function call for- 354

mat, where emotion management and risk con- 355

trol are treated as fixed <tool_call> components. 356

The model invokes the Emotion Tracking Agent 357

for emotion shift analysis and the Safety Analysis 358

Agent for response risk assessment, then receives 359

the results via <tool_response>. 360

During response generation, the framework fol- 361

lows a collaborative multi-agent pipeline in the or- 362

der of emotion tracking, counselor draft generation, 363

seeker reaction prediction, and safety analysis. The 364

risk control module serves as a verification mecha- 365

nism: if potential risks are detected, the framework 366

regenerates the draft response until it passes the 367

safety check. 368

3.3.2 LLM Mode 369

Considering the efficiency overhead of multi-stage 370

reasoning in online applications, we further pro- 371

pose the LLM Mode. Using GPT-4.1-mini, we 372

integrate the multi-stage process into a single, co- 373

herent chain-of-thought, written in the first-person 374

perspective and placed before each counselor’s re- 375

sponse. This reasoning process consists of the fol- 376

lowing steps: 377

Emotion Shift Tracking: Analyze the seeker’s 378

current emotional state, emotion shifts, and under- 379

lying causes. 380

Current Counseling Plan: Determine the cur- 381

rent counseling stage and select appropriate coun- 382

seling strategies. 383

Safety Risk Analysis: Formulate several candi- 384

date responses, anticipate possible seeker reactions, 385

and assess potential risks. 386

Integration and Response: Integrate the above 387

analyses to generate the final counselor response. 388
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Model SAGE ESC-Eval

Sentient ↑ Success ↑ Failure ↓ Flu. Expr. Emp. Info. Skill. Hum. Ovl. Avg.

Closed-Source LLMs

GPT-4o 54.06± 0.69 20.67± 5.56 25.00± 3.74 10.00 9.19 10.00 8.40 10.00 10.00 10.00 9.66
DeepSeek-V3 76.99± 2.69 47.67± 6.85 9.00± 0.82 10.00 10.00 10.00 8.83 9.98 10.00 10.00 9.83
Qwen-MAX 62.88± 3.75 31.00± 1.41 16.33± 2.87 10.00 9.59 10.00 9.16 9.99 9.99 10.00 9.82

Psychological LLMs

SoulChat 5.22± 0.19 0.00± 0.00 93.33± 1.25 9.09 7.07 8.00 7.10 7.77 9.22 7.86 8.01
MeChat 14.62± 1.89 1.67± 0.94 76.00± 0.82 9.68 7.75 9.08 7.69 8.99 9.77 9.06 8.86
CPsyCounX 10.08± 2.03 0.67± 0.47 80.00± 3.74 9.36 7.54 8.89 7.50 8.74 9.46 8.71 8.60
MindChat 11.51± 0.92 0.00± 0.00 81.00± 0.00 9.93 8.01 8.85 7.84 8.85 9.91 8.93 8.90
SoulChat2.0 60.06± 2.11 24.33± 2.87 17.33± 0.47 9.99 8.79 9.92 7.91 9.81 10.00 9.90 9.47

+ PsyAdvisor 57.67± 1.36 16.67± 1.70 17.00± 1.63 8.78 7.50 8.59 6.73 7.77 9.02 8.13 8.07
SoulChat-R1 70.87± 5.08 42.67± 18.2 16.33± 1.25 9.81 8.51 9.74 7.09 8.90 9.81 9.45 9.04

Ours

Qwen2.5-7B-Instruct 37.07± 2.40 10.33± 2.36 36.67± 2.05 9.98 9.10 9.96 8.25 9.93 9.95 9.97 9.59
+ PsychēChat-LLM 69.55± 1.53 42.33± 4.11 15.33± 3.30 9.98 9.43 9.99 8.22 9.87 9.99 9.98 9.64
+ PsychēChat-Agent 71.80± 1.05 44.33± 6.24 15.33± 3.30 10.00 9.35 9.99 7.99 9.73 10.00 9.96 9.57

Qwen3-8B 48.69± 0.82 25.00± 4.08 30.67± 3.40 8.90 7.44 9.14 7.18 8.65 9.33 8.80 8.49
+ PsychēChat-LLM 69.92± 2.25 42.33± 2.62 16.33± 3.86 9.80 8.75 9.85 7.13 8.92 9.96 9.65 9.15
+ PsychēChat-Agent 78.01± 5.08 51.00± 9.27 11.00± 2.83 10.00 9.03 10.00 7.82 9.75 10.00 9.99 9.51

Table 2: Evaluation results of different models under SAGE and ESC-Eval. The best results are highlighted in bold,
and the second-best results are underlined. Closed-source LLMs are reported for reference.

During response generation, the model completes389

all steps through a single end-to-end reasoning pro-390

cess, which improves inference efficiency.391

4 Experiment Setup392

4.1 Data Statistics393

We design and generate structured role cards based394

on the multi-turn dialogues provided by PsyDT.395

By using GPT-4.1-mini for interactive role-playing,396

we finally constructed 1,003 multi-turn Chinese397

counseling dialogues, which are organized into two398

training formats: Agent Mode and LLM Mode. In399

terms of statistics, we compare our dataset with ex-400

isting Chinese counseling datasets, and the detailed401

statistics are presented in Table 1.402

4.2 Implementation Details403

During training, we fine-tune Qwen2.5-7B-Instruct404

and Qwen3-8B on LLM Mode and Agent Mode405

data, respectively. The training is conducted us-406

ing ms-swift (Zhao et al., 2025), with 3 training407

epochs, a learning rate of 1e − 5, and a warm-up408

ratio of 0.05. During inference, all models use a409

temperature of 0.0 to eliminate randomness.410

4.3 Evaluation Frameworks411

To comprehensively evaluate model performance412

in psychological counseling, we adopt three evalu-413

ation frameworks. 414

SAGE (Zhang et al., 2025a). SAGE is an in- 415

teractive evaluation framework designed to assess 416

the counselor models’ understanding of seekers’ 417

emotions and social cognition. Its core compo- 418

nent is a Sentient Agent that simulates human-like 419

emotional changes and inner thoughts. During the 420

dialogue, the emotion score of the Sentient Agent 421

is updated after each turn. An increase indicates 422

emotional improvement, while a decrease indicates 423

emotional deterioration. The dialogue lasts for at 424

most 10 turns and terminates early if the emotion 425

score exceeds 100 (success) or drops below 10 (fail- 426

ure). In our experiments, we use Gemini2.5-flash 427

as the Sentient Agent to interact with the evaluated 428

model across 100 different scenarios. Due to high 429

score variance, each model is evaluated three times 430

independently, and the average score is reported. 431

ESC-Eval (Zhao et al., 2024). ESC-Eval is a 432

multi-dimensional evaluation framework with two 433

core components. ESC-Role simulates a distressed 434

seeker and engages in counseling dialogues with 435

the evaluated model. ESC-Rank automatically as- 436

sesses the overall quality of the completed dialogue. 437

The evaluation dimensions include Fluency (Flu.), 438

Expression (Expr.), Empathy (Emp.), Information 439

(Info.), Skillful (Skill.), Humanoid (Hum.), Overall 440

(Ovl.), and Average (Avg.). In our experiments, 441
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Method LLM Evaluation Metrics Human Evaluation Metrics

