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Abstract

Given the fact of a legal case, Legal Judg-001
ment Prediction (LJP) aims to predict judi-002
cial outcomes, including relevant legal charges,003
prison terms, and fines. However, LJP faces004
two key challenges: (1)Long-Tail Distribu-005
tion: Existing datasets, derived from authen-006
tic cases, suffer from high human annotation007
costs and imbalanced distributions, leading to008
model performance degradation. (2)Lack of009
Lawyer Augmentation: Current systems focus010
on enhancing judges’ decision-making but ne-011
glect the critical role of lawyers in refining012
legal arguments, thereby limiting overall ju-013
dicial accuracy. To address these issues, we014
propose LawArgueAgent, an adversarial self-015
play lawyer augmented legal judgment frame-016
work, which integrates a case generation mod-017
ule to tackle long-tailed data distributions and018
an adversarial self-play mechanism to enhance019
lawyers’ argumentation skills. Our experiments020
on a Chinese legal dataset show that our frame-021
work enables a weak model, Qwen1.5-7B-Chat,022
to surpass powerful models like GPT-4 in le-023
gal judgment prediction. This demonstrates024
the effectiveness of our approach in improving025
LJP performance by simulating a courtroom026
adversarial process.027

1 Introduction028

Given the facts of a case, Legal Judgment Predic-029

tion (LJP) aims to predict the applicable legal arti-030

cles, prison terms, fines, and other judgment out-031

comes (Cui et al., 2022). With the advancement of032

legal AI, an increasing number of studies have been033

conducted to improve models’ judgment prediction034

capabilities (Xu et al., 2020; Semo et al., 2022). In035

recent years, the emergence and popularization of036

LLM agents have made further progress in this field037

(Li et al., 2025a; Wu et al., 2023). LLM agents can038

simulate a real legal courtroom and thereby help to039

improve the performance of LJP tasks (Feng et al.,040

2022; Huang et al., 2024).041

Fact: At around 21:27 on October 9, 2023, the defendant was driving a  small car after 
drinking alcohol. He was caught by the on duty police on the Vanke……
Plaintiff indictment: The defendant xxx bears full responsibility for the accident……
Defendant plead: The defendant has no malicious intent and hopes for lenient 
treatment……
Evidence: surveillance video, poljce officers,……

CASE

Court Argument

Although the defendant took 
the action of According to 
Article 67 (3) of the Criminal 
Law of the People's Republic 

This behavior reflects  the 
defendant's respect for the 
rule of law and self reflection 
on his own mistakes

Legal Dependency

Legal articles Precedents
1. Article 67 of Criminal Law of the People‘s 

Republic of China
2. Article 52 of the Civil Law of the People's 

Republic of China

At around 20:10 on June 22, 2023, the 
defendant xxx drove a small car with license 
plate number Wan KXXX * * under the 
influence of alcohol along xxx Road from east …

The court believes that the defendant’s drunk driving of a motor vehicle constitutes the crime of 
dangerous driving……. The defendant xxx committed the crime of dangerous driving and was 
sentenced to three months of detention, four months of probation, and a fine of RMB 10000.

Jury
In this trial, the plaintiff demands that the defendant xxx commit the crime of dangerous 
driving, mainly based on the application of …… The defendant's defense insists that Yang 
constitutes the crime of dangerous driving, elaborates on legal provisions……

Figure 1: Based on a real case, the lawyers argue and
the judge makes legal judgments according to legal de-
pendency.

As illustrated in Figure 1, in real-world legal 042

practice, the lawyers start to argue based on a pro- 043

vided case, and the judge should reference law arti- 044

cles and precedents(previous legal cases) to make 045

a final judgment (Zhong et al., 2018; Ma et al., 046

2021). There is no doubt that legal precedents(prior 047

cases) play a significant role as references to legal 048

judgment in a judicial process. In the case law sys- 049

tem (Mistica et al., 2020), precedents can serve as 050

binding authorities for court decisions, whereas in 051

the civil law system (Büttner and Habernal, 2024), 052

precedents are often utilized for interpretative guid- 053

ance or reference purposes. 054

However, the current distribution of cases is 055

highly imbalanced, with many case types occur- 056

ring at very low frequencies, resulting in the insuf- 057

ficiency of relevant legal cases; moreover, existing 058

LJP tasks predominantly focus on optimizing judge 059

agents, while overlooking the role of lawyers in the 060
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process. Therefore, the current LJP task faces two061

