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Abstract001

Generation Alpha (born 2010-2024) is the first002
generation fully raised within the digital ecosys-003
tem. They exhibit unique linguistic behaviours004
influenced by rampant online communication005
and platform-specific cultures. This study ex-006
amines the rapid evolution of Gen Alpha slang007
through a comparative analysis of Millennial008
and Gen Z vernacular. We identify three core009
linguistic patterns: extreme lexical compres-010
sion, digital culture-driven semantic shifts and011
part-of-speech conversion. We construct a com-012
prehensive slang corpus sourced from online013
platforms and evaluate the performance of four014
AI translation systems (viz. Google Translate,015
ChatGPT 4, Gemini 1.0, DeepSeek v3) on over016
100 slang terms. Our results reveal signifi-017
cant translation challenges rooted in culturally-018
bound terms from gaming, meme culture, and019
mental health discourse. Most errors are the020
result of inadequate cultural contextualization,021
with literal translations dominating the error022
patterns. Our findings highlight the critical lim-023
itations in current language models and empha-024
size the need for adaptive, culturally sensitive025
and context-aware frameworks that can handle026
the dynamic lexicon of evolving youth vernac-027
ular.028

1 Introduction029

The term Generation Alpha was first coined by030

Mark McCrindle in a 2015 interview with the New031

York Times (McCrindle, 2015). It refers to indi-032

viduals born between 2010 and 2024. As the first033

generation to be fully raised in the digital age, Gen034

Alpha is characterized by their absorption in smart-035

phones, tablets, AI-powered assistants, and social036

media platforms from a very young age. This gener-037

ation exhibits an intuitive understanding of technol-038

ogy, often learning and adapting through video con-039

tent, interactive platforms, and algorithm-driven040

trends. Their cognitive development, socialization,041

and language acquisition are significantly shaped042

by digital environments, distinguishing them from 043

Millennials and Gen Z in both behavior and com- 044

munication styles. 045

The emergence of these novel linguistic patterns 046

present unique challenges for NLP systems, espe- 047

cially AI driven translation models. Unlike pre- 048

vious generations, their slang develops primarily 049

through digital platforms, with changes that out- 050

pace traditional language evolution. 051

Previous work (Baron, 2008; Crystal, 2006; 052

Tagliamonte, 2016) has examined slang in older 053

generations, but the extreme compression and 054

platform-specific nature of the Gen Alpha language 055

remain under explored. 056

The paper addresses these gaps by (1) analyzing 057

the linguistic properties of Gen Alpha slang, (2) 058

constructing a corpus from various digital sources, 059

and (3) evaluating the current state-of-the-art AI 060

translation systems. We present a detailed error 061

analysis, through which we propose directions for 062

developing NLP models that are culturally and con- 063

textually adaptive to the fast-evolving slang of the 064

digital-native generations. 065

2 Related Work 066

Research on generational slang has primarily fo- 067

cused on Millennials and Gen Z. (Moore, 2004)’s 068

foundational work analyzed slang as a marker of 069

generational identity, while (Ladroma et al., 2023) 070

studied how digital platforms spread Gen Z slang. 071

(Rezeki and Sagala, 2019) developed frameworks 072

for analyzing millennial slang patterns. 073

However, Gen Alpha slang exhibits distinct lin- 074

guistic traits including an increased tendency to- 075

ward abbreviated and shortened word forms, a 076

strong connection to specific digital platforms, and 077

a rapid pace of meaning evolution. Despite the 078

growing influence of Gen Alpha on online dis- 079

course, there has been little systematic evaluation 080

of AI systems in translating or interpreting their 081
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slang, highlighting a critical gap in the current lit-082

