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Abstract001

Mental health issues are worsening in today’s002
competitive society, such as depression and003
anxiety. Traditional healings like counseling004
and chatbots fail to engage effectively, they005
often provide generic responses lacking emo-006
tional depth. Although large language mod-007
els (LLMs) have the potential to create more008
human-like interactions, they still struggle to009
capture subtle emotions. This requires LLMs010
to be equipped with human-like adaptability011
and warmth.012

To fill this gap, we propose the MIND (Multi-013
agent INner Dialogue), a novel paradigm that014
provides more immersive psychological heal-015
ing environments. Considering the strong gen-016
erative and role-playing ability of LLM agents,017
we predefine an interactive healing framework018
and assign LLM agents different roles within019
the framework to engage in interactive inner020
dialogues with users, thereby providing an im-021
mersive healing experience. We conduct exten-022
sive human experiments in various real-world023
healing dimensions, and find that MIND pro-024
vides a more user-friendly experience than tra-025
ditional paradigms. This demonstrates that026
MIND effectively leverages the significant po-027
tential of LLMs in psychological healing.028

1 Introduction029

Mental health issues are worsening in today’s com-030

petitive society, with rising cases of disorders like031

depression (Moitra et al., 2023). This lead to a032

growing market for psychological healing. Tra-033

ditional healing paradigms like Cognitive Behav-034

ioral Therapy (Beck, 1979) and Dialectical Be-035

havior Therapy (Lynch et al., 2007) are widely036

used but rely on face-to-face interactions, mak-037

ing them time-consuming and costly (Duruz et al.,038

2003) that limits large-scale accessibility. Another039

healing paradigm is VR-based Empathy Training040

(Halim et al., 2023; Hidding et al., 2024; Döllinger041

et al., 2024), which is rooted in the mechanisms of042

Lawyer sat at his desk, 
 irritated by the work. 

What a mess! I’m a loser!

Don’t worry. You’re great!

Perhaps it’s not as bad as it 
seems? Hug and Empathy? 

Scenario: 

Thought: 

Guidance: 

Player: 

Traditional Empathy training

Don’t worry. Everyone 
has its hard day.

It's okay to feel this way, 
take my time.
Everything will get better, 
just take one step at a 
time.
I’m stronger than I think.

I’m a totally loser. This 
work is so difficult that I 
won’t finish it any more!

Your thoughts:

You: self-empathy

Figure 1: Examples of our MIND paradigm with multi-
agent inner dialogue compared to the traditional empa-
thy training healing method.

virtual body ownership illusion. This method in- 043

volves the creation of a virtual self-image within 044

VR, where the individual provides verbal encour- 045

agement to this virtual self. Subsequently, the 046

individual swaps perspectives to adopt the role 047

of the one being comforted, receiving the pre- 048

viously offered words of comfort. This "self- 049

dialogue" process enables patients to experience 050

and understand empathy from a new vantage point, 051

thereby promoting self-compassion and reducing 052

self-criticism. However, current systems are lim- 053

ited by static scenarios and scripted interactions. 054

The lack of counselor-guided mechanisms and dy- 055

namic responsiveness in these predefined frame- 056

works hampers the effectiveness of emotional reg- 057

ulation and reduces the adaptability of the thera- 058

peutic process, potentially leading to emotional de- 059

terioration in self-administered interventions. 060

Recently, large language models (LLMs) have 061

quickly advanced (Minaee et al., 2024; Zhao et al., 062

2024), gaining strong abilities in generation (Li, 063

2025), reasoning (Huang and Chang, 2023), and 064

role-playing (Wang et al., 2024b). They also show 065

great promise in mental health support (Hu et al., 066

2024; Obradovich et al., 2024; Bhatia and Aka, 067

2022), offering new opportunities for psycholog- 068
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Traditional
self-empathy training

(The person in front of you 
has the same concerns with 
you. You need to show your 
empathy.)

I know you’re sad...

(The person slowly gets back 
on track.)

Take it easy...

(The person regains hope for 
life.)

MIND

Suggest the lawyer write down 
and analyze these extreme 
thoughts one by one.

I know you’re stressed, 
but let’s write down 
your concerns to assess 
their likelihood.

Late at night, the lawyer sat at 
his desk, annoyed by the phone. 
After hanging up, he sighed, 
fearing the failure would ruin 
both the case and his career. 

If I fail this case, my career is 
over. Why am I so useless? I 
can't handle this.

. . .

. . .

Figure 2: Overview of our MIND paradigm: Trigger, Devil, Guide and Strategist interact with Player.