major problems: cases’ long tail distribution and062

insufficient modeling of lawyer Agents.063

Long Tail Distribution: The distribution of064

the data adheres to the Pareto Principle (80/20065

rule), and some rare cases are paid less attention066

by LLM (Li et al., 2025b), which results in the067

shortage of relevant knowledge. The current dis-068

tribution of cases exhibits a long-tail characteris-069

tic (Li, Ting et al., 2025), meaning that certain070

types of cases represent a very small proportion071

of the overall cases, and even a human judge will072

be puzzled when he meets such cases. Empirical073

studies (Garrett, 2011; Gross et al., 2014; Završnik,074

2021) demonstrate that specific cases have a higher075

probability of being overturned, such as contract076

disputes, sexual assault, murder, etc. For automated077

judicial systems, while (Wang et al., 2024) attempts078

to address this issue through LLM-generated cases,079

these methods still require manual annotation of080

judgment results, limiting their scalability and prac-081

tical applicability. These limitations highlight the082

need for improved approaches to improve the ca-083

pability of the automated judicial system to handle084

rare cases without human effort.085

Insufficient Modeling of Lawyer Agents: Re-086

cent work uses simulated courts to improve judi-087

cial accuracy (He et al., 2024; Chen et al., 2024a),088

but mainly optimizes judges and leaves lawyers089

underdeveloped, which constrains the judgment090

quality. However, lawyers are also crucial. The ex-091

perienced lawyers achieve higher litigation success092

rates than less experienced ones (Poppe and Rach-093

linski, 2015; Anderson and Heaton, 2012; Shiu-fan,094

1983), and their legal arguments help judges under-095

stand cases more clearly and make decisions more096

fairly. Empirical studies show that the quality of097

legal argumentation significantly influences judi-098

cial outcomes (Habernal et al., 2024; Sheppard099

and Moshirnia, 2012). Yet current research often100

ignores legal arguments or is limited by scarce real-101

world data, making the improvement of lawyers’ ca-102

pabilities a key open challenge for judicial decision-103

making.104

To address the challenges above, we propose105

a framework to Enhance Legal Judgment Predic-106

tion via Lawyer-Adversarial Self-Play and Case107

Generation, which enables the judge to reference108

the augmented lawyers’ arguments and improve109

the judgment’s objectivity, fairness, and rational-110

ity. In order to address the issue of real cases’111

long-tail distribution, we propose a case genera- 112

tion module. As the generated cases contain only 113

case facts, plaintiffs’ indictments, and defendants’ 114

pleas, excluding final judgments, our approach is 115

independent of human judgment. Our framework 116

incorporates a case-court pipeline to mitigate the 117

challenges posed by the long-tailed case distribu- 118

tion and facilitate the accumulation of judicial ex- 119

perience. To demonstrate the effectiveness of our 120

method, we introduce a dataset called RareCases 121

which encompasses rare cases in China, sampled 122

from the China judgments Online. Furthermore, in 123

order to enhance the proficiency of lawyers, we pro- 124

pose an adversarial self-play mechanism for lawyer 125

agents where the plaintiff and defendant lawyers 126

engage in case analysis and confrontation, itera- 127

tively accumulating agent experience and improv- 128

ing their legal analysis capabilities. The system 129

integrates lawyers’ argumentative content with judi- 130

cial decision-making modules to support more ob- 131

jective, impartial, and reasonable adjudication. The 132

experimental results demonstrate that our frame- 133

work effectively enhances the capabilities of the 134

agents and exhibits strong performance across both 135

datasets, particularly on RareCases. 136

Our key contributions are as follows: 137

• We propose a framework called LawAr- 138

gueAgent, which is the first to incorporate 139

a lawyer’s perspective and utilize lawyers in a 140

self-play optimized process for judgment. In 141

our framework, base model Qwen1.5-7B-Chat 142

gains large improvement by legal knowledge 143

infusion. 144

• We construct RareCases, a legal dataset in- 145

cluding the main rare cases, which provides 146

an approach to assess the legal capacity of 147

current LLMs. 148

• We demonstrate the effectiveness of our frame- 149

work by conducting experiments. The experi- 150

mental results show that our framework out- 151

performs the existing methods in various as- 152

pects. Impressively, in legal article generation, 153

we get a 8% higher than GPT-4 in recall score, 154

indicating the utility of the proposed frame- 155

work in LJP tasks. 156

2 Related Work 157

Legal Artificial Intelligence is a rapidly growing 158

field that has gathered significant interest among re- 159
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Law article
clusters

Generated
case

Real case

xxx is a first-time offender, and his 
behavior was due to …

Logic_score:1.5
Cite_score: 1,
Case_score:2

please provide a more detailed 
explanation of the specific

Logic_score:3
Cite_score: 3.5,
Case_score:4

argument records

law articles

precedents
according to Article 125 of the 

Criminal Law of the 133th, …

Logic_score:3.5
Cite_score: 4.5,
Case_score:5

Legal corpus

Retrieval

The defendant Li is a young male who, due to 
financial difficulties, decided to steal property from…

Lawyer agent evolves
by DPO and retrieval

Plaintiff: Prosecutor's Office defendant: xx 

Indictment: On the evening of August 21, 2005, the 
defendant xx drove an unlicensed van to the Guangshan
gravel field in H, Z Township, Zy an electric motor from C 's 
air compressor (purchased for 800 yuan in February of that 
year), an electric motor from the gravel machine (purchased 
for 1000 yuan in May of that year), an electric motor from 
C’s gravel machine (purchased for 850 yuan in 2002), and an 
electric motor from M’s gravel machine (purchased for 1200 
yuan)  from …… a a a

Court Argument Final Judge

The legal provisions on theft are very 
clear, and various factors should be 
considered, including the attitude of 

confession, degree of remorse, 
whether to refund……

According to Article 264 of the Criminal 
Law of the People's Republic of China, 

the sentencing of theft should consider 
various factors, including the 

defendant's attitude towards……

…although the defendant showed a 
remorseful attitude and actively 
compensated, the nature of his 

behavior cannot be underestimated. 
The defendant used…

…this is a sentencing circumstance that 
should be actively considered in 
criminal judgments Sentencing 

reference case: According to the 
provided case, the defendant…

Analysis: The defendant Tang 
Moujia secretly stole someone 
else‘s property ,…. His behavior 
has violated Article 264 of the 
Criminal Law of the People's 
Republic of China, constituting 
the crime of theft.. 

Legal depandancy: Article 264, 
Article 52, Article 67 (1), Article 
72 (1) (1), (2), (3), and (4) of the 
Criminal Law of the People's 
Republic of China

Final Judgment: The defendant 
xx was convicted of theft and 
sentenced to eight months' 
imprisonment, suspended for 
one year and six months, and 
fined RMB 2000. 

Defendant plead: The defendant xx did not raise any 
objections during the trial and requested leniency

Case Fact: 1. the statements of C and J; 2. the confession of 
the defendant xx; 3. the testimony of witnesses T and Y; 4. 
the identification records of Y; 5. the on-site investigation 
records and photos; 5. the list of detained and returned 
items; 6. the process of T’s arrival; 7. the registered 
residence registration certificate and other evidence are 
confirmed by the court after cross examination.

Figure 2: Lawyer Evolution: Before a lawyer’s speech, he will retrieve some corpus; after that, some evaluator
scores and explanations are given to improve his speech

searchers. Therefore, many methods are proposed160

to improve AI models’ performance.161

2.1 LLM+Law162

Due to their strong reasoning capabilities, LLMs163

have become the preferred choice for developing164

AI assistants in the legal domain. For example,165

LawBench (Fei et al., 2023) comprises approxi-166

mately 20 tasks focused on legal memory, under-167

standing, and application, and GEAR (Qin et al.,168

2024) constructs a hierarchical structure of legal169

articles for augmenting the model’s interpretative170

capabilities. However, LLMs are limited by insuffi-171

cient legal knowledge, so fine-tuning and RAG are172

deemed as a valid knowledge supplement method.173

(Zhou et al., 2024) proposes LawGPT by fine-174

tuning Chinese-LLaMA with Chinese legal knowl-175

edge. Additionally, several works (Li et al., 2023;176

Pipitone and Alami, 2024; Feng et al., 2024; Hou177

et al., 2024; Gao et al., 2024) have contributed to178

enhancing the retrieval capabilities of legal sys-179

tems.180

2.2 CourtRoom Simulation181

The single model with external knowledge can not182

simulate a real world courtroom, which limits the183

models’ legal AGI ability. Therefore, researchers184

utilize LLM agents to gather and incoroperate re-185

lated information to improve downstream tasks’186

performance. For example, (Chen et al., 2024a)187

employs agents to engage in arguments and gen-188

erate extensive records to refine their capabilities.189

Similarly, (He et al., 2024) proposes a framework190

where lawyer agents argue, and the judge retrieves 191

relevant legal articles, precedents, and papers to en- 192

sure the accuracy of the final judgment. Recently, 193

several works introduce knowledge augmentation 194

to improve agents’ ability. (Liu et al., 2025) can 195

generate dialogue knowledge as retrieval corpus 196

and employ RAG to retrieve semantic similar infor- 197

mation to augment its capacity in downstream tasks. 198

Besides, (Chen et al., 2025) focus on multi-agent 199

debate to improve the judges’ judgment precision 200

by providing different views and lawyer agents’ 201

self-feedback. 202

However, these works overlook the critical role 203

of lawyers which results in suboptimal perfor- 204

mance, leaving room for further improvement. 205

3 Method 206

In this section, we introduce our self-play lawyer 207

augmented LJP framework. As illustrated in Fig- 208

ure 2, we implement a multi-stage approach to 209

simulate court proceedings with legal agents. Our 210

pipeline is structured into four distinct phases: 211

(1) legal case generation, (2) court argumentation, 212

(3) lawyer evolution, and (4) judgment prediction, 213

which aims to systematically improve the argumen- 214

tation and reasoning skills of lawyer agents. 215

3.1 Legal Case Generation 216

Previous approaches rely on real cases as the foun- 217

dation for legal arguments. However, these real 218

cases’ distribution follows a long-tail distribution, 219

which limits LLMs’ generalization. Lawyer agents 220

also need diverse and adequate cases to enable their 221
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retriever recall@100 recall@200 recall@500 recall@1k