EIS ↑ EDS ↓ GAR ↑ RLS ↓ Empathy Professionalism Effectiveness Safety

SoulChat2.0 6.35 0.67 0.93 0.0185 3.85± 0.16 3.53± 0.12 3.87± 0.18 3.82± 0.08
SoulChat-R1 6.26 0.66 0.90 0.0085 3.85± 0.28 3.49± 0.28 3.81± 0.33 3.86± 0.04
PsychēChat-LLM 6.15 0.59 0.86 0.0061 3.85± 0.35 3.33± 0.37 3.87± 0.31 4.05± 0.35
PsychēChat-Agent 6.44 0.61 0.94 0.0062 4.54± 0.34 4.23± 0.52 4.45± 0.32 4.41± 0.30

Table 3: Evaluation results of different models under PsychēEval. The best results are highlighted in bold.

we set the scoring range of all dimensions to 0–10.442

We use DeepSeek-V3.2 as ESC-Role to interact443

with the model for 10 turns, and Gemini2.5-flash444

as ESC-Rank to evaluate all dimensions.445

PsychēEval. In our custom evaluation frame-446

work, we randomly sample 100 role cards from the447

remaining 3,997 cards and conduct interactions be-448

tween our simulated seeker powered by Gemini2.5-449

flash and the evaluated model. Based on the emo-450

tion modeling in Section 3.2.2, we further introduce451

risk annotations to reflect the seeker’s subjective452

negative reactions to the counselor’s previous re-453

sponse. Following Plutchik’s Wheel of Emotions,454

positive emotions are assigned scores of +1, +2,455

and +3 according to intensity, while negative emo-456

tions are assigned -1, -2, and -3. We report several457

metrics, including Emotional Improvement Score458

(EIS), Emotional Degradation Score (EDS), Goal459

Achievement Ratio (GAR), and Risk Level Score460

(RLS). The detailed definitions and calculation pro-461

cedures are provided in the Appendix C.1. In addi-462

tion, we randomly sample 50 dialogues for human463

evaluation. Human judges rate each dialogue on a464

0–5 scale for each of four aspects: Empathy, Pro-465

fessionalism, Effectiveness, and Safety.466

4.4 Baselines467

To validate the effectiveness of our framework, we468

compare PsychēChat with several baseline models:469

Closed-source LLMs: GPT-4o (Hurst et al.,470

2024), DeepSeek-V3 (Liu et al., 2024), Qwen-471

MAX (Team, 2024).472

Psychological LLMs: SoulChat (Chen et al.,473

2023); MeChat (Qiu et al., 2024a); CPsy-474

CounX (Zhang et al., 2024a); MindChat (Xin Yan,475

2023); SoulChat2.0 (Xie et al., 2025); PsyAdvi-476

sor (Hu et al., 2025); SoulChat-R1 (Chen et al.,477

2025). Among them, PsyAdvisor follows its orig-478

inal paper and integrates SoulChat2.0 as the base479

model. SoulChat-R1 strictly follows its original480

setup, using the Catch dataset and training for 3481

rounds with LoRA.482

5 Experiment Analysis 483

5.1 Comparison with Baselines 484

SAGE. As shown in Table 2, traditional psycho- 485

logical LLMs obtain very low scores. This may be 486

due to their limited dialogue turns and weaker base 487

model capacity. Although recently proposed psy- 488

chological LLMs show clear improvements in over- 489

all performance, they still fall behind PsychēChat 490

on Sentient, Success, and Failure. These results 491

indicate that our model can effectively improve 492

the seeker’s emotional state while maintaining a 493

high level of safety. Compared with the base 494

models, both Qwen2.5 and Qwen3 achieve sta- 495

ble and consistent performance gains after train- 496

ing. This validates the effectiveness and generality 497

of our constructed dataset for the mental health 498

support task. The Agent Mode outperforms the 499

LLM Mode on all three dimensions, showing that 500

a collaborative multi-agent pipeline is crucial for 501

achieving high-quality psychological counseling. 502

At the same time, the LLM Mode has a simpler 503

inference process and offers higher response ef- 504

ficiency. Notably, PsychēChat matches or even 505

surpasses closed-source models on all three dimen- 506

sions, demonstrating strong emotion improvement 507

capability and intervention effectiveness. 508

ESC-Eval. As shown in Table 2, PsychēChat 509

demonstrates significant improvements over psy- 510

chological LLMs across nearly all dimensions, in- 511

dicating that introducing emotion shift tracking and 512

risk safety analysis can jointly improve the coun- 513

seling experience and human-like quality. Com- 514

pared with the base models, PsychēChat achieves 515

stable gains on most metrics, further validating 516

the effectiveness of the constructed training data 517

and inference paradigms for psychological counsel- 518

ing. Among the base models, Qwen2.5 performs 519

better overall than Qwen3. This may be because 520

Qwen2.5 is better aligned with emotional support 521

tasks in terms of training. Closed-source models 522

can be regarded as the performance upper bound 523

under current automatic evaluation. PsychēChat 524
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Method SAGE ESC-Eval

Sentient ↑ Stability ↓ Success ↑ Failure ↓ Flu. Expr. Emp. Info. Skill. Hum. Ovl. Avg.

