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Abstract001

Reinforcement Learning with Verifiable Re-002
wards (RLVR) has demonstrated significant po-003
tential in tasks characterized by well-defined004
objective criteria. However, extending this005
paradigm to open-ended generation tasks,006
which lack ground truth and are inherently007
subjective, poses fundamental challenges. Re-008
cent research has shifted towards Reinforce-009
ment Learning from AI Feedback (RLAIF).010
Nevertheless, existing methods largely rely on011
human-crafted or predetermined rubrics main-012
tained via static or rule-based update mecha-013
nisms, failing to adapt timely to the evolving014
capabilities of the policy model, thereby re-015
sulting in lagging and sparse critical reward016
signals. To overcome these limitations, we017
propose Curriculum-Aware Rubric Evolution018
(CARE), a rubric evolution method that inte-019
grates curriculum awareness with diagnosis-020
driven evolution. CARE adaptively adjusts021
the complexity of rubrics across different train-022
ing stages by monitoring the statistical prop-023
erties of the reward distribution during pol-024
icy training. Simultaneously, it introduces a025
discrepancy-based diagnostic sampling strat-026
egy, prioritizing high signal-to-noise critical027
samples for targeted rubric evolution. Experi-028
ments demonstrate that CARE consistently en-029
hances alignment quality during training and030
achieves superior generation performance com-031
pared to multiple strong baselines. Our work032
provides an adaptive solution for scalable over-033
sight in highly subjective generation scenarios.034

1 Introduction035

In recent years, Reinforcement Learning with Veri-036

fiable Rewards (RLVR) has shown strong effective-037

ness on tasks with clear and objective evaluation cri-038

teria (Chen, 2021; Shao et al., 2024). By construct-039

ing reward signals based on verifiable outcomes040

such as code execution results or mathematical cor-041

rectness, RLVR provides stable supervision signals042

and has significantly improved the performance043
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Passive, fixed-interval updates cause delayed feedback,
while static rubrics misalign with evolving model capa-
bilities.

of large language models on reasoning-intensive 044

tasks (Cobbe et al., 2021). However, extending 045

this paradigm to open-ended generation tasks, such 046

as creative writing or complex instruction follow- 047

ing, remains challenging due to the absence of ex- 048

plicit ground truth (Stiennon et al., 2020; Ouyang 049

et al., 2022; Gao et al., 2023). In these settings, re- 050

ward signals are typically constructed through task- 051

specific evaluation procedures, making the training 052

process highly sensitive to the design of the evalu- 053

ation mechanism (Ziegler et al., 2019; Christiano 054

et al., 2017; Rafailov et al., 2023). 055

For open-ended generation without objective 056

ground truth, existing approaches commonly 057

adopt Reinforcement Learning from AI Feedback 058

(RLAIF), where language models act as evalua- 059

tors to score or rank generated outputs based on 060

predefined prompts or rules (Zheng et al., 2023; 061
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Lee et al., 2023; Bai et al., 2022). While this062

approach reduces reliance on human annotation,063

constructing and maintaining high-quality evalua-064

tion rubrics often requires substantial manual effort.065

Moreover, evaluation granularity is difficult to bal-066

ance. Coarse rubrics tend to produce sparse learn-067

ing signals, whereas fine-grained rubrics introduce068

significant evaluation noise (Kreutzer et al., 2018;069

Amodei et al., 2016). Since the reward function070

only partially reflects the true task objective, pol-071

icy models may also exploit evaluator preferences,072

leading to reward hacking (Skalse et al., 2022; Gao073

et al., 2023) that does not correspond to genuine074

quality improvements.075

Recent work has explored automated rubric gen-076

eration to improve reward design (Shin et al., 2020;077

Dubois et al., 2023). However, existing frameworks078

typically rely on passive, interval-based updates079

and static optimization strategies (Kim et al., 2025).080

As illustrated in Figure 1, such update mechanisms081

depend on delayed training observations, which cre-082

ates a trade-off between responsiveness and stabil-083

ity. Frequent updates can introduce non-stationary084

noise and destabilize training (Sutton et al., 1998;085

Haarnoja et al., 2018; Shao et al., 2024), while in-086

frequent updates delay the correction of emerging087

failure modes. In addition, static update strategies088

apply the same optimization rules throughout train-089

ing and do not account for the stage-wise evolution090

of policy capability. As a result, complex rubrics091

may be introduced too early, harming training sta-092

bility, while later stages may suffer from insuffi-093

ciently discriminative evaluation signals, leading094

to performance stagnation.095

To address these limitations, we propose096

Curriculum-Aware Rubric Evolution (CARE), a097

closed-loop framework for rubric optimization.098

CARE explicitly couples the evolution of the rubric099

with the training dynamics of the policy model. The100

model’s current training state is used to determine101

the appropriate complexity of reward signals under102

different curriculum objectives. At the same time,103

systematic mismatches between rubric evaluations104

and policy behavior provide diagnostic signals that105

guide rubric updates.106

Specifically, CARE monitors statistical proper-107

ties of reward distributions during training and108

adaptively selects curriculum objectives that are109

aligned with the current training stage. This de-110

sign helps avoid mismatched or premature reward111

signals. In addition, CARE introduces an active di-112

agnostic sampling mechanism that prioritizes sam-113

ples exhibiting inconsistency between the rubric 114

and the policy, evaluation disagreement, or abnor- 115

mal reward distributions. These samples are used 116

as high signal-to-noise inputs for rubric evolution. 117

Through this bidirectional interaction, CARE en- 118

ables the rubric and the policy to evolve in a co- 119

ordinated manner, providing progressive training 120

signals and supporting a more stable and control- 121

lable alignment process. 122

Our contributions are summarized as follows: 123

• We revisit reward design for open-ended gen- 124

eration, particularly focusing on the coupled 125

evolution of evaluation rubrics and policy 126

training dynamics to address the limitations 127

of static supervision. 128

• We propose CARE, a framework that leverages 129

statistical curriculum awareness, active diag- 130

nostic sampling, and progressive optimiza- 131

tion to provide stable and reliable signals for 132

model alignment. 133

• We conduct extensive experiments on open- 134

ended generation benchmarks, including es- 135

say writing, summarization, and creative writ- 136

ing, demonstrating the effectiveness of CARE 137

in terms of training stability and generation 138

quality. 139

2 Related Works 140

Generative and Adaptive Reward Modeling. 141

Conventional reward models typically output scalar 142

scores, which often lack interpretability and are 143

ill-equipped for complex reasoning tasks (Gao 144

et al., 2023; Lightman et al., 2023). Recent ad- 145

vancements have shifted towards generative ap- 146

proaches that formulate verification as a reason- 147

ing task (Mahan et al., 2024). Frameworks like 148

GenRM (Zhang et al., 2024) and RM-R1 (Chen 149

et al., 2025b) leverage next-token prediction and 150

self-generated Chain-of-Rubrics to bolster reason- 151

ing capabilities, while ReasonGRM (Chen et al., 152

2025a) underscores the importance of generating 153

high-quality reasoning paths. To standardize these 154

evaluations, OpenRubrics (Liu et al., 2025) and 155

Rubicon (Huang et al., 2025) employ large-scale 156

rubric sets or guidelines to steer the reward process, 157

and RaR (Gunjal et al., 2025) demonstrates the 158

efficacy of instance-specific rubrics in online RL. 159

While these approaches offer structured guidance, 160

recent research has explored evolutionary strate- 161

gies to address reward hacking and task variabil- 162
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ity (Skalse et al., 2022). MPO (Kim et al., 2025)163

and DR Tulu (Shao et al., 2025) introduce mecha-164

nisms to dynamically refine prompts or co-evolve165

criteria based on training contexts, while CARMO166

(Gupta et al., 2025) and PaTaRM (Jian et al., 2025)167

generate context-aware or task-adaptive rubrics to168

ground reward models. Despite these advances,169

most existing methods adapt reward specifications170

through static or monotonic mechanisms, offering171

limited responsiveness to evolving model capabil-172

ities and often leading to misaligned evaluation173

granularity in long-horizon or open-ended genera-174

tion settings.175

Curriculum Learning and Data Selection in RL176

Effective data filtering and curriculum scheduling177

are paramount for stable RLHF (Ouyang et al.,178

2022). Omni-Thinker (Li et al., 2025) highlights179

the significance of backward-transfer-based cur-180

riculum scheduling, ordering tasks from structured181

to open-ended to prevent forgetting. In terms of182

data filtering, ReasonGRM (Chen et al., 2025a)183

introduces metrics to filter out hallucinated reason-184

ing paths, while frameworks like AutoRubric-R1V185

(Jia et al., 2025) utilize self-aggregation to distill186

consistent reasoning checkpoints from successful187

trajectories. Additionally, Chasing the Tail (Zhang188

et al., 2025) emphasizes the necessity of differenti-189

ating responses in the high-reward tail rather than190

focusing on trivial distinctions. Overall, current191

approaches lack integrated mechanisms to jointly192

adapt data selection and reward specification in re-193

sponse to evolving model behavior under reward194

uncertainty and distributional drift.195

3 Methods196

3.1 Problem Formulation197

We formalize the alignment process as a general198

bilevel optimization problem (Beck et al., 2023).199

Let πθ denote the policy model parameterized by200

θ, and Rϕ denote the rubric parameterized by ϕ201

(representing its textual constraints and criteria).202

In the inner loop, the policy πθ is optimized203

to maximize the expected return defined by the204

current rubric Rϕ. For a given prompt x, the opti-205

mization objective is:206

θ∗ = argmax
θ

Ex∼D,y∼πθ(·|x) [R(x, y | Rϕ)] (1)207

where R(· | Rϕ) represents the reward scoring208

function instantiated by the rubric Rϕ.209

In the outer loop, we model the rubric update 210

as a generative evolution process driven by a Meta- 211

LLM (Mmeta). The objective is to synthesize a 212

refined rubric R′
ϕ that semantically resolves the 213

deficiencies identified in the diagnostic set Ddiag, 214

under the guidance of the current curriculum phase 215

S: 216

R′
ϕ = Mmeta

(
Rϕ,Ddiag, S

)
(2) 217

Here, Mmeta serves as the semantic optimization 218

operator, which analyzes the edge cases in Ddiag 219

and executes textual modifications as dictated by 220

the curriculum controller state S. 221

3.2 Framework Overview: Synergistic 222

Co-Evolution 223

We propose the Curriculum-Aware Rubric 224

Evolution (CARE) framework. As illustrated in 225

Figure 2, CARE establishes a closed-loop system 226

characterized by active diagnosis and bidirectional 227

synergistic co-evolution, driven by two core en- 228

gines: 229

• Streaming Curriculum State Machine: Contin- 230

uously monitors training dynamics to adaptively 231

modulate the optimization difficulty, thereby mit- 232

igating the misalignment between evaluation cri- 233

teria and evolving model capabilities. 234

• Active Diagnostic Sampling: Identifies criti- 235

cal edge cases characterized by high uncertainty, 236

performance extremes, and distributional shifts, 237

providing informative signals to guide targeted 238

rubric refinement. 239

These modules work in synergy: fine-grained 240

rubrics provide progressive reward signals to shape 241

the policy’s behavior, while the policy’s response 242

distribution serves as a diagnostic signal for rubric 243

maturation. 244

3.3 Streaming Curriculum State Machine 245

To synchronize the evaluation granularity with the 246

model’s evolving competence, we design a sliding- 247

window-based streaming state machine. This adap- 248

tive control mechanism serves a dual purpose: it 249

proactively identifies pathological training dynam- 250

ics (Gao et al., 2023; Skalse et al., 2022) while dy- 251

namically adjusting the rubric’s complexity accord- 252

ing to the curriculum phase to maintain training 253

stability and sustain continuous capability break- 254

throughs. 255
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Figure 2: Overview of the CARE framework. The system establishes a closed-loop mechanism characterized by
active diagnosis and bidirectional synergistic co-evolution. The process operates through three coordinated phases:
(a) Policy Optimization, where the policy πθ is trained via GRPO under the guidance of the current rubric Rϕ; (b)
Diagnosis & Curriculum Control, where the Streaming Curriculum State Machine monitors training dynamics,
while the Active Diagnostic Sampling engine identifies critical edge cases.; and (c) Rubric Evolution, where
a Meta-LLM utilizes these diagnostic and curriculum signals to evolve the rubric into R′

ϕ, ensuring evaluation
criteria align with the model’s evolving capabilities.