erature.083

3 Methodology084

Language keeps evolving, shaped by cultural, tech-085

nological, and generational influences. We analyze086

Gen Alpha slang through both linguistic examina-087

tion and AI system evaluation.088

3.1 Slang Corpus Construction089

To analyze Gen Alpha slang, we made a compre-090

hensive corpus using several data sources. First, we091

extracted terminology from popular on-line slang092

dictionaries like Urban Dictionary and Know Your093

Meme, as well as relevant discussions from online094

forums. We then examine trending hashtags, such095

as #genalpha, on platforms such as Reddit and In-096

stagram Reels to identify terms actively used in097

youth discourse. In addition, we observed trends098

and recurring expressions across digital platforms099

that are frequented by Gen Alpha users. Once col-100

lected, the terms were categorized according to101

their linguistic characteristics, such as word for-102

mation mechanisms (e.g. abbreviations, part-of-103

speech conversions), their semantic domains (e.g.104

gaming, social networks, mental health) and the105

platforms where they originated. This structure al-106

lowed for a deep understanding of how Gen Alpha107

slang is shaped and distributed.108

3.2 AI Evaluation109

We tested four major translation systems (Google110

Translate, ChatGPT-4, Gemini 1.5, DeepSeek) us-111

ing:112

Table 1: Evaluation Approach

Component Description

Input Types Isolated terms, contextual sentences
Evaluation Method Manual inspection of outputs
Focus Areas Literal vs. cultural translation accu-

racy
Comparison Basis Human-native speaker judgments

3.3 Analysis Framework113

Our examination was structured around three pri-114

mary areas of focus. First, we aimed to identify115

and describe the key linguistic features that charac-116

terize Gen Alpha slang, paying close attention to117

its unique morphological and semantic properties.118

Second, we analyzed the common patterns of fail-119

ure observed when applying current AI translation120

systems to this specific type of language. Finally, 121

we aimed to provide a comparative assessment of 122

the relative performance of the different AI sys- 123

tems under evaluation, highlighting their individual 124

strengths and weaknesses in handling Gen Alpha 125

slang. 126

4 Generational Slang Evolution 127

4.1 Morphological Distinctions 128

Table 2: Comparative Lexical Characteristics Across
Generations

Feature Millennials Gen Z Gen
Alpha

Avg. word length 3.2 char-
acters

2.8 char-
acters

1.9 char-
acters

Abbreviation rate Low (e.g.,
"bae")

Moderate
(e.g.,
"sus")

High
(e.g.,
"W"/"L")

Common forms TV/media
phrases

Gaming/meme
terms

Ultra-
compressed

Examples "FOMO",
"adult-
ing"

"cap",
"yeet"

"gyatt",
"skibidi"

Key observations reveal significant differences 129

in the morphological characteristics of slang across 130

generations. Notably, Gen Alpha demonstrates an 131

unprecedented level of morphological shortening in 132

their slang. This is evident in the increasing use of 133

single-letter terms to represent entire words, such 134

as "W" standing for "win" and "L" for "lose." Fur- 135

thermore, they employ ultra-compressed forms of 136

existing words, as seen in "rizz" for "charisma" and 137

"sus" for "suspicious." In contrast, Millennial slang 138

tends to retain longer formulations, with examples 139

like "FOMO" (Fear Of Missing Out) and "bae" (be- 140

fore anyone else) illustrating this tendency. The 141

rate of abbreviation usage also varies, with Millen- 142

nials exhibiting a low rate, Gen Z showing a mod- 143

erate rate (e.g., "sus"), and Gen Alpha displaying 144

a significantly high rate of abbreviation and com- 145

pression. Finally, the common forms of slang often 146

reflect the cultural influences of each generation. 147

Millennial slang frequently incorporates phrases 148

from television and mainstream media, while Gen 149

Z slang is heavily influenced by gaming and in- 150

ternet meme culture. Gen Alpha slang, building 151

upon this trend, often takes these influences and 152

compresses them into ultra-concise forms. 153
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Table 3: Patterns of Semantic Change

Type Term Evolution Usage Ex-
amples

Amelioration "Sick" Illness →
impressive

"That trick
was sick!"

