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Abstract

Large language models (LLMs) are typically aligned to a single, universal policy,
obscuring the rich plurality of human moral perspectives that drive creative practice.
We present a study of prompt-level moral steering in large language models with
ten-principle constitutions. Seven constitutions matched in length (Intersectional
Feminist, Ecological Justice, Ubuntu, Indigenous Sovereignty, Universal Human
Rights, Neutral, and a Random Adjective placebo) are paired with a 100-question
benchmark spanning Everyday Advice, Policy Scenarios, Normative Dilemmas,
and Rewrite Tasks. We generated 2800 completions across four models (GPT-4o-
mini, Llama-3.1-8B, Llama-4 Scout-17B, Qwen-3-235B) and evaluate them with
four complementary metrics: toxicity, semantic alignment with the canon of each
constitution, lexical marker ratio, and an LLM-as-a-Judge composite of authenticity,
helpfulness, and safety. Prompted moral frames yield consistent improvements
in alignment and judged quality without increasing toxicity; placebo prompts do
not. Effects replicate across models and are strongest on morally charged tasks.
The open-source toolkit lets researchers or artists author new frames in minutes,
supporting participatory, culturally adaptive Al. Our results show that pluralistic
prompting is a practical lever for value-conditional behavior and a fertile instrument
for creative Al exploration. The code and results obtained in this study is available
at: https://github.com/ArjunBalaji79/encoding_values_neurips.

1 Introduction

Generative language models are now active partners in artistic creation, design ideation, and public
discourse. Their behavior is typically governed by a single, universal alignment policy—a fixed
reward model or “constitution” distilled from a largely homogeneous pool of annotators and organi-
zational guidelines. This one-size-fits-all approach streamlines deployment but blurs the plurality
of human ethics that undergird creative practice. A chatbot that offers design feedback in Berlin,
collaborates on climate-justice poetry in Nairobi, and moderates a cultural-heritage workshop in
Wellington will encounter moral expectations that diverge along axes of gender equity, ecological
responsibility, Indigenous sovereignty, communal harmony, and liberal rights. Alignment debates
often collapse diverse human values into a single “universal” objective. Yet communities articulate
ethics differently: feminist theory foregrounds power and intersectionality; ecological perspectives
emphasize interdependence and planetary stewardship; decolonial and Indigenous sovereignty lenses
center historical context and collective well-being.
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The present study treats value pluralism as an empirical question: How much does an identical
model’s behavior change when prompted with distinct, carefully balanced moral constitutions? To
investigate, we introduce a plural-constitution benchmark composed of:

* Seven token-parity constitutions each expressed in ten numbered principles.

* A 100-query evaluation set that spans four splits : Everyday Advice, Policy Scenarios,
Normative Dilemmas, and Rewrite tasks.

By demonstrating that explicitly plural constitutions induce behavioral divergence in a state-of-the-art
LLM, the work provides a concrete foundation for user-selectable or community-specified moral
frames, an essential ingredient for humane and culturally adaptive Al systems.

2 Related Work

Early commercial systems such as InstructGPT rely on reinforcement learning from human feedback
(RLHF) to fit a single reward model for all users, doubling human-preference scores over plain
GPT-3 but leaving values effectively frozen [[Ouyang et al., [2022]]. Anthropic’s Constitutional Al
improves safety by running a critique-and-revision loop over 16 hand-written rules, cutting harmful
completions by about 65 percent, yet it still assumes one “correct” moral frame [Bai et al., 2022].

Efforts to democratize that frame include Collective Constitutional Al: Aligning a Language Model
with Public Input, which distills almost 20,000 lay-citizen proposals into a single merged constitution
[Huang et al., [2024]], and Public Constitutional AI, which envisions a legally drafted charter that
likewise applies to everyone [Abiri, 2025].

Complementary work shows that large models can shift stance when prompted with cultural cues
[Xu et al.| [2025]] and that padding prompts with semantically neutral text can worsen reasoning [Levy
et al., [2024]; we therefore keep every frame within a set number of tokens to isolate semantic effects.
Whereas earlier approaches either (i) impose one universal charter or (ii) collapse diverse opinions
into a single aggregate document, our study maintains multiple worldviews side by side and quantifies
how their answers diverge.

3 Methods

3.1 Constitutions

We authored seven concise textual constitutions that include Intersectional Feminist, Ecological
Justice, Ubuntu, Human Rights, Indigenous Sovereignty, Neutral, Random Adjective Control. For
the constitutions, refer to the repository provided in Appendix A.

3.1.1 Design Principles

Each constitution follows a uniform template: ten numbered principles concise enough for a single
system prompt yet detailed enough to guide both tone and moral reasoning. To prevent prompt length
from becoming a confounding factor, every file averages about 120 tokens, achieving close token
parity across frames. We further anchor each frame in its intellectual heritage by citing seminal
thinkers for example, bell hooks for the feminist lens [Hooks| 2000]] and Desmond Tutu for Ubuntu,
which helps ground vocabulary and reduces the risk of “word-salad” drift. For robustness, we sample
twenty-five responses for every combination of model, value framework, and task, producing a total
of 2800 evaluations. Even the neutral and placebo controls follow this exact format to ensure that
only semantic differences, not length or punctuation, drive downstream behavior.

3.1.2 Seven Constitutions

Seven distinct ethical frameworks were tested. The Intersectional Feminist framework, rooted in bell
hooks’ intersectional analysis, aimed to address power imbalances and ensure equitable treatment
across diverse social identities by identifying and mitigating biases affecting marginalized groups.
The Ecological Justice framework, adopting an Earth-systems thinking approach, emphasized climate
justice and the interconnectedness of all living things, focusing on AI’s positive contribution to



environmental sustainability. Drawing from the African ethic of "shared humanity,” the Ubuntu
framework prioritized community, compassion, and collective interconnectedness, aiming to foster Al
systems that promote social cohesion and human flourishing. Based on the principles of the 1948 Uni-
versal Declaration of Human Rights, the Human Rights framework ensured Al development respects
fundamental human dignity, liberty, and equality, preventing infringement upon individual rights.
Guided by Linda Tuhiwai Smith’s concept of kaupapa [[Smith, [2021]], the Indigenous Sovereignty
framework championed self-determination and the protection of Indigenous knowledge systems and
ways of being, ensuring Al respects Indigenous communities’ autonomy and cultural heritage. The
baseline frameworks included Neutral Long and Random Adjective. The Neutral Long framework
served as a control, focusing on fundamental principles of clarity and courtesy in AI communication,
establishing a baseline for general good conduct without specific ethical stances. The whimsical
Random Adjective framework provided a contrasting, less formally structured control. Its arbitrary
focus on punctuality and "blueberry appreciation” highlighted the importance of well-defined ethical
principles by demonstrating what a lack of such principles might look like in practice.