3.3.1 Training Dynamics Monitoring256

We maintain a sliding window of length W over257

recent training iterations and denote the correspond-258

ing reward scores as Scurr. As a fixed reference259

point, we record Sref at the last curriculum phase260

transition, enabling anchored comparison of train-261

ing progress. We characterize training dynamics262

using three complementary metrics:263

1. Bayesian Posterior Confidence (Pbayes): We264

estimate the probability that the mean return in265

the current window exceeds the historical base-266

line mean by a margin δ using a Bayesian ap-267

proximation (Gelman et al., 1995). Assuming268

the sample mean follows a Gaussian distribution269

N (µScurr , σ
2
se), where σse is the standard error de-270

rived from Scurr, we compute:271

Pbayes ≈ Φ

(
µScurr − (µSref

+ δ)

σScurr/
√
N

)
, (3)272

where Φ(·) denotes the cumulative distribution273

function (CDF) of the standard normal distribu-274

tion, σScurr is the standard deviation of Scurr, and275

N = |Scurr| is the sample size of the current win-276

dow.277

2. Intra-group Score Deviation (σintra): We278

compute the average intra-group standard devia- 279

tion to assess the model’s stability on individual 280

prompts. For a given prompt x with G sampled 281

responses {y1, . . . , yG} and corresponding scores 282

{s1, . . . , sG} ⊂ Scurr, the metric is defined as: 283

σintra = Ex


√√√√ 1

G

G∑
i=1

(si − s̄x)2

 , (4) 284

where s̄x denotes the mean score for prompt x. 285

3. Reward Distributional Drift (Wd): To mea- 286

sure distributional shift between the current reward 287

distribution Scurr and the reference distribution 288

Sref , we compute the Wasserstein-1 distance (Ar- 289

jovsky et al., 2017): 290

W1(Scurr, Sref ) =

∫ +∞

−∞
|Fcurr(x)−Fref (x)| dx,

(5) 291

where Fcurr(x) and Fref (x) denote the empirical 292

cumulative distribution functions (ECDFs) of the 293

scores in Scurr and Sref , respectively. 294

3.3.2 Adaptive Curriculum Mechanism 295

To align the rubric with the evolving capabilities 296

of the student model, we maintain a state machine 297
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that dynamically transitions between four curricu-298

lum phases. Based on the real-time monitoring299

metrics defined above (Pbayes, σintra, Wd, and the300

statistical properties of Scurr), the system applies301

distinct strategy modifiers to the rubric update pro-302

cess. Detailed hyperparameter configurations for303

these transitions are provided in Appendix C, and304

specific prompts are available in Appendix D:305

Mastery (Pbayes → 1): Triggered when the model306

statistically surpasses the baseline with high cer-307

tainty. The system elevates the scoring ceiling and308

introduces high-order dimensions to break perfor-309

mance plateaus by optimizing for subtler distinc-310

tions.311

Confusion (σintra > η · σScurr ): Triggered when312

the average intra-group inconsistency (σintra) ex-313

ceeds a critical proportion η of the global variance314

of the current window (σScurr ). To eliminate ambi-315

guity, The system refines the granularity of scoring316

criteria and enforces strict boundaries between ad-317

jacent scores.318

Strength (Wd ≫ 0, µScurr > µSref
): Triggered319

when a significant structural shift moves the distri-320

bution towards higher scores (current mean µScurr321

exceeds reference mean µSref
). The system sus-322

tains momentum by preserving core constraints323

while cautiously introducing limited open-ended324

dimensions. Simultaneously, this phase audits for325

potential reward hacking or anomalies, ensuring326

that performance gains reflect genuine capability327

rather than rubric exploitation.328

Collapse (Wd ≫ 0, µScurr < µSref
): Triggered329

when performance degradation (current mean330

µScurr falls below reference mean µSref
) accom-331

panies a significant distributional drift, suggesting332

potential mode collapse. The system executes a333

rollback to coarse-grained scoring scales and base-334

line constraints, aiming to restore a dense reward335

signal that reactivates exploration.336

3.4 Active Diagnostic Sampling337

Upon the activation of any curriculum state, the sys-338

tem initiates a diagnostic sampling phase to gather339

a batch of instances Ddiag = {(x,y, s)} from the340

current window. To pinpoint edge samples within341

this batch that render the rubric ineffective, we342

propose a priority-based sampling strategy. The343

priority score Spriority(x) is defined as:344

Spriority(x) =

(
σintra(x)

σScurr

)
︸ ︷︷ ︸
Ambiguity Gate

· (|Anorm(x)|+DKL(πθ∥πref ))
(6)

345

This formula incorporates three diagnostic di- 346

mensions, utilizing the statistical properties of the 347

current score set Scurr defined in Section 3.2: 348

(i) Ambiguity Gate: This term is defined as the ra- 349

tio of the local intra-group deviation σintra(x) (as 350

formulated in Eq.(??)) to the global standard devi- 351

ation of the current window σScurr . It amplifies the 352

priority of samples where the local uncertainty sig- 353

nificantly exceeds the global baseline, effectively 354

pinpointing ill-defined rubric areas. 355

(ii) Performance Significance: This term utilizes 356

the normalized absolute advantage |Anorm(x)| to 357

identify samples that exhibit the greatest discrep- 358

ancy between observed rewards and the model’s 359

value baseline. By scaling the absolute advantage 360

A(x) relative to the maximum observed within the 361

current diagnostic batch Ddiag, we map these de- 362

viations to a uniform range of [0, 1]. This normal- 363

ization ensures numerical stability across varying 364

training stages and prioritizes instances of either ex- 365

ceptional performance or unexpected failure. Such 366

cases represent significant deviations from current 367

model expectations and provide the most informa- 368

tive signals for subsequent rubric refinement. 369

(iii) Distributional Deviation: The term 370

DKL(πθ∥πref ) captures the Kullback-Leibler 371

divergence between the current policy πθ and 372

the reference policy πref given input x. High 373

divergence signals areas of rapid behavioral 374

change, such as emerging capabilities or potential 375

catastrophic forgetting, which require urgent rubric 376

verification. 377

Based on this metric, we construct the diagnostic 378

set Ddiag by selecting the top-K instances with the 379

highest Spriority(x) values from the current data 380

batch. This selective sampling ensures that the 381

subsequent update process is driven exclusively by 382

the most informative edge cases. 383

3.5 Four-Stage Rubric Evolution Pipeline 384

When projecting granular diagnostic findings di- 385

rectly onto macro-level rubric synthesis, the Meta- 386

LLM tends to generate localized patches to address 387
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specific failures. This direct mapping often leads to388

stagnation in rubric evolution or compromises the389

global logical coherence of the rubric. To mitigate390

these issues, we implement a four-stage pipeline391

designed to transform disparate diagnostic signals392

and current curriculum goals into a consistent, high-393

quality rubric:394

Local Diagnostic Analysis. The Meta-LLM ana-395

lyzes each instance in Ddiag individually by com-396

paring student responses with existing scoring ra-397

tionales. By cross-referencing student responses398

with existing rationales, the system identifies spe-399

cific rubric-to-performance gaps, ensuring that ev-400

ery proposed modification is grounded in empirical401

evidence rather than heuristic guessing.402

Global Strategic Fusion. To avoid overfitting to403

isolated cases, local modification candidates are404

aggregated and reconciled under the current cur-405

riculum objectives. This stage resolves conflicts406

and produces a unified optimization report that pre-407

serves global evaluation consistency.408

Operational Instruction Synthesis. Directly409

modifying complex text often results in semantic410

drift or formatting errors; thus, we formulate ex-411

plicit directives (e.g., insertion, deletion, or rephras-412

ing) as a buffer. This conversion ensures that the413

Meta-LLM operates as a precise editor, maintain-414

ing the linguistic rigor necessary for stable reward415

modeling.416

Adaptive Rubric Evolution. Finally, the sys-417

tem applies the synthesized directives to update418

the rubric, with particular emphasis on sharpen-419

ing score-level boundaries to reduce ambiguity and420

provide clearer reward signals. By enforcing strict421

criteria separation, the system ensures that the re-422

fined rubric not only reflects diagnostic insights423

but also provides a clearer signal for the student424

policy’s optimization.425

4 Experiment426

4.1 Experimental Setup427

To validate the effectiveness of CARE, we estab-428

lish a co-evolutionary alignment framework based429

on the Qwen2.5 family (Qwen et al., 2025), em-430

ploying Qwen2.5-1.5B-Instruct as the policy model431

(πθ). This lightweight configuration allows us to432

investigate the progressive curriculum evolution433

of our method. Given that compact policies often434

exhibit high sensitivity to reward consistency and435

constraint stability (Gao et al., 2023), this setting 436

offers a suitable environment to observe the po- 437

tential of our dynamic curriculum in facilitating 438

capability acquisition. The process is supported 439

by Qwen2.5-32B-Instruct, which adopts a compos- 440

ite supervisory role: functioning as the Evaluator 441

to generate fine-grained reward signals for GRPO, 442

while concurrently acting as the Meta-LLM to di- 443

agnose training dynamics and evolve rubric cri- 444

teria. This choice aims to balance the reasoning 445

capabilities required for subjective evaluation with 446

the throughput necessary for iterative refinement. 447

For comprehensive implementation details, includ- 448

ing hyperparameters and hardware configurations, 449

please refer to Appendix C. 450

4.2 Datasets 451

To ensure a comprehensive evaluation across di- 452

verse open-ended generation tasks, we employ 453

three high-quality benchmarks: (1) Writing- 454

Prompts for creative narrative generation; (2) Bill- 455

Sum for constrained abstractive summarization; 456

and (3) EssayWriting for structured argumentative 457

writing. This selection allows us to verify the adapt- 458

ability of CARE across varying objectives, ranging 459

from stylistic creativity to strict information density. 460

Detailed dataset sources, statistics, and preprocess- 461

ing steps are provided in Appendix A. 462

4.3 Baselines 463

We compare CARE with the foundation model and 464

several representative alignment strategies. De- 465

tailed implementation settings are provided in Ap- 466

pendix B. 467

Qwen2.5-1.5B The unaligned foundation model 468

acting as the initial policy. 469

Iter-Initial A baseline trained using the rubric 470

from the first iteration of CARE as a static reward 471

model. 472

Iter-Final A baseline trained using the rubric 473

from the final iteration of CARE as a static reward 474

model. 475

AutoPrompt (Levi et al., 2024) A static opti- 476

mization baseline that generates a fixed, optimized 477

rubric based on the initial dataset prior to training. 478

MPO (Kim et al., 2025) A dynamic alignment 479

framework that utilizes a meta-learner to iteratively 480

evolve reward prompts, serving as a state-of-the-art 481

dynamic comparator. 482
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Evaluation Metrics