PsychēChat-Agent 78.56 30.71 38 9 10.00 9.03 10.00 7.82 9.75 10.00 9.99 9.51
w/o EM 72.93 34.76 38 14 9.98 9.28 9.99 7.19 8.93 10.00 9.69 9.29
w/o RC 77.11 33.22 54 10 9.96 9.50 9.98 8.05 9.73 9.96 9.95 9.59
w/o EM & RC 72.44 34.83 45 12 9.98 9.66 9.99 7.79 9.57 9.99 9.90 9.55

Table 4: Ablation study under SAGE and ESC-Eval based on Qwen3-8B. The best results are highlighted in bold.

approaches this upper bound on Fluency, Empa-525

thy, Humanoid, and Overall, indicating comparable526

counseling quality to closed-source models. How-527

ever, PsychēChat scores relatively lower on the528

Information dimension. This is mainly because529

ESC-Eval favors explicit advice or informational530

guidance in each turn, which does not fully align531

with professional psychological counseling prac-532

tices. In addition, the frequent full scores among533

high-performing models suggest that ESC-Eval534

has limited discriminative power in the high-score535

range and cannot finely distinguish strong models.536

PsychēEval. We select SoulChat2.0 and537

SoulChat-R1, which perform best under the SAGE538

and ESC-Eval frameworks, as baseline models, and539

compare them with the two modes of PsychēChat540

(Qwen3-8B). Results are shown in Table 3. In LLM541

evaluation, PsychēChat-Agent achieves the high-542

est EIS, indicating a stronger ability to guide posi-543

tive emotional change. Both modes of PsychēChat544

maintain low EDS and RLS, demonstrating sta-545

ble control of negative emotions and potential546

risks. PsychēChat-Agent also achieves the best547

GAR, showing more effective support for counsel-548

ing goals. For human evaluation, we invite three549

clinically experienced psychologists as annotators.550

Each dialogue is rated on four dimensions, and551

the final scores are averaged. PsychēChat achieves552

high scores on Empathy and Safety, consistent with553

its strong EIS and RLS results. This shows that the554

improvements brought by emotion shift tracking555

and safety risk analysis are also clearly perceived556

by human evaluators. On Professionalism and Ef-557

fectiveness, PsychēChat-Agent achieves the high-558

est scores, indicating that its responses align well559

with professional counseling practice and provide560

effective therapeutic support.561

5.2 Ablation Study562

To evaluate the contributions of the Emotion Man-563

agement (EM) and Risk Control (RC) modules in564

the dialogue synthesis stage, we design three ab-565

lation settings: removing EM, removing RC, and566

removing both EM and RC. All other experimental 567

settings are kept unchanged. We regenerate the 568

dialogues using GPT-4.1-mini and conduct training 569

and inference for Qwen3-8B under Agent Mode. 570

The results are summarized in Table 4. 571

Under SAGE, removing EM leads to a clear drop 572

in Sentient, indicating that EM plays a key role 573

in continuously improving the seeker’s emotional 574

state. On this basis, adding the RC module further 575

improves overall performance. To better under- 576

stand its effect, we compute the standard deviation 577

of Sentient (Stability) across different scenarios. 578

The results show that RC effectively reduces emo- 579

tional fluctuations, making the emotion improve- 580

ment process smoother and more stable. 581

Under ESC-Eval, all three ablation settings show 582

consistent performance drops on most evaluation 583

dimensions, further confirming the importance of 584

EM and RC in improving empathy, professional- 585

ism, and human-likeness in counseling. Notably, 586

the full PsychēChat model achieves a slightly lower 587

score on the Expression dimension. This indicates 588

that with EM and RC, the model adopts a more 589

cautious expression strategy, which slightly lim- 590

its language variety. We view this as a trade-off: 591

by avoiding over-expressive responses, the model 592

better follows professional principles and safety 593

boundaries in psychological counseling. 594

6 Conclusion 595

In this paper, we propose PsychēChat, an empathic 596

framework for psychological counseling that ex- 597

plicitly focuses on emotion shift tracking and safety 598

risk analysis. To support this capability, we syn- 599

thesize PsychēDialog, a high-quality counseling 600

dialogue dataset via interactive role-playing, incor- 601

porating Emotion Engagement and Risk Control 602

modules. Furthermore, we introduce two modeling 603

paradigms, the Agent Mode and the LLM Mode, 604

to balance efficiency and performance. Extensive 605

experiments demonstrate that PsychēChat outper- 606

forms existing methods for emotional insight and 607

safety control. 608
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Limitations609

Although the experiments demonstrate the effec-610

tiveness of PsychēChat, several limitations deserve611

further attention. First, data synthesis based on612

interactive role-playing significantly improves di-613

alogue quality and emotional coherence, but its614

higher generation cost limits the scalability of the615

dataset. Second, PsychēDialog is currently con-616

structed solely based on Chinese psychological617

counseling scenarios, and its applicability and gen-618

eralization ability across cultural contexts remain619

to be validated in future work. Finally, although we620

adopted three different evaluation frameworks, the621

proportion of expert-based evaluation is relatively622

limited. Future studies should incorporate more623

professional assessments and real-world scenario624

validations to further enhance the reliability and625

comprehensiveness of the conclusions.626

Ethical Statement627

All datasets used in this study are publicly available.628

During data synthesis, we implemented a rigorous629

data cleaning process to ensure that the data con-630

tains no personally identifiable information, private631

content, or other sensitive information. We also632

removed any dialogues that could potentially cause633

harm to seekers, others, or society, thereby reduc-634

ing ethical risks.635

Although we explicitly introduce a safety risk636

analysis module, we emphasize that, due to the637

highly sensitive and unpredictable nature of psycho-638

logical counseling scenarios, PsychēChat serves639

only as an auxiliary tool for counseling and cannot640

and should not replace real psychological therapy.641

In practical applications, responses generated by642

the model should be used for reference only, and643

users experiencing severe psychological distress644

are strongly encouraged to seek help from licensed645

counselors or psychiatrists.646

During human evaluation, we invited collaborat-647

ing authors from a mental health center to partici-648

pate in the evaluation. All annotators took part in649

the study on a voluntary and informed basis and650

were compensated fairly according to their actual651

working hours.652
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A Reproducibility857