3.2 Query Benchmark

We created four query sets: Everyday Advice, Normative Dilemmas, Policy Scenarios, and Rewrite
Tasks. These span mundane choices to complex socio-political tradeoffs, ensuring both breadth
and depth of moral reasoning challenges. Each query is 10 — 25 tokens and omits frame keywords
(“feminist”, “Ubuntu”, etc.) to prevent trivial lexical matching. For the complete set of queries, refer
to the repository in Appendix A.

Table 1: Core splits for value conditioning tasks. Each split contains 25 examples.

Split Purpose Example ID (abridged)

Everyday Advice (25) Emotional labour, craft, interpersonal EA11 “... ask neighbour to reduce
rituals noise”

Policy Scenarios (25) Governance of Al labour, energy, [P PS13 “ban facial-recognition in pub-

lic spaces”

Normative Dilemmas (25)  Direct moral conflicts (authorship vs. DL03 “mine rare earths on sacred

Rewrite Tasks (25)

equity, land vs. profit)
Pure voice transfer; same fact, new
framing

land?”
RWO07 “Humans have dominion over
all species”

Together, the seven parity-matched constitutions and 100 balanced queries provide a minimal yet
rigorous playground for testing whether large language models can exhibit distinct and interpretable
world-views.

4 Framework

4.1 Generation

The open-source framework offers a single CLI and backend wrappers (OpenAl, Anthropic, Hug-
gingFace, Ollama, Modal, Cerebras) enable easy generation. For each (query, frame) pair we allow
options to sample n responses at temperature 0.7 and log outputs. It also allows for simple testing of
new constitutions ensuring reproducibility.

4.2 Evaluation

We assessed model outputs using four metrics: Toxicity, Semantic Distance, Lexical Marker Ratio,
and an LLM-as-a-Judge [Li et al.,[2024]] composite score to provide a multi-perspective evaluation
suite.

Toxicity was detected with the unitary toxic-bert [Hanu and Unitary team| 2020 classifier. The score
ranges from O (completely safe) to 1 (maximally toxic). A probability threshold of 0.5 separated
toxic from non-toxic responses, so lower values correspond to safer and more civil language.

Semantic Distance measured how faithfully each response adhered to a target value framework. We
embedded responses and their corresponding canonical paragraphs using SentenceTransformer all-



mpnet-base-v2 [Song et al.,|2020]and computed 1 minus the cosine similarity between embeddings.
As cosine similarity lies in [-1, 1], this yields a distance range of O (perfect alignment) to 2 (complete
opposition); smaller distances therefore indicate tighter semantic alignment.

The Lexical Marker Ratio captured overt framing cues. For every value framework we compiled a
lexicon of 10-30 high-precision tokens drawn from the literature, then reported the proportion of
words in a response that matched this lexicon. Lower ratios imply subtler, less explicitly signposted
framing.

Finally, the overall quality was judged by GPT-4.1 (temperature = 0.3). The model rated Authenticity
(50 % weight), Helpfulness (30 %), and Safety (20 %) on a 1-5 scale, producing a composite score
computed as 0.5 x Authenticity + 0.3 x Helpfulness + 0.2 x Safety. Higher composite values indicate
outputs perceived as more authentic, useful, and safe. Together, these metrics furnish a rigorous and
diversified picture of system performance, encompassing safety, semantic fidelity, stylistic signaling,
and human-perceived utility.

5 Results

5.1 Effects of Moral Framing on Models

Across splits, coherent value frames reliably improved quality and alignment over both baselines.
Table 2 is the frame-by-frame results for the GPT 40-mini model [OpenAl et al.|[2024] across all
evaluation metrics. On Normative Dilemmas, value-aligned frames achieved high LLM-as-Judge
scores (e.g., Ecological 4.976; Feminist 4.988; Human Rights 4.988) while Indigenous Sovereignty
produced the tightest semantic adherence (0.399 distance), all at very low toxicity; the placebo
Random-Adjective underperformed markedly (LLM-Judge 2.864). In Policy Scenarios, value frames
again exceeded baselines on LLM-as-Judge scores(Ecological 4.872; Feminist 4.872; Ubuntu 4.860;
Human Rights 4.848), with Indigenous Sovereignty showing both strong semantic pull (0.426) and
the highest lexical marker ratio (0.131), indicating clear, but not excessive, on-frame signaling.

On Everyday Advice, Ubuntu and Human Rights reached the ceiling score (5.0), while the placebo
both scored lower (3.368) and showed the highest toxicity observed in the table (0.0077), reinforcing
that filler text does not substitute for principled frames; the neutral control remained strong (4.98).
Rewrite tasks proved more challenging than the other splits, so performance gains were modest yet
consistent: Ubuntu (4.09), Feminist (4.01), and Human Rights (4.00) all outperformed the neutral
control (3.61), while the Random-Adjective placebo trailed at 2.50. Even in this harder setting, moral
conditioning still steers both what the model says and how it says it, boosting on-frame semantics
and judged helpfulness / safety without any measurable safety regressions.

5.2 Cross-Model Generality

Our analysis of 2800 total evaluations across four models: GPT-40-mini, Llama-3.1-8B [Grattafiori
et al.,[2024], Llama-4 [Meta Al 2025]], Qwen-3-235B [Qwen Team), [2025]], seven value frameworks,
and four task categories demonstrates strong evidence for the effectiveness of value conditioning
through system prompts. Value-aligned frameworks consistently outperformed baseline conditions
across multiple evaluation metrics.