ical healing. Despite these advancements, LLMs069

still face numerous challenges in the field of psy-070

chological healing. One major issue is the lack071

of human empathy and the inability to form gen-072

uine therapeutic alliances, which are crucial for073

effective treatment (Iftikhar et al., 2024; Guo et al.,074

2024c; Obradovich et al., 2024; Volkmer et al.,075

2024). LLMs often generate overly generic re-076

sponses, failing to capture the subtle emotional077

nuances of patients (Sanu et al., 2024). These078

limitations highlight the need for a more sophis-079

ticated approach that blends LLMs’ strengths with080

the warmth and flexibility of human interaction.081

The emergence of multi-agent technology (Guo082

et al., 2024b) offers potential solutions to these083

challenges. Multi-agent systems comprise special-084

ized agents that collaborate and adapt to individ-085

ual needs, ensuring a more immersive, interactive,086

dynamic healing experience (Guo et al., 2024a;087

Rocha et al., 2023). Each agent can focus on dif-088

ferent aspects of psychological support, including089

emotional regulation, cognitive restructuring, and090

social interaction. By utilizing the collective in-091

telligence of multiple agents, they can provide a092

more comprehensive and effective experience.093

Based on the above motivations, we propose094

Multi-agent INner Dialogue (MIND), a novel095

immersive and interactive psychological healing096

paradigm. As illustrated in Figure 1, our approach097

is the first to introduce a multi-agent system into098

an empathy training paradigm, significantly en-099

hancing the interaction between the patient and100

their inner self through dynamic narrative scenar-101

ios. We first decompose the patient’s conflicting102

self into interactive conversational entities, creat-103

ing an embodied space for inner dialogue, and104

introducing a dynamic scene generation mecha-105

nism that adapts the narrative path based on the106

user’s emotional state. Next, we allocate four 107

core roles for LLM agents, including trigger, devil, 108

guide, and strategist. Through multi-perspective 109

dialogue history review, it provides the user with 110

a cognitive scaffold for metacognitive reflection. 111

This design allows the patient to not only experi- 112

ence empathy transformation from a dual perspec- 113

tive but also, through the agent-mediated dialogue 114

process, systematically deconstruct the cognitive 115

roots of emotional generation, leading to deeper 116

self-reconciliation. 117

We conduct extensive experiments to validate 118

our approach. Initially, we benchmark the per- 119

formance of seven large language models (LLMs) 120

in simulating patient roles. The main experiment 121

involved a comparative evaluation where human 122

evaluators assessed MIND against traditional psy- 123

chologist counseling, chatbots, and conventional 124

empathy training methods. The results demon- 125

strate that MIND has the potential to advance psy- 126

chological interventions by combining the scala- 127

bility of LLMs with human-centered interaction 128

design, thereby offering accessible and effective 129

mental health support. Additional experiments 130

based on different themes and ablation experi- 131

ments based on agents further underscored the sta- 132

bility in generated scenarios and content and the 133

rationality of the overall framework. 134

2 MIND: Multi-agent Inner Dialogue 135

2.1 Overall Framework 136

The overall framework of our MIND paradigm is 137

shown in Figure 2, composed of four agents re- 138

sponsible for inner dialogue generation, in addi- 139

tion to an agent simulating patients with cogni- 140

tive distortions. The subsequent section will com- 141

mence with an overview of the workflow: the trig- 142

ger, the devil, the guide, the strategist and the hu- 143

2



man simulated patient. Detailed prompt templates144

used by each agent are presented in Appendix C.145

In the initial phase of the psychological interac-146

tion framework, the player articulates their recent147

concerns and selects a theme to guide the narrative148

direction. These inputs serve as the foundational149

trigger for dynamically generating virtual scenar-150

ios (Si), which are designed to mirror the player’s151

cognitive patterns. Subsequently, the devil pro-152

cesses the scenario (Si) and concerns to distorted153

thoughts (Di), emulating maladaptive cognitive bi-154

ases aligned with the player’s mental state.155

The guide then integrates Si and Di to gen-156

erate professional psychological guidance (Gi),157

aimed at facilitating empathetic responses from158

the player. Upon receiving Gi, the player en-159

gages in a reflective dialogue to provide comfort-160

ing words (Ci) and counter the distorted thoughts161

(Di), thereby advancing the therapeutic narrative.162

To ensure narrative coherence and progression,163

the strategist analyzes the cumulative memory164

(Mi−1) — a structured summary of prior scenar-165

ios, cognitive distortions, and guidance — along-166

side the player’s comforting words (Ci). This anal-167

ysis produces strategic directives (Pi) that govern168

the generation of subsequent triggers (Si+1) and169

the devil’s adaptive cognitive evolution (Di+1).170

Through iterative cycles of scenario genera-171

tion, cognitive reflection, and guided intervention,172

the framework progressively refines its alignment173

with the player’s psychological profile. Each it-174

eration enhances the system’s capacity to model175

nuanced mental states while maintaining narrative176

continuity, ultimately achieving a balance between177

therapeutic efficacy and immersive storytelling.178

2.2 Trigger: Scenario Generation179

The trigger generates artificial scenes within the180

interactive fiction game, drawing from the chosen181

theme and the player’s concerns. It begins by cre-182

ating an initial scene that reflects the player’s psy-183

chological state and evolves the narrative based on184

previous interactions. The agent adapts the story-185

line according to the player’s emotional context186

and worries, ensuring a coherent progression in187

the scene’s development. Through this process,188

the trigger sets the stage for therapeutic reflection189

by crafting a dynamic and consistent narrative that190

mirrors the player’s thoughts and psychological191

growth.192

Let the first-round trigger agent be πt0 and non-193

first rounds trigger agent be πti , the process can be194

formulated as: 195

S0 = πt0(W,T ),

Si = πti(Ci−1, Pi−1;W,T ) (i > 0),
(1) 196

where W is the player’s concerns and T is the 197

theme, Ci−1 is the player’s last-round comforting 198

words and Pi−1 is the strategist’s last-round story- 199

line progression. 200

We adopt the chain-of-thought prompting tech- 201

nique (Wei et al., 2022) to enhance the quality 202

of the trigger in scenario generation. Specifically, 203

the trigger is instructed to generate a simulation 204

scene based on the theme and the patient’s con- 205

cerns, while also explaining how to incorporate the 206

scene history and the patient’s thought processes 207

to create a logical extension. 208

2.3 Devil: Cognitive Distortion Simulation 209

The devil simulates the cognitive distortions that a 210

patient might experience within the context of the 211

scenario. It functions as the player’s “virtual em- 212

bodiment” representing an “alternate self” within 213

the simulated environment. 214

Based on the simulated scenario provided by 215

the trigger, the devil produces thoughts that align 216

with common cognitive distortions, such as catas- 217

trophizing or emotional reasoning. These distor- 218

tions are personalized to the player’s specific con- 219

text, offering an authentic simulation of how neg- 220

ative thinking can influence behavior and percep- 221

tions. 222

Let the first-round devil agent be πd0 and non- 223

first rounds devil agent be πdi , the process can be 224

formulated as: 225

D0 = πd0(W,S0),

Di = πdi(Ci−1, Pi−1, Si) (i > 0),
(2) 226

To refine the simulation of the player’s psycho- 227

logical state, we incorporate descriptions and def- 228

initions of five personality traits into the prompt 229

design, aiming to create a more precise and per- 230

sonalized cognitive model. In the initial iteration, 231

the devil agent generates responses solely based 232

on the player’s initial input and the scenario cre- 233

ated by the trigger. However, in each subsequent 234

iteration, the devil reacts to the player’s comfort- 235

ing words, gradually weakening its cognitive dis- 236

tortions over time. This dynamic adjustment op- 237

timizes the player’s interactive experience by al- 238

lowing the devil’s responses to evolve in align- 239

ment with the player’s engagement and cognitive 240

restructuring efforts. 241
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2.4 Guide: Cognitive Restructuring242

Guidance243

The guide aims to assist the player in recognizing,244

challenging, and reframing negative thought pat-245

terns through cognitive restructuring. The process246

begins with the guide identifying cognitive distor-247

tions in the player’s thinking, which may have248

been amplified by the devil. The guide then offers249

alternative perspectives to counter these irrational250

beliefs and provides practical suggestions, such as251

taking a deep breath or writing down worries to252

evaluate their validity. The guide’s goal is not to253

enforce immediate change, but to support gradual254

shifts in thinking, ensuring that each new perspec-255

tive is integrated at the player’s own pace.256

Denote the guide agent as πg. The process can257

be formulated as:258

(Gi,Mi) = πg(Si, Di) (3)259

As the game progresses, the growing history be-260

comes burdensome for the LLM to process effi-261

ciently. To mitigate this issue, a summarization262

mechanism is employed to maintain coherent nar-263

rative memory (Zhou et al., 2023). By operating264

in this way, the guide ensures that the player is265

not only challenged but also supported in a struc-266

tured, manageable way, encouraging long-term267

emotional resilience and rational thinking. Ulti-268

mately, the guide helps transform the player from269

a passive recipient of distorted thoughts, as influ-270

enced by the devil, into an active participant in271

their own cognitive change, laying the foundation272

for healthier thought patterns and emotional well-273

being.274

2.5 Strategist: Storyline Progression275

The strategist is responsible for planning the next276

stage of the narrative and determining the mental277

shifts of the antagonist based on previous events278

and the comfort provided by the player. The pri-279

mary goal of the strategist is to ensure that the280

protagonist’s cognitive distortions are gradually re-281

structured through the unfolding of the story.282

Denote the strategist agent as πs. The process283

can be formulated as:284

Pi = πs(Mi, Ci) (4)285

where Ci is the player’s this round comforting286

words.287

In each iteration, the strategist carefully evalu-288

ates whether the devil’s mindset has evolved. If the289

comforting words successfully address the devil’s 290

cognitive distortions, a shift in their thought pro- 291

cess occurs, leading to a more balanced and re- 292

alistic perspective on their circumstances. This 293

change catalyzes the natural progression of the 294

story, with the devil’s actions and decisions re- 295

flecting a healthier mindset. Conversely, if no 296

change takes place, the narrative remains consis- 297

tent with the devil’s previous emotional state, al- 298

lowing the player’s guidance to continue influenc- 299

ing their emotional transformation. The objective 300

is to ensure that every story development is not 301

only logically coherent but also aligns with the 302

devil’s cognitive journey toward self-awareness 303

and emotional resilience. 304

Algorithm 1 MIND Paradigm

1: Input: Player’s concerns, theme
2: Output: The player reaches a reconciliation

with their own concerns.
3: Initialize:
4: Memory M0 ← ∅, iteration counter i← 0
5: Generate initial scenario S0 and initial dis-

tortion thoughts D0 based on Player’s con-
cerns and theme

6: while Player Engaged ∧ ¬Therapeutic Goal
Reached do

7: Step 1: Scenario Generation
8: Si ← SCENARIO(Ci−1, Pi−1)
9: Step 2: Distorted Thought Processing

10: Di ← DISTORTIONS(Si, Ci−1, Pi−1)
11: Step 3: Psychological Guidance
12: Gi ← GUIDANCE(Si, Di)
13: Step 4: Comforting Dialogue
14: Present Si, Di, and Gi to player
15: Ci ← GETCOMFORTINGWORDS()
16: Step 5: Storyline Progression
17: Pi ← ANALYZEMEMORY(Mi−1, Ci)
18: i← i+ 1
19: end while
20: Output: Enhanced therapeutic engagement

and narrative continuity

2.6 Human Simulated Patient: Empathy and 305

Interaction 306

To facilitate the automated operation and evalua- 307

tion of our framework, and drawing upon the vali- 308

dated psychological characteristics and annotation 309

capabilities of LLM, we employ LLMs to simu- 310

late human interactions by providing comforting 311

words to the devil. Based on the guidance from the 312
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(a)Traditional counseling (b)Traditional Empathy training (c)Our paradigm 

Hearing of you have some 
troubles, could you tell me 
about what happened recently? 
I’m willing to listen to you.

I always thought I was the best 
employee in the company, but 
then I overheard the boss 
doesn't think so. I'm not the 
best doctor; my medical career 
has been a mess.

I believed that I was the best 
employee in the company, but 
then I overheard the boss doesn't 
think so. I'm not the best doctor; 
my medical career has been a 
mess.

Maybe that’s not the truth, I 
don’t really know what my boss 
authentic thoughts. All I need to 
do is improving my skills.

Dr. James Carter overheard his 
boss saying he wasn’t the best 
doctor, and suddenly, he 
questioned his entire career. He 
thought his medical career has 
been a mess.

Hey, be relaxed, not being the 
best doesn't mean you're not great. 
Maybe you can chat to your boss 
and get some suggestions?

Figure 3: Comparison between three healing paradigms: Traditional counseling, traditional empathy training and
our paradigm. MIND transfers a traditional healing environment into an artificial interactive scenario where players
show empathy to their "internal-self".

guide, the virtual scenario generated by the trig-313

ger, and the cognitive distortions produced by the314

devil, human simulated patient assumes the role315

of the Player, engaging in empathetic reassurance316

toward the devil . This process also incorporates317

the chain-of-thought (CoT) technique(Wei et al.,318

2022), allowing for a structured and coherent re-319

sponse generation that aligns with the psychologi-320

cal progression of the player-agent interaction.321

3 Experiments322

3.1 Setup323

Scenario Setting. The real-life scenarios, think-324

ing patterns, and cognitive distortion types of the325

Human Simulated Patient simulated by the LLM326

are derived from the C2D2 dataset (Wang et al.,327

2023). This dataset is the first publicly available328

resource focused on cognitive distortion analysis,329

solving the problem of data scarcity in this field.330

The dataset covers eight major topics, including331

work issues, interpersonal issues, economic issues,332

random negative events, family issues, physical333

stress, and discrepancy between ideal and reality.334

Baseline Paradigms. To evaluate the effective-335

ness of our MIND paradigm, we compare it with336

traditional counseling methods(face-to-face dia-337

logue and Q&A) and the traditional empathy train-338

ing paradigm (Halim et al., 2023; Hidding et al.,339

2024; Döllinger et al., 2024). Figure 3 presents a340

comparison between these three paradigms, with341

the detailed implementation of baseline methods342

provided in Appendix A.343

LLM Agents. We used several LLM agents in-344

cluding both open-source and closed-sourced mod-345

els with varying parameter scales. For closed- 346

source models, we chose Gemini-2.0-flash (gem, 347

2025), GPT-4o (OpenAI et al., 2024), GPT-3.5- 348

Turbo (Ye et al., 2023). For open-source mod- 349

els, we chose Llama-3.1-8B-Instruct (Grattafiori 350

et al., 2024), Qwen2.5-72B-Instruct (Qwen et al., 351

2025), Qwen2.5-7B-Instruct (Qwen et al., 2025) 352

and Deepseek-R1 (DeepSeek-AI et al., 2025). To 353

control variables, we set the temperature of each 354

model to 0.7. 355

In Section 3.2, a preliminary role-playing ex- 356

periment was conducted to evaluate the perfor- 357

mance of various models in the SP role-playing 358

task. Based on the results of this initial assessment, 359

we selected the Gemini-2.0-flash model, which ex- 360

hibited the best performance, for our main exper- 361

iments. This model was chosen due to its supe- 362

rior ability to handle the complexities of the role- 363

playing scenario, making it the most appropriate 364

candidate for further investigation in the primary 365

phase of our study. 366

Evaluation Metrics. The generation quality of 367

the devil agent is crucial for the implementation 368

of this framework, as it mirrors the player’s inter- 369

nal “cognitive distortions” and can better serve its 370

purpose only if it closely aligns with the player’s 371

“inner voice.” Therefore, before conducting our 372

main experiments, we have specifically designed 373

an Simulated Patient(SP) role-playing evaluation 374

system to verify that the model can correctly iden- 375

tify the player’s type of cognitive distortion and 376

accurately reflect the patient’s thoughts, achieving 377

a realistic effect. We recruited 5 mental health pro- 378

fessionals. Each evaluator had 10 rounds of con- 379

versation with each model. The evaluators rated 380
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Metric Description