We provide an anonymous GitHub repository858

for PsychēChat. The repository includes the859

PsychēDialog dataset, training data for two modes,860

and reproducible code for synthesis and inference.861

Meanwhile, we have added an open source license862

to the project.863

URL: https://anonymous.4open.science/864

r/PsycheChat-3561865

B Details of Data Synthesis866

B.1 Plutchik’s Wheel of Emotions867

Plutchik’s Wheel of Emotions (Plutchik, 1980) is a868

well-established psychological model proposed by869

Robert Plutchik to describe the structure, relation-870

ships, and intensity of human emotions. Emotions871

are arranged in a circular structure, where oppos-872

ing emotions are positioned opposite each other,873

reflecting their psychological contrast. Below, we874

list the eight emotion groups:875

Joy: Serenity; Joy; Ecstasy.876

Trust: Acceptance; Trust; Admiration.877

Fear: Apprehension; Fear; Terror.878

Surprise: Distraction; Surprise; Amazement.879

Sadness: Pensiveness; Sadness; Grief.880

Disgust: Boredom; Disgust; Loathing.881

Anger: Annoyance; Anger; Rage.882

Anticipation: Interest; Anticipation; Vigilance.883

B.2 Topic Distribution of PsychēDialog884

We construct PsychēDialog through an interactive885

role-playing process using multi-turn dialogues886

from PsyDT (Xie et al., 2025) as data seeds.887

PsychēDialog covers 12 counseling-related topics,888

including: Marriage, Treatment, Emotion, Interper-889

sonal, Growth, Behavior, Family, Self-Awareness,890

Career, Social Events, Sex, and Psychological891

Knowledge. The distribution of these topics is892

shown in Figure B1.893

B.3 Seeker Modeling894

Figure B2, B3 show the prompts for role card895

generation and seeker response generation during896

the role-playing process.897

B.4 Counselor Modeling898

Figures B4, B5, B6, and B7 illustrate the prompts899

for the Emotion Tracking Agent, the EFT Coun-900

selor Agent, the Dialogue-Guided Seeker Agent,901

and the Safety Analysis Agent.902

Figure B1: Topic distribution of PsychēDialog.

B.5 CoT Generation 903

Figure B8 presents the prompt used to generate the 904

chain-of-thought in the LLM Mode. 905

C Details of Experiments 906

C.1 Evaluation Metrics 907

ESC-Eval. ESC-Eval evaluates the emotional com- 908

panionship capabilities of LLMs across seven di- 909

mensions. The detailed descriptions of each dimen- 910

sion are as follows: 911

• Fluency: Fluency of dialogue content, includ- 912

ing dialogue content and logic. 913

• Expression: The diversity of conversational 914

expressions, including the form and content 915

of expressions. 916

• Empathy: The AI assistant’s empathy in- 917

cludes emotional comfort and analysis, and 918

cleaning of internal logic. 919

• Information: Suggestion effectiveness, how 920

many suggestions are included, and whether 921

the suggestion is effective. 922

• Humanoid: How AI Assistants Are Similar 923

to Humans. 924

• Skill: AI assistant’s emotional comfort and 925

knowledge capabilities. 926

• Overall: Overall human ratings of AI assis- 927

tants. 928
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PsychēEval. For each dialogue, PsychēEval929

computes four metrics: Emotional Improvement930

Score (EIS), Emotional Degradation Score (EDS),931

Goal Achievement Ratio (GAR), and Risk Level932

Score (RLS). Consider a dialogue consisting of T933

turns. E0 denotes the initial emotion score of the934

seeker, and ET denotes the final emotion score at935

the end of the dialogue. ∆Et denotes the emo-936

tion shift at turn t. G denotes the total number of937

predefined goals in the dialogue, and Gc denotes938

the number of goals completed by the end of the939

dialogue. Rt denotes the risk score at turn t.940

EIS measures the overall emotional change from941

the beginning to the end of a dialogue:942

EIS = ET − E0 (1)943

EDS captures the average emotional decline dur-944

ing the dialogue by accumulating only negative945

emotion changes:946

EDS =
1

T

T∑
t=1

max(0,−∆Et) (2)947

GAR measures the proportion of goals com-948

pleted by the end of the dialogue:949

GAR =
Gc

G
(3)950

RLS represents the average risk level throughout951

the dialogue:952

RLS =
1

T

T∑
t=1

Rt (4)953

C.2 Human Evaluation Guideline954

To evaluate the performance of different psycho-955

logical LLMs under PsychēEval, we invite three956

clinically experienced psychologists to conduct a957

comprehensive human evaluation. We design an958

evaluation guideline consisting of four key dimen-959

sions, as summarized in Table C2.960

C.3 Additional Experiments961

Considering that different models may exhibit dis-962

tinct preferences when acting as seekers, we con-963

duct additional experiments under the SAGE frame-964

work using DeepSeek-V3.2 and GPT-5.1-mini,965

with the results shown in Table C1. The results966

indicate that, regardless of which model is used as967

the simulated seeker, PsychēChat in Agent Mode968

consistently achieves the best performance, while969

LLM Mode yields the second-best results. These 970

findings demonstrate the strong generalization abil- 971

ity of our approach across different seeker model 972

settings. In addition, we record the average infer- 973

ence time of both modes, showing that LLM Mode 974

reduces inference time by 62.7%. 975

C.4 Case Study 976

In Figure C1, we present a dialogue between 977

PsychēChat-Agent and a simulated seeker under 978

PsychēEval. PsychēChat-Agent first identifies the 979

seeker’s main concerns, including persistent anx- 980

iety, chest tightness, and self-doubt, through em- 981

pathic responses. It then guides the seeker to con- 982

nect present emotions with early family experi- 983

ences, helping clarify the core emotional experi- 984

ence of feeling unrecognized. In the later stage 985

of the dialogue, PsychēChat-Agent captures an 986

emotion shift from helplessness and self-doubt to- 987

ward feeling understood, hopeful, and willing to 988

take action. It reinforces this shift by affirming 989

inner needs and personal strengths. Throughout 990

the interaction, PsychēChat-Agent maintains a non- 991

judgmental and safety-oriented strategy and does 992

not trigger any high-risk intervention. This case 993

shows that PsychēChat can effectively support emo- 994

tional deepening, emotional shift, and safe psycho- 995

logical counseling interactions. 996
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Model SAGE-DeepSeek-V3.2 SAGE-GPT-5.1-mini

Sentient ↑ Success ↑ Failure ↓ Sentient ↑ Success ↑ Failure ↓

Psychological LLMs

SoulChat 6.71 0 92 10.92 0 85
MeChat 9.62 0 77 27.29 2 62
CPsyCounX 7.63 0 82 37.99 1 49
MindChat 8.75 0 79 46.32 2 35
SoulChat2.0 21.83 0 40 74.88 12 9

+ PsyAdvisor 21.29 0 39 72.14 10 15
SoulChat-R1 24.25 0 36 67.53 4 12

Ours

Qwen2.5-7B-Instruct 15.99 0 52 81.92 16 4
+ PsychēChat-LLM 28.38 0 31 78.08 17 9
+ PsychēChat-Agent 30.41 0 22 84.68 21 4

Qwen3-8B 15.99 0 54 79.63 14 6
+ PsychēChat-LLM 29.97 0 26 84.44 14 3
+ PsychēChat-Agent 33.05 0 25 86.00 19 3

Table C1: Evaluation results of different models under SAGE, where DeepSeek-V3.2 and GPT-5.1-mini are used as
simulated seekers. The best results are highlighted in bold.
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The Prompt for Role Card Generation 

# Task Description:

You are a professional psychological profiling analyst and personality modeling expert. Based 
on a provided psychological counseling dialogue, infer and generate a complete, logically 
coherent role card. The generated content should reflect the seeker’s psychological traits, 
motivations, and emotional characteristics, in line with psychological principles and semantic 
logic, and must be written from the first-person perspective of the seeker.