"Lit" Drunk →
exciting →
excellent

"The party
was lit"

Deterioration "Gnarly" Cool →
dangerous

"Gnarly
wound"

"Clown" Entertainer
→ insult

"Quit
clowning
around"

4.2 Semantic Shifts154

Semantic shifts, the evolution of word meanings155

over time, are evident across generations, but the156

specific patterns and drivers can differ. Ameliora-157

tion, where a word’s meaning becomes more posi-158

tive, is seen in terms like "sick," which has evolved159

from meaning illness to meaning something impres-160

sive, as in "That trick was sick!" Similarly, "lit" has161

undergone a transformation from meaning drunk162

to exciting and now often to excellent, exemplified163

by "The party was lit." Conversely, deterioration in-164

volves a word’s meaning becoming more negative.165

"Gnarly" once meant cool but can now imply some-166

thing dangerous, as in "Gnarly wound." Likewise,167

"clown," originally referring to an entertainer, is168

now frequently used as an insult, as in "Quit clown-169

ing around." These examples illustrate how the170

connotations and applications of words can change171

significantly as they are adopted and adapted by172

different generations.173

4.3 Grammatical Conversion174

Table 4: Part-of-Speech Transformations

Original New Form Conversion Example
Usage

"Adult" (n.) "adulting"
(v.)

Noun →
verb

"I’m adult-
ing today
by paying
bills"

"Ghost" (n.) "ghosting"
(v.)

Noun →
verb

"She
ghosted me
after our
date"

"Life" (n.) "lifing" (v.) Noun →
verb

"I’m just
lifing right
now"

Another notable linguistic phenomenon is gram-175

matical conversion, where a word originally be- 176

longing to one part of speech is used as another. 177

For instance, the noun "adult" has been converted 178

into the verb "adulting," as in the sentence "I’m 179

adulting today by paying bills." Similarly, the noun 180

"ghost" has become the verb "ghosting," used in 181

contexts like "She ghosted me after our date." Even 182

a basic noun like "life" has seen conversion to the 183

verb "lifing," as in the casual expression "I’m just 184

lifing right now." These transformations highlight 185

the fluidity and adaptability of language within gen- 186

erational slang, where functional shifts can create 187

new expressive possibilities. 188

5 Cultural Drivers 189

5.1 Gaming Lexicon Expansion 190

Table 5: Gaming Terms in Everyday Slang

Category Term Extended Meaning

Mechanics "Grinding" Repetitive gameplay → hard
work

"OP" Overpowered → exception-
ally good

"Farming" Resource collection → repet-
itive tasks

Social "Noob" New player → inexperienced
person

"GG" Good game → general ap-
proval

"KO" Knocked out → defeated

Gaming vocabulary has significantly permeated 191

everyday slang, with numerous terms initially used 192

within gaming contexts now adopted more broadly 193

with extended meanings. For example, the gaming 194

term "grinding," which refers to repetitive game- 195

play to achieve a goal, has been extended to de- 196

scribe any form of hard or persistent work in non- 197

gaming situations. Similarly, "OP," originally short 198

for "overpowered" in games, now describes some- 199

thing or someone exceptionally good or effective. 200

The term "farming," used in gaming to describe 201

the repetitive collection of resources, has been gen- 202

eralized to refer to any repetitive task undertaken 203

to gain something. In the realm of social inter- 204

actions within games, "noob," meaning a new or 205

unskilled player, has been adopted to describe any 206

inexperienced person. "GG," an abbreviation for 207

"good game" often said at the end of a match, has 208

evolved into a general expression of approval or ac- 209

knowledgement. Lastly, "KO," short for "knocked 210

out" in combat games, is now used more broadly 211
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to indicate being defeated or overcome in various212

