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1 Introduction

Paraphrasing is a semantically-oriented task with a
rich bibliography. It has been tackled in different
settings: (i) as scoring of alignments between noun
phrases and their potential paraphrases (Butnariu
et al., 2009), (ii) as paraphrase identification in en-
tire sentences (Xu et al., 2015; Lan et al., 2017), (iii)
as semantic text similarity task, i.e. assigning sim-
ilarity scores to sentence pairs (Agirre et al., 2015;
Xu et al., 2015), (iv) as paraphrase generation, i.e.
reformulating a sentence with different wording or
structure but preserving the original meaning (Zhou
and Bhat, 2021).
In this context, multiword expressions (MWEs),

such as a hot dog or to pull one’s leg, pose
special challenges due to their semantic non-
compositionality. Dedicated MWE-aware para-
phrase datasets relied on MWE definitions from
existing lexicons (Pershina et al., 2015; Liu
and Hwa, 2016), dedicated lexicographic projects
(Barančíková and Kettnerová, 2018), crowdsourc-
ing (Yimam et al., 2016), or machine back-
translation (Qiang et al., 2023). The paraphrase
identification task was adapted to idioms (Tan and
Jiang, 2021) and MWE-specific tasks were intro-
duced (Zhou et al., 2021): idiomatic sentence gen-
eration, which transforms a literal sentence into a
sentence involving idioms, and idiomatic sentence
paraphrasing, which simplifies sentences so as to
replace idioms with literal expressions. In the lat-

ter, the aim is to paraphrase only the MWE, leav-
ing the rest of the sentence unchanged (Wada et al.,
2023; Qiang et al., 2023). These MWE-related ef-
forts have been dedicated to few languages and fo-
cused on paraphrasing the MWE themselves.
We summarize here a considerable extension of

this state of the art by the PARSEME commu-
nity: (i) a multilingual dataset of natural sentences
containing idioms, with minimal and creative para-
phrases constructed by native human experts, (ii) a
shared task on automatic paraphrasing of MWEs
(Scholivet et al., 2026). These efforts cover 14 lan-
guages: French (fr), Georgian (ka), Modern Greek
(el), Hebrew (he), Japanese (ja), Latvian (lv), Per-
sian (fa), Polish (pl), Portuguese (pt), Romanian
(ro), Slovene (sl), Swedish (sv), Serbian (sr) and
Ukrainian (uk).
Potential applications include text simplification

(Zhang et al., 2024), eliminating idiomaticity prior
tomachine translation (Santing et al., 2022) and test-
ing the ability of models to grasp idiomatic meaning
(Tayyar Madabushi et al., 2022; He et al., 2025).

2 Dataset

To construct the paraphrasing dataset, we used the
PARSEME 2.0 corpus annotated for MWEs in 17
languages (Savary et al., 2026). Based on the test
set of this corpus, we extracted up to 150 sentences
per language, containing exactly one MWE of one
of the three types: verbal idiom (VID), like (fr) voir
le jour (lit. ‘see the day’) ‘to be born’, nominal idiom
(NID), e.g. (pt) tiro no pé (lit. ‘shot in the foot’) ‘a



self-inflicted mistake’ or adjectival idiom (AdjID),
e.g. (ro) de bază (lit. ‘of base’) ‘basic’. Given a
sentence with a highlighted idiom, native human ex-
perts were to provide two paraphrases: a minimal
and a creative one. The former was obtained by
modifying as few tokens as possible among those
that do not belong to the MWE. When creating
the latter, conversely, significant changes were en-
couraged, both lexical (adding, deleting or replacing
words) and grammatical (e.g. changing the word or-
der or transforming active to passive voice), as long
as the meaning of the original sentence was main-
tained. For example, sentence (1) received the min-
imal paraphrase (2) and the creative one (3):
(1) PDPA

PDPA
ხელისუფლებამ
the.government

მოქმედებაში
in.action

მოიყვანა
brought

სოციალისტური
socialist

დღის
of.the.day

წესრიგი.
order.

(ka)

‘The PDPA government put into action a
socialist agenda.’

(2) PDPA
PDPA

ხელისუფლებამ
the.government

მოქმედებაში
in.action

მოიყვანა
brought

სოციალისტური
socialist

გეგმა.
plan.

(ka)

‘The PDPA government brought into action
a socialist plan.’