Model WritingPrompts BillSum EssayWriting

Elo WR LC-WR Elo WR LC-WR Elo WR LC-WR

Qwen2.5-1.5B 682 1.6 0.3 856 11.8 11.4 599 1.5 1.8
Iter-Initial 1014 11.0 10.0 981 20.5 15.6 1013 9.1 11.6
Iter-Final 1097 14.4 14.1 985 19.7 14.7 1188 11.6 11.5
AutoPrompt 1003 9.9 8.7 1025 18.8 13.4 914 7.3 12.1
MPO 1093 13.6 13.3 1064 19.9 14.6 1024 12.2 11.3

CARE (Ours) 1111 14.4 14.6 1089 21.8 15.2 1262 13.8 11.8

Table 1: Performance comparison on three in-domain evaluation sets. We report: (1) Elo Rating, computed from
GPT-4o based pairwise comparisons (base model centered at zero); (2) WR, the standard pairwise win rate obtained
using AlpacaEval 2.0; (3) LC-WR, the length-controlled win rate following AlpacaEval 2.0.

4.4 Evaluation Metrics483

Standard Elo Rating (Elo). We conduct blind484

pairwise comparisons using GPT-4o (OpenAI et al.,485

2024) as a judge and compute mean Elo (Zheng486

et al., 2023) ratings relative to the baselines. This487

metric reflects overall response quality aggregated488

across multiple independent simulations.489

AlpacaEval Win Rate (WR). We evaluate pair-490

wise preference using the AlpacaEval 2.0 (Li et al.,491

2023) pipeline. Model outputs are compared492

against the Qwen2.5-3B-Instruct (Qwen et al.,493

2025) baseline, utilizing GPT-4o as the adjudicator.494

We report the standard Win Rate (WR), which mea-495

sures the fraction of pairwise comparisons where496

our model is preferred over the baseline.497

AlpacaEval Length-Controlled Win Rate (LC-498

WR). To account for verbosity bias (Dubois et al.,499

2024) we further report the Length-Controlled Win500

Rate (LC-WR). This metric normalizes the prefer-501

ence scores from GPT-4o based on output length,502

penalizing responses that achieve higher preference503

primarily through excessive verbosity rather than504

genuine quality.505

5 Results and Analysis506

5.1 Main Results507

Table 1 presents the comprehensive evaluation of508

CARE across diverse open-ended generation do-509

mains. Our approach demonstrates consistent per-510

formance improvements, securing the highest Elo511

ratings across all datasets and achieving competi-512

tive or superior preference metrics relative to estab-513

lished benchmarks.514

Specifically, a comparison with static baselines515

reveals that dynamic rubric evolution yields mea-516

surable gains in alignment quality. This perfor-517

mance margin suggests that aligning the complex- 518

ity of evaluation criteria with the model’s train- 519

ing dynamics is a significant factor in stabilization. 520

While static approaches rely on fixed targets, CARE 521

synchronizes rubric granularity with the policy’s 522

evolving capabilities. This progressive synchro- 523

nization facilitates continuous capability acquisi- 524

tion, mitigating potential issues associated with pre- 525

mature complexity or insufficient discrimination 526

during the training trajectory. 527

We further analyze the robustness of alignment 528

strategies across varying task domains. Distinct 529

tasks impose different challenges: BillSum pri- 530

oritizes strict information density, while Writing- 531

Prompts demands open-ended creativity. As shown 532

in Table 1, static optimization methods like Au- 533

toPrompt struggle to generalize and exhibit per- 534

formance fluctuations. For example, AutoPrompt 535

performs competitively on EssayWriting LC-WR 536

but underperforms on WritingPrompts Elo. In con- 537

trast, CARE maintains consistent superiority across 538

all domains. This cross-task adaptability indicates 539

that the curriculum-aware mechanism effectively 540

balances structural adherence with semantic qual- 541

ity, autonomously locating the optimal evaluation 542

strictness for diverse generation scenarios. 543

5.2 Ablation Study 544

To evaluate the specific contributions of the core 545

mechanisms within CARE, we conducted an ab- 546

lation study by systematically replacing the adap- 547

tive curriculum mechanism with a periodic static 548

update strategy and substituting the active diag- 549

nostic sampling with a random selection mecha- 550

nism. As shown in Table 2, the absence of the 551

curriculum mechanism leads to a consistent re- 552

gression in alignment efficacy across all domains. 553

This performance drop suggests that without syn- 554

7



0 25 50 75 100 125 150 175 200
Global Steps

0.8

0.4

0.0

0.4

0.8
Sc

or
e

Strength
Confusion

Collapse
Mastery

Evaluation Score
Rubric Length

0

1000

2000

3000

4000

R
ub

ri
c 

Le
ng

th
 (

ch
ar

s)

(a) Essay Writing

0 25 50 75 100 125 150 175 200
Global Steps

2.4

1.8

1.2

0.6

0.0

0.6

Sc
or

e

Strength
Confusion

Collapse
Mastery

Evaluation Score
Rubric Length

0

500

1000

1500

2000

2500

3000

3500

R
ub

ri
c 

Le
ng

th
 (

ch
ar

s)

(b) Summarization

0 25 50 75 100 125 150 175 200
Global Steps

0.6

0.0

0.6

1.2

1.8

Sc
or

e

Strength
Confusion

Collapse
Mastery

Evaluation Score
Rubric Length

0

500

1000

1500

2000

2500

3000

3500

4000

R
ub

ri
c 

Le
ng

th
 (

ch
ar

s)

(c) Creative Writing

Figure 3: The co-evolution of Evaluation Score (solid line) and Rubric Length (dashed line) during optimization.
The process reveals a curriculum based evolution trajectory. CARE dynamically modulates rubric complexity in
response to real-time training dynamics, ensuring alignment with the model’s evolving capabilities.

chronizing evaluation complexity with the learn-555

ing trajectory of the policy, the supervision sig-556

nals may become misaligned. Such signals are557

likely either too abstract for early-stage acquisition558

or differ insufficiently for later-stage refinement,559

which hinders effective convergence. Similarly,560

employing random sampling results in a decline561

in robustness. We interpret this degradation as562

an indication that unguided rubric evolution strug-563

gles to capture high-information edge cases neces-564

sary for resolving specific ambiguities. In contrast,565

our discrepancy-based diagnostic approach ensures566

that rubric updates are driven by instances of high567

epistemic uncertainty to maximize the signal-to-568

noise ratio. These findings demonstrate that both569

the progressive modulation of difficulty and the tar-570

geted diagnosis of failure modes are indispensable571

for achieving stable open-ended alignment.572

5.3 Analysis of Rubric Evolution573

We analyze the dynamics of rubric evolution by574

examining the relationship between rubric com-575

plexity, measured by text length, and policy perfor-576

mance. As shown in Figure 3, the rubric evolves577

in a non-monotonic, staircase-like pattern driven578

by the policy’s training state rather than by iter-579

ation count. Rubric expansion is selectively trig-580

gered when the policy demonstrates stable progress,581

while periods of confusion or instability lead to582

temporary stagnation of complexity, allowing the583

model to consolidate its current capabilities. This584

adaptive pacing prevents premature exposure to585

overly restrictive criteria and enables recovery from586

constraint-induced failure modes. Overall, we ob-587

serve a co-evolutionary relationship in which in-588

creases in rubric length correspond to finer-grained589

or stricter evaluation signals that align with the590

model’s capability growth, indicating that rubric591

evolution serves as an adaptive mechanism for592

WritingPrompts BillSum EssayWriting

Variant WR LC-WR WR LC-WR WR LC-WR

CARE
w/o Curriculum 48.1 47.4 43.2 43.6 45.0 47.0
w/o Sampling 49.3 47.5 45.6 46.0 40.3 43.4

Table 2: Ablation study of CARE. We report the Win
Rate (WR) and Length-Controlled Win Rate (LC-WR)
of each variant against the full CARE model across three
datasets.

matching evaluation granularity to the policy’s 593

training stage rather than introducing redundant 594

verbosity. A comprehensive analysis of the rubric 595

evolution is provided in Appendix E. 596

6 Conclusion 597

In this paper, we proposed Curriculum-Aware 598

Rubric Evolution (CARE), a closed-loop frame- 599

work that addresses the challenge of constructing 600

high-quality reward signals for open-ended genera- 601

tion without explicit ground truth. Unlike passive 602

or static optimization strategies that often strug- 603

gle with the trade-off between responsiveness and 604

stability, CARE explicitly couples the evolution of 605

the rubric with the training dynamics of the policy 606

model. By monitoring the statistical properties of 607

reward distributions and utilizing active diagnostic 608

sampling, our framework ensures that the model 609

receives progressive supervision signals with high 610

signal-to-noise ratios. Experimental results demon- 611

strate that this bidirectional interaction effectively 612

mitigates reward hacking and ensures training sta- 613

bility, leading to superior performance. Ultimately, 614

our findings highlight that in the absence of objec- 615

tive criteria, a coordinated evolution between the 616

rubric and the policy is essential for a stable and 617

controllable alignment process. 618

8



Limitations619

Our proposed CARE, while demonstrating efficacy620

in stabilizing open-ended alignment, is subject to621

key constraints that warrant discussion. The cur-622

rent methodology relies heavily on a significant623

capability gap between the Meta-LLM teacher and624

the student policy, potentially limiting its effec-625

tiveness when aligning frontier models where such626

supervisory signals may diminish without human-627

in-the-loop oversight. Furthermore, the evaluation628

framework remains confined to subjective genera-629

tion tasks, leaving untested the method’s adaptabil-630

ity to objective domains like mathematical reason-631

ing or code generation, which necessitate distinct632

binary reward mechanisms. These limitations, cou-633

pled with the reliance on probabilistic LLM-based634

evaluation proxies due to the absence of ground635

truth, underscore the need for subsequent research636

to enhance the framework’s scalability to stronger637

models and generalization to strict-logic domains.638
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A Dataset Details845