situations.213

5.2 Meme Culture Hybridization214

Meme culture crucially shapes Gen Alpha slang,215

often leading to the hybridization of existing terms216

with new, internet-driven contexts. The term217

"delulu" originates from "delusional" and gained218

popularity within K-pop fandoms to describe unre-219

alistic romantic expectations. Now, it is playfully220

used more broadly to refer to any form of overconfi-221

dence or wishful thinking, as in "She thinks he likes222

her back, she’s so delulu." "Skibidi" derives from223

a viral internet video trend and has come to repre-224

sent something absurd or chaotic, exemplified by225

the sentence "That whole situation was so skibidi."226

"Gyatt," originating from Twitch and TikTok cul-227

ture, is an expression of excitement or admiration,228

often used in response to someone’s attractiveness,229

as in "Bro saw her and said ’Gyatt!’" More recently,230

the term "sigma," which comes from personality231

archetype memes, has been adopted to describe232

an unemotional and independent ideal, as in "He’s233

such a sigma." These examples illustrate how inter-234

net culture rapidly evolves and integrates into the235

everyday language of Gen Alpha.236

5.3 Mental Health Vocabulary237

Terms originally rooted in mental health discourse238

have increasingly found their way into mainstream239

slang, often with nuanced shifts in meaning and ap-240

plication. The term "triggered," in a clinical context241

referring to a PTSD symptom, is now commonly242

used to describe a state of general discomfort or243

annoyance. Similarly, "trauma," which denotes a244

significant psychological injury, is often used in245

slang to describe exaggerated distress over rela-246

tively minor inconveniences. "Delulu," as men-247

tioned earlier, while derived from "delusional," is248

frequently used as a playful self-description of un-249

realistic hopes rather than a serious indication of250

a mental state. Lastly, "gaslighting," a term for251

a specific manipulation tactic, is sometimes used252

more casually to accuse someone of misleading or253

confusing them. This adoption of mental health vo-254

cabulary into slang reflects a broader awareness of255

these issues but also carries the risk of trivializing256

serious conditions.257

5.4 Global Pop Culture and Slang Borrowing258

The increasing globalization of media, particularly259

through the widespread popularity of K-pop and260

Table 6: Mental Health Terms in Slang

Term Clinical Meaning Slang Usage

"Triggered" PTSD symptom General discom-
fort

"Trauma" Psychological injury Exaggerated dis-
tress

"Delulu" Delusional Playful self-
description

"Gaslighting" Manipulation tactic Casual accusa-
tion

anime, has led to the significant adoption of foreign- 261

language slang into everyday English speech. The 262

Korean term "oppa" (), which respectfully means 263

"older brother," is now commonly used by interna- 264

tional fans to refer to male idols or romantic inter- 265

ests, as in "Jungkook is my oppa!" The expression 266

"uwu," derived from anime and internet culture 267

and visually representing a cute facial expression, 268

is used to convey excitement, affection, or a sense 269

of wholesomeness, exemplified by "That kitten is 270

so cute, uwu!" Similarly, the Japanese slang term 271

"tsundere" (), which combines "tsun-tsun" (aloof) 272

and "dere-dere" (lovey-dovey), is used to describe 273

a character or person who is initially cold or harsh 274

but is secretly caring and kind, as in "She acts mean, 275

but deep down, she’s a tsundere." These examples 276

highlight the growing interconnectedness of global 277

youth culture and its impact on the evolution of 278

slang. 279

6 AI Translation Failures 280

6.1 Error Typology 281

Our analysis of AI translation errors reveals two 282

primary categories of mistakes when processing 283

Gen Alpha slang. Literal translations occur when 284

the AI system translates a slang term based on its 285

constituent words or letters without understand- 286

ing the intended idiomatic meaning. For example, 287

translating "GOAT" as the Hindi word for "goat" 288

( - bakrı̄) completely misses its intended meaning 289

of "Greatest Of All Time." Similarly, translating 290

"Big W" literally as "big dub-lyoo" fails to convey 291

its meaning of a significant win or success. The 292

second type of error involves a lack of contextual 293

understanding. In these cases, the AI might pro- 294

vide a possible translation of a word but fails to 295

select the appropriate meaning based on the sur- 296

rounding context. For instance, translating "Bet" 297

as "gamble" ( - shart) overlooks its common use as 298

an affirmation or agreement. Likewise, translating 299
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"Sus" simply as "suspicious" ( - sandigdh) often300

misses the nuances of its usage in online contexts to301

imply something is generally off or untrustworthy.302

Table 7: Comprehensive Error Analysis

Error Type Example Hindi (Ap-
prox.)