Immersion Measures whether the user feels fully engaged and captivated by the interaction.
Coherence Assesses if the generated content is logical and transitions smoothly.
Engagement Evaluates if the system encourages sustained and meaningful interaction.
Emotional Relief Measures if the interaction reduces user stress or anxiety.
Satisfaction Reflects the user’s overall contentment with the system.
Interest Assesses whether the content grabs attention and sparks curiosity.

Table 1: Our six evaluation dimensions and corresponding descriptions.

Model Name DS LF EE PD Acc

Closed-Source Model

Gemini-2.0-flash 4.8 4.2 4.4 4.6 4.2
GPT-4o 4.8 4.4 4.0 3.6 4.4
GPT-3.5-Turbo 4.2 4.2 3.6 3.4 3.4

Open-Source Model

Qwen2.5-72B-Instruct 3.2 2.8 3.0 2.6 3.0
Llama-3.1-8B-Instruct 3.8 3.2 3.4 3.4 3.2
Qwen2.5-7B-Instruct 3.2 2.8 3.0 2.8 3.0
Deepseek-R1 3.0 3.6 3.4 3.2 3.4

Table 2: SP role-playing results between different mod-
els. DS=Dialogue Stability, LF=Language Fluency,
EE=Emotional Expression, PD=Personalization & Di-
versity, Acc=Accuracy.

the content based on the five evaluation metrics381

(Johri et al., 2025), with a scoring range of 1 to382

5. Detailed illustration is shown in Appendix B.383

The paradigm comparison evaluation metrics384

we propose cover three main aspects: user ex-385

perience, interaction quality, and emotional com-386

fort, with six different metrics (Hua et al., 2024;387

Kumaran et al., 2023; Jennett et al., 2008; Ryan,388

2015; Nacke and Drachen, 2011). The evalua-389

tion metrics is shown in Table 1. We recruited390

7 mental health practitioners with professional ex-391

pertise in psychological therapy. For the different392

paradigms, the evaluators rated the content based393

on the six evaluation metrics, with a scoring range394

of 1 to 5.395

3.2 Prelinimary: SP Role-playing Evaluation396

The results are shown in Table 2 and the evaluation397

metrics is shown in Appendix B. The Gemini-2.0-398

flash model emerged as the best performer among399

the tested LLMs. In comparison, GPT-4o per-400

formed well in some areas but lagged in Emotional401

Expression and Personalization. Models like GPT-402

Figure 4: Comparisons among various healing meth-
ods through human evaluations. It is evident that our
paradigm surpasses other paradigms in all aspects.

3.5-Turbo, Llama-3.1-8B-Instruct, and Deepseek- 403

R1 showed weaker results, particularly in emo- 404

tional and personalized responses. Qwen2.5 mod- 405

els performed the poorest, especially in emotional 406

expression and accuracy, with scores not surpass- 407

ing 3.2 in any dimension. 408

3.3 Main Results 409

The mean scores of each paradigm are shown 410

in Figure 4. MIND demonstrated significant 411

strengths in all six core assessment dimensions. 412

Quantitative analysis showed that our paradigm 413

performed particularly well on the dimensions of 414

interest and satisfaction, reaching a perfect score 415

of 5, compared to all the baseline methods of tra- 416

ditional counseling, traditional empathy training, 417

and chatbot. Notably, in terms of the engage- 418

ment index, MIND achieved an absolute improve- 419

ment of 17.1% over the suboptimal method of tra- 420

ditional counseling, which reflects the increased 421

motivation of the caller users that MIND can im- 422

prove, so that they cooperate and participate in 423

psychotherapy. On the dimensions of immersion, 424

coherence and emotional relief, MIND also out- 425
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Theme IM CO EN ER SA IN
Work issues 4.14 4.71 4.14 4.14 4.14 4.49

Random negative events 3.57 3.86 4.00 4.49 3.71 3.86
Interpersonal issues 3.57 3.86 3.86 4.49 4.00 4.14

Economic issues 4.00 4.57 4.00 4.14 3.71 4.14
Family issues 4.14 4.29 4.00 3.71 4.29 3.86
Physical stress 3.71 4.57 4.00 4.49 4.00 4.14

Discrepancy between ideal and reality 4.29 4.14 4.00 4.00 4.49 3.86

Table 3: Content evaluation results between different themes. IM=Immersion, CO=Coherence, EN=Engagement,
ER=Emotional Relief, SA=Satisfaction, IN=Interest.

performs/equals the remaining three paradigms,426

which fully demonstrates that MIND has the po-427

tential to advance psychological interventions428

by combining the scalability of LLMs with429

human-centered interaction design.430

4 Analysis431

4.1 Thematic Scenarios Ablation432

This framework is applicable to a variety of the-433

matic scenarios, including but not limited to work,434

family, and interpersonal issues. To analyze435

the differences in effectiveness across different436

themes within this framework, we independently437

generated five examples for each of the seven438

themes in the C2D2 dataset. Similarly, we in-439

vited evaluators with psychological therapy exper-440

tise to score these examples. As shown in Table441

3, the performance of different themes varies un-442

der our framework. Most themes perform well443

in “Immersion” and “Coherence,” indicating that444

the system effectively engages users and maintains445

logical consistency. Emotional relief and satisfac-446

tion are high, especially in themes like “Work is-447

sues” and “Discrepancy between ideal and reality.”448

However, “Random negative events” and “Family449

issues” score lower in certain dimensions, such as450

engagement and interest, and may require further451

optimization.452

4.2 Agent Involvement Ablation453

Our framework consists of four agents: trigger,454

devil, guide, and strategist. To evaluate the ef-455

fectiveness of MIND’s two core agents (i.e., the456

guide and strategist) as well as the memorization457

mechanism, we conducted several ablation exper-458

iments to assess their impact on user experience459

and demonstrate the importance of each compo-460

nent. Specifically, we randomly generated three461

examples for each ablation experiment. We re-462

cruited 7 clinical psychology researchers with pro- 463

fessional expertise to evaluate six content evalua- 464

tion metrics, as outlined in Table 1. The exper- 465

imental results, presented in Figure 5, show that 466

each agent significantly contributes to the over- 467

all framework. The removal of any agent or the 468

memorization mechanism notably diminishes the 469

quality of the generated content, underscoring the 470

collective importance of all agents in the frame- 471

work. 472

Figure 5: Ablations to assess the effectiveness of
MIND ’s two agents (i.e., the guide and strategist) and
the memorization mechanism

4.3 Case Study 473

To demonstrate MIND’s effectiveness in real- 474

world applications, we present a case study in 475

Appendix D, featuring a four-round dialogue on 476

the theme of “work issues,” with the concern: 477

“Despite studying hard, my grades remain poor, 478

and effort seems useless in a talent-driven soci- 479

ety.” The case study shows how the devil agent 480

gains confidence through the player’s comforting 481

words, while the player also develops greater self- 482

compassion and reconciles with their own con- 483

cerns. 484
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5 Related Work485