The value-conditioning effect replicates across all four models as seen in Table 3. For morally explicit
tasks, Indigenous Sovereignty consistently yields the tightest semantic adherence on both Normative
Dilemmas and Policy Scenarios—for GPT-40-mini (0.399; 0.426), Llama-3.1-8B (0.463; 0.453),
Llama-4 Scout-17B (0.415; 0.430), and Qwen-3-235B (0.543; 0.527).

Across models, Random-Adjective (placebo) is reliably worst on judged quality, while Neutral-Long
is a strong baseline that frames often surpass on LLM-Judge, especially in Normative and Policy
splits. Toxicity remains low for value frames; when it rises, it is most evident under the placebo (e.g.,
GPT-40-mini Everyday Advice toxicity 0.0077).

Task sensitivity is stable across models. On Everyday Advice, Ubuntu and Human Rights trend
highest in judged quality for GPT-40-mini (5.0/5.0), Llama-3.1-8B (4.73/4.75), and Llama-4 Scout-
17B (4.80/4.74); Qwen also shows these frames above the neutral control (4.15-4.24 vs. 3.18).
Rewrite Tasks show the smallest gains but still consistent cross-model improvements over neutral:
GPT-40-mini (Ubuntu 4.09 vs. 3.61), Llama-3.1-8B (Ubuntu 4.94 vs. 4.73), Llama-4 Scout-17B



Table 2: Evaluation summary by split and frame for GPT 40-mini

Split Frame #Resp Toxicity Semantic Lexical LLM Judge
normative_dilemmas  indigenous_sovereignty 25 0.0006678896  0.3989210117  0.1243903474 3.9760
normative_dilemmas  random_adjective 25 0.0013628866 0.7407704407  0.0664258700 2.8640
normative_dilemmas  neutral_long 25 0.0007225176  0.9062633349  0.0141585647 4.8920
normative_dilemmas  ecological_justice 25 0.0007590884  0.5473841608  0.0830303487 4.9760
normative_dilemmas  intersectional_feminist 25 0.0009890494  0.5576995921  0.0541580082 4.9880
normative_dilemmas  ubuntu 25  0.0006699183 0.5888367617 0.0661861415 4.9760
normative_dilemmas  human_rights 25 0.0007759674  0.6237426150 0.1180741966 4.9880
policy_scenarios indigenous_sovereignty 25  0.0006506725 0.4256700176  0.1311801571 3.9640
policy_scenarios random_adjective 25 0.0010881692 0.6898523651 0.0665350153 2.7720
policy_scenarios neutral_long 25 0.0006520353  0.8981218824  0.0114779773 4.7440
policy_scenarios ecological_justice 25 0.0007695935 0.5889419091  0.0930056318 4.8720
policy_scenarios intersectional_feminist 25 0.0008337921 0.5767837536  0.0593937471 4.8720
policy_scenarios ubuntu 25 0.0006199450 0.6118481481  0.0609449954 4.8600
policy_scenarios human_rights 25 0.0006497972  0.6374225402  0.1035917902 4.8480
everyday_advice indigenous_sovereignty 25 0.0009036621  0.6923059136  0.0727619347 4.2600
everyday_advice random_adjective 25 0.0077415239  0.5851289856  0.0691534469 3.3680
everyday_advice neutral_long 25 0.0017773309 0.9362751506  0.0137808883 4.9800
everyday_advice ecological_justice 25 0.0015332415 0.6959792580  0.0548878476 4.8160
everyday_advice intersectional_feminist 25 0.0011749752  0.7481251794  0.0262530615 4.7960
everyday_advice ubuntu 25 0.0011581853 0.8119085684  0.0309191146 5.0000
everyday_advice human_rights 25 0.0021472529 0.8190064062  0.0484203013 5.0000
rewrite_tasks indigenous_sovereignty 25 0.0006226506  0.5078109860  0.1290527638 2.8400
rewrite_tasks random_adjective 25 0.0007987186  0.5177477395 0.0647503630 2.5000
rewrite_tasks neutral_long 25 0.0006719671 0.7703745916  0.0289181704 3.6120
rewrite_tasks ecological_justice 25 0.0006465967  0.4952156407  0.0755341190 3.5320
rewrite_tasks intersectional_feminist 25  0.0006867756  0.5022057366  0.0672063410 4.0120
rewrite_tasks ubuntu 25 0.0006075250 0.5325083816  0.0415243703 4.0920
rewrite_tasks human_rights 25 0.0006148747 0.5244140887 0.0669869774 4.0040

Table 3: Raw scores (mean over value frames; excludes Neutral and Placebo) for each model and
query type. Higher LLM-Judge and lower Semantic Dist indicate better performance.

Model Query Type LLM-Judge T Semantic Dist | Lexical Ratio
GPT-40-mini Normative Dilemmas 4.781 0.543 0.089
Policy Scenarios 4.683 0.568 0.090
Everyday Advice 4.774 0.753 0.074
Rewrite Tasks 3.696 0.512 0.076
Llama-3.1-8B Normative Dilemmas 4.406 0.592 0.061
Policy Scenarios 4.451 0.590 0.068
Everyday Advice 4.318 0.759 0.037
Rewrite Tasks 4.598 0.418 0.087
Llama-4 Scout-17B  Normative Dilemmas 4.442 0.583 0.076
Policy Scenarios 4.462 0.586 0.082
Everyday Advice 4.434 0.76 0.042
Rewrite Tasks 4.630 0.410 0.098
Qwen-3-235B Normative Dilemmas 4.138 0.605 0.085
Policy Scenarios 4.119 0.597 0.084
Everyday Advice 3.895 0.615 0.080
Rewrite Tasks 4.226 0.450 0.114

(Ubuntu 4.89 vs. 4.66), and Qwen-3-235B (Ubuntu 4.64 vs. 3.57). In conclusion, coherent moral
frames generalize across architectures: they tighten on-frame semantics and raise perceived quality
without measurable safety regressions, while the placebo increases variance and occasional toxicity.

