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ABSTRACT

Due to the large number of scholarly papers on Al and colonoscopy and the short
research period, it can be difficult to answer general questions about the research
area, such as who the key authors are and what the key issues or insights are.
We use Litstudy, a Python library, to study colonoscopy Al research. ”AI” and
’colonoscopy” keywords were used as search results. 3865 IEEE Xplore and
2007 Springer bibliographies were downloaded. Scopus found 5083 citation pa-
pers, excluding 789 unavailable citations. Topic clusters were created using the
NMF model with a 0.85 threshold. Topic clouds showed that “Patient” occurred
most in four topics: 2, 3, 7, and 10. Despite querying IEEE, Springer, and Sco-
pus databases with the “Artificial Intelligence” keyword, subject 5 with Al has
the lowest topic phrase weight in topic clouds. Topic 10 words cluster on colon
cancer rehabilitation in colonoscopy showed weak topic clusters. The project se-
lects scientific articles, analyses and visualises their scholarly contribution using
natural language processing (NLP), bibliographic network analysis, and, most im-
portantly, reveals word clusters in Al for colonoscopy publications.

1 INTRODUCTION

Al systems aid colonoscopyXu et al.| (2023)Mori et al.| (2021). Litstudy Heldens et al.| (2022)
for the selection of scholarly scopus articles, visualisation with bibliographic network analysis that
show connections between publications and their authors, graph statistics on document metadata
and automated topic discovery using natural language processing.

2 METHODOLOGY

2.1 ABOUT THE DATASETS

“Al” AND “Colonoscopy’ﬂ keywords were used as search results for primary metadata which in-
cludes the title, author, publication date, DOI (Digital Object Identifier) and the secondary data
generated were topic clusters from abstract and bibliographic cocitation networks from many refer-
ences/citations extracted. 3865 papers from IEEE Xplore and 2007 papers from Springer making
5872 papers in CSV format. Out of which 5083 citation papers were found on Scopus and 789
unavailable citations were discarded.

2.2  FOLLOWED METHODS

We used the litstudy libraryHeldens et al.|(2022) in this project, installed through the Python Pack-
age Index (PyPi) Bommarito & Bommarito|(2019). It is based on several well-known tools from the

"Litstudy is a Python module that makes it possible to respond to queries using simple scripts
2Colonoscopy is the standard method of removing polyps in Colon cancer patientsRex et al.[(2015)
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Python data science ecosystem, including Pandas [McKinney et al| (2011); McKinney| (2012)) and
NumPy[Oliphant et al.| (2006). Furthermore, we used non-negative matrix factorization (NMF) an

unsupervised model for topic detection and semantic relationship using a threshold of 0.85 [4] for
the simplicity and easier interpretability of its results. The five key steps are as follows: Explored
and downloaded scientific document metadata from a variety of sources, including IEEE, Springer’s
multiple research databases. The bibliography data from several sources was merged into a comma-
separated variable (CSV) format; Sorted, chose, removed duplicates from, and annotate document
collections by comparing them with the Scopus bibliography data; Calculated and displayed broad
statistics about the documents’ metadata (e.g., statistics per year, per author, per journal, etc.); Cre-
ated, mapped, and evaluated different bibliographic networks that illustrate the connections between
the use of Al for colonoscopy publications and their authors, and topic discovery automatically using
natural language processing (NLP).

3 RESULTS AND DISCUSSION

According to Fig.1, patients was highly prevalent in four topics: 2, 3, 7, and 10, which we further
validated using cocitation graph as seen in Fig.2. which was similarly used by (2023)
to study relationship among authors in scientometrics. Despite utilising the same keyword to search
the database, subject 5 with Al has the lowest topic phrase weight.
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Figure 1: Top Word Clusters

cancer recovery.

In retrospect, co-citation analysis
evaluates Al and Colonoscopy docu-
ment similarities. Future co-citation
frequencies fluctuate with academic
field evolution.

4 CONCLUSION

We examined Al in colonoscopy re-
search using Litstudy, a Python ap-
plication. This lets us apply natu-
ral language processing, topic matrix
model, and cocitation network anal-
ysis to analyse research publications
on colonoscopy and artificial intelli-
Figure 2: Cocitation Bibliography Network Graph gence. The study also revealed that
artificial intelligence has been un-
derstudied in colonoscopy and colon
cancer in general, and some topics or
subjects require more attention than
others.

3Rehabilitation is one of the procedures used to follow up on cancer recovery. |van Weert et al.| (]2005[)
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A APPENDIX

A.1 CODES

The Notebook and the data would be added after the paper must have been accepted.

A.2 OTHER FIGURES FROM RESULTS
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Figure 3: Top Word Clusters
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Figure 4: Cocitation Bibliography Network Graph
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Figure 6: Year of Publication Histogram
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Figure 7: Litstudy conceptual frameworkHeldens et al.| (2022)
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