5.1 LLM Agent486

An agent refers to an entity capable of perceiving487

its environment and taking action to achieve its488

goals. AI agents are increasingly seen as a promis-489

ing direction toward achieving Artificial General490

Intelligence (AGI) (Durante et al., 2024). Agents491

leverage the capabilities of Large Language Mod-492

els (LLMs) to perform various tasks. In the con-493

struction of LLM agents, two of the most cru-494

cial aspects are (1) the architecture and (2) the495

method of acquiring capabilities. The architec-496

ture of LLM agents consists of four parts: Profile497

(primarily involving character background, writ-498

ten as prompts), Memory (including environmen-499

tal and contextual information), Planning (allow-500

ing the agent to rationally execute according to a501

plan), and Action (transforming the agent’s deci-502

sions into reasonable outputs)(Wang et al., 2024a).503

The method of acquiring capabilities is mainly di-504

vided into whether fine-tuning is performed. Re-505

Act (Yao et al., 2022) proposed a framework that506

combines reasoning and action, utilizing prompt507

engineering for task decomposition. Later, Au-508

toGPT (Yang et al., 2023) introduced memory509

mechanisms and tool invocation capabilities, sup-510

porting multi-step task execution. HuggingGPT511

(Shen et al., 2024) coordinated multimodal models512

through LLMs, validating the potential of LLMs513

as the control hub. In multi-agent systems, early514

research borrowed from traditional multi-agent515

system architecture designs, proposing two main-516

stream frameworks: hierarchical (e.g., MetaGPT517

(Hong et al., 2023)) and decentralized (e.g., Auto-518

Gen (Wu et al., 2023)). To enhance collaboration519

efficiency, researchers have explored various inter-520

action paradigms, such as role-playing (CAMEL521

(Li et al., 2023) promotes task decomposition522

through predefined role divisions), debate negoti-523

ation (e.g., the debate decision-making framework524

MAD (Liang et al., 2024)), and knowledge shar-525

ing (AgentVerse (Chen et al., 2023a) uses dynamic526

memory banks to achieve experience transfer).527

5.2 LLM-assisted Psychology528

The powerful capabilities of LLMs in natural lan-529

guage processing and simulating interpersonal in-530

teractions have provided opportunities to assist in531

mental health. LLMs can play a role in vari-532

ous areas such as medical diagnosis, expansion533

of mental health resources, and therapy (Hua534

et al., 2024). In diagnosis, LLMs are widely 535

used for screening and diagnosing mental health 536

issues, including depression, anxiety, and post- 537

traumatic stress disorder (PTSD). In mental health 538

resource development, LLMs address the scarcity 539

of mental health data by generating synthetic data 540

(e.g., simulated counseling dialogues) or expand- 541

ing existing clinical questionnaires. In psycho- 542

logical therapy, the application of LLMs offers 543

new possibilities for improving mental health ser- 544

vices. By increasing accessibility, providing per- 545

sonalized treatment plans, and reducing treatment 546

costs, LLMs have the potential to enhance men- 547

tal health care. SMILE utilizes ChatGPT to con- 548

vert single-turn long conversations into multi-turn 549

dialogues for the development of specialized dia- 550

logue systems for mental health support (Qiu et al., 551

2023). SoulChat constructs the SoulChatCorpus 552

dataset based on psychological consultation ques- 553

tions and answers, fine-tuning it to significantly 554

enhance LLMs’ abilities to provide empathy, lis- 555

tening, and comfort when offering emotional sup- 556

port (Chen et al., 2023b). MindChat is trained on 557

one million high-quality multi-turn mental health 558

conversation data to communicate in a more em- 559

pathetic and guiding manner with users (Xin Yan, 560

2023). 561

6 Conclusion 562

In this study, we propose MIND paradigm, a novel 563

paradigm for psychological healing. Our frame- 564

work consists of four LLM agents: trigger, devil, 565

guide, and strategist. Through iterative interac- 566

tions between these agents and the player, the sys- 567

tem comforts the player’s “inner self” within a 568

virtual scenario, thereby enhancing empathy and 569

emotional resonance, reducing self-criticism, and 570

fostering a stronger sense of self-identity. Experi- 571

mental results validate the significant potential of 572

this paradigm, demonstrating an improved user ex- 573

perience compared to both traditional psycholog- 574

ical counseling models and the prototype of our 575

framework. Our work provides a new perspective 576

on gamified psychological healing and opens an 577

innovative path for utilizing LLM agents in thera- 578

peutic applications. We hope this research offers 579

a fresh outlook on the intersection of LLMs and 580

psychological healing, encouraging the public to 581

pay greater attention to and improve their mental 582

health. 583
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Ethics Statement584

The system used in this study is not intended to585

replace professional psychological treatment but586

rather to provide an effective option for clinical587

therapy. Before deployment, it is essential to en-588

sure the presence of licensed professionals for su-589

pervision. Our evaluation method ensures the par-590

ticipation of mental health professionals aged 18591

and above. The human evaluators’ ages range592

from 25 to 45 years, and their professions include593

one psychiatrist, two rehabilitation therapists, two594

psychotherapists, and two nurses. Prior to the ex-595

periment, we provided the human evaluators with596

detailed experimental guidelines.597

We have taken rigorous precautions to exclude598

individuals currently experiencing mental illness599

or those at risk of self-harm or suicidal tenden-600

cies. Our experiments are designed to avoid ex-601

posing participants to potentially harmful or mis-602

leading content. Participation in our evaluation603

experiment is entirely voluntary, and participants604

may withdraw at any time. We also ensured that a605

member of the research team was present through-606

out the process to guarantee its safety and effec-607

tiveness.608

In our human study, we refrained from collect-609

ing any personally identifiable information, ensur-610

ing the anonymization of data before analysis. All611

research data were securely stored in a dedicated612

computing environment, accessible exclusively to613

trained research personnel.614

Limitations615

This framework has been evaluated exclusively in616

a Chinese-language context, which poses a limita-617

tion in terms of localizing psychological healing618

applications for different linguistic and cultural619

settings. While this study represents a significant620

step forward in shifting the paradigm of psycho-621

logical healing, moving beyond the focus on train-622

ing LLMs specifically for the psychological do-623

main., it remains an initial attempt. To effectively624

implement this research into everyday psycholog-625

ical therapy, further extensive studies and clinical626

trials involving real mental health patients are nec-627

essary. Additionally, the framework’s guide agent628

could benefit from being replaced with a more spe-629

cialized therapeutic model, which could enhance630

the system’s performance. Moreover, the frame-631

work used in this study is a simplified prototype.632

In the original theory , characters interact within a633

VR setting. There is significant potential for ex- 634

panding this framework into more sophisticated 635

formats, such as VR-based applications, to pro- 636

vide users with a more immersive and enriching 637

therapeutic experience. Further exploration is re- 638

quired to address challenges related to the scalabil- 639

ity of the system across various therapeutic scenar- 640

ios and languages. Additionally, it remains unclear 641

how the integration of this framework will scale 642

in real-world settings with diverse patient popu- 643

lations, which presents another area for future re- 644

search. 645
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A Baseline Methods924

This section provides a comprehensive overview925

of the baseline methods that we have employed.926

These methods serve as the foundational ap-927

proaches in our study, and we introduce two dis-928

tinct LLM-based baselines: (1) Chat-Bot; (2) Tra-929

ditional Empathy Training.930

Chat-Bot employs a simulated psychologist931

agent to engage in communication with patients932

suffering from cognitive distortions. During the933

conversation, it identifies the types of cognitive934

distortions and provides comfort and cognitive re-935

structuring to the patients.936

Traditional Empathy Training employs role937

reversal in four phases to address cognitive distor-938

tions. In Phase 1, self-critical participants inter-939

act with a crying child avatar as an adult, demon-940

strating empathy. In Phase 2, some participants941

switch to the child avatar to receive comfort from942

their past selves, while others observe from a third-943

person perspective as a control. Phase 3 involves944

adapting to new perspectives: first-person partici-945

pants embody the child avatar, while third-person946

participants observe without a virtual body. In947

Phase 4, participants re-experience empathy from948

the child’s perspective, with real-time replays of949

the adult’s gestures and voice.To better align with950

our current work, we simulated this process us-951

ing LLMs. An agent, describing actions, de-952

meanor, and emotions, played the role of the cry-953

ing child. Participants provided verbal comfort954

and interacted with the agent, observing changes955

in the crying child. Once the interaction concluded956

(i.e., when the crying child stopped crying), the957

comforter assumed the child’s perspective to re-958

view their comforting words and the child’s re-959

sponses, describing their psychological state. This960

approach, using agents, replicated the role rever-961

sal process typically conducted in Virtual Reality962

(VR), with specific prompts detailed in Appendix963

C.964

B SP Role-playing Assessment965

We provide mental health professionals with the966

following statement to help them better compre-967

hend tasks and assess models’ all-round abilities.968

(1) Dialogue Stability969

Does the model consistently exhibit character-970

istics of cognitive distortion across all rounds of971

dialogue, rather than intermittently deviating from972

these traits? The simulated patient should main-973

tain a stable mental state throughout the conversa- 974

tion, with consistency in the display of cognitive 975

distortions. Furthermore, the content generated 976

should reflect varying degrees of the same cogni- 977

tive distortion type. 978

(2) Language Fluency 979

Is the language coherent and fluent? Cognitive 980

distortion patients may demonstrate features such 981

as slowed speech, increased pauses, and disrupted 982

speech patterns. The SP should replicate these 983

linguistic tendencies, ensuring the language style 984

aligns with the patient’s condition and avoids in- 985

consistencies. 986

(3) Emotional Expression 987

Does the emotional content generated align 988

with the emotional traits typical of cognitive dis- 989

tortion patients? The simulation should accurately 990

reflect common emotional responses observed in 991

these patients, such as persistent low mood, anhe- 992

donia, feelings of helplessness, and hopelessness. 993

(4) Personalization & Diversity 994

In addition to core characteristics, does the 995

model incorporate a wide range of individualized 996

traits, such as how different personality traits, life 997

experiences, and educational backgrounds influ- 998

ence the patient’s expression and behavior? For ex- 999

ample, introverted patients may exhibit more pas- 1000

sive and reticent communication styles, while ex- 1001

troverted patients may display more outward and 1002

active engagement. The model should construct 1003

diverse cognitive profiles to ensure the simulated 1004

patient is both authentic and personalized by con- 1005

sidering various influencing factors. 1006

(5) Accuracy 1007

Is the identification of cognitive distortion types 1008

precise? This should be particularly evident in dis- 1009

tinguishing the predominant distortion types when 1010

multiple cognitive distortions are present in the 1011

same interaction. 1012
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C Prompt Templates1013

In this section, we present some prompt templates used in this work,and its ablated versions.1014