(3) სოციალისტური
socialist

წყობის
set.up

რეალიზება
realization

PDPA
PDPA

ხელისუფლებამ
the.government

მოქმედებაში
in.action

მოახერხა.
succeeded.

(ka)
‘The PDPA government managed to realize
a socialist set-up.’

In each paraphrase, we asked annotators to re-
move at least one component of the MWE. New
MWEs were allowed in the creative paraphrase, but
not in the minimal one. The use of LLMs was pro-
hibited for annotators, but online dictionaries and
synonym lists were allowed. It was possible to pro-
vide more than two paraphrases, and then the two
best ones had to be indicated (for system evalua-
tion). Occasionally, it happened that a minimal or a
creative paraphrase was not possible, then only one
paraphrase was given. In rare problematic cases, the
original sentence was totally discarded.
The resulting dataset contains from 66 (Swedish)

to 150 (Georgian) original sentences per language.
In total, there are 1,742 original sentences, with 726
VIDs, 863 NIDs and 153 AdjIDs, as well as 1,670
minimal and 1,618 creative paraphrases.

3 Paraphrasing task
Based on the paraphrasing dataset, PARSEME’s
shared task 2.0 (Scholivet et al., 2026) included
a subtask dedicated to automatic paraphrasing of
MWEs. Only trial data in English and French were
provided in the system training phase, but no train-
ing or development data.
In this task, for every language, systems were

given a raw sentence containing exactly one VID,
NID or AdjID, not explicitly marked in text. On out-
put, they were expected to paraphrase the sentence
so that the original MWE no longer occurred, but
the meaning of the original sentence was kept. Ad-
ditionally, to facilitate automatic evaluation, at least
one of the components (in any inflected form) of
the original MWE should be totally absent from the
paraphrase. We allowed paraphrases to use MWEs,
provided that they were different from the original
one.
The competition was implemented on the Cod-

abench platform1 and later cloned as an everlasting
benchmark.2
Performance was evaluated with two measures.

As automatic score we used masked BERT-score,
which first checked if at least one of the MWE
components had been removed. If not, the score
was 0, otherwise themaximumBERT-score (Zhang
et al., 2020) between the system-generated para-
phrase and the two gold paraphrases was calculated.
For the manual score, annotators assigned score 0 if
the MWE was not removed, and, otherwise, three
scores from 0 to 3 for keeping: (i) the sense of the
removed MWE, (ii) the sense of the rest of the sen-
tence, and (iii) grammaticality and naturalness. The
final manual score was a weighted average of these
3 scores, with (i) doubled, normalized to [0, 100].
Both the masked BERT score and the manual score
were averaged across all sentences in a language,
then macro-averaged across languages.
We also measured the diversity of the predictions

in terms of novel words, i.e., those present in the
prediction but not in the original sentences. Three
diversity measures were: variety (number of distinct
novel words), balance (evenness of the distribution
of novel words) and variety/balance hybrid (entropy
of novel words).
The task received 5 submissions, including our

own baseline. Only the baseline covered all 14
languages. The 4 other systems jointly covered

1https://www.codabench.org/competitions/12002/
2https://www.codabench.org/competitions/13192/

https://www.codabench.org/competitions/12002/
https://www.codabench.org/competitions/13192/


French, Georgian, Portuguese, and Romanian. All
systems were based on generative LLMs, with addi-
tional mixtures of techniques including MWE pre-
identification, category-oriented prompts, single-
word synonyms for MWEs, cross-lingual transfer or
a combination of specialised LLMs.
We noted a strong positive correlation between

the automatic and the manual scores3, as well as
a high inter-evaluator agreement in manual evalua-
tion4. We also observed the so-called performance-
diversity trade-off typical for generation scenarios
(Ippolito et al., 2019; Zhang et al., 2021): the higher
the performance, i.e. the quality of the generated
paraphrases, the lower the diversity, and vice-versa.
These observations should be handled with care,
given the relatively small number and coverage of
the participating systems.
For detailed results of the paraphrasing subtask,

see (Scholivet et al., 2026).
In the future, the paraphrasing dataset should be

expanded to provide both train/dev and test subsets
and to cover new languages, ideally including some
of the very low-resourced ones. The shared task
should then be organized with a relaxed timeline to
encourage broad participation and extensive experi-
mentation prior to the submission of results.
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