We utilize the following datasets to cover distinc-846

tive challenges in open-ended generation:847

WritingPrompts (Creative). Sourced from848

euclaise/WritingPrompts_curated, this849

dataset evaluates the model’s capacity for en-850

gaging, long-form storytelling. It challenges851

the system to maintain thematic coherence and852

narrative flow over extended contexts.853

BillSum (Summarization). We use the854

duccd/billsum-clean version comprising US855

Congressional bills. This task tests the ability856

to distill complex legal documents into concise,857

factually consistent summaries, serving as a858

rigorous benchmark for enforcing information859

density and length constraints.860

EssayWriting (Argumentative). Adopted from861

zaemyung/writing_prompts_collection, this862

dataset focuses on academic prose. It requires for-863

mulating logical arguments with a formal tone, al-864

lowing us to verify whether the rubric successfully865

guides the policy towards high-quality reasoning866

patterns.867

B Detailed Baseline Configurations868

To evaluate the effectiveness of CARE, we com-869

pare it against the foundational model and a di-870

verse set of alignment strategies. To ensure a fair871

comparison, all policy training phases for the base-872

lines (except the zero-shot foundation model) uti-873

lize the same Group Relative Policy Optimization874

(GRPO) algorithm with identical hyperparameters875

(e.g., learning rate, batch size, and KL coefficient)876

as our method, unless otherwise specified.877

B.1 Foundation Model878

Qwen2.5-1.5B We use the official release of879

Qwen2.5-1.5B as the starting policy (π0). This880

model serves as the zero-shot baseline to assess881

the inherent capability of the model without any882

specific alignment training on the target task.883

B.2 Static Rubric Baselines884

These baselines are designed to isolate the impact885

of the dynamic curriculum process. They utilize886

fixed reward models derived from specific stages of887

our method, testing whether a single, high-quality888

rubric is sufficient for alignment.889

Iter-Initial This baseline evaluates the quality of 890

the starting point of our framework. We extract the 891

rubric generated in the first iteration of the CARE 892

process. This rubric is used as a static, immutable 893

reward function to train the policy from scratch. 894

High performance here would indicate that the ini- 895

tial diagnostic is sufficient and further curriculum 896

evolution is unnecessary. 897

Iter-Final This baseline tests the necessity of the 898

intermediate curriculum stages. We take the rubric 899

evolved at the final iteration of CARE—presumably 900

the most refined version—and use it as a static 901

reward function to train the policy from scratch. If 902

CARE outperforms ITER-FINAL, it demonstrates 903

that the process of gradually increasing difficulty 904

and specificity is crucial for training, rather than 905

just the final criteria itself. 906

B.3 State-of-the-Art Optimization Methods 907

AutoPrompt (Levi et al., 2024) We employ AU- 908

TOPROMPT as a representative baseline for static 909

prompt optimization. Before policy training, we 910

use an LLM optimizer to iteratively refine the 911

rubric based on the initial dataset, aiming to maxi- 912

mize the correlation between the rubric scores and 913

ground truth labels (or human preferences). Once 914

the optimization converges, the resulting rubric is 915

fixed and used to train the policy. This contrasts 916

with our method by separating the prompt optimiza- 917

tion phase from the policy training phase. 918

MPO (Meta Policy Optimization) (Kim et al., 919

2025) MPO serves as our primary dynamic base- 920

line. It introduces a "meta-learner" that adjusts the 921

reward model’s prompts during training. Unlike 922

CARE, which evolves criteria based on a pedagog- 923

ical curriculum (focusing on edge cases and diffi- 924

culty), MPO focuses on "evaluative thinking" to 925

prevent reward hacking. It monitors the training dy- 926

namics and iteratively updates the prompt to main- 927

tain alignment as the policy’s distribution shifts. 928

We implement MPO using the same meta-learner 929

architecture as described in the original paper for a 930

direct comparison of dynamic alignment strategies. 931

C Implementation Details 932

We implement the CARE framework using the trl 933

library. The detailed training configurations are as 934

follows: 935

• Optimizer & Training: We employ the 936

AdamW optimizer with a learning rate of 937
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3× 10−6. A static KL penalty (β) of 0.02 is938

applied to constrain the policy update within939

the GRPO framework.940

• Curriculum Configuration: We set the941

group size G = 4 and bound rubric scores942

within [−4, 4]. The transitions between cur-943

riculum states are governed by the real-time944

monitoring of Scurr and Sref using the fol-945

lowing hyperparameters:946

– Mastery: Triggered when the Bayesian947

posterior confidence Pbayes > 0.95 with948

a significance margin δ = 0.1. To ensure949

stability, we additionally require the sam-950

ple mean µScurr to exceed 40% of the951

score span.952

– Confusion: Activated when the intra-953

group deviation ratio (σintra/σScurr ) ex-954

ceeds the dynamic threshold η, where η955

starts at 1.0 and decays by 0.01 per up-956

date step, provided that σScurr > 0.4.957

– Collapse: Detected when the reward dis-958

tributional drift Wd > 0.75σSref
(Eq. 6)959

is accompanied by a decline in perfor-960

mance (µScurr < µSref
).961

– Strength: Identified when a moderate962

drift Wd > 0.5σSref
occurs alongside963

performance improvement (µScurr >964

µSref
), indicating a positive shift in the965

reward landscape.966

• Hardware: All experiments are conducted967

on 4 NVIDIA A100 (80GB) GPUs. To op-968

timize memory usage, we utilize the Deep-969

Speed ZeRO-2 offloading strategy.970

D Curriculum Prompts971

In this section, we provide the specific instruction972

templates used by the Meta-LLM to evolve the973

rubric under different curriculum states. These974

instructions correspond to the strategies described975

in Section 3.2.2.976

D.1 Mastery977

Triggered when the policy consistently surpasses978

the baseline (Pbayes → 1). The objective is to979

break performance plateaus by optimizing for sub-980

tler distinctions.981

Mastery Prompt

Current State: Mastery
Objective: The model has reached a stable
and competent performance level. At this
stage, the objective is to differentiate high-
quality, insightful, and creative responses
from merely adequate ones, rather than en-
forcing basic correctness.
Instructions for Rubric Evolution:

• High-Order Dimensions: Introduc-
ing new evaluation dimensions that
capture higher-order qualities such as
originality, insight, synthesis, or nu-
anced reasoning.

• Creative Rewards: Allowing open-
ended and creative reward signals to
play a meaningful role in evaluation.

• Constraint Relaxation: Reducing the
granularity of rigid, constraint-based
criteria so they function primarily as
minimum competency checks.

• Differentiation: Increasing the granu-
larity of existing open-ended or quali-
tative dimensions to better distinguish
excellent performance.

Guiding Principle: The revised rubric
should intentionally reward exploratory,
non-standard, yet well-justified responses,
while avoiding over-specification that
would unnecessarily constrain creative ex-
pression.

982

D.2 Confusion 983

Triggered when intra-group inconsistency is high 984

(σintra > η · σglobal). The objective is to reduce 985

epistemic uncertainty by clarifying boundaries. 986

Confusion Prompt

Current State: Confusion
Objective: The current evaluation process
exhibits instability and scoring inconsis-
tency, indicating ambiguity or insufficient
specification in the rubric. The objective of
this stage is to improve clarity, interpretabil-
ity, and scoring consistency, rather than al-
tering task difficulty.

987
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Instructions for Rubric Evolution:

• Standardization: Making evaluation
standards explicit, concrete, and oper-
ationalizable.

• Score Differentiation: Expanding
scoring descriptions to clearly distin-
guish adjacent score levels.

• Anchoring: Enriching criteria with il-
lustrative examples or descriptive an-
chors to reduce evaluator interpretation
variance.

• Constraint Injection: Introducing
moderate constraint-based criteria only
when they directly resolve ambiguity.

Guiding Principle: The revised rubric
should minimize subjective drift and ensure
that independent evaluators applying the cri-
teria would arrive at similar scores.

988

D.3 Strength989

Triggered when the model improves with structural990

distribution shifts (Wd ≫ 0, µcurr > µref ). The991

objective is to sustain momentum while preventing992

reward hacking.993

Strength Prompt

Current State: Strength
Objective: The model is in a healthy learn-
ing phase with neither severe score collapse
nor excessive instability. The objective at
this stage is to maintain a balanced progres-
sion that supports both constraint satisfac-
tion and emerging creativity.
Instructions for Rubric Evolution:

• Constraint Preservation: Preserve
core constraint-based criteria that de-
fine correctness, relevance, and task
adherence.

• Balanced Open-Endedness: Allow
limited but meaningful space for open-
ended or qualitative evaluation to en-
courage thoughtful and non-trivial re-
sponses.

• Moderate Granularity: Use moder-
ate scoring granularity to distinguish

994

quality differences without introducing
unnecessary complexity.

• Targeted Refinement: Refine existing
dimensions only when they improve
alignment or clarity, rather than aggres-
sively expanding or compressing the
scale.

Guiding Principle: The revised rubric
should balance reliability and expressive-
ness, ensuring that correct and well-
structured responses are rewarded while still
enabling higher-quality and more insightful
outputs to stand out.

995

D.4 Collapse 996

Triggered when performance degrades despite dis- 997

tributional drift (Wd ≫ 0, µcurr < µref ). The 998

objective is to restore gradients and encourage ex- 999

ploration. 1000

Collapse Prompt

Current State: Collapse
Objective: The current training phase
shows signs of score collapse, with re-
wards overly concentrated or consistently
low. The primary objective is to restore
a learnable and encouraging reward signal
that enables effective exploration.
Instructions for Rubric Evolution:

• Baseline Definitions: Introducing
clear, constraint-based evaluation cri-
teria that define attainable baseline be-
haviors.

• Partial Credit: Ensuring that partial
correctness, reasonable attempts, or
structurally valid responses can receive
non-zero scores.

• Coarse Granularity: Using coarse-
grained scoring scales to reduce sensi-
tivity to minor errors and prevent early
discouragement.

• Simplification: Avoiding premature
emphasis on creativity or fine-grained
qualitative distinctions.

Guiding Principle: The rubric should serve
as a scaffold for exploration, making it easy
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for the model to understand how to earn
points even when performance is not yet
optimal.

1002

E Case Study1003

This section presents the rubric evolution across1004

five curriculum phases for the essay writing task,1005

where the rubric content is dynamically adjusted1006

according to the training state of the policy model.1007

E.1 Initial (Step 0)1008

The initial rubric is broad and generic. The policy1009

model (π0) produces relevant but structurally loose1010

essays.1011

Rubric

Dimension Name: Argumentation and Evi-
dence
Description: Evaluates the strength, depth,
and use of specific evidence to support the
arguments presented.
Scoring Criteria:

Score 0: The essay is incoherent, com-
pletely off-topic, too short to evaluate, or
lacks a clear central thesis and organization.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks structure, supporting evi-
dence, or contains significant logical gaps.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
arguments are generic or lack depth.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with strong arguments, though it
may have minor stylistic or pacing issues.
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Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

1013

E.2 Confusion (Step 47) 1014

Triggered by high intra-group variance (σintra). 1015

The rubric introduces explicit constraints and 1016

mandatory structural elements to eliminate ambi- 1017

guity. 1018

Rubric

Dimension Name: Argumentation and Evi-
dence
Description: Evaluates the strength, depth,
and use of specific evidence to support the
arguments presented.
Scoring Criteria:

Score 0: The essay is incoherent, com-
pletely off-topic, too short to evaluate, or
lacks a clear central thesis and organization.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks structure, supporting evi-
dence, or contains significant logical gaps.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
arguments are generic or lack depth.
Example: "The essay claims that the issue
is important and lists a few general reasons
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(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with strong arguments, though it
may have minor stylistic or pacing issues.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Dimension Name: Depth of Analysis
Description: Evaluates the depth and nu-
ance of the analysis provided in the essay.
Scoring Criteria:

Score 0: The essay lacks any significant
analysis and merely restates the prompt or
provides superficial observations.
Example: "The essay restates the prompt
without offering any analysis or reasoning."