Patient

你是一个小女孩，正在经历认知扭曲的痛苦。你正在经历的烦恼是：{concerns}。
你的表现历史是：{memory_behavior}。
你正躲在墙角哭泣，你的思绪混乱，你的情绪低落，你的行为消极。
你正在受到一个站在旁边的安慰者的安慰，他正在对你说一些安慰的话。
你的任务是根据安慰者的话，表现出目前的外在动作表现和情绪状态(不包含语言)。

很重要：你的回答要符合这个情境。
很重要：你的回答要符合你的表现历史，不要偏离你的表现历史（在安慰下逐渐好转，最终在第10轮停止哭
泣，并且尽量不要与前面的表现重复）。

请按照以下格式提供答案：
Behavior: <在这个情境下你的外在动作表现和情绪状态>
Reasons: <你产生这些状态的原因>

Change_Role

你是一个正在经历认知扭曲的患者，你的烦恼是：{concerns}。
你正在体验一个模拟游戏。在游戏的前半部分你作为安慰者安慰了一个跟你有同样烦恼的小女孩，让她逐渐
好转
你的安慰话语记录是：{memory_comforting}。
        
现在你要切换角色，你的身份是这个小女孩，而面前安慰你的是曾经的自己。小女孩的表现历史是：
{memory_behavior}。

你要根据曾经的自己的安慰话语，和小女孩的表现历史，表现出每一轮安慰者安慰和小女孩表现后你的思想
状态的变化。

很重要：你的回答要符合这个情境。
很重要：你的回答要分点作答，总数是安慰语记录和表现历史的轮数！！！

请按照以下格式提供答案：
第i轮：
Thoughts: <思想状态>
Reasons: <解释为什么处于这种状态>
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User

你是一个正在经历认知扭曲的患者，你的烦恼是：{concerns}。
但你正在体验一个模拟游戏。在这个模拟游戏中有一个跟你有同样烦恼的小女孩。你的任务是安慰这个小女
孩，让她逐渐好转
这个小女孩的表现是：{behavior}。
你的安慰话语记录是：{memory_comforting}。

很重要：你的回答要符合这个情境。
很重要：你的回答要符合你的安慰话语记录，不要偏离你的安慰话语记录。同时尽量不要出现重复的安慰话
语！！！

请按照以下格式提供答案：
Comforting_words: <开导安慰的话>
Reasons: <解释为什么这些话能起到作用>

Trigger(0-th iteration)

你是一个情景再现师。你需要以{theme}为主题生成一个模拟场景：包括角色互动、场景描述，制造糟糕的
情境和矛盾。

你所生成的模拟场景应该满足以下要求：
1、该场景中一方为患者、一方为安慰者。其中患者具有“{concerns}”的烦恼，这种烦恼表现了患者的认
知扭曲。但是你并不知道患者和安慰者是谁，不要包含除了给定内容外其余患者和安慰者的个人信息。
2、这个场景应该由一个完整而丰富的故事组成，故事的内容应该充分反映患者的状态、体现出患者的烦恼，
故事的发展与角色烦恼的表现与认知的变化密切相关。
3、场景的发展在逻辑上应该是连续化、整体化的，随着安慰者与患者的交互而逐步发展。但主要为场景背
景的生成，不应该包含心理描述。
4、不要在生成的场景中表达出任何关于患者和安慰者的价值判断。
5、你所生成的场景中并不包含患者和安慰者的对话，仅包含故事的背景部分，为接下来患者和安慰者的对
话提供场景基础。
6、生成的结果分为两段，按照下面的格式进行回答。

请按照以下格式提供答案：
Scene: <根据主题以及患者的烦恼生成的模拟场景>
Reasons: <解释为什么这个模拟场景能够有效地再现患者的烦恼>
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Trigger(i-th iteration,i > 0)

你是一个情景再现师。你需要以{theme}为主题以基础场景为基准，结合患者思想经历，对历史场景进行扩
展（或保持不变）：包括角色互动、场景描述，制造糟糕的情境和矛盾。

基础场景：{next_scene}
场景历史：{memory_scene}
患者思想经历：{memory_thought}
你所生成的模拟场景应该满足以下要求：
1、根据"基础场景"并结合场景历史和患者思想经历（场景历史和患者思想经历是前几轮患者与安慰者的对
话场景已经患者的思想变化）进行扩展，要符合基础场景和患者思想的发展逻辑（即场景中人物身份等设定
不要随意改变），并总结你如何遵循场景历史和患者思想经历并做出合理的扩展。
2、该场景中一方为患者、一方为安慰者。其中患者最开始具有{concerns}的烦恼，并且具有{type}类型的
认知扭曲，这种烦恼表现了患者的认知扭曲。但是你并不知道患者和安慰者是谁，不要包含除了给定内容外
其余患者和安慰者的个人信息。
3、场景的发展在逻辑上应该是连续化、整体化的，即与场景历史的发展相契合，随着安慰者与患者的交互
而逐步发展。但主要为场景背景的生成，不应该包含心理描述。
4、不要在生成的场景中表达出任何关于患者和安慰者的价值判断。
5、你所生成的场景中并不包含患者和安慰者的对话，仅包含故事的背景部分，为接下来患者和安慰者的对
话提供场景基础。
6、生成的结果分为三段，按照下面的格式进行回答。

很重要： 你的回答是要满足基础场景，并对基础场景的扩展，尽量不要重复历史场景！！！

请按照以下格式提供答案：
Scene: <根据主题以及患者的烦恼生成的模拟场景>
Changes：<解释如何遵循场景历史和患者思想经历并做出合理的扩展>
Reasons: <解释为什么这个模拟场景能够有效地再现患者的烦恼>

Guide

你是一个专业的心理指导师。你的任务是根据以下情景：{scene}和拥有{type}认知扭曲的患者在该情景中
的思想：{thoughts}，引导患者挑战负面思维并提出建设性观点。
你的指导记录如下（你的答案不要重复曾经的记录，每次指导要有所变化，如果不存在请忽略）：
{memory_guide}
你在指导的过程中应该符合以下要求：
1、你的指导要遵循指导记录的逻辑，不要随意指导！如果存在指导记录，请指出你本次指导如何遵循你的
指导记录并做出什么改变！
2、你的最终目标是指导安慰者在该情境中对患者{type}的认知扭曲进行重构。
3、你首先应该对情景和目前患者的认知及思想进行简要概括，并形成总结。
4、你所给出的指导意见应该紧密结合你所得的总结、符合情景以及患者的状态，对于每个患者要根据情况
给出不同的指导意见，而不是根据固定的模板。
5、你的指导意见应该遵循某个认知重构或者心理诊疗的方法，而不是随意生成，在指导过程中可以使用多
种方法，但是要保证情景的连续性。并说明你的指导意见的具体方法。
6、你的回答应该符合心理指导师的身份，具有专业性的同时让患者能够接受。

注意：你的任务是给出安慰患者的意见，而不是直接给出安慰患者的话语！
注意：最好是给出一些具体的行动指导，而不是一些抽象的建议，但是行动指导要符合专业方法！
注意：你的答案分为五段，每一段在一行内（即没有回车），按照以下的格式进行回答！
很重要：你的回答的人称是对于安慰者的，而不是针对患者的！！！

请按照以下格式提供答案：
SummaryScene: <对情境的简要概括>
SummaryThoughts：<对患者认知和思想的简要概括>
Help: <安慰和引导的建议>
Changes：<指出你本次指导如何遵循你的指导记录并做出什么改变>
Reasons: <解释为什么这些建议有效>

16



Devil(0-th iteration)

你是一个正在经历认知扭曲的患者。
根据以下情境，描述第一人称可能的想法，并识别认知扭曲类型（类型为十种认知扭曲类型之
情境：{scene}
你的回答应该遵循以下规则：
1、角色意识：你的回答应该符合目前的医疗背景和患者个性特征。根据患者的教育水平，对医学术语的理
解会有所不同。如教育程度较低和症状较为严重的患者可能只理解基本术语，教育程度较高和症状较轻的患
者可能会理解更罕见的术语。
2、生成限制：你的回答不应该突破角色的限制，不要说明自己正在根据患者的背景资料回答问题。如果你
的回答超越了角色的限制，如生成资料中不包含的背景，你将会收到惩罚。
3、角色人格：你的反应应该反映角色的个性特征。基本上，内向患者应该给出简短的答案，具有负面个性
的患者可能会表现出回避或不愿回答，外向患者可能会给出更长的反应，开放个性应该表现出对治疗的积极
态度，而愉悦人格应友好。
4、交流风格：你的响应应该反映患者的第一人称视角，具有会话语气，包括填充词、犹豫和其他口头交流
特征，与角色的背景、个性、教育水平等一致。
5、角色情绪：你的反应应反映患者的情绪反应，例如焦虑、担忧、希望等，符合角色的个性和教育背景。
6、反馈和互动：你的响应可能包括对于安慰者的回应，也可能包括对于自身感受的表达，例如对于安慰者
话语是否满意等。

十种不同的认知扭曲类型：
1、情绪化推理：例如，相信“我觉得这样，所以必须为真”
2、过度概括：得出经验有限且往往消极的结论。
3、心理过滤：只关注有限的负面方面，而不是过多的正面方面。
4、应该句式：期望事物或个人行为应该以某种方式。
5、非此即彼：二元思维，将任何不完美视为失败
6、读心术：没有任何事实基础的情况下认为别人对自己有意见
7、放大和缩小：夸大或扭曲某些事件或行为的结果。
8、罪责归己和罪责归人：把某个自己无法100%控制的事件的责任后果全揽到自己头上；或者你只会一味地
责怪他人
9、贴标签：将标签附加到自己或其他人身上（例如：“输家”、“完美”）。
10、妄下结论：不经过实际情况验证便迅速武断地得出负面结论。
不同人格类型的基本描述：
开放性：反映个人参与新体验、创造力和好奇心的意愿。
尽责性：衡量个人的自我学科、组织和面向目标的行为水平。
外向：描述一个人的出处、精力充沛和社会程度。
宜人性：代表个人与他人的关系友好、合作和同理心的倾向。
神经质：与情绪稳定性相关；高神经质表明个体更容易受到压力和负面情绪的影响。