6 Limitations

Our study adopts a lightweight, prompt-level intervention; while this demonstrates the feasibility of
pluralistic steering, it stops short of deeper training-time alignment and thus may not correct model-
internal biases that persist beyond the prompt window. Second, the evaluation suite relies on some



quantitative indicators like toxicity scores and lexical-marker ratios that capture only surface signals
of harmful or value-laden language; richer insight will require qualitative annotation and community-
led audits. Third, each constitution’s canonical paragraph reflects the authors’ interpretation of its
worldview, so the prompts themselves carry subjective bias; future work should co-design these
canons with the communities they represent. Finally, the findings are constrained by the specific
models and domains tested here; different parameter scales, instruction-tuning regimens, or non-
English contexts could yield different magnitudes of effect, and should be explored to validate the
generality of prompt-conditioned moral framing.

7 Conclusion

This work demonstrates that prompt-conditioned constitutions can meaningfully steer LLM output
while preserving safety. Across 2800 evaluations, value-aligned prompts improved semantic fidelity,
stylistic signaling, and LLM-judged usefulness compared to neutral and placebo baselines; the gains
were consistent over four architecturally diverse models and four task types. Crucially, no single
frame dominated every metric: Ubuntu excelled at judged quality, Indigenous sovereignty at semantic
adherence, highlighting the need for plural rather than one-size-fits-all alignment. By releasing an
end-to-end toolkit, balanced benchmark, and starter constitutions, we invite communities to author,
audit, and remix their own moral perspectives, turning alignment into a participatory, creative act.
Future work will extend the framework to multilingual prompts, domain-specific tasks (e.g., code
generation), and training-time fine-tuning, and will incorporate community-led qualitative reviews to
complement the quantitative indicators used here. Encoding Values thus provides both a practical
method and a conceptual foundation for culturally adaptive human-centered generative Al
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A Appendix

All experimental details such as results, constitutions and query sets are all available on the GitHub
Repository: https://anonymous.4open.science/r/encoding_values_neurips-4B94/:

All model generations in this study were obtained through hosted inference APIs—primarily the
Cerebras Cloud APIs and Azure OpenAl APIs without any fine-tuning or weight updates. Metric
computations (toxicity, semantic similarity, lexical diversity, and the LLM-as-Judge score) were
carried out on a Apple M2 Macbook Pro. To facilitate reproducibility and broader experimentation,
the accompanying open-source repository already includes plug-and-play support for additional
back-ends such as Modal serverless GPUs, Ollama for local models, Anthropic’s API, Hugging Face
Models, Azure OpenAl, and Cerebras client wrappers, allowing researchers to replicate or extend our

results on their preferred hardware or cloud platforms with minimal setup.

Table 4: Evaluation summary by split and frame for Llama-3.1-8B

Split Frame #Resp Toxicity Semantic Lexical LLM Judge
normative_dilemmas  indigenous_sovereignty 25 0.0006066740048117935 0.4628818392753601 0.09237823342378107  3.5000000000000013
normative_dilemmas  random_adjective 25 0.000755168218165636  0.8867953725578264  0.021370643260801212  3.3920000000000003
normative_dilemmas  neutral_long 25 0.000773012510035187  0.9037181862443685  0.009072174593681951 4.064000000000002
normative_dilemmas  ecological 25 0.0006617620214819909  0.5912425023317337  0.06786074707388962  4.528000000000002
normative_dilemmas  feminist 25 0.0008546153688803315  0.5687638020515442  0.04642694025760748  4.600000000000001
normative_dilemmas  ubuntu 25 0.0006301056896336377 0.665777136683464  0.04441854370660264  4.788000000000001
normative_dilemmas  human_rights 25 0.0007161973882466554  0.6710934221744538  0.05475987342455571 4.612000000000001
policy_scenarios indigenous_sovereignty 25 0.0005895118811167777  0.45276323080062864 0.11055696775135554 3.504000000000001
policy_scenarios random_adjective 25 0.0006517724599689245  0.8556461473926902  0.024370502711189842  3.396000000000001
policy_scenarios neutral_long 25 0.0006505206017754972  0.9019869042932988  0.006003679605500375  4.136000000000001
policy_scenarios ecological 25 0.0006448522419668734  0.6107671427726745  0.07594515447488594  4.580000000000002
policy_scenarios feminist 25 0.0007810202753171325  0.5719492065906525  0.044598026016215646  4.444000000000002
policy_scenarios ubuntu 25 0.0005815221252851188 0.663010488152504  0.04060989057887033 X

policy_scenarios human_rights 25 0.0006012695468962193  0.6534365111589432 0.0697438862321217  4.868000000000001
everyday_advice indigenous_sovereignty 25 0.0009232888999395072 0.662423854470253  0.058558902944408776  3.7200000000000006
everyday_advice random_adjective 25 0.001865614396519959  0.7836415684223175  0.03231381609938919  3.792000000000001
everyday_advice neutral_long 25 0.0017158107203431427  0.9290835973992944  0.010124568477758585  4.108000000000001
everyday_advice ecological 25 0.0014390000025741756  0.7036003971472382  0.037726549915675735  4.2440000000000015
everyday_advice feminist 25 0.0018155512982048095  0.7318280711770058  0.024366748082134456  4.1400000000000015
everyday_advice ubuntu 25 0.0013957392261363566  0.8748478936403989  0.019374187505072773  4.732000000000001
everyday_advice human_rights 25 0.0014407334383577108 0.8242834972217679 0.04687805549812706 4.752000000000001
rewrite_tasks indigenous_sovereignty 25 0.0005989479692652821  0.35617815613746645  0.11312590217037366  3.768000000000001
rewrite_tasks random_adjective 25 0.0007200711476616561 0.4848185610771179  0.06760838350081477  3.0239999999999996
rewrite_tasks neutral_long 25 0.0006350021110847592  0.7800884157419204  0.019499232867371968  4.732000000000001
rewrite_tasks ecological 25 0.0006203743419609963  0.3629622280597687  0.10365415075087442  4.836000000000001
rewrite_tasks feminist 25 0.0008755810535512865  0.44922972202301026  0.07459504800134101 4.704000000000001
rewrite_tasks ubuntu 25 0.0005945633514784276 0.4115735137462616 0.04825091536107296 4.94
rewrite_tasks human_rights 25 0.000594218906480819 0.5079808390140533 0.09373352996285059 4.740000000000001