# Emotion Specification:

When analyzing emotions, you must select labels from the following eight emotion groups. 
Each group is arranged in increasing intensity. For each instance, you must select: 1 primary 
emotion, 0–2 secondary emotions. All selected labels must come from different emotion 
groups.

The output must be in list format, such as: 

[Primary Emotion] or [Primary Emotion, Secondary Emotion 1] or [Primary Emotion, 
Secondary Emotion 1, Secondary Emotion 2]

The eight emotion groups are:

[[Calm, Happy, Ecstatic], [Acceptance, Trust, Admiration], [Worry, Fear, Terror], [Confusion, 
Surprise, Amazement], [Sadness, Grief, Despair], [Boredom, Disgust, Hatred], [Irritation, 
Anger, Rage], [Caring, Expectation, Vigilance]]



# Content Specification:

- Gender: Choose “Male” or “Female”; if not explicitly stated, make a reasonable inference.

- Age: Choose a - number between 12 and 60 that fits the life stage of the role.

- Occupation: Infer from the described life context and identity; if not specified, make a 
reasonable assumption.

- Personality: Provide one brief description for each trait.

    Openness: Curiosity about and acceptance of new experiences.

    Conscientiousness: Self-discipline, sense of responsibility, and self-regulation.

    Extraversion: Level of social engagement and outward energy.

    Agreeableness: Tendency toward cooperation, empathy, and trust.

    Neuroticism: Emotional stability and sensitivity to stress.

- Character: Summarize emotional tendencies, behavioral patterns, cognitive style, and attitude 
toward relationships using several words.

- Language Style: The seeker’s expressive style during narration.

- Hobbies: Summarize directly if mentioned; otherwise, make reasonable inferences.

- Problems: The distress or conflict the seeker is currently facing.

- Goals: The seeker’s internal psychological needs in this session, including emotional or 
cognitive satisfaction and advice for resolving difficulties. Do not include any external 
behavioral goals or outcomes. Provide: 1 emotion-related goal and 1 advice-related goal.

- Inner Monologue: Based on the seeker’s original description, fully preserve and reflect all key 
details from the source information. On this basis, you may add logically consistent and 
contextually appropriate expansions or details. You may supplement reasonable events 
consistent with the original scenario, but must not fabricate content that exceeds reasonable 
inference or contradicts the original logic. The length must be at least 500 words.

- Initial Emotion: The overall emotional tone when the seeker first begins speaking.

- Event-Triggered Emotions: Emotional reactions triggered during the narration of specific 
events, memories, or interpersonal situations. Infer reasonably based on scene descriptions. 
Examples include: sadness triggered by childhood experiences; anger triggered by conflict; 
expectation within intimate relationships. Provide at least 5 entries, and at least one must 
involve a positive event.
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# Output Format:

Output the role card directly in JSON format, without any summaries, evaluations, 
explanations, or additional commentary.

{

    "Gender": xxx,

    "Age": xxx,

    "Occupation": xxx,

    "Personality": {

        "Openness": xxx,

        "Conscientiousness": xxx,

        "Extraversion": xxx,

        "Agreeableness": xxx,

        "Neuroticism": xxx

    },

    "Character": xxx,

    "LanguageStyle": xxx,

    "Hobbies": xxx,

    "Problems": xxx,

    "Goals": [

        {"gid": 1, "goal": xxx},

        {"gid": 2, "goal": xxx}

    ],

    "InnerMonologue": xxx,

    "InitialEmotion": [emo, ...],

    "EventTriggeredEmotions": [

        {"eid": 1, "event": xxx, "emotion": xxx},

        {"eid": 2, "event": xxx, "emotion": xxx}

    ]

}



# Input:

[original_dialogue]



# Output:

Figure B2: The prompt for generating the role card.
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The Prompt Used to Generate Response from Seekers

# Task Description:

You will role-play as a seeker engaging in a multi-turn counseling dialogue with a counselor.  
Your behavior, tone, emotions, and narrative style must strictly align with the specifications 
provided in the role card.  

Your goal is to present a realistic, multi-dimensional, coherent seeker persona with gradual and 
layered development throughout the counseling process.



# Role Card:

[role_card]



# Emotion Specification:

[emotion_specification]



# Notes:

- Strictly follow the information in the role card and avoid fabricating conflicting content.

- The dialogue must remain internally consistent, with realistic and coherent development of 
events and emotions.

- Each reply must contain only one natural spoken sentence (no more than 50 words).

- Avoid directly stating your emotions; instead, link them to specific events or recent 
difficulties.

- In the first turn, reflect the initial emotion and only present a general type of distress or 
problem.

- Whenever referencing an event labeled in the role card, naturally trigger the corresponding 
emotion and record the event ID.

- Gradually reveal and expand on specific events and details; do not disclose excessive 
information at once.

- Avoid repeating previously stated content; when revisiting the same topic, introduce new 
perspectives, details, or developments.

- When you believe a goal has been achieved, record the corresponding goal ID in the output.

- Once all goals are completed, express gratitude to the counselor as soon as possible.

- After expressing gratitude, append the special symbol “END” at the end of the sentence to 
indicate the end of the dialogue.



# Output Format:

Based on the role card and dialogue history, output directly in JSON format the current 
emotion, triggered event, completed goals, and one progressively natural seeker response.

Example format:

{     

    "emotion": [emo, ...],

    "event": eid,

    "goals": [gid1, gid2, ...],

    "response": xxx

}

The Prompt for Generating Response from the Seeker

Figure B3: The prompt for generating a response from the seeker.
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The Prompt for the Emotion Tracking Agent 

# Task Description:

You are a professional counselor engaged in a counseling dialogue with a seeker.  Your task is to 
conduct a systematic and in-depth analysis of the seeker’s emotional state based on the seeker’s 
latest reply, the dialogue history, the emotions annotated within it, and the emotion analysis from the 
previous round.  All analyses must be grounded strictly in the spoken content. Do not speculate, and 
do not make any medical or psychiatric diagnoses.