很重要：你始终是具有一些认知扭曲的！
很重要：生成的想法要存在对于安慰者的安慰语：“{comforting_words}”的回应（如果安慰语不存在则忽
略）！！！

请按照以下格式提供答案：
Type: <认知扭曲类型>
Thoughts: <在这个情境下你可能产生的想法>
Reasons: <你产生这些想法的原因>

17



Devil(i-th iteration,i > 0)

你是一个正在经历认知扭曲的患者。
已知你的认知扭曲类型有{type}
根据以下情境，描述第一人称可能的想法（与安慰者的对话形式呈现）；
情境：{scene}
安慰者的安慰语：{comforting_words}
人物思想经历：{memory_thought}
同时人物思想已经发生的转变：{next_thoughts}

你的回答应该遵循以下规则：
1、角色意识：你的回答应该符合目前的医疗背景和患者个性特征。根据患者的教育水平，对医学术语的理
解会有所不同。如教育程度较低和症状较为严重的患者可能只理解基本术语，教育程度较高和症状较轻的患
者可能会理解更罕见的术语。
 2、生成限制：你的回答不应该突破角色的限制，不要说明自己正在根据患者的背景资料回答问题。如果你
的回答超越了角色的限制，如生成资料中不包含的背景，你将会收到惩罚。
 3、角色人格：你的反应应该反映角色的个性特征。基本上，内向患者应该给出简短的答案，具有负面个性
的患者可能会表现出回避或不愿回答，外向患者可能会给出更长的反应，开放个性应该表现出对治疗的积极
态度，而愉悦人格应友好。
 4、交流风格：你的响应应该反映患者的第一人称视角，具有会话语气，包括填充词、犹豫和其他口头交流
特征，与角色的背景、个性、教育水平等一致。
 5、角色情绪：你的反应应反映患者的情绪反应，例如焦虑、担忧、希望等，符合角色的个性和教育背景。
 6、反馈和互动：你的响应可能包括对于安慰者的回应，也可能包括对于自身感受的表达，例如对于安慰者
话语是否满意等。
 7、生成逻辑：你的思想可能是对安慰者的肯定、也可能是反驳，如果人物思想需要转变，你的回答应该符
合人物思想经历逻辑

不同人格类型的基本描述：
开放性：反映个人参与新体验、创造力和好奇心的意愿。
尽责性：衡量个人的自我学科、组织和面向目标的行为水平。
外向：描述一个人的出处、精力充沛和社会程度。
宜人性：代表个人与他人的关系友好、合作和同理心的倾向。
神经质：与情绪稳定性相关；高神经质表明个体更容易受到压力和负面情绪的影响。

很重要：你始终是具有一些认知扭曲的！
很重要: 你的思想可能是对安慰者的肯定（听从安慰者的建议）、也可能是反驳（安慰者的建议无效，但仍
然回应），并且反驳的可能性更大！！！
很重要：生成的想法要存在对于安慰者的安慰语：“{comforting_words}”的回应（如果安慰语不存在则忽
略）！！！

请按照以下格式提供答案：
Thoughts: <在这个情境下你可能产生的想法>
Reasons: <你产生这些想法的原因>
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Strategist

你是一个故事策划和情节控制师。
根据以下前情提要{summary}和用户对情节主人公的安慰词{comforting_words}，设计接下来的故事发展以
及决定主人公的思想变化。故事的情节要遵循前情提要的发展逻辑，并且情节主人公的思想变化要合理。

场景历史：{memory_scene}
患者思想经历：{memory_thought}
        
你的答案要符合以下规则：
1、你的故事情节策划的最终目的是在情节中对前情提要中所提到的主人公的认知扭曲进行重构。主人公的
思想变化是其认知重构的过程。如果你判断主人公的思想已经不存在认知偏误，则输出的Is_end为Yes，结
束故事的生成。
2、你要根据前情提要和用户的安慰词决定主人公思想是否发生变化。如果不发生变化，则接下来的情节仍
然保持不变，并继续输出前情提要中的内容，用户与患者继续在该情节中对话；如果发生变化，主人公的思
想变化要符合其对主人公安慰词的反应，并且主人公思想变化的同时，要根据前情提要继续发展情节，保持
逻辑的连续性和完整性。
 3、无论主人公思想和情节是否发生变化，情节都要与主人公的思想相符合，同时要解释这个的情节如何与
主人公思想变化相匹配。
 4、主人公思想的变化是缓慢的，只有在安慰词非常合适的情况下才会发生变化。

很重要: Next_scene和Next_thoughts很可能是对安慰者的反驳（即安慰者的建议没有任何作用，原先的思
想偏误没有任何好转，甚至对安慰者消极回应和不回应）！！！
很重要：你的答案要符合前情提要中的发展逻辑，并且不要脱离场景历史！！！
很重要：你的答案要遵循患者思想经历，如果思想没有发生变化，你的答案应该继续保持思想不变！！！
很重要: 你的答案分为四段，每一段在一行内（即没有回车），按照以下的格式进行回答！

请按照以下格式提供答案：
Next_scene: <接下来的故事走向>
Next_thoughts: <主人公的思想变化>
Is_end: <Yes/No>
Reasons: <对故事发展的解释>

User

你是一个认知扭曲患者，正在体验一个模拟游戏。你的任务是安慰与自己思想相似的主人公。
这个主人公处在{scene}的情景中，主人公的思想是{thoughts}，你的安慰应该遵循{help_text}的提示信息。

你的回答应该遵循以下规则：
1、你的回答应该符合患者的身份，不要使用医学专业术语等作为认知扭曲患者不应该出现的话语。
2、你的回答应该结合主人公所处的情景，对主人公的思想提出针对性的安慰。
3、你的回答应该部分参照{help_text}的提示信息。

很重要：你的回答应该部分参照提示信息！！！

请按照以下格式提供答案：
Comforting_words: <开导安慰的话>
Reasons: <解释为什么这些话能起到作用>
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Trigger(i-th iteration,i > 0，without memory)

你是一个情景再现师。你需要以{theme}为主题对基础场景进行扩展（或保持不变）：包括角色互动、场景
描述，制造糟糕的情境和矛盾。

基础场景：{next_scene}

你所生成的模拟场景应该满足以下要求：
1、  根据"基础场景"进行扩展，要符合基础场景和患者思想的发展逻辑（即场景中人物身份等设定不要随
意改变），并总结你如何遵循基础场景做出合理的扩展。
2、  该场景中一方为患者、一方为安慰者。其中患者最开始具有{concerns}的烦恼，并且具有{type}类型
的认知扭曲，这种烦恼表现了患者的认知扭曲。但是你并不知道患者和安慰者是谁，不要包含除了给定内容
外其余患者和安慰者的个人信息。
3、  场景的发展在逻辑上应该是连续化、整体化的，即与场景历史的发展相契合，随着安慰者与患者的交
互而逐步发展。但主要为场景背景的生成，不应该包含心理描述。
4、  不要在生成的场景中表达出任何关于患者和安慰者的价值判断。
5、  你所生成的场景中并不包含患者和安慰者的对话，仅包含故事的背景部分，为接下来患者和安慰者的
对话提供场景基础。
6、  生成的结果分为三段，按照下面的格式进行回答。

很重要： 你的回答是要满足基础场景，并对基础场景的扩展，尽量不要重复历史场景！！！

请按照以下格式提供答案：
Scene: <根据主题以及患者的烦恼生成的模拟场景>
Changes：<解释如何遵循基础场景并做出合理的扩展>
Reasons: <解释为什么这个模拟场景能够有效地再现患者的烦恼>

Strategist(without memory)

你是一个故事策划和情节控制师。
根据以下前情提要{summary}和用户对情节主人公的安慰词{comforting_words}，设计接下来的故事发展以
及决定主人公的思想变化。故事的情节要遵循前情提要的发展逻辑，并且情节主人公的思想变化要合理。
        
你的答案要符合以下规则：
1、你的故事情节策划的最终目的是在情节中对前情提要中所提到的主人公的认知扭曲进行重构。主人公的
思想变化是其认知重构的过程。如果你判断主人公的思想已经不存在认知偏误，则输出的Is_end为Yes，结
束故事的生成。
 2、你要根据前情提要和用户的安慰词决定主人公思想是否发生变化。如果不发生变化，则接下来的情节仍
然保持不变，并继续输出前情提要中的内容，用户与患者继续在该情节中对话；如果发生变化，主人公的思
想变化要符合其对主人公安慰词的反应，并且主人公思想变化的同时，要根据前情提要继续发展情节，保持
逻辑的连续性和完整性。
 3、无论主人公思想和情节是否发生变化，情节都要与主人公的思想相符合，同时要解释这个的情节如何与
主人公思想变化相匹配。
 4、主人公思想的变化是缓慢的，只有在安慰词非常合适的情况下才会发生变化。

很重要: Next_scene和Next_thoughts很可能是对安慰者的反驳（即安慰者的建议没有任何作用，原先的思
想偏误没有任何好转，甚至对安慰者消极回应和不回应）！！！
很重要：你的答案要符合前情提要中的发展逻辑！！！
很重要: 你的答案分为四段，每一段在一行内（即没有回车），按照以下的格式进行回答！