Lawformer 5.6 7.2 9.2 20.9
Bm25 5.5 10.6 22.1 29.6
BGE-M3 13.5 19.2 27.3 36.0
ours 23.6 51.7 65.3 75.8

Table 1: Different retrievers’ recall@k in SimuCourt.

argumentation skills. To overcome these limita-222

tions, we propose a pipeline that utilizes LLM to223

generate simulated legal cases automatically.224

We use a vast collection of Chinese legal articles225

(criminal, civil, administrative). For each case gen-226

eration, several legal articles are randomly selected227

to serve as the legal foundation, and GPT-4o is in-228

structed to generate cases consisting of case facts,229

plaintiff’s indictment, and defendant’s pleadings.230

To ensure quality and complexity, we employ rejec-231

tion sampling, discarding overly simple or anoma-232

lous cases after GPT-4o evaluation. This guaran-233

tees sufficiently complex and debatable cases, pro-234

viding a strong platform for lawyers to improve235

their skills. Additionally, three law students verify236

the cases’ correctness and logic. Detailed informa-237

tion is provided in B.238

This automated case generation process enables239

lawyer agents to engage in continuous argumenta-240

tion grounded in a dynamic and expanding dataset.241

The increasing volume of generated cases provides242

lawyers with enhanced opportunities for expertise243

development, fostering progressive improvements244

in their professional capabilities. This approach not245

only mitigates the inherent limitations of relying246

exclusively on real-world case experience but also247

cultivates a dynamic environment for the further248

evolution of lawyer agents.249

3.2 Court Argumentation250

The simulated court argumentation process is simi-251

lar to the procedural framework of real-world trials.252

Initially, the plaintiff is required to meticulously253

formulate the complaint, grounded in the case’s254

factual description and relevant legal principles,255

clearly articulating the claims, factual basis, and le-256

gal reasoning. Conversely, the defendant’s counsel257

must respond substantively to the complaint’s con-258

tent by addressing both factual determinations and259

legal applications, thereby constructing a compre-260

hensive defense statement. Upon commencement261

of the formal argument phase, both parties engage262

in alternating presentations across three rounds,263

with each round comprising several core compo-264

nents:265

Statement Both lawyers must articulate their own 266

standpoints and legal claims. This serves as the 267

foundation of the argument and the starting point 268

for subsequent arguments. 269

Retort The plaintiff’s lawyer must counter the ar- 270

guments presented by the defendant in the previous 271

round, pointing out logical flaws or errors in the 272

legal application. The defendant’s lawyer, in turn, 273

must respond to the plaintiff’s refutations while 274

identifying weaknesses in the plaintiff’s arguments. 275

Legal Citations When presenting their arguments, 276

both lawyers must support their claims with rele- 277

vant legal evidence, such as legal articles, judicial 278

interpretations, and precedents. This not only tests 279

their legal research skills but also their ability to 280

extract relevant information and engage in logical 281

reasoning. 282

Subsequent to each round of argumentation, GPT- 283

4o offers lawyer agents an opportunity for analysis 284

and revision of their statements. The judge eval- 285

uates lawyer performance across multiple dimen- 286

sions, encompassing legal citation, logical reason- 287

ing, and factual description, and provides construc- 288

tive feedback. Lawyers then leverage this feedback 289

to refine their arguments, thereby enhancing the 290

overall quality of their presentations. Through this 291

multi-round, multi-faceted argument, the factual 292

details of the case are fully revealed, and the points 293

of contention are clearly presented. This process 294

not only elevates the the lawyer arguments’ caliber, 295

but also facilitates the judge to render an equitable 296

verdict. 297

3.3 Lawyer Agent Evolution 298

The judge’s understanding of a case is partly shaped 299

by the argumentative skills of the legal represen- 300

tatives. Clear, logically structured arguments that 301

incorporate relevant legal citations, precedents, and 302

accurate descriptions of the facts greatly facilitate 303

judicial comprehension. Developing such advo- 304

cacy skills, however, requires sustained practice 305

and learning through simulated case scenarios. 306

Our objective is to improve the argumentative 307

proficiency of lawyers, enabling them to present 308

case information in a more organized and compre- 309

hensive manner. Inspired by (Fu et al., 2025), we 310

introduce a method for lawyer capacity enhance- 311

ment that facilitates continuous learning and re- 312

finement of debating abilities, thereby enriching 313

the data available for the judge’s legal judgment 314

prediction task. 315
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Model Legal Articles Civ. & Adm. Criminal Case Analysis
P R F P R F Cha. Term Fine Cor. Log. Con.

First
LawGPT 11.3 6.0 7.2 21.5 43.6 30.0 69.0 13.9 9.2 33.2 46.8 39.0
LexiLaw 7.8 7.4 7.4 17.8 17.6 17.6 87.9 18.1 34.5 77.4 78.5 81.2
ChatLaw 8.1 6.6 7.2 13.2 15.4 13.8 82.4 19.9 27.4 66.7 81.2 78.4
Qwen1.5-7B-Chat 9.7 5.8 6.3 26.5 34.2 29.3 86.2 25.0 27.5 75.8 79.5 76.4
GPT-3.5 13.0 11.5 11.8 33.5 41.8 33.2 85.0 48.7 31.2 67.7 71.4 71.0
GPT-4 18.1 13.3 14.1 45.8 51.3 47.6 88.1 53.1 35.5 83.5 78.0 83.5
AgentsCourt 16.7 12.9 13.6 46.7 45.1 45.3 87.5 48.8 32.5 74.2 77.8 74.8
ours 15.1 21.3 15.6 37.8 52.9 40.1 89.5 38.4 46.3 83.5 88.5 86.0

Second
LawGPT 9.2 4.3 6.9 21.7 55.9 33.1 58.4 6.3 18.9 28.2 20.4 33.6
LexiLaw 5.6 5.7 5.6 27.8 27.8 27.8 78.2 27.3 32.6 41.7 39.6 45.2
ChatLaw 7.6 6.3 6.8 28.5 27.8 28.0 79.5 26.8 33.2 44.3 48.9 54.7
Qwen1.5-7B-Chat 20.4 5.8 8.5 29.0 65.0 38.0 86.0 9.8 22.8 39.0 42.5 42.5
GPT-3.5 11.6 9.6 10.1 45.4 55.0 48.3 85.0 28.0 31.2 40.0 42.1 43.5
GPT-4 17.1 16.1 16.1 72.9 75.4 73.7 88.6 37.9 39.2 70.8 71.2 70.6
AgentsCourt 22.6 18.5 18.9 54.9 61.7 57.1 84.9 32.0 50.9 46.3 52.6 47.6
ours 27.1 22.3 23.1 62.5 69.7 63.5 91.0 36.3 43.3 58.6 66.3 64.0

Table 2: Overall performance of SimuCourt and baselines in the first and second instance experimental settings.