Table 5: Evaluation summary by split and frame Qwen-3-235B

Split Frame #Resp Toxicity Semantic Lexical LLM Judge
normative_dilemmas  indigenous_sovereignty 25 0.0006406079535372555 0.542728328704834 0.11186998360690946  3.2640000000000002
normative_dilemmas  random_adjective 25 0.0006395660946145654 0.7608401549980044 0.07573016866654526 2.575999999999999
normative_dilemmas  neutral_long 25 0.0006880300189368427  0.8414051710069179  0.008890880221325712  3.5280000000000005
normative_dilemmas  ecological_justice 25 0.0006810503010638058  0.6567460733652115  0.07982580070837524  4.1320000000000014
normative_dilemmas  intersectional_feminist 25 0.001100166868418455  0.5477038252353669  0.05621017027080746  4.264000000000001
normative_dilemmas  ubuntu 25 0.0006624455214478076  0.6096894705295562  0.08890588955937981 4.496000000000001
normative_dilemmas  human_rights 25 0.0007664327509701252 0.670537588596344  0.09055540844125341 4.532000000000002
policy_scenarios indigenous_sovereignty 25 0.0006001014914363622 0.5266818845272064 0.1165733575940013  3.1639999999999997
policy_scenarios random_adjective 25 0.0005987806990742683  0.7848540880903602  0.06651286110304877  2.8560000000000003
policy_scenarios neutral_long 25 0.0005984236183576286  0.8568537857756019  0.007391813662858715  3.5200000000000005
policy_scenarios ecological_justice 25 0.0006207130337134004  0.6607048279047012  0.07999514045904613  4.172000000000001
policy_scenarios intersectional_feminist 25 0.0008939078683033586  0.5251452004909516  0.055220780986337356  4.324000000000002
policy_scenarios ubuntu 25 0.0006028541177511216 0.635027579665184 0.0745546369531723  4.588000000000002
policy_scenarios human_rights 25 0.0006227734917774796  0.6388832998275756 0.0925163588620639  4.348000000000002
everyday_advice indigenous_sovereignty 25 0.0006160997878760099 0.5396095290780067 0.10797791641298654  2.8679999999999994
everyday_advice random_adjective 25 0.0006604895158670843 0.578296703696251 0.1344013063696833  2.5080000000000005
everyday_advice neutral_long 25 0.0006865122402086854  0.8364240422844886  0.01229900676955479 3.176
everyday_advice ecological_justice 25 0.000726557718589902  0.6467730453610421 0.07184806147020092  4.064000000000001
everyday_advice intersectional _feminist 25 0.0008987299678847193 0.534305602312088  0.06255345653773457 4.152
everyday_advice ubuntu 25 0.0006317732203751802  0.6774279773235321 0.08641693782111089 4.152
everyday_advice human_rights 25 0.0006550234043970704  0.6789655068516731 0.07043534720758449  4.240000000000001
rewrite_tasks indigenous_sovereignty 25 0.0006364048132672906  0.42195928931236265 0.1551699799718791 3.404
rewrite_tasks random_adjective 25  0.001345887330826372  0.5592709231376648  0.16213549304373603 2.572
rewrite_tasks neutral_long 25 0.0006282053142786026  0.6464789485931397  0.05364332945138327  3.5720000000000005
rewrite_tasks ecological_justice 25 0.0006514650699682534  0.4767460536956787  0.10372599772565812  4.080000000000001
rewrite_tasks intersectional_feminist 25 0.0007951212977059186  0.38793649911880496  0.08881861631970182  4.504000000000001
rewrite_tasks ubuntu 25 0.0006360813160426915  0.4494035840034485  0.12005918601899117 4.644
rewrite_tasks human_rights 25 0.0006293536839075387  0.5116241955757141 0.10219021034209007  4.496000000000002
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Table 6: Evaluation summary by split and frame for Llama-4 Scout-17B

Split Frame #Resp Toxicity Semantic Lexical LLM Judge
normative_dilemmas  indigenous_sovereignty 25 0.0006205750000663102 0.4152366864681244 0.1194735058491159 3.576000000000001
normative_dilemmas  random_adjective 25 0.0010290291463024915  0.7973086756467819 0.04240704916225277  2.7439999999999998
normative_dilemmas  neutral_long 25 0.0009351982153020799 0.8736878760531545 0.008350877222741753 4.232000000000002
normative_dilemmas  ecological_justice 25  0.0008626525592990219 0.6500601649284363 0.07364038208315271 4.572000000000002
normative_dilemmas intersectional_feminist 25 0.0027768219029530882 0.5517028212547302 0.06029960317250675 4.580000000000002
normative_dilemmas  ubuntu 25 0.0006209852639585733  0.6097827595472336 0.04512777885287985  4.7360000000000015
normative_dilemmas  human_rights 25 0.0010145611339248716 0.690237573981285 0.0837488530227548 4.748000000000002
policy_scenarios indigenous_sovereignty 25 0.0006003056582994759 0.4303393697738647 0.12665361644884546  3.7280000000000006
policy_scenarios random_adjective 25  0.0008659384422935546 0.7935631799697876 0.04285057857910496 3.072
policy_scenarios neutral_long 25 0.000730121883098036  0.9083588816598058  0.007017177664337483  4.2200000000000015
policy_scenarios ecological_justice 25 0.0007261041295714677  0.6414631593227387 0.0783573058457095  4.448000000000002
policy_scenarios intersectional_feminist 25 0.0011145088309422136 0.5316740226745605 0.06320440898178722 4.652000000000002
policy_scenarios ubuntu 25 0.0005767681938596069 0.6620975688099862 0.039516342202083804 4.772000000000002
policy_scenarios human_rights 25 0.0007018804573453962  0.6655499905347824 0.10140911964869266  4.708000000000001
everyday_advice indigenous_sovereignty 25 0.0015641880547627807 0.6676873016357422 0.05589665444933401 3.772000000000001
everyday_advice random_adjective 25 0.003127778971102089  0.6996288891136646 0.05267728059366927  3.516000000000001
everyday_advice neutral_long 25  0.0023942541680298745 0.9353540455922484  0.0076275583058662425  4.2440000000000015
everyday_advice ecological_justice 25 0.0015567438560537994 0.7263801001757383 0.03831499340493557 4.376000000000001
everyday_advice intersectional_feminist 25 0.003204069670755416  0.7451474279165268  0.028640051256259756  4.480000000000001
everyday_advice ubuntu 25 0.00216973772039637  0.8552702064812183 0.02432807618008275  4.796000000000001
everyday_advice human_rights 25  0.0020716804428957403 0.8074951210618019 0.06284387150125599  4.7440000000000015
rewrite_tasks indigenous_sovereignty 25 0.0005944034736603498 0.3665586125850677 0.12308097314068023 3.944000000000001
rewrite_tasks random_adjective 25 0.001345887330826372  0.43008899331092837 0.07977457354877945 2.724
rewrite_tasks neutral_long 25 0.0006212530029006303  0.7780353850126267 0.02195180531860734  4.660000000000001
rewrite_tasks ecological_justice 25 0.000639001454692334  0.3979495704174042 0.1099650432940678  4.784000000000001
rewrite_tasks intersectional_feminist 25 0.0009972675703465938 0.3941797137260437 0.07952812557439537 4.684000000000001
rewrite_tasks ubuntu 25 0.0005912542832084  0.3985258758068085 0.05279248541132386 4.892
rewrite_tasks human_rights 25 0.0009748264984227717  0.49363348245620725 0.12227190895647876  4.844000000000001