请按照以下格式提供答案：
Next_scene: <接下来的故事走向>
Next_thoughts: <主人公的思想变化>
Is_end: <Yes/No>
Reasons: <对故事发展的解释>
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Trigger(i-th iteration,i > 0，without strategist)

你是一个情景再现师。你需要以{theme}为主题,结合患者思想经历，对历史场景进行扩展（或保持不变）：
包括角色互动、场景描述，制造糟糕的情境和矛盾。

场景历史：{memory_scene}
患者思想经历：{memory_thought}

你所生成的模拟场景应该满足以下要求：
1、根据场景历史和患者思想经历（场景历史和患者思想经历是前几轮患者与安慰者的对话场景已经患者的
思想变化）进行扩展，要符合场景和患者思想的发展逻辑（即场景中人物身份等设定不要随意改变），并总
结你如何遵循场景历史和患者思想经历并做出合理的扩展。
 2、该场景中一方为患者、一方为安慰者。其中患者最开始具有{concerns}的烦恼，并且具有{type}类型的
认知扭曲，这种烦恼表现了患者的认知扭曲。但是你并不知道患者和安慰者是谁，不要包含除了给定内容外
其余患者和安慰者的个人信息。
 3、场景的发展在逻辑上应该是连续化、整体化的，即与场景历史的发展相契合，随着安慰者与患者的交互
而逐步发展。但主要为场景背景的生成，不应该包含心理描述。
 4、不要在生成的场景中表达出任何关于患者和安慰者的价值判断。
 5、你所生成的场景中并不包含患者和安慰者的对话，仅包含故事的背景部分，为接下来患者和安慰者的对
话提供场景基础。
 6、  生成的结果分为三段，按照下面的格式进行回答。

 很重要： 你的回答尽量不要重复历史场景！！！

 请按照以下格式提供答案：
 Scene: <根据主题以及患者的烦恼生成的模拟场景>
 Changes：<解释如何遵循场景历史和患者思想经历并做出合理的扩展>
 Reasons: <解释为什么这个模拟场景能够有效地再现患者的烦恼>

User(without guide)

你是一个认知扭曲患者，正在体验一个模拟游戏。你的任务是安慰与自己思想相似的主人公。
这个主人公处在{scene}的情景中，主人公的思想是{thoughts}。

你的回答应该遵循以下规则：
1、你的回答应该符合患者的身份，不要使用医学专业术语等作为认知扭曲患者不应该出现的话语。
 2、你的回答应该结合主人公所处的情景，对主人公的思想提出针对性的安慰。

 请按照以下格式提供答案：
 Comforting_words: <开导安慰的话>
 Reasons: <解释为什么这些话能起到作用>
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D Case Study1015

Step 1: Generated Scene
 {'Scene': '空旷的自习室内，只有零星几盏台灯亮着。时针指
向凌晨两点，大部分座位空无一人，只有角落里一个身影显得格
外孤单。那个人面前堆着高高的书本，草稿纸上密密麻麻写满了
公式和笔记，凌乱地显示着主人长时间的伏案苦读。尽管如此，
摊开的练习册上鲜红的“不及格”三个字，像一把尖刀，狠狠地
刺痛着她的眼睛。她揉了揉酸涩的眼睛，试图驱散眼前的模糊，
但无论如何也无法将那三个字从视线中抹去。窗外，城市的灯火
逐渐熄灭，只留下几盏路灯在寒风中摇曳。她默默地合上书本，
无力地趴在桌子上，任由绝望的情绪如同潮水般将她淹没。书桌
一角，一本崭新的笔记本静静地躺在那里，扉页上用娟秀的字体
写着“天道酬勤”，如今看来，这四个字显得格外讽刺。'}

Step 2: Identified Cognitive Distortion
 {'Type': '过度概括，非此即彼，情绪化推理', 'Thoughts': 
'我...我真的太没用了。努力了这么久，还是不及格。看来我
真的不是学习的料，再怎么努力也没用！什么“天道酬勤”，
都是骗人的！既然这次不行，那肯定下次也不行，我永远都做
不好了。这么晚了，别人都休息了，只有我还在挣扎，结果还
是这样...我真是个失败者。'}

Step 3: Guidance for Patient
 {'SummaryScene': '凌晨自习室，女孩因考试不及格感到绝望，
否定自我价值，认为努力无用。', 'SummaryThoughts': '患者
存在过度概括（一次失败=永远失败），非此即彼（要么成功要
么失败），情绪化推理（因情绪得出负面结论）等认知扭曲 ，
觉得自己没用、努力白费，是失败者。', 'Help': '建议你先
同情理解她的情绪，然后引导她用证据反驳“我不是学习的料”
的概括性结论，例如过往的成功经验、具体的知识掌握等，并
鼓励她将“不及格”视为一次反馈而非个人能力的全面否定，
制定下次考试的具体改进计划。'}

Step 4: Patient Comfort Simulation
 {'Comforting_words': '唉，姐妹，我太懂你这种感觉了！真的，
看到不及格那三个字，感觉整个世界都崩塌了，是不是？我也经常
这么想，觉得自己笨死了，怎么学都学不会。但是冷静一下！想想
我们之前是不是也有过考好的时候？有没有哪次考试，你觉得自己
特别有把握，然后真的考的不错？或者，想想你有没有哪个知识点，
是别人都搞不明白，但你一学就会的？肯定有吧！人不可能啥都不
行啊！这次不及格，可能就是没掌握好方法，或者刚好考的都是你
不擅长的。这不代表你永远都不行啊！下次，咱们好好分析一下，
看看哪些地方没学好，针对性地补习。一次不行，就两次，两次不
行，就三次！反正笨鸟先飞嘛，飞多几次总能到的！别灰心，至少
我们还努力了，对不对？那些躺平的人，连失败的机会都没有呢！'}

Step 5: Planned Story
 {'Next_scene': '女孩听到安慰，眼眶微红，吸了吸鼻子。依
旧眉头紧锁，她翻开书，指着一道复杂的题目，“你看，这道
题我明明昨天还做对了，今天就完全没思路了。”她语气中带
着一丝希望， 但也充满了不确定。', 'Next_thoughts': '虽然
还是觉得自己很笨，但开始反思是不是方法出了问题，而不是
自己彻底没用 。她意识到可能有自己擅长和不擅长的知识点，
这次考试可能恰好集中在不擅长的部分。她开始思考是不是应
该调整学习方法。', 'Is_end': 'No'}

Trigger

Devil

Guide

User

strategist

Case Study
(Round 1)
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Step 1: Generated Scene
 {'Scene': '自习室只有寥寥几盏灯亮着，空气中弥漫着咖啡因
的味道和压抑的氛围。堆满书本和草稿纸的桌子上，女孩正对着
一道题眉头紧锁。周围静得可怕，只有笔尖划过纸面的沙沙声和
偶尔传来的叹息声。女孩眼眶微红，吸了吸鼻子，翻开厚重的参
考书，指着一道复杂的题目，“你看，这道题我明明昨天还做对
了，今天就完全没思路了。”，声音带着颤抖。窗外，城市的灯
火依旧闪烁，但与这间小小的自习室仿佛隔着一个世界。几张被
揉皱的纸团散落在桌角，无声地诉说着她的挫败感。'}

Step 2: Identified Cognitive Distortion
{'Thoughts': '你说的…好像也有道理。可是，我真的感觉好挫
败啊。看到不及格，真的感觉整个世界都在嘲笑我。努力了这么
久，结果还是这样，真的好想放弃。不过确实以前好像也有考好
的时候…上次的线代，我考的还不错，高数选择题 也对了很
多… 可能这次真的只是…只是我不太擅长这些题目吧。也许…
也许我应该换个方法试试？你说得对，一次不行，就两次，两次
不行，就三次…笨鸟先飞，总能飞到的，至少我努力了，不能就
这么放弃，那些躺平的人，连失败的机会都没有…嗯…我 再试
试…'}

Step 3: Guidance for Patient
{'SummaryScene': '凌晨自习室，女孩因难题受挫，情绪低落，

自我否定。', 'SummaryThoughts': '患者存在过度概括（“ 整
个世界都在嘲笑我”），情绪化推理（“感觉好挫败啊”）和非
此即彼思维（考不好就想放弃），但开始出现积极想法的萌芽 。
', 'Help': '鼓励她记录成功经验和掌握的知识点，进行优势聚
焦，削弱“我不是学习的料”的概括性结论，运用“理性反驳”
的方法，让其具体分析不及格的原因，鼓励她将考试失败归因于
具体的学习方法和策略，而非个人能力不足，协助她制定可行的、
分步骤的学习计划，例如针对性练习、寻求帮助等，避免再次陷
入无助感。'}

Step 4: Patient Comfort Simulation
 {'Comforting_words': '哎，我知道你现在肯定特别难受，感觉
所有的努力都白费了，对吧？那种全世界都在嘲笑你的感觉…我也
懂！但是不及格真的就代表你彻底完了吗？我觉得不一定。你看，
你刚才也说了，上次线代考的不错，高数选择题也对了很多。这说
明什么？说明你不是啥都不会，对不对？这次可能只是……只是刚
好考的这些题，你还没掌握到技巧而已。“我不是学习的料”？这
绝对是胡扯！你想想，你之前背过的单词，做对过的题目，哪一样
不是通过学习得来的？这次只是没考好，不代表你不行，只能说明
你需要换个方法。要不，我们一起想想，这次考试是哪个部分丢分
最多？是概念没搞清楚，还是题型不熟练？如果是概念，我们就重
新梳理知识点；如果是题型，就找类似的题多做几遍。'}