Issue

Literal "GOAT" "buh-kree"
(goat)

Misses
meaning

"Big W" "big dub-
lyoo"

Letter trans-
lation

Context "Bet" "shuh-rt"
(gamble)

Meaning
loss

"Sus" "sun-
digdh"

Context
loss

6.2 Model Performance Analysis303

Table 8: AI Model Strengths and Weaknesses

AI Model Strengths Weaknesses

Google Translate Handles basic
word translations
well

Fails with slang,
relies on literal
meaning, does
not adapt to
context

ChatGPT Understands
slang in some
cases, attempts
to use context

Some rigid trans-
lations, lacks nat-
ural Hindi phras-
ing

DeepSeek Handles abbre-
viations & slang
better, adapts
context

Sometimes
over-corrects
slang, making it
too formal

Gemini Most natural
translations,
good at context
adaptation

Can miss sub-
tle slang connota-
tions

The evaluation of different AI models high-304

lights their varying strengths and weaknesses when305

dealing with Gen Alpha slang. Google Translate306

demonstrates a basic capability in handling stan-307

dard word translations but struggles significantly308

with slang, often relying on literal interpretations309

and failing to adapt to contextual nuances. Chat-310

GPT exhibits a better understanding of slang in311

some instances and attempts to utilize context to312

inform its translations. However, it occasionally313

produces rigid translations that lack natural phras-314

ing, particularly in languages like Hindi. DeepSeek315

shows improved performance in handling abbrevi-316

ations and slang terms and demonstrates a better317

ability to adapt to context. However, it sometimes318

over-corrects slang, resulting in translations that319

are overly formal and miss the informal tone of 320

the original expression. Gemini produces the most 321

natural-sounding translations overall and demon- 322

strates a strong ability to adapt its translations based 323

on context. Despite this, it can still miss subtle con- 324

notations and the specific cultural understanding 325

embedded within certain slang terms. Key findings 326

from our analysis indicate that a significant ma- 327

jority, around 89%, of translation errors involve a 328

misunderstanding of culturally-grounded meanings 329

inherent in the slang. Furthermore, gaming-related 330

terms exhibit the highest rate of mistranslation at 331

73%, followed closely by mental health vocabulary 332

with a 68% error rate, underscoring the challenges 333

these specific categories of slang pose for current 334

AI translation technologies. 335

7 Linguistic Mechanisms 336

7.1 Semantic Bleaching 337

Semantic bleaching is a linguistic process where 338

the original, strong meaning of a word weakens 339

over time, often becoming more general or ex- 340

pressive rather than descriptive. The term "fire" 341

originally referred to literal combustion but has 342

undergone semantic bleaching to become a gen- 343

eral term of praise, as in "Those shoes are fire!" 344

where it simply conveys that the shoes are very 345

good or stylish. Similarly, "slay" originally meant 346

to violently kill but has been bleached to signify ex- 347

ceptional performance or success, as in "She slayed 348

that presentation," indicating she did an outstand- 349

ing job. In both cases, the original core meaning of 350

the word is significantly diminished, and the word 351

takes on a more abstract and evaluative function 352

within slang. 353

7.2 Orthographic Innovation 354

Gen Alpha slang also exhibits notable orthographic 355

innovations, involving creative adaptations of the 356

standard writing system. One common type is the 357

use of letter-number hybrids, where numbers are 358

substituted for phonetically similar letters, such as 359

"L8R" for "later" and "B4" for "before." Another 360

form of innovation involves visual puns, where the 361

spelling of a word plays on its visual appearance 362

or a related concept, as seen with "Yeet" (often 363

associated with a throwing motion) and the elon- 364

gated "Sheesh" used as an exclamation. Finally, 365

phonetic spelling, where words are spelled as they 366

sound, is also prevalent, as in "Delulu" for "delu- 367

sional" and "Chonky" for "chunky," often reflecting 368
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informal pronunciation or emphasis. These ortho-369

graphic variations contribute to the unique visual370

and phonetic character of Gen Alpha slang.371

Table 9: Writing System Adaptations

Type Examples

Letter-number hybrids "L8R" (later), "B4" (be-
fore)