NeurIPS Paper Checklist

1. Claims

Question: Do the main claims made in the abstract and introduction accurately reflect the
paper’s contributions and scope?

Answer: [Yes]

Justification: Abstract and Introduction state exactly what the study contributes seven token-
parity constitutions, 100-query benchmark, four metrics, four models and those claims are
borne out in Results.

Guidelines:
e The answer NA means that the abstract and introduction do not include the claims
made in the paper.
* The abstract and/or introduction should clearly state the claims made, including the

contributions made in the paper and important assumptions and limitations. A No or
NA answer to this question will not be perceived well by the reviewers.

* The claims made should match theoretical and experimental results, and reflect how
much the results can be expected to generalize to other settings.

* It is fine to include aspirational goals as motivation as long as it is clear that these goals
are not attained by the paper.

. Limitations

Question: Does the paper discuss the limitations of the work performed by the authors?
Answer: [Yes]

Justification: The "Limitations" section discusses prompt-only scope, metric proxies, canon
bias, and model/domain generalization.

Guidelines:
* The answer NA means that the paper has no limitation while the answer No means that
the paper has limitations, but those are not discussed in the paper.
* The authors are encouraged to create a separate "Limitations" section in their paper.

* The paper should point out any strong assumptions and how robust the results are to
violations of these assumptions (e.g., independence assumptions, noiseless settings,
model well-specification, asymptotic approximations only holding locally). The authors
should reflect on how these assumptions might be violated in practice and what the
implications would be.
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* The authors should reflect on the scope of the claims made, e.g., if the approach was
only tested on a few datasets or with a few runs. In general, empirical results often
depend on implicit assumptions, which should be articulated.

* The authors should reflect on the factors that influence the performance of the approach.
For example, a facial recognition algorithm may perform poorly when image resolution
is low or images are taken in low lighting. Or a speech-to-text system might not be
used reliably to provide closed captions for online lectures because it fails to handle
technical jargon.

e The authors should discuss the computational efficiency of the proposed algorithms
and how they scale with dataset size.

* If applicable, the authors should discuss possible limitations of their approach to
address problems of privacy and fairness.

* While the authors might fear that complete honesty about limitations might be used by
reviewers as grounds for rejection, a worse outcome might be that reviewers discover
limitations that aren’t acknowledged in the paper. The authors should use their best
judgment and recognize that individual actions in favor of transparency play an impor-
tant role in developing norms that preserve the integrity of the community. Reviewers
will be specifically instructed to not penalize honesty concerning limitations.

3. Theory assumptions and proofs

Question: For each theoretical result, does the paper provide the full set of assumptions and
a complete (and correct) proof?

Answer: [NA]
Justification: Paper is purely empirical; no theorems or formal proofs are presented.
Guidelines:

» The answer NA means that the paper does not include theoretical results.

* All the theorems, formulas, and proofs in the paper should be numbered and cross-
referenced.

* All assumptions should be clearly stated or referenced in the statement of any theorems.

* The proofs can either appear in the main paper or the supplemental material, but if
they appear in the supplemental material, the authors are encouraged to provide a short
proof sketch to provide intuition.

* Inversely, any informal proof provided in the core of the paper should be complemented
by formal proofs provided in appendix or supplemental material.

* Theorems and Lemmas that the proof relies upon should be properly referenced.

4. Experimental result reproducibility

Question: Does the paper fully disclose all the information needed to reproduce the main ex-
perimental results of the paper to the extent that it affects the main claims and/or conclusions
of the paper (regardless of whether the code and data are provided or not)?

Answer: [Yes]

Justification: The Framework section provides CLI, back-end list, sampling parameters, and
metric formulas. The provided codebase repository contains all scripts and experimental
results logs to reproduce everything.

Guidelines:

* The answer NA means that the paper does not include experiments.

* If the paper includes experiments, a No answer to this question will not be perceived
well by the reviewers: Making the paper reproducible is important, regardless of
whether the code and data are provided or not.

* If the contribution is a dataset and/or model, the authors should describe the steps taken
to make their results reproducible or verifiable.

* Depending on the contribution, reproducibility can be accomplished in various ways.
For example, if the contribution is a novel architecture, describing the architecture fully
might suffice, or if the contribution is a specific model and empirical evaluation, it may
be necessary to either make it possible for others to replicate the model with the same
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dataset, or provide access to the model. In general. releasing code and data is often
one good way to accomplish this, but reproducibility can also be provided via detailed
instructions for how to replicate the results, access to a hosted model (e.g., in the case
of a large language model), releasing of a model checkpoint, or other means that are
appropriate to the research performed.