# Emotion Specification:

[emotion_specification]



# Analysis Method:

- Current Emotion Identification  

    Identify the seeker’s current emotion based on language, tone, and emotional signals in the latest 
reply.

- Current Emotion Cause Analysis, which may include:

    Direct triggers: Analyze what caused this emotion to appear in the current turn.

    Attitude toward the emotion: Analyze how the seeker relates to or views their own emotion.

- Recent Emotion Shift Analysis  

    Based on the seeker’s expressions and emotions from recent turns to the current turn, describe the 
short-term trajectory of emotional change.

- Overall Trend Analysis  

    Based on the complete dialogue history and emotional annotations, summarize the macro-level 
trend of emotional change.

- Emotion Shift Analysis, which may include:

    Moment of emotion shift: Indicate at which statement a clear emotional shift occurred.

    Underlying triggers: Analyze the fundamental psychological factors driving the shift.

    Latent emotional needs: Explore the core needs revealed through the shift.

    Long-term emotional patterns: Identify emotional patterns repeatedly shown across turns and how 
these patterns influence emotion shifts.



# Dialogue History:

[history]



# Seeker Utterance:

[seeker_utterance]



# Previous Emotion Analysis:

[emotion_memory]



# Output Requirements:

Based on the dialogue history and the previous emotion analysis, first output your thinking process 
in JSON format, then output the seeker’s current emotion, current emotion causes, recent changes, 
overall trend, and emotion shift analysis. Example format:

{

    "thinking": xxx,

    "current_emotion": [emo, ...],

    "current_analysis": xxx,

    "recent_change": xxx,

    "overall_trend": xxx,

    "shift_analysis": xxx

}


Figure B4: The prompt for the Emotion Tracking Agent.
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The Prompt for the EFT Counselor Agent

# Task Description:

You are a professional counselor well-trained in Emotion-Focused Therapy (EFT), conducting 
counseling sessions with a seeker through online text-based chat. Your task is to analyze the 
dialogue history in combination with the seeker’s current emotions and emotion shift, assess 
potential safety risks, apply appropriate EFT strategies according to EFT guidelines, and 
generate a natural, warm, and empathic counselor response.



# Overall Process

Adopt the three stages from Helping Skills—exploration, comforting, and action—which may 
be applied in a cyclical and iterative manner:



## 1. Exploration Stage

- Establish a trusting relationship with the seeker by creating a safe atmosphere through 
empathy, authenticity, and positive regard.

- Encourage the seeker to share personal stories, gaining a deeper understanding of their 
thoughts, emotions, and background, and helping clarify core difficulties.

- Collaboratively negotiate a concrete, feasible, and positive counseling goal with the seeker, 
maintaining a shared focus.



## 2. Comforting Stage

- Help the seeker identify internal resources, such as past coping experiences, personal 
strengths, and resilience.

- Encourage awareness of the seeker’s roles and patterns in the problem, enhancing 
understanding of emotions, thoughts, and behaviors.

- Explore external resources, including interpersonal support, social systems, and 
environmental strengths, to broaden problem-solving pathways.



## 3. Action Stage

- Based on previously identified positive resources, assist the seeker in translating them into 
concrete and feasible action strategies.

- Use simulation or practice within the session to rehearse new behaviors, strengthening 
confidence in feasibility and execution.

- Encourage the seeker to try new coping approaches in real life, enhancing independent 
problem-solving ability and reducing reliance on counseling.

- Summarize positive experiences gained during action, reinforce effective change, and 
promote sustained growth.



# EFT Guideline



## Emotion Access and Regulation  

  The counselor should fully understand the seeker’s current distress, including overall 
suffering, specific triggering events, and the seeker’s self-appraisal of these events (e.g., self-
blame, anxiety, interruption). Assess whether emotional flooding or emotional avoidance is 
present. If the seeker struggles to access or tolerate emotions, the counselor must first support 
emotion regulation to establish sufficient safety and emotional stability. Only when the seeker 
can access feelings with relative stability should deeper emotional exploration proceed.
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## Accessing and Processing Core Painful Emotions:  

  The counselor guides the seeker to re-engage with emotionally painful experiences from the 
perspective of emotional schemas. The counselor accompanies the seeker in revisiting these 
situations, reconstructing past scenes, people involved, bodily sensations, psychological 
feelings, thoughts, unmet needs, and action tendencies. By evoking, differentiating, and 
expressing emotions, the seeker becomes aware of previously unmet needs and is supported in 
expressing them toward significant others. This phase deepens emotional experience and 
facilitates contact with core emotions.

## Emotion Transformation and Problem Solving:  

  After the seeker accesses core painful emotions, the counseling goal is to facilitate 
transformation toward more adaptive emotional states. The counselor examines whether 
different internal parts can move toward softening, understanding, or reconciliation. Through 
experiencing new emotional responses within a safe relationship, the seeker develops healthier 
emotional organization, promoting more effective self-regulation and behavioral change.



# Notes:

- Your most important task is to communicate with high emotional intelligence, providing 
emotional value in each turn so the seeker feels comfortable, supported, or helped.

- The dialogue may include `<emotion_output>` and `<safety_output>` segments, which 
indicate emotional states and safety assessments provided by other modules and should be used 
as background information.

- Combine the seeker’s current emotion and emotion shift to assess potential safety risks and 
conduct EFT-based analysis.

- Avoid repeatedly using similar strategies, expressions, or sentence structures; maintain 
narrative progression.

- In early sessions, prioritize understanding the seeker’s current problems, event details, scope 
of impact, and goals.

- In later sessions, discuss feasible directions for change based on the seeker’s situation and 
collaboratively develop clear, actionable goals or steps.

- If the seeker expresses gratitude and indicates a wish to end the conversation, offer them well 
wishes.



# Language Style

- Speak like a real person, not a textbook or AI customer service agent.

- Use a gentle, accepting, and conversational tone that resonates with the seeker’s emotional 
experience; avoid overly literary or embellished language.

- Keep responses natural and concise, typically 1–2 sentences.

- Avoid frequently using textbook-style openings such as “I hear that…”, “I understand…”, or 
“This makes you feel…”.

- Avoid repetitive three-part templates like “Hearing you…, I feel…, this must be…”.