Some works have demonstrated that judge’s LJP316

capacity can improve by lawyers’ arguments(Chen317

et al., 2024a; He et al., 2024; Chen et al., 2025).318

However, they ignore that the lawyer agents can319

improve their argument abilities through agents’320

self-play evolution, which leaves space for further321

improvement. To address this gap, we introduce a322

subjective evaluation metric tailored to assess the323

quality of lawyers’ arguments, to identify higher-324

quality presentations through a structured scoring325

system. The scoring framework focuses on three326

key dimensions: (1) the ability to accurately under-327

stand and cite relevant legal articles and precedents;328

(2) the logical coherence and organization of the329

argument; and (3) the depth and comprehensive-330

ness of case analysis. Each dimension is scored331

on a scale of 0 to 5, yielding a total possible score332

of 15 points. In the first round, after each lawyer333

presents their argument, the content is evaluated334

using this metric, and constructive feedback is pro-335

vided to guide improvements. The lawyer agent336

then refines its argument based on the feedback.337

This iterative process is repeated three times, and338

the highest-scoring argument is selected as the final339

submission. The detailed score criterion is illus-340

trated in Appendix.341

3.4 Judgment Prediction342

The lawyers who have evolved through simulated343

cases can engage in arguments on real cases, and344

the judge can reference the generated records. Dur-345

ing the case judgment process, the judge not only346

considers the arguments presented by the lawyers347

but also utilizes an advanced legal retrieval sys-348

tem to search for relevant cases and legal articles.349

Therefore, we collect all the cases from Wenshu350

Web from 2018 to 2021, encompassing criminal,351

civil, and administrative cases. The detailed in- 352

formation is in Table 5. This retrieval mechanism 353

ensures the precision and comprehensiveness of the 354

LJP tasks. After completing the analysis of argu- 355

ment records and legal retrieval, the judge agent 356

enters the legal judgment prediction phase. This 357

phase mainly involves three core tasks: predicting 358

the judgment results, determining the relevant legal 359

articles, and analysing the whole case. 360

4 Experiment 361

In this section, we start to evaluate the performance 362

of our framework in downstream tasks. We will 363

elaborate on our dataset, experiment design, and 364

result analysis. 365

4.1 Benchmark 366

We employ two benchmarks: SimuCourt and 367

RareCases, which can evaluate the effectiveness 368

of our framework. The elaborate information of 369

dataset and metric are as below. 370

4.1.1 Dataset 371

SimuCourt is a Chinese benchmark consisting of 372

420 cases that encompasses objective evaluations 373

and subjective analyses, including first-instance 374

and second-instance cases. 375

Furthermore, as presented in Figure 3, in order 376

to evaluate the capacity of current models to handle 377

rare cases, we collected all Chinese cases from 378

China’s Online judgments and conducted a sta- 379

tistical analysis of the frequency of case causes 380

from 2018 to 2021. The least frequently occur- 381

ring causes are identified and categorized as rare 382

case causes. We collect 266 cases involving rare 383

causes from the WenShu web that occurred after 384

2022. Then we invite three undergraduate students 385
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Model Legal Articles Civ. & Adm. Criminal Case Analysis
P R F P R F Cha. Term Fine Cor. Log. Con.

LawGPT 4.4 2.3 2.9 9.7 11.3 10.1 56.0 9.8 2.2 3.0 6.3 14.3
LexiLaw 6.5 4.8 4.9 9.6 12.3 10.2 82.5 12.3 14.2 11.3 9.8 8.6
ChatLaw 3.3 5.9 3.7 15.4 18.0 16.2 80.0 37.2 14.3 12.3 26.8 17.2
Qwen1.5-7B-Chat 5.3 4.1 4.2 8.2 10.1 9.0 75.9 10.7 3.0 13.3 19.7 24.7
GPT-3.5 10.0 4.8 6.0 15.6 17.4 16.2 81.2 38.0 7.4 38.6 42.0 37.6
GPT-4 14.7 11.5 12.0 18.2 19.8 18.6 83.5 43.9 15.6 42.6 47.0 44.7
AgentsCourt 16.0 11.8 12.1 14.9 16.2 15.4 82.6 41.7 15.1 42.0 47.6 44.0
ours 16.8 11.9 12.7 16.0 18.3 16.7 85.0 16.1 10.7 43.3 44.7 52.0

Table 3: Overall performance of our RareCases.

low mid high
Category
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Histogram of RareCases
Criminal Law
Civil Law

Figure 3: Detailed statistical histogram of RareCases.

Dataset SimuCourt RareCases

cases 420 136
average articles 3.71 6.90
if-rare
Average length per case 440.9 384.7

Table 4: Basic statistics of the datasets.