Score 1: The essay provides basic logical
deductions but fails to delve into deeper
analysis or consider multiple perspectives.
Example: "The essay makes basic logical
deductions but does not explore the under-
lying reasons or implications."

Score 2: The essay offers a moderate level
of analysis, considering some aspects of the
issue but not fully exploring the complexi-
ties.
Example: "The essay provides a moder-
ate level of analysis, touching on some key
points but not fully exploring the nuances."

Score 3: The essay demonstrates a thor-
ough and nuanced analysis, considering
multiple perspectives and the underlying
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reasons for the issue.
Example: "The essay provides a thorough
analysis, considering multiple perspectives
and the underlying reasons for the issue."

Score 4: The essay offers a sophisti-
cated and insightful analysis, synthesizing
complex ideas and anticipating potential
counter-arguments.
Example: "The essay not only provides a
thorough analysis but also synthesizes com-
plex ideas and effectively addresses poten-
tial counter-arguments."

Dimension Name: Engagement with Coun-
terarguments
Description: Evaluates the student’s en-
gagement with counterarguments, ensuring
a balanced and thoughtful discussion of the
topic.
Scoring Criteria:

Score 0: The essay does not address any
counterarguments or shows no attempt to
engage with opposing viewpoints.
Example: "The essay presents a one-sided
argument without acknowledging any po-
tential counterarguments."

Score 1: The essay acknowledges the ex-
istence of counterarguments but does not
provide a substantive response or analysis.
Example: "The essay mentions counterargu-
ments but does not delve into their validity
or impact on the main argument."

Score 2: The essay addresses counterargu-
ments with some depth but lacks a nuanced
analysis or fails to integrate these counterar-
guments into the overall argument.
Example: "The essay discusses counterar-
guments but does not fully integrate them
into the main argument, leading to a some-
what disjointed discussion."

Score 3: The essay engages with counterar-
guments in a balanced and thoughtful man-
ner, providing a nuanced analysis and in-
tegrating these counterarguments into the
overall argument.
Example: "The essay effectively addresses
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counterarguments, providing a balanced
and nuanced discussion that strengthens the
main argument."

Score 4: The essay demonstrates a sophis-
ticated engagement with counterarguments,
offering a deeply nuanced analysis that sig-
nificantly enhances the overall argument.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical think-
ing."

Dimension Name: Clarity and Expression
Description: Evaluates the clarity and ef-
fectiveness of the student’s expression, in-
cluding the use of precise language and log-
ical flow.
Scoring Criteria:

Score 0: The response is incoherent, with
unclear and disjointed ideas that fail to con-
vey a clear message.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The response is somewhat clear
but lacks precision and logical flow, making
it difficult to follow.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The response is generally clear
and coherent, but there are occasional lapses
in precision and logical flow.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The response is clear and effec-
tively communicated, with precise language
and a logical flow, though minor stylistic or
pacing issues may be present.
Example: "The essay supports its central
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thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The response is compelling and
insightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Dimension Name: Originality and Insight
Description: Evaluates the originality and
insight of the student’s response, assessing
whether the essay offers unique perspec-
tives, innovative ideas, or insightful analysis
that goes beyond the basic requirements of
argumentation and evidence.
Scoring Criteria:

Score 0: The essay lacks any originality or
insight. It merely restates common knowl-
edge or repeats points without adding any
new perspective.
Example: "The essay reiterates widely
known facts without offering any new in-
sights or unique perspectives."

Score 1: The essay shows minimal original-
ity or insight. It may include a few minor,
novel ideas but fails to significantly elevate
the discussion.
Example: "The essay includes a minor,
novel idea but does not develop it or in-
tegrate it into the broader argument."

Score 2: The essay demonstrates some orig-
inality or insight. It offers a few unique per-
spectives or innovative ideas that add value
to the discussion.
Example: "The essay presents a few unique
perspectives that add value to the discus-
sion, but they are not fully developed or
integrated."

Score 3: The essay shows clear originality
and insight. It offers several unique perspec-
tives or innovative ideas that significantly
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enhance the discussion.
Example: "The essay presents several
unique perspectives and innovative ideas
that significantly enhance the discussion
and provide a deeper understanding of the
topic."

Score 4: The essay is highly original and
insightful. It offers profound, unique per-
spectives or groundbreaking ideas that ele-
vate the discussion to a new level.
Example: "The essay presents profound,
unique perspectives and groundbreaking
ideas that elevate the discussion to a new
level, demonstrating exceptional originality
and insight."

Dimension Name: Task Adherence
Description: Evaluates whether the re-
sponse adheres to the task requirements, in-
cluding the format (essay vs. story) and the
presence of a clear central thesis and depth
of argumentation.
Scoring Criteria:

Score 0: The response is completely off-
topic, does not follow the task requirements,
and lacks a clear central thesis.
Example: "The response is a story that does
not address the assigned prompt or form a
logical argument."

Score 1: The response attempts to address
the task but lacks structure, a clear central
thesis, or depth of argumentation.
Example: "The response is a story that at-
tempts to address the prompt but lacks a
clear central thesis and depth of argumen-
tation."

Score 2: The response adheres to the task
requirements and has a clear central thesis,
but the argumentation is basic and lacks
depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis but lacks depth of argumentation."

Score 3: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates strong argumentation with
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some depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and strong argumentation, though it
may lack some depth."

Score 4: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth."
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E.3 Strength (Step 72) 1026

Triggered by steady improvement. The rubric pre- 1027

serves core constraints while auditing for reward 1028

hacking and allowing moderate flexibility. 1029

Rubric

Dimension Name: Argumentation and Evi-
dence
Description: Evaluates the strength, depth,
and use of specific evidence to support the
arguments presented.
Scoring Criteria:

Score 0: The essay is incoherent, com-
pletely off-topic, too short to evaluate, or
lacks a clear central thesis and organization.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks structure, supporting evi-
dence, or contains significant logical gaps.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
arguments are generic or lack depth.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."
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Score 3: The essay is well-organized and
persuasive with strong arguments, though it
may have minor stylistic or pacing issues.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Dimension Name: Depth of Analysis
Description: Evaluates the depth and nu-
ance of the analysis provided in the essay.
Scoring Criteria:

Score 0: The essay lacks any significant
analysis and merely restates the prompt or
provides superficial observations.
Example: "The essay restates the prompt
without offering any analysis or reasoning."

Score 1: The essay provides basic logical
deductions but fails to delve into deeper
analysis or consider multiple perspectives.
Example: "The essay makes basic logical
deductions but does not explore the under-
lying reasons or implications."

Score 2: The essay offers a moderate level
of analysis, considering some aspects of the
issue but not fully exploring the complexi-
ties.
Example: "The essay provides a moder-
ate level of analysis, touching on some key
points but not fully exploring the nuances."

Score 3: The essay demonstrates a thor-
ough and nuanced analysis, considering
multiple perspectives and the underlying
reasons for the issue.
Example: "The essay provides a thorough
analysis, considering multiple perspectives
and the underlying reasons for the issue."
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Score 4: The essay offers a sophisti-
cated and insightful analysis, synthesizing
complex ideas and anticipating potential
counter-arguments.
Example: "The essay not only provides a
thorough analysis but also synthesizes com-
plex ideas and effectively addresses poten-
tial counter-arguments."

Dimension Name: Engagement with Coun-
terarguments
Description: Evaluates the student’s en-
gagement with counterarguments, ensuring
a balanced and thoughtful discussion of the
topic.
Scoring Criteria:

Score 0: The essay does not address any
counterarguments or shows no attempt to
engage with opposing viewpoints.
Example: "The essay presents a one-sided
argument without acknowledging any po-
tential counterarguments."

Score 1: The essay acknowledges the ex-
istence of counterarguments but does not
provide a substantive response or analysis.
Example: "The essay mentions counterargu-
ments but does not delve into their validity
or impact on the main argument."

Score 2: The essay engages with counterar-
guments in a balanced and thoughtful man-
ner, providing a nuanced analysis and in-
tegrating these counterarguments into the
overall argument.
Example: "The essay effectively addresses
counterarguments, providing a balanced
and nuanced discussion that strengthens the
main argument."

Score 3: The essay demonstrates a sophis-
ticated engagement with counterarguments,
offering a deeply nuanced analysis that sig-
nificantly enhances the overall argument.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical think-
ing."
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Dimension Name: Clarity and Expression
Description: Evaluates the clarity and ef-
fectiveness of the student’s expression, in-
cluding the use of precise language and log-
ical flow.
Scoring Criteria:

Score 0: The response is incoherent, with
unclear and disjointed ideas that fail to con-
vey a clear message.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The response is somewhat clear
but lacks precision and logical flow, making
it difficult to follow.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The response is generally clear
and coherent, but there are occasional lapses
in precision and logical flow.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The response is clear and effec-
tively communicated, with precise language
and a logical flow, though minor stylistic or
pacing issues may be present.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The response is compelling and
insightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."
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Score 5: The response is exceptionally
clear and coherent, with flawless precision
and logical flow, demonstrating mastery of
the language and argumentation.
Example: "The essay demonstrates excep-
tional clarity and coherence, with flawless
precision and logical flow, effectively sup-
porting the central thesis with high-quality
evidence and nuanced analysis."

Dimension Name: Originality and Insight
Description: Evaluates the originality and
insight of the student’s response, assessing
whether the essay offers unique perspec-
tives, innovative ideas, or insightful analysis
that goes beyond the basic requirements of
argumentation and evidence.
Scoring Criteria:

Score 0: The essay lacks any originality or
insight. It merely restates common knowl-
edge or repeats points without adding any
new perspective.
Example: "The essay reiterates widely
known facts without offering any new in-
sights or unique perspectives."

Score 1: The essay shows minimal original-
ity or insight. It may include a few minor,
novel ideas but fails to significantly elevate
the discussion.
Example: "The essay includes a minor,
novel idea but does not develop it or in-
tegrate it into the broader argument."

Score 2: The essay demonstrates clear orig-
inality and insight. It offers several unique
perspectives or innovative ideas that signifi-
cantly enhance the discussion.
Example: "The essay presents several
unique perspectives and innovative ideas
that significantly enhance the discussion
and provide a deeper understanding of the
topic."