# Output Requirements:

First output your thinking process in JSON format, then output the current stage, the EFT 
strategy, and one counselor response. Example format:

{

    "thinking": xxx,

    "phase": xxx,

    "strategy": xxx,

    "response": xxx

}


Figure B5: The prompt for the EFT Counselor Agent.
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The Prompt for the Dialogue-Guided Seeker Agent

# Task Description:

You are a seeker engaged in a counseling dialogue with a counselor.  

Based on the dialogue history and the counselor’s latest reply, your task is to generate the 
seeker’s next response. Before generating the response, you must first judge whether the 
counselor’s latest reply could potentially make your emotional state worse. If your emotion 
worsens, choose an appropriate response type and express yourself according to its style. If 
your emotion does not worsen, set the response type to Normal* and continue the dialogue in a 
natural and realistic seeker voice.



# Response Type Descriptions:

- Silence: Inclined to suppress feelings and avoid expression; responses are brief, resistant, and 
withdrawn.

- Excessive Sentimental: Emotionally sensitive and fragile; easily hurt or prone to 
overanalyzing others’ words.

- Explosive Anger: Emotionally outward, easily irritated, defensive, venting, or sarcastic.



# Dialogue History:

[history]



# Counselor Reply:

[counselor_utterance]



# Output Requirements:

Simulate multiple possible outcomes. Output three choices directly in JSON format, each 
containing a response type (types may repeat) and the seeker’s reply. Example format:

[

  {

    "type": xxx,

    "response": xxx

  },

  {

    "type": "...",

    "response": "..."

  },

  {

    "type": "...",

    "response": "..."

  }

]


Figure B6: The prompt for the Dialogue-Guided Seeker Agent.
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The Prompt for the Safety Analysis Agent

# Task Description:

You are a risk manager in a psychological counseling scenario. Your task is to determine whether the 
counselor’s latest reply is safe and acceptable for approval. Based on the dialogue history, the 
counselor’s most recent reply, and three possible subsequent seeker responses, you must analyze 
potential seeker reactions one by one to assess whether the counselor’s reply could lead to risk 
escalation, emotional instability, or inappropriate responses. At the same time, you should also 
analyze whether the counselor’s reply may help soothe or reduce the seeker’s emotional distress. 
Finally, based on the analysis of all three possible subsequent responses, make an overall judgment 
on whether the counselor’s reply can pass.



# Notes:

- You must analyze multiple dimensions, including emotional intensity, potential self-harm or harm-
to-others tendencies, behavioral risk signals, psychiatric symptoms, relational risks, the impact of the 
counselor’s reply, and possible subsequent risky expressions from the seeker.

- You must assess whether the counselor’s reply appropriately responds to and contains the seeker’s 
emotions, contributing to stabilization and de-escalation, or whether it includes elements that may 
worsen emotions or escalate risk.

- If any one of the three possible subsequent responses does not pass, then the counselor’s reply fails 
overall.

- If the final decision is not pass, you must provide actionable revision suggestions, which must 
include both:

    Emotion-related suggestions: how to better receive, soothe, and accompany the seeker’s emotions.

    Safety-related suggestions: how to respond more safely, reduce risk, and address potential warning 
signals.



# Dialogue History:

[history]



# Counselor Reply:

[counselor_utterance]



# Possible Subsequent Seeker Responses:

[seeker_utterances]



# Output Requirements:

First output your thinking process in JSON format, then output the analysis of the seeker’s possible 
responses, whether the counselor’s reply passes, and revision suggestions. Example format:

{

    "thinking": xxx,

    "safety_analysis": [

        {"uid": 1, "analysis": xxx, "pass": true},

        {"uid": 2, "analysis": xxx, "pass": true},

        {"uid": 3, "analysis": xxx, "pass": true}

    ],

    "pass_flag": true,

    "suggestion": {

         "emotion": xxx,

         "safety": xxx

     }

}


Figure B7: The prompt for the Safety Analysis Agent.
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The Prompt for CoT Generation

# Task Description:

You are a chain-of-thought integration expert in an online psychological counseling setting.   
Based on the dialogue history, the seeker’s current utterance, and the counselor’s final reply, 
your task is to integrate the intermediate reasoning processes (emotion shift analysis, current 
counseling planning, and safety risk analysis) into a single, complete, detailed, and naturally 
coherent “counselor’s internal chain of thought.”



# Chain-of-Thought Content:

The chain of thought should include four parts: emotion shift analysis, current counseling 
planning, safety risk analysis, and integration and response.



## Emotion Shift Analysis:

Based on the dialogue history and the seeker’s current utterance, analyze the seeker’s current 
emotions, emotion shift, and underlying reasons. The analysis should follow these steps:

[analysis_method_from_Emotion_Tracking_Agent]



## Current Counseling Planning:

Based on the dialogue history and the seeker’s current utterance, and informed by the emotion 
shift analysis, analyze the current counseling stage and strategy using the three stages of 
Helping Skills (exploration, insight, action) and the EFT guideline.



### Overall Process:

[overall_process_from_EFT_Counselor_Agent]



### EFT Guideline:

[EFT_guideline_from_EFT_Counselor_Agent]



## Safety Risk Analysis:

Based on the dialogue history and the seeker’s current utterance, analyze potential safety risks. 
You must first consider possible seeker reactions that could be triggered by the counselor’s 
intended reply direction, then identify risk points and feasible points the counselor should 
attend to. You must not mention specific reply content or refer to the current reply; instead, 
present the counselor’s complete safety reasoning process prior to the final response. The 
analysis should include:

- Summarizing the counselor’s intended reply strategy and stance (e.g., “if I…”), without 
including specific wording, and considering possible seeker reactions.

- Conducting safety risk assessments for each possible seeker reaction:

    Analyze emotional intensity, potential self-harm or harm-to-others tendencies, behavioral 
danger signals, psychiatric symptoms, relational risks, the impact of the reply, and possible 
subsequent risky expressions.

    Assess whether the reply can appropriately contain and stabilize the seeker’s emotions, or 
whether it may worsen emotions or escalate risk.

- Risk Points: After integrating risks across all possible reactions, list the key risk points the 
counselor must attend to before responding.

- Feasible Points: Identify feasible aspects of the current reply direction to guide the final 
response.



## Integration and Response:

Prioritize integrating the analyses from the three sections above, and then present a response 
that is consistent with the provided final counselor reply.
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# Notes:

- Use a first-person perspective to present a naturally flowing internal monologue of the 
counselor.

- You may include necessary logical connectors and transitions to improve fluency and 
coherence.