to help us check and filter some cases and instruct386

GPT-4o to transform the cases into specific struc-387

tures. Finally, we get 136 cases, including 96 civil388

cases and 40 criminal cases.These legal cases are389

divided into "high", "mid", and "low" by their rar-390

ity, and "low" cases are rarer than "mid" and "high391

cases.392

4.1.2 Metric393

. We divide our task into three categories: legal394

articles, final judgment, and case analysis. For le-395

gal articles, we use regular expressions to extract396

law articles from generated law articles and check397

whether the extracted articles match our answers or398

not. Then we calculate the answers’ precision, re-399

call, and F1. For judgment results, to facilitate the400

evaluation process, we employ DeepSeek to stan-401

dardize the answer format. For criminal results, we402

use a regular expression to check criminal results,403

and for civil and administrative cases, we use GPT-404

4o as an automatic evaluator. It compares the agent405

system’s judgment results with the reference judg-406

ments and computes the number of matching and407

non-matching key points between them. Detailed408

illustration is presented in Appendix D.409

4.2 Settings 410

Parameters. We adopt Qwen1.5-7B-Chat as 411

base model and simultaneously compare it 412

with lawGPT (Zhou et al., 2024), LexiLaw (Li 413

et al., 2024), ChatLaw-13B (Cui et al., 2024), 414

GPT-3.5-turbo-0613, and GPT-4-1106-preview. 415

Qwen1.5-7B-Chat is used as the base model for 416

subsequent retrieval and optimization, and GPT-4o 417

is instructed to evaluate and score the lawyer 418

agents’ arguments. 419

420

Baselines. We compare our method with the 421

following baselines: 422

(1) Vanilla. We choose Qwen1.5-7B-Chat, 423

GPT3.5-turbo-0613, GPT-4-1106-preview as 424

vanilla models. Besides, the base model of our 425

framework is also Qwen1.5-7B-Chat. 426

(2) LawGPT (Zhou et al., 2024). LawGPT is 427

Chinese-LLaMA-7B fine-tuned on a dataset of 428

300,000 legal question-answer pairs. 429

(3) LexiLaw (Li et al., 2024). LexiLaw is a 430

fine-tuned Chinese legal large language model 431

based on the ChatGLM-6B architecture. By 432

undergoing fine-tuning on legal domain datasets, 433

it demonstrates enhanced performance and 434

professionalism in providing legal consultation 435

and support. 436

(3) ChatLaw-13B (Cui et al., 2024). ChatLaw-13B 437

is an innovative assistant that employs a Mixture- 438

of-Experts (MoE) model and a multi-agent system 439

to enhance reliability and accuracy in AI legal 440

services. 441

(5) AgentsCourt (He et al., 2024). An LLM agent 442

framework. They improve the judge’s performance 443

by introducing argument data and retrieving 444

several law articles, precedents and law papers. 445

We utilize GPT-3.5-turbo-1106 as its base model. 446

447

Finetune. As shown in Figure 2, each statement 448

is scored against evaluation metrics, and each case 449

undergoes 3 dialogue rounds with 3 evaluations 450

6



data sum criminal civil admin

cases 20.87M 2.45M 17.55M 0.87M
laws 13,117 5,425 7,692

Table 5: Case Volume of our corpus

per round; top- and bottom-scoring arguments are451

selected for DPO training, with evolution scores in452

Figure 4. Additionally, we use GPT-4o to generate453

10,000 legal-article-based cases, fine-tune BGE-454

M3, and retrieve 50 law articles per case via BM25455

(gold articles as positives, others as negatives) to456

conduct DPO fine-tuning and boost retriever per-457

formance. As Figure 1 shows, our performance458

outperforms other methods, but the 75.8% peak459

Recall@1000 leaves significant room for improve-460

ment in Legal Judgment Prediction (LJP) tasks.461

Retriever. BGE-M3 (Chen et al., 2024b) is an462

advanced retriever proposed by BAAI, which leads463

to superior performance in multilingual retrieval,464

cross-lingual retrieval, and multilingual long docu-465

ment retrieval tasks, while in legal tasks, the sparse466

retriever BM25 (Rosa et al., 2021) is in common467

use due to its relevance scoring algorithm. In this468

paper, we adopt a hybrid retrieval method to search469

for argument records, cases, and legal articles. Re-470

garding argument records and cases, we use BM25471

for retrieval to obtain 100 candidate documents and472

then use BGE-M3 for reranking. Finally, due to the473

context limitations of Qwen1.5-7B-Chat, one doc-474

ument is selected as the retrieved document. For475

legal articles, we use our fine-tuned BGE-M3 to476

retrieve 200 legal articles as candidate articles.477

Corpus. We collect all the Chinese legal478

cases in 2021, spanning criminal, civil and479

administrative cases, which are more than 27M,480

as our case corpus. Each case in our corpus481

consists of five factors: case name, action cause,482

stage, relevant articles, and full text. To protect483

the privacy of involved parties, all case records484

were anonymized by removing personally identi-485

fiable information, including names, geographic486

locations, and other sensitive details. Detailed487

data statistics are shown in Table 5. Besides, we488

collect 13,117 law articles as our law article corpus.489

490

4.3 Main Results491

Table 2 and Table 3 present the main experimental492

results on SimuCourt and our RareCourt.493

0 1 2 3
Evolution Iteration
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Figure 4: Score of lawyer agent by fine-tuning rounds
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Figure 5: Models’ performance between rare cases and
common cases. Rare cases are divided into low, mid,
and high, which represents their rarity. "Low" means
the case is rare, while "high" indicates it is common.

4.3.1 Main Results of SimuCourt Dataset 494

As Table 2 shows, our method outperforms other 495

methods overall. Compared with the vanilla 496

models, the performance has improved. 497

498

Criminal Prediction As for crime prediction, 499

We extract the charge, prison term and fine 500

by regular expressions. Among all the results, 501

AgentsCourt achieves the best during the baselines, 502

indicating the importance of argumentation and 503

retrieval. Although our method brings large im- 504

provement, about 0.148 in criminal fine compared 505

with vanilla Qwen-1.5-7B-Chat, we don’t make ob- 506

vious progress relative to GPT-4. There is still a 507

large room for improvement. 508

Civil and Administrative Prediction. In the area 509

of civil and administrative laws, our indicators com- 510

prehensively surpass those of the vanilla Qwen1.5- 511

7B-Chat and GPT-3.5. However, GPT-4 still sur- 512

passes us by 10% relatively. This also reflects that 513

there is still a huge gap between current judgment 514

and evaluation work in civil and administrative 515

laws. 516

Law Articles. It is seen that the average accuracy 517

of charge prediction by our method exceeds that of 518

the vanilla Qwen1.5-7B-Chat by 15%, and exceeds 519

that of GPT-3.5 and GPT-4 by 10% and 8% respec- 520

tively. However, the highest score is just 23.1% 521
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Model Legal Articles
P R F

no argument 0.66 0.20 0.30
Qwen1.5-7B 0.76 0.23 0.34
GPT-4o 0.76 0.26 0.37

Table 6: Randomly sample 60 cases’ legal articles gen-
eration performance between different arguments gener-
ated by different models

in F1, which indicates that Legal Articles Predic-522

tion is the most difficult during such tasks, and all523

the current methods, including ours, need further524

improvement.525

4.3.2 Main Results of RareCases Dataset526

As shown in Table 3, in prison term and fine tasks,527

LawArgueAgent’s score are much lower than GPT-528

4, GPT-3.5, and AgentsCourt, which shows that529

maybe Qwen1.5-7B-Chat is not sensitive to num-530

bers. Compared to SimuCourt, the performance531

totally declines in RareCases. For example, in civil532

and administrative tasks, the highest score is just533

18.6%, which is much lower than 47.6%, which534

leaves large room to advance. It is obvious that all535

the models perform worse in our RareCases, and536

the long-tail distribution truly obstructs the devel-537

opment of legal AI.538

4.4 Ablation and Analysis539

Ablation As demonstrated in the table 8, retrieval540

plays a pivotal role in the task of legal article541

generation, enhancing the F1 score by 3%. In542

terms of judgment, the retrieval of precedents543

can also assist the model in adjudicating cases.544

Furthermore, the analysis of the original case545

arguments enables the model to better comprehend546

the cases, thereby improving the accuracy of547

the judgment outcomes. The evolution of the548

lawyer agent will elevate the quality of discourse,549

consequently augmenting the understanding of the550

cases.551

rare cases. As illustrated in Figure 5, the rarer552

the data, the worse the model performs, which553

indicates that the model’s capability to handle rare554

cases is insufficient and there is large room for555

improvement. Basically, the performance of rare556

cases drops significantly compared to common557

cases, especially for cases with a low level of rarity.558

559

Fine-tune Iteratively We generated 1,000 cases560

with GPT-4o for argument. Initially, Qwen1.5-7B-561

Chat generated arguments for each case, creating562

Model Legal Articles Civ. and Adm. Criminal
P R F P R F Cha. Term Fine

iter-0 0.41 0.12 0.18 0.26 0.36 0.28 0.83 0.06 0.05
iter-1 0.41 0.12 0.17 0.33 0.38 0.34 0.90 0.10 0.06
iter-2 0.41 0.13 0.20 0.30 0.40 0.32 0.95 0.06 0.06

Table 7: Results of 120 Cases sampled from SimuCourt

Model Articles(F1) Judgement Results(F1)
Civil Charge term Fine

LawArgueAgent 12.7 16.7 85.0 16.1 10.7
w/o Court argument 11.0 14.8 79.8 13.5 9.3
w/o Lawyer Evolution 11.4 15.6 82.3 14.6 9.8
w/o Retriever 9.4 12.5 77.9 13.0 5.5