Score 3: The essay is highly original and
insightful. It offers profound, unique per-
spectives or groundbreaking ideas that ele-
vate the discussion to a new level.
Example: "The essay presents profound,
unique perspectives and groundbreaking
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ideas that elevate the discussion to a new
level, demonstrating exceptional originality
and insight."

Dimension Name: Task Adherence
Description: Evaluates whether the re-
sponse adheres to the task requirements, in-
cluding the format (essay vs. story) and the
presence of a clear central thesis and depth
of argumentation.
Scoring Criteria:

Score 0: The response is completely off-
topic, does not follow the task requirements,
and lacks a clear central thesis.
Example: "The response is a story that does
not address the assigned prompt or form a
logical argument."

Score 1: The response attempts to address
the task but lacks structure, a clear central
thesis, or depth of argumentation.
Example: "The response is a story that at-
tempts to address the prompt but lacks a
clear central thesis and depth of argumen-
tation."

Score 2: The response adheres to the task
requirements and has a clear central thesis,
but the argumentation is basic and lacks
depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis but lacks depth of argumentation."

Score 3: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates strong argumentation with
some depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and strong argumentation, though it
may lack some depth."

Score 4: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth."
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Dimension Name: Specificity and Depth
of Examples
Description: Evaluates the use of specific
and detailed examples to support the argu-
ments presented.
Scoring Criteria:

Score 0: The essay lacks any specific ex-
amples to support the arguments.
Example: "The essay makes broad state-
ments without any concrete examples to
back them up."

Score 1: The essay provides some general
examples, but they are not detailed or spe-
cific enough to support the arguments.
Example: "The essay mentions a few gen-
eral examples but does not provide enough
detail to substantiate the claims."

Score 2: The essay includes specific exam-
ples that effectively support the arguments.
Example: "The essay provides specific ex-
amples that clearly support and validate the
main argument."

Score 3: The essay includes highly specific
and detailed examples that not only support
the arguments but also provide a nuanced
and comprehensive analysis.
Example: "The essay uses highly specific
and detailed examples to offer a nuanced
and comprehensive analysis, effectively sup-
porting and validating the main argument."

Dimension Name: Logical Flow and Co-
herence
Description: Evaluates the logical progres-
sion of ideas, smoothness of transitions, and
overall coherence of the essay.
Scoring Criteria:

Score 0: The essay is incoherent, with no
logical progression of ideas, abrupt transi-
tions, and a lack of clear structure.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."
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Score 1: The essay attempts to address the
prompt but lacks a clear logical progression
of ideas, with some abrupt transitions and a
weak overall structure.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
the logical progression of ideas is somewhat
disjointed, with some rough transitions.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with a strong logical progression
of ideas, smooth transitions, and a clear
structure that supports the central thesis.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage, with seamless transitions and a clear,
coherent structure.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Dimension Name: Relevance and Task Ad-
herence
Description: Evaluates the extent to which
the response stays on topic and adheres to
the task requirements.
Scoring Criteria:

Score 0: The response is completely off-
topic and does not address the task require-
ments.
Example: "The essay discusses unrelated
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topics and fails to connect to the assigned
prompt."

Score 1: The response partially addresses
the task requirements but contains signifi-
cant irrelevant content.
Example: "The essay mentions the task but
includes a lot of unrelated information that
does not support the main argument."

Score 2: The response mostly stays on
topic and adheres to the task requirements,
but there are minor deviations.
Example: "The essay addresses the task but
includes some tangential points that do not
directly support the main argument."

Score 3: The response stays on topic and
adheres to the task requirements with only
minor deviations.
Example: "The essay clearly addresses the
task and provides relevant examples and
logical deductions that support the main
argument."

Score 4: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argu-
ment.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main ar-
gument without any irrelevant content."
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E.4 Mastery (Step 133) 1039

Triggered by high certainty (Pbayes → 1). The 1040

ceiling is raised to demand originality, synthesis, 1041

and nuance. 1042

Rubric

Dimension Name: Argumentation and Evi-
dence
Description: Evaluates the strength, depth,
and use of specific evidence to support the
arguments presented.
Scoring Criteria:

Score 0: The essay is incoherent, com-
pletely off-topic, too short to evaluate, or
lacks a clear central thesis and organization.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
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dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks structure, supporting evi-
dence, or contains significant logical gaps.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
arguments are generic or lack depth.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with strong arguments, though it
may have minor stylistic or pacing issues.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The essay demonstrates excep-
tional synthesis and anticipation of counter-
arguments, showcasing a high level of criti-
cal thinking and insight.
Example: "The essay not only employs
high-quality evidence to support the the-
sis but also synthesizes complex ideas to
offer a nuanced analysis, effectively antic-
ipating and addressing potential counter-
arguments with exceptional depth and so-
phistication."
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Dimension Name: Depth of Analysis
Description: Evaluates the depth and nu-
ance of the analysis provided in the essay.
Scoring Criteria:

Score 0: The essay lacks any significant
analysis and merely restates the prompt or
provides superficial observations.
Example: "The essay restates the prompt
without offering any analysis or reasoning."

Score 1: The essay provides basic logical
deductions but fails to delve into deeper
analysis or consider multiple perspectives.
Example: "The essay makes basic logical
deductions but does not explore the under-
lying reasons or implications."

Score 2: The essay offers a moderate level
of analysis, considering some aspects of the
issue but not fully exploring the complexi-
ties.
Example: "The essay provides a moder-
ate level of analysis, touching on some key
points but not fully exploring the nuances."

Score 3: The essay demonstrates a thor-
ough and nuanced analysis, considering
multiple perspectives and the underlying
reasons for the issue.
Example: "The essay provides a thorough
analysis, considering multiple perspectives
and the underlying reasons for the issue."

Score 4: The essay offers a sophisti-
cated and insightful analysis, synthesizing
complex ideas and anticipating potential
counter-arguments.
Example: "The essay not only provides a
thorough analysis but also synthesizes com-
plex ideas and effectively addresses poten-
tial counter-arguments."

Score 5: The essay offers an exceptionally
sophisticated and insightful analysis, syn-
thesizing complex ideas and anticipating po-
tential counter-arguments with a high level
of nuance and depth.
Example: "The essay not only provides
a thorough and sophisticated analysis
but also synthesizes complex ideas and
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effectively addresses potential counter-
arguments with a high level of nuance and
depth, demonstrating mastery of analysis."

Score 6: The essay demonstrates an excep-
tionally sophisticated and insightful analy-
sis, synthesizing complex ideas and antici-
pating potential counter-arguments with a
high level of nuance and depth, and goes
beyond the expected level of sophistication.
Example: "The essay not only provides
a thorough and sophisticated analysis
but also synthesizes complex ideas and
effectively addresses potential counter-
arguments with a high level of nuance and
depth, demonstrating mastery of analysis
and going beyond the expected level of so-
phistication."

Dimension Name: Engagement with Coun-
terarguments
Description: Evaluates the student’s en-
gagement with counterarguments, ensuring
a balanced and thoughtful discussion of the
topic.
Scoring Criteria:

Score 0: The essay does not address any
counterarguments or shows no attempt to
engage with opposing viewpoints.
Example: "The essay presents a one-sided
argument without acknowledging any po-
tential counterarguments."

Score 1: The essay acknowledges the ex-
istence of counterarguments but does not
provide a substantive response or analysis.
Example: "The essay mentions counterargu-
ments but does not delve into their validity
or impact on the main argument."

Score 2: The essay engages with counterar-
guments in a balanced and thoughtful man-
ner, providing a nuanced analysis and in-
tegrating these counterarguments into the
overall argument.
Example: "The essay effectively addresses
counterarguments, providing a balanced
and nuanced discussion that strengthens the
main argument."

1046

Score 3: The essay demonstrates a sophis-
ticated engagement with counterarguments,
offering a deeply nuanced analysis that sig-
nificantly enhances the overall argument.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical think-
ing."

Score 4: The essay demonstrates an ex-
ceptionally sophisticated engagement with
counterarguments, offering a deeply nu-
anced analysis that significantly enhances
the overall argument and demonstrates mas-
tery of critical thinking.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical thinking
and demonstrating mastery of engagement
with counterarguments."

Score 5: The essay demonstrates an ex-
ceptionally sophisticated engagement with
counterarguments, offering a deeply nu-
anced analysis that significantly enhances
the overall argument and demonstrates mas-
tery of critical thinking, with a high level of
originality and insight.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical thinking
and demonstrating mastery of engagement
with counterarguments, with a high level of
originality and insight."

Score 6: The essay demonstrates an ex-
ceptionally sophisticated engagement with
counterarguments, offering a deeply nu-
anced analysis that significantly enhances
the overall argument and demonstrates mas-
tery of critical thinking and a deep under-
standing of the topic, showcasing excep-
tional originality and insight.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical think-
ing and demonstrating mastery of engage-
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ment with counterarguments and a deep un-
derstanding of the topic, showcasing excep-
tional originality and insight."

Dimension Name: Clarity and Expression
Description: Evaluates the clarity and ef-
fectiveness of the student’s expression, in-
cluding the use of precise language and log-
ical flow.
Scoring Criteria:

Score 0: The response is incoherent, with
unclear and disjointed ideas that fail to con-
vey a clear message.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The response is somewhat clear
but lacks precision and logical flow, making
it difficult to follow.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The response is generally clear
and coherent, but there are occasional lapses
in precision and logical flow.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The response is clear and effec-
tively communicated, with precise language
and a logical flow, though minor stylistic or
pacing issues may be present.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The response is compelling and
insightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but

1048

also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The response is exceptionally
clear and coherent, with flawless precision
and logical flow, demonstrating mastery of
the language and argumentation.
Example: "The essay demonstrates excep-
tional clarity and coherence, with flawless
precision and logical flow, effectively sup-
porting the central thesis with high-quality
evidence and nuanced analysis."

Score 6: The response is exceptionally
clear and coherent, with flawless precision
and logical flow, demonstrating mastery of
the language and argumentation, and show-
casing exceptional originality and insight.
Example: "The essay demonstrates excep-
tional clarity and coherence, with flawless
precision and logical flow, effectively sup-
porting the central thesis with high-quality
evidence and nuanced analysis, and show-
casing exceptional originality and insight."

Dimension Name: Originality and Insight
Description: Evaluates the originality and
insight of the student’s response, assessing
whether the essay offers unique perspec-
tives, innovative ideas, or insightful analysis
that goes beyond the basic requirements of
argumentation and evidence.
Scoring Criteria:

Score 0: The essay lacks any originality or
insight. It merely restates common knowl-
edge or repeats points without adding any
new perspective.
Example: "The essay reiterates widely
known facts without offering any new in-
sights or unique perspectives."

Score 1: The essay shows minimal original-
ity or insight. It may include a few minor,
novel ideas but fails to significantly elevate
the discussion.
Example: "The essay includes a minor,
novel idea but does not develop it or in-
tegrate it into the broader argument."
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Score 2: The essay demonstrates clear orig-
inality and insight. It offers several unique
perspectives or innovative ideas that signifi-
cantly enhance the discussion.
Example: "The essay presents several
unique perspectives and innovative ideas
that significantly enhance the discussion
and provide a deeper understanding of the
topic."