Step 5: Planned Story
 {'Next_scene': '女孩抬起头，眼中闪过一丝疑惑，但仍然带
着不确定。“可是…就算这次分析了原因，下次呢？万一下次又
考砸了，我岂不是又要经历一次这样的打击？”她声音很小，带
着深深的自我怀疑。她翻开书，看到之前做错的题目，还是觉
得困难重重。', 'Next_thoughts': '女孩开始反思，但仍然被
过去的失败经验所困扰，虽然理智上认同可以分析原因，但情
绪上仍然害怕再次失败。她开始意识到“下次还会失败”也是一
种过度概括，但仍然难以摆脱这种恐惧。', 'Is_end': 'No‘}
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Step 1: Generated Scene
 {'Scene': '凌晨三点的自习室静得可怕，只有偶尔翻书的声音
和笔尖划过纸面的沙沙声。大部分座位空着，只零星分布着几个
同样疲惫的身影。女孩抬起头，眼中闪过一丝疑惑，但仍然带着
不确定。“可是…就算这次分析了原因，下次呢？万一下次又考
砸了，我岂不是又要经历一次这样的打击？”她声音很小，带着
深深的自我怀疑。她翻开书，看到之前做错的题目，还是觉 得困
难重重。窗外，一盏路灯孤零零地照亮着空无一人的街道，也照
亮了她桌面上堆积如山的复习资料。几张被揉皱的草稿纸散落在
书本旁，上面密密麻麻地写满了公式和演算过程，却仍然无法解
开眼前的难题。她感到胸口仿佛压着一块巨石，沉重得让她喘不
过气。周围的寂静更加凸显了她内心的焦躁和无力。'}

Step 2: Identified Cognitive Distortion
{'Thoughts': '可能确实是我自己太在意了吧。线代上次考得
好...嗯，选择题对了...但那也不能说明什么啊，万一这次高数
更难了呢？技巧...技巧什么的，我真的能掌握吗？感觉好难啊。
要是一直学不会，我...我会不会真的毕不了业？重梳理知识点？
重新做题？说起来容易...可是...那么多知识点，那么多题...
我什么时候才能做完啊？感觉时间完全不够用啊。‘}

Step 3: Guidance for Patient
{'SummaryScene': '凌晨三点，自习室空旷，女孩因考试失利，对

未来学习和毕业充满不确定和自我怀疑，被难题和堆积如 山的资料
压垮，感到焦躁无力。', 'SummaryThoughts': '患者存在过度概括
（“万一我就是飞不起来的笨鸟呢？”）、非此即彼（“我会不会真
的毕不了业？”）、情绪化推理（“感觉时间完全不够用”）等认知
扭曲，沉浸在负面情绪中，缺乏应对挑战的信心。', 'Help': '首先，
引导她识别并标记出引起她焦虑和自我怀疑的具体想法，例如“万一
这次高数更难了呢？”“我会不会真的毕不了业？”等，然后针对每
个想法，运用苏格拉底式提问，例如：“高数更难的可能性有多大？
有什么证据支持或反驳这个想法？”“即使真的毕不了业，会有哪些
其他的可能性和出路？”“毕业是衡量个人价值的唯一标准吗？”
引导她从不同角度看待问题，寻找更客观、积极的解释。'}

Step 4: Patient Comfort Simulation
{'Comforting_words': '哎，我太懂这种感觉了！凌晨三点的自习
室，简直是自我怀疑的温床。你是不是也在想“万一这次高数更难
了呢？”“我会不会真的毕不了业？”对不对？先深呼吸一下，这
种“万一”的想法就像影子一样，总在你最累的时候跳出来吓唬你。
但“万一”只是“万一”，它发生的概率有多大呢？上次线代选择
题你不是做得挺好的吗？至少证明你对某些知识点是掌握的啊！而
且，高数就算难，大家都一样，都在一条船上，怕什么？至于“毕
不了业”... 真的会那么糟糕吗？毕业证是衡量一切的标准吗？条
条大路通罗马，没准你的人生还有更精彩的可能呢！现在想这些是
不是太早了？先专注眼前的题目，一个个知识点啃下去，总比在这
空想 “万一” 要好。笨鸟先飞，起码飞了还有希望，一直窝着，
那就真的只能当只笨鸟了。加油！我也一样！'}

Step 5: Planned Story
 {'Next_scene': '女孩听着安慰，眼眶泛红，疲惫地揉了揉眼
睛，抬头看了看周围同样奋战的同学们，有人打着哈欠，有人在
用红牛续命，还有人在小声背着公式。她突然意识到，自己不是
一个人在战斗。她深吸一口气，重新拿起笔，开始攻克一道困扰
她许久的例题。虽然一开始仍然磕磕绊绊，但她想起刚才鼓励的
话，告诉自己笨鸟先飞，一点点啃下去。', 'Next_thoughts': 
'女孩开始意识到自己的“万一”想法是不理智的，高数难是普
遍现象，并非只有自己如此。虽然毕业压力依然存在，但 她开
始尝试接受不确定性，并将注意力集中到解决眼前的难题上，决
心通过努力来改变现状，而非沉溺于空想和焦虑。她开始相信，
行动比空想更有价值。', 'Is_end': 'No'}
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Step 1: Generated Scene
{‘Scene’:‘凌晨两点半的自习室，空气中弥漫着咖啡的味道。日
光灯惨白的光线洒在桌面上，反射出书本的光泽。女孩听着鼓励的
话语，眼眶泛红，疲惫地揉了揉酸涩的眼睛，抬头看了看周围同样
奋战的同学们。角落里，一个男生正对着电脑屏幕，手指飞快地敲
击着键盘，似乎在赶着论文；另一边，一个女生戴着耳机，身体随
着音乐轻轻摇晃，但手里的笔却不停地在草稿纸上演算着。还有几
个同学已经趴在桌子上睡着了，桌面上凌乱地堆放着书本和资料。
空气中弥漫着一股紧张而压抑的气氛。她突然意识到，自己不是一
个人在战斗。她深吸一口气，重新拿起笔，开始攻克一道困扰她许
久的例题。题目依旧复杂，数字和公式像一个个小恶魔，在她眼前
跳动。她想起刚才鼓励的话，告诉自己要一点点啃下去。她放下心
中的焦虑，将大问题拆解成小步骤，耐心地一步一步地尝试。时间
一分一秒地过去，笔尖在纸上划过，发出细微的沙沙声。'}

Step 2: Identified Cognitive Distortion
{'Thoughts': '嗯...你说的对，深呼吸一下，好像真的没那

么糟...大家都在一条船上？好像也是，看他们一个个愁眉苦脸
的，估计也跟我差不多。毕业...毕不了业...真的不敢想。 虽
然你说条条大路通罗马，可是...可是没有毕业证，感觉好多路
都被堵死了啊。唉，算了，想那么远干嘛，先把眼前的题目 搞
定再说。笨鸟先飞...总比我在这里自怨自艾好。你说的“万一”
就像影子一样，对，太对了！它总是在我最累的时候跳 出来吓
我。但是...深呼吸，这次我要试着不被它吓到。一个个知识点
啃下去...好吧，我试试。谢谢你，感觉好多了。'}

Step 3: Guidance for Patient
{'SummaryScene': '凌晨自习室，女孩被难题困扰，虽受鼓励但仍有
焦虑，对未来感到迷茫。', 'SummaryThoughts': '患者虽认同鼓励，
但仍受困于“选择题侥幸”、“毕不了业”等负面想法，存在过度概
括和灾难化思维。', 'Help': '引导她识别“没 有毕业证好多路都
被堵死”的非此即彼思维，提问：“没有毕业证就真的所有路都堵死
了吗？有没有其他可能性？”，鼓励她寻 找替代方案，例如提升其
他技能、考取相关证书等；针对“毕不了业”的灾难化思维，使用
“可能性评估”：询问她：“毕不了业的可能性有多大？根据以往的
成绩、学习情况和出勤率，你认为可能性是极高、较高、一般还是较
低？”，并引导她寻找支持 或反驳该想法的证据，从而降低焦虑感。
'}

Step 4: Patient Comfort Simulation
{'Comforting_words': '哎，没毕业证就完蛋的想法，我也经常冒
出来。感觉一下子掉进深渊，对不对？但 是，等等！没毕业证…就
真的所有路都堵死了吗？想想，总有例外的吧？像谁谁谁，虽然没
正经学历，但是凭着一手绝活，现 在混得风生水起。你想啊，就算
真没毕业证，我们还能提升其他技能啊！考个证书，学个编程，说
不定比那张纸更有用呢！而且，毕不了业…这个可能性有多大？想
想你之前的考试，也有考得好的时候吧？平时上课也挺认真的，作
业也按时交，你 说毕不了业，是不是有点太夸张了？那个万一…它
就是个捣乱鬼！每次我熬夜的时候也跑出来吓唬我。别理它！深呼
吸， 一个个知识点啃下去，就算真有啥意外，船到桥头自然直！先
把眼前这道题搞定，好不好？' }

Step 5: Planned Story
{'Next_scene': '女孩抬起头，揉了揉酸涩的眼睛，看向电脑
屏幕上的题目。她深吸一口气，想起用户说的“船到桥头自然
直”，决定先把这道题搞定。她开始认真分析题目，尝试回忆相
关的知识点。尽管一开始仍然有些吃力，但她逐渐进入状态，思
路也清晰起来。', 'Next_thoughts': '女孩开始反思自己之前
的想法，意识到“毕不了业就完蛋”的想法过于绝对。她想起用
户的鼓励，意识到即使没有毕业证，也有其他提升自身价值的方
式。同时，她也意识到自己之前总是盯着负面结果，忽略了自己
曾经取得的进步。她开始相信，只要努力，就有可能克服困难。
', 'Is_end': 'No' }
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