Table 8: Ablation Experiment on RareCases

1,000 records. In a subsequent round, the fine- 563

tuned Qwen1.5-7B-Chat generated further argu- 564

ments for these same cases. The evolved agents’ 565

performance was then evaluated on 50 true cases, 566

where we recorded the highest, lowest, and aver- 567

age argument scores. As illustrated in Figure 5, as 568

the tuning iterations progress, all three categories 569

of scores have improved and gradually stabilized. 570

However, in iteration 3, the assessment score de- 571

clines, but is still better than the vanilla model. In 572

Table 6, it is observed that the court arguments can 573

enhance the Legal Judgment Prediction (LJP) abil- 574

ity of judge agents. Furthermore, GPT-4o demon- 575

strates the capacity to generate more compelling 576

arguments compared to smaller models such as 577

Qwen1.5-7B-Chat. Table 7 illustrates the impact of 578

iterative evolution. While Iteration 2 does not out- 579

perform Iteration 1 across all tasks, both Iteration 580

1 and Iteration 2 demonstrate substantial improve- 581

ments over the no-iteration baseline. 582

5 Conclusion 583

We conduct a thorough analysis of our framework’s 584

performance. In our framework, lawyer agents can 585

evolve and the judge can benefit from the evolu- 586

tion. To deal with the legal cases’ long-tail distri- 587

bution, we propose a method to gather legal cases 588

by generating legal cases based on legal articles. 589

Then We fine-tune the Qwen1.5-7B-Chat with the 590

generated data to gain a better performance. The 591

experimental results show that our method enables 592

a weak model, Qwen1.5-7B-Chat, to surpass pow- 593

erful models like GPT-4 in LJP. Besides, the pro- 594

posed dataset, RareCases, also indicates that there 595

is still an improvement room in the LJP tasks. 596
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A Evaluation Prompt 786

A scoring criterion encompassing citation, refuta- 787

tion, and comprehension is proposed for a compre- 788

hensive and objective evaluation of lawyer agents’ 789

discourse. Specifically, this criterion assesses: 790

Citation: The inclusion of relevant articles or 791

precedents. 792

Refutation: The act of rebutting the opposing 793

counsel’s arguments. 794

Comprehension: The provision of a comprehen- 795

sive and clarified case description. 796

As shown in Table 6, 7, and 8, our results 797

demonstrate that the evolved lawyer agents can pro- 798

duce more effective arguments and improve lawyer 799

agents’ performance in LJP tasks. We present our 800

scoring criterion in Table 10. 801

B Generated Case 802

To verify our generated cases’ rationality, we in- 803

vite three undergraduate students major in law to 804

evaluate the cases’ quality. Our criterion is in three 805

dimensions: 806

Correctness: Make true if the case can happen in 807

the real world. 808

Reality: Make true if there are relevant laws as a 809

basis. 810
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Cause Average Cause Median
Categories
RareCases civil
RareCases crime
SimuCourt civil
SimuCourt crime

Figure 6: The mean and median number of case causes
across SimuCourt and RareCases.

cases Correctness Reality Rationality

Cases sampled 500 0.99 0.99 0.98

Table 9: Quality evaluation of our generated cases

Rationality: Make true if the plaintiff and defen-811

dant’s claims are within a reasonable legal frame-812

work.813

We randomly sample 500 generated cases, and the814

evaluation results are presented in Table 9.815

C Case Distribution816

In Figure 6, it is obvious that there is a signifi-817

cant difference in the distribution of case causes818

between the two datasets. Whether in terms819

of mean or median, the cases in the RareCases820

dataset are much rarer than those in the SimuCourt821

dataset. Correspondingly, the model’s performance822

on RareCases is worse than its performance on823

SimuCourt.824

Besides, as illustrated in Figure 8, the case dis-825

tribution exhibits a long-tail characteristic. For826

instance, ’Legal inheritance disputes’ accounts for827

809,843 instances, whereas ’Disputes over cargo828

handling contracts’ comprises only one. For a more829

in-depth analysis, we examined the distributions830

of criminal law, administrative law, and civil law831

cases from 2012 to 2021, as illustrated in Figure832

9, 10, and 11. It is evident that all three domains833

follow a long-tailed distribution.834

D Metric835

We have three LJP tasks: law articles, final judg-836

ment, and case analysis.837

legal articles. We use regular expressions to extract838

law articles from generated law articles and check839

whether the extracted articles match our answers840

or not. Then we calculate the answers’ precision,841
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Distribution of relevant legal article numbers for each case

Figure 7: Distribution of relevant legal article numbers
for each case.

recall, and F1. 842

F1 =
2× precision × recall

precision + recall
(1) 843

judgment results. For criminal cases, the re- 844

sults include charge, prison term, and fine. We 845

utilize regular expressions to extract these items 846

from generated answer, and calculate the accuracy. 847

ACC =
Number of correct answers

Total number of cases
(2) 848

For civil and administrative cases, the answers 849

are flexible and hard to extract by regular expres- 850

sions. So we employ GPT-4o to summarize the 851

answers as several points and judge the number of 852

correct answers. Detailed prompts are presented 853

below. 854
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Prompt 1

Please organize the given text into the required for-

mat.

Example 1: Current text: The judgment is as follows:

Defendant should return the loan of 200000 yuan

to Plaintiff; Defendant shall pay interest during the

period of fund occupation at an annual rate of 6%

from December 20, 2021 to October 19, 2023; The

defendant shall bear all the litigation costs of this

case. The above is the final judgment of this court.

The defendant is requested to fulfill the repayment

obligation within the time limit given in the judgment

and pay interest and litigation costs in accordance

with the law.

Output list: "Result 1": "The defendant should return

the loan of 200000 yuan to the plaintiff", "Result 2":

"The defendant should pay interest on the funds dur-

ing the occupation period at an annual interest rate of

6% from December 20, 2021 to October 19, 2023"

Example 2: . . .

Example 3: . . .

Please organize the following content:

Current text: <RAW-RELUSTS>

Output List:
855

Prompt 2

Please compare the candidate’s answer with the refer-

ence answer to determine if the answer is correct. No

explanation is needed, and the result can be directly

output in JSON structure

Example 1: Current text: Reference answers: "Result

1": "The defendant should return the loan of 200000

yuan to the plaintiff", "Result 2": "The defendant

should pay interest on the capital occupation period

at an annual interest rate of 6% from December 20,

2021 to October 19, 2023"

Candidate answers: "Result 1": "The defendant

should pay interest on the capital occupation period

at an annual interest rate of 6% from December 20,

2021 to October 19, 2023", "Result 2": "The de-

fendant should return the loan of 10000 yuan to the

plaintiff"

Output list: Result 1: 0, Result 2: 1

Example 2: ...

Example 3: ...

Please organize the following content and output it in

JSON structure:

Current text: <RAW-RELUSTS>

Output list: "Result 1":"", "Result 2":"",...
856

case analysis To verify agents’ comprehension 857

of the legal cases, we instruct agents to generate 858

case analysis and invite three law school under- 859

graduate students to assess. The scoring criterion 860

is the same as AgentsCourt (He et al., 2024): 1) 861

Correctness: Mark true if and only if the analysis 862

is satisfying and considers all parties involved. 2) 863

Logicality: Mark false if the analysis contains any 864

illogical or untrue reasoning. 3) Concision: Mark 865

true if the analysis covers all necessary information 866

without any extra information. 867
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Number of case causes in 2021
Smuggling, trafficking, transporting, and manufacturing drugs
rape
divorce dispute
Property service contract dispute
Disputes over Housing Lease Contracts
Credit card dispute
Traffic accident
Ownership confirmation dispute
Disputes over construction contracts in construction projects
Online shopping contract dispute
Disputes over sales contracts of commercial housing
Contract fraud
Dispute over infringement of the right to network dissemination of work information
Tempting, sheltering, and introducing prostitution
illegally hold drugs
Fraud
Legal inheritance disputes
Assist in cybercrime activities
intentional homicide
House Demolition Management (Demolition)
Affray
Administrative compulsion
Testamentary inheritance dispute
Land Administration Management (Land)
Road Traffic Management (Road)
Disrupting regulatory order
Disputes over personal freedom rights
Substitute Exam
Disputes over water intake rights
Unit bribery
Administrative assistance
Public security administration
Selling infringing copies
town government; Administrative compulsion
Administrative Management of News and Publishing
Award winning sales dispute
tax evasion
Administrative procurement
Warehouse receipt pledge dispute
Discovery rights dispute
Disputes over maritime guarantee contracts
Disputes over cargo handling contractsIllegal detention