While NeurIPS does not require releasing code, the conference does require all submis-
sions to provide some reasonable avenue for reproducibility, which may depend on the
nature of the contribution. For example

(a) If the contribution is primarily a new algorithm, the paper should make it clear how
to reproduce that algorithm.

(b) If the contribution is primarily a new model architecture, the paper should describe
the architecture clearly and fully.

(c) If the contribution is a new model (e.g., a large language model), then there should
either be a way to access this model for reproducing the results or a way to reproduce
the model (e.g., with an open-source dataset or instructions for how to construct
the dataset).

(d) We recognize that reproducibility may be tricky in some cases, in which case
authors are welcome to describe the particular way they provide for reproducibility.
In the case of closed-source models, it may be that access to the model is limited in
some way (e.g., to registered users), but it should be possible for other researchers
to have some path to reproducing or verifying the results.

5. Open access to data and code

Question: Does the paper provide open access to the data and code, with sufficient instruc-
tions to faithfully reproduce the main experimental results, as described in supplemental
material?

Answer: [Yes]

Justification: An anonymized GitHub link is present in the Abstract containing constitutions,
queries, benchmark JSON, generation scripts, and evaluation notebooks.

Guidelines:

The answer NA means that paper does not include experiments requiring code.

Please see the NeurIPS code and data submission guidelines (https://nips.cc/
public/guides/CodeSubmissionPolicy) for more details.

While we encourage the release of code and data, we understand that this might not be
possible, so “No” is an acceptable answer. Papers cannot be rejected simply for not
including code, unless this is central to the contribution (e.g., for a new open-source
benchmark).

The instructions should contain the exact command and environment needed to run to
reproduce the results. See the NeurIPS code and data submission guidelines (https:
//nips.cc/public/guides/CodeSubmissionPolicy) for more details.

The authors should provide instructions on data access and preparation, including how
to access the raw data, preprocessed data, intermediate data, and generated data, etc.
The authors should provide scripts to reproduce all experimental results for the new
proposed method and baselines. If only a subset of experiments are reproducible, they
should state which ones are omitted from the script and why.

At submission time, to preserve anonymity, the authors should release anonymized
versions (if applicable).

Providing as much information as possible in supplemental material (appended to the
paper) is recommended, but including URLSs to data and code is permitted.

6. Experimental setting/details

Question: Does the paper specify all the training and test details (e.g., data splits, hyper-
parameters, how they were chosen, type of optimizer, etc.) necessary to understand the
results?

Answer: [Yes]
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Justification: Section 3.2 Query Benchmark specifies splits and sizes; Section 4 lists temper-
ature for LLMs. Table 2 shows each model x task; hyper-parameters are minimal and fully
specified.

Guidelines:

* The answer NA means that the paper does not include experiments.

* The experimental setting should be presented in the core of the paper to a level of detail
that is necessary to appreciate the results and make sense of them.

¢ The full details can be provided either with the code, in appendix, or as supplemental
material.
7. Experiment statistical significance

Question: Does the paper report error bars suitably and correctly defined or other appropriate
information about the statistical significance of the experiments?

Answer:

Justification: We report per-cell means in Tables 1-2 but omit standard deviations, con-
fidence intervals, and significance tests. All raw per-response scores are released in the
supplementary CSV, enabling readers to increase sample sizes and compute their own
uncertainty estimates.

Guidelines:

* The answer NA means that the paper does not include experiments.

* The authors should answer "Yes" if the results are accompanied by error bars, confi-
dence intervals, or statistical significance tests, at least for the experiments that support
the main claims of the paper.

* The factors of variability that the error bars are capturing should be clearly stated (for
example, train/test split, initialization, random drawing of some parameter, or overall
run with given experimental conditions).

* The method for calculating the error bars should be explained (closed form formula,
call to a library function, bootstrap, etc.)

* The assumptions made should be given (e.g., Normally distributed errors).

¢ It should be clear whether the error bar is the standard deviation or the standard error
of the mean.

It is OK to report 1-sigma error bars, but one should state it. The authors should
preferably report a 2-sigma error bar than state that they have a 96% CI, if the hypothesis
of Normality of errors is not verified.

* For asymmetric distributions, the authors should be careful not to show in tables or
figures symmetric error bars that would yield results that are out of range (e.g. negative
error rates).

* If error bars are reported in tables or plots, The authors should explain in the text how
they were calculated and reference the corresponding figures or tables in the text.
8. Experiments compute resources

Question: For each experiment, does the paper provide sufficient information on the com-
puter resources (type of compute workers, memory, time of execution) needed to reproduce
the experiments?

Answer: [Yes]
Justification: Appendix A (supplement) lists GPU types, average runtime and memory.
Guidelines:

* The answer NA means that the paper does not include experiments.

* The paper should indicate the type of compute workers CPU or GPU, internal cluster,
or cloud provider, including relevant memory and storage.

* The paper should provide the amount of compute required for each of the individual
experimental runs as well as estimate the total compute.

* The paper should disclose whether the full research project required more compute
than the experiments reported in the paper (e.g., preliminary or failed experiments that
didn’t make it into the paper).
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9.

10.

11.

Code of ethics

Question: Does the research conducted in the paper conform, in every respect, with the
NeurIPS Code of Ethics https://neurips.cc/public/EthicsGuidelines]?

Answer: [Yes]
Justification: The study follows NeurIPS Code of Ethics.
Guidelines:

» The answer NA means that the authors have not reviewed the NeurIPS Code of Ethics.

* If the authors answer No, they should explain the special circumstances that require a
deviation from the Code of Ethics.

* The authors should make sure to preserve anonymity (e.g., if there is a special consid-
eration due to laws or regulations in their jurisdiction).

Broader impacts

Question: Does the paper discuss both potential positive societal impacts and negative
societal impacts of the work performed?