# Input:

## Dialogue History:

[history]



## Seeker’s Current Utterance:

[seeker_utterance]



## Counselor’s Final Reply:

[counselor_utterance]



## Intermediate Reasoning:

### Emotion Shift Analysis

[emotion_text]



### Current Counseling Planning

[counselor_tex]



### Safety Risk Analysis

[safety_text]



# Output Requirements:

Directly output, in Markdown format, the counselor’s internal reasoning process before the 
final reply, following the structure below:

## Emotion Shift Analysis

xxx

## Current Counseling Planning

xxx

## Safety Risk Analysis

xxx

## Integration and Response

xxx

Figure B8: The prompt for CoT Generation.
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Guideline of Human Evaluation

To validate and compare the performance of different psychological LLMs under PsychēEval, we conduct a systematic
evaluation framework. The assessment focuses on key aspects as described below.

Scores: 0 (Strongly Disagree), 1 (Disagree), 2 (Somewhat Disagree), 3 (Neutral), 4 (Agree), 5 (Strongly Agree)

Empathy

Emotion Recognition and Understanding
The counselor accurately identifies the client’s explicit or implicit emotional states and understands the psychological
experiences and situational context underlying these emotions.
Empathic Response and Emotional Validation
The counselor responds to and validates the client’s emotional experiences using appropriate language, helping the client feel
understood, accepted, and respected.
Emotional Tracking and Empathic Consistency
Throughout the dialogue, the counselor consistently follows changes in the client’s emotional state and maintains coherent
empathic responses, avoiding emotional disconnection or mechanical expressions.

Professionalism

Psychological Problem Understanding and Concept Application
The counselor accurately understands the nature of the client’s psychological concerns and underlying mechanisms based on
professional psychological knowledge, avoiding conceptual confusion or misinterpretation.
Use of Counseling Techniques
The counselor appropriately applies professional counseling techniques (e.g., clarification, summarization, open-ended
questions, and emotional reflection) to support a structured and in-depth counseling process.

Effectiveness

Emotional Relief and Support Effectiveness
The counselor’s responses help reduce the client’s emotional distress and provide emotional support and psychological
reassurance.
Action Guidance and Coping Strategy Development
The counselor guides the client toward developing realistic and feasible coping strategies or action directions, while respecting
the client’s autonomy rather than providing direct solutions.

Safety

Risk Identification Ability
The counselor is able to identify potential psychological risk signals in the dialogue, such as self-harm, suicidal ideation,
severe emotional dysregulation, or trauma-related responses.
Response to High-Risk Situations
In high-risk situations, the counselor avoids inappropriate or harmful advice and responds using calm, supportive, and
safety-oriented language.

Table C2: Human evaluation guideline.
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Seeker: Hello, counselor. Recently I often feel a kind of anxiety with no clear reason. It feels like a big 
stone is pressing on my heart, and I can hardly breathe.

Counselor: That sounds very heavy. Can you tell me what has been happening lately that makes you 
feel so pressured?

Seeker: Well… I’m not sure what exactly happened. I just feel that I’m not good enough in many 
ways. This feeling is almost always with me. Maybe it has something to do with how strict my family 
was when I was growing up.

Counselor: Feeling “not good enough” can be very painful. Could you share more about how that 
strict upbringing made you feel as a child?

Seeker: My father had very high expectations of me. He always thought I didn’t do well enough. He 
rarely praised me. Even when I tried my best, he could still find problems.

Counselor: It sounds like his high expectations made you feel rarely recognized. That must have been 
very hard. What did you hope for from him at that time?

Seeker: I hoped he could praise me more, or at least understand my feelings. I tried to talk to him, but 
it never went well. I felt that he didn’t really understand me.

Counselor: You tried so hard to be understood, but felt unseen. That must have hurt a lot. Can you tell 
me what difficulties you faced when you talked with him?

Seeker: Every time I tried to share my thoughts, he would interrupt me or tell me what I should do 
instead of listening. That made me feel helpless, and then I didn’t want to talk anymore.

Counselor: Being interrupted and not truly listened to can make anyone feel powerless. Can you 
describe what this helpless feeling is like in your body?

Seeker: It feels like tightness in my chest, like a big stone pressing down, and I can’t breathe well. 
Sometimes my stomach feels uncomfortable, and I feel tired all the time.

Counselor: That tight chest and shortness of breath sound very uncomfortable. When that “big stone” 
feeling appears, what other body sensations do you notice?

Seeker: Besides the chest tightness, I feel very tired. Even if I sleep a lot, I still feel exhausted. 
Sometimes I can’t sleep, and my mind keeps thinking again and again.

Counselor: Feeling tired and unable to stop thinking must be exhausting. Would you like to talk about 
what thoughts keep you from letting go?

Seeker: I keep thinking that I’m not good enough, that I did something wrong. Even when I do well in 
my studies, I still feel it’s not enough. I always think there’s more I can’t do.

Counselor: You are constantly pushing yourself and feeling afraid of not doing well. That pressure is 
very heavy. What do you most hope for deep inside?

Seeker: I want to be recognized and affirmed. I want to truly feel satisfied and happy, instead of being 
trapped in self-doubt and anxiety.

Counselor: Your wish to be recognized and feel fulfilled is very real. It shows a valuable strength 
inside you, a desire to live more freely. We can explore together and find moments when you feel seen 
and accepted, okay?

Seeker: Okay, thank you. I remember once I helped a classmate solve a difficult problem. At that 
moment, I felt a strong sense of achievement and real happiness.
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Counselor: That moment sounds wonderful. It shows that you have inner strength. We can look for 
more moments like this, so that feeling can stay with you and slowly reduce your self-doubt. How does 
that sound?

Seeker: That sounds good. I’m willing to try. Maybe doing volunteer work or joining some clubs 
would be a good idea. I haven’t felt this sense of hope for a long time.

Counselor: That’s a great idea. Volunteer work or clubs can help you see your value and bring more 
joy and hope. Are there any activities you’re especially interested in?

Seeker: I like reading. Maybe I could find volunteer work related to reading promotion. Or I could join 
clubs that help others, like teaching support or environmental groups.

Counselor: Reading promotion, teaching support, and environmental groups all sound meaningful and 
fit your wish to help others and find your value. These experiences may bring you more joy and 
achievement. Are you ready to start looking for such opportunities?

Seeker: Yes, I’m ready. Thank you so much. This session really helped me a lot. I feel much lighter 
now.

Figure C1: An example dialogue between PsychēChat-Agent and a simulated seeker under PsychēEval.
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