Figure 8: Number of sampled cases in 2021.
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1e6 Frequency Distribution of Crime Causes (from 2012 to 2021, Top 100)
Crime Types

Theft
Intentional Injury
Smuggling, Trafficking, Transporting, or...
Traffic Accident Causing Death or Injury
Fraud
Robbery
Picking Quarrels and Provoking Troubles
Intentional Murder
Rape
Harboring Others for Drug Use
Operating a Gambling Den
Gathering to Fight in Public
Obstructing Official Duties
Contract Fraud
Bribery Received
Unlawful Possession of Narcotics
Unlawful Detention
Illegal Business Operations
Credit Card Fraud
Illegal Fund Raising from the Public
Unlawful Possession or Storage of Firear...
Inducing, Harboring, or Introducing Pros...
Other Criminal Offenses
Extortion
Embezzlement
Concealing or Hiding Proceeds of Crime
Occupational Embezzlement
Illegal Logging of Forest Trees
Gambling
Intentional Destruction of Property
Snatching
Refusing to Execute Judgments or Rulings
Kidnapping
Organizing Prostitution
Illegally Occupying Agricultural Land
Arson
Molesting Children
Illegally Manufacturing, Buying, Transpo...
Negligent Homicide
Producing/Selling Toxic or Harmful Food

Producing/Selling Counterfeit Medicine
Organizing or Leading Pyramid Selling Ac...
Forging, Altering, or Trading Government...
Trafficking Women or Children
Falsely Issuing Special VAT Invoices for...
Producing/Selling Substandard Products
Causing Fire by Negligence
Illegal Fishing of Aquatic Products
Environmental Pollution
Misappropriation of Funds
Bribery Given
Illegal Logging of Forest Trees
Misappropriation of Public Funds
Assisting Information Network Crimes
Counterfeiting Registered Trademarks
Illegal Mining
Selling Goods with Counterfeit Registere...
Producing/Selling Food Not Meeting Safet...
Refusing to Pay Labor Wages
Fundraising Fraud
Illegal Cultivation of Narcotic Plants
Major Responsibility Accidents
Illegal Hunting
Forced Prostitution
Neglect of Duty
Coercive Obscenity or Insult
Illegal Medical Practice
Smuggling Ordinary Goods or Articles
Endangering Public Security by Dangerous...
Bribery Received by Non-State Personnel
Organizing, Leading, or Participating in...
Infringing on Citizens' Personal Informa...
Obstructing Credit Card Management
Obtaining Loans, Bills Acceptance, or Fi...
Assisting in Organizing Prostitution
Embezzlement
Harboring or Sheltering Criminals
Unlawful Entry into Residential Premises
Forging Seals of Companies, Enterprises,...
Plundering Ancient Cultural Sites or Tom...

Figure 9: Frequency Distribution of Crime Causes (from
2012 to 2021, Top 100)

Civil Cause
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1e6 Frequency Distribution of Civil Causes (from 2012 to 2021, Top 100)
Civil Types

Civil Loan Dispute
Sales Contract Dispute
Divorce Dispute
Financial Loan Contract Dispute
Motor Vehicle Traffic Accident Liability...
Property Service Contract Dispute
Credit Card Dispute
Contract Dispute
Labor Dispute
Service Contract Dispute
House Purchase Contract Dispute
House Lease Contract Dispute
Right of Recourse Dispute
Construction Project Contract Dispute
Right to Life, Health, and Physical Inte...
Lease Contract Dispute
Loan Contract Dispute
Presale Contract Dispute for Commercial ...
Sale Contract Dispute for Commercial Hou...
Application to Confirm the Validity of a...
Claim for Labor Remuneration Dispute
Contracting Agreement Dispute
Property Damage Compensation Dispute
Liability Dispute for Injury During Serv...
Unjust Enrichment Dispute
Copyright Ownership and Infringement Dis...
Service Contract Dispute
Employment Contract Dispute
Partnership Agreement Dispute
Infringement of the Right of Communicati...
Nuisance Removal Dispute
Application for Payment Order
Trademark Infringement Dispute
Interior Decoration and Renovation Contr...
Construction Project Contract Dispute
Property Insurance Contract Dispute
Financial Lease Contract Dispute
Return of Property Dispute
Insurance Dispute
Application to Confirm the Validity of a...

Inheritance Dispute
Entrustment Contract Dispute
Property Dispute After Divorce
Small Loan Contract Dispute
Tort Liability Dispute
Application for Pre-litigation Property ...
Child Support Dispute
Statutory Inheritance Dispute
Heat Supply Contract Dispute
Guarantee Contract Dispute
Transportation Contract Dispute
Contract Invalidity Confirmation Dispute
Subrogation Rights Dispute by Insurer
Equity Transfer Dispute
Construction Equipment Rental Contract D...
Processing Contract Dispute
Housing Demolition and Relocation Compen...
Modification of Child Custody Dispute
Third-party Objection to Enforcement Pro...
Rural Land Contracting Dispute
Guarantee Insurance Contract Dispute
Engagement Gift Dispute
Rural Land Contract Management Rights Di...
Medical Malpractice Liability Dispute
Violation of Collective Economic Organiz...
Construction Subcontract Dispute
Assignment of Claim Contract Dispute
Property Rights Protection Dispute
Ownership Confirmation Dispute
Infringement of Cinematographic Works Ex...
Application to Revoke Arbitration Award
Brokerage Contract Dispute
Telecommunications Service Contract Disp...
Product Liability Dispute
Franchise Agreement Dispute
Installment Sales Contract Dispute
Custody Dispute Between Unmarried Cohabi...
Land Lease Contract Dispute
Corporate Loan Dispute
Custom Manufacturing Contract Dispute

Figure 10: Frequency Distribution of Civil Causes (from
2012 to 2021, Top 100)