Visual puns "Yeet" (throw), "Sheesh"
(exclamation)

Phonetic spelling "Delulu" (delusional),
"Chonky" (chunky)

8 Proposed Solutions372

To address the challenges in understanding and373

translating Gen Alpha slang, a multifaceted ap-374

proach is required, focusing on enhancing the dy-375

namic adaptability and cultural awareness of AI376

language models.377

• Dynamic Lexicon Updating: This approach378

involves the implementation of systems capa-379

ble of real-time monitoring and integration of380

newly emerging slang terms and their evolv-381

ing meanings. This could be achieved through382

techniques such as actively scraping online383

slang dictionaries like Urban Dictionary, track-384

ing trends in meme culture to identify associ-385

ated vocabulary, and leveraging crowdsourced386

data where users can contribute and validate387

the definitions and usage of new slang. By388

continuously updating their lexical databases389

with the latest slang, AI models can improve390

their ability to recognize and interpret these391

terms.392

• Context-Aware Frameworks: To better un-393

derstand the nuances of slang, AI models394

need to be equipped with frameworks that395

are highly sensitive to context. This includes396

developing the ability to adapt translations397

based on the specific digital platform where398

the slang is used, as the meaning of a term399

can vary across different online communities.400

Incorporating discourse analysis techniques401

can help the AI understand the role of slang402

within a larger conversation or text. Further-403

more, integrating demographic-aware transla-404

tion models could allow the AI to consider the405

likely age and social group of the user, which406

can provide crucial clues about the intended407

meaning of slang terms.408

• Multimodal Analysis: Given the heavy re- 409

liance of Gen Alpha on visual and auditory 410

content, incorporating multimodal analysis 411

into AI systems is essential. This involves en- 412

abling the AI to recognize and interpret emo- 413

jis, which often accompany and modify the 414

meaning of slang. Additionally, the ability to 415

parse information from images and analyze 416

the context of videos, where much of Gen Al- 417

pha slang originates and is demonstrated, can 418

provide valuable semantic information that 419

text-only analysis would miss. By processing 420

text in conjunction with visual and auditory 421

cues, AI models can achieve a more holistic 422

understanding of Gen Alpha communication. 423

9 Potential Future Evolution of Slang 424

The trajectory of slang development is heavily 425

influenced by technological advancements, cul- 426

tural shifts, and evolving modes of communication. 427

Given the rapid integration of artificial intelligence 428

(AI) into daily interactions and the increasing glob- 429

alization of digital spaces, several key factors are 430

expected to shape the future evolution of slang. 431

• AI Influence on Slang Formation: The grow- 432

ing reliance on AI-generated content—such 433

as automated responses from chatbots, predic- 434

tive text algorithms, and AI-assisted writing 435

tools—may accelerate the creation and dis- 436

semination of new slang. AI systems, trained 437

on vast datasets of human language, often gen- 438

erate unconventional phrasing or linguistic 439

shortcuts that could organically enter collo- 440

quial speech. For instance, repeated expo- 441

sure to AI-suggested abbreviations or syntac- 442

tical structures in messaging apps might lead 443

users to adopt these patterns, resulting in AI- 444

assisted slang. 445

• Gen Alpha and AI-Integrated Expressions: 446

Generation Alpha (those born from the early 447

2010s onward) is the first cohort to grow up 448

with AI assistants (e.g., Siri, Alexa) as an in- 449

tegral part of their linguistic environment. As 450

AI becomes further embedded in social me- 451

dia, gaming, and virtual interactions, younger 452

users may adopt AI-influenced expressions, 453

such as acronyms derived from chatbot in- 454

teractions or slang derived from autocorrect 455

behaviors. For example, if AI frequently 456

predicts and suggests certain phrases (e.g., 457
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"LOLz" instead of "LOL"), these variations458