Answer: [Yes]

Justification: Societal considerations like positive pluralistic alignment are discussed in the
paper.
Guidelines:

* The answer NA means that there is no societal impact of the work performed.

* If the authors answer NA or No, they should explain why their work has no societal
impact or why the paper does not address societal impact.

» Examples of negative societal impacts include potential malicious or unintended uses
(e.g., disinformation, generating fake profiles, surveillance), fairness considerations
(e.g., deployment of technologies that could make decisions that unfairly impact specific
groups), privacy considerations, and security considerations.

» The conference expects that many papers will be foundational research and not tied
to particular applications, let alone deployments. However, if there is a direct path to
any negative applications, the authors should point it out. For example, it is legitimate
to point out that an improvement in the quality of generative models could be used to
generate deepfakes for disinformation. On the other hand, it is not needed to point out
that a generic algorithm for optimizing neural networks could enable people to train
models that generate Deepfakes faster.

* The authors should consider possible harms that could arise when the technology is
being used as intended and functioning correctly, harms that could arise when the
technology is being used as intended but gives incorrect results, and harms following
from (intentional or unintentional) misuse of the technology.

« If there are negative societal impacts, the authors could also discuss possible mitigation
strategies (e.g., gated release of models, providing defenses in addition to attacks,
mechanisms for monitoring misuse, mechanisms to monitor how a system learns from
feedback over time, improving the efficiency and accessibility of ML).

Safeguards

Question: Does the paper describe safeguards that have been put in place for responsible
release of data or models that have a high risk for misuse (e.g., pretrained language models,
image generators, or scraped datasets)?

Answer: [NA]

Justification: No large proprietary model weights or sensitive datasets are released; only
small prompt files and scripts.

Guidelines:

* The answer NA means that the paper poses no such risks.

* Released models that have a high risk for misuse or dual-use should be released with
necessary safeguards to allow for controlled use of the model, for example by requiring
that users adhere to usage guidelines or restrictions to access the model or implementing
safety filters.
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* Datasets that have been scraped from the Internet could pose safety risks. The authors
should describe how they avoided releasing unsafe images.

* We recognize that providing effective safeguards is challenging, and many papers do
not require this, but we encourage authors to take this into account and make a best
faith effort.

Licenses for existing assets

Question: Are the creators or original owners of assets (e.g., code, data, models), used in
the paper, properly credited and are the license and terms of use explicitly mentioned and
properly respected?

Answer: [Yes]

Justification: References cite original model papers (Ouyang et al., Bai et al., etc.) and note
API terms.

Guidelines:

* The answer NA means that the paper does not use existing assets.
* The authors should cite the original paper that produced the code package or dataset.

* The authors should state which version of the asset is used and, if possible, include a
URL.

* The name of the license (e.g., CC-BY 4.0) should be included for each asset.

* For scraped data from a particular source (e.g., website), the copyright and terms of
service of that source should be provided.

 If assets are released, the license, copyright information, and terms of use in the
package should be provided. For popular datasets, paperswithcode.com/datasets
has curated licenses for some datasets. Their licensing guide can help determine the
license of a dataset.

* For existing datasets that are re-packaged, both the original license and the license of
the derived asset (if it has changed) should be provided.

* If this information is not available online, the authors are encouraged to reach out to
the asset’s creators.
New assets

Question: Are new assets introduced in the paper well documented and is the documentation
provided alongside the assets?

Answer: [Yes]

Justification: New assets are the seven constitutions and 100-query benchmark. All of these
assets are provided in the codebase.

Guidelines:

» The answer NA means that the paper does not release new assets.

* Researchers should communicate the details of the dataset/code/model as part of their
submissions via structured templates. This includes details about training, license,
limitations, etc.

* The paper should discuss whether and how consent was obtained from people whose
asset is used.

* At submission time, remember to anonymize your assets (if applicable). You can either
create an anonymized URL or include an anonymized zip file.

Crowdsourcing and research with human subjects

Question: For crowdsourcing experiments and research with human subjects, does the paper
include the full text of instructions given to participants and screenshots, if applicable, as
well as details about compensation (if any)?

Answer: [NA]
Justification: No human participants or crowd work; all evaluations are automated.

Guidelines:
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* The answer NA means that the paper does not involve crowdsourcing nor research with
human subjects.

* Including this information in the supplemental material is fine, but if the main contribu-
tion of the paper involves human subjects, then as much detail as possible should be
included in the main paper.

* According to the NeurIPS Code of Ethics, workers involved in data collection, curation,
or other labor should be paid at least the minimum wage in the country of the data
collector.

Institutional review board (IRB) approvals or equivalent for research with human
subjects

Question: Does the paper describe potential risks incurred by study participants, whether
such risks were disclosed to the subjects, and whether Institutional Review Board (IRB)
approvals (or an equivalent approval/review based on the requirements of your country or
institution) were obtained?

Answer: [NA]
Justification: Not applicable—no human-subject research
Guidelines:
* The answer NA means that the paper does not involve crowdsourcing nor research with

human subjects.

* Depending on the country in which research is conducted, IRB approval (or equivalent)
may be required for any human subjects research. If you obtained IRB approval, you
should clearly state this in the paper.

* We recognize that the procedures for this may vary significantly between institutions
and locations, and we expect authors to adhere to the NeurIPS Code of Ethics and the
guidelines for their institution.

* For initial submissions, do not include any information that would break anonymity (if
applicable), such as the institution conducting the review.

Declaration of LLM usage

Question: Does the paper describe the usage of LLMs if it is an important, original, or
non-standard component of the core methods in this research? Note that if the LLM is used
only for writing, editing, or formatting purposes and does not impact the core methodology,
scientific rigorousness, or originality of the research, declaration is not required.

Answer: [Yes]

Justification: Section 4.2 states that GPT-40-mini was used only as an evaluator (LLM-as-a-
Judge) with temperature 0.3; usage is integral to methodology and is fully described.

Guidelines:

* The answer NA means that the core method development in this research does not
involve LLMs as any important, original, or non-standard components.

¢ Please refer to our LLM policy (https://neurips.cc/Conferences/2025/LLM)
for what should or should not be described.
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