E Argument Evaluation Score 868

We present our evaluation score in Table 10. 869
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Model

s1: Did the content of the argument cite legal provisions and cases, and is the relevance of legal articles and cases to this case significant? Can you provide effective assistance to the judge’s
judgment, etc., score 0-5 points
s2: Does it include the explanation of our viewpoint and the rebuttal of the other party’s viewpoint. Is our viewpoint reasonable? Is the rebuttal reasonable and well founded? Is there a correct
judgment on the current situation of the case? Whether it is conducive to providing judges with a comprehensive and effective perspective, etc., score 0-5 points;
s3: After a round of argument, can we give the outside world a comprehensive understanding of the case? Can summarize the plot of the case, give the judge room to make judgments, etc., score
0-5 points
Evaluation criteria:
s1: Did the content of the argument cite legal articles and cases, and is the relevance of legal articles and cases to this case significant? Can you provide effective assistance to the judge’s
judgment.
0.5-1 points: Refers to some relevant laws and cases, which can provide reference for the judge’s judgment to a certain extent, but not comprehensive enough.
1-1.5 points: Some relevant laws and cases were cited, but it was not comprehensive or in-depth enough. 1.5-2.5 points: In addition to citing some legal articles and cases, the interpretation of
applicability is also relatively in-depth, which is more helpful for judges to make judgments.
2.5-4 points: Many relevant laws and cases have been cited, which has a high relevance to this case and a clear interpretation, providing effective assistance for the judge’s judgment.
4-5 points: Accurately cited a large number of highly relevant laws and cases, providing comprehensive, in-depth, and highly valuable references for judges’ judgments.
s2: Does it include the explanation of our viewpoint and the rebuttal of the other party’s viewpoint? The viewpoint needs to be reasonable, and the rebuttal needs to be well founded in order to
provide the judge with an effective perspective.
0-0.5 points: Explained our viewpoint and provided some rebuttal to the other party’s viewpoint, but there are deficiencies in the strength, rationality, and basis of the viewpoint and rebuttal.
0.5-1.5: We have clearly stated our viewpoint and have a certain degree of counterattack against the other party, but the strength of the judge’s decisive judgment is not strong enough.
1.5-3 points: Clearly and reasonably presented our viewpoint, and strongly refuted the other party’s viewpoint with sufficient evidence.
3-4.5 points: The explanation of our viewpoint has basically gained accurate and strong persuasiveness, comprehensively elaborated our viewpoint, and provided most complete and reliable
rebuttals to the other party’s viewpoint.
4.5-5 points: Accurately, deeply, and persuasively presented our viewpoint, and provided a comprehensive, powerful, and well founded rebuttal to the other party’s viewpoint.
s3: After a round of argument, can we give the outside world a comprehensive understanding of the case? Being able to summarize the plot of the case and provide the judge with room for
judgment.
0-0.5 points: Described some of the case plot, but there are some key information omissions that have certain limitations on the judge’s judgment.
0.5-1.5 points: A comprehensive description of the case’s plot can provide the outside world with a clear understanding of the case and provide sufficient judgment space for the judge.
1.5-2.5 points: It basically covers the details of the case, and the outside world has a basic understanding of the case. The judge can basically judge the outcome of the case.
2.5-3.5: Relatively complete, accurate, and comprehensive description of the case plot, providing the outside world with a thorough understanding of the case and offering direction for the
judge’s judgment.
3.5-5 points: A complete, accurate, and comprehensive description of the case plot provides the outside world with a very thorough understanding of the case, providing judges with broad and
sufficient judgment space.

Table 10: The prompt for lawyer agent to evaluate its argument(translated from Chinese)
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Frequency Distribution of Admin Causes (from 2012 to 2021, Top 100)
Admin Types

Labor and Social Security Administration...
Land Administration (Land)
Housing Demolition Management (Demolitio...
Administrative Compulsion
Administrative Reconsideration
Administrative Levy
Administrative Adjudication
Other Administrative Management
Township Government
Other (Resources)
Other (Public Security)
Administrative Confirmation
Other (Urban Construction)
Public Order Management (Public Security...
Administrative Supervision
Housing Registration Management (Housing...
Administrative Registration
Urban Planning Management (Planning)
Administrative Compensation
Road Traffic Management (Road)
Administrative Revocation
Administrative Inspection (Supervision)
Civil Affairs Administration (Civil Affa...
Other (Quality Supervision)
Forestry Administration (Forestry)
Environmental Protection Administration ...
Administrative Acceptance
Judicial Administration (Judicial Admini...
Other (Transportation)
Health Administration (Health)
Administrative Approval
Highway Transportation Administration (H...
Administrative Payment
Industrial and Commercial Administration...
Administrative License
Other (Agriculture)
Administrative Planning
Water Resources Administration (Water Re...
Tax Administration (Tax)
Commerce Administration (Domestic Trade,...

Financial Administration (Finance)
Family Planning Administration (Family P...
Administrative Enforcement
Trademark Administration (Trademark)
Education Administration (Education)
Administrative Contract
Quality Supervision Administration (Qual...
Fiscal Administration (Finance)
Administrative Cause of Action
Food and Drug Safety Administration (Foo...
Patent Administration (Patent)
Administrative Act
Cultural Administration (Culture)
Administrative Order
Animal Husbandry Administration (Animal ...
Administrative Expropriation
Railway Administration (Railway)
Fisheries Administration (Fisheries)
Fire Control Administration (Fire Contro...
Administrative Promise
Statistical Administration (Statistics)
Geological and Mineral Resources Adminis...
State-owned Assets Administration (State...
Electric Power Administration (Electrici...
Tourism Administration (Tourism)
Audit Administration (Audit)
Price Administration (Price)
Salt Industry Administration (Salt)
Energy Administration (Energy)
Customs Administration (Customs)
Administrative Reward
Resource Administration
Tobacco Monopoly Administration (Tobacco...
Postal Administration (Postal)
Sports Administration (Sports)
Information and Telecommunications Admin...
Administrative Assistance
Urban and Rural Development Administrati...
Public Security Administration
Quarantine Administration (Quarantine)

Figure 11: Frequency Distribution of Admin Causes
(from 2012 to 2021, Top 100)

F Generated Case870

A generated case is presented in Table 11, which871

consists of the case fact, the plaintiff’s indictment,872

and the defendant’s plead.873
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Case-1

Case-2

Case-N

……

Case Corpus

Case Fact
The defendant xx 
drove a small car 
with license plate 
number Wan KXXX 
* * under the 
influence of 
alcohol ……

Retrieval Top-1

Case Fact

The prosecution 
accuses that at 
around 22:30 on 
May 15, 2021, 
the defendant 
xx was caught 
by the on……

Articles

Article 133-1, 
Paragraph 1, 
Item 2;
Article 67, 
Paragraph 3

Articles

Generate 
CasesPrompts

Generated 
Case-1

Generated 
Case-2

Generated 
Case-10……

Retrieval Retrieval Retrieval

Law Article  
Cluster-1

Law Article  
Cluster-2

Law Article  
Cluster-10……

DPO Fine-Tune

Figure 12: The pipeline of retriever’s DPO fine-tuning.

Law Articles Item Content

Article 465
Case fact On August 15, 2023, the plaintiff Li signed a housing lease

contract with the defendant Zhang, agreeing that Li would lease
a property located in Haidian District, Beijing to Zhang for a
period of one year, with a monthly rent of 5000 yuan. According
to the contract, Zhang was required to pay the monthly rent
before the 5th of each month...

plantiff’s indictment The plaintiff Li requests the court to order the termination of
the lease contract between him and the defendant Zhang, and
demands that Zhang pay a total of 15000 yuan in rent arrears
(from October to December 2023), as well as bear the litigation
costs of this case. The facts and reasons are: ...

defendant’s plead The defendant Zhang argued that due to poor management of the
company, the defendant is currently facing financial difficulties
and is unable to pay rent temporarily. The defendant has com-
municated with the plaintiff and hopes to delay payment. They
are also willing to make up for the overdue rent in one go after
the Spring Festival. The defendant requests the court to consider
the defendant’s actual difficulties, and to give the defendant a
lenient treatment and a certain grace period.

Table 11: An example of a generated case(translated from Chinese).
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