could become normalized in youth vernacular.459

• Multilingual Slang Blending: The inter-460

net facilitates unprecedented cross-cultural461

communication, leading to hybrid slang that462

merges elements from multiple languages.463

For instance, terms like "K-rizz" (Korean +464

charisma) or "Spanglish" slang (e.g., "par-465

quear" from "park" + Spanish "-ear") may pro-466

liferate as global digital communities interact467

more frequently. Social media platforms like468

TikTok and Instagram, which host diverse user469

bases, serve as incubators for such linguistic470

fusions, accelerating the adoption of hybrid471

slang across different linguistic groups.472

10 Limitations473

While this study provides valuable insights into474

the dynamics of Gen Alpha slang and AI’s role475

in language evolution, several limitations must be476

acknowledged to contextualize the findings appro-477

priately.478

• Corpus Limitations: The slang corpus,479

though extensive, may not fully encapsulate480

regional dialects or subcultural linguistic vari-481

ations. Slang usage can differ significantly482

across socioeconomic backgrounds, urban vs.483

rural settings, and even between online com-484

munities, suggesting that some nuances may485

be underrepresented.486

• Temporal Dynamics: Slang evolves at an487

exceptionally rapid pace, particularly among488

younger demographics. Terms analyzed in489

this study may fall out of favor or undergo490

semantic shifts by the time of publication,491

while new slang may emerge from viral trends,492

memes, or technological developments not493

captured in the current dataset.494

• Platform Bias: Data collection primarily re-495

lied on mainstream social media platforms496

(e.g., Twitter, TikTok, YouTube), potentially497

overlooking slang developing in niche forums498

(e.g., Discord servers, gaming chats) or emerg-499

ing platforms that cater to specific subcultures.500

Future research could benefit from a more di-501

versified sampling of digital spaces.502

• Translation Focus: The AI evaluation cen-503

tered on English-to-Hindi translation, which504

may not generalize to other language pairs. 505

Languages with greater structural differences 506

(e.g., English vs. Mandarin) or less digital rep- 507

resentation might exhibit different challenges 508

in slang translation accuracy. 509

• Cultural Specificity: Findings are primar- 510

ily applicable to Western-centric digital en- 511

vironments, where English dominates online 512

discourse. Slang evolution in non-Western 513

contexts (e.g., East Asia, Africa) may follow 514

distinct patterns influenced by local languages, 515

cultural norms, and digital behaviors, warrant- 516

ing further region-specific studies. 517

11 Conclusion 518

Our study highlights the unique linguistic proper- 519

ties of Gen Alpha slang and the translation chal- 520

lenges it poses to the current AI systems. Our analy- 521

sis reveals that Gen Alpha’s digital-native slang ex- 522

hibits unprecedented lexical compression (averag- 523

ing just 1.9 characters per term), extensive cultural 524

hybridization from gaming and meme ecosystems, 525

and rapid semantic evolution. The morphological 526

innovations, particularly ultra-compressed forms 527

like single-letter terms ("W"/"L") and platform- 528

specific orthography, demonstrate how digital en- 529

vironments reshape linguistic patterns more dra- 530

matically than in previous generations. AI trans- 531

lation systems currently fail to adequately process 532

these terms, with 89% of errors stemming from 533

cultural-context misunderstandings and 73% of 534

gaming-related terms being mistranslated. These 535

limitations underscore the urgent need for language 536

models that incorporate real-time lexical updating, 537

platform-aware disambiguation, and multimodal 538

analysis pipelines. Future research should develop 539

mechanisms to track rapidly evolving language 540

changes while preserving semantic nuances across 541

cultural contexts, particularly as AI-generated con- 542

tent begins to influence slang formation itself. The 543

findings highlight both the remarkable adaptability 544

of youth language in digital ecosystems and the sig- 545

nificant gaps in current computational approaches 546

to understanding this evolution. Our work aims to 547

contribute to bridging this gap between innovative 548

use of language by youth and AI based language 549

technologies. 550
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