Score 3: The essay is highly original and
insightful. It offers profound, unique per-
spectives or groundbreaking ideas that ele-
vate the discussion to a new level.
Example: "The essay presents profound,
unique perspectives and groundbreaking
ideas that elevate the discussion to a new
level, demonstrating exceptional originality
and insight."

Score 4: The essay demonstrates excep-
tional originality and insight, offering a
comprehensive and nuanced exploration of
unique perspectives and innovative ideas.
Example: "The essay provides a comprehen-
sive and nuanced exploration of unique per-
spectives and innovative ideas, demonstrat-
ing exceptional originality and insight."

Score 5: The essay demonstrates excep-
tional originality and insight, offering a
comprehensive and nuanced exploration of
unique perspectives and innovative ideas
that significantly elevate the discussion.
Example: "The essay provides a comprehen-
sive and nuanced exploration of unique per-
spectives and innovative ideas that signif-
icantly elevate the discussion, demonstrat-
ing exceptional originality and insight and
a deep understanding of the topic."

Dimension Name: Task Adherence
Description: Evaluates whether the re-
sponse adheres to the task requirements, in-
cluding the format (essay vs. story) and the
presence of a clear central thesis and depth
of argumentation.
Scoring Criteria:

Score 0: The response is completely off-
topic, does not follow the task requirements,
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and lacks a clear central thesis.
Example: "The response is a story that does
not address the assigned prompt or form a
logical argument."

Score 1: The response attempts to address
the task but lacks structure, a clear central
thesis, or depth of argumentation.
Example: "The response is a story that at-
tempts to address the prompt but lacks a
clear central thesis and depth of argumen-
tation."

Score 2: The response adheres to the task
requirements and has a clear central thesis,
but the argumentation is basic and lacks
depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis but lacks depth of argumentation."

Score 3: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates strong argumentation with
some depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and strong argumentation, though it
may lack some depth."

Score 4: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth."

Score 5: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth, demon-
strating mastery of task adherence.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth and
mastery of task adherence."

Score 6: The response adheres to the task
requirements, has a clear central thesis, and
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demonstrates compelling and insightful ar-
gumentation with significant depth, demon-
strating mastery of task adherence and ex-
ceptional originality and insight.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth and
mastery of task adherence, and showcasing
exceptional originality and insight."

Dimension Name: Specificity and Depth
of Examples
Description: Evaluates the use of specific
and detailed examples to support the argu-
ments presented.
Scoring Criteria:

Score 0: The essay lacks any specific ex-
amples to support the arguments.
Example: "The essay makes broad state-
ments without any concrete examples to
back them up."

Score 1: The essay provides some general
examples, but they are not detailed or spe-
cific enough to support the arguments.
Example: "The essay mentions a few gen-
eral examples but does not provide enough
detail to substantiate the claims."

Score 2: The essay includes specific exam-
ples that effectively support the arguments.
Example: "The essay provides specific ex-
amples that clearly support and validate the
main argument."

Score 3: The essay includes highly specific
and detailed examples that not only support
the arguments but also provide a nuanced
and comprehensive analysis.
Example: "The essay uses highly specific
and detailed examples to offer a nuanced
and comprehensive analysis, effectively sup-
porting and validating the main argument."

Score 4: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument.
Example: "The essay uses exceptionally
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specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating a high level of critical think-
ing."

Score 5: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking.
Example: "The essay uses exceptionally
specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking."

Score 6: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking
and exceptional originality and insight.
Example: "The essay uses exceptionally
specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking
and exceptional originality and insight."

Dimension Name: Logical Flow and Co-
herence
Description: Evaluates the logical progres-
sion of ideas, smoothness of transitions, and
overall coherence of the essay.
Scoring Criteria:

Score 0: The essay is incoherent, with no
logical progression of ideas, abrupt transi-
tions, and a lack of clear structure.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks a clear logical progression
of ideas, with some abrupt transitions and a
weak overall structure.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
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multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
the logical progression of ideas is somewhat
disjointed, with some rough transitions.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with a strong logical progression
of ideas, smooth transitions, and a clear
structure that supports the central thesis.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage, with seamless transitions and a clear,
coherent structure.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The essay is exceptionally coher-
ent and demonstrates flawless logical flow,
with seamless transitions and a clear, coher-
ent structure that effectively supports the
central thesis.
Example: "The essay demonstrates excep-
tional coherence and flawless logical flow,
with seamless transitions and a clear, co-
herent structure that effectively supports the
central thesis with high-quality evidence
and nuanced analysis."

Score 6: The essay is exceptionally coher-
ent and demonstrates flawless logical flow,
with seamless transitions and a clear, coher-
ent structure that effectively supports the
central thesis, showcasing exceptional orig-
inality and insight.
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Example: "The essay demonstrates excep-
tional coherence and flawless logical flow,
with seamless transitions and a clear, co-
herent structure that effectively supports the
central thesis with high-quality evidence
and nuanced analysis, showcasing excep-
tional originality and insight."

Dimension Name: Relevance and Task Ad-
herence
Description: Evaluates the extent to which
the response stays on topic and adheres to
the task requirements.
Scoring Criteria:

Score 0: The response is completely off-
topic and does not address the task require-
ments.
Example: "The essay discusses unrelated
topics and fails to connect to the assigned
prompt."

Score 1: The response partially addresses
the task requirements but contains signifi-
cant irrelevant content.
Example: "The essay mentions the task but
includes a lot of unrelated information that
does not support the main argument."

Score 2: The response mostly stays on
topic and adheres to the task requirements,
but there are minor deviations.
Example: "The essay addresses the task but
includes some tangential points that do not
directly support the main argument."

Score 3: The response stays on topic and
adheres to the task requirements with only
minor deviations.
Example: "The essay clearly addresses the
task and provides relevant examples and
logical deductions that support the main
argument."

Score 4: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argu-
ment.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main ar-
gument without any irrelevant content."
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Score 5: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence."

Score 6: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence, showcasing
exceptional originality and insight.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence
and showcasing exceptional originality and
insight."

Dimension Name: Task Adherence Strict-
ness
Description: Evaluates the strict adher-
ence to the task requirements, penalizing
responses that significantly deviate from the
task.
Scoring Criteria:

Score 0: The response is completely off-
topic and does not address the task require-
ments.
Example: "The essay discusses unrelated
topics and fails to connect to the assigned
prompt."

Score 1: The response partially addresses
the task requirements but contains signifi-
cant irrelevant content.
Example: "The essay mentions the task but
includes a lot of unrelated information that
does not support the main argument."

Score 2: The response mostly stays on
topic and adheres to the task requirements,
but there are minor deviations.
Example: "The essay addresses the task but
includes some tangential points that do not
directly support the main argument."
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Score 3: The response stays on topic and
adheres to the task requirements with only
minor deviations.
Example: "The essay clearly addresses the
task and provides relevant examples and
logical deductions that support the main
argument."

Score 4: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argu-
ment.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main ar-
gument without any irrelevant content."

Score 5: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence."

Score 6: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence, showcasing
exceptional originality and insight.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence
and showcasing exceptional originality and
insight."
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E.5 Collapse (Step 151) 1058

Triggered by performance degradation (Wd ≫ 1059

0, µ < µref ). The rubric is simplified to restore 1060

gradient and encourage basic recovery. 1061

Rubric

Dimension Name: Argumentation and Evi-
dence
Description: Evaluates the strength, depth,
and use of specific evidence to support the
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arguments presented.
Scoring Criteria:

Score 0: The essay is incoherent, com-
pletely off-topic, too short to evaluate, or
lacks a clear central thesis and organization.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks structure, supporting evi-
dence, or contains significant logical gaps.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
arguments are generic or lack depth.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with strong arguments, though it
may have minor stylistic or pacing issues.
Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The essay demonstrates excep-
tional synthesis and anticipation of counter-
arguments, showcasing a high level of criti-
cal thinking and insight.
Example: "The essay not only employs
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high-quality evidence to support the the-
sis but also synthesizes complex ideas to
offer a nuanced analysis, effectively antic-
ipating and addressing potential counter-
arguments with exceptional depth and so-
phistication."

Dimension Name: Depth of Analysis
Description: Evaluates the depth and nu-
ance of the analysis provided in the essay.
Scoring Criteria:

Score 0: The essay lacks any significant
analysis and merely restates the prompt or
provides superficial observations.
Example: "The essay restates the prompt
without offering any analysis or reasoning."

Score 1: The essay provides basic logical
deductions but fails to delve into deeper
analysis or consider multiple perspectives.
Example: "The essay makes basic logical
deductions but does not explore the under-
lying reasons or implications."

Score 2: The essay offers a moderate level
of analysis, considering some aspects of the
issue but not fully exploring the complexi-
ties.
Example: "The essay provides a moder-
ate level of analysis, touching on some key
points but not fully exploring the nuances."

Score 3: The essay demonstrates a thor-
ough and nuanced analysis, considering
multiple perspectives and the underlying
reasons for the issue.
Example: "The essay provides a thorough
analysis, considering multiple perspectives
and the underlying reasons for the issue."

Score 4: The essay offers a sophisti-
cated and insightful analysis, synthesizing
complex ideas and anticipating potential
counter-arguments.
Example: "The essay not only provides a
thorough analysis but also synthesizes com-
plex ideas and effectively addresses poten-
tial counter-arguments."

Score 5: The essay offers an exceptionally
sophisticated and insightful analysis, syn-
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thesizing complex ideas and anticipating po-
tential counter-arguments with a high level
of nuance and depth, demonstrating mastery
of analysis.
Example: "The essay not only provides
a thorough and sophisticated analysis
but also synthesizes complex ideas and
effectively addresses potential counter-
arguments with a high level of nuance and
depth, demonstrating mastery of analysis."

Dimension Name: Engagement with Coun-
terarguments
Description: Evaluates the student’s en-
gagement with counterarguments, ensuring
a balanced and thoughtful discussion of the
topic.
Scoring Criteria:

Score 0: The essay does not address any
counterarguments or shows no attempt to
engage with opposing viewpoints.
Example: "The essay presents a one-sided
argument without acknowledging any po-
tential counterarguments."

Score 1: The essay acknowledges the ex-
istence of counterarguments but does not
provide a substantive response or analysis.
Example: "The essay mentions counterargu-
ments but does not delve into their validity
or impact on the main argument."

Score 2: The essay engages with counterar-
guments in a balanced and thoughtful man-
ner, providing a nuanced analysis and in-
tegrating these counterarguments into the
overall argument.
Example: "The essay effectively addresses
counterarguments, providing a balanced
and nuanced discussion that strengthens the
main argument."

Score 3: The essay demonstrates a sophis-
ticated engagement with counterarguments,
offering a deeply nuanced analysis that sig-
nificantly enhances the overall argument.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical think-
ing."
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Score 4: The essay demonstrates an ex-
ceptionally sophisticated engagement with
counterarguments, offering a deeply nu-
anced analysis that significantly enhances
the overall argument and demonstrates mas-
tery of critical thinking.
Example: "The essay not only addresses
counterarguments but also synthesizes them
into a compelling and insightful discussion,
showcasing a high level of critical thinking
and demonstrating mastery of engagement
with counterarguments."

Dimension Name: Clarity and Expression
Description: Evaluates the clarity and ef-
fectiveness of the student’s expression, in-
cluding the use of precise language and log-
ical flow.
Scoring Criteria:

Score 0: The response is incoherent, with
unclear and disjointed ideas that fail to con-
vey a clear message.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The response is somewhat clear
but lacks precision and logical flow, making
it difficult to follow.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The response is generally clear
and coherent, but there are occasional lapses
in precision and logical flow.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The response is clear and effec-
tively communicated, with precise language
and a logical flow, though minor stylistic or
pacing issues may be present.
Example: "The essay supports its central
thesis with relevant examples and logical
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deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The response is compelling and
insightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The response is exceptionally
clear and coherent, with flawless precision
and logical flow, demonstrating mastery of
the language and argumentation.
Example: "The essay demonstrates excep-
tional clarity and coherence, with flawless
precision and logical flow, effectively sup-
porting the central thesis with high-quality
evidence and nuanced analysis."

Dimension Name: Originality and Insight
Description: Evaluates the originality and
insight of the student’s response, assessing
whether the essay offers unique perspec-
tives, innovative ideas, or insightful analysis
that goes beyond the basic requirements of
argumentation and evidence.
Scoring Criteria:

Score 0: The essay lacks any originality or
insight. It merely restates common knowl-
edge or repeats points without adding any
new perspective.
Example: "The essay reiterates widely
known facts without offering any new in-
sights or unique perspectives."

Score 1: The essay shows minimal original-
ity or insight. It may include a few minor,
novel ideas but fails to significantly elevate
the discussion.
Example: "The essay includes a minor,
novel idea but does not develop it or in-
tegrate it into the broader argument."

Score 2: The essay demonstrates clear orig-
inality and insight. It offers several unique
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perspectives or innovative ideas that signifi-
cantly enhance the discussion.
Example: "The essay presents several
unique perspectives and innovative ideas
that significantly enhance the discussion
and provide a deeper understanding of the
topic."

Score 3: The essay is highly original and
insightful. It offers profound, unique per-
spectives or groundbreaking ideas that ele-
vate the discussion to a new level.
Example: "The essay presents profound,
unique perspectives and groundbreaking
ideas that elevate the discussion to a new
level, demonstrating exceptional originality
and insight."

Score 4: The essay demonstrates excep-
tional originality and insight, offering a
comprehensive and nuanced exploration of
unique perspectives and innovative ideas.
Example: "The essay provides a comprehen-
sive and nuanced exploration of unique per-
spectives and innovative ideas, demonstrat-
ing exceptional originality and insight."

Score 5: The essay demonstrates excep-
tional originality and insight, offering a
comprehensive and nuanced exploration of
unique perspectives and innovative ideas
that significantly elevate the discussion.
Example: "The essay provides a comprehen-
sive and nuanced exploration of unique per-
spectives and innovative ideas that signif-
icantly elevate the discussion, demonstrat-
ing exceptional originality and insight and
a deep understanding of the topic."

Dimension Name: Task Adherence
Description: Evaluates whether the re-
sponse adheres to the task requirements, in-
cluding the format (essay vs. story) and the
presence of a clear central thesis and depth
of argumentation.
Scoring Criteria:

Score 0: The response is completely off-
topic, does not follow the task requirements,
and lacks a clear central thesis.
Example: "The response is a story that does
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not address the assigned prompt or form a
logical argument."

Score 1: The response attempts to address
the task but lacks structure, a clear central
thesis, or depth of argumentation.
Example: "The response is a story that at-
tempts to address the prompt but lacks a
clear central thesis and depth of argumen-
tation."

Score 2: The response adheres to the task
requirements and has a clear central thesis,
but the argumentation is basic and lacks
depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis but lacks depth of argumentation."

Score 3: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates strong argumentation with
some depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and strong argumentation, though it
may lack some depth."

Score 4: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth."

Score 5: The response adheres to the task
requirements, has a clear central thesis, and
demonstrates compelling and insightful ar-
gumentation with significant depth, demon-
strating mastery of task adherence.
Example: "The response is an essay that
addresses the prompt with a clear central
thesis and compelling, insightful argumen-
tation, demonstrating significant depth and
mastery of task adherence."

Dimension Name: Specificity and Depth
of Examples
Description: Evaluates the use of specific
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and detailed examples to support the argu-
ments presented.
Scoring Criteria:

Score 0: The essay lacks any specific ex-
amples to support the arguments.
Example: "The essay makes broad state-
ments without any concrete examples to
back them up."

Score 1: The essay provides some general
examples, but they are not detailed or spe-
cific enough to support the arguments.
Example: "The essay mentions a few gen-
eral examples but does not provide enough
detail to substantiate the claims."

Score 2: The essay includes specific exam-
ples that effectively support the arguments.
Example: "The essay provides specific ex-
amples that clearly support and validate the
main argument."

Score 3: The essay includes highly specific
and detailed examples that not only support
the arguments but also provide a nuanced
and comprehensive analysis.
Example: "The essay uses highly specific
and detailed examples to offer a nuanced
and comprehensive analysis, effectively sup-
porting and validating the main argument."

Score 4: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument.
Example: "The essay uses exceptionally
specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating a high level of critical think-
ing."

Score 5: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking.
Example: "The essay uses exceptionally
specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking."
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Score 6: The essay includes exceptionally
specific and detailed examples that provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking
and exceptional originality and insight.
Example: "The essay uses exceptionally
specific and detailed examples to provide
a thorough and insightful analysis, signifi-
cantly enhancing the overall argument and
demonstrating mastery of critical thinking
and exceptional originality and insight."

Dimension Name: Logical Flow and Co-
herence
Description: Evaluates the logical progres-
sion of ideas, smoothness of transitions, and
overall coherence of the essay.
Scoring Criteria:

Score 0: The essay is incoherent, with no
logical progression of ideas, abrupt transi-
tions, and a lack of clear structure.
Example: "The text consists of fragmented
sentences or unrelated ideas that fail to ad-
dress the assigned prompt or form a logical
argument."

Score 1: The essay attempts to address the
prompt but lacks a clear logical progression
of ideas, with some abrupt transitions and a
weak overall structure.
Example: "The essay states a personal opin-
ion on the topic but repeats the same point
multiple times without offering any factual
backing, reasoning, or examples."

Score 2: The essay addresses the prompt
with a basic structure and clear thesis, but
the logical progression of ideas is somewhat
disjointed, with some rough transitions.
Example: "The essay claims that the issue
is important and lists a few general reasons
(e.g., ’it affects many people’), but fails to
provide specific details or in-depth analysis
to substantiate these claims."

Score 3: The essay is well-organized and
persuasive with a strong logical progression
of ideas, smooth transitions, and a clear
structure that supports the central thesis.
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Example: "The essay supports its central
thesis with relevant examples and logical
deductions, clearly explaining how the pro-
vided evidence connects to and validates
the main argument."

Score 4: The essay is compelling and in-
sightful, demonstrating sophisticated rea-
soning, excellent flow, and precise language
usage, with seamless transitions and a clear,
coherent structure.
Example: "The essay not only employs high-
quality evidence to support the thesis but
also synthesizes complex ideas to offer a nu-
anced analysis, effectively anticipating and
addressing potential counter-arguments."

Score 5: The essay is exceptionally coher-
ent and demonstrates flawless logical flow,
with seamless transitions and a clear, coher-
ent structure that effectively supports the
central thesis.
Example: "The essay demonstrates excep-
tional coherence and flawless logical flow,
with seamless transitions and a clear, co-
herent structure that effectively supports the
central thesis with high-quality evidence
and nuanced analysis."

Score 6: The essay is exceptionally coher-
ent and demonstrates flawless logical flow,
with seamless transitions and a clear, coher-
ent structure that effectively supports the
central thesis, showcasing exceptional orig-
inality and insight.
Example: "The essay demonstrates excep-
tional coherence and flawless logical flow,
with seamless transitions and a clear, co-
herent structure that effectively supports the
central thesis with high-quality evidence
and nuanced analysis, showcasing excep-
tional originality and insight."

Dimension Name: Relevance and Task Ad-
herence
Description: Evaluates the extent to which
the response stays on topic and adheres to
the task requirements, with a clear penalty
for responses that significantly deviate from
the task requirements.
Scoring Criteria:
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Score 0: The response is completely off-
topic and does not address the task require-
ments.
Example: "The essay discusses unrelated
topics and fails to connect to the assigned
prompt."

Score 1: The response partially addresses
the task requirements but contains signifi-
cant irrelevant content.
Example: "The essay mentions the task but
includes a lot of unrelated information that
does not support the main argument."

Score 2: The response mostly stays on
topic and adheres to the task requirements,
but there are minor deviations.
Example: "The essay addresses the task but
includes some tangential points that do not
directly support the main argument."

Score 3: The response stays on topic and
adheres to the task requirements with only
minor deviations.
Example: "The essay clearly addresses the
task and provides relevant examples and
logical deductions that support the main
argument."

Score 4: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argu-
ment.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main ar-
gument without any irrelevant content."

Score 5: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence."

Score 6: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence, showcasing
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exceptional originality and insight.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence
and showcasing exceptional originality and
insight."

Dimension Name: Task Adherence Strict-
ness
Description: Evaluates the strict adher-
ence to the task requirements, penalizing
responses that significantly deviate from the
task.
Scoring Criteria:

Score 0: The response is completely off-
topic and does not address the task require-
ments.
Example: "The essay discusses unrelated
topics and fails to connect to the assigned
prompt."

Score 1: The response partially addresses
the task requirements but contains signifi-
cant irrelevant content.
Example: "The essay mentions the task but
includes a lot of unrelated information that
does not support the main argument."

Score 2: The response mostly stays on
topic and adheres to the task requirements,
but there are minor deviations.
Example: "The essay addresses the task but
includes some tangential points that do not
directly support the main argument."

Score 3: The response stays on topic and
adheres to the task requirements with only
minor deviations.
Example: "The essay clearly addresses the
task and provides relevant examples and
logical deductions that support the main
argument."

Score 4: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argu-
ment.
Example: "The essay is tightly focused on
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the task, providing relevant and specific ex-
amples that effectively support the main ar-
gument without any irrelevant content."

Score 5: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence."

Score 6: The response is highly relevant
and adheres closely to the task requirements,
demonstrating a clear and focused argument
and mastery of task adherence, showcasing
exceptional originality and insight.
Example: "The essay is tightly focused on
the task, providing relevant and specific ex-
amples that effectively support the main
argument without any irrelevant content,
demonstrating mastery of task adherence
and showcasing exceptional originality